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 Master of Science Thesis 

ABSTRACT 

Rapid transit systems often create city developments and raise the property values. 

Basically, residential property price is characterised by number of characteristics including 

the transportations attributes. Empirical studies have drawn impacts of transportation in 

different ways. This thesis studies the hedonic price model to better understand the 

influence of mass rapid transit systems on the prices of condominium in Bangkok. The 

research question is “How the accessibility of rapid transit system affects the price of 

condominium in Bangkok?” 

The thesis explains the relationship between condominium prices and accessibility to mass 

rapid transit systems, as well as other influences, using hedonic price model. The research 

conducts cross-sectional study approach that uses the data with high level of flexibility at a 

particular point in time. Five models have been used in this thesis including the entire area 

model, models of proximity to rapid transit station, and sub-area models. Consequently 

evidences from the entire area model indicate that proximity to the rapid transit systems 

has a significant negative effect on condominium prices. Besides, the research also points 

out number of important characteristics that influence the prices of condominium including 

distance to main street and public facilities in the area. However, the clustered models show 

that there is no significant effect of proximity to mass rapid transits on condominium prices. 

The thesis has raised the knowledge and gained better understanding of the hedonic price 

model especially its application to the property market. The findings of this thesis can lead 

to an analysis of property values as well as other price model in other field of study.  
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CHAPTER 1 INTRODUCTION 

 

This chapter covers motivations, aims, objectives, and limitation of the thesis. It describes 

how the research is conducted and the processes undertaken throughout the thesis. 

Overview of content is also included in this chapter. 

 

Background and motivation 
One of the most important requirements in human basic needs is residence since it fulfils 

aspiration of the people. Nowadays residence is not only human basic needs but also an 

investment alternative as seen from residential property market in several cities around the 

world. In conjunction with megacities in the world, Bangkok, the capital of Thailand, has 

experienced rapid growth in property market for several years. Although there are many 

researches done on Bangkok’s residential property market, only few have been trying to 

address the factors and its affiliations behind the residential property pricing. 

Residential property market in Bangkok is dominated by condominium since they have 

gained half of residential market share for the last couple years (Agency for Real Estate 

Affairs, 2011). As a monocentric city, Bangkok, a city of ten million inhabitants, is facing 

traffic congestion problems due to the lacking of efficient public transport system and rising 

in dense residential properties. Consequently, dwellers are seeking for residential property 

within close proximity to public transport systems, particularly rail rapid transit lines. 

Currently there are number of public transportations in Bangkok including mass rapid transit 

system (RTS). The most preferable RTS mode is rail rapid transit operated by three 

operators, consists of four rail lines in service. 

Colliers International Thailand (2011) reports that more than 10,000 units of condominium 

were launched during the first quarter of 2011, more than half of them located within close 

proximity to the rapid transit network and the prices vary according to location of the 

project. The average price of the condominium situated in proximity of rapid transit lines is 

higher than other areas (CB Richard Ellis, 2011; Colliers International Thailand, 2011). 

Hedonic model suggests that the development of residential properties reflect the 
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consumers’ selection criteria in three ways which are the type of property, location, and 

neighbourhood (Chau & Ng, 1998; Malpezzi, 2002; So, Tse, & Ganesan, 1997; Yang, 2001). It 

seems that the RTS do not only solve the traffic problems but also drives the property and 

construction sector. 

The relationship between condominium prices and its proximity to RTS, including existing 

lines and its extensions, are becoming more interesting as the public transportations is 

expanding and the city is growing. There are a lot of studies that have been done on the 

property market in Bangkok but only few are specifically focused on the prices of 

condominium associated with the interest of RTS. The thesis will address the relationship 

between the RTS and the prices of condominium in Bangkok. 

The research topic for this thesis was raised during the golden era of condominium in which 

it is currently dominated the residential property market in Bangkok. Price of condominium 

in relative to RTS was usually brought into discussion among players in businesses and 

people. The challenge of this thesis was how the price of condominium affected by public 

transport systems, particularly mass rapid transits. 

Research question 
According to empirical studies and literature review, the research question is: 

“How the accessibility of rapid transit system affects the price of condominium in Bangkok?” 

Aims and objective 
The thesis aims to establish the influence of RTS on condominium prices in Bangkok using 

hedonic pricing model. The study and research of this area would be a powerful instrument 

for developers, consumers, as well as governmental organisations. 

The objectives of the thesis were: 

I. To adopt the hedonic price model that meet the research criteria 

II. To draw variables used in the model 

III. To perform regression analysis and draw final results 

IV. To analyse and discuss based on the result and current situation 
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Limitation 
The thesis focuses only on the price of newly launched condominium in the area of study 

over the period of five years, from 2006 to 2011. The variables and its associated 

measurements used in this thesis are based on given assumptions covered in later chapters. 

Although there are road and rail as rapid transportations modes in Bangkok, only rail rapid 

transits have been taken into consideration because bus rapid transit was recently 

introduced in 2010 and is considered as a less-preferable rapid transportation mode. 

The research does not consider indirect factors such as laws and regulations, taxes, sales 

campaigns, property finances, and rumours etc. 

Thesis overview 
The thesis is arranged into chapters as follows. 

I. The Introduction chapter comprises motivations, aims, objectives, and limitation of 

the thesis. 

II. The Literature review chapter aims to explore the existing research concerning the 

area of the thesis. This chapter contains the review of urban planning, public 

transportation systems, and hedonic pricing model literatures. 

III. The Methodology chapter depicts literature review on research methods as well as 

explanation of research stages and approaches being used to carry out the findings. 

IV. The Description of the area chapter describes the area selection process and also 

presents overview of the area chosen in the research. It provides detailed 

information of the study area. 

V. The Model and regression chapter goes after the methodology to conduct 

regression of the data using hedonic pricing model. This chapter provides detailed 

information of the data analysis. 

VI. The Results summary chapter describes the data and results achieved from the 

research. 

VII. The Discussion and conclusions chapter concludes the entire thesis work including 

research contribution, possible future study, discussion and conclusions. 
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CHAPTER 2 LITERATURE REVIEW 

 

This chapter aims to establish knowledge base in relevant to the thesis objectives. The 

literature review leads to a better understanding of existing research. Literature of urban 

planning, public transportation systems, hedonic price model, regression analysis, and 

transformation technique were selected and studied. The following literature review is 

based on textbooks, academic journals, private firm research and reports, and other 

relevant publications. 

 

Hedonic price model 
Although hedonic price model is found to be the most admired, various relationship models 

of pricing and characteristics of goods have been used for a long time prior to the hedonic 

model. The study of Waugh (1929, as cited in Sheppard, 1999) is believed to be the first to 

introduce a systematic analysis of the price of commodity in connection with its quality. 

However, hedonic model, a model of price analysis, was popularly introduced by Andrew 

Court in 1939 when he was an economist for the Automobile Manufacturers’ Association in 

Detroit, USA (Goodman, 1998). Hedonic price model was used in automobile industry to 

describe the price of vehicles by a range of relative components. In property market, 

hedonic model is practised in developing property market price indices, estimation of 

property values, studying household demand for housing attributes, and evaluation of 

welfare effects or environmental quality (Sheppard, 1999). 

Theoretical foundation 
Although there were studies on systematic price analysis in the past, hedonic price theory 

was officially established by Court in 1939. Sheppard (1999) explains two perspectives on 

goods in the markets; the goods that are traded and used as a type of utilities, and the 

goods that are combined and traded as heterogeneous goods. 

First, the goods are purchased and used them as a type of utilities. Consumers’ demand for 

this type of goods is based on the goods themselves in term of their embedded 

characteristic. Similar to consumer theory, Lancaster (1966) published consumers’ 

behaviour model which goods are characterised by multiple characteristics in fixed 
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proportions in such characteristics, not goods themselves. This approach is usually applied 

in consumer goods, such rather than heterogeneous goods. 

On the other hand, the alternative thought is that the goods are combined and sold in the 

market as heterogeneous goods. Actually, these given heterogeneous goods consist of 

number of homogeneous elements, and this leads to the price of the goods that do not have 

a common price. Goods can be considered as bundles of characteristics, however, the price 

are incomparable between those contain the same characteristics. So the goods are 

depicted as a bundle of components that cannot identify themselves as specific consumer 

preferences (Rosen, 1974). 

Indeed, the latter approach is more appropriate and applicable to the property market as 

houses are goods that contain bundle of attributes and are not sell as utilities. The hedonic 

approach works under two assumptions concerning the quantity of attributes (Sheppard, 

1999). First, each consumer may prefer different commodities, which contain different 

quantity of embedded attributes. Second, each consumer may pay different price for goods, 

which depends on the quantity of attributes. 

Application to the property market 
In the housing market, hedonic price model has been used in number of circumstances 

including estimating demand for housing and neighbourhood attributes, considering the 

impact of neighbourhood externalities on house price, analysing the housing demand, the 

public investment benefits estimation, and calculating house price indices (Can, 1992). 

Briefly, hedonic price model plays two main roles; constructing price indices considering 

changes in attributes, and determining demand for attributes of heterogeneous goods. 

Hedonic price model usually interprets the returns from attributes of the house. Houses are 

considered as heterogeneous goods that contain number of models which can be 

characterised by number of attributes, or components (Goodman, 1978). 

Hedonic model assumption 
Considering housing market, the hedonic price model relies on five assumptions (Chau & 

Chin, 2002). Firstly, property are assumed to be homogeneity goods. Anyway the analysis 

would be more accurate to consider housing as heterogeneous goods as they are different 

in term of attributes and characteristics. Secondly, the market works in perfect competition 
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with plenty of buyers and sellers. As there are numerous demand and supply in the market, 

no individuals, neither buyers nor sellers, can affect the price of house in the market due to 

their activities. 

Next, demand and supply in the market are free to adjust without any constraints or 

restrictions. This represents the freedom of buyers and sellers to move in or out of the 

market. Practically, however, some constraints might occur such as budget constraints for 

buyers, and capital constraints for sellers. Another assumption is that both buyers and 

sellers have perfect information about the goods and prices. Though, the real situation 

might differ from the assumption due to the availability of information in the market and 

the knowledge of the buyers and sellers. If truth be told, perfect information in the market 

is impossible in reality. 

Last of all, market equilibrium is assumed in the hedonic price model (Goodman, 1978; 

Rosen, 1974). It is assumed not to contain interrelationships between implicit prices of 

attributes. Price vector is also supposed to change simultaneously to the changes in demand 

or supply at any point in time. As well as assumption about perfect information, market 

equilibrium is not applicable in the real property market. 

Variables 
Considering variable in the model, there are two types of variables in the hedonic price 

function; dependent variables, and independent variables. Dependent variable is usually 

declared as price or rent of the house. Basically, choice of dependent variable includes 

contract rent, owner assessment price, and recent sales price. Malpezzi (2002) suggested 

the choice of owner assessed value as it incurs high variance, modest biases. Alternatively 

recent transaction price may yield better precision with less bias than self-assessment value. 

For independent variables, there are a lot of potential property characteristics that can be 

classified as independent variables. The hedonic model is applicable to analyse all variables 

rather than omit some variables. The independent variable, such as floor area, type of room, 

age of building etc., can gives either positive or negative outcomes to the dependent 

variable. 

In brief, independent variables consist of location attributes, structural attributes, and 

neighbourhood attributes. First, location attributes concern the spatial effects occurred 
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which can be describes as the area in which the building is located, for example, scenic 

views, proximity to CBD etc. Next, structural attribute variables are mean of converting 

physical characteristics of the property into variables. For instance, some common structural 

characteristics are age of the building, facilities within the building, number of room, floor 

area. The last attribute is to measure the neighbourhood effects to the property. 

Neighbourhood variables contain set of characteristics including socioeconomic and physical 

make-up of the neighbourhood. It could be urban amenities, public services, or as far as air 

pollution or criminal rates (Can, 1992; Yang, 2001). 

Hedonic price function 
Chau et. al. (2001) and So et. al. (1996) (as cited in Chau & Chin, 2002) have classified 

residential property as multidimensional commodities that is characterised by durability, 

structural inflexibility, and spatial fixity. To put it simply, the house price are exposed by 

location attributes, structural attributes, and neighbourhood attributes. There are number 

of functional form used in the analysis of hedonic price function such as linear, semi-log, log-

log model. However, there is no such appropriate model for every case. 

Regarding hedonic price model, the price of the residential property can be expressed as: 

𝑃𝑃 = 𝑓𝑓(𝐿𝐿, 𝑆𝑆,𝑁𝑁) 

where:  𝑃𝑃  = price of the property 

  𝐿𝐿  = location attributes 

  𝑆𝑆 = structural attributes 

  𝑁𝑁 = neighbourhood attributes 

Whilst there is no strong recommendation on the best model, semi-log functional form has 

number of advantages over the linear form (Malpezzi, 2002). First, the semi-log model can 

illustrate variation in money value of a particular attribute which varies in proportion to 

other attributes. Next, the coefficient of the semi-log model is presented as percentage of 

change in the price of house. Interpretation is simple, even though the percentage of 

change in price is an approximation value. The percentage of change can be precisely 

estimated by 𝑒𝑒𝑏𝑏 − 1 where b is the coefficient. The third advantage is an alleviation of 

heteroskedasticity, a changing variance of the error term. Fourthly, calculation is simple 

with this form of function. Even if estimation biases may occur in the anti-log process, it can 



 

8 
 

be improved with an adjustment. Lastly, dummy variables can possibly be used in the 

model. This gives flexibility in forming a semi-log estimation model. The equations of linear 

and semi-log function are illustrated as follow: 

linear form: 

𝑃𝑃 = 𝛽𝛽0 + �𝛽𝛽𝑛𝑛𝑋𝑋𝑛𝑛

𝑛𝑛

𝑖𝑖=1

+ 𝜀𝜀 

semi-log form: 

ln𝑃𝑃 = 𝛽𝛽0 + �𝛽𝛽𝑛𝑛𝑋𝑋𝑛𝑛

𝑛𝑛

𝑖𝑖=1

+ 𝜀𝜀 

where P denotes price of property and X denotes characteristics or attributes. 

In addition, Christensen, Jorgensen and Lau (1971, as cited in Malpezzi, 2002) suggest a 

more flexible model than semi-log, called translog model. The translog functional form is 

demonstrated as follows: 

ln𝑃𝑃 = 𝛽𝛽0 + �𝛽𝛽𝑚𝑚 ln𝑋𝑋𝑚𝑚 +
1
2��𝛾𝛾𝑚𝑚𝑛𝑛 ln𝑋𝑋𝑚𝑚 ln𝑋𝑋𝑛𝑛

𝑛𝑛𝑚𝑚𝑚𝑚

 

where P denotes price of house and X denotes characteristics or attributes. 

Moreover, there is a functional form which combines linear, logarithmic, and translog model 

altogether; and then this model is analysed with Box-Cox technique (Halvorsen & 

Pollakowski, 1981, as cited in Malpezzi, 2002). In the following model, the functional form is 

depend on the transformation parameter, for instance simple linear model (θ=1, λ=1), and 

logarithmic model (θ=0, λ=0). 

The model is described as follows: 

𝑃𝑃𝜃𝜃 = 𝛽𝛽0 + �𝛽𝛽𝑚𝑚𝑋𝑋𝑚𝑚𝜆𝜆 +
1
2��𝛾𝛾𝑚𝑚𝑛𝑛 𝑋𝑋𝑚𝑚𝜆𝜆 𝑋𝑋𝑛𝑛𝜆𝜆

𝑛𝑛𝑚𝑚𝑚𝑚

 

where θ and λ represent transformation parameters 

These models are some of the hedonic functional forms used in residential market analysis. 

Each form of function will influence the interpretation of the result. Comparing between 
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linear and semi-log model, a linear model gives the estimation of price value in regard to 

different characteristics or attributes, whereas a semi-log functional form estimates the 

demand elasticity (Dunse & Jones, 1998). Indeed, there is no strong evidence for choosing 

the right functional form in which it depends on particular case (Malpezzi, 2002). 

Box-Cox transformation 

Background of the technique 
Previously, data analysis was based on the assumption that the data is normally distributed 

with constant variance and is estimated by a linear model. Basically, linear model analysis is 

a method used in the past with specific assumptions; simplicity of structure for dependent 

variable, constant variance of error term, normal distribution, and independent observation. 

Box-Cox power transformation was introduced in 1964 by Box, G. E. P. and Cox, D. R., it tried 

to simplify the data analysis by the assumption that a criteria of normal, homoskedastic, 

linear model could be met when a suitable transformation has been applied (Box & Cox, 

1964). Box and Cox (1964) suggest a transformation technique to solve the unsatisfied 

assumptions by transforming dependent variable and, in some case, independent variables 

as well. In number of the previous research, the following functional form has been used 

(Sakia, 1992): 

𝑦𝑦𝑖𝑖
𝜆𝜆0 = 𝛽𝛽0 + �𝛽𝛽𝑗𝑗𝑥𝑥𝑗𝑗𝑖𝑖

𝜆𝜆𝑗𝑗 + 𝜀𝜀𝑖𝑖

𝑞𝑞

𝑗𝑗=1

 

where 𝑦𝑦𝑖𝑖
𝜆𝜆0 and 𝑥𝑥𝑗𝑗𝑖𝑖

𝜆𝜆𝑗𝑗  are the transformed variables and 𝜀𝜀𝑖𝑖 is random errors. 

There are number of techniques that had been used to estimate the transformation 

parameter (λ). Currently it can be calculated by computer programmes for estimating the 

Box-Cox transformation parameter. The Box-Cox transformation technique is found 

practical with the determination of functional relationship in number of study, although it is 

rarely successful in dealing with data analysis general assumption including linearity, 

normalilty, and homoskedasticity (Sakia, 1992). 
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Application to the hedonic price model 

Since the source of biases in hedonic price model is improperly used of functional form, Box-

Cox transformation may be used to determine the appropriate functional form (Linneman, 

1980; Mok, Chan, & Cho, 1995). The functional form of the Box-Cox hedonic model is as 

follows: 

�𝑃𝑃𝜆𝜆 − 1�
𝜆𝜆 =  𝛽𝛽0 +  �𝛽𝛽𝑖𝑖𝐿𝐿𝑖𝑖𝜆𝜆 +  �𝛽𝛽𝑗𝑗𝑆𝑆𝑗𝑗𝜆𝜆 +  �𝛽𝛽𝑘𝑘𝑁𝑁𝑘𝑘𝜆𝜆 +  𝜀𝜀 

where  𝑃𝑃 = price of property 

    𝛽𝛽 = coefficient 

    𝐿𝐿𝑖𝑖  = location characteristics 

    𝑆𝑆𝑗𝑗  = structural characteristics 

    𝑁𝑁𝑘𝑘  = neighbourhood characteristics 

    𝜆𝜆 = transformation parameter 

    𝜀𝜀 = error term 

A transformation parameter (λ) is exclusive for the hedonic model for each property market. 

So it depicts the condition of particular property market (Mok, Chan, & Cho, 1995). The 

market seems to be in equilibrium if the parameter (λ) value is 1. The parameter value of 

larger than 1 means loose market, in contrast, the parameter value of less than zero 

illustrates a tight market condition. 

Previous studies 
So far there are a lot of studies done on the factors affecting the property value. Most of the 

studies have similar approaches, the hedonic price model analysis, with a variety of results. 

Previous researches usually give a deeper knowledge in the field of study and it plays an 

important role in the discussion of the results. 

In Miami, there was a weak relationship between residential property values and the 

development of Metrorail system (Gatzlaff & Smith, 1993). The researchers applied two 

methods of study comprising house price index comparison and hedonic regression analysis. 

Considering hedonic model, different types of functional form, including linear, semi-log, 

exponential, and double-log form, have been used in regression analysis. Exponential model 
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was found to be the best fit supporting by Box-Cox technique. Anyway, the results did not 

express any significant outcome on the issue. 

In 1996, Forrest, Glen, and Ward examine the impact of a light rail system on the structure 

of house prices. Unlike other studies, the distance to a station in this study was solely 

described as dummies. Location variables concerning distance to a station were separated 

into five groups, in which four of them are dummies, depending on their distance to the 

nearest train station. The fifth variable, the farthest distance, concerning distance to a 

station was not a dummy and not included in the estimation. Semi-log functional form has 

been used to run regression analysis which results in a inverse relationship between 

property price and proximity to the nearest station. 

Henneberry (1997) studies the effect of the South Yorkshire Supertram on the structure of 

house prices in Sheffield. Asking price in different time period has been used as a dependent 

variable in the model in order to compare the impacts on house prices from time to time. 

Regarding hedonic model, linear and semi-log functional form have been used in estimation, 

however, semi-log model provides better results. In the regression analysis, three models 

have been applied for each year of data which includes 1988, 1993, and 1996. There was a 

multicollinearity problem occurred during analysis and another newly constructed equation 

has been executed separately. The results show that the house prices were slightly 

influenced by the future Supertram route supporting by the results drawn from model of 

year 1988 and 1993. In 1988, the house prices were inversely proportional to the distance to 

future Supertram route, but in 1993, the relationship was proportional. However, the 

Supertram had no statistically significant effect on the house price according to 1996-

model’s result. 

So, Tse, and Ganesan (1997) estimate the influence of transport on house prices in Hong 

Kong. Semi-log functional form has been used in estimation supported by Box-Cox 

transformation technique. There were three modes of transportations included as 

independent dummy variables; accessibility to mass transit railway (MTR), to bus, and to 

minibus. In summary, the influence of minibus has the most effect on house prices. 

However, coefficient for buses was appeared to be altered from what is expected. This 
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might be the reason that MTR and minibus are the mean of transport for middle-income 

residents who lived in class B residential units, an observation data source. 

In 1998, Chau and Ng examine Hong Kong property market in relation to public 

transportation. The dataset consists of 70 observations to use with hedonic price model. 

Box-Cox technique has been applied with the purpose of finding the most appropriate 

functional form. The results from using Box-Cox transformation model were not significantly 

different from a simple linear model so the authors assume linear model in the study. There 

were only three independent variables in the equation; floor level, location dummy, and 

time period dummy. However the study result did not indicate any significant effect of 

railway station on prices of property. 

Adair, McGreal, Smyth, Cooper and Ryley (2000) examine the relationship between house 

prices and accessibility in Belfast urban area. Different types of model have been used in 

this study including city-wide model, sector-level model, and model by property type. Linear 

and semi-log model have been applied drawing 21 regression results in which one is all area 

included, 14 were examined by spatial sub-markets, and the rest were study considering 

housing sector. According to transport accessibility variable, the traffic zoning and 

accessibility index have been used to measure the value of relative accessibility. The study 

shows that transport accessibility has impact on house prices in some of the models 

focusing on homogeneous sub-markets. Note that the remarkable issue in this study is the 

importance of sub-market clustering. 

Bowes and Ihlanfeldt (2001) have identified the impacts of rail transit stations on house 

prices in Atlanta region between the period of 1991 and 1994. There are three models used 

in the study; house price model, crime rate model, and retail employment model. Except for 

house prices hedonic model, this study performed separated models analysis in crime rate 

and employment which were analysed at the end of the study as a combined-factor affected 

price. Focusing on hedonic house price model, semi-log model has been employed. 

Surprisingly, the results show that the house near the station has lower value than the 

house situated between one and three miles from station. This might be the cause of 

negative externalities in the area that is close to the station. 
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In 2005, Gibbons and Machin published a research paper about the effects on house prices 

of transportation accessibility in London. The study determined the house prices before and 

after a development of new transportations, which in this case were Jubilee line extension 

and Dockland Light Railway in 1999. The semi-log functional form has been used with some 

adjustments to the model. The study conducted a quasi-experimental approach to examine 

before-and-after outcome in the areas affected and unaffected by transportation 

development. The findings confirm the connection between transport development and the 

increasing of house prices. 

Armstrong and Rodriquez (2006) investigate if there is a connection between property 

values and commuter rail accessibility in Eastern Massachusetts. According to the location 

variable, three variables have been used to express the accessibility to commuter rail 

services; there are travelled time by car, dummy variable indicating walking distance, and a 

dummy variable indicating location in municipality with at least a station. The study used 

three model specification including linear, semi-log, and double-log. Researchers have failed 

to address the statistically significant relationship with linear and semi-log model. The 

double-log model was, nevertheless, successfully estimated the results. The result shows 

that the properties located within one-half mile of commuter rail station have higher values 

of 10.1% comparing to those located outside the area. 

Celik and Yankaya (2006) study the impact of rail transit investment on residential property 

values in developing countries with the case study of Izmir, Turkey. They performed a cross-

sectional hedonic price analysis using two forms of model consisting of linear and 

exponential model. These models were employed in three areas; two for both districts and 

one for the whole area. The study results show that the distance to the nearest subway was 

inversely proportional to the property prices. Indeed, the rail transit investment has 

increased the surrounded land values because the improvement in transportation results in 

enhancing land values in short-term urban partial equilibrium. 

Summary of previous studies 
Previous studies have been reviewed corresponding to the research question, thesis aims, 

and objectives. Unexpectedly, most of the past research papers share some common 

methods and approaches of the hedonic price function. The first identical idea is that almost 
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all the studies used data in three aspects which were physical characters, property location, 

and its neighbourhood. Besides, semi-log functional form has been widely used among the 

researchers as shown in many published papers. In number of studies, it is noted that the 

variables, concerning the distance between properties and transportation systems, are not 

statistically significant, and some are found to express a weak relationship. Previous 

research, including its methods and findings, are summarised in the following table. 

Table 2-1 Summary of previous studies 

Author(s) Study Description 

Gatzlaff & Smith 

(1993) 

The impact of the Miami 

Metrorail on the value of 

residences near station 

locations 

The result shows that there was no 

significant effect between rail system 

development and residences’ value 

confirming by both house price index and 

hedonic model approach. 

Forrest, Glen, & 

Ward (1996) 

The impact of a light rail 

system on the structure of 

house prices 

Proximity to a station was described as a 

set of dummies depending on how far it is. 

The results show an inverse relationship 

involving distance to a station and house 

prices. 

Henneberry (1997) Transport investment and 

house prices 

Semi-log functional form has been used in 

the study. In 1988, there was a modest 

inverse relationship between house prices 

and the distance to future tram routes. In 

1993, the relationship turned to be direct 

proportional. After the Supertram was 

operated, there was no statistically 

significant relationship between house 

prices and its distance to Supertram. 

So, Tse, & Ganesan 

(1997) 

Estimating the influence of 

transport on house prices: 

evidence from Hong Kong 

Semi-log model has been applied 

supporting by Box-Cox function model. 

There is one coefficient that showed 

unexpected sign due to the particular 

observation dataset. 
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Chau & Ng (1998) The effects of improvement 

in public transportation 

capacity on residential price 

gradient in Hong Kong 

Box-Cox technique was used in considering 

the right functional form for estimation. 

Only three independent variables, in which 

two of them are dummies, are used in 

calculation. There is no strong result on the 

relationship between house prices and 

proximity to railway station 

Adair, McGreal, 

Smyth, Cooper, & 

Ryley (2000) 

House prices and 

accessibility: the testing of 

relationship within the 

Belfast urban area 

There were six models out of 21 show 

significant relationship. The study shows 

that clustering data is important in some 

cases. 

Bowes & Ihlanfeldt 

(2001) 

Identifying the impacts of 

rail transit stations on 

residential property values 

Semi-log functional form has been used in 

the study. Unexpectedly, prices of house 

closed to rail station are lower than those 

farther away. 

Gibbons & Machin 

(2005) 

Valuing rail access using 

transport innovations 

This research studies the house prices in 

term of transportation development using 

quasi-experimental approach. Indeed, the 

development of transportation plays role 

in house price increases. 

Armstrong & 

Rodriguez (2006) 

An evaluation of the 

accessibility benefits of 

commuter rail in Eastern 

Massachusetts using spatial 

hedonic price functions 

By using double-log hedonic model, the 

study shows statistically significant inverse 

effect between property values and 

distance to commuter rail services. 

Celik & Yankaya 

(2006) 

The impact of rail transit 

investment on the 

residential property values in 

developing countries: the 

case of Izmir subway, Turkey 

The study was performed in three groups 

of area; two for districts and one for all 

area. Rail transit investment results in 

increasing of land values. The result also 

states that longer distance to a station 

tends to lower property prices. 
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CHAPTER 3 METHODOLOGY 

 

This chapter describes literature review on research method and approaches being used for 

the thesis. Generally this research topic aims to establish the influence of rapid transit 

systems (RTS) on condominium price in Bangkok. This chapter provides the methods, 

approaches, techniques and stages in the research. 

The research question is established in relation to the contents, literature review. The main 

research question is “How the accessibility of rapid transit system affects the price of 

condominium in Bangkok?” 

The thesis should address how relevant is accessibility of RTS to the condominium prices in 

Bangkok. The research is carried out through hedonic price model in accordance to the 

literature review. The condominiums in selected areas of Bangkok are to observe their 

detailed information, characteristics, and attributes concerning the model used. Hedonic 

pricing model is used in regression analysis with the aim of generating the result. 

 

Research approach and stages 
Business research can be conducted using two methods; quantitative and qualitative 

methods. Generally, quantitative method uses a numerical form of data whereas qualitative 

is more subjective method that uses a simpler non-numerical form of data (Blaxter, Hughes, 

& Tight, 2006; Collis & Hussey, 2009). Deciding between quantitative and qualitative modes 

is highly important because it is going to be the dominant approach in the thesis and affects 

the research performance. 

This thesis applied quantitative method to conduct the research for the reason that the 

thesis aims to identify and evaluate the relationship between variables which is more 

suitable and well-organised with the quantitative mode. Although Bryman and Bell (2007) 

critique the criticisms of quantitative business research as the accuracy and efficiency in 

connecting the measures developed in research and everyday life, this research is not 

affected because this thesis tried to address the relationship of physical characteristics 

instead of human behaviour. Anyway, the performance of quantitative analysis relies on the 
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sample representativeness, measurement and qualification of data, and data reduction 

(Collis & Hussey, 2009). 

Theoretical foundation and conceptual framework 
On the topic of this thesis, the research aims to draw the relationship between 

condominium prices and its proximity to rapid transit station. Thus the research theoretical 

foundation and conceptual framework have been established. 

 

 

Figure 3-1 Conceptual framework 

Research design 
Research design is a plan or proposal to conduct a research that is influenced by 

philosophical worldviews, strategies of enquiry, and research methods (Creswell, 2009). To 

put it simply, research design is a mean of providing a plan or a framework for data 

collection and its analysis (Ghauri & Grønhaug, 2005). There are a variety of research design 

to use consisting of exploratory research design, descriptive research design, casual 

research design, experimental design, cross-sectional design, time series or longitudinal 

design, and case study design (Bryman & Bell, 2007; Ghauri & Grønhaug, 2005). 

Exploratory research design aims to theorising a poor-understand problem with an 

advantage of flexibility in solutions. In contrast, descriptive research design intends to 

inspect the structured and well-understood problem through exact rule and procedure. 

Price

Location
•distance to RTS
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Casual research design is to study cause-and-effect problems. Experiment is used to study 

the relationship in which independent variable or predictor is manipulated by investigator 

under controlled conditions. On the other hand, the difference between cross-sectional 

design and experimental design is that cross-sectional research has no control group and 

has no randomisation, all variables are determined at the same time. Time series or 

longitudinal design observes an interested incident over a period of time. Last of all, case 

study focuses on specific cases, which can be one or more for comparative study, under the 

basis of generalisation to population which the case belong to (Blaxter, Hughes, & Tight, 

2006; Bryman & Bell, 2007; Ghauri & Grønhaug, 2005). 

In this thesis, regarding the nature of research question, cross-sectional design is put into 

practice. By using quantitative cross-sectional design, the research aims to yield relationship 

of variables with high level of flexibility, efficiency, and powerful statistical manipulation at a 

particular point in time (Blaxter, Hughes, & Tight, 2006; Bryman & Bell, 2007). In the same 

way as cross-sectional research, realist research is to look for relationship between variables 

and their cause and effect through the measurement and statistical methods (Fisher, 2007). 

Data collection 
In accordance with cross-sectional design, there are four essential parts that need to be 

taken into consideration; there are participants, materials, procedures, and measures 

(Creswell, 2009). Consequently, four essential topics are transformed into variables in order 

to apply the cross-sectional experiments. The data collection is planned and implemented 

regarding variables appeared in the research design. 

Generally there are two types of data used in the research; primary data and secondary 

data. Primary data is original information collected by researchers themselves for a specific 

research purpose whilst secondary data is defined as information that is collected by others 

according to their purposes (Ghauri & Grønhaug, 2005). Both primary and secondary data 

sources have been used in this thesis. 

Secondary data used in this thesis is derived from both internal and external sources. For 

internal sources, company reports, fact sheets, and advertising brochures have been used in 

data collection stage. External sources used in the research were published documents 

including academic journals, government’s reports, published laws and regulations, and 
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websites. In addition, this thesis aalso used data collected by commercial organisation 

including research papers and reports published by research and property consulting firms. 

Primary data is to take into account when secondary data is insufficient or inefficient for 

study (Ghauri & Grønhaug, 2005). This research makes use of primary data including 

information on positioning and measurement data collected with the help of internet-based 

applications, which were Google Maps, Bing Maps, and BMA’s Geographic Information 

System (GIS). A small number of data on condominium facts have been collected via 

telephone and e-mail. 

Data processing and analysis 
There are three schemes of analysing quantitative data; univariate analysis, bivariate 

analysis, and multivariate analysis. Univariate is an analysis dealing with single variable at a 

time. Basically variables are measured and analysed in term of frequency, central tendency, 

and dispersion. Next, bivariate refers to the simultaneous analysis of two variables with the 

purpose of probing relationship between two variables. The last of three, multivariate 

analysis is a mean of analysis of three or more variables simultaneously (Bryman & Bell, 

2007). 

About this thesis, the research question aims to investigate the relationship of condominium 

price and its determinants. Data in this research were collected in accordance to the 

characteristic of variables which were given in interval, ordinal, and nominal form. 

Regarding the data and model, multivariate analysis is found to be the most appropriate 

among other approaches in quantitative method as it gives a simultaneous analysis of three 

or more variables. 

The data processing and analysis in this thesis have been processed using computer 

software including IBM® SPSS® Statistics 19.0.0 and Minitab® 16.1.0. 
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CHAPTER 4 DESCRIPTION OF THE AREA 

 

In this chapter the area of study in Bangkok were selected to perform the research. Scoping 

on specific area of study is considered as a direct and powerful method in defining 

relationships according to the research question of the thesis. 

This chapter covers the background and overview of Bangkok and its specific area selected 

for the study. The basis for area selection and detailed information of the area were 

presented in this chapter. 

 

Bangkok facts and information 
Bangkok, the capital of Thailand, is situated on the low flat plain of Chao Phraya river. The 

city latitude is 13̊45’ North, and longitude is 100˚28’ East. The elevation is about 2.31 

metres at Mean Sea Level (MSL). The capital has a total area of 1,569 square kilometres. 

Although it ranks 68th

As of 2010, total registered population in Bangkok was 5,701,394, which was 8.9% of the 

total population in Thailand (Bangkok Metropolitan Administrative [BMA], 2011). The 

population density was 3,634 per sq. km. Besides, the total population, including non-

register, was 8,249,117 (National Statistical Office, 2011). The capital and its surrounding 

vicinity, Samut Prakan, Nonthaburi, Nakhorn Pathom, Pathumthani, and Samut Sakorn, are 

specified as Bangkok Metropolitan Region (BMR). BMR has a total area of 7,762 sq. km. and 

population of 10,326,093. 

Bangkok is divided into 50 districts and 169 sub-districts. BMA clusters districts into three 

groups based on the settlement of community; there are inner city (22 districts), urban 

fringe (22 districts), and suburb (6 districts). Existing land use in Bangkok consists of 23.36% 

as residential, 23.58% for agricultural, 24% as empty land, and the rest for industrial, 

commercial and government use. For residential use, number of house in Bangkok as of 

2010 was 2,400,540 units. 

 in term of area among country’s 77 provinces, Bangkok has the largest 

population and population density among provinces in Thailand.  
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Regarding Bangkok city planning, BMA’s Department of City Planning has established 

Bangkok comprehensive land use plan 2006 in order to categorise land use by categories 

defined by colours (appendix A). There are 13 categories of land use as stated in the plan 

such as residential zone, commercial zone, industrial and warehouses zone, governmental 

institution zone etc. Under the Bangkok Comprehensive Land Use Plan Act B.E. 2549, this 

land use plan became effective over the period of five years, from 2006 to 2011. 

Transportation 
In the most of developed countries, there were efficient urban rail network before the rapid 

urbanisation, on the other hand, in developing countries, lacking of infrastructure has 

supported the rapid motorisation in the city such as Bangkok (Morichi, 2005). One of the 

most important and well known problems in Bangkok is traffic congestion. Without any 

efficient demand management policy for transport, many attempts to solve the problem 

focused on road-based transportations, such as building more roads or increasing road 

capacity, which is inefficient in the long-term development of the city (Rujopakarn, 2003; 

Tanaboriboon, 1997). BMA’s statistical summary 2009 indicated that there are 6.1 million 

out of country’s 27.2 million registered cars are in Bangkok (BMA, 2010). 

Before 1999, without any RTS, the only main public transport was bus transit which was 

insufficient and inefficient to serve commuters. The Bangkok’s first RTS, Bangkok Mass 

Transit System (BTS), was first operated in 1999 consisting of two sky train lines with 20 

stations along a-28.7-kilometre network. Currently Bangkok’s mass rapid transit system 

consists of four railways lines operated by three operators which are BTS, Mass Rapid 

Transit (MRT), and Suvarnabhumi Airport Rail Link (SARL). There are number of future 

stations along the extension of existing lines and several lines are in the planning and 

bidding processes. 
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Figure 4-1 Bangkok’s mass rapid transit system (UrbanRail.Net, 2011) 

BTS sky train was the first RTS in Bangkok operated since 1999. BTS is operated by Bangkok 

Mass Transit System Public Company Limited (BTSC), the majority-owned subsidiary of BTS 

Group Holdings Plc, under a concession granted by BMA. It consists of two lines, the 

Sukhumvit line and the Silom line. BTS uses modern electrified trains which can serve 1,000 

passengers per train. They cover much of inner city area and urban fringe area. Currently 

there are 25 stations in service covers the length of 28.7 kilometres. As of 2009, the journey 

was 140.9 million trips per annum and continues to grow from year to year (BMA, 2010). 

MRT or Bangkok metro was first operated in 2004 by Bangkok Metro Company Limited 

(BMCL), a concessionaire of Mass Rapid Transit Authority of Thailand (MRTA), a state-ownd 

enterprise. It consists of 18 stations along the 20 kilometres underground line between Bang 

Sue and Hua Lamphong. MRT uses similar train to BTS sky train providing services in inner 

city and urban fringe area. In 2009, the MRT journey per annum was 63.7 million trips (BMA, 

2010). 
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SARL is the most recent operator in the mass rapid transit system. The 28.6-kilometre sky 

train line has been fully operated in 2011 by a state enterprise, State Railway of Thailand 

(SRT). The commuter serves passengers from Phaya Thai, an inner city station, to 

Suvarnabhumi airport with two types of train, city line train and express line train. The 

shortest journey duration between Phaya Thai and Suvarnabhum airport is 18 minutes by 

express line. 

The last alternative mode of RTS in Bangkok is Bus Rapid Transit (BRT) that has been first 

operated in 2010. Bus rapid transit system was adopted instead of rail RTS due to the fact 

that it incur less costs and time in construction and operation. Like BTS, BRT is operated by 

BTSC under a concession agreement with BMA. There are 12 stations along a 12.5-kilometre 

line from Sathon to Ratchpruek. Meanwhile, BRT is the first and only bus rapid transit in 

Thailand. 

 

Figure 4-2 BTS and MRT passenger journey per annum 

Residential property market 
There are five housing types that are dominant the Thai residential market; single-family 

houses, attached units (duplexes, fourplexes etc.), townhouses, condominiums, and shop 

houses or commercial homes (Sharkawy & Chotipanich, 1998). In the first three quarters of 

2010, condominium was a type of residence that dominated BMR property market with 51% 

market share in term of supply units, followed by single-family house, shop house, town 

house, and attached unit (REIC, 2010). 
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Figure 4-3 Registered residential property by type (REIC, 2010) 

Focusing on condominium, Condominium Act B.E. 2522 (1979) describes the meaning of 

condominium as a property in which the ownership is separated into individual ownership in 

residential unit and joint ownership in common area. In 2007, households lived in 

condominiums were three times bigger than those lived in condominium in 1994 

(Thanyalakpark, 2011). Currently, Agency for Real Estate Affairs (AREA, 2011) reveals trend 

in property development that condominium has the highest share of project launched in the 

market with 49% in term of value and 52% in term of unit. There are approximately 68,745 

units of new supply launched in 2010 which added to the cumulative supply of 217,731 units 

at the end of 2010 (Knight Frank, 2011). 

Two main factors behind the boosting in demand for condominium and changing in 

consumer behaviour are economic conditions, and public transit systems (Thanyalakpark, 

2011). Due to limited vacancy land spaces in prime location, developers demand land spaces 

located close to rail rapid transit stations so as to develop high-density residential project 

(Thanyalakpark, 2011). As a result, the average selling prices of newly launched 

condominium are in relative to the distance to rapid transit systems; the closer the distance, 

the higher the price (Colliers International Thailand, 2011). According to Colliers 

International Thailand (2011) and CB Richard Ellis (2011), new condominium development 

projects in Bangkok tend to locate in close proximity to mass rapid connections. 
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The area of study 
The selection of the area is based on comparable factors including existing land use, BMA’s 

comprehensive land use plan, economic characteristics, social characteristics, and cultural 

characteristics. There are four districts in Bangkok selected for the research area consist of 

Bang Kho Laem district, Bang Rak district, Sathorn district, and Yannawa district. Regarding 

Bangkok comprehensive land use plan 2006, these four districts are mainly classified as 

dense residential zone, coloured brown, and commercial zone, coloured red, in minority of 

the area (figure 4-4). Due to the proximity to Bangkok CBD and facilities provided, the selling 

price of condominium in this area is comparatively higher than any other areas in the city 

(Knight Frank, 2011). The major streets in the area are Sathorn Road, Narathiwas 

Rajanagarindra Road, Rama III Road, Rama IV Road, Silom Road, Surawong Road, and Si 

Phraya Road. 

As a monocentric capital, the area of study is considered as Bangkok’s city centre and CBD 

containing all main urban functions such as business districts, government institutions, and 

shopping centres. Facilities in the area include hospitals, academic institutions, markets, 

shopping centres, and parks. The area selected for study is the most desirable area for 

residential property comparing to other areas in Bangkok due to its attributes in public 

facilities and services, careers, and transportations. Regarding condominium market, Silom, 

Sathorn, and Rama III are areas with the highest condominium prices in Bangkok because it 

is considered as city centre area (CB Richard Ellis, 2011; Knight Frank, 2011). Moreover, 

Knight Frank (2010) also indicated that the condominiums located in the area of study are 

considered as premium class condominium.  

The area of study can be divided into two sub-areas which are Silom Road and Sathorn Road 

area and Narathiwas Rajanagarindra Road and Rama III Road. The first area contains 

business districts as well as public facilities. The RTS accessibility is better than the latter 

area since there are two rail rapid transit modes served the area. Knight Frank (2010) 

describes the first area as CBD whilst the latter is a minor part of CBD and riverside area 

along Rama III Road. 
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Figure 4-4 The area of study 

In the area of choice, there are two rapid transit railways which are BTS sky train and MRT 

subway. MRT serves the area with number of stations along Rama IV Road whilst BTS 

locates on a part of Silom and Sathorn Road. Although some condominiums in the area of 

study, which are situated on Rama III Road and Narathiwas Rajanagarindra Road, are not 

considered as a close proximity to RTS, they were judged to be comparable residential 

properties to those located in the area that is close to RTS as other attributes were 

comparable. 

In this thesis, the data on newly launched condominium in the past five years, from 2006-

2011, has been gathered. The selection criteria were to include the condominium that 

contains similar attributes in order to serve the comparison of dataset. Some of 

condominiums were ignored due to the lacking of data. There were 63 condominium 

projects in the area chosen for the research according to their attributes, prices, and 

reputations in the market. The project used in the research range from upper-middle class 

to high end condominium. As a result, there are number of projects that have been ignored 
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in the research. It is noted that most of the ignored projects were condominiums developed 

by L.P.N. Development Plc, a developer that is well known in developing low price 

residential. 
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CHAPTER 5 MODEL AND REGRESSION 

 

This chapter describes the model used in the research along with the regression analysis. As 

a research method, the regression analysis was conducted in relevant to the hedonic price 

model with the intention of discovering the relationship between condominium prices and 

distance to rapid transit system. 

 

Data analysis 
Regarding selection criteria, there are 63 condominiums selected in the research according 

to their attributes, prices, and reputations in the market. Price of condominium has been 

used as dependent variable in different forms of model. Regarding dependent variable 

assumption, condominium price is the minimum price per square metre announced by the 

developer without considering any sales campaign or any cost incurred. The data contains a 

dependent variable and another three main variables of hedonic model which are location 

characteristic, physical characteristic, and neighbourhood characteristic. In table 5-1 below, 

both dependent and independent variables used in the thesis and its expected sign are 

illustrated. 
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Table 5-1 Variable definition and classification 

Variable 
Expected 

sign 
Definition 

Dependent 

variable 

Price_per_m2_kTHB  Price of condominium (thousand Baht1) 

Location 

attributes 

to_BTSMRT -ive Distance from condominium to nearest 

rapid transit station (kilometre) 

to_CBD -ive Distance from condominium to CBD 

(kilometre) 

to_street -ive Distance from condominium to main 

street (kilometre) 

Structural 

attributes 

Room_size_m2 +ive Size of smallest room offered (square 

metre) 

Height_floors +ive Height of the building (number of 

storeys) 

Developer_reputation +ive Developer reputation (dummy) 

1 if it is a top-ten developer, 

0 otherwise 

Age_yrs -ive Age of the building counted after project 

done (number of years) 

Neighbourhood 

attributes 

Facilities +ive Public facility within area (dummy) 

1 if three public facilities or more located 

within two kilometres from 

condominium, 

0 otherwise 

 

Location attributes 
As a prime location, the selected area of study is considered to be Bangkok’s inner city area 

containing dense residential zone and commercial zone. The commercial zone, which is 

coloured red in the Bangkok comprehensive land use plan 2006 (appendix A), is considered 

to be CBD. 

                                                        

1 Baht (THB) is the currency of Thailand 
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In term of transportations, there are two mass rapid transit modes in the area; BTS and 

MRT. There are four stations of BTS’s Silom line located within the area; Sala Daeng, Chong 

Nonsi, Surasak, and Saphan Tak Sin. The sky train line runs over Silom Road and turns to 

Sathorn Road via a short part of Narathiwas Rajanagarindra Road. Likewise, MRT is a subway 

line running along Rama IV Road and serving the area with four stations which are Queen 

Sirikit National Convention Centre, Khlong Toei, Silom, and Sam Yan. Moreover, the area is 

full of major streets, roads, and lanes connecting the road traffic within area. Condominiums 

are situated on main streets as well as side-street branching off a major street called Soi in 

Thai. Hence condominiums situated on main street are highly appreciated, comparing with 

those situated on side-street, due to its accessibility. 

In line with the research objectives, three variables have been used including the distance 

from condominium to the nearest rapid transit station, to CBD, and to main street. The 

distance between condominium and CBD is the measure of the shortest distance from 

condominium to commercial zone as stated in Bangkok comprehensive land use plan 2006. 

Main street in the variable means the street that is served by a bus transit as a minimum. 

Note that all location variables were measured in distance travelled by road only. 

Structural attributes 
All of selected condominiums provide similar basic facilities for instance swimming pool, 

gym, car park, securities etc. The structure variables were generated as size of room, height 

of the building, developer reputation, and age of the building. 

Size of room used in the analysis is minimum room size offered in the condominium project 

as the smallest rooms dominate the building spaces in all of the condominium in the market. 

The room size also indicates the standard of the project since the luxury projects offer 

bigger room size than other condominium projects. Basically, condominium price per square 

metre is found to be progressively higher with the larger room size. Thus the minimum 

room size is the most appropriate variable to reflect the basic value of the condominium 

unit. Height is a variable considering on how tall the building is in term of storeys. It can 

reflect the value of the building as people prefer high-rise building because of its view or 

scenery from high floor unit. Although some literatures consider view as location attributes, 

in this study view is related to the height of the building, thus it is evaluated as structural 
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attributes (Chau & Chin, 2002; Mok, Chan, & Cho, 1995). Considering dummy variable, 

developer reputation was considered from top-ten developers ranking determined by 

number of supply launched in 2010. A top-ten developer were Pruksa Real Estate Plc, L.P.N. 

Development Plc, Asian Property Development Plc, Land & House Plc, Sansiri Plc, Supalai Plc, 

Prinsiri Plc, Property Perfect Plc, Areeya Property Plc, and M.K. Real Estate Development Plc 

respectively. Lastly, age of the building is counted from the year that project finished till 

2011, figures is given in year. As a dummy variable, condominiums developed by top ten 

developers are assigned value of one. Note that Hotel Properties Limited Group, a high 

reputation Singapore-based property development company, was assigned value of one as 

well due to its reputation as a world leading property development company. 

Neighbourhood attributes 
Neighbourhood variables take environmental and social factors into consideration so as to 

indicate the quality and quantity of neighbourhood attributes in the area of study. 

Neighbourhood attributes include public and recreation facilities, services, and quality of 

surrounding environment. Consequently, in the area, existing attributes are parks, schools, 

hospitals, shopping malls, quality of road, traffic conditions. Although most condominiums 

in the area are located in the proximity to public facilities or find itself in a good 

environment, some of them are not. The neighbourhood variable was established as a 

dummy variable in the analysis. Value of one was use for condominium that contains three 

or more attributes. 

Data analysis scheme 
The regression analysis was then carried out using the hedonic models with different data 

schemes so as to understand the influences of condominium prices correctly. The entire 

area model has been used to derive the outcome of overall condominium in the area whilst 

clustered models have been used to inspect the influence using more specific and 

comparable groups of condominiums. The data have been clustered into two different 

grouping schemes which were grouped by area, and grouped by accessibility to rapid transit 

station. The area clustering scheme is to separate the condominium into two groups in 

regard to its location. There are two dataset grouped by area; Silom Rd. and Sathorn Rd. 

area, and Narathiwas Rajanagarindra Rd. and Rama III Rd. For accessibility to RTS scheme, 

there are two groups as well regarding to the proximity to the nearest rapid transit station. 
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The first two models were established by considering the proximity to RTS. This scheme is 

implemented so as to understand the proximity to RTS oriented factors. The condominium 

located within 2.5 kilometres from the nearest RTS station was analysed against those 

located further away. The proximity to the nearest station scheme is used to examine the 

possible link between condominiums those located far from the station if their price is 

affected by the RTS or not. The latter scheme is differentiated by location which is 

expressed as Silom and Sathorn area, and Narathiwas and Rama III area. The sub-areas 

scheme was used to group the condominiums with the comparable location, facilities, and 

attributes in the area. Groups of data and its detailed information are presented in the 

following table. 

Table 5-2 Data group 

Scheme Dataset 
Number 

of project 
Description 

All area All area 63 All condominiums are included 

Proximity to RTS BTS 44 Condominiums located not more than 2.5 

km from nearest rapid transit station 

nonBTS 19 Condominiums located more than 2.5 km 

from nearest rapid transit station 

Sub-areas Silom_Sathorn 38 Condominiums located on Siphaya Rd., 

Surawong Rd., Silom Rd., and Sathorn Rd. 

Narathiwas_Rama III 25 Condominiums located on Narathiwas 

Rajanagarindra Rd. and Rama III Rd. 

 

Descriptive statistics 
Table 5-3 illustrates the descriptive statistics information of the variables applied in the 

research which includes number of project used, range of value, minimum value, maximum 

value, mean value, standard deviation, variance, skewness, and kurtosis. 

The last two columns, skewness and kurtosis, play an important role in validate data 

observation. Skewness illustrates the lean or bend of a distribution whilst kurtosis presents 

how flat a distribution is. Basically, skewness and kurtosis of normally distributed data are 

between -2 and +2. If the descriptive statistics of these two indicators fall out of the range, 
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the distribution of observations might be skew, peak, or flat. However, skewness and 

kurtosis of some variables used in this thesis, interval which are distance to CBD variable 

and room size variable, are not located in the specify interval. 

Table 5-3 Descriptive statistics 

 

N Minimum Maximum Mean 
Std. 

Deviation 
Skewness Kurtosis 

Statistic Statistic Statistic Statistic Statistic Statistic 
Std. 

Error 
Statistic 

Std. 

Error 

to_BTSMRT 63 .00 7.20 1.9934 1.93894 1.286 .302 .757 .595 

to_CBD 63 .00 3.90 .4887 .83511 2.553 .302 6.881 .595 

to_street 63 .00 1.00 .2415 .28332 1.470 .302 1.200 .595 

Room_size_m2 63 26.00 270.00 57.2684 45.87328 3.480 .302 13.717 .595 

Height_floors 63 7.00 66.00 23.5873 15.07255 .672 .302 -.295 .595 

Developer_reputation 63 .00 1.00 .3333 .47519 .724 .302 -1.525 .595 

Age_yrs 63 .00 8.00 2.9206 2.38477 .163 .302 -1.234 .595 

Facilities 63 .00 1.00 .5397 .50243 -.163 .302 -2.039 .595 

Valid N (listwise) 63         

 

Model summary 
In this thesis, several forms of hedonic price model have been applied as well as the Box-Cox 

transformation technique. Following are model used in this the study. 

Linear model: 

𝑃𝑃 =  𝛽𝛽0 +  �𝛽𝛽𝑖𝑖𝐿𝐿𝑖𝑖 +  �𝛽𝛽𝑗𝑗𝑆𝑆𝑗𝑗 +  �𝛽𝛽𝑘𝑘𝑁𝑁𝑘𝑘 +  𝜀𝜀 

Semi-log model: 

ln𝑃𝑃 =  𝛽𝛽0 + �𝛽𝛽𝑖𝑖𝐿𝐿𝑖𝑖 +  �𝛽𝛽𝑗𝑗𝑆𝑆𝑗𝑗 +  �𝛽𝛽𝑘𝑘𝑁𝑁𝑘𝑘 +  𝜀𝜀 
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Box-Cox transformation model: 

�𝑃𝑃𝜆𝜆 − 1�
𝜆𝜆 =  𝛽𝛽0 +  �𝛽𝛽𝑖𝑖𝐿𝐿𝑖𝑖𝜆𝜆 +  �𝛽𝛽𝑗𝑗𝑆𝑆𝑗𝑗𝜆𝜆 +  �𝛽𝛽𝑘𝑘𝑁𝑁𝑘𝑘𝜆𝜆 +  𝜀𝜀 

where  𝑃𝑃 = condominium price 

    𝛽𝛽 = coefficient 

    𝐿𝐿𝑖𝑖  = location characteristics 

    𝑆𝑆𝑗𝑗  = structural characteristics 

    𝑁𝑁𝑘𝑘  = neighbourhood characteristics 

    𝜆𝜆 = transformation parameter 

    𝜀𝜀 = error term 

In general, the estimation model for the thesis is described as: 

ln𝑃𝑃𝑃𝑃𝑖𝑖𝑃𝑃𝑒𝑒 =  𝛽𝛽0 + 𝛽𝛽1(𝐷𝐷𝑖𝑖𝑠𝑠𝑠𝑠𝑠𝑠𝑛𝑛𝑃𝑃𝑒𝑒𝐵𝐵𝐵𝐵𝑆𝑆𝐵𝐵𝐵𝐵𝐵𝐵 ) + 𝛽𝛽2(𝐷𝐷𝑖𝑖𝑠𝑠𝑠𝑠𝑠𝑠𝑛𝑛𝑃𝑃𝑒𝑒𝐶𝐶𝐵𝐵𝐷𝐷) + 𝛽𝛽3(𝐷𝐷𝑖𝑖𝑠𝑠𝑠𝑠𝑠𝑠𝑛𝑛𝑃𝑃𝑒𝑒𝑠𝑠𝑠𝑠𝑃𝑃𝑒𝑒𝑒𝑒𝑠𝑠 )

+ 𝛽𝛽4(𝐵𝐵𝑅𝑅𝑅𝑅𝑚𝑚 𝑠𝑠𝑖𝑖𝑠𝑠𝑒𝑒) + 𝛽𝛽5(𝐻𝐻𝑒𝑒𝑖𝑖𝐻𝐻ℎ𝑠𝑠) + 𝛽𝛽6(𝐷𝐷𝑒𝑒𝐷𝐷𝑒𝑒𝐷𝐷𝑅𝑅𝐷𝐷𝑒𝑒𝑃𝑃 𝑃𝑃𝑒𝑒𝐷𝐷𝑟𝑟𝑠𝑠𝑠𝑠𝑠𝑠𝑖𝑖𝑅𝑅𝑛𝑛) + 𝛽𝛽7(𝐴𝐴𝐻𝐻𝑒𝑒)

+ 𝛽𝛽8(𝐹𝐹𝑠𝑠𝑃𝑃𝑖𝑖𝐷𝐷𝑖𝑖𝑠𝑠𝑖𝑖𝑒𝑒𝑠𝑠) + 𝜀𝜀 

Regression analysis 
All of the models in this thesis are estimated using ordinary least squares (OLS) regression 

analysis. According to the regression analysis model, there are eight independent variables 

of which two of them are dummies. In this part, various forms dataset have been employed 

in the semi-log model, linear model, and Box-Cox transformation model. This regression 

analysis is executed by “enter” method and then by “backward” method in order to find the 

optimal model. 

In this section, a semi-log functional form, as suggested by Malpezzi (2002), has been used 

to illustrate the regression outputs and annotations. According to the following hedonic 

model, the data of all condominium is analysed with the linear regression analysis. Only for 

the entire area model, linear functional form has been used as well as semi-log form for 

comparison reason. 

ln𝑃𝑃 =  𝛽𝛽0 + 𝛽𝛽1(𝑠𝑠𝑅𝑅_𝐵𝐵𝐵𝐵𝑆𝑆𝐵𝐵𝐵𝐵𝐵𝐵) + 𝛽𝛽1(𝑠𝑠𝑅𝑅_𝐶𝐶𝐵𝐵𝐷𝐷) + 𝛽𝛽1(𝑠𝑠𝑅𝑅_𝑠𝑠𝑠𝑠𝑃𝑃𝑒𝑒𝑒𝑒𝑠𝑠) + 𝛽𝛽1(𝐵𝐵𝑅𝑅𝑅𝑅𝑚𝑚_𝑠𝑠𝑖𝑖𝑠𝑠𝑒𝑒_𝑚𝑚2)

+ 𝛽𝛽1(𝐻𝐻𝑒𝑒𝑖𝑖𝐻𝐻ℎ𝑠𝑠_𝑓𝑓𝐷𝐷𝑅𝑅𝑅𝑅𝑃𝑃𝑠𝑠) + 𝛽𝛽1(𝐷𝐷𝑒𝑒𝐷𝐷𝑒𝑒𝐷𝐷𝑅𝑅𝐷𝐷𝑒𝑒𝑃𝑃_𝑃𝑃𝑒𝑒𝐷𝐷𝑟𝑟𝑠𝑠𝑠𝑠𝑠𝑠𝑖𝑖𝑅𝑅𝑛𝑛) + 𝛽𝛽1(𝐴𝐴𝐻𝐻𝑒𝑒_𝑦𝑦𝑃𝑃𝑠𝑠)

+ 𝛽𝛽1(𝐹𝐹𝑠𝑠𝑃𝑃𝑖𝑖𝐷𝐷𝑖𝑖𝑠𝑠𝑖𝑖𝑒𝑒𝑠𝑠) + 𝜀𝜀 
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As a result, all indicators and statistics are illustrated in the regression analysis outcomes. 

The model is interpreted following the consideration of important indicators including R-

square, adjusted R-square, analysis of variance (ANOVA), and the coefficients’ indicators 

itself. The analysis also performs an investigation for multicollinearity problems using 

variance inflation factor (VIF) and tolerance. 

R-square is the proportion of variance in the dependent variable which can be explained by 

the independent variables. It indicates how strength is the relationship of the dependent 

variable and the overall independent variables (Statistical Consulting Group). 

Variance inflation factor (VIF) and tolerance are important indicators in the regression 

analysis presenting the impact of collinearity in the model. Tolerance value that ranges 

between 0 and 1 and it indicates less collinearity effects when the value goes toward 1. 

Likewise, VIF is the reciprocal of tolerance value (1/tolerance). Basically, acceptable 

tolerance and VIF are more than 0.2 and not more than 5 correspondingly.  

According to the regression outputs (appendix B), coefficient (B), standard error (Std. Error), 

standardised coefficient (Beta), T-statistic (t), and p-value (Sig.) are all indicated in the 

coefficient table. Standardised coefficient (Beta) is obtained by standardising both 

dependent and independent variables before running regression, thus the values are 

comparable. T-statistic and its p-value are indicators used to test the coefficients if they are 

significantly different from zero (Statistical Consulting Group). 

Results of the entire area models 
According to the optimal model derived by backward method, R-square of the model yields 

the value of 0.462 which means 46.2% of the natural-log of condominium price (ln𝑃𝑃) is 

described by this set of independent variables. Adjusted R-square is a modification of R-

square which illustrates the sensitivity to change of data. In this model, adjusted R-square 

yields the value of 0.404 or 40.4%. The analysis of variance (ANOVA) illustrates the F-

statistic (F) of 8.001 or associated p-value (sig) of .000 which is below p-value of 0.05. This 

means that this data contain statistically significant effects on the regression analysis and 

the regression model is acceptable. According to the results (appendix B), variance inflation 

factor (VIF) and tolerance indicate that there is no multicollinearity problem with the model. 
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To sum up, the price of condominium can be explained by the six given characteristics. The 

prices of condominium will decrease 6.8% per additional kilometre of distance from the 

nearest RTS station. This is indicated by the R-square of 46.2% at the 0.1% level of significant 

(α=0.001). The standard error of the estimate is ±0.24363. 

The estimate of semi-log model by backward method is: 

ln𝑃𝑃𝑃𝑃𝑖𝑖𝑃𝑃𝑒𝑒 =  4.211− .068(𝐷𝐷𝑖𝑖𝑠𝑠𝑠𝑠𝑠𝑠𝑛𝑛𝑃𝑃𝑒𝑒𝐵𝐵𝐵𝐵𝑆𝑆𝐵𝐵𝐵𝐵𝐵𝐵 )− .236(𝐷𝐷𝑖𝑖𝑠𝑠𝑠𝑠𝑠𝑠𝑛𝑛𝑃𝑃𝑒𝑒𝑠𝑠𝑠𝑠𝑃𝑃𝑒𝑒𝑒𝑒𝑠𝑠 ) + .003(𝐵𝐵𝑅𝑅𝑅𝑅𝑚𝑚 𝑠𝑠𝑖𝑖𝑠𝑠𝑒𝑒)

+ .005(𝐻𝐻𝑒𝑒𝑖𝑖𝐻𝐻ℎ𝑠𝑠)− .024(𝐴𝐴𝐻𝐻𝑒𝑒) + .152(𝐹𝐹𝑠𝑠𝑃𝑃𝑖𝑖𝐷𝐷𝑖𝑖𝑠𝑠𝑖𝑖𝑒𝑒𝑠𝑠) + 𝜀𝜀 

Regarding the Box-Cox transformation technique, the transformation parameter value (λ) 

has been estimated at 0.68 which lies between linear and semi-log functional form. 

Comparing to all enter method where all variables are included, distance to rapid transit 

system (to_BTSMRT), size of room (Room_size_m2), and public facilities (Facilities) are 

significant at the level of 5% whilst distance to main street (to_street), height of the building 

(Height_floors), and age of building (Age_yrs) can explain the price of condominium at 10% 

significant level. However there is two characteristics that could not estimate the price of 

condominium; distance to CBD and developer reputation. The coefficient’s p-value of 

distance to CBD (to_CBD) and developer reputation (Developer_reputation) are 0.979 and 

0.506 respectively. 

Table 5-4 Regression results of the entire area data 

Variable 
Enter (all variables included) Backward (optimal model) 

B Std. Error B Std. Error 

(Constant) 4.205 * 0.113 4.211 * .110 

to_BTSMRT -.069 * 0.020 -.068 * .018 

to_CBD -.001  0.044    

to_street -.259 ** 0.135 -.236 ** .123 

Room_size_m2 .003 * 0.001 .003 * .001 

Height_floors .005 ** 0.002 .005 * .002 

Developer_reputation .047  0.071    

Age_yrs -.025 ** 0.014 -.024 ** .014 

Facilities .157 * 0.069 .152 * .066 

R-square 0.466 .462 

Adjusted R-square 0.387 .404 

  * Indicates significance at 5% level, ** indicates significance at 10% level 
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Results by proximity to the nearest station 
There are two models based on the location of the condominium comparing to the location 

of the nearest station. The ANOVA shows that the model of the condominium located far 

from RTS has multicollinearity problem confirmed by its VIF of more than the value of five. 

Thus all enter model is not applicable for the estimation, backward method has been used 

to derive the optimal solution. 

Considering optimal model, three variables are omitted from the less-than-2.5-kilometre 

model; to_BTSMRT, to_street, and Developer_reputation. R-square of .630 means that 63% 

of condominium prices are explained by five characteristics listed in the results. Adjusted R-

square is 58.1% at the significant level of 0.001. The standard error of the estimate is 

±0.18321. Although the first dataset shows some results, the more-than-2.5-kilometre 

model contains only a weak relationship between condominium prices and room size. This 

model, the more-than-2.5-kilometre model, is not applicable to use in any purposes. 

In table 5-5 and table 5-6, analysis results using all enter and backward methods are 

illustrated. The proximity to the nearest station is separated into two groups; condominium 

located within 2.5 kilometres from the nearest station, and those located more than 2.5 

kilometres from the RTS. Note that neither of the models indicates significant relationship 

between condominium prices and distance to RTS. 
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Table 5-5 Results from enter method regresion analysis 

Variable 
≤ 2.5 km from station > 2.5 km from station 

B Std. Error B Std. Error 

(Constant) 4.220 * .097 4.058 * .480 

to_BTSMRT -.082  .069 -.028  .066 

to_CBD -.295 ** .149 .025  .081 

to_street .134  .192 -.835  .959 

Room_size_m2 .002 * .001 .004 ** .002 

Height_floors .006 * .002 .001  .008 

Developer_reputation -.023  .068 .108  .206 

Age_yrs -.028 * .012 -.012  .048 

Facilities .186 * .065 .030  .217 

R-square .648 .361 

Adjusted R-square .567 -.150 

  * Indicates significance at 5% level 

** indicates significance at 10% level 

 

 

Table 5-6 Results from backward method regresion analysis by proximity to RTS 

Variable 
≤ 2.5 km from station > 2.5 km from station 

B Std. Error B Std. Error 

(Constant) 4.179 * .086 3.993 * .104 

to_BTSMRT       

to_CBD -.298 * .081    

to_street       

Room_size_m2 .002 * .001 .003 * .001 

Height_floors .005 * .002    

Developer_reputation       

Age_yrs -.032 * .012    

Facilities .218 * .058    

R-square .630 .245 

Adjusted R-square .581 .201 

  * Indicates significance at 5% level 

** indicates significance at 10% level 
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Results by sub-areas 
By using enter method, Silom and Sathorn dataset is found to contain multicollinearity 

problem between distance to CBD and distance to main street variables. Moreover the 

Narathiwas and Rama III dataset is not significant confirmed by ANOVA. Thus the backward 

method is employed to find the most favourable model. 

In the group of Silom and Sathorn areas, except for distance to RTS and developer 

reputation, there are six attributes that can explain 71.6% of the condominium prices. This is 

indicated by the adjusted R-square of 63.8% at the 0.1% level of significant (α=0.001). The 

standard error of the estimate is ±0.17147. Unexpectedly, Narathiwas and Rama III model 

contains only a weak relationship between condominium prices and room size. This model is 

not applicable to use in any purposes. As same as models by proximity to RTS, neither of the 

models shows relationship between condominium prices and its proximity to RTS. 

 

 

Table 5-7 Results from enter method regresion analysis by sub-areas 

Variable 
Silom, Sathon areas Narathiwas, Rama III areas 

B Std. Error B Std. Error 

(Constant) 4.143 * .098 4.104 * .330 

to_BTSMRT -.026  .076 -.053  .039 

to_CBD -.748 * .211 .001  .059 

to_street .558 * .239 -.354  .477 

Room_size_m2 .002 * .001 .004 * .002 

Height_floors .005 * .002 .004  .006 

Developer_reputation -.064  .071 .115  .155 

Age_yrs -.034 * .012 -.012  .036 

Facilities .220 * .068 -.031  .157 

R-square .716 .380 

Adjusted R-square .638 .070 

  * Indicates significance at 5% level 

** indicates significance at 10% level 
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Table 5-8 Results from backward method regresion analysis by sub-areas 

Variable 
Silom, Sathon areas Narathiwas, Rama III areas 

B Std. Error B Std. Error 

(Constant) 4.117 * .092 4.201 * .091 

to_BTSMRT       

to_CBD -.710 * .183    

to_street .456 * .217    

Room_size_m2 .002 * .001 .003 * .001 

Height_floors .005 * .002    

Developer_reputation       

Age_yrs -.036 * .012    

Facilities .245 * .063    

R-square .704 .212 

Adjusted R-square .647 .178 

  * Indicates significance at 5% level 

** indicates significance at 10% level 
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CHAPTER 6 RESULTS SUMMARY 

 

This chapter provides the responses to the model and regression analysis, to provide 

research findings and the analysed data. The results of all models used in the thesis are 

summarised in this chapter. 

 

Results from hedonic price models 

There are five models employed in this thesis including the hedonic model of the entire 

area, two models by sub-areas, and two models by distance to rapid transit station. Each 

model is expressed by both linear and semi-log hedonic functional form. The results show 

that only one model, the whole area, contained a statistically significant relationship 

between condominium prices and distance to RTS. 

First, the entire area model, the whole set of condominiums were taken into consideration 

with linear and semi-log functional form. The results have confirmed the inverse 

relationship between condominium prices and RTS accessibility. The coefficient of distance 

to the nearest station variable is -.069 in semi-log form. It ranks in the third position of the 

most price-effected variables. The most influential characteristic are distance to CBD, public 

facilities, and distance to RTS respectively. R-square value shows that, in each functional 

form, 46.6% and 48.6% of the dependent variable is explained by the set of independent 

variable in semi-log model and linear model respectively. 

Next, the data has been clustered by the distance to the nearest station. The model of the 

more-than-2.5-kilometre distance is not applicable because of multicollinearity problem. 

The model of 2.5-kilometre-proximity is applicable but the proximity to RTS variable is not 

significant. Thus this group of condominium does not have any significant relationship 

between condominium prices and its proximity to the nearest RTS. 

Considering location area, there are two models; Silom and Sathorn areas, and Narathiwas 

and Rama III areas. The first model is applicable whilst the latter is not because of its 

multicollinearity problem. Anyway the condominiums located in Silom and Sathorn area 

have no significant relationship between its prices and the proximity to the nearest station. 
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Distance to CBD, distance to main street, and public facilities are top three factors influence 

on condominium prices. 

Thus there is only one optimal model, the entire area model, which contains a relationship 

between condominium prices and the proximity to RTS. The variable of proximity to the 

nearest station has been omitted in the rest of the optimal models due to its statistical 

significant indicator. 

All in all, only the model of the entire area expresses an inverse relationship between 

condominium prices and the distance to the nearest rapid transit station. It ranks in the 

third place out of six characteristics that explained the prices of condominium. Distance to 

the nearest rapid transit station has a coefficient of -0.069 at 0.01 level of significant 

meaning that the prices of condominium will decrease by 6.9% per an additional kilometre 

of distance. Note that developer reputation plays no role in any model which indicated that 

it has no relationship to the prices of condominium. 

 

Table 6-1 Results summary for hedonic models 

Scheme 
Functional 

form 
R R2 2

Distance to BTS/MRT variable 
-adjust 

Coefficient Std. Error Sig. 

All area 
Linear .486 .410 -.971 .454 .001 

Semi-log .466 .387 -.069 .020 .001 

≤ 2.5 km 
Linear .649 .569 -6.411 5.414 .242 

Semi-log .648 .567 -.082 .069 .246 

> 2.5 km 
Linear .396 -.087 -2.495 4.613 .600 

Semi-log .361 -.150 -.028 .066 .677 

Silom, Sathorn Linear .680 .591 -3.949 6.375 .540 

Semi-log .716 .638 -.026 .076 .740 

Narathiwas, 

Rama III 

Linear .416 .125 -3.947 2.716 .165 

Semi-log .380 .070 -.053 .039 .197 
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CHAPTER 7 DISCUSSION AND CONCLUSIONS 

 

This chapter concludes the entire thesis works. The chapter contains result discussion and 

conclusions which interpret the results in order to understand the outcome of the research. 

It also defines research constraints, barriers and obstacles founded, and also further work. 

 

Contributions 
The findings in this research support the previous studies in the field of hedonic price 

model, especially the study of the influence of transportations to the house prices. 

The research has confirmed that, as a residential property, the condominium prices affect 

by set of characteristics. Particularly, there is an inverse relationship between the prices of 

condominium and the distance to public transportation systems (Armstrong & Rodriguez, 

2006; Celik & Yankaya, 2006; Forrest, Glen, & Ward, 1996; Gibbons & Machin, 2005). In 

addition, the selling price of condominium in Bangkok tends to be higher when it is located 

near the RTS station (Colliers International Thailand, 2011). However, some of the models 

do not show significant relationship between house prices and RTS which might be less 

important comparing to other attributes (Gatzlaff & Smith, 1993; Henneberry, 1998). 

Conversely, some study results show that the house price is directly proportional to the 

proximity to the transportation system (Bowes & Ihlanfeldt, 2001; Henneberry, 1998; So, 

Tse, & Ganesan, 1997). This is totally different from the findings in which indicate a negative 

relationship. 

The selection of the analysis model is important. The data grouping could be a good addition 

in an analysis because of better data clustering (Adair, McGreal, Smyth, Cooper, & Ryley, 

2000). 

Further work 
The thesis has established the influence of the RTS on the prices of condominium from 

hedonic price analysis. Further work will be necessary to develop an appropriate model and 

dataset used, and test these findings. The hedonic price model should be practical to 
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analyse the situation that contain wider scope of analysis in order to indicate the influences 

of condominium prices. 

A more qualitative approach of the model could be a good addition to hedonic price model 

in order to find the externalities that are not covered in the quantitative analysis. Different 

schemes and dataset will sharpen the ideas and discover future knowledge base of the 

research. 

Conclusions 
This thesis aims to establish the influence of RTS on the prices of condominium using the 

hedonic price model. The objectives of the research have been successfully achieved with 

the help of empirical research and logical analysis. Literature review and previous studies 

lead to major concerns in the characteristics that influence the prices of condominium. The 

analysis model has been developed following the literature review and previous studies in 

order to investigate the issue. Finally, the relationships of condominium prices and different 

attributes have been discovered. 

The analysis of hedonic price model indicates that the prices of condominium in Bangkok 

are explained by location attributes, structural attributes, and neighbourhood attributes. 

The accessibility to RTS is statistically significant in the model that included all 

condominiums. It suggests that the condominium price is inversely proportional to the 

distance to the nearest rail rapid transit station. However, the proximity to RTS is not the 

most influential characteristic that affects the prices of condominium. The most influential 

characteristics that affect the prices are distance to main street, public facilities within the 

area, and distance to RTS respectively. 

In contrast, all other models do not indicate any significant relationship between prices of 

condominium and the proximity to the RTS. Considering proximity to RTS models, the prices 

of condominium located close to RTS are significantly characterised by distance to CBD and 

public facilities rather than the distance to RTS. Due to the close proximity to RTS of all 

included condominiums, the distance from the nearest station is not an important factor 

that set the prices. Developers and buyers do not consider the distance to RTS as a factor 

since the condominiums, in this group, are already located close to RTS. The condominiums 

located further away from RTS contain only weak relationship of room size that reflects the 
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condominium price. Likewise the Narathiwas and Rama III sub-areas model expresses a 

weak relationship between condominium prices and room size. Narathiwas and Rama III 

area is considered as riverside area containing minor part of CBD thus the condominium in 

this area has dissimilar positioning and target group of customer comparing to another area. 

All in all, the findings of this thesis confirm the results of the previous studies on similar field 

of research as well as published reports by private firms. 

Along with the contributions, the findings in this thesis also point out the benefits of the 

public transport systems and RTS to the residential property market. There is evidence that 

the residential property prices, especially condominium price, are affected by the 

accessibility to RTS. The RTS is not only increase the price of land and property but also 

generate growth and development in various dimensions of the city.  
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Appendix A: Bangkok comprehensive land use plan 2006 
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Appendix B: Condominium dataset 

No. Project Area Developer Year 
Height 
(floors) 

Unit 
(unit) 

Room 
size 
(m2) 

Price 
(MTHB) 

Price per 
m2 
(kTHB) 

1 Sathorn Plus - By The Garden  Siphaya / Surawong / Silom / Sathorn Plus Properties Co., Ltd. 2006 9 70 53.66 2.95 54.98 

2 Sathorn Plus - On The Pond Siphaya / Surawong / Silom / Sathorn Plus Properties Co., Ltd. 2006 9 77 51 2.80 54.90 

3 The Bangkok Thanon Sub Siphaya / Surawong / Silom / Sathorn Land & House Plc 2005 8 155 51 4.19 82.16 

4 The Lanai Sathorn Siphaya / Surawong / Silom / Sathorn Sansiri Plc 2006 8 34 125 9.00 72.00 

5 Baan Siri Silom Siphaya / Surawong / Silom / Sathorn Sansiri Plc 2006 25 137 45 2.90 64.44 

6 Supalai Oriental Place Sathorn-Suanplu Siphaya / Surawong / Silom / Sathorn Supalai Plc 2006 20 302 40 1.92 48.00 

7 St. Louis Grand Terrace  Siphaya / Surawong / Silom / Sathorn Metrostar Property Plc 2006 28 245 47 2.63 55.96 

8 Silom Terrace Siphaya / Surawong / Silom / Sathorn Metrostar Property Plc 2003 8 151 33 2.80 84.85 

9 Silom Grand Terrace Siphaya / Surawong / Silom / Sathorn Metrostar Property Plc 2005 21 226 28 2.50 89.29 

10 Lumpini Place Suanplu-Sathorn Siphaya / Surawong / Silom / Sathorn L.P.N. Development Plc 2006 9 281 30 1.55 51.67 

11 The Legend Saladaeng Siphaya / Surawong / Silom / Sathorn Raimon Land Plc 2005 14 78 66 6.93 105.00 

12 The Royal Saladaeng  Siphaya / Surawong / Silom / Sathorn Charter Square Holding 2006 29 71 144 14.00 97.22 

13 The Met Siphaya / Surawong / Silom / Sathorn Hotel Properties Limited group 2005 66 375 92 12.00 130.43 

14 Pabhada Silom Siphaya / Surawong / Silom / Sathorn Pabhada Realty Co.,Ltd. 2007 8 69 36 2.49 69.03 

15 Urbana Sathorn Siphaya / Surawong / Silom / Sathorn Urbana Estate Co., Ltd. 2006 37 208 65 4.45 68.46 

16 The Station (Sathon@Bangrak) Siphaya / Surawong / Silom / Sathorn Station Land Co., Ltd. 2008 21 675 30 1.25 41.67 

17 Life @ Sathorn 10 Siphaya / Surawong / Silom / Sathorn Asian Property Development Plc 2009 27 286 36 2.40 66.67 

18 The Infinity Siphaya / Surawong / Silom / Sathorn Golden Land Property Development Plc 2008 40 108 85 10.00 117.65 

19 The Treasure Silom  Siphaya / Surawong / Silom / Sathorn Lee Property Co., Ltd. 2009 8 71 42 3.30 78.57 

20 Ivy Sathon 10 Siphaya / Surawong / Silom / Sathorn Pruksa Real Estate Plc 2009 29 301 33 2.90 87.88 

21 The Sukhothai Residences Siphaya / Surawong / Silom / Sathorn HKR International Ltd. 2010 41 196 100 12.00 120.00 

22 Wish @ Samyan Siphaya / Surawong / Silom / Sathorn Siamnuwat Co., Ltd. 2011 24 500 30 2.50 83.33 

23 Saladaeng Residences Siphaya / Surawong / Silom / Sathorn YLP Co., Ltd. 2011 25 132 92 10.00 108.70 

24 Surawong City Resort Siphaya / Surawong / Silom / Sathorn City Resort Group 2010 8 116 28 2.26 80.71 

25 The Address Sathorn Siphaya / Surawong / Silom / Sathorn AP Pacific Star (Sathorn) Co., Ltd. 2012 40 562 46 4.90 106.52 

26 The Seed Mingle Sathorn-Suanplu Siphaya / Surawong / Silom / Sathorn Pruksa Real Estate Plc 2013 32 531 26 1.70 65.38 
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27 Rhythm Sathorn Siphaya / Surawong / Silom / Sathorn Asian Property Development Plc 2013 42 910 35 3.30 94.29 

28 Supreme Garden Siphaya / Surawong / Silom / Sathorn Supreme Team Co.,Ltd. 2009 7 22 270 22.95 85.00 

29 M Silom Siphaya / Surawong / Silom / Sathorn Major Development Plc 2013 53 161 48 5.00 104.17 

30 The Surawong Siphaya / Surawong / Silom / Sathorn Chewathai Co., Ltd. 2010 8 52 40 4.30 107.50 

31 Quad Silom Siphaya / Surawong / Silom / Sathorn Quad Co., Ltd. 2011 8 72 39 4.45 114.10 

32 Vertiq Rama4-Siam Siphaya / Surawong / Silom / Sathorn Siamnuwat Co., Ltd. 2013 23 196 34 3.70 108.82 

33 Baan Nunthasiri Siphaya / Surawong / Silom / Sathorn Sansiri Plc 2006 7 79 116 10.00 86.21 

34 Condolette Light Convent Siphaya / Surawong / Silom / Sathorn Pruksa Real Estate Plc 2011 8 111 33 3.39 102.73 

35 Silom City Resort Siphaya / Surawong / Silom / Sathorn City Resort Group 2004 8 117 44 4.31 97.95 

36 Baan Sirisathorn Yenakard Siphaya / Surawong / Silom / Sathorn Sansiri Plc 2004 8 169 37 1.90 51.35 

37 Sathorn Gardens Siphaya / Surawong / Silom / Sathorn Pacific Star Co., Ltd. 2007 42 580 43 4.09 95.12 

38 Focus on Saladaeng Siphaya / Surawong / Silom / Sathorn Focus Development and Construction Co., Ltd. 2011 8 62 30 2.78 92.67 

39 River Heaven Narathiwatratchanakharin / Rama 3 Land & House Plc 2004 27 521 43 3.90 90.70 

40 The Bangkok Naratiwas Ratchanakarint Narathiwatratchanakharin / Rama 3 Land & House Plc 2005 8 294 56 3.49 62.32 

41 Resorta Yen-akat Narathiwatratchanakharin / Rama 3 Goldman Co.,Ltd 2006 8 308 40 2.01 50.25 

42 The Lofts Yennakart Narathiwatratchanakharin / Rama 3 Raimon Land Plc 2007 18 176 55 2.90 52.73 

43 The Empire Place Sathorn Narathiwatratchanakharin / Rama 3 TCC Capital Land Co., Ltd. 2008 45 493 54 4.86 90.00 

44 Supalai Casa Riva Narathiwatratchanakharin / Rama 3 Supalai Plc 2007 33 801 44 2.00 45.45 

45 Condo One X Sathorn-Narathiwat Narathiwatratchanakharin / Rama 3 Plus Properties Co., Ltd. 2008 9 493 30 1.10 36.67 

46 The Pano Narathiwatratchanakharin / Rama 3 Riverside Homes Development Co., Ltd. 2009 55 397 70 5.60 80.00 

47 The Star Estate@Narathiwas Narathiwatratchanakharin / Rama 3 Eastern Star Real Estate Plc 2007 20 211 62 3.59 57.90 

48 The Star Estate@Rama III Narathiwatratchanakharin / Rama 3 Eastern Star Real Estate Plc 2006 19 277 35 2.20 62.86 

49 The Master Montara : Sathorn - Rama III Narathiwatratchanakharin / Rama 3 Powerplus Property Co., Ltd 2007 8 214 36 1.50 41.67 

50 The Complete Narathiwas Narathiwatratchanakharin / Rama 3 Prinsiri Plc 2008 31 185 36 4.19 116.39 

51 Supalai Premier Ratchada-Narathivas-Sathorn Narathiwatratchanakharin / Rama 3 Supalai Plc 2010 27 621 29.5 1.70 57.63 

52 Le Rich Trendy Condo Satupradit Narathiwatratchanakharin / Rama 3 Richy Place 2002 Co., Ltd. 2009 22 422 30 1.50 50.00 

53 Sathorn Heritage (Bangkok Residences Sathorn) Narathiwatratchanakharin / Rama 3 V.C.A.L. Business Group Co., Ltd. 2008 38 180 39.25 3.50 89.17 

54 The Breeze Narathiwas Narathiwatratchanakharin / Rama 3 Eastern Star Real Estate Plc 2012 37 294 45 4.05 90.00 

55 Lumpini Park Riverside - Rama 3 Narathiwatratchanakharin / Rama 3 L.P.N. Development Plc 2012 36 2405 28 1.68 60.00 

56 Parco Condominium Narathiwatratchanakharin / Rama 3 Supreme Team Co., Ltd. 2012 28 148 63 6.17 97.94 

http://www.prakard.com/default.aspx?g=topics&f=1119�
http://www.prakard.com/default.aspx?g=topics&f=359�
http://www.prakard.com/default.aspx?g=topics&f=49�
http://www.prakard.com/default.aspx?g=topics&f=62�
http://www.prakard.com/default.aspx?g=topics&f=104�
http://www.prakard.com/default.aspx?g=topics&f=89�
http://www.prakard.com/default.aspx?g=topics&f=140�
http://www.prakard.com/default.aspx?g=topics&f=163�
http://www.prakard.com/default.aspx?g=topics&f=100�
http://www.prakard.com/default.aspx?g=topics&f=143�
http://www.prakard.com/default.aspx?g=topics&f=142�
http://www.prakard.com/default.aspx?g=topics&f=198�
http://www.prakard.com/default.aspx?g=topics&f=259�
http://www.prakard.com/default.aspx?g=topics&f=424�
http://www.prakard.com/default.aspx?g=topics&f=510�
http://www.prakard.com/default.aspx?g=topics&f=539�
http://www.prakard.com/default.aspx?g=topics&f=932�
http://www.prakard.com/default.aspx?g=topics&f=1056�


 

53 
 

57 The Maple Narathiwatratchanakharin / Rama 3 St. Louise Development Co., Ltd. 2010 12 54 55 3.59 65.27 

58 StarView Narathiwatratchanakharin / Rama 3 Eastern Star Real Estate Plc 2014 54 556 77 4.50 58.44 

59 Supalai Prima Riva Narathiwatratchanakharin / Rama 3 Supalai Plc 2014 47 871 43 2.40 55.81 

60 The Sathu Residences Narathiwatratchanakharin / Rama 3 Tonson Property Co., Ltd. 2009 15 22 270 32.40 120.00 

61 The Trust Residence Ratchadapisek-Rama 3 Narathiwatratchanakharin / Rama 3 The Confidence Co., Ltd. (Q House group) 2012 30 1408 28.5 1.37 48.07 

62 Rimtara Residence Narathiwatratchanakharin / Rama 3 Salintara (2550) Co.,Ltd. 2011 7 69 53 4.51 85.09 

63 Chatrium Narathiwatratchanakharin / Rama 3 City Realty Co., Ltd. 2007 36 260 62 4.80 77.42 



 

 

 

Appendix B: Regression results 

The entire area 

Model Summary 

Model R R Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 
1 .683 .466 a .387 .24707 
2 .683 .466 b .398 .24482 
3 .679 .462 c .404 .24363 
a. Predictors: (Constant), Facilities, Age_yrs, Developer_reputation, 
Room_size_m2, Height_floors, to_CBD, to_street, to_BTSMRT 
b. Predictors: (Constant), Facilities, Age_yrs, Developer_reputation, 
Room_size_m2, Height_floors, to_street, to_BTSMRT 
c. Predictors: (Constant), Facilities, Age_yrs, Room_size_m2, 
Height_floors, to_street, to_BTSMRT 
 

 
ANOVA

Model 

d 
Sum of Squares df Mean Square F Sig. 

1 Regression 2.877 8 .360 5.891 .000a 
Residual 3.296 54 .061   
Total 6.173 62    

2 Regression 2.877 7 .411 6.857 .000b 
Residual 3.296 55 .060   
Total 6.173 62    

3 Regression 2.849 6 .475 8.001 .000c 
Residual 3.324 56 .059   
Total 6.173 62    

a. Predictors: (Constant), Facilities, Age_yrs, Developer_reputation, Room_size_m2, Height_floors, 
to_CBD, to_street, to_BTSMRT 
b. Predictors: (Constant), Facilities, Age_yrs, Developer_reputation, Room_size_m2, Height_floors, 
to_street, to_BTSMRT 
c. Predictors: (Constant), Facilities, Age_yrs, Room_size_m2, Height_floors, to_street, to_BTSMRT 
d. Dependent Variable: LnPricem2 
 

 
Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

Collinearity 
Statistics 

B Std. Error Beta Tolerance VIF 
1 (Constant) 4.205 .113  37.286 .000   

to_BTSMRT -.069 .020 -.422 -3.483 .001 .674 1.483 
to_CBD -.001 .044 -.003 -.026 .979 .715 1.399 
to_street -.259 .135 -.233 -1.927 .059 .677 1.476 
Room_size_m2 .003 .001 .461 4.291 .000 .855 1.169 
Height_floors .005 .002 .217 1.945 .057 .795 1.258 
Developer_reputation .047 .071 .071 .669 .506 .871 1.148 
Age_yrs -.025 .014 -.191 -1.792 .079 .873 1.146 
Facilities .157 .069 .249 2.274 .027 .823 1.216 

3 (Constant) 4.211 .110  38.169 .000   
to_BTSMRT -.068 .018 -.418 -3.865 .000 .823 1.215 
to_street -.236 .123 -.212 -1.916 .060 .783 1.276 
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Room_size_m2 .003 .001 .446 4.349 .000 .913 1.095 
Height_floors .005 .002 .231 2.142 .037 .825 1.212 
Age_yrs -.024 .014 -.183 -1.755 .085 .885 1.130 
Facilities .152 .066 .243 2.314 .024 .873 1.145 

a. Dependent Variable: LnPricem2 
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Clustered by proximity to the nearest station 

≤ 2.5 kilometres from the nearest station 
Model Summary 

Model R R Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 
1 .805 .648 a .567 .18620 
2 .804 .647 b .578 .18388 
3 .802 .643 c .585 .18237 
4 .794 .630 d .581 .18321 
a. Predictors: (Constant), Facilities, to_street, Age_yrs, Room_size_m2, 
Developer_reputation, Height_floors, to_BTSMRT, to_CBD 
b. Predictors: (Constant), Facilities, to_street, Age_yrs, Room_size_m2, 
Height_floors, to_BTSMRT, to_CBD 
c. Predictors: (Constant), Facilities, Age_yrs, Room_size_m2, 
Height_floors, to_BTSMRT, to_CBD 
d. Predictors: (Constant), Facilities, Age_yrs, Room_size_m2, 
Height_floors, to_CBD 
 

 
ANOVA

Model 

e 
Sum of Squares df Mean Square F Sig. 

1 Regression 2.232 8 .279 8.046 .000a 
Residual 1.213 35 .035   
Total 3.445 43    

2 Regression 2.228 7 .318 9.412 .000b 
Residual 1.217 36 .034   
Total 3.445 43    

3 Regression 2.214 6 .369 11.096 .000c 
Residual 1.231 37 .033   
Total 3.445 43    

4 Regression 2.170 5 .434 12.927 .000d 
Residual 1.276 38 .034   
Total 3.445 43    

a. Predictors: (Constant), Facilities, to_street, Age_yrs, Room_size_m2, Developer_reputation, 
Height_floors, to_BTSMRT, to_CBD 
b. Predictors: (Constant), Facilities, to_street, Age_yrs, Room_size_m2, Height_floors, to_BTSMRT, 
to_CBD 
c. Predictors: (Constant), Facilities, Age_yrs, Room_size_m2, Height_floors, to_BTSMRT, to_CBD 
d. Predictors: (Constant), Facilities, Age_yrs, Room_size_m2, Height_floors, to_CBD 
e. Dependent Variable: LnPricem2 
 

 
Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

Collinearity 
Statistics 

B Std. Error Beta Tolerance VIF 
1 (Constant) 4.220 .097  43.357 .000   

to_BTSMRT -.082 .069 -.183 -1.181 .246 .420 2.382 
to_CBD -.295 .149 -.389 -1.982 .055 .261 3.829 
to_street .134 .192 .144 .699 .489 .238 4.209 
Room_size_m2 .002 .001 .338 3.174 .003 .886 1.129 
Height_floors .006 .002 .319 2.876 .007 .817 1.224 
Developer_reputation -.023 .068 -.038 -.332 .742 .750 1.333 
Age_yrs -.028 .012 -.244 -2.285 .029 .881 1.136 
Facilities .186 .065 .324 2.870 .007 .792 1.262 

4 (Constant) 4.179 .086  48.606 .000   
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to_CBD -.298 .081 -.393 -3.677 .001 .851 1.175 
Room_size_m2 .002 .001 .356 3.485 .001 .935 1.070 
Height_floors .005 .002 .285 2.800 .008 .942 1.062 
Age_yrs -.032 .012 -.274 -2.667 .011 .923 1.083 
Facilities .218 .058 .380 3.747 .001 .946 1.057 

a. Dependent Variable: LnPricem2 
 

 

> 2.5 kilometre from the nearest station 
Model Summary 

Model R R Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 
1 .601 .361 a -.150 .36994 
2 .601 .361 b -.046 .35287 
3 .600 .360 c .040 .33813 
4 .596 .355 d .107 .32608 
5 .590 .348 e .162 .31579 
6 .583 .340 f .208 .30712 
7 .563 .317 g .231 .30250 
8 .495 .245 h .201 .30846 
a. Predictors: (Constant), Facilities, to_street, Age_yrs, 
Developer_reputation, Room_size_m2, to_CBD, to_BTSMRT, 
Height_floors 
b. Predictors: (Constant), Facilities, to_street, Age_yrs, 
Developer_reputation, Room_size_m2, to_CBD, to_BTSMRT 
c. Predictors: (Constant), to_street, Age_yrs, Developer_reputation, 
Room_size_m2, to_CBD, to_BTSMRT 
d. Predictors: (Constant), to_street, Age_yrs, Developer_reputation, 
Room_size_m2, to_BTSMRT 
e. Predictors: (Constant), to_street, Developer_reputation, 
Room_size_m2, to_BTSMRT 
f. Predictors: (Constant), to_street, Developer_reputation, Room_size_m2 
g. Predictors: (Constant), to_street, Room_size_m2 
h. Predictors: (Constant), Room_size_m2 
 

 
ANOVA

Model 

i 
Sum of Squares df Mean Square F Sig. 

1 Regression .774 8 .097 .707 .682a 
Residual 1.369 10 .137   
Total 2.143 18    

2 Regression .773 7 .110 .887 .547b 
Residual 1.370 11 .125   
Total 2.143 18    

3 Regression .771 6 .128 1.124 .405c 
Residual 1.372 12 .114   
Total 2.143 18    

4 Regression .761 5 .152 1.431 .278d 
Residual 1.382 13 .106   
Total 2.143 18    

5 Regression .747 4 .187 1.872 .171e 
Residual 1.396 14 .100   
Total 2.143 18    

6 Regression .728 3 .243 2.573 .093f 
Residual 1.415 15 .094   
Total 2.143 18    

7 Regression .679 2 .339 3.709 .047g 
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Residual 1.464 16 .092   
Total 2.143 18    

8 Regression .525 1 .525 5.521 .031h 
Residual 1.618 17 .095   
Total 2.143 18    

a. Predictors: (Constant), Facilities, to_street, Age_yrs, Developer_reputation, Room_size_m2, 
to_CBD, to_BTSMRT, Height_floors 
b. Predictors: (Constant), Facilities, to_street, Age_yrs, Developer_reputation, Room_size_m2, 
to_CBD, to_BTSMRT 
c. Predictors: (Constant), to_street, Age_yrs, Developer_reputation, Room_size_m2, to_CBD, 
to_BTSMRT 
d. Predictors: (Constant), to_street, Age_yrs, Developer_reputation, Room_size_m2, to_BTSMRT 
e. Predictors: (Constant), to_street, Developer_reputation, Room_size_m2, to_BTSMRT 
f. Predictors: (Constant), to_street, Developer_reputation, Room_size_m2 
g. Predictors: (Constant), to_street, Room_size_m2 
h. Predictors: (Constant), Room_size_m2 
i. Dependent Variable: LnPricem2 
 

 
Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

Collinearity 
Statistics 

B Std. Error Beta Tolerance VIF 
1 (Constant) 4.058 .480  8.457 .000   

to_BTSMRT -.028 .066 -.130 -.430 .677 .697 1.435 
to_CBD .025 .081 .091 .304 .767 .714 1.401 
to_street -.835 .959 -.290 -.870 .405 .575 1.740 
Room_size_m2 .004 .002 .662 2.183 .054 .694 1.441 
Height_floors .001 .008 .032 .092 .928 .542 1.845 
Developer_reputation .108 .206 .149 .521 .613 .782 1.279 
Age_yrs -.012 .048 -.071 -.242 .814 .742 1.347 
Facilities .030 .217 .043 .138 .893 .656 1.525 

8 (Constant) 3.993 .104  38.242 .000   
Room_size_m2 .003 .001 .495 2.350 .031 1.000 1.000 

a. Dependent Variable: LnPricem2 
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Clustered by sub-areas 

Silom and Sathorn areas 
 

Model Summary 

Model R R Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 
1 .846 .716 a .638 .17360 
2 .846 .715 b .649 .17101 
3 .839 .704 c .647 .17147 
a. Predictors: (Constant), Facilities, Height_floors, Room_size_m2, 
Age_yrs, Developer_reputation, to_CBD, to_BTSMRT, to_street 
b. Predictors: (Constant), Facilities, Height_floors, Room_size_m2, 
Age_yrs, Developer_reputation, to_CBD, to_street 
c. Predictors: (Constant), Facilities, Height_floors, Room_size_m2, 
Age_yrs, to_CBD, to_street 
 

 
ANOVA

Model 

d 
Sum of Squares df Mean Square F Sig. 

1 Regression 2.208 8 .276 9.158 .000a 
Residual .874 29 .030   
Total 3.082 37    

2 Regression 2.205 7 .315 10.769 .000b 
Residual .877 30 .029   
Total 3.082 37    

3 Regression 2.170 6 .362 12.302 .000c 
Residual .911 31 .029   
Total 3.082 37    

a. Predictors: (Constant), Facilities, Height_floors, Room_size_m2, Age_yrs, Developer_reputation, 
to_CBD, to_BTSMRT, to_street 
b. Predictors: (Constant), Facilities, Height_floors, Room_size_m2, Age_yrs, Developer_reputation, 
to_CBD, to_street 
c. Predictors: (Constant), Facilities, Height_floors, Room_size_m2, Age_yrs, to_CBD, to_street 
d. Dependent Variable: LnPricem2 
 

 
 

Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

Collinearity 
Statistics 

B Std. Error Beta Tolerance VIF 
1 (Constant) 4.143 .098  42.423 .000   

to_BTSMRT -.026 .076 -.054 -.335 .740 .369 2.709 
to_CBD -.748 .211 -.946 -3.540 .001 .137 7.305 
to_street .558 .239 .602 2.335 .027 .147 6.809 
Room_size_m2 .002 .001 .365 3.428 .002 .865 1.156 
Height_floors .005 .002 .284 2.594 .015 .819 1.221 
Developer_reputation -.064 .071 -.108 -.902 .375 .680 1.470 
Age_yrs -.034 .012 -.300 -2.855 .008 .884 1.131 
Facilities .220 .068 .351 3.256 .003 .843 1.186 

3 (Constant) 4.117 .092  44.767 .000   
to_CBD -.710 .183 -.899 -3.886 .001 .178 5.605 
to_street .456 .217 .492 2.099 .044 .173 5.764 
Room_size_m2 .002 .001 .387 3.771 .001 .907 1.103 
Height_floors .005 .002 .250 2.433 .021 .907 1.102 
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Age_yrs -.036 .012 -.318 -3.124 .004 .920 1.087 
Facilities .245 .063 .390 3.890 .000 .948 1.055 

a. Dependent Variable: LnPricem2 
 

 

Narathiwas and Rama III areas 
Model Summary 

Model R R Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 
1 .616 .380 a .070 .30729 
2 .616 .380 b .125 .29812 
3 .615 .378 c .171 .29012 
4 .613 .375 d .211 .28306 
5 .597 .357 e .228 .28001 
6 .587 .345 f .251 .27577 
7 .546 .298 g .234 .27881 
8 .460 .212 h .178 .28897 
a. Predictors: (Constant), Facilities, Developer_reputation, to_BTSMRT, 
Height_floors, to_CBD, Room_size_m2, Age_yrs, to_street 
b. Predictors: (Constant), Facilities, Developer_reputation, to_BTSMRT, 
Height_floors, Room_size_m2, Age_yrs, to_street 
c. Predictors: (Constant), Developer_reputation, to_BTSMRT, 
Height_floors, Room_size_m2, Age_yrs, to_street 
d. Predictors: (Constant), Developer_reputation, to_BTSMRT, 
Height_floors, Room_size_m2, to_street 
e. Predictors: (Constant), to_BTSMRT, Height_floors, Room_size_m2, 
to_street 
f. Predictors: (Constant), to_BTSMRT, Height_floors, Room_size_m2 
g. Predictors: (Constant), Height_floors, Room_size_m2 
h. Predictors: (Constant), Room_size_m2 
 

 
ANOVA

Model 

i 
Sum of Squares df Mean Square F Sig. 

1 Regression .926 8 .116 1.226 .345a 
Residual 1.511 16 .094   
Total 2.437 24    

2 Regression .926 7 .132 1.489 .237b 
Residual 1.511 17 .089   
Total 2.437 24    

3 Regression .922 6 .154 1.826 .150c 
Residual 1.515 18 .084   
Total 2.437 24    

4 Regression .915 5 .183 2.284 .087d 
Residual 1.522 19 .080   
Total 2.437 24    

5 Regression .869 4 .217 2.771 .056e 
Residual 1.568 20 .078   
Total 2.437 24    

6 Regression .840 3 .280 3.682 .028f 
Residual 1.597 21 .076   
Total 2.437 24    

7 Regression .727 2 .363 4.676 .020g 
Residual 1.710 22 .078   
Total 2.437 24    

8 Regression .517 1 .517 6.186 .021h 



 

61 
 

Residual 1.921 23 .084   
Total 2.437 24    

a. Predictors: (Constant), Facilities, Developer_reputation, to_BTSMRT, Height_floors, to_CBD, 
Room_size_m2, Age_yrs, to_street 
b. Predictors: (Constant), Facilities, Developer_reputation, to_BTSMRT, Height_floors, 
Room_size_m2, Age_yrs, to_street 
c. Predictors: (Constant), Developer_reputation, to_BTSMRT, Height_floors, Room_size_m2, 
Age_yrs, to_street 
d. Predictors: (Constant), Developer_reputation, to_BTSMRT, Height_floors, Room_size_m2, 
to_street 
e. Predictors: (Constant), to_BTSMRT, Height_floors, Room_size_m2, to_street 
f. Predictors: (Constant), to_BTSMRT, Height_floors, Room_size_m2 
g. Predictors: (Constant), Height_floors, Room_size_m2 
h. Predictors: (Constant), Room_size_m2 
i. Dependent Variable: LnPricem2 
 

 
Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

Collinearity 
Statistics 

B Std. Error Beta Tolerance VIF 
1 (Constant) 4.104 .330  12.442 .000   

to_BTSMRT -.053 .039 -.327 -1.346 .197 .658 1.521 
to_CBD .001 .059 .003 .012 .991 .841 1.189 
to_street -.354 .477 -.202 -.742 .469 .520 1.922 
Room_size_m2 .004 .002 .591 2.622 .018 .764 1.309 
Height_floors .004 .006 .193 .712 .487 .525 1.906 
Developer_reputation .115 .155 .166 .744 .468 .781 1.281 
Age_yrs -.012 .036 -.076 -.321 .753 .682 1.467 
Facilities -.031 .157 -.045 -.197 .846 .758 1.319 

8 (Constant) 4.021 .091  44.369 .000   
Room_size_m2 .003 .001 .460 2.487 .021 1.000 1.000 

a. Dependent Variable: LnPricem2 
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