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Abstract

Demand for high data rates is increasing rapidly for the future wireless
generations, due to the requirement of ubiquitous coveragefor wireless broad-
band services. More base stations are needed to deliver these services, in order
to cope with the increased capacity demand and inherent unreliable nature of
wireless medium. However, this would directly correspond to high infrastruc-
ture cost and energy consumption in cellular networks. Nowadays, high power
consumption in the network is becoming a matter of concern for the operators,
both from environmental and economic point of view.

Cooperative communications, which is regarded as a virtualmulti-input-
multi-output (MIMO) channel, can be very efficient in combating fading multi-
path channels and improve coverage with low complexity and cost. With its
distributed structure, cooperative communications can also contribute to the
energy efficiency of wireless systems and green radio communications of the
future. Using network coding at the top of cooperative communication, uti-
lizes the network resources more efficiently.

Here we look at the case of large scale use of low cost relays asa way
of making the links reliable, that directly corresponds to reduction in trans-
mission power at the nodes. A lot of research work has focusedon highlight-
ing the gains achieved by using network coding in cooperative transmissions.
However, there are certain areas that are not fully exploredyet. For instance,
the kind of detection scheme used at the receiver and its impact on the link
performance has not been addressed. The thesis looks at the performance
comparison of different detection schemes and also proposes how to group
users at the relay to ensure mutual benefit for the cooperating users. Using
constellation selection at the nodes, the augmented space formed at the re-
ceiver is exploited for making the links more reliable. The network and the
channel coding schemes are represented as a single product code, that allows
us to exploit the redundancy present in these schemes efficiently and powerful
coding schemes can also be designed to improve the link performance.

Heterogeneous network deployments and adaptive power management has
been used in order to reduce the overall energy consumption in a cellular net-
work. However, the distributed structure of nodes deployedin the network,
is not exploited in this regard. Here we have highlighted thesignificance of
cooperative relaying schemes in reducing the overall energy consumption in
a cellular network. The role of different transmission and adaptive resource
allocation strategies in downlink scenarios have been investigated in this re-
gard. It has been observed that the adaptive relaying schemes can significantly
reduce the total energy consumption as compared to the conventional relaying
schemes. Moreover, network coding in these adaptive relaying schemes, helps
in minimizing the energy consumption further. The balance between the num-
ber of base stations and the relays that minimizes the energyconsumption, for
each relaying scheme is also investigated.





Acknowledgements

I still remember the feeling of joy, when I was accepted as a PhD student and was preparing
to come to Sweden for carrying out the studies in December 2007. Now this amazing
journey is about to end and I am feeling very happy that I have accomplished my targets by
the grace of Allah Almighty. There is a long list of persons who have supported me during
my PhD studies in different ways. I would like to take advantage of this opportunity to
acknowledge all the people who have supported me during thiswork.

First and foremost, I would express my sincere gratitude to my PhD supervisor Prof.
Slimane Ben Slimane, for providing me a chance to study as graduate student. I can still
remember how happy I was, after getting the acceptance to carry out the studies under
his kind supervision. I am also thankful to him for leading meinto this interesting and
challenging research topic. I greatly appreciate his generosity in sharing his expertise and
time in our frequent discussions which always help to clarify my thoughts and inspire me
with new ideas.

I would also like to thank Prof. Jens Zander, head of department of communication
systems, for his inspiring discussions through courses andseminars during the study pe-
riod. I am also very grateful to him for having a feeling of being trusted by him during the
whole study period. I am also thankful to Prof. Gerald Q. Maguire Jr (KTH), for his en-
couragement and responding me positively when I was lookingfor a PhD position nearly
five years ago. I am highly indebt to him for helping me in finding the right position to
carry out my PhD studies.

I am also very grateful to Prof. Lars Rasmussen (KTH), for reviewing my Licentiate
thesis proposal and providing valuable feedback. I also greatly appreciate Docent Svante
Signell (KTH), for his keen efforts in reviewing my Licentiate thesis. I owe special thanks
to Prof. Ove Edfors, Lund University, for accepting the roleof my opponent in Licentiate
thesis defense. I am also very grateful to Dr. Afif Osseiran (Ericsson), for providing
valuable comments to improve my Phd thesis during the proposal seminar. I am also very
thankful to Prof. Anders Västberg (KTH), for reviewing the draft of the thesis of this
dissertation and for providing me many valuable and relevant comments. I owe special
thanks to Prof. Xavier Lagrange, Telecom Bretagne, France,for accepting the role of
my opponent in Doctoral disputation. I am also very gratefulto Prof. Lars Rasmussen,
Prof. Ove Edfors, Dr. Fredrik Berggren (Huawei), Prof. MarkSmith (KTH), for acting as
grading committee members in my PhD dissertation.

I would like to thank Prof. Slimane Ben Slimane, Prof. Ling Qiu (USTC China), Dr.

iii



iv

Afif Osseiran, Jie Xu (USTC China), and Jawad Manssour (Ericsson), for being coauthors
in my publications, and spending some time to review the workand adding the valuable
comments. I cannot forget all the former and present colleagues at wireless@KTH includ-
ing Dr. Aurelian, Dr. Marvin, Dr. Johan, Dr. Bogdan, Dr. Pietro, Dr. Luca, Dr. Ömer, Dr.
Mehdi, Dr. Jan, Dr. Ki Won, Dr. Guowang Miao, Dr. Östen, Prof.Claes, Mats Nilson, Jan
Olof, Göran, Oscar, Pamela, Muirel, Ali, Saltanat, Evanny,Sibel, Serveh, Lei, Du Ho and
Luis. I am also thankful to my friends Iqbal Hussain (KTH), Ahmed Zaki (KTH), Hakim
Ghazzai (KAUST), and Umar Javed (KTH), for their help and useful discussions during
the study period. I also appreciate the efforts of Ali Özyagci, in proofreading the thesis.
I am thankful to all my friends here and at home for their encouragement and help. I am
extremely grateful to my bosses at my place of work at home, for allowing me to proceed
for PhD studies abroad.

I owe special thanks to Anna Barkered, Ulla-Lena Eriksson, Irina Radulescu, Gunilla,
and Lissi, for their kindness and guidance in administrative matters. I am also grateful
to Niklas Olsson, Richard, and Robin Gehrke, for the computer support. The financial
support from Higher Education Commission (HEC) Pakistan for carrying out these stud-
ies is gratefully acknowledged. This was the cooperation program between HEC Pakistan
and Swedish Institute (SI) Sweden and here I would like to acknowledge the administra-
tive support of SI as well. I am also thankful to VINNOVA (Sino-Swedish Cooperation
Program) and KTH for their funding and support during conference visits.

A huge thanks to my parents, brothers, and sisters, for theirencouragement and prayers
for my success over the years. I am extremely grateful to my wife Khalil Siddiqa, and
my lovely daughter Emaan Ahsin, for their patience and support during the whole study
period. I am thankful to Siddiqa, for understanding me especially during the hard times,
for her caring support, and prayers for my success. I appreciate the support of other family
members as well, that have helped in fulfilling the legal requirements. At the end, I am
happily dedicating this dissertation to my parents, my wife, my daughter, my brothers, and
my sisters.



Contents

List of Tables ix

List of Figures xi

List of Acronyms & Abbreviations xvii

1 Introduction 1
1.1 Related Work . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 6
1.2 Problem Formulation . . . . . . . . . . . . . . . . . . . . . . . . . . . . 8
1.3 Scope of the Thesis . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 9
1.4 Contributions . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 11

2 Cooperative Communication in Wireless Networks 15
2.1 Fading in Wireless Channels . . . . . . . . . . . . . . . . . . . . . . . .16
2.2 Cellular/Relay Systems . . . . . . . . . . . . . . . . . . . . . . . . . . .26
2.3 Cellular/Relay Systems with Network Coding . . . . . . . . . .. . . . . 32
2.4 Summary . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 36

I Link Reliability in Cooperative Communications 39

3 Link Performance in Cooperative Relaying 41
3.1 System Model . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 42
3.2 Performance of Different Detection Schemes . . . . . . . . . .. . . . . 43
3.3 Performance Comparison . . . . . . . . . . . . . . . . . . . . . . . . . . 58
3.4 Detection Complexity . . . . . . . . . . . . . . . . . . . . . . . . . . . . 58
3.5 Effect of Non-ideal User to Relay Link . . . . . . . . . . . . . . . .. . . 60
3.6 User Grouping . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 63
3.7 Summary . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 66

4 Constellation Selection in Cooperative Relaying 69
4.1 System Model . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 70
4.2 Joint Detection . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 72

v



vi CONTENTS

4.3 Selection and Soft Combining . . . . . . . . . . . . . . . . . . . . . . .84
4.4 Summary . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 89

5 Joint Channel-Network Coding for Cooperative Relaying 91
5.1 System Model . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 92
5.2 Separate Channel and Network Decoding . . . . . . . . . . . . . . .. . 93
5.3 Equivalent Representation of Channel-Network Coding in MARC . . . . 97
5.4 Channel-Network Coding based on Product Codes . . . . . . . .. . . . 98
5.5 Numerical Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 103
5.6 Summary . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 112

II Power Efficiency in Cooperative Communications 115

6 Energy Efficiency Using Cooperative Relaying 117
6.1 System Model . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 118
6.2 Energy Consumption Analysis . . . . . . . . . . . . . . . . . . . . . . .121
6.3 Numerical Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 133
6.4 Summary . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 139

7 Deployment Strategies in Cooperative Relaying 141
7.1 System Model . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 142
7.2 Numerical Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 144
7.3 Summary . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 169

8 Conclusions 171
8.1 Concluding Remarks . . . . . . . . . . . . . . . . . . . . . . . . . . . . 171
8.2 Future Directions . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 175

III Appendices 177

A Computation of Error Probability Expressions 179
A.1 Conditional Pairwise Error Probability for JD . . . . . . . .. . . . . . . 179
A.2 Conditional Pairwise Error Probability for SSC . . . . . . .. . . . . . . 181
A.3 Computing the Pairwise Error Probability for JD and SSC .. . . . . . . 183
A.4 Computing the Upper Bound on Codeword Error Probability. . . . . . . 187

B Computation of Instantaneous Energy Consumption 189
B.1 Two-Hop Relaying Transmission . . . . . . . . . . . . . . . . . . . . .189
B.2 Two-Hop Relaying Transmission with Network Coding . . . .. . . . . 190

C Propagation Models 193

D Log Normal Shadow Fading 199



CONTENTS vii

Bibliography 201





List of Tables

2.1 Values of path-loss for different types of wireless environments . . . . . . . . 17

3.1 Possible sets of transmitted symbols in case of XOR basednetwork coding,
using BPSK . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 47

3.2 Comparing the detection complexity comparison for various schemes . . . . 60

4.1 Comparing the number of pairs containing MSED between them in case of
same constellation on each node and selected constellations set C1. Joint de-
tection is assumed and different modulation schemes are considered. . . . . . 77

4.2 Improvement in MSED by selecting proper constellation at the relay for dif-
ferent modulation schemes using SSC . . . . . . . . . . . . . . . . . . . .. 86

5.1 Possible codewords in MARC using XOR based network coding. . . . . . . . 97

6.1 Parameters for power consumption model . . . . . . . . . . . . . .. . . . . 133

C.1 Propagation Models . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .198

ix





List of Figures

1.1 Growth of Broadband Users in Billions [1,2]. . . . . . . . . . .. . . . . . . 2
1.2 Evolution of Radio Access Technologies (RATs) [3]. . . . .. . . . . . . . . 2
1.3 Energy Consumption Doubling in Last Five Years for ChinaMobile [4]. . . . 3
1.4 Key Design Constraints [5,6]. . . . . . . . . . . . . . . . . . . . . . .. . . 3

2.1 Cooperative Communications . . . . . . . . . . . . . . . . . . . . . . .. . . 27
2.2 Uplink cooperative transmission with two users, one relay and one base station. 31
2.3 Downlink cooperative transmission with two users, one relay and one base

station. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 32
2.4 Network coding in Butterfly network . . . . . . . . . . . . . . . . . .. . . . 33
2.5 Cellular/Relay system with network coding in uplink transmission scenario. . 34
2.6 Cellular/Relay system with network coding in downlink transmission scenario. 35

3.1 Two user uplink transmission scenario for network codedcooperative relaying 42
3.2 Block diagram for receiver structure in case of joint detection scheme . . . . 44
3.3 Tightness of analytical bounds in case of joint detection scheme. Average bit

error probability of the users as a function ofγ1 in Rayleigh fading channels.
Case 1:γ1 = γ2 = γ3, Case 2:γ3 = 20 dB,γ2 = γ1. . . . . . . . . . . . . . . 48

3.4 Block diagram illustrating the receiver structure for SSC scheme. Here user 1
is assumed as the strongest user . . . . . . . . . . . . . . . . . . . . . . . .. 49

3.5 Tightness of analytical bounds in case of selection and soft combining scheme.
Average bit error probability of the users as a function ofγ1 in Rayleigh fading
channels. Case 1:γ1 = γ2 = γ3, Case 2:γ3 = 20 dB, γ2 = γ1. . . . . . . . . 53

3.6 Block diagram illustrating the receiver structure for SHC scheme. Here user 1
is assumed to have the strongest link . . . . . . . . . . . . . . . . . . . .. . 54

3.7 Tightness of analytical bounds in case of selection and hard combining scheme.
Average bit error probability of the users as a function ofγ1 in Rayleigh fading
channels. Case 1:γ1 = γ2 = γ3, Case 2:γ3 = 20 dB, γ2 = γ1. . . . . . . . . 57

3.8 Performance comparison of JD, SSC and SHC schemes using BPSK. Average
bit error probability of users is plotted as a function ofγ1 whereγ1 = γ2,
usingγ3 = 10 dB andγ3 = 20 dB . . . . . . . . . . . . . . . . . . . . . . . 59

xi



xii List of Figures

3.9 Performance comparison of JD, SSC and SHC schemes using 8PSK. Average
symbol error probability of users is plotted as a function ofγ1 whereγ1 = γ2,
usingγ3 = 20 dB . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 59

3.10 Average bit error probability for JD using BPSK, considering non-ideal user-
relay links. The SNR on the non-ideal user-relay links is considered equal to
γ4 = {20, 30} dB. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 61

3.11 Average bit error probability for SSC using BPSK, considering non-ideal user-
relay links. The SNR on the non-ideal user-relay links is considered equal to
γ4 = {20, 30} dB. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 62

3.12 Average bit error probability for SHC using BPSK, considering non-ideal user-
relay links. The SNR on non-ideal user-relay links is considered equal toγ4 =
{20, 30} dB. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 62

3.13 Comparison of average bit error probability for all thedetection schemes. The
SNR on non-ideal user-relay links is considered equal toγ4 = 20 dB. . . . . 63

3.14 Selecting a suitable user pair at the relay on the basis of average bit error
probability (BEP) of the users . . . . . . . . . . . . . . . . . . . . . . . . .64

3.15 Average bit error probability of individual users atγsum = 10 dB andγ3 =
20 dB. All the three detection schemes are considered. . . . . . . .. . . . . 65

3.16 Average bit error probability of individual users atγsum = 20 dB andγ3 =
10 dB. All the three detection schemes are considered. . . . . . . .. . . . . 65

4.1 A two user uplink transmission in a network coded cooperative relaying scenario. 70
4.2 Comparing the minimum squared Euclidean distance for two branch trans-

mit diversity using 4-PAM, (a) Both branches are using same constellation (b)
Branch 2 is using the selected constellation . . . . . . . . . . . . .. . . . . 71

4.3 Comparison of SED distribution in augmented signal space, between same
constellation (SC) case and C1 using 8PSK . . . . . . . . . . . . . . . .. . 75

4.4 Comparison of SED distribution for individual users in augmented signal space
between same constellation (SC) case and using C1 by employing 8-PSK . . 76

4.5 Comparison of average symbol error rate (SER) for SC and C1 using 8-PSK
over AWGN channel. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 78

4.6 Comparison of average SER for SC and C1 using 8-PSK over Rayleigh fading
channels. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 79

4.7 Comparison of average SER for SC and C1 using 16-PSK over Rayleigh fading
channels. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 81

4.8 Constellations used at nodes for 16-QAM (a) SC at all nodes (b) C1 at User 1
node (c) C1 at User 2 node (d) C1 at Relay node . . . . . . . . . . . . . . .. 82

4.9 Comparison of average SER for SC and C1 using 16-QAM over Rayleigh
fading channels. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 83

4.10 Performance of C1 using SSC as compared to joint detection for 8-PSK over
Rayleigh fading channels. . . . . . . . . . . . . . . . . . . . . . . . . . . . .87

4.11 Selected constellations set C1 for 16-QAM (a). Mappingfor User 1 and User 2
(b) Mapping for Relay node . . . . . . . . . . . . . . . . . . . . . . . . . . 88



List of Figures xiii

4.12 Performance of selected constellations set C1 using SSC as compared to joint
detection for 16-QAM over Rayleigh fading channels. . . . . . .. . . . . . . 88

5.1 A two user uplink transmission scenario, with one relay node and a base sta-
tion. sil denotes theith symbol in a packet, transmitted on linkl = {1, 2, 3} . 92

5.2 Block diagram illustrating the separate channel-network decoding at the base
station, for a two users uplink cooperative transmission scenario and one relay
node. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 94

5.3 Representation of channel and XOR-based network codingfor a two users
uplink cooperative transmission scenario and one relay node. . . . . . . . . . 98

5.4 Representation of joint channel-network coding based on product codes for
two user uplink cooperative scenario, withkr user packets andnr − kr relay
node packets. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 99

5.5 Block diagram illustrating the joint channel-network decoding operation for a
two user uplink cooperative scenario, based on the new proposed representation.100

5.6 Performance of the proposed joint channel-network coding scheme for a(7, 4, 3)
user channel code and the XOR-based network coding over Rayleigh fading
channels. Same average received SNR is considered on all thelinks. . . . . . 104

5.7 Performance of the proposed joint channel-network coding scheme for a(7, 4, 3)
user channel code and the XOR-based network coding over Rayleigh fading
channels. The relay link is 10 dB better than the direct links. . . . . . . . . . 105

5.8 Performance of the proposed joint channel-network coding scheme for a (7,4,3)
network code and a (15,11,3) user channel encoder over Rayleigh fading chan-
nels for a two user uplink cooperative scenario. Same average received SNR
is considered on all the links. . . . . . . . . . . . . . . . . . . . . . . . . .. 106

5.9 Performance of the proposed joint channel-network coding scheme for dif-
ferent network coding schemes and fixed user channel coding over Rayleigh
fading channels for two user uplink scenario. Same average received SNR is
considered on all the links. . . . . . . . . . . . . . . . . . . . . . . . . . . .107

5.10 Performance of the proposed joint channel-network coding scheme for dif-
ferent network coding schemes and fixed user channel coding over Rayleigh
fading channels for two user uplink scenario. The relay linkis 10 dB better
than the direct links. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 107

5.11 Performance of the proposed joint channel-network coding scheme for differ-
ent user channel coding schemes over Rayleigh fading channels. Same average
received SNR is considered on all the links. . . . . . . . . . . . . . .. . . . 109

5.12 Performance of the proposed joint channel-network coding scheme for differ-
ent network coding schemes and fixed user channel coding overslow fading
Rayleigh channels. Same average received SNR is consideredon all the links. 109

5.13 Performance of the proposed joint channel-network coding scheme for two
user uplink scenario over Rayleigh fading channels for different average re-
ceived SNRs withγ3 = 15 dB andγ2 = 10 − γ1. . . . . . . . . . . . . . . . 110



xiv List of Figures

5.14 Performance of the XOR based network scheme for two useruplink scenario
over Rayleigh fading channels for different average received SNRs withγ2 =
10 − γ1. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 111

5.15 Performance of the proposed joint channel-network coding scheme for two
user uplink scenario over Rayleigh fading channels for different average re-
ceived SNRs withγ2 = 10 − γ1. . . . . . . . . . . . . . . . . . . . . . . . . 111

6.1 A service area containing a single cell with one base station and a certain
number of relay nodes spread over the cell area. . . . . . . . . . . .. . . . . 118

6.2 Direct Point-to-Point transmission. . . . . . . . . . . . . . . .. . . . . . . . 121
6.3 Two-Hop Relaying Transmission (DF). . . . . . . . . . . . . . . . .. . . . 123
6.4 Two-hop Transmission with Network Coding (DFNC). . . . . .. . . . . . . 128
6.5 Area energy consumption as a function of the cell radiusRcell for a single

cell scenario. Here4 relay nodes are deployed atκ = 0.5. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed. 134

6.6 Area energy consumption as a function of the relay position for deployment
strategy1. The cell radius isRcell = 800 m and6 relay nodes are deployed.
Target spectral efficiency of the user is1 bit/s/Hz and an outage probability of
2% is assumed. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 135

6.7 Area energy consumption as a function of the relay position for deployment
strategy2. The cell radius isRcell = 800 m and6 relay nodes are deployed.
Target spectral efficiency of the user is1 bit/s/Hz and an outage probability of
2% is assumed. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 136

6.8 Area energy consumption as a function of the number of relay nodes. The cell
radius isRcell = 800 m and relays are deployed atκ = 0.7. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed. 137

6.9 Area energy consumption as a function of the target spectral efficiency. The
cell radius isRcell = 800 m, and6 relay nodes are deployed atκ = 0.7. An
outage probability of 2% is assumed. . . . . . . . . . . . . . . . . . . . .. . 138

7.1 A service area covered by a number of macro base stations and relay nodes.
Shaded portion illustrates the coverage area of a single base station. . . . . . 142

7.2 Total energy consumption per frame interval as a function of the number of
base stations and the number of relays nodes/cell, for DF Adaptive relaying
scheme. User spectral efficiency is3 bit/s/Hz and an outage probability of 2 %
is considered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 145

7.3 Outage probability as a function of the number of base stations and the number
of relays nodes/cell, for DF Adaptive relaying scheme. The corresponding
energy consumption is given in Fig. 7.2. User spectral efficiency is3 bit/s/Hz
and an outage probability of 2 % is considered. . . . . . . . . . . . .. . . . 146

7.4 Tradeoff between the number of relay nodes/cell and the number of base sta-
tions for minimum total energy consumption per frame interval. User spectral
efficiency is3 bit/s/Hz and an outage probability of 2 % is considered. . . . .147



List of Figures xv

7.5 Total energy consumption per frame interval as a function of the number of
base stations. The corresponding number of relay nodes/cell are given in
Fig. 7.4. User spectral efficiency is3 bit/s/Hz and an outage probability of
2 % is considered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 147

7.6 Required number of base stations as a function of the target spectral efficiency.
An outage probability of 2 % is considered. . . . . . . . . . . . . . . .. . . 148

7.7 Required total number of relays nodes as a function of thetarget spectral effi-
ciency. The corresponding number of base stations are givenin Fig. 7.6. An
outage probability of 2 % is considered. . . . . . . . . . . . . . . . . .. . . 148

7.8 Total energy consumption per frame interval as a function of the target spectral
efficiency for the obtained number of transmitters. The corresponding number
of relay nodes and the number of base stations are given in Fig. 7.7 and Fig. 7.6
respectively. An outage probability of 2 % is considered. . .. . . . . . . . . 149

7.9 Comparison of area energy consumption for propagation scenario1 and 2.
Here single base station and 4 relays atκ = 0.5 is used to cover the service
area. User spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is
considered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 151

7.10 AverageEdep for DF relaying in case of propagation model1 and2. Here sin-
gle base station and 4 relays atκ = 0.5 is used to cover the service area. User
spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is considered. 152

7.11 AverageEdep for DFNC Adaptive relaying in case of propagation model1 and
2. Here single base station and 4 relays atκ = 0.5 is used to cover the service
area. User spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is
considered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 152

7.12 AverageEind for propagation model1 and2. Here single base station and 4
relays atκ = 0.5 is used to cover the service area. User spectral efficiency is
1 bit/s/Hz and an outage probability of 2 % is considered. . . . .. . . . . . 153

7.13 Comparison of area energy consumption for propagationmodel1 and3. Here
single base station and 4 relays atκ = 0.5 is used to cover the service area.
User spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is con-
sidered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 154

7.14 AverageEdep for direct transmission in case of propagation model1 and3.
Here single base station and 4 relays atκ = 0.5 is used to cover the service
area. User spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is
considered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 154

7.15 AverageEdep for DF relaying in case of propagation model1 and3. Here sin-
gle base station and 4 relays atκ = 0.5 is used to cover the service area. User
spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is considered. 155

7.16 AverageEdep for DFNC Adaptive relaying in case of propagation model1 and
3. Here single base station and 4 relays atκ = 0.5 is used to cover the service
area. User spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is
considered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 156



xvi List of Figures

7.17 AverageEind for propagation model1 and3. Here single base station and 4
relays atκ = 0.5 is used to cover the service area. User spectral efficiency is
1 bit/s/Hz and an outage probability of 2 % is considered. . . . .. . . . . . . 157

7.18 Area energy consumption versus the cell radius for different values of standard
deviationσ, for shadow fading. Here single base station and 4 relays atκ = 0.5
is used to cover the service area. User spectral efficiency is1 bit/s/Hz and an
outage probability of 2 % is considered. . . . . . . . . . . . . . . . . .. . . 158

7.19 AverageEdep for direct transmission scheme. Here single base station and 4
relays atκ = 0.5 is used to cover the service area. User spectral efficiency is
1 bit/s/Hz and an outage probability of 2 % is considered. . . . .. . . . . . . 158

7.20 AverageEdep for DF relaying scheme. Here single base station and 4 relaysat
κ = 0.5 is used to cover the service area. User spectral efficiency is1 bit/s/Hz
and an outage probability of 2 % is considered. . . . . . . . . . . . .. . . . 159

7.21 AverageEdep for DFNC Adaptive relaying scheme. Here single base station
and 4 relays atκ = 0.5 is used to cover the service area. User spectral effi-
ciency is1 bit/s/Hz and an outage probability of 2 % is considered. . . . .. . 159

7.22 AverageEind for different transmission scheme. Here single base station and
4 relays atκ = 0.5 is used to cover the service area. User spectral efficiency is
1 bit/s/Hz and an outage probability of 2 % is considered. . . . .. . . . . . . 160

7.23 Area energy consumption versus the cell radiusRcell, for a single cell with 4
relay nodes andκ = 0.5. User spectral efficiency is3 bit/s/Hz and an outage
probability of 2% is considered. . . . . . . . . . . . . . . . . . . . . . . .. 164

7.24 Area energy consumption versuscR/cB at qB/cB = qR/cR = 0.1. User
spectral efficiency is1 bit/s/Hz and an outage probability of 2% is considered. 165

7.25 Area energy consumption versusqR/cR at qB/cB = qR/cR andcR/cB =
0.1. User spectral efficiency is1 bit/s/Hz and an outage probability of 2% is
considered. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 166

7.26 Different ratios of parameters of the power consumption model and their rela-
tion to the break even power cost for which the cooperative relaying schemes
and the direct link transmission have the same area energy consumption. The
two ratiosqB/cB andqR/cR are considered equal. Target spectral efficiency
for the user is1 bit/s/Hz and an outage probability of 2% is assumed. . . . . . 167

7.27 Area energy consumption versus the ratiobR/bB atbB = 3.77. The cell radius
is Rcell = 800 m,and6 relay nodes are deployed atκ = 0.7. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed. 168

7.28 Area energy consumption versus the ratiobR/bB atbR = 5.55. The cell radius
is Rcell = 800 m,and6 relay nodes are deployed atκ = 0.7. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed. 168

C.1 Distance dependent path-loss versus relay-user distance in meters at 2 GHz . 195
C.2 Distance dependent path-loss versus BS-user distance in meters at 2 GHz . . 196
C.3 Distance dependent path-loss versus BS-relay distancein meters at 2 GHz . . 197



List of Acronyms & Abbreviations

3GPP Third Generation Partnership Project

AF Amplify and Forward

ARQ Automatic Repeat Request

AWGN Additive White Gaussian Noise

BEP Bit Error Probability

BPSK Binary Phase Shift Keying

BS Base Station

COST European Cooperation in Science and Technology

CRC Cyclic Redundancy Check

cdf Cumulative Distribution Function

CSI Channel State Information

DEMOD Demodulation

DF Decode and Forward

DFNC Decode and Forward with Network Coding

dB Decibel

dBm Power relative to 1 milliwatt in dB

EARTH Energy Aware Radio and Network Technologies

EP Error Propagation

GDP Gross Domestic Product

GHz Gigahertz

xvii



xviii LIST OF ACRONYMS & ABBREVIATIONS

HDAF Hybrid Decode-Amplify-Forward

ICT Information and Communication Technologies

IEEE Institute of Electrical and Electronics Engineers

IMT International Mobile Telecommunication

ISI Inter-Symbol-Interference

JD Joint Detection

Km Kilometers

LDPC Low Density parity Check Codes

LOS Line-of-Sight

LTE Long Term Evolution

MARC Multiple Access Relay Channel

MHz Megahertz

MIMO Multiple-Input-Multi-Output

ML Maximum Likelihood

MOD Modulation

MRC Maximum Ratio Combining

MSED Minimum Squared Euclidean Distance

NC Network Coding

ND Network Decoding

NLOS Non-Line-of-Sight

OFDM Orthogonal Frequency Division Multiplexing

OFDMA Orthogonal Frequency Division Multiple Access

OPERA−Net Optimizing Power Efficiency in Mobile Radio Networks

OPEX Operational Expenditures

PAM Pulse Amplitude Modulation

pdf Probability Density Function

PSK Phase Shift Keying



xix

QAM Quadrature Amplitude Modulation

RN Relay Node

RS Relay Station

RD Relay Deployment Strategy

SC Same Constellation

SED Squared Euclidean Distance

SER Symbol Error Rate

SHC Selection and Hard Combining

SINR Signal-to-Interference and Noise Ratio

SSC Selection and Soft Combining

SNR Signal-to-Noise Ratio

XOR Exclusive-OR

WiMAX Worldwide Inter-operability for Microwave Access

WINNER Wireless World Initiative New Radio

WSSUS Wide Sense Stationary Uncorrelated Scattering





Chapter 1

Introduction

Due to the reduction in cost of computation and communication in the last two decades,
the use of wireless communication has reached an unprecedented level. More than four
billion people are dependent on cellular communication fortheir day to day activities.
Smart cellular devices and laptops have become quite popular, as they support variety of
wireless broadband services and high speed internet access. There are strong indications
that the wireless broadband usage will continue to increasein the future. For instance, it is
predicted that out of3.4 billion broadband subscriptions,80% of these users will be using
mobile broadband by 2014 [1, 2], as illustrated in Fig. 1.1. Therefore, in order to provide
the mobile broadband services ubiquitously to the users, the amount of data traffic in the
wireless networks is rising exponentially. In order to provide this huge amount of data in
acceptable time, the data rates have to be increased at the same speed. Therefore, the target
data rate for each new wireless generation is several magnitudes higher [3] as compared to
the previous one as shown in Fig. 1.2.

Along with high data rate demand, people also expect increased mobility and high
quality of service for these new multimedia applications. In order to meet these stringent
requirements, current cellular system design is focused toimprove the quality of service,
coverage and system capacity. One of the main hinderance in achieving the high data rates
with required quality of service, is the unreliable nature of wireless medium, caused by
inherent channel fading. In addition, the transmission losses increase significantly with the
distance, as high frequency bands are being used for future wireless generations. There-
fore, denser deployment of base stations along with advanced multi antenna techniques is
favored by 3G and 4G (LTE) standards in order to make the linksreliable and to fulfill
extreme spectral efficiency requirements.

However, the undesired consequence of these approaches is the increase in power con-
sumption of the cellular network [7]. This increase is mainly due to the denser deployment
of the base stations, required to improve the high data rate coverage for the users. For in-
stance, it is illustrated in Fig. 1.3, that the energy consumption for China mobile has been
doubled in the last five years [4], due to the corresponding increase in the number of base
stations. It seems that, due to the various environmental and economical factors, it will be

1
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difficult to sustain the current rate of power consumption per unit of data [8] for the future
wireless generations. For instance, global climate changehas been acknowledged as an
important issue in the recent years and there is growing needto reduce carbon emissions
by efficient energy consumption. Some political initiatives are taken by the society to slow
down the global warming. For instance, European commissionhas set the ambitious target
to reduce the carbon foot print by20% until 2020. Chinese government has also promised
to reduce the energy per unit GDP by20% until 2020 [9]. Regarding electricity con-
sumption in information and communication technology (ICT) infrastructure, it has been
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Figure 1.3: Energy Consumption Doubling in Last Five Years for China Mobile [4].

Figure 1.4: Key Design Constraints [5,6].

found that3% of the worldwide energy is consumed by this sector, that causes2% of the
global carbon emission which is comparable to the amount of emission from airplanes [8].
Moreover, cellular networks within the ICT sector alone areresponsible for consuming 60
billion kilowatt hours of energy, accounting for about0.5% of the global electricity con-
sumption. This would increase further in order to meet the exploding demands of higher
data rates for the future wireless generations.

Since profit maximization along with the user satisfaction is the main objective for
the telecom operators, the energy cost seems to be prime concern for the operators, as
compared to the environmental factors. With the increasingenergy price around the world,
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the electricity bills are becoming a limiting factor for theoperators, as they contribute
directly to the operation costs (OPEX). For instance, energy cost can go up to50% of the
OPEX for the operators having many off grid sites [10]. Therefore, besides infrastructure
and spectrum costs, energy cost will also become an important design constraint for the
operators in the future generations (IMT-Advanced and beyond) of cellular systems.

The relationship between these design constraints [5,6] isquite obvious from Fig. 1.4.
Conventional cellular systems with spectral efficiency dominated design using high power
macro base station deployments, is represented by A. One solution to reduce the burden
on spectrum is to improve the spectrum reuse by deploying large number of small base
stations. However, this increases the infrastructure cost, and we reach at point B. Since
energy consumption in cellular networks is becoming an emerging challenge, the energy
efficiency dominated design will lead us to point C, which canbe called as the architecture
for green communications. However, better frequency reuseand utilization of secondary
spectrum may provide an abundant spectrum in future, then the total cost for the operator
would depend on minimization of energy and infrastructure cost and the architecture is
shown by point D. Hence, the challenge for future cellular systems is not only to put as
many bits as possible in a given spectrum, but also to transmit these bits in a power and
cost efficient way.

Acknowledging the importance of power efficiency in cellular networks, various inter-
national projects have been initiated recently in order to realize green communications in
cellular networks. For instance, a European research project known as Optimizing Power
Efficiency in Mobile Radio Networks (OPERA-NET) has startedin 2008. Similarly, an-
other integrated effort of operators, regulators and academia named as EARTH [11] has
started in 2010 and has ambitious goals to reduce the energy consumption of mobile net-
works by 50% as compared to present ones. Moreover, GreenTouch project is another
example, having the target to reduce the energy consumptionper bit by a factor of 1000 up
till 2015 [9]. In academic world, the power consumption has been considered an impor-
tant issue in case of mobile ad hoc networks traditionally and different routing algorithms
have been proposed in [12–17] for maximization of network life time. In case of cellular
networks, the reduction in power consumption at the user device has received much at-
tention conventionally, in order to improve the battery life time. Various approaches have
been adopted in this regard, including power control at the user device [18, 19], optimal
transmission and resource management [20–22], and reduction in idle mode power [23].
However, the power consumption at the cellular device is only a fraction of the total power
consumption in a cellular network. For instance, the energyconsumption of mobile net-
work per user per day for the Japanese operator, NTT DOCOMO in2006, was 120 times
greater than the energy consumption of typical user device per day [7]. This highlights
the importance of designing radio access networks that utilize the energy in an efficient
manner.

With the emerging trend of designing energy efficient radio access networks, the po-
tential for many other directions have been analyzed in the recent research works. For
instance, it is indicated in [10] that efficiency of power amplifiers is much degraded at
medium and low traffic loads and hence need improvements. Joint optimization of power
amplifiers and antenna networks is also considered necessary in this regard [7]. However,
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designing ultra-efficient amplifiers and reducing the feeder losses alone, may not be enough
for realizing green communication [9]. The improvements ateach stage in the communi-
cation chain is needed to enhance the energy efficiency [7]. The current cellular systems
are designed in order to meet the peak traffic demands. However, the cellular networks
experience rapid fluctuations in traffic demand, and most of the energy is wasted during
the low load situations. Therefore, there is a growing need to adapt the power management
at the base station according to the traffic load variation. In this regard, the role of energy
aware protocols have been highlighted in [24, 25] giving thepossibility to the transmitter,
to shut off under utilized parts of the network during low traffic loads.

Heterogenous deployment is another approach that has been considered as a way of
reducing energy consumption at the nodes [26–29]. For instance, combined micro and
macro base stations deployment has been used to reduce the area power consumption un-
der a given target spectral efficiency [27]. The obtained results showed that heterogenous
deployment improves the energy efficiency of cellular systems with a gain that depends
on the power consumption model. A more detailed power consumption model with more
parameters was proposed in [28]. The investigations in [27]are extended using the concept
of quantile based area throughput and traffic load variations in [30] and [29], respectively.
The linear power consumption model [29] used in different contributions divides the to-
tal power consumption roughly into two parts. That is, the first part depends upon the
transmission power and the second part is independent of transmission power at the nodes.
Different methods described above have the capability to reduce either one or both parts of
the total energy consumption in a cellular network. However, all these studies are limited
to direct point-to-point transmission and did not considerthe contribution that can come
from cooperative communications in reducing the energy consumption of cellular systems.

In recent years, the concept of cooperative communication in cellular network has
become quite popular. This new transmission paradigm formsan efficient virtual multi-
antenna system, that helps in taking advantage of the broadcast nature of the wireless
medium. The multiple versions of the same transmitted information reached at the re-
ceiver due to the cooperation, can make the links more robusttowards wireless channel
impairments. Cooperation between the nodes also breaks a single hop communication into
multi-hop communication, and exploits the nonlinear relationship between the distance
and the propagation loss, for reducing the overall signal attenuation. These gains in signal
reliability can be translated into reduction in transmission power at the nodes. Due to the
cooperation between the nodes, a signal can travel via different paths between the transmit-
ter and the receiver. This phenomena provides an opportunity to reduce the transmission
power independent part of the total energy consumption in the cellular network. These
interesting features of cooperative communication motivates us to investigate its role in
providing reliable and power efficient transmissions.

This chapter starts with a brief overview of related work on cooperative communica-
tion. Different areas that can be explored in order to improve the link performance and the
power efficiency in cellular networks have been highlightedin section 1.1. Based on these
unaddressed issues, the problem formulation is described in section 1.2. After describing
the general problem, the specific questions addressed by thethesis are summarized in sec-
tion 1.3. Most of the material in this monograph is based on the publications. Hence, a
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brief summary of different contributions is provided in section 1.4.

1.1 Related Work

The foundation of cooperative communication lies in the concept of relaying, introduced
by [31]. Later on, information theoretic properties of relay channels have been studied
in [32]. In these pioneering contributions, maximum achievable communication rate has
been derived for a basic three terminal model, containing a source, a relay and a destina-
tion. The idea of user cooperation has been introduced by [33,34] for uplink transmission
that improves the capacity and lowers the outage probability for a given data rate. A co-
operative protocol is designed where two cooperating partners listen to the broadcasted
packet and retransmit the data for each other. This technique also helps in improving the
diversity gain, as both transmitting nodes have uncorrelated channels with the destination.
Later, [35] extended the concept of cooperation, by designing energy efficient multiple ac-
cess protocols based on decode-and-forward (DF) and amplify-and-forward (AF) relaying
modes. Significant gains in terms of outage probability as compared to direct link trans-
mission has been illustrated in this work. In addition to fixed relaying modes, an outage
probability analysis in [36] has been carried out for adaptive and incremental redundancy
modes. Distributed channel codes are used at relaying nodesfor improving the bit or block
error rate in [37–39]. A number of interesting relaying strategies including repetition cod-
ing [40–42], space time cooperation [43], and space time coded cooperation [44] have been
proposed and significant gain in terms of error performance,outage probability and power
efficiency has been illustrated.

Many authors have considered the use of network coding [45],a routing technique ini-
tially proposed for wired networks, in order to combine the received packets at the relay
and improve the link efficiency. For instance [46, 47] proposed a new framework, termed
as adaptive network coded cooperation (ANCC) for reducing the outage in a multi ter-
minal network by using low density parity check codes (LDPC)at intermediate nodes.
Similarly [48] has investigated the diversity gain using exclusive-OR (XOR) based net-
work coding for multiple access relay channel (MARC) and showed that network coding
improves the bandwidth of MARC from 1/2 to 2/3, without affecting its diversity gain.
However, this investigation considers only the outage probability as a performance mea-
sure. Here, a system is considered in outage when signal to noise ratio (SNR) for two
out of three direct links is below some threshold. Another investigation in [49], considers
adaptive transmission of a network coded packet based on itscorrect reception at relay
and analyzes the outage probability for individual users. The outage probability analy-
sis performed in these works highlights the importance of network coding in cooperative
communication in terms of link efficiency, and clearly showshow often a transmission is
possible. However, system/individual outage does not reflect the gain or loss in terms of
SNR for a given bit or block error rate. The determination of gain in terms of SNR also
indicates the improvement in transmission energy.

In the literature, different methods are considered to combine the directly received
signals and relayed signals at the receiver in case of cooperative transmission scenarios. For
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instance, a two user uplink transmission scenario with a single relay combining the packets
of both users is considered in [48]. Based on outage definition in [48], it implies that a
user is either detected directly or using other two correctly detected links. However, the
detection scheme used in [48] is not clearly mentioned. Similarly, some authors like [50]
perform the detection by considering all the received signals jointly which increases the
detection complexity at the receiver. Moreover, [51] has considered a detection scheme
based on successive cancelation of users while analyzing the capacity of network coded
MARC. In short, different detection methods are used implicitly in previous work and no
effort has been made to compare the performance of these methods. [51] has also looked
into the issue of user grouping at the relay where network coding at the relay couples the
performance of the combined users with each other. They haveanalyzed the user grouping
at the relay in the context of improving the system capacity.However, analysis is not done
in detail and impact of user grouping on link reliability of users is not considered. Some
other works [52–55] determine throughput improvement for various relaying structures
using network coding.

In addition to achieving diversity and throughput gain, network coded packets can also
be used to correct transmission errors. As network coding combines packets of different
users, it creates a redundancy common to all these cooperating users. This redundancy
will not be fully utilized if separate network-channel decoding is employed at the receiver
where channel decoding is performed for each transmission followed by network decod-
ing [46, 56, 57]. To fully utilize the redundancy of network coding, joint channel-network
decoding should be employed at the receiver where all users involved in the cooperation
process can benefit. Distributed channel coding has been used to exploit the redundancy
provided by the relay link in a two hop relay channel as described in [37–39,44]. The idea
was to use the principle of turbo coding where one constituent code is employed at the
source and one constituent code is employed at the relay nodewhich gives the possibility
to employ turbo decoding at the receiver. Joint network-channel coding based on turbo
codes has been considered in [58] where the same convolutional code was employed at the
source and the relay node with interleaved user data. Iterative network and channel decod-
ing has been used at the receiver. In [57], nested codes have been proposed and applied to
cooperation diversity with two nodes transmitting to a common destination. These codes
assume that individual nodes employ low rate codes that are asubset of a higher-rate code
such that the XORed codewords at the relay node can be seen as produced by a higher-
rate code. Iterative decoding of the direct transmission and the relayed transmission was
employed at the receiver. However, the principle of nested codes requires that nodes em-
ploy different codes. In [59], a joint channel-network coding scheme has been proposed
for MARC where the two transmitting nodes perform channel coding with a low-density
parity-check (LDPC) code and their combinations with the network code were described
by one Tanner graph on which the decoder performs iterative decoding to jointly decode
the network and the channel code. Very recently [60] has proposed a practical method to
combine non-binary channel coding with network coding for two source two relay topol-
ogy in wireless network. The obtained results in all previous work have shown that joint
channel-network coding can exploit the diversity gain and the redundancy provided by the
relay node at the receiver in cooperative communication. However, most of these previ-
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ous contributions, apply convolutional codes and LDPC codes with a decoding algorithms
based on iterative decoding.

Different contributions described above are quite useful in improving the link perfor-
mance and consequently have the capability to reduce the transmission energy. There are
some other works as well that illustrate the reduction in other power costs as well in coop-
erative communications. For instance, cooperative communication using threshold-based
relay node selection protocols has been considered to reduce the base station transmitted
power and feedback overhead without sacrificing outage performance [61–63]. Different
distributed selection schemes requiring less amount of feedback energy were proposed for
selecting an appropriate dual hop link in multi relay scenarios [63]. Their results showed
that more power saving is obtained when increasing the number of relay nodes. How-
ever, these results did not include the power consumption inthe network due to cooling,
idle nodes, etc. The overall power consumption of a cooperative communication with a
two hop relaying link has been investigated in [64]. However, fixed resource allocation is
assumed at the nodes, which has the tendency to waste a significant amount of energy.

Traditionally, adaptive resource allocation schemes in cooperative communication were
designed based on system performance metrics such as end-to-end throughput [65], coop-
erative diversity [66], bit error rate [67], and capacity [68]. The optimization of such
metrics does not take into account the power consumption of the network. An energy-
efficient resource allocation scheme in cooperative orthogonal frequency division multiple
access (OFDMA) systems has been proposed in [69]. Their results showed that cooperative
relaying requires significantly less transmitted power than noncooperative1 relaying but
adjusting the source and relay transmission durations has amarginal effect on the perfor-
mance. However, these conclusions were drawn when considering the transmitted power
only. Hence the role of adaptive resource allocation in cooperative communications has
not been explored in order to reduce the over all energy consumption in cellular networks.

1.2 Problem Formulation

The broadcast nature of the wireless medium provides the motivation to employ coop-
erative communication [34] via relay nodes in cellular networks. Relaying can provide
both macro and micro diversity [70] and can help in decreasing power consumption [71]
with multi-hop communications. Besides diversity gain, relay require nodes do not need
backhaul connections, hence relay deployment is easier, and cheaper than base station
deployment [72, 73]. During the last decade, significant research has been devoted to re-
lays. Protocol architectures for cellular relaying networks are considered, and relaying is
an important feature in IEEE 802.16 and LTE standards. Different studies have shown
the advantages of cooperative relaying in cellular networks from an economical perspec-
tive [74,75]. Various relaying techniques have successfully been commercialized over the
years.

Based on enormous advantages of cooperative relaying, the thesis looks at the case
of large scale use of low cost relays as a way of making the links reliable and reducing

1Two-hop relaying is named as noncooperative relaying in [69].
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the power consumption in a cellular network, with focus on signal processing and radio
resource allocations. Cooperation between the nodes via relays can be helpful at different
levels. On the link level, relaying helps in combating the unreliable nature of wireless
medium by forwarding redundant information towards the receiver. The redundancy pro-
vided by the relay at the receiver can make the links reliableor less transmission power
may be required for a given performance. However, as pointedout in the above section,
there are certain factors2 affecting the signal reliability on the links in cooperative relaying
scenarios that have not been addressed. Therefore, it is needed to analyze how these factors
can be helpful in improving the link reliability for the cooperative transmissions.

Besides looking at the advantages of cooperative relaying at the link level, it would
be interesting to explore the benefits of cooperative communication at the system level as
well. For instance, it is not only the transmission power butthe total energy consumption
of all the transmitting nodes that matters at the system level. Here, the total energy or
power consumption include all the components that are dependent or independent of trans-
mission power and are required to keep the transmitting nodes on and functioning properly.
By deploying relays in the network, we need to spend some extra energy compared to the
conventional cellular system without relays. On the other hand, relays help us in adapting
the transmission schemes according to the channel variations and hence provide an op-
portunity to reduce energy consumption at the base station.Does this reduction in energy
consumption due to the relays can compensate the extra energy required to keep them func-
tioning, is an important question to be investigated. In other words, is it advantageous to
use cooperative relaying for improving the net energy or power consumption at the system
level.

Hence, the performance analysis of cooperative relaying schemes both at the link and
the system level can be helpful in order to have a clear picture about the expected gains in
terms of link reliability and power efficiency. Therefore, to sum up, the thesis address the
two key questions:

• How the reliability of the transmissions can be improved incooperative relaying
scenarios.

• Whether the cooperative relaying schemes have the potential to reduce the net power
consumption in the cellular networks.

1.3 Scope of the Thesis

We have considered the performance of different cooperative relaying schemes, both on
link and the system level. On the link level, the objective isto study and improve the
error performance of the links. Since it is only the transmission power at the nodes that
is important here, both uplink or downlink transmission scenario can be considered as an
example for the analysis. For instance, in an uplink cooperative relaying scenario known as

2These include the affect of different detection schemes, user grouping at relay, exploitation of augmented
signal space at the receiver, and looking channel and network codes as a single code. More explanation is provided
in section 1.3.
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multiple access relay channel, users have the possibility to cooperate via fixed relays with
the help of network coding. This cooperation between the users provide the receiver with
some redundancy via different links. How to use these links will impact the performance
of the cooperating users. For that, the monograph looks at the error probability of different
detection strategies for different positions of the cooperating users within the cell. As
the relay has the possibility to choose the cooperating users, it is important to investigate
which nodes should cooperate and on what basis they should bepaired such that the error
probability is improved for both cooperating users.

Cooperation via a fixed relay, not only provides diversity, but also increases the signal
space dimension seen at the base station receiver. This augmented signal space [76, 77]
can be used to design better multi-level modulation schemesthat can take advantage of the
diversity gain as well as the augmented signal space. The question addressed here is, how
to find the appropriate signal constellations for the cooperating users and the relay node in
the presence of network coding.

Instead of considering network coding only for combining the users, it can be seen as
extra redundance added to the user signals. This provides the motivation to use the concept
of joint channel-network coding for the cooperative relaying scenarios, when the transmit-
ting nodes are employing linear block codes for channel coding. It will be shown in this
monograph, that combination of channel coding of the transmitting nodes and the network
coding scheme of the relay node can be seen as a product code with matrix codewords.
The rows of this product code are the codewords of the cooperating users and the columns
are the codewords of the linear network coding employed at the relay node(s). This new
representation gives the possibility to use any linear block code as a network code at the
relay node(s). It also gives us the possibility to use product decoding algorithms which rep-
resent real joint channel-network decoding algorithms where the combination of network
and channel coding schemes are seen as a single channel code.With this new represen-
tation of channel-network coding and the variety of decoding algorithms that exist in the
literature, one can consider using more powerful network coding schemes at the relay node
and adapt its rate according to the number of cooperating users and the quality of the dif-
ferent links. Such a flexibility will provide more robust cooperative relaying schemes with
a better throughput.

Besides making the links reliable and saving the transmission energy, it is also neces-
sary to analyze the performance of cooperative relaying schemes with regard to net energy
saving at the system level. The total energy consumption in adownlink scenario can be
calculated using well established power consumption models in the literature. The compar-
ison between the conventional cellular system without relays and the cooperative relaying
schemes is the basis of the analysis. The cooperative relaying schemes open a possibility to
adapt the resource allocation at the nodes according to the channel variation that can help
in reducing the energy consumption at the nodes. Hence, it isalso interesting to investi-
gate, at what conditions the cooperative relaying schemes can provide maximum benefit in
terms of reducing the energy consumption. For instance, theenergy consumption within
the service area is the energy consumed by the base stations and that consumed by the
relays. What is the balance between number of base stations and number of relays that
minimizes the total energy consumption for a given quality of service for the users is also
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an important question to be addressed. In other words, the tradeoff between the number
of base stations and relays and its implication on the total energy consumption of different
cooperative relaying schemes will be investigated.

1.4 Contributions

This section describes the summary of the research contributions discussed in each chap-
ter of the thesis. In general, the thesis looks at the performance of cooperative relaying
schemes in order to improve the error performance and the energy efficiency of the cellular
systems. Cooperative transmissions using network coding at the relay, is also considered.
Most of the results have been reported (submitted or accepted) in different international
conferences and journals.

Chapter 2: Cooperative Communication in Wireless Networks

This chapter highlights the significance of the concept of cooperative communication in
cellular networks. In the introductory part, a descriptionabout the impairments in fading
wireless channels is included. This helps in understandingthe need of cooperative trans-
missions between the nodes in wireless network. Different protocols used for cooperative
relaying is also discussed. The principle of network codingand its advantages for wireless
applications and cooperative communication is described.

Chapter 3: Link Performance in Cooperative Relaying

In this chapter, the performance of different detection schemes for a given bit error prob-
ability for the users is compared under different link conditions. Analytical expressions
for the average bit error probability of the cooperating users are derived. Focusing on the
uplink of cellular systems, we look at the performance of MARC and how to group users
in the cooperation process. For a given error probability, the low complexity detection
schemes and optimum user grouping can help in saving transmission power. The main
results of this analysis have been reported in

[T.1] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “Detection Strategies in Co-
operative Relaying with Network Coding,” inIEEE PIMRC 2010, Istanbul, Turkey
September 2010.

[T.2] Jie Xu, Tafzeel ur Rehman Ahsin, Ling Qiu, and Slimane Ben Slimane, “Schedul-
ing, Pairing and Ordering in the Network Coded Uplink Multiuser MIMO Relay
Channels,” inIEEE VTC 2010-Spring, Taipei, Taiwan May 2010.

[T.3] Jawad Manssour, Tafzeel ur Rehman Ahsin, Slimane Ben Slimane and Afif Os-
seiran,“Detection Strategies for Cooperative Network Coding: Analysis and Per-
formance,”submitted toElsevier Physical Communication Journal 2011.
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The author of this dissertation has developed all the original ideas described in the first
publication above. The coauthor Slimane Ben Slimane has provided valuable feedback on
the work. In the second paper the author of this dissertationhas helped in verifying the
obtained results and writing the draft of the paper. The mainidea is developed by the first
author Jie Xu and the other two coauthors have helped in refining the ideas. The second
paper contains related material but results are not included in this chapter. In the third
paper above, the main ideas are developed by the first author Jawad Manssour. The author
of this dissertation has developed the analytical framework that is used to obtained the
results. The other two coauthors have provided valuable feedback, both on the work and
the content of the publication.

Chapter 4: Constellation Selection in Cooperative Relaying

Here we propose constellation selection as a way of improving the link performance of
cooperative relaying in cellular systems. The idea is, withmulti-level modulation, to use
a different constellation set for each link involved in cooperative communications. The
obtained results show that, with a proper selection of the constellation sets, the link per-
formance of cooperative relaying in both additive white Gaussian noise (AWGN) channels
and fading multi-path channels can be improved. The main results of this analysis have
been reported in

[T.4] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “Constellation Selection in
Network Coded Distributive Antenna Systems,” inIEEE GLOBCOM 2009, Hawaii,
USA Dec 2009.

The author of this dissertation has developed all the original ideas discussed in the publi-
cation above. The coauthor has provided valuable feedback on the work and the content of
the paper.

Chapter 5: Joint Channel-Network Coding for Cooperative Relaying

This chapter describes a new alternative to improve the linkperformance in cooperative
relaying scenarios. Here the combination of channel codingand network coding in coop-
erative relaying has been represented as a product code. As several decoding algorithms for
product codes exist in the literature, joint channel-network decoding can now be achieved
for cooperative relaying and recovers the performance lossdue to separate channel-network
decoding. The proposed representation also allows the use of more powerful network cod-
ing schemes. It also gives the possibility to involve more than two users in the cooperation
process via each relay simultaneously. Results have been reported in

[T.5] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “Network Coding based on
Product Codes in Cooperative Relaying,” inIEEE WCNC 2010, Sydney, Australia,
April 2010.
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[T.6] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “A joint Channel-Network Cod-
ing based on Product Codes for the Multiple Access Relay Channel,” submitted to
ISRN Communications and Networking Journal 2011.

The author of this dissertation has developed all the original ideas described in the afore-
mentioned publications. The ideas are further refined during the discussions with the coau-
thor.

Chapter 6: Energy Efficiency using Cooperative Relaying

After looking at different methods that improve the link performance or reduce the trans-
mission power for a given link performance, we have studied the total energy consumption
of different cooperative relaying schemes. Here, we investigate different transmission and
resource allocation strategies for cellular relaying systems and their impact on the total en-
ergy consumption of the system. The effects of relay planning (position) and the number
of relay nodes within the cell are also investigated. The obtained results show that cooper-
ative relaying schemes with adaptive resource allocation can significantly reduce the total
energy consumption as compared to conventional point-to-point direct transmission. The
results for the analysis have been reported in

[T.7] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “AreaEnergy Consumption in
Cooperative Decode and Forward (DF) Relaying Scenarios,” in European Wireless,
EW 2011, Vienna, Austria, April 2011.

[T.8] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “Energy Efficiency Using Co-
operative Relaying,” inIEEE PIMRIC 2011, Toronto, Canada, September 2011.

[T.9] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “Energy Efficiency in Cooper-
ative Relaying Systems,” submitted toIEEE Transactions on Vehicular Technology,
2011.

The author of this dissertation has developed all the original ideas described in the afore-
mentioned publications. The coauthor has provided valuable feedback on the work and the
content of these papers.

Chapter 7: Deployment Strategies in Cooperative Relaying

In this chapter we have looked at, how the results obtained inChapter 6, vary by changing
the parameters of the power consumption model and the propagation model. The effect of
including line-of-sight (LOS) conditions on the links and the impact of shadow fading on
the energy consumption of cooperative relaying schemes, isstudied in this regard. More-
over, a sensitivity analysis is carried out to determine theeffect of changing various pa-
rameters of power consumption model, on the obtained results. This analysis also provides
us a clue about the possible range of these parameters, in order to keep the cooperative
relaying schemes energy efficient as compared to the conventional transmission schemes.
Moreover, a tradeoff between the number of relays and the number of base stations in a
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given service area for different transmission schemes havebeen studied, that minimizes
the energy consumption in cellular network along with providing the required quality of
service to the users. It has been found that the adaptive relaying schemes using network
coding, consumes minimum energy and also reduces the numberof nodes required to cover
the service area. The results for the above analysis are submitted as

[T.10] Tafzeel ur Rehman Ahsin and Slimane Ben Slimane, “Energy Efficient Resource
Allocation and Deployment Strategies for Wireless Networks,” submitted toIEEE
New Technologies, Mobility and Security, NTMS 2012, Istanbul, Turkey, May 2012.

The author of this dissertation has developed all the original ideas discussed in the afore-
mentioned publication. The coauthor has helped in refining these ideas and provided feed-
back for improving the content of the publication.

Chapter 8: Conclusions

This chapter summarizes various results and contributionsdescribed above. Here, different
areas for the future studies are also identified.



Chapter 2

Cooperative Communication in Wireless
Networks

Last two decades have witnessed the unprecedented growth ofwireless communications
and the same trend is expected to continue in the future. Withthe introduction of advanced
multimedia applications, such as mobile TV, video teleconferencing and real time gaming,
the amount of data traffic for the future generations of the cellular systems, are expected
to be several orders of magnitude higher, than that of current ones. On the other hand, it
is a quite challenging task to support these bandwidth hungry multimedia applications in
the presence of wireless channel impairments and the scarceresources, such as spectrum
and power. For instance, as the signal passes through the wireless channel, it experiences
the reflection, diffraction, and scattering. Moreover, multiple delayed versions of the same
signal reaches at the receiver, and add together in a constructive or destructive manner,
causing fluctuations in the amplitude, phase and frequency of the originally transmitted
signal. These impairments can be compensated by increasingthe transmission power,
bandwidth or using a powerful error control coding scheme. However, these compensating
techniques either require more power and spectrum resources or reduce the transmission
rate in case of using the error control coding schemes. This makes the transmission at high
data rates with the required signal reliability, a challenging task for the wireless systems.

In order to deal with these limitations, the use of multiple-input-multiple-output sys-
tems abbreviated as MIMO systems, have been considered in [78–80]. The improve-
ments in signal reliability comes from the enhanced diversity gains provided by MIMO
systems, as compared to the single antenna systems. In addition, these multiple antenna
systems help in achieving higher spectral efficiency by using sophisticated space-time cod-
ing schemes [81–83]. However, the performance of MIMO systems very much rely on the
rich scattering in the propagation environments and the adequate spacing between the col-
located antennas. Therefore, placing multiple antennas onsmall wireless devices may
result in higher costs, hardware complexity and require large device size. This makes the
use of MIMO systems in many transmission scenarios, less attractive. Another way to deal
with the channel impairments and build an efficient and distributed MIMO system, is to

15



16 CHAPTER 2. COOPERATIVE COMMUNICATION IN WIRELESS NETWORKS

use the concept of cooperative communications [34]. It implies from the notion "coopera-
tion", that if two nodes want to communicate with each other and the link between them is
weak, they can take the help of the third node or relay to realize the transmission between
each other. The cooperation provided by the relay is helpfulin reducing the path-loss
between the nodes and also provides redundant information to the receiver for taking the
decision. Therefore, this new transmission paradigm has the capability to make the links
more reliable. The usefulness of cooperative relaying in improving the system capacity
and providing cost effective coverage extension has been demonstrated in [73].

The introduction so far, briefly explains the significance ofcooperative communication
for the future generations of cellular communications. Therest of the chapter provides
an overview of the related work on cooperative communication and discuss various tech-
niques to realize this new transmission paradigm. However,the usefulness of cooperative
communication remains vague, without the basic understanding of different channel im-
pairments. Moreover, since different propagation scenarios are considered in the rest of the
thesis, it is imperative to devote a section, in order to recap some fundamental propagation
characteristics of the wireless channel, before discussing different cooperative techniques.
Therefore the chapter starts with a brief description of wireless channel fading in section
2.1. Then the characteristics of cellular relaying systemsand different protocols used for
the transmissions in such systems are discussed in section 2.2. The importance of network
coding in cellular relaying systems is highlighted in section 2.3. Finally, a brief summary
of the chapter is included in section 2.4.

2.1 Fading in Wireless Channels

The physical medium through which the information signal travels, from transmitter to the
receiver is called communication channel. For instance, telephone line in wired system
and environment between the transmitter and the receiver inwireless system is termed
as communication channel. Unlike the wired channels, the wireless or radio channels are
highly unpredictable in nature, both in time and frequency domain. The uncertain behavior
of radio channel limits the performance of wireless systems. Different factors such as the
obstructions in the transmission path, distance between the transmitter and the receiver,
relative motion of both nodes and surrounding environment influence the characteristics of
the radio channel.

The transmitted signal passes through the radio channel using electromagnetic wave
propagation and is effected by the characteristics of the radio channel. These electromag-
netic waves reach the receiver due to different propagationmechanisms, such as reflection,
diffraction and scattering. The electromagnetic waves arereflected from a surface if its
dimensions are very large as compared to the wavelength of the waves. For instance,
the reflections occur from large buildings and the earth surface. If the propagating wave
is obstructed by a surface having sharp irregularities or edges, the phenomena known as
diffraction occurs, which allow the waves to propagate behind the obstruction. The signal
travels around the curved surface of earth or reaches the shadowed (obstructed) region due
to diffraction. If there are large number of obstructing objects and their dimensions are
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Table 2.1: Values of path-loss for different types of wireless environments .

Free Space 2

Urban Area Cellular Radio 2.7 − 3.5

Shadowed Urban Area Cellular Radio 3 − 5

In-building Line of Sight 1.6 − 1.8

Obstructed In-building 4 − 6

small, as compared to the wavelength of the waves, the waves scatter in all directions. The
scattering occurs mainly due to the roughness of the surfaces. Some of the examples of
objects that scatters the waves include the street signs andthe lamp posts.

These propagation mechanisms are responsible for the variations in the received signal
strength and this variation due to the channel impairments is termed as fading. The radio
channel responsible for creating the fading, is known as fading channel. The fading channel
is responsible for, both the variation in the long term average value and the short term
fluctuations in the signal strength. Therefore, the distortions in the received signal can be
roughly classified into two categories, that is the large scale fading and the small scale
fading. Both are explained separately as follows:

2.1.1 Large Scale Fading

Large scale fading represents the variation in the mean of received signal power over a large
distance compared to the wavelength of the signal. It occurswhen receiver is shadowed by
large terrain obstacles such as hills or buildings. The variation in received signal strength
is a function of the distance from the transmitter and the shadowing due to the different
obstructions. So far, different propagation models have been used for the radio channels,
in order to estimate the value of received signal strength. Some of the examples include, the
Okumura-Hata model, COST 231-Hata model, the Ikegami model, the Walfisch-Bertoni
model and the COST 231/Walfisch-Ikagami model [70, p. 85]. These propagation models
indicate, that the average received signal power decreasesas a logarithmic function of the
distance, for the radio channels [84, p. 138]. Hence the expression for the average path
loss [70, p. 84] at a distancer meters from the transmitter can be written as follows:

L =
Pt

Pr
=
rη

ξ
(2.1)

whereη is known as the path loss exponent and its value for differentenvironments [85]
have been illustrated in Table. 2.1. Moreoverξ is the constant depending on the propaga-
tion conditions. For instance, in a single slope models, like Okumura-Hata [86] [70, p. 85],
theξ depends upon the carrier frequency and on the height of transmitter and the receiver.
The average path lossL can be expressed in decibels (dB) as follows

L = 10η log10(r) +K0 dB (2.2)

WhereK0 = −10 log10(ξ) is known as clutter factor [70, p. 84]. The above expres-
sion takes into account the dependence of the path loss only on the distance between the



18 CHAPTER 2. COOPERATIVE COMMUNICATION IN WIRELESS NETWORKS

transmitter and the receiver node. However, the received signal strength could be different
depending upon the surrounding environment, even if the distance between the both nodes
is same for two different locations. Measurements show thatfor any distancer meters
from the transmitter, the path loss is random and has log-normal distribution, with the dis-
tance dependent path loss as its mean [84, p. 139]. Log-normal distribution means that the
logarithm of the variable, for instance the signal power or path loss, follows normal distri-
bution. Hence the expression in (2.2) can be rewritten afteradding the effect of log-normal
shadow fading as follows:

L′ = 10η log10(r) +K0 +Xσs dB

= 10η log10(r) +K0 + 10 log10(g) dB (2.3)

whereXσs is zero mean gaussian random variable with a standard deviation σs dB. It has
following probability density function,

f(x) =
1

σs

√
2π
e

− x2

2σ2
s , (2.4)

andg denotes the corresponding log-normal random variable representing the shadow fad-
ing dependent path-loss. Therefore, the path loss for largescale fading,L′ in dB, can be
viewed as a Gaussian random variable with a mean value equal to 10η log10(r) + K0 and
a standard deviationσs dB. In linear scale,L′ represents a log-normal distributed random
variable with a meanr

η

ξ and a standard deviationσs. Hence, the parameters required to
describe the large scale fading at specific distance from thetransmitter includes, the clutter
factorK0, the path-loss exponentη and the standard deviationσs for Xσs .

2.1.2 Small Scale Fading

Small scale fading involves the variation in received signal power over small distances,
comparable or less than the wavelength of the signal. This occurs due to scatters present in
the channel. These scatters are created due to reflection, and scattering of radio waves from
various objects and surfaces situated between the transmitter and the receiver. Therefore,
the transmitted signal can take several paths to reach the receiver. Sometimes it reaches
directly without any obstruction, while in most cases it is refracted by different atmospheric
layers or reflected by ground and objects such as hills, buildings, vehicles, present between
the transmitter and the receiver. The signals reaching through different paths experience
different delays. The superposition of these signals at thereceiver can be constructive or
destructive depending upon the delays introduced by each path. This causes variation in
received signal strength, frequency and phase at the receiver and thus give rise to small
scale multi-path fading.

From the theory of signals and systems, a bandpass radio communication signals(t)
can be represented [70, p. 126] as follows

s(t) = b(t) cos(2πfct+ φ(t)) (2.5)
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wherefc is the carrier frequency,b(t) andφ(t) are the time varying amplitude and the
phase function of the signal respectively. Typically, wireless transmission is done in a
narrow band around the carrier frequency. However, the processing of the signal such
as coding/decoding, modulation/demodulation, etc is donein baseband. For instance, at
the transmitter side the signal is first processed at the modulator and then converted to a
bandpass signal for transmission, at the carrier frequency. Similarly, at the receiver, the
signal is first converted to baseband and then demodulation is performed to recover the
original information. Therefore, from communication system design point of view, it is
useful to consider the equivalent baseband representation[87, p. 22] of the signals(t).
Hence,s(t) can be represented in terms of its equivalent baseband signal sl(t) using (2.5)
as follows:

s(t) = p(t) cos(2πfct) − q(t) sin(2πfct)

= ℜ{[p(t) + jq(t)] ej2πfct}

= ℜ{sl(t)e
j2πfct} (2.6)

wheresl(t) = p(t) + jq(t) is the equivalent baseband signal (or complex envelope [70,p.
126]) of s(t), while p(t) and q(t) denote the quadrature components ofs(t) and ℜ{.}
represents the real part of{.}.

Transmitted through the radio channel, the transmitted signal will experience both am-
plitude and delay distortion. Due to the presence of scatters in the medium, the radio signal
will reach the receiver via different paths, each with a different attenuation and delay. As-
suming that the channel is linear, the received bandpass signal can be written [87, p. 20] as
follows:

y(t) =
∑

i

αi(t)s[t− τi(t)] + n(t)

= ℜ
([
∑

i

αi(t)e
−j2πfcτi(t)sl(t− τi(t))

]

ej2πfct

)

+ n(t) (2.7)

whereαi(t) and τi(t) are the multiplicative factor representing the attenuation and the
propagation delay respectively, at timet from the transmitter to the receiver on pathi. The
attenuation for each path depends upon the antenna pattern of the transmitter and the re-
ceiver, the nature of the obstacles and the reflectors in the medium and their distances from
the transmitter and the receiver [87, p. 20]. Due to the relative motion of the transmitter and
the receiver and the rapid changes in the propagation environment, both the propagation
delay and the multiplicative factor are time variant.

Moreovern(t) represents zero mean additive white Gaussian noise (AWGN) at the
receiver, with the power spectral densityN0/2 watts per hertz. Main sources of AWGN
includes thermal motion of electrons in antenna, atmospheric noise, cosmic noise and man-
made noise etc. Using (2.7), an equivalent received baseband signal [70, p. 253] can be
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written as follows:

yl(t) =
∑

i

αi(t)e
−j2πfcτi(t)sl(t− τi(t)) + z(t) (2.8)

wherez(t) is the equivalent baseband representation ofn(t). The received signalyl(t) can
be re-written [87, p. 21] as

yl(t) =

∫ +∞

−∞

h́(τ, t)sl(t− τ)dτ + z(t) (2.9)

whereh́(τ, t) is the equivalent low pass of the channel impulse response and can be ex-
pressed as

h́(τ ; t) =
∑

i

αi(t)e
−j2πfcτi(t)δ(τ − τi(t)). (2.10)

The fading channel in (2.10) can therefore be seen as a filter with time varying parame-
ters. The corresponding frequency response or the transferfunction of the channel, can be
obtained by taking the Fourier transform of the channel impulse response in (2.10) with
respect to variableτ , [87, p. 22] as follows:

H(f ; t) =

∫ +∞

−∞

h́(τ, t)e−j2πfτdτ =
∑

i

αi(t)e
−j2πfcτi(t)e−j2πfτi(t). (2.11)

The time variant nature of the channel transfer function, not only effects the amplitude of
various frequency components of the transmitted signal, but also spreads the signal in the
frequency domain. For instance, if a sinusoid signal of frequencyf0 is transmitted through
the multi-path fading channel, the received signal would bean amplitude modulated signal
around the center frequencyf0 [70, p. 133] [87, p. 17]. Hence, radio channels spread the
transmitted signal both in time and frequency. Therefore, multi-path fading channels are
also known as doubly-spread channels [70, p. 137].

As the channels change in time and frequency domain in an unpredictable manner, they
can be modeled as stochastic processes. Such models are introduced by [88], in order to
study the behavior of these channels in complex scenarios, and to investigate the correlation
properties in both time and frequency domains. A notion of wide-sense stationary with
uncorrelated scattering (WSSUS) is used and hence all the signals arriving at the receive
antenna with different delays are considered uncorrelatedin these models [89, p. 958].

a) Frequency Variation of the Channel

Due to the presence of various reflectors between the transmitter and the receiver in the
wireless channel, multiple replicas of the same transmission reaches at the receiver at dif-
ferent time instants. Basically the propagation delay is different for each replica. For
instance, it takes less time for the transmitted signal to reach at the receiver via a shorter
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direct path as compared to a longer indirect path. Therefore, a certain propagation delay
is associated with each version of the received signal. Since different versions of the same
signal reach the receiver at different time instants, this phenomenon is known as the time
spreading of the received signal. For a single transmitted impulse, the differenceTm be-
tween the propagation time of the longest and the shortest path, considering only those
paths having energy above some threshold, represents the maximum delay spread [87, p.
32]. If the delay spread is larger than the symbol durationTs, each symbol will experience
interference from one or more successive output symbols. Therefore, the time spreading
of the received signal can cause inter symbol interference (ISI).

An analogous characterization of this phenomena in the frequency domain is repre-
sented by the coherence bandwidth. The coherence bandwidthBm is a statistical measure
of the range of frequencies over which channel treats all thespectral components similarly.
Therefore, the signal components falling outside the coherence bandwidth will be treated
differently by the channel. The coherence bandwidth can be approximated as the recip-
rocal of the maximum delay spread, that isBm ≈ 1

Tm
[87, p. 33]. Moreover, a symbol

duration much larger than the delay spread of the channel is equivalent to a signal band-
width much smaller than the coherence bandwidth of the channel and vice versa [70, p.
146]. In other words, time spreading of a signal at the receiver provides us the information
about frequency selectivity of the fading channel. For instance, a fading channel is said
to be frequency non selective or flat fading, if signal bandwidthWs is much smaller than
the coherence bandwidth of the channel. In this case all the frequencies are affected by the
channel in a similar manner. However, if the signal bandwidth is greater than the coherence
bandwidth, different spectral components will be affectedby the channel differently and
the channel is said to be a frequency selective channel.

In the case of flat fading channels, the channel transfer function in (2.11) can be con-
sidered approximately constant over the signal bandwidth,that isH(f ; t) = H(0; t) for
|f | ≤ Ws/2. At the same time, the symbol durationTs is much larger than the maxi-
mum delay spreadTm in this case. Therefore, all the replicas of the transmittedsymbol
arrives at the receiver, within the symbol duration andsl(t) has no delayed versions in
(2.8). Hence, the equivalent baseband of the received signal in case of flat fading channels
can be approximated [70, p. 147] as follows:

yl(t) ≈
(
∑

i

αi(t)e
−j2πfcτi(t)

)

sl(t) + z(t) = H(0; t)sl(t) + z(t). (2.12)

HereH(0; t) = A(t) + jB(t) = C(t)e−jθ(t) represents the sum of multiplicative distor-
tions on different paths. In the medium having lots of scatters, the central limit theorem
can be used to obtain the statistical properties ofH(0; t). In this case, it can be modeled as
zero mean complex Gaussian random process, where asA(t) andB(t) are the uncorrelated
Gaussian process with zero mean and varianceσ2. In the absence of any dominant path,
the fading amplitudeC(t) has the Rayleigh distribution [70, p. 150] and the corresponding
probability density function is as follows:

fC(c) =
c

σ2
e− c2

2σ2 , for c ≥ 0. (2.13)
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When the received signal is composed of multiple fading signal components along with
a dominant line of sight or direct component, thenH(0; t) = d0 +A(t) + jB(t) cannot be
modeled as zero mean complex valued Gaussian random process[70, p. 150]. In this case
the fading amplitudeC(t) has the Rician probability distribution and the corresponding
probability density function is given as follows:

fC(c) =
c

σ2
e−

(c2+d2
0

)

2σ2 I0

(
cd0

σ2

)

, for c ≥ 0, d0 ≥ 0 (2.14)

Therefore the channel is said to be Rician fading channel. Hered0 is a constant represent-
ing the amplitude of line of sight component andI0(.) is the modified Bessel function of
the first kind and zero order [70, p. 151]. The ratio of power inthe line of sight compo-
nent to the power in the multi-path fading components is known as rice factor, denoted by

K =
d2

0

2σ2 . It is quite clear that very large value ofK corresponds to an ideal line of sight
channel whileK = 0 represents the Rayleigh fading channel [70, p. 151]. Although flat
fading channel does not allow ISI, it provides an upper limiton the achievable data rate
since the bandwidth of the signal should always be less than the coherence bandwidth that
isWs < Bm, in order avoid frequency selectivity.

For high data transmission rates, its often difficult to ensure the relationshipWs <
Bm and hence the channel becomes frequency selective. The equivalent baseband of the
received signalyl(t) in this case can be written as follows:

yl(t) ≈
L−1∑

i=0

ci(t)sl(t− iTs) + z(t) =

required part
︷ ︸︸ ︷

c0(t)sl(t) +

L−1∑

i=1

ci(t)sl(t− iTs)

︸ ︷︷ ︸

inter-symbol interference

+z(t) (2.15)

whereci(t)’s are the uncorrelated complex Gaussian processes and represent the fourier
series coefficients ofH(f ; t) truncated to the signal bandwidth. Moreover,L = ⌊ Tm

Ts
⌋ + 1

is the number of resolvable paths havingci(t) 6= 0 [70, p. 268]. It is obvious from (2.15)
that the received signal contains both the required part andthe ISI. The frequency selective
channel induces the ISI, as the delay spread is much larger than the symbol duration. Dif-
ferent methods can be used to mitigate the ISI at the receiver, however before discussing
those methods, let us look at the time variant nature of the multi-path fading channel.

b) Time Variation of the Channel

Multi-path channel becomes time variant due to the relativemotion of the transmitter and
the receiver. The relative motion, causes the frequency of the received signal to be shifted
relative to that of the transmitted signal. This shift in frequency is known as Doppler shift
and is proportional to the velocity of the receiver/transmitter and the frequency of the trans-
mitted signal [70, p. 155]. Each path has its own Doppler shift, which is responsible for the
phase change in the signal, received through that path. Therefore, the signals having differ-
ent phases add together in a constructive or destructive manner at the receiver. This causes
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rapid changes in the strength of the received signal over thetime. How fast the strength of
the received signal will vary, depends upon the relative velocity of the transmitter and the
receiver. In other words, the channel coefficient changes does not remain time invariant.
This phenomena is characterized by a parameter known as coherence timeT0, which is the
measure of the expected time duration over which the channelresponse remains essentially
invariant [89, p. 967]. An analogous characterization of this behavior in frequency domain
is known as the Doppler spreadBd ≈ 1

T0
. It represents the largest difference between the

Doppler shifts [87, p. 30] of various components, of the received signal.
Time variation of the channel results into slow or fast fading on the channel. For

instance, if the coherence time of the channel is less than the signal transmission time, the
channel is known as fast fading channel. However, if coherence time is larger than the
transmission time, the fading is termed as slow fading [70, p. 156] [87, p. 31]. In cellular
communication systems, the channel is usually constant over several symbol intervals.
Considering the slowly varying fading channel, which is constant over thenth symbol
interval, the baseband received signal in (2.15) can be modified as follows:

yl(t) ≈
L−1∑

i=0

cisl(t− iTs) + z(t), nTs ≤ t < (n+ 1)Ts (2.16)

where all theci(t) remains constant over at least one symbol interval. Hence, the output of
the correlation receiver for thenth symbol in a slowly varying fading channel [70, p. 267]
can be written as:

yn ≈
L−1∑

i=0

cisn−i + zn = c0sn +

L−1∑

i=1

cisn−i + zn (2.17)

Since the transmission time or delay requirement for different applications (voice or data)
is different, hence the characterization of a channel as a fast fading and slow fading, also
depends upon the intended application [87, p. 31]. The fast fading channel can limit the
performance of communication system. For instance, it can cause synchronization related
issues at the receiver hence more robust modulation scheme that doesn’t require phase
tracking is needed for its mitigation. Another method to cope with fast fading is to increase
the symbol rate, such that it becomes greater than the fadingrate [89, p. 980]. In high data
rate applications, most often the channels can be considered as a slowly varying in time.
Now let us look at various techniques used to combat the ISI inslowly varying, frequency
selective fading channel.

c) Mitigating the Inter-symbol Interference

Different types of channel equalizers or filters can be used at the receiver to counter the
ISI in the received signal. However, the improvement in performance due to the channel
equalizers, is obtained at the expense of increased complexity at the receiver. Instead of
using these complex channel equalizers at the receiver, ISIcan be mitigated effectively us-
ing orthogonal frequency division multiplexing (OFDM) as well. This scheme transforms
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a high data rate stream into a set of parallel low data rate streams. Thus it provides help
against time spreading phenomena in multi-path fading channels. In OFDM, the input data
stream is first modulated in baseband using any modulation scheme. The modulated data
stream, with symbol durationTs is then converted toN different data streams. Each stream
is modulated by a specific subcarrier waveform and the addition of all the streams results
into baseband OFDM transmitted symbol/block.

By proper selection of number of carriersN , the duration of OFDM blockT = NTs

can be made larger thanTm in order to reduce the effect of inter symbol interference. How-
ever, this approach requires a very large number of sub-carriers increasing the complexity
of OFDM transceiver and also does not eliminate the interference completely [70, p. 299].
The received OFDM signal still experiences an ISI from previous OFDM block and the
inter carrier interference fromN − 1 neighboring carriers in the same OFDM block. An
effective method to eliminate these interferences is to extend the OFDM block length at
the transmitter side using a time guard intervalTg > Tm. This extension in block length
of OFDM signal allows us to absorb all the interferences and also preserve the structure
of OFDM transmitted signal [70, p. 303]. In order to elaborate further, let us consider
thatsl(t) in (2.8) represents an equivalent baseband OFDM transmitted signal innth block
interval [70, p. 303], which is expressed as follows:

sl(t) =

N−1∑

m=0

smgm(t), nT − Tg ≤ t < (n+ 1)T

=
1

√
T + Tg

N−1∑

m=0

sme
2π m

T t. (2.18)

Heresm is baseband modulated symbol formth subcarrier andnth block interval. More-
overgm(t) represents the orthogonal subcarrier waveform formth subcarrier. The orthog-
onality property in OFDM system is preserved only if delays on all the reflected paths do
not exceed the time guard interval and the OFDM receiver synchronizes to the first arriv-
ing path. The addition of the time guard interval in the OFDM system provides a time
delay margin for the subcarrier waveforms for which the orthogonality property is always
preserved. Hence, by using a time guard interval greater than the maximum delay spread
(Tg ≥ Tm), inter symbol and inter carrier interference will be absorbed and the receiver
can safely ignore this added guard interval at the receiver side [70, p. 304]. Considering
that the fading is slowly varying in time and the fading coefficients remain constant during
one OFDM block, the useful part of the received signal duringthenth block interval can
be written [70, p. 304] as follows:

yl(t) =
N−1∑

m=0

Hmsmgm(t) + z(t), nT ≤ t < (n+ 1)T (2.19)

whereHm = H(m/T ;nT ) represents the channel transfer function for themth subcarrier
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and thenth block interval [70, p. 299] with

H(m/T ;nT ) =
∑

i

αie
−j2πfcτie−j2π m

T τi . (2.20)

Here the multiplicative factorαi and the delay for each pathτi are considered constant
for thenth OFDM block. After passing through the correlation receiver [70, p. 304], the
output sample of subcarrierm becomes

ym =

∫ (n+1)T

nT

yl(t)g
∗
m(t)dt

=

√

T

T + Tg
H(m/T ;nT )sm + zm

= hmsm + zm; m = 0, 1, · · · , N − 1 (2.21)

where the first term represents the modulated symbol for subcarrierm, scaled by the chan-
nel coefficienthm, while the second term is zero mean additive white Gaussian noise. It is
obvious from (2.21) that the output symbol is completely free from inter-symbol interfer-
ence and inter-carrier interference. Hence, with the introduction of the time guard interval
in OFDM, it is possible to transform a frequency selective fading channel intoN parallel
frequency nonselective (flat) fading channels.

In the presence of strong muli-path components, some carriers could be in deep fading
due to destructive combination of the paths and other paths can have better gain due to
the constructive combination. In other words, OFDM has solved the problem of ISI and
frequency selectivity, however other techniques are stillneeded to combat the multi-path
fading [70, p. 305]. Once the channels can be modeled as flat fading channels, diversity
techniques [70, p. 306] can be employed to reduce the effectsof fading on the link perfor-
mance, by transmitting the same information on more than onechannel. The gain achieved
in terms of SNR is known as diversity gain. Maximum diversitygain can be obtained when
all the channels are uncorrelated and the number of these channels defines the diversity or-
der. Diversity techniques can be employed along different dimensions, i.e. time, frequency
and space. By employing time and frequency diversity techniques, bandwidth efficiency of
the system is reduced as multiple resources are used for the same information data. On the
other hand, spatial diversity can be achieved by using multiple antennas [78, 79, 90, 91] at
transmitter and/or receiver and allowing the signal to propagate along independent paths.
Hence an adequate spacing is required between the antennas in order to achieve the benefits
of spatial diversity.

Cooperative communication between the nodes in a cellular network, is another method
to achieve spatial diversity and mitigate different channel impairments described above.
The rest of the chapter provides a brief overview of the research work related to coopera-
tive communication and also illustrates the classificationof different cooperative relaying
techniques. The throughput in the cellular network can be improved by combining multi-
ple packets together and relaying them towards the destination. In order to combine these
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packets together, the concept of network coding [45] has been introduced in cooperative
relay networks [92]. Hence the role of network coding in cooperative relaying and its
significance in improving the throughput of the cellular system is also highlighted.

2.2 Cellular/Relay Systems

In order to deliver various multimedia applications and provide satisfactory quality of ser-
vice to the users, the future wireless generations require extremely high data rates and more
reliable links. The concept of spatial diversity achieved with the help of multiple antennas,
has been considered as an efficient method in this regard [78,79, 90, 91]. The multiple
antennas at transmitter and/or receiver allows the transmission signal to propagate through
independent paths. Hence multiple copies of the same signalis reached at the receiver.
These replicas are combined to extract the original transmitted signal and helps in com-
bating the channel fading. Unlike time or frequency diversity, bandwidth efficiency is not
affected in this case, however power is shared between all the transmit antennas. Capacity
of the system can be enhanced using the spatial multiplexinggain. Depending upon the
application, there is tradeoff between the achieved diversity and the multiplexing. Besides
numerous advantages of using MIMO systems at the base station, these systems face some
limitations, while considering their deployment on small cellular devices. We know that,
for achieving spatial diversity, adequate spacing betweenthe antennas is needed to ensure
independence between different channels. More spacing between antennas is required in
case of using low frequencies and poor scattering environment. However, the constraints
on size, cost and hardware complexity limits the maximum number of antennas, that can
be mounted on the cellular devices.

To overcome this drawback, the idea of forming a virtual MIMOsystem has gained a
lot of interest in recent times. This virtual multiple antenna system is formed by different
nodes in the cellular network that have high quality links between them. These cooper-
ating nodes can exchange the information and cooperate witheach other in transmitting
the information towards the destination. Thus the advantage of MIMO systems can be
achieved in a distributed manner and the phenomena is known as cooperative communica-
tion [34]. The basic foundations of cooperative communication lies in the pioneering work
on the capacity of relay channels [31], for three terminal network considering a source,
relay and the destination. Considering AWGN channel between the nodes, the capacity of
relay networks is then investigated in [32]. The concept of relaying is proposed for cellular
networks in [93], in order to balance traffic load among highly loaded cells and lightly
loaded cells.

Due to the significance of the concept of relaying as comparedto the conventional
direct or one way transmission, it has received a lot of attention in different research works,
[33,34,36,43,94–97] related to fading channels as well. For instance, the work in [94–96],
analyze the capacity of cellular network using relays in theRayleigh fading channels. The
diversity gain provided by different relaying protocols, in terms of outage probability have
been studied in [36]. The generalization of relay network, considering multiple sources
have been proposed in [33, 34] and known as user cooperation.The use of distributed
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Figure 2.1: Cooperative Communications

space-time codes for the relaying systems have been illustrated in [34, 43]. In literature
different wireless standards have used the concept of in-band and out-of-band relaying for
improving the performance and capacity of links [98]. Recently, the relaying technologies
have been included in LTE-Advanced and WiMAX standards as well [50]. From the related
work, it has been established that the cooperative relayingin cellular networks, helps in
improving the coverage and the throughput. However, most recently different research
works such as [64, 99, 100], have analyzed the significance ofthis concept, in terms of
power or energy efficiency of the cellular system as well.

Cooperative communication takes the advantage of two features of wireless channel;
first is its broadcast nature and second is its ability to achieve diversity gain due to the
independent transmission paths. Due to the broadcast nature of wireless medium, a trans-
mitted signal is listened by multiple nodes in the cellular network. After listening, these
nodes have the possibility to retransmit the signal towardsthe destination. This mecha-
nism allows different nodes in the cellular network to sharetheir antennas to build a virtual
MIMO system without limitations on size and cost. Figure 2.1illustrates how cooperative
communication between nodes can generate diversity in an interesting way. The figure
shows two nodes communicating with the same destination. Each node has single antenna
and hence cannot generate spatial diversity individually.However, due to broadcast na-
ture of the wireless channel it may be possible for one node tohear the other and forward
some version of heard information along with/without its own data. Due to the statistically
independence of both fading paths, spatial diversity can begenerated.

These cooperating nodes can be user devices or fixed relays deployed in a cellular
network. In the former case, user devices cooperate by transmitting each other’s data in
addition to their own data, known as user cooperation [33, 34]. In the latter case, relay
cooperates with user and forwards its data towards the destination, termed as cooperative
relaying [48,49,58]. Both modes of cooperation have the potential to provide gain in terms
of coverage and cooperative diversity. However, cooperative relaying has more practical
significance because dedicated relays are static and have relatively stable channel condi-
tions with the destination. Moreover, relays can handle complex operations easily without
constraints like limited battery life as in case of user equipment. On the other hand, some
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complicating issues like reduction in rate of cooperating user and fairness between the
cooperating users need to be addressed while employing usercooperation mode. There-
fore, it is encouraged to use relays as cooperating nodes as compared to user terminals as
indicated in [101].

Depending upon the number of hops between the source and the destination, the co-
operative relaying techniques can be classified as two hop relaying and the multi-hop re-
laying. It is quite obvious from the nomenclature that the two hop relaying refers to a
scenario, where only one relay retransmits the received signal towards the destination.
However, multi-hop relaying refers to the case when there are more than two hops between
the source and the destination. Due to the nonlinear relationship between the distance and
the propagation loss [70], the signal attenuation can be reduced significantly using multi-
hop transmission as compared to the direct link or single hoptransmission. Hence, the
coverage of the cellular systems can be enhanced quite significantly using multi-hop relay
networks [102–106]. On the other hand, the performance of the multi-hop systems can be
severely effected, due to the lack of LOS between source and destination, shadowing and
Rayleigh fading. Considering a two hop relaying system, there are different ways in which
the relay can process the received signal, before its retransmission towards the destination.
Now, let us look at these methods, that the relays can employ and are described in the
literature.

2.2.1 Relaying Protocols

A relaying transmission protocol describes, how a relay canprocess the received informa-
tion from the source. Different relaying protocols discussed in the literature [36, 40, 101]
are classified as follows:

a) Decode and Forward (DF) Relaying

This relaying protocol is also known as regenerative transmission protocol, since here the
relay acts as intelligent repeater and decodes the receivedsignal sent by the source in first
time slot or first transmission phase. This decoding removesthe effect of noise present at
the receiver. The relay retransmits the signal towards the destination, after re-encoding the
signal in second transmission phase. The destination combines the both versions of the
same signal and tries to extract the information sent by the source. However, if the channel
conditions on the source relay link is not good, it is not possible for the relay to decode the
received information without errors. Therefore the performance of DF protocol is limited
by this error propagation phenomena.

In order to deal with this issue, it has been considered that the relays should help the
source only if, they can decode its transmitted signal perfectly [107]. The number of er-
rors can be checked at the relay, using cyclic redundancy check (CRC), and the resulting
protocol is named as adaptive DF [108]. In other words, the signal is forwarded to des-
tination by only those relays where the received SNR at the relay is higher than a certain
threshold. Since there are many relays in a cellular network, its always better to select a
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relay that provides best performance. Hence an opportunistic DF relaying protocol is in-
troduced in [66], where best relay is selected that maximizes the end to end channel gain.
In some other works such as [109–111], the assumption of perfect detection at relay is
relaxed and the resulting protocol is named as fixed DF. Here the relay always retransmits
the information towards the destination, after performingdecoding.

b) Amplify and Forward (AF) Relaying

Using this non-regenerative transmission protocol proposed by [36], the relay behaves like
the traditional analog repeaters. For instance, during first time slot source transmits data
towards destination. Relay also listens to the transmission due to broadcast nature of wire-
less medium. Afterwards, the relay amplifies the noisy version of transmitted source signal
without performing any kind of decoding. The received signal is multiplied by an amplify-
ing gain [101], and re-transmitted to the destination. Since the relay does not perform any
kind of decoding, this transmission protocol has reduced hardware complexity. The main
disadvantage of this method is that the noise present in the received signal at the relay also
gets amplified. However, the relay cooperation provides twoindependent versions of the
same signal to the destination, that can be combined to achieve a maximum diversity order
of two in this case [36].

b) Hybrid AF and DF Relaying

There are many variants of AF and DF relaying considered in the literature. For instance,
a hybrid scheme of adaptive DF and AF protocols has been proposed for OFDM systems,
where a better protocol is used on each subcarrier dependingupon the channel state in-
formation on the links [112]. Similarly another hybrid scheme combining the fixed DF
and AF protocols have been introduced in [113]. Here the relay performs the soft decision
decoding and forwards the information about signal reliability towards the destination. In-
stead of remaining silent during second phase of adaptive DFtransmission, the relay can
amplify the received signal using AF protocol and can forward the data towards the des-
tination. This protocol is known as hybrid decode-amplify-forward (HDAF) as described
in [108] and improves the performance of adaptive DF protocol using AF protocol, when
the relay cannot decode the received signal. The AF protocolused here can be further sub-
divided into two categories depending upon the availability of channel state information
(CSI) or not. If the CSI is available, it is known as CSI-assisted AF, otherwise it is called
as semi-blind AF [108]. The performance of former in terms ofsymbol error probability
is better than the latter, however has increased complexity[108].

c) Selection Relaying

Selection relaying helps in improving the performance of AFor DF relaying by adaptively
choosing between the direct transmission path and the relaypath in the second transmis-
sion phase. Unlike adaptive DF where both source and relay remain silent in second trans-
mission phase, here either source or the relay transmits in the second transmission phase
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depending upon the channel gain on the source-relay link. Therefore, if the source-relay
channel gain is larger than a certain threshold, the relay retransmits the information in the
second time slot or phase, using AF or DF protocol. On the other hand, the source retrans-
mits the information, if the source-relay channel gain is below a certain threshold. This
method offers diversity order of two in case of three node cooperative transmission [101].
However, the channel state information must be known at the receiver, in order to use this
protocol. Moreover, relay needs to acknowledge the source by sending a bit message, that
it is transmitting or not in the second transmission phase. In addition, it is not clear if
its advantageous to use relay transmission or user transmission even if source-relay link
has channel gain above a certain threshold. This is because the channel gain on source-
destination link and relay-destination link is not known before the retransmission towards
the destination.

[42] proposes a scheme based on coded cooperation that can beconsidered as variation
of selection decode-and-forward. In this scheme, two sources send their data towards the
destination, in such a way that they provide help to each other. Here the data for each source
is divided into two parts. First part is transmitted by the source itself, while the second part
is transmitted by its partner. In the first transmission phase both sources transmit the first
part towards the destination and also listens to each other’s transmission. If a partner is
able to decode the first part correctly, then it generates thesecond part of its partner’s data
and transmit it towards the destination. Otherwise it retransmits, its own second part in the
second transmission phase. Cyclic redundancy check can be used to calculate the number
of errors at each relay or source in this case. Here the partners do not have to acknowledge
each other about the content of their transmissions in the second phase. Moreover, this
scheme prevents the transmission of erroneous data in the second phase and hence reduces
the degradation in the performance due to the error propagation phenomena in DF schemes.

d) Incremental Relaying

This scheme is suitable for high data rate transmission as ittries to avoid the variations of
repetition coding, performed in above mentioned schemes. This protocol helps in making
the transmissions more efficient and has some resemblance with automatic repeat request
(ARQ) as well [101]. Here destination decodes the direct transmitted signal during the first
transmission phase and acknowledges relay if there is any error in the received message,
for instance using cyclic redundancy check. If there is no error, the destination sends a one
bit message to source and relay, telling the source to transmit second message. Otherwise
relay forwards the received data towards destination in second transmission phase. Then
destination combines direct and relayed signal for decoding.

2.2.2 Uplink and Downlink Cooperative Transmissions

Relaying can be helpful in both uplink and downlink transmissions. For instance, consider-
ing a set of fixed relays in a cellular network, users can communicate with the base station
with the help of relays. Since multiple users share a common relay, the cooperative relay-
ing in the uplink of cellular systems is also known as multiple access relay channel [49].
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Figure 2.2: Uplink cooperative transmission with two users, one relay and one base station.

These relays are intended to help nearby mobile users to forward their messages toward
the base station.

Figure 2.2 illustrates the uplink scenario in case of two mobile users sharing one relay
station to communicate with the base station. Here, it is assumed that the three transmitting
nodes (two users and relay in uplink case) are using orthogonal channels (can be achieved
by time, frequency or code division). Considering that the relays operate in half duplex
mode, i.e. the relay cannot transmit and receive at the same time, the cooperative trans-
mission is achieved in two phases [36] for each user. In the first phase, each mobile user
transmits its own information data on orthogonal channels.The relay receives and decodes
the data of the mobile users. In the second phase, the relay station forwards the user data
on orthogonal channels as well. The base station receives both the original data (from the
direct links) and the relayed signals, and combine them to decode the user information.
This gives a diversity gain of order2 for each user as the direct and relayed signals reach
the base station via independently fading channels. When time division is employed as
orthogonal access method, the transmission phases requirea total of four time slots, two
time slots for the first phase and two time slots for the secondphase.

Similarly, the downlink transmission is also performed in two phases for each user as
illustrated in Fig. 2.3. In the first phase, the base station transmits the data to the mobile
users on the orthogonal channels. Due to the broadcast nature of wireless medium, these
transmissions are also received by the relay and decoding isperformed. In the second
transmission phase, the relay transmits the correspondingdata to each mobile user on the
orthogonal channel. Then both users combine the respectivebase station transmission and
the relay transmission, in order to extract the transmittedinformation. Assuming indepen-
dent fading channels for the base station and the relay transmission, maximum diversity
order of2 can be achieved for each user. Since orthogonal channels areused by all the
transmissions, both transmission phases require a total offour time slots, similar to the
uplink transmission.

Cooperative relaying makes it possible for users far away from the base station to
reach the base station and to achieve its required quality ofservice. However, due to
the orthogonal operation of the cooperation process or the half duplex operation of the
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Figure 2.3: Downlink cooperative transmission with two users, one relay and one base
station.

relays, the spectral efficiency of cellular relaying is reduced by half as compared to direct
link transmissions. One way to improve the situation is to use full duplex relays, that
transmit or receive at the same time or frequency. However, due to the problems in self
interference cancelation, such relays are difficult to design [114]. The reduction in spectral
efficiency using orthogonal transmissions can be dealt in a special case where we have
two way or bidirectional relaying [114]. That is, both the users want to send the data
to each other using a relay. Here the both users can transmit the data simultaneously to
the relay in first time slot. Then any relaying protocol such as AF or DF relaying can
be used and the relay forwards the received signals to both users in the second time slot.
Since both users know their own transmissions, they can cancel out the interference and
extract the data sent by their partner. This strategy was proposed by [114] to compensate
the loss of spectral efficiency due to half duplex operation of the relay and received much
attention in different works [55,115,116]. However, in most of the cases there is only one
way relaying in the cellular networks, that is there is either an uplink transmission or a
downlink transmission. Moreover, as the number of fixed relays are usually less than the
number of users within the cell, entertaining one user per relay makes cooperative relaying
a queue limited system [48]. Under these circumstances, it may be useful to impart the
relays with the capability of combining multiple transmissions together and sending them
as a single transmission, in order to improve the throughputof the system.

2.3 Cellular/Relay Systems with Network Coding

Network coding has been introduced by [45], in order to improve the throughput in wired
networks by performing some processing on received packetsat the intermediate nodes.
This technique combines the received packets at intermediate nodes, so that these com-
bined packets are transmitted to all the recipients insteadof forwarding each packet indi-
vidually. Butterfly network [117] shown in Fig. 2.4 is the most common example to illus-
trate the significance of network coding. Here the sourcesT1 andT2 need to transmit their
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Figure 2.4: Network coding in Butterfly network

respective massages to both destinationsR1 andR2. Without network coding the middle
link limits the throughput as only one stream can pass through at a time, i.e. either fromT1

or T2. However using network coding both streams can be combined using bit-wise XOR
coding as illustrated in this example. Hence data for both sources passes through the single
link simultaneously improving the overall throughput of the system. Most of the initial
work on network coding assumes fixed transmitters and receivers with static traffic flows
etc. However, researchers have soon realized that the broadcast nature of wireless channel
makes network coding quite favorable candidate for combining the signals at nodes.

The situation described in Fig. 2.2 can be improved using network coding at the relay.
This has been illustrated in Fig. 2.5, by considering two user uplink scenario. It is quite
obvious that network coding helps in reducing number of transmissions in this scenario.
For instance, in the first transmission user 1 sends its data towards the base station. During
the second transmission user 2 sends its data towards the base station. These two transmis-
sions are listened by the relay and relay combines the two transmissions depending upon
the network coding protocol used at the relay. A simple combining method based on bit
wise exclusive OR (XOR) of both signals is considered as an example in Fig. 2.5. The
combined data is then sent towards the base station in the third transmission. The base
station combines the three received signals, i.e. two direct signals and one network coded
signal, in order to detect the two user signals. Since the network coded signal contains in-
formation for both users, signal for each user reaches the base station via two independent
paths.

Consequently, using three transmissions, diversity orderup to two can be achieved
as illustrated in [48]. Therefore network coding operationreduces the number of trans-
missions by one transmission as compared to the conventional cellular relaying scenario
depicted in Fig. 2.2. Therefore, throughput in cellular relaying or MARC can be improved
by using network coding. On the other hand, if we fix the allowed number of transmissions
from relays to one in case of conventional cellular relaying, it is not possible to achieve full
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Figure 2.5: Cellular/Relay system with network coding in uplink transmission scenario.

diversity gain for the both users. This is because they have to share a single relay transmis-
sion [58].

Analogous to the uplink transmission scenario, network coding can be used at the relay
in the downlink transmission as well. The cooperative scenario for downlink transmission
in case of two users, single relay and a base station is illustrated in Fig. 2.6. Here in the first
transmission, the base station transmits the data towards user 1, which is listened by the
relay and the user 2 as well. In transmission 2, the base station sends the data towards user
two and it is again received by the relay and the user 1. The relay performs the decoding of
both transmissions and combine them depending upon the network coding protocol. In the
third transmission slot the relay send the network coded signal to both users. Since each
user receives three signals, a diversity order of2 can be achieved by combining these there
signals at the receiver. Although, here Fig. 2.6 illustrates the case of downlink transmission
for two different users, the same scheme can be used for a single user by combining its two
or multiple packets at the relay.

Figure 2.5 illustrates the case of two mobile users and one fixed relay as an example.
However, in a more general cellular network, with a large number of users and multiple
relays per cell, the multiple access relay channel for instance, can be made more reliable.
Here, the access scheme is the same as described earlier. Forinstance, each user still
transmits its own information data in the first phase on orthogonal channels achieved by
time-division. However, in the second phase, a singlebest relay is selected from the mul-
tiple relay candidates within the cell to forward the network coded data of the cooperating
users to the base station. The best relay is the one that maximizes the worst instantaneous
channel conditions of the links from users to the relay and from the relay to the base sta-
tion. This opportunistic relay selection [66] improves thelink reliability of the cooperating
users within MARC and reduces error propagation at the relaynode.

Different network coding protocols have been described andstudied in the literature.
These network coding protocols can be classified as digital network coding and analog
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Figure 2.6: Cellular/Relay system with network coding in downlink transmission scenario.

network coding (or physical network coding).

2.3.1 Digital Network Coding

Digital network coding at the relay is performed at the packet level. Packets received from
the cooperating users are first decoded and combined using bitwise XOR operation or us-
ing any other combining method. This implies that the used relays need to have decoding
capability, so that they can decode the signal sent by users and combine these signals using
network coding operation. Therefore, decode-and-forwardrelays are required to perform
digital network coding at the relay node. The main advantageof this method is the use
of orthogonal access methods. This does not allow user transmissions to interfere with
each other. It also gives the possibility of interaction, between channel coding used by
the cooperating users and network coding. This interactionopens the door for designing
efficient network coding schemes and efficient decoding algorithms at the base station re-
ceiver. However, as mentioned earlier, digital network coding requires three transmissions
as compared to two transmissions for the non-cooperating case.

2.3.2 Analog Network Coding

Analog network coding or physical-layer network coding at relay is done on signal level.
This scheme allows mobile users to transmit at the same time in the first phase, and some
smart physical layer techniques transform the superposition of the electromagnetic waves
into an equivalent network coding operation that mixes the user signals in the air. It implies
that instead of performing bitwise XOR operation as in case of digital network coding, this
protocol allows to interfere two analog transmissions sentby users simultaneously. Here,
network coding is created on the electromagnetic waves in the air rather than in baseband
(at the bit level). Depending upon the relaying protocol (AFor DF) used at the relay station,
the combined signal is sent to base station in second transmission slot. Therefore, with the
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time-division multiple access, this network coding protocol requires only two transmission
slots as compared to three time slots in the case of digital network coding.

When a DF relay is used, the simultaneously received signalsare mapped into a new
signal recognizable by base station, through a mapping thatcombines the two mapping of
the different symbols of the users as described in [115, 118]. This mapping represents the
joint symbols of the two combined signals and does not mean that each user is decoded
separately. This method has the advantage of preventing noise amplification at the relay
node but it has the obvious drawback of error propagation andthe ambiguity between sym-
bols especially for high-level modulation. It also requires perfect synchronization between
the user signal which is quite difficult to achieve especially in fading multi-path channels.

When an AF relay is used, then it simply amplifies the simultaneously received signals
and forwards the data towards base station. This method is attractive due to its simplic-
ity and does not require synchronization between the cooperating user signals. However,
the inherent drawback of this scheme appears in possible noise amplification due to the
amplification of the received at the AF relays.

In general, there is a tradeoff between required number of transmissions and generated
interference while using different network coding protocols at relay.

2.4 Summary

In this chapter we have described the importance of cooperative communications in cellular
networks. A brief review of characteristics of the wirelesschannel is also included, that can
be helpful in understanding the propagation models used in the rest of monograph. The
knowledge of these channel impairments also highlights thesignificance of cooperative
communication in dealing with these impairments. Different relaying protocols, discussed
in the literature are also summarized. How the cooperative communications can be realized
in both uplink and downlink scenarios has been described. The importance of network
coding in uplink multiple access relay channels and the downlink scenarios is highlighted.
It became obvious, that the network coding is helpful in improving the spectral efficiency,
in cellular relaying systems. It has been observed that a lotof research work has been
done in investigating the diversity gains, obtained due to the relay assistance in the cellular
systems. Since network coding helps in utilizing the network resources efficiently, it would
be interesting to see, how the link performance is effected by using network coding in the
cooperative relaying scenarios. Any improvements in link performance can be translated
into corresponding reduction in transmission power at the nodes.

In addition to the reduction in transmission energy, the cooperation between the nodes
can also be exploited to improve the over all energy consumption in the cellular network.
Therefore the rest of the monograph deals with the issue of power efficiency, considering
the improvements at both the link level and the system level.The first part of the thesis
only deals with the improvement in link performance and herean uplink transmission
scenario with network coding at the relay is considered as anexample. The results are
also valid for the downlink transmission as well. Special emphasis is given on analyzing
different factors that can make links more reliable. In thisregard, the role of network
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coding scheme at the relay, choice of detection scheme at thereceiver and augmented
signal formed at the receiver have great importance. In the second part of the thesis, various
approaches are considered using downlink transmission scenario to improve the over all
energy consumption in a cellular relaying system.





Part I

Link Reliability in Cooperative
Communications
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Chapter 3

Link Performance in Cooperative
Relaying

Cooperative communication between the nodes, takes advantage of broadcast nature of
wireless channel and multiple copies of same signal can be sent to the destination. These
copies could either be the attenuated replicas of the original transmitted signal or a function
of it. It depends upon the processing of the signal at the intermediate relaying nodes. The
multiple copies received at the destination, can be combined together in different ways
for performing the detection of the transmitted signal. Therefore, cooperation between
the nodes helps in achieving the diversity gain and performance of the links can be im-
proved. Instead of just forwarding the received information, the relays have the possibility
to combine different signals together by network coding operation and send them as a sin-
gle transmission. This can help in improving the throughputof the system. Again, the
receiver can combine the original transmitted signals and the relayed signal together in or-
der to perform the detection. Different detection methods can be used at the receiver in this
case. How these methods affect the signal reliability on thelinks is an important question
to be addressed. Hence this chapter is mainly targeted to evaluate the error performance
of users in network coded cooperative relaying scenarios. Different factors influencing the
evaluation are discussed in detail. Both analytical and simulation approach is used for this
purpose.

Outline of the chapter is as follows: Section 3.1 describes the system model used
throughout the chapter. Section 3.2 illustrates differentdetection schemes used at the re-
ceiver. The performance and complexity of these schemes arediscussed in section 3.3 and
section 3.4 respectively. It is discussed in section 3.5, how the non ideal channel on the
user-relay links affects the error performance of the users. Section 3.6 describes how user
grouping at the relay affects the signal reliability on the links. Finally section 3.7 provides
the summary of results.

41
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Figure 3.1: Two user uplink transmission scenario for network coded cooperative relaying

3.1 System Model

Figure 3.1 illustrates the system model used in our analysis. Here we consider an uplink
transmission scenario with time division multiple access,where three different nodes (two
users and a relay) are transmitting their data towards the base station. The general structure
for transmitters at each node is illustrated in Fig. 3.1. Different operations such as modula-
tion, demodulation and network coding have been illustrated by MOD, DEMOD and NC
blocks respectively.

Dashed lines between different nodes refer to the wireless transmission of the data. The
effects of channel fading (small scale) and noise are excluded from the figure for clarity,
however they are part of the analysis. It is well known, that the orthogonal frequency
division multiplexing divides a broadband signal into low rate narrow band signals. This
technique uses time guard band to enable each subcarrier to experience flat fading instead
of frequency selective fading. Therefore, our model assumes flat Rayleigh fading channel
between different nodes, in the absence of strong line of sight (LOS) component.

The common receiver in this uplink scenario is shown as a black box in Fig. 3.1. It’s
structure depends upon the scheme used for detecting the transmitted signals. Therefore,
details are described in the later sections while discussing each detection scheme.

Transmission is performed in three equal time slots. Each node transmits the modulated
symbolsi in its respective time slot. For instance, in the first two time slots each user
transmits its own symbol towards the base station. In Fig. 3.1, (m1,m2) denotes the set of
un-coded (no channel coding) transmitted user symbols in the bit domain. These symbols
are then modulated using any linear modulation scheme to generate the modulated symbol
pair (s1, s2). Relay also listens to the transmissions, performed by the users. It decodes
the received signals from users and combine these signals using bitwise XOR operation.
The resulting network coded symbol is represented bym3. After performing modulation,
the relay transmits the network coded symbols3 towards the base station in the third time
slot.

In order to simplify the model further, it is assumed that users are close to relay station.
Hence the link between each user and relay station is assumedto be error free. This is
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rather an optimistic assumption. However, it can be considered that the relay can decide
by itself about the correctness of decoded data and refrain from transmitting the data to
the base station in case of errors [66,107]. Similar assumption is considered in [58,59] as
well.

Now assuming Rayleigh fading channel for each link, the received signal sample for
link i at the base station can be written as follows:

yi = hisi + zi, i = 1, 2, 3 (3.1)

whereyi is the received signal sample andsi is the transmitted symbol on linki with
E{|si|2} = Ei. E{.} denotes the expected or average value of{.} andEi is the average
energy per transmitted symbol at linki. The coefficienthi denotes the complex multiplica-
tive channel gain as defined in (2.21). The channel gainhi is assumed to be constant during
each symbol interval. The samplezi is the zero mean complex Gaussian noise experienced
by link i during the symbol interval, at the base station. All thezi are uncorrelated with
each other and have double sided power spectral density denoted byN0/2.

The three received signal samples at the receiver, are used to detect the two symbols
transmitted by the users. Here it is assumed that the perfectchannel state information (CSI)
is available at the receiver. The set of detected symbols at the destination are illustrated as
(m̂1, m̂2) in Fig. 3.1.

As network coding combines multiple symbols and receiver makes the decision on the
basis of all the received symbols, hence signal reliabilityon the links is coupled together
with each other. Therefore, error performance of each user depends upon the signal-to-
noise (SNR) on all the three links. Since different combinations of SNR is possible on the
links, an analytical frame work will be quite helpful in predicting the error performance
of the cooperating nodes. Moreover, as more than one link is involved in the detection, it
provides us an opportunity to combine these links in different ways. This observation leads
us to look at different detection schemes, that can be used atthe receiver.

3.2 Performance of Different Detection Schemes

This section looks at the performance of different detection methods for the two user uplink
scenario, described in the system model. These methods include joint detection, selection-
and-soft combining and selection-and-hard combining. Some of these methods are used
in literature [48, 119] implicitly, and their performance has not been compared. Here the
closed form expressions for the bit error probability of theusers, for each detection scheme
are derived. These expressions are also used to compare the performance of these schemes.

3.2.1 Joint Detection

Joint detection based on the maximum likelihood (ML) criterion, is an optimal method [70,
p. 397] used for detection. It takes into account all the three received signals simultane-
ously, in order to make decision about the messages sent by both users as shown in Fig. 3.2.
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Figure 3.2: Block diagram for receiver structure in case of joint detection scheme

For instance, assuming perfect CSI at the base station, the receiver computes the metric us-
ing the received samples in (3.1), as follows

C(m̂1, m̂2) = |y1 − h1ŝ1|2 + |y2 − h2ŝ2|2 + |y3 − h3ŝ3|2 . (3.2)

whereŝi represent all possible estimates of the symbolsi. The receiver chooses the set
of symbols{ŝ1, ŝ2, ŝ3} that have minimum metric. Then the selected pair of the symbols
{ŝ1, ŝ2}, is declared as an estimate of the transmitted symbols of user 1 & 2. An error
event occurs at the receiver, if the selected symbol pairŝ = {ŝ1, ŝ2} is different from the
transmitted symbol pairs = {s1, s2}.

For a given fading channel observationh = {h1, h2, h3} and assuming uncorrelated
links, the conditional pairwise error probability for thiserror event is computed in Ap-
pendix. A. The derived expression can be written as follows:

P2(s → ŝ |h) = Q





√
∑3

i=1 Γiδi

2



 (3.3)

whereδi andΓi are defined as

δi =
|si − ŝi|2

Ei
, and Γi =

|hi|2 Ei

N0
.

The random variableΓi represents the instantaneous received SNR on linki. In case of
Rayleigh fading channel, the probability density function(pdf) and cumulative distribution
function (cdf) ofΓi can be written [70, p. 255] as

fi(γ) =
1

γi
e

− γ
γi , γ ≥ 0,

Fi(γ) = 1 − e
− γ

γi . (3.4)
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respectively1, where

γi = E{Γi} =
2σ2Ei

N0

is the average received SNR on linki andσ2 is the variance of real and imaginary part of
the complex channel coefficienthi.

The pdf ofΓi in (3.4) is needed to determine the pdf of the argument of theQ-function
in (3.3). The expression in (3.3) can then be averaged over the obtained pdf to compute the
pairwise error probability, as illustrated in Appendix. A.

Considering that the wrong detection at the receiver results into errors in all the three
symbols(s1, s2, s3), then the expression obtained for the pairwise error probability can be
written as follows:

P2(s → ŝ) =
1 −

√
γ1

γ1+4/δ1

2
(

γ2δ2

γ1δ1
− 1
)(

γ3δ3

γ1δ1
− 1
)

+
1 −

√
γ2

γ2+4/δ2

2
(

γ1δ1

γ2δ2
− 1
)(

γ3δ3

γ2δ2
− 1
) +

1 −
√

γ3

γ3+4/δ3

2
(

γ1δ1

γ3δ3
− 1
)(

γ2δ2

γ3δ3
− 1
) . (3.5)

It is also possible that only two of the three symbols are wrongly detected. For instance,
considering that the relay symbol is correctly detected then the pairwise error probability
in (3.5) reduces to

P2(s → ŝ) =
γ1δ1

(

1 −
√

γ1

γ1+4/δ1

)

− γ2δ2

(

1 −
√

γ2

γ2+4/δ2

)

2 (γ1δ1 − γ2δ2)
. (3.6)

Similarly, if the symbols of userk and relay are wrongly detected, the expression for the
pairwise error probability can be written as follows:

P2(s → ŝ) =
γkδk

(

1 −
√

γk

γk+4/δk

)

− γ3δ3

(

1 −
√

γ3

γ3+4/δ3

)

2 (γkδk − γ3δ3)
. (3.7)

The pairwise error probability expressions from (3.5) to (3.7), represent different cases that
are possible in case of XOR based network coding at the relay.

By using the union bound technique [70, p. 202], the expression for the conditional
error probability for a particular symbol pairs = {s1, s2} can be written as follows:

P (E |s ) ≤
∑

s6=ŝ

P2(s → ŝ) (3.8)

1fΓi
(γ) andFΓi

(γ) are represented byfi(γ) andFi(γ) respectively, in order to avoid too many symbols
in subscript.
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whereP (E |s) denotes the probability that the received vector{y1, y2, y3} does not lie
in the decision region fors = {s1, s2}. Moreover, depending upon the number of errors
in the detected set of symbolŝs = {ŝ1, ŝ2}, theP2(s → ŝ) can be calculated using any
expression from (3.5) to (3.7).

If the conditional error probability is required only for a particular user symbol (for
instance, in case of user 1 ors1 here), the expression in (3.8) can be modified as follows:

P (1)(E |s ) ≤
∑

(s1 6=ŝ1),(ŝ2)

P2(s → ŝ). (3.9)

The expression for the average symbol error probability of user 1 can be obtained by aver-
aging (3.9) over all possible symbol pairs as follows:

P (1)
s =

∑

s1,s2

P (s1)P (s2)P (1)(E |s ) (3.10)

≤
∑

s1,s2

∑

(s1 6=ŝ1),(ŝ2)

P (s1)P (s2)P2(s → ŝ) (3.11)

whereP (s1) andP (s2) denotes the probability of transmitting the two independent sym-
bolss1 ands2 respectively. For equally likely transmitted symbols these probabilities can
be expressed as

P (s1) = P (s2) =
1

M
=

1

2m
(3.12)

whereM represents the level of the modulation scheme used at the nodes andm is the
number of bits per symbol.

Therefore, representing the symbol pair bys = {sj, sk}, the expression for the average
bit error probability can be obtained for a particular userk as follows:

P
(k)
b ≤ 1

M2 log2(M)

∑

sj ,sk

∑

(sk 6=ŝk),(ŝj)

P2(s → ŝ). (3.13)

Now let us consider an illustrative example in order to highlight the significance of this
expression.

Example

Considering binary phase shift keying (BPSK) at the nodes, different sets of transmitted
symbols are illustrated in Table. 3.1. Based on the distancemetric in (3.2), the receiver
selects one of these four possible sets i.e.S00, S01, S10 andS11.

Different error events can also be illustrated using Table.3.1. For instance, let us
consider that the transmitted symbol setS00 is transmitted. Then an error event will occur,
if the receiver selects any of the three sets i.e.S01 , S10 andS11. It is also interesting to
observe, that in each case, two out of three received symbolswill be in error.
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Table 3.1: Possible sets of transmitted symbols in case of XOR based network coding,
using BPSK

Symbol Set User 1 User 2 Relay
S00 0 0 0

S01 0 1 1

S10 1 0 1

S11 1 1 0

For computing the average bit error probability of userk in (3.13), the value ofP2(s →
ŝ) has to be computed for each possible error event. For that, the values ofδi are needed.
In case of BPSK modulation,δi can be calculated using its definition in (3.3) as follows:

δi =
|Ei − (−Ei)|2

Ei
= 4. (3.14)

Similar expressions can be calculated for any other modulation scheme. Using these values
of δi, the expression for the average bit error probability of user k can be written as,

P
(k)
b ≤ φk3 + φ12 (3.15)

where

φmn =







γm(1−
√

γm
1+γm

)−γn(1−
√

γn
1+γn

)
2(γm−γn) , γm 6= γn

1
2 − 1

2

(

1 + 1
2(1+γm)

)√
γm

1+γm
, γm = γn

It is observed from (3.15) that the performance of each user is affected by all the three
links in the network coded cooperative relaying scenario.

In order to illustrate the diversity gain obtained from joint detection, Chernoff bounds
can be used to compute the expression for pairwise error probability. Therefore, theQ-
function in (3.3) can be approximated [76,120] as,

Q(x) ≤ 1

2
e(− x2

2 ). (3.16)

Using above approximation, the expression in (3.3) can be written as:

P2(s → ŝ |h ) ≤ 1

2
e

−

(∑3

i=1
Γiδi

4

)

. (3.17)

Now integrating (3.17) over the respective pdf’s ofΓi, the expression for the pairwise error
probability can be obtained as

P2(s → ŝ) ≤ 1

2

3∏

i=1

(

1

1 + γiδi

4

)

. (3.18)
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This expression can be used in (3.13), to obtain the upper bound on average bit error
probability for userk in case of BPSK as follows:

P
(k)
b ≤ 1

2 (1 + γk) (1 + γ3)
+

1

2 (1 + γ1) (1 + γ2)
(3.19)

It is obvious from above expression, that at high SNR on the links a diversity gain of order
2 can be achieved which is consistent with the results in [48]. It is also observed, that if
one of the links fails (i.e.γi 7→ 0) the order of this diversity gain reduces to one.

Now let us analyze the tightness of our analytical expressions by comparing it with the
simulation results. A normalized Rayleigh fading channel,havingE{|hi|2} = 2σ2 = 1 is
assumed on each link in the results. Figure 3.3 illustrates the average bit error probability of
the users over Rayleigh fading channels. Two different combinations of SNRs at the nodes,
are considered as an example. For simplicity, the same average received SNR is assumed
for both users in each case. This corresponds to the same average bit error probability for
the users. It is obvious from Fig. 3.3 that the analytical upper bound calculated by using
(3.15), fits with the simulation results quite well and a diversity gain of order two can be
achieved. The tightness of the derived expressions is verified for the other combinations of
SNR’s on the links as well. Therefore, these expressions canbe safely used to assess the
performance of the joint detection scheme, eliminating theneed for performing computer
simulations.
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Figure 3.4: Block diagram illustrating the receiver structure for SSC scheme. Here user 1
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3.2.2 Selection and Soft Combining

This detection method, known as selection and soft combining (SSC) has been described
in [119]. The corresponding receiver structure for this scheme is illustrated in Fig. 3.4.
Here the receiver classifies the users based on their instantaneous channel conditions. For
instance, user having better SNR is termed as strong user, while the other is considered as
weak user. Then the detection is performed in two steps. In the first step, the strong user is
detected using the direct link. In the second step, the weak user is detected using its direct
link and the relay signal, based on the knowledge of the detected strong symbol.

For instance, the receiver detects the strong symbolss using the following metric

C1(m̂s) = |ys − hsŝs|2 (3.20)

where

ys =

{

y1, if Γ1 > Γ2

y2, if Γ2 ≥ Γ1.

Here ŝs represents all the different possibilities for detected strong symbol. Therefore,
based on the decision made by the receiver, the detected strong symbol is represented by
s̃s. With the knowledge of̃ss, detected in (3.20), the weak symbolsw is detected based on
minimizing the following metric

C2(m̂w) = |yw − hw ŝw|2 + |y3 − h3ŝ3|2

= |yw − hw ŝw|2 + |y3 − h3 (s̃s ⊕ ŝw)|2 (3.21)

where

yw =

{

y1, if Γ1 ≤ Γ2

y2, if Γ2 < Γ1.
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It is obvious from the expressions of the two metrics,C1(m̂s) andC2(m̂w), that the strong
user takes advantage of the good link quality while the weak user takes advantage of diver-
sity obtained from relay and direct link.

Since userk can be strong or weak user, denoting the error probability ofthe strong
user byPstrongand representing the error probability of the weak user byPweak, the pairwise
error probability of userk can be written as follows:

P
(k)
2 (s → ŝ) = αkPstrong+ (1 − αk)Pweak, k = 1, 2 (3.22)

where

α1 = Pr (Γ1 > Γ2) (3.23)

α2 = 1 − α1 = Pr (Γ2 ≥ Γ1) . (3.24)

Based on the detection method, the strong user is detected using its direct link only. There-
fore the conditional error event probability for the stronguser can be written as follows:

Pstrong{E |Γmax } = Q

(√

Γmaxδs

2

)

(3.25)

where

Γmax = max {Γ1,Γ2} , and δs =
|ss − ŝs|2

Es
.

In case of Rayleigh fading channels with uncorrelated channel coefficients, the pdf for
Γmax, can be written as follows [121, p. 175]

fmax(γ) = f1(γ)F2(γ) + f2(γ)F1(γ), (3.26)

wheref1(γ), f2(γ), F1(γ) andF2(γ) are as defined in (3.4). The error event probability
of the strong user can therefore be obtained by averaging theexpression in (3.25) over the
pdf in (3.26) and is written as

P strong =
1

2

(

1 −
√

γ1

4/δs + γ1
−
√

γ2

4/δs + γ2
+

√

γ1γ2δ2
s

4γ1δs + 4γ2δs + γ1γ2δ2
s

)

.

(3.27)

Using s̃s, the estimated symbol of the strong user, the conditional error event probability
for the weak user can be written as (as computed in Appendix. A)

P weak{E |Γmin,Γ3 } = Q







Γminδw + Γ3

E3

(

|s3 − s̃s ⊕ ŝw|2 − |s3 − s̃s ⊕ sw|2
)

√

2
(

Γminδw + Γ3

E3
|s̃s ⊕ sw − s̃s ⊕ ŝw|2

)







(3.28)
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where

Γmin = min {Γ1,Γ2} , and δw =
|sw − ŝw|2

Ew
.

In above expressions3 = ss ⊕ sw, andŝw represents all possible estimates of the symbol
sw. It is obvious from the expression in (3.28) that the error inthe first stage (i.e. error
in s̃s) will deteriorate the error probability of the weak user. For instance, it is possible
that due to error propagation, we obtain|s3 − s̃s ⊕ ŝw|2 < |s3 − s̃s ⊕ sw|2 in (3.28),
that results into an argument ofQ-function having negative value. The negative value of
argument ofQ-function consequently, makes thePweak larger than 0.5.

Assuming uncorrelated Rayleigh fading channels, the pdf [121, p. 175] forΓmin can
be written as follows

fmin(γ) = f1(γ)[1 − F2(γ)] + f2(γ)[1 − F1(γ)], (3.29)

wheref1(γ), f2(γ), F1(γ) andF2(γ) are as defined in (3.4).
Averaging (3.28) over the probability density function in (3.29), the error event proba-

bility for the weak user can be written as follows

P weak =







≤ 1, EP

γeδw

(
1−
√

γe
4/δw+γe

)
−γ3δ̃3

(

1−
√

γ3
4/δ̃3+γ3

)

2(γeδw−γ3δ̃3)
, No EP

(3.30)

where

δ̃3 =
|s3 − s̃s ⊕ ŝw|2

E3
, and γe =

γ1γ2

γ1 + γ2

and EP stands for error propagation.
SincePweakdepends upon the error propagation from strong symbol, hence the pairwise

error probability of userk given in (3.22) can be modified using (3.30) as follows:

P
(k)
2 (s → ŝ) ≤ αkP strong+ (1 − αk) [(1 − P strong)

×







γeδw

(

1 −
√

γe

4/δw+γe

)

− γ3δ̃3

(

1 −
√

γ3

4/δ̃3+γ3

)

2
(
γeδw − γ3δ̃3

)







+ P strong






. (3.31)

It means thatPweak in (3.22) is replaced by two terms, i.e. first indicating no error propa-
gation and second taking care of error propagation from strong symbol.

In case of error propagation term, the approximationP weak ≈ 1 is used. This approx-
imation is quite appropriate, especially when the average SNR on the links is low. For
instance, consider a case when userk is weak and there exist an error propagation from
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strong user. Then the value ofP weak is expected to be quite high and therefore it can be
approximated asP weak ≈ 1 in error propagation term. Therefore, this approximation does
not effect the accuracy of (3.31) at low average SNR values. However, at high SNR values
P strong will have very small value and thus it cancels out the effect of P weak ≈ 1 in the
error propagation term . This makes the expression of pairwise error probability in (3.31)
accurate at high average SNR values.

Similar to the joint detection scheme, the expression for the pairwise error probabil-
ity can be used to compute the average bit error probability of userk. However, in this
case each user is detected separately. Therefore the expression for the average bit error
probability of userk can be computed as follows,

P
(k)
b ≤ 1

M log2(M)

∑

sk

∑

sk 6=ŝk

P
(k)
2 (s → ŝ). (3.32)

Now let us compute the average bit error probability of the users, considering an illustrative
scenario as follows.

Example

Here BPSK is considered as a modulation scheme at the nodes. In order to compute the
average bit error probability, the values of pairwise errorprobability for different values
of sk in (3.32) has to be calculated first. For that, the values of all the δi in (3.31) are
required. In case of BPSK, these values areδs = 4, δw = 4 andδ̃3 = 4. Therefore, using
these values the upper bound on the average bit error probability for userk can be written
as follows:

P
(k)
b ≤ γk

γ1 + γ2
ψ +

(

1 − γk

γ1 + γ2

)

[(1 − ψ)

×






γe

(

1 −
√

γe

1+γe

)

− γ3

(

1 −
√

γ3

1+γ3

)

2 (γe − γ3)




+ ψ




 (3.33)

where

ψ =
1

2

(

1 −
√

γ1

1 + γ1
−
√

γ2

1 + γ2
+

√
γ1γ2

γ1 + γ2 + γ1γ2

)

. (3.34)

Now let us compare the average bit error probability of the users obtained by the above
expression with that of the simulation results. Similar to the joint detection scheme, two
different combinations of SNRs on the links are considered.However, results are veri-
fied for the other combinations as well. The comparison is illustrated in Fig. 3.5. It can
be observed that the analytical upper bounds fit quite nicelywith the simulation results.
Moreover, a diversity gain of order 2 can also be achieved in this case.
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Figure 3.5: Tightness of analytical bounds in case of selection and soft combining scheme.
Average bit error probability of the users as a function ofγ1 in Rayleigh fading channels.
Case 1:γ1 = γ2 = γ3, Case 2:γ3 = 20 dB, γ2 = γ1.

3.2.3 Selection and Hard Combining

The third detection scheme considered here is named as selection and hard combining
(SHC). The block diagram for the receiver structure is illustrated in Fig. 3.6. In this scheme,
the two stronger links are used to detect the transmitted symbols of the users. In the first
step, two links having the strongest SNR are detected directly. Then these hard values are
used to detect the symbols of both users.

For instance, the symbol for the first strongest linkss is detected based on the mini-
mization of the following metric,

Cs(m̂s) = |ys − hsŝs|2 (3.35)

where

ys =







y1, if Γ1 ≥ Γ2 ≥ Γ3 or Γ1 ≥ Γ3 ≥ Γ2

y2, if Γ2 ≥ Γ1 ≥ Γ3 or Γ2 ≥ Γ3 ≥ Γ1

y3, if Γ3 ≥ Γ1 ≥ Γ2 or Γ3 ≥ Γ2 ≥ Γ1

It is clear that the obtained symbolŝs is an estimate of any of the symbolss1, s2, or
s3 ≡ s1 ⊕s2 depending on the status of the links. Now the symbol for the second strongest
link sm is detected at the receiver using the following metric:

Cm(m̂m) = |ym − hmŝm|2 (3.36)
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m1

Selec on
m2

y1

y3

y2

DEMOD 

ND
m3

DEMOD 

DEMOD 

Figure 3.6: Block diagram illustrating the receiver structure for SHC scheme. Here user 1
is assumed to have the strongest link

where

ym =







y1, if Γ2 ≤ Γ1 ≤ Γ3 or Γ3 ≤ Γ1 ≤ Γ2

y2, if Γ1 ≤ Γ2 ≤ Γ3 or Γ3 ≤ Γ2 ≤ Γ1

y3, if Γ1 ≤ Γ3 ≤ Γ2 or Γ2 ≤ Γ3 ≤ Γ1

and again the detected symbolŝm is an estimate of any of the symbolss1, s2 or s3.
Using the two obtained symbols{ŝs, ŝm}, the user symbols{s1, s2}, can be obtained

either directly if relay link is the weakest link or via network decoding if the relay link is
the strongest or the second strongest. This implies that if both users have stronger links
than the relay link, the user symbols will be detected only onthe basis of direct links.
Otherwise the weakest user symbol is decoded based on symbols detected for the stronger
user and the relayed signal. Hence XOR based network decoding is performed using the
signals of the strong user and the relay for obtaining the symbols of the weakest user. In
this case a separate network decoding (ND) block is requiredat the receiver as shown in
Fig. 3.6. This detection scheme has lower complexity than the other two detection schemes
as it always ignores the weakest link during the detection.

Based on the above methodology, each link possesses one of the three possible SNR
states. The three states can be defined as strongest, middle,and weakest, based on their
instantaneous SNRs. Let us proceed now with the derivation of the error probability for
the users in this case. Here we assumePstrong, as the error probability when userk has
strongest link,Pmid as the error probability when userk has second strongest or middle
link andPweak as the error probability when userk has weakest link. The pairwise error
probability of userk can be written as follows:

P
(k)
2 (s → ŝ) = αkPstrong + βkPmid + (1 − αk − βk)Pweak, (3.37)

whereαk is the probability that userk is the strongest andβk is the probability that userk
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is the second strongest. For user1 we have

α1 = Pr {Γ1 > Γ2 > Γ3} + Pr {Γ1 > Γ3 > Γ2}

=
γ2

1γ2 (γ1 + γ3) + γ2
1γ3 (γ1 + γ2)

(γ1γ2 + γ2γ3 + γ3γ1) (γ1 + γ2) (γ1 + γ3)

(3.38)

and

β1 = Pr {Γ2 > Γ1 > Γ3} + Pr {Γ3 > Γ1 > Γ2}

=
γ2

2γ1 (γ1 + γ3) + γ2
3γ1 (γ1 + γ2)

(γ1γ2 + γ2γ3 + γ3γ1) (γ1 + γ2) (γ1 + γ3)
.

(3.39)

A simple replacement of subscripts from 1 to 2 and vice versa in (3.38) and (3.39) will give
α2 andβ2 for user 2. Moreover,Pstrong can be obtained as follows

Pstrong =

∫ +∞

0

Q

(√

Γsδs

2

)

fstrong(γ)dγ, (3.40)

where

Γs =
|hs|2 Es

N0
, and δs =

|ss − ŝs|2
Es

.

Considering uncorrelated Rayleigh fading channels, the pdf for Γs [121, p.175] can be
written as follows

fstrong(γ) = f1(γ)F2(γ)F3(γ) + f2(γ)F1(γ)F3(γ)

+ f3(γ)F1(γ)F2(γ), γ ≥ 0 (3.41)

wheref1(γ), f2(γ), f3(γ), F1(γ), F2(γ) andF3(γ) are as defined in (3.4).
SimilarlyPmid can be obtained as follows

Pmid =

∫ +∞

0

Q

(√

Γmδm

2

)

fmid(γ)dγ, (3.42)

where

Γm =
|hm|2 Em

N0
, and δm =

|sm − ŝm|2
Em

.

Considering uncorrelated Rayleigh fading channels, the pdf for Γm [121, p. 175] can be
written as follows

fmid(γ) = f1(γ)[F2(γ) (1 − F3(γ)) + F3(γ) (1 − F2(γ))]

+ f2(γ)[F1(γ) (1 − F3(γ)) + F3(γ) (1 − F1(γ))]

+ f3(γ)[F1(γ) (1 − F2(γ)) + F2(γ) (1 − F1(γ))], γ ≥ 0. (3.43)
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Using the expressions (3.41) and (3.43), in (3.40) and (3.42) respectively, and simplifying
we get

Pstrong =
1

2

(

1 −
3∑

k=1

√
γk

γk + 4/δ2
s

+

√
γ12

γ12 + 4/δ2
s

+

√
γ13

γ13 + 4/δ2
s

+

√
γ23

γ23 + 4/δ2
s

−
√

γ123

γ123 + 4/δ2
s

)

, (3.44)

Pmid =
1

2

(

1 −
√

γ12

γ12 + 4/δ2
m

−
√

γ13

γ13 + 4/δ2
m

−
√

γ23

γ23 + 4/δ2
m

+ 2

√
γ123

γ123 + 4/δ2
m

)

, (3.45)

where

γik =
γiγk

γi + γk
, γijk =

γiγjγk

γiγj + γiγk + γjγk
.

When the link is the weakest, an error will occur if and only ifan error has occurred in the
strongest or second strongest symbol. Hence, the error probability of the weakest link can
be written as follows:

Pweak = 1 − (1 − Pstrong) (1 − Pmid) − 1

(M − 1)
Pstrong × Pmid

= Pstrong + Pmid −
(

1 +
1

(M − 1)

)

Pstrong × Pmid (3.46)

where the third term in the first line represents the case whenboth the strongest and the
second strongest links are wrong but results into a correct decision after network decoding.
With the expression ofPweak, the pairwise error probability can be rewritten as

P
(k)
2 (s → ŝ) = αkPstrong + βkPmid + (1 − αk − βk) (Pstrong + Pmid

−
(

1 +
1

(M − 1)

)

Pstrong × Pmid

)

= (1 − βk)Pstrong + (1 − αk)Pmid

− (1 − αk − βk)

(

1 +
1

(M − 1)

)

Pstrong × Pmid. (3.47)

Since the both users are detected separately in this case as well, hence the expression for
the average bit error probability of userk is same as given in (3.32).
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Figure 3.7: Tightness of analytical bounds in case of selection and hard combining scheme.
Average bit error probability of the users as a function ofγ1 in Rayleigh fading channels.
Case 1:γ1 = γ2 = γ3, Case 2:γ3 = 20 dB, γ2 = γ1.

Example

Considering BPSK, the values of all the requiredδi can be computed easily. Therefore,
an upper bound on average bit error probability in (3.32) canbe obtained by averaging the
pairwise error probability in (3.47) for allsk, as follows:

P
(k)
b ≤ (1 − βk)ψ1 + (1 − αk)ψ2 − 2 (1 − αk − βk)ψ1ψ2 (3.48)

where

ψ1 =
1

2

(

1 −
3∑

k=1

√
γk

γk + 1
+

√
γ12

γ12 + 1
+

√
γ13

γ13 + 1
+

√
γ23

γ23 + 1

−
√

γ123

γ123 + 1

)

(3.49)

and

ψ2 =
1

2

(

1 −
√

γ12

γ12 + 1
−
√

γ13

γ13 + 1
−
√

γ23

γ23 + 1
+ 2

√
γ123

γ123 + 1

)

. (3.50)

Now let us compare the average bit error probability of the users obtained by the above
expression with that of the simulation results. The two combinations of SNRs on the links
used in case of other detection schemes are also considered here. Figure 3.7 illustrates
that the analytical expression in (3.48) fits quite well withthe results of the simulation
approach. Similarly a diversity gain of order 2 is achievable in this case as well.
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3.3 Performance Comparison

Fig. 3.8 compares the performance of different detection schemes for different SNR condi-
tions on the links. The analytical expressions derived for each detection scheme in (3.15),
(3.33) and (3.48) respectively, are used to perform the comparison. Here BPSK is assumed
at the nodes and the average bit error probability (BEP) of the users is plotted. The trend
of the curves is similar for all detection schemes at different values ofγ3, with joint detec-
tion (JD) slightly outperforming (maximum 2 dB), the two lowcomplexity schemes. This
is due to the fact that joint detection exploits the redundancy provided by the relay in a
better way and uses it for both users. However, the other two schemes i.e. SSC and SHC
utilizes the redundancy only for the weak user. Moreover, there is the phenomena of error
propagation from strong to weak user in latter case, as wrongdetection of strong user can
influence the detection of the weak user.

It can be observed that at high SNR values, especially those greater than relay SNR, the
curves for the JD and SSC starts to come closer to each other and eventually coincides with
each other. The reason is quite obvious, when the users have better SNR than relay link,
the significance of relay signal for joint detection gradually reduces. Similarly for SSC, the
error propagation phenomena from strong to weak user also starts to vanish at these SNR
values. This makes the curves coincide with each other eventually. On the other hand,
SHC does not use the information provided by the weakest link, hence slight degradation
in its performance can be observed as compared to the other two schemes when the SNRs
of the both users are better than the relay SNR.

The performance of different detection schemes have been compared for the BPSK
modulation above. Let us compare the performance of these detection methods using
higher level modulation schemes. For instance, assuming that 8 PSK is used at the nodes,
the curves for average symbol error probability using simulation approach are illustrated
in Fig. 3.9, under the same SNR conditions as that of BPSK. It is interesting to note that
by using 8 PSK the performance difference between the low complexity schemes and the
joint detection is almost the same as in case of BPSK. Given that the performance reduction
for low complexity detection schemes remains in acceptablelimits, these schemes become
more useful for higher modulation levels. This is because the reduction in detection com-
plexity becomes more prominent in case of higher level modulation schemes as illustrated
in next section.

3.4 Detection Complexity

It is quite obvious from the performance comparison that thejoint detection scheme is
an optimal method for detection. However, the number of comparisons required at the
receiver, grows exponentially with the increase in modulation level or the number of com-
bined users/symbols in this case. This increases the detection complexity and consequently
results in more power consumption at the receiver. Therefore, the detection schemes pro-
viding reduced complexity have great significance, especially for the mobile devices as
they have limited battery life.
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Figure 3.8: Performance comparison of JD, SSC and SHC schemes using BPSK. Average
bit error probability of users is plotted as a function ofγ1 whereγ1 = γ2, usingγ3 = 10
dB andγ3 = 20 dB
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Table 3.2: Comparing the detection complexity comparison for various schemes

Detection Schemes Required Operations 8 PSK 16 QAM 64 QAM

JD 3 × 2
2k

192 768 12288

SSC 3 × 2
k

24 48 192

SHC 2 × 2
k

16 32 128

The complexity of different detection schemes can be compared in different ways. The
most obvious method is to calculate the number of comparisons required at the receiver in
each case. For instance, it can be easily verified that the number of comparisons required
for joint detection increases byM2 as compared to2M in the case of SSC and SHC,
whereM = 2k is the modulation level andk is the number of bits per symbol. Therefore,
it can be concluded that, for higher level modulation schemes, the detection complexity is
reduced from exponential to linear by using low complexity detection schemes.

Similarly, we can choose the "required number of operations" as our comparison cri-
teria. Here, one operation represents calculation of one Euclidean distance. The number
of operations required at the receiver for different detection schemes in a two user uplink
scenario, employing higher level modulation schemes is illustrated in Table. 3.2. It can be
observed that joint detection requires3 × 22k operations while in case of SSC the number
reduces to3 × 2k. The number of operations can be further reduced to2 × 2k by using
SHC. Hence, given the small difference in performance between the different detection
schemes, we can use any of the selection schemes instead of employing joint detection.

3.5 Effect of Non-ideal User to Relay Link

The performance of detection schemes have been compared assuming error free user to
relay links, so far. Let us analyze the case, when users are close to the relay and the
average SNR on the user-relay links isγ4. It means that relay will receive the packets from
the users, containing errors. Therefore the network coded packet transmitted by the relay
is not error free in this case. In order to improve the situation, let us assume that the users
have the choice to select the best relay out of all the relays deployed in the network. The
best relay is the one that maximizes the minimum of the channel gains on the two user-relay
links. For simplicity, it is considered that the users select best relay out of only two relays.
The selection of best relay provides a selection diversity gain on the user-relay links, that
helps in reducing the degradation in error performance on these links. Now the objective is
to investigate the performance of different detection schemes considering different values
of γ4. It is also analyzed, how much far the error performance is ascompared to the ideal
case considered earlier.

Fig. 3.10 illustrates the performance of joint detection scheme atγ4 = {20, 30} dB,
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Figure 3.10: Average bit error probability for JD using BPSK, considering non-ideal user-
relay links. The SNR on the non-ideal user-relay links is considered equal toγ4 = {20, 30}
dB.

and compares it with the case, when the user-relay links are ideal. The average SNR on all
the direct links between different nodes and the base station is assumed equal, i.e.γ1 =
γ2 = γ3. Simulation approach is used for performing analysis and BPSK is considered as
the modulation scheme used at the nodes. It can be observed from Fig. 3.10, that when the
SNR on direct links is worse than the SNR on the user-relay links, the error performance
of the users is similar to that of ideal case. It means that, here the direct link transmission
between the nodes and the base station is the main limiting factor for the error performance
of the users. On the other hand, if the SNR on the direct links becomes better than the SNR
on the user-relay links, then the latter becomes the bottle neck for the error performance of
the users and severe degradation in performance can be observed.

For instance, whenγ1 > 20 dB, the performance of non ideal case withγ4 = 20 dB
experience degradation in error performance. The same is true whenγ1 > 30 dB and
γ4 = 30 dB. However, it is obvious that if the SNR on user-relay linksis high, the curves
for ideal and non ideal case are pretty close for low and moderate values of SNR on the
direct links. This observation justifies our assumption that, if users are close to the relay,
the relay-user links can be assumed error free. On the other hand, the error free region
depends upon the value ofγ4, as the higher value ofγ4 corresponds to larger error free
region.

Now let us analyze the performance of SSC and SHC schemes considering different
values ofγ4 on user-relay links as shown in Fig. 3.11 and Fig. 3.12 respectively. A perfor-
mance trend similar to the joint detection scheme can be observed here, for both of the low
complexity detection schemes. Hence it can be concluded that, depending upon the value
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Figure 3.11: Average bit error probability for SSC using BPSK, considering non-ideal user-
relay links. The SNR on the non-ideal user-relay links is considered equal toγ4 = {20, 30}
dB.
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Figure 3.12: Average bit error probability for SHC using BPSK, considering non-ideal
user-relay links. The SNR on non-ideal user-relay links is considered equal toγ4 =
{20, 30} dB.
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Figure 3.13: Comparison of average bit error probability for all the detection schemes. The
SNR on non-ideal user-relay links is considered equal toγ4 = 20 dB.

of γ4, the user-relay links can be assumed error free for a certainrange of SNR on direct
links between the nodes and the base stations.

Moreover, the analytical expressions for the detection schemes derived earlier can be
used for the non ideal relay-user links case as well, in the region where curves for both
cases (ideal and non ideal) are pretty close to each other. The performance comparison
of different detection schemes forγ4 = 20 dB is illustrated in Fig. 3.13. It can be ob-
served that there is a difference of maximum2 dB in this case between the performance
of low complexity detection schemes and the joint detectionscheme. This difference van-
ishes away, when the error propagation on user-relay links becomes dominant factor in
controlling the performance of these schemes.

3.6 User Grouping

The analytical expressions also help in providing some guidelines for grouping different
users at the relay. Let us assume that the user-relay links are ideal. The impact of different
grouping options2 on the error performance of the users, for a range ofγ3 is studied. In
order to have fair comparison between different grouping options, the total SNR i.e.γ1+γ2

for the users has been kept constant. Then, the individual and average error performance
of the users for different pairing possibilities is analyzed.

Lets us consider an example, whereγ1 + γ2 = 20 dB and the relay SNRγ3 is varied
from 0 dB to40 dB. BPSK is considered at the nodes and joint detection is assumed at the

2i.e. different combinations ofγ1 andγ2
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Figure 3.14: Selecting a suitable user pair at the relay on the basis of average bit error
probability (BEP) of the users

receiver. The average error performance(P
(1)
b +P

(2)
b )/2 of both users is observed for this

case. The expression in (3.15) is used to plot the curves in Fig. 3.14.
It is obvious from the Fig. 3.14 that if the relay link is weak,i.e. γ3 < γsum then

its better to group users having nearly similar SNRs on theirlinks. This is because, the
average error performance is best when users have same SNR i.e. atγ1 = 10 dB and
γ2 = 10 dB. Similarly, for the large values of the relay SNR, especially whenγ3 ≥ γsum, it
is preferable to group users having complementary SNR conditions on their links. Similar
trend has been observed for the other two detection schemes,with slight difference in
absolute values.

In order to have more insight into this behavior, let us look at the individual perfor-
mance of the users in both regions i.e.γsum < γ3 andγsum ≥ γ3 separately. The individ-
ual performance for the users in both cases is illustrated inFig. 3.15 and Fig. 3.16. These
figures are plotted using analytical expressions in (3.15),(3.33) and (3.48). The legends
used i.e.JD(Ui), SSC(Ui) andSHC(Ui) represents the error performance of useri for
different detection schemes. Asγsum is kept constant at each point, hence the performance
curves are symmetrical around the pointγ1 = γ2 in both figures. It is also obvious from
Fig. 3.15 and Fig. 3.16, that the user having better direct link SNR will have better error
performance.

It is worthwhile to mention here that the error performance of any user is influenced by
two factors, i.e. its own direct SNR with the base station andits estimate calculated by its
partner by network decoding operation with the relay. The factor which dominates deter-
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Figure 3.15: Average bit error probability of individual users atγsum = 10 dB andγ3 =
20 dB. All the three detection schemes are considered.
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Figure 3.16: Average bit error probability of individual users atγsum = 20 dB andγ3 =
10 dB. All the three detection schemes are considered.
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mines the performance of the user. For instance, if the direct link SNR is increasing and its
effect is dominant, then average bit error probability for the user will reduce. However, if
its partner’s SNR is decreasing and the effect of network decoding operation is dominant,
the error probability of the user will increase even if its own direct SNR is increasing.

For better illustration, consider a specific example whereγsum = 10 dB andγ3 = 20
dB. The error performance of both users in case of different detection schemes, is illus-
trated in Fig. 3.15. It is interesting to observe that, thereis a degradation in the error
performance of user1 with the increase inγ1. Similar is true for user2. The average bit
error probability of both users, attains its maximum value at γ1 = γ2. As γ3 > γsum,
the network decoding operation does not result in a good estimate always. In particular,
when both users have the same SNR i.e. atγ1 = γ2 = 5 dB, this would result in the worst
network decoding operation as neither of the users have a rather high SNR. At the same
time, the direct transmission of none of the users have good enough quality. Therefore, the
error performance of the users is worse at this point.

Now let us look at the case, when users are paired with complementary SNRs i.e.
γ1 = 0 dB andγ2 = 10 dB or vice versa. Let us consider the performance of user1 as an
example. Atγ1 = 0, user 1 does not have good direct link transmission. However, better
value ofγ2 will lead to a better quality of the network decoding operation. Asγ1 increases,
the direct link transmission for user1 starts to get better. However, the corresponding de-
crease inγ2 effects the network decoding operation and results into an overall degradation
in performance of the user 1. The above is true regardless of the type of detection scheme
used.

Then another case is considered, whereγsum ≥ γ3 and specifically whenγsum = 20
dB andγ3 = 10 dB. The average bit error performance for the individual users is shown
in Fig. 3.16. For this case, the error performance curves behave similar to the conventional
way, i.e. as the SNR of a certain user increases, its bit errorprobability decreases and vice
versa. By virtue of having a highγsum, the two users will have better direct transmission
performance and an acceptable network decoding operation.As a result, the losses from
deteriorating network decoding operation are accounted for, by a better direct transmission
in this case. Therefore, grouping the users having nearly similar SNRs in this case provides
best average error performance.

It is also interesting to observe in both Fig. 3.15 and Fig. 3.16, that the error perfor-
mance of a particular user at high SNR, is similar in case of SSC and SHC. This is because,
the strong user (user having high SNR) is detected using direct link only, in both cases.

3.7 Summary

In this chapter, the effect of different detection schemes and user pairing on the error perfor-
mance of users, in the network coded cooperative relaying scenario is studied. Analytical
expressions for the average bit error probability of the users are derived, in case of different
detection schemes. Using these expressions, it has been shown that by taking advantage of
the channel conditions on the links it is possible to achievegood link performance with sim-
ple detection schemes. These simple detection schemes helpin reducing the complexity at
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the receiver and offer reduction in processing power. Thesefeatures are quite attractive for
the devices having limited battery lifetime. However, these benefits come at the expense of
slight degradation in the error performance of the users, ascompared to the optimal joint
detection scheme. Hence, there is a tradeoff between the reduction in receiver complexity
and performance loss here. In other words, its advantageousto use the low complexity
detection schemes, if the power or complexity reduction overcomes the degradation in the
error performance. The performance comparison of different detection schemes is also
performed for non ideal user-relay links. The maximum valueof performance difference
between the joint detection and the low complexity schemes remains the same, as in case
of ideal user-relay links.

It is also observed that the selection of users to be paired together, is independent of
the detection scheme used. However, the user pairing strategy is significantly influenced
by the SNR on the different links. It has been shown that for users in good conditions,
pairing users with as similar channels as possible results in best average performance while
simultaneously providing good performance for both users.On the other hand, if users
with poor channel conditions towards the destination exist(which is a typical case when
using the relays), then these users have to be paired with users having complementary (i.e.
good) channel conditions towards the destination. This will ensure a good quality of the
network decoding operation, hence increasing the likelihood of correct reception for both
users. Here we have looked at the individual as well as the average error performance of
the users, for exploring different options for user grouping. Any change in the selection
criteria will alter the user grouping options.

The impact of different detection schemes and user groupingon link reliability of the
users have been studied here. However, it can be observed that the relayed signal provides
an extra dimension in the signal space at the receiver. Therefore, it is interesting to explore
the multidimensional signal space formed at the receiver inorder to improve the error
performance of the users. The interaction between this augmented signal space and the
detection scheme is also interesting to investigate.





Chapter 4

Constellation Selection in Cooperative
Relaying

This chapter deals with the link performance improvement ofthe users in cooperative
transmission scenarios. The multiple access relay channelin cellular systems is consid-
ered as an illustrative scenario and the relay node combinesdifferent transmissions using
network coding. The possibility of selecting the appropriate constellation for each link of
the MARC is investigated, by considering the use of linear multi-level modulation schemes
at the nodes. A proper selection of the link constellations set, together with the redundancy
introduced by network coding at the relay link, can provide considerable performance gain
at the base station receiver. This performance gain is possible due to the augmented signal
space formed by the links of the cooperative relaying scheme. This augmented signal space
allows a better spread of the signal points of the high-levelmodulation scheme which can
improve the link performance of the cooperating users. The gain in link performance can
be achieved in both additive white Gaussian noise (AWGN) channels and fading multi-path
channels. Two different detection schemes are considered in this context: Joint detection
where all the three links are considered simultaneously andselection-and-soft-combining
where direct link is considered for the strong user and the other two links are combined
at the receiver for the weak user. Constellation selection criteria for the both schemes is
described and analysis is performed for different linear multi-level modulation schemes.

The outline of the chapter is as follows. The chapter begins with the description of
the system model used for the analysis in section 4.1. In thissection, the significance of
the constellation selection at the nodes is also highlighted. In section 4.2, the constellation
selection at the nodes is performed by considering joint detection at the receiver. The cri-
teria for selecting the constellations and the numerical results are described in this section.
After that, constellation selection at the nodes is performed for the SSC scheme in section
4.3. Finally the results obtained from the analysis are summarized in section 4.4.

69
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Figure 4.1: A two user uplink transmission in a network codedcooperative relaying sce-
nario.

4.1 System Model

Let us consider an uplink transmission scenario in a cellular relaying system as shown in
Fig. 4.1. Here two mobile users are communicating with a basestation and cooperating via
a fixed relay. A time division multiple access transmission is considered, where transmis-
sion is performed in three different time slots. The two mobile users transmit their packets
in the first two time slots. The relay node decodes the received user packets, combines
them using network coding (XOR-based) and forwards the combined packet to the base
station in the third time slot. The user-relay link is assumed error free. Both AWGN and
flat fading Rayleigh channel is assumed between the nodes andthe base station.

The base station receiver now has three received packets. These received packets are
used to decode the transmitted packets of the two mobile users. It is clear that there is a
certain redundancy between the three received packets. This redundancy is due to the use
of network coding at the relay node.

Redundancy between separate branches can be very useful in improving the link perfor-
mance especially when linear multi-level modulation is employed by the different branches.
In fact, it has been shown in [76] that it is possible to take advantage of this redundancy
and increase the minimum squared Euclidean distance (MSED)between the signal points
of the used multi-level modulation scheme. This increase inthe MSED is possible with a
proper selection of the signal constellation used on each branch and viewing the received
signals of the different branches as an augmented signal space. This augmented signal
space increases the signal space dimension of the used modulation scheme and provides
more room for the modulation signal points to spread.
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Figure 4.2: Comparing the minimum squared Euclidean distance for two branch transmit
diversity using 4-PAM, (a) Both branches are using same constellation (b) Branch 2 is
using the selected constellation

As an illustrative example we consider the case of four-level pulse amplitude modu-
lation (4PAM) and a two-branch communication link with a correlation equals to one be-
tween the branches (i.e. the same symbol is transmitted overthe two branches) as shown in
Fig. 4.2. Here, the augmented signal space is formed by the two branches and the modula-
tion signal dimensions. Hence, the augmented signal space has dimension two in this case.
It is observed from Fig. 4.2.a, that the signal constellations of the modulation schemes are
unchanged in the augmented signal space when the signal constellations are the same in
both branches. However, with a proper selection of the used signal constellations on each
branch as shown in Fig. 4.2.b, it is possible to increase the minimum squared Euclidean
distance of the modulation scheme by 4 dB as compared to the case of same signal con-
stellations. This performance improvement is obtained without increasing the complexity
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of the receiver [76].
Our objective in this chapter is to apply the idea of constellation selection to the multi-

ple access relay channel with network coding. Since the basestation receives signals from
three different branches and there is some correlation1 between the branches, we believe
that constellation selection can improve the link performance of both cooperating users.
However, since the correlation between the three branches is a bit weak one might guess
that the performance improvement will not be as good as illustrated in Fig. 4.2. To this
end, the two detection schemes described in chapter 3, i.e. joint detection and SSC are
considered here.

4.2 Joint Detection

Let us consider that different linear multi-level modulation schemes, such as multi-level
phase shift keying (MPSK) or multi-level quadrature amplitude modulation (MQAM), is
employed at different transmitting nodes in Fig. 4.1. Moreover, it is assumed that the
base station receiver employs joint detection. Both AWGN channels and Rayleigh fading
channels are considered for the analysis.

4.2.1 AWGN Channels

For an AWGN channel, the expression for the pairwise error probability can be obtained
from (3.2) and can be written as follows:

P2(s → ŝ) = Q





√
∑2

k=1 |sk − ŝk|2 + |s3 − ŝ3|2

2N0



 (4.1)

wheres1 is the transmitted symbol of user 1,s2 is the transmitted symbol of user 2, and
s3 = M(m1 ⊕ m2) is the network coded symbol transmitted by the relay node.M(.) is
the modulation mapping operation. Moreover,m1 andm2 are the unmodulated symbols
of user 1 and user 2 respectively. The effect of fading coefficients in (3.2) is neglected, as
AWGN channel is assumed.

The pairwise error probability calculated in (4.1), can be used in (3.13) to obtain an
upper bound on the average symbol error probability of userk as follows:

P (k)
s ≤ 1

M2

∑

sj ,sk

∑

(sk 6=ŝk),(ŝj)

P2(s → ŝ) (4.2)

whereM is the modulation level. It can be observed that the factorlog2(M) in (3.13) is
not used since average symbol error probability is calculated here. Considering both users
together, the average symbol error probability of the MARC link can be written as

Ps =
1

2

(

P (1)
s + P (2)

s

)

. (4.3)

1Here correlations means that the relay packet contains the redundant information for both user packets.
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It is obvious from (4.1) to (4.3), that the average symbol error probability is a decreasing
function of the squared Euclidean distance

D2(s, ŝ) =
3∑

i=1

|si − ŝi|2 (4.4)

wheres = {s1, s2, s3} and ŝ = {ŝ1, ŝ2, ŝ3} 2. Hence, our objective is to select the
appropriate signal constellations set to be used at each transmitter of the MARC scheme
such that the pairwise error probability is minimized.

In selecting the signal constellation for each branch we employ computer search with
the objective of maximizing the minimum squared Euclidean distance between the signal
points in the augmented signal space. Here, the MARC has three different branches which
gives a good spreading for the signal points of the two cooperating users within this aug-
mented signal space. However, since the transmitted symbols of the cooperating users in
the direct links are uncorrelated, the redundancy is only provided by the relay link which
is pretty weak and the overall augmented signal space does not allow an increase in the
MSED when joint detection is employed. Hence, computer search is performed for finding
the signal constellations set that minimizes the number of signal points having the MSED
between them. The computer search proceeds as follows:

1. Assume that the same signal constellation is used on all the three nodes.

2. Find the number of signal points, within the constellations set having the MSED
between them.

3. Change the signal constellations set randomly for the three nodes and identify the
number of signal points within the set having the MSED between them. Select the
signal constellations set that provides the minimum numberof signal points having
the MSED between them.

4. Repeat step 3 for the number of iterations. The signal constellations set obtained
after the number of iterations is taken as the output of the search algorithm. Since
search is performed off-line maximum number of iterations does not act as a limiting
factor for the search algorithm. However, all possible combinations of constellations
at different nodes is considered for finding an optimum combination of constella-
tions.

5. The signal constellations set obtained in step 4 finalizesthe selection procedure.
Once found, these constellations remain fixed and can be usedby the MARC scheme
without modifications.

2 In rest of the chapter, the term squared Euclidean distance denotes the normalized squared Euclidean
distance [122], defined asD2(s, ŝ)/Ei, whereEi = E{|si|

2} is the average energy per transmitted symbol.
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4.2.2 Rayleigh Fading Channels

When the channel is a frequency non-selective Rayleigh fading channel and the three
branches are uncorrelated, the conditional pairwise errorprobability of joint detection is as
given in (3.3) and can be written as

P2(s → ŝ |Γi ) = Q





√
∑3

i=1 Γi |si − ŝi|2

2Ei



 . (4.5)

The pairwise error probability can be obtained by averaging(4.5) over the pdfs of the
fading amplitudes given in (3.4). However, a tighter and simpler upper bound for the
pairwise error probability is derived in [122] for the Rayleigh fading channels. This upper
bound also helps in understanding the changes in the distance distribution of signal points
when the constellations set is changed at the nodes.

Therefore, instead of using the expressions for the exact pairwise error probability, the
upper bound is considered here. The expression for the upperbound in [122] is basically
equivalent to the Chernoff bound in (3.18) multiplied by an extra factor and can be written
as follows:

P2(s → ŝ) ≤ 1

4

[

1

1 + xmin
+

1

(1 + xmin)
2

]

× 1

(1 + ψ1) (1 + ψ2) (1 + ψ3)
(4.6)

where

xmin=min
∀s6=ŝ

√

ψi

1 + ψi
, ψi = γi

|si − ŝi|2
4Ei

=
|si − ŝi|2

4N0
,

γi=E{Γi} =
2σ2Ei

N0
.

Moreover,γi is the average received SNR andEi denotes the average energy per transmit-
ted symbol on linki. It is related to the average energy per bit asEb = Ei/ log2(M). N0

andσ2 are as defined in (3.4).
It can be observed from expression in (4.6), that the pairwise error probability is in-

versely related to the product distance, which is further a function of three correlated
branch distances where each symbol appears in two branch distances. Since the mini-
mum distance is not affected by the selection of the signal constellations set in AWGN,
the product distance will not be affected by this selection as well. Therefore, in this case,
it is important to reduce the number of signal points having MSED between them. The
constellations set obtained for the AWGN channel are also optimum for Rayleigh fading
channels.

4.2.3 Numerical Results

Computer simulations are performed using various MPSK and MQAM modulation schemes
at the nodes. Equal average received SNR is assumed on all thelinks. A normalized
Rayleigh fading channel, havingE{|hi|2} = 2σ2 = 1 is assumed on each link.
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Figure 4.3: Comparison of SED distribution in augmented signal space, between same
constellation (SC) case and C1 using 8PSK

Let us consider that 8 PSK is used at the nodes. Conventionally, the same constellation
(SC) is used at the nodes. Different symbols for 8 PSK are illustrated as follows

s1, s2, s3 : {100, 000, 001, 011, 010, 110, 111, 101}

with theith element (symbol) mapped to the phaseiπ/4, i = 0, 1, ..., 7. It is worthwhile to
mention here, that the Gray code mapping shown above is optimum, when same constella-
tion is used at the nodes and when no interaction is considered between the constellations
at different nodes. However, while performing constellation search we look in multidi-
mensional space formed by all the involved constellations.Hence, it is not necessary that
the outcome of the search algorithm results into a constellation set that follow Gray code
mapping.

For instance, the constellation search algorithm outputs aconstellation set named as C1
in this case. The obtained set provides least number of pairscontaining MSED between
them. The searched constellation set C1 can be described as follows

s1 :{010, 110, 101, 111, 100, 000, 011, 001}
s2 :{110, 011, 001, 000, 101, 100, 010, 111}
s3 :{001, 110, 101, 010, 111, 000, 011, 100}

It is obvious that C1 does not follow Gray code mapping.
The significance of C1 is illustrated in Fig. 4.3, where the SED distribution of searched

and conventional constellation sets is compared. It can be observed that signal points con-
taining MSED are reduced by nearly90% using C1. The comparison of SED distribution
for individual users is also shown in Fig. 4.4. Here we calculate the SED for only those
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(a) Comparison for user 1
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(b) Comparison for user 2

Figure 4.4: Comparison of SED distribution for individual users in augmented signal space
between same constellation (SC) case and using C1 by employing 8-PSK
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Table 4.1: Comparing the number of pairs containing MSED between them in case of same
constellation on each node and selected constellations setC1. Joint detection is assumed
and different modulation schemes are considered.

Modulation Scheme Constellations Set Number of Pairs containing MSED
Both Users User 1 User 2

SC 288 192 192

8 PSK C1 32 16 24

16 PSK SC 1056 704 704

C1 92 52 52

16 QAM SC 1920 1280 1280

C1 280 180 192

pairs that represents error in that particular user. Therefore, we can see the difference in
the number of pairs as compared to Fig. 4.3 for a particular SED. Since both users are
using different constellations at their nodes, small difference in the pair reduction among
both users is expected. However, this difference does not create significant difference in
the error performance of individual users. The distance distribution of the pairs that do not
contain MSED between them, is also changed by using C1. However, these pairs have dis-
tance larger than the MSED and consequently have less impacton the error performance.
Hence, an over all improvement in performance can be envisaged by using C1.

The reduction in number of MSED pairs is numerically represented in Table. 4.1 for
different modulation schemes. The table shows the reduction for individual users as well.
Using the SED distribution in Table. 4.1 and Fig. 4.4, one canwrite upper bounds given in
(4.3) on the average symbol error rate (SER) of the users.

For instance, in case of same constellations on all the nodesand considering AWGN
channel the upper bound on average SER can be written as follows:

PSC
s ≤192

64
Q
(√

1.76γ0

)

+
384

64
Q
(√

4.75γ0

)

+
384

64
Q
(√

6γ0

)

≤3Q
(√

1.76γ0

)

+ 6Q
(√

4.75γ0

)

+ 6Q
(√

6γ0

)

(4.7)

where each term in the above expression has the formα
M2Q

(√
βγ0

)
. The coefficient

α represents the average number of pairs having the squared Euclidean distance 2β
log2(M)

between them. Since the average SER for both users is calculated, the average number of
pairs for both users is used here. Moreover,γ0 = Eb/N0 andM represents the modulation
level. The first term in (4.7) corresponds to the pairs havingminimum squared Euclidean
distance between them. It is obvious from (4.7) that, there are 192 pairs having MSED
between them in case of using same constellations on the nodes.

Using the SED distribution, the expression for the average SNR in case of C1 can also
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Figure 4.5: Comparison of average symbol error rate (SER) for SC and C1 using 8-PSK
over AWGN channel.

be obtained as follows:

PC1
s ≤ 20
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(√
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(4.8)

Again the first term in above expression corresponds to the pairs having MSED between
them. In this case the average number of pairs having MSED between them is 20. There-
fore, it can be observed that the coefficient of the first term in (4.7) has been reduced from
3 to 0.31 in (4.8). Hence, with a proper constellation selection for the different links, the
number of pairs having the MSED between them can be reduced considerably. Conse-
quently, error performance of the users is expected to improve using C1.

Figure 4.5 compares the average symbol error rate of both users using SC and C1.
The analytical expressions in (4.7) and (4.8) are plotted besides the simulation results in
Fig. 4.5. It is obvious that significant gain can be achieved by using C1, especially at low
and intermediate SNRs. For instance, a gain of about 2 dB is obtained for a SER equal to
10−2. Similarly at SER equal to10−5, a gain of 1 dB is still achievable. Gain is reduced at
high SNR, because the role of MSED pairs tends to dominate at good channel conditions.

Similar to AWGN channel, the expression for average symbol error rate of the users
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Figure 4.6: Comparison of average SER for SC and C1 using 8-PSK over Rayleigh fading
channels.

can also be calculated in case of Rayleigh fading channel. Inthis case, the SED distribution
in Fig. 4.4 and the expression for the pairwise error probability in (4.6) has to be used in
(4.3). Considering the same constellation at all the nodes,the upper bound on the average
SER can be written as follows:

PSC
s ≤ Λ

64 × 4
×
[

192

(1 + 0.44γ0)2 +
384

(1 + 1.5γ0) (1 + 0.44γ0)2

+
384

(1 + 1.5γ0)
2

]

≤ Λ ×
[

0.75

(1 + 0.44γ0)
2 +

1.5

(1 + 1.5γ0) (1 + 0.44γ0)

+
1.5

(1 + 1.5γ0)
2

]

(4.9)

where

Λ =

[
1

1 + xmin
+

1

(1 + xmin)2

]

and xmin =

√
0.44γ0

1 + 0.44γ0
.

Each product distance term in the expression (4.9) has the form,

Λ

M2 × 4
× α
∏3

i=1 (1 + βiγ0)
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whereα is the average number of pairs containing the product distance illustrated in the
denominator and 4βi

log2(M) is the squared Euclidean distance on branchi. Moreover,M and
γ0 are already defined in (4.7). The first product distance term in (4.9) corresponds to the
pairs having minimum squared Euclidean distance between them.

Using the SED distribution, the expression for the average SER in case of C1 can also
be obtained as follows:

PC1
s ≤ Λ

64 × 4
×
[

20

(1 + 0.44γ0)
2 +

200

(1 + 1.5γ0)
2 +

224

(1 + 0.44γ0) (1 + 1.5γ0)

+
256

(1 + 1.5γ0) (1 + 0.44γ0)2 +
56

(1 + 0.44γ0)3

]

≤ Λ ×
[

0.08

(1 + 0.44γ0)2 +
0.8

(1 + 1.5γ0)2 +
0.9

(1 + 0.44γ0) (1 + 1.5γ0)

+
1

(1 + 1.5γ0) (1 + 0.44γ0)2 +
0.22

(1 + 0.44γ0)3

]

(4.10)

whereΛ is as defined in (4.9) and the first product distance term corresponds to the pairs
having MSED between them. It becomes obvious by comparing (4.9) and (4.10), that the
coefficient of first product distance term has been reduced from0.75 to 0.08 by using C1.

Now let us look at the simulation results, in order to observethe effect of reduction
in the coefficients of product distance terms. Figure 4.6 illustrates the average SER of the
users in Rayleigh fading channels for the two cases. These cases include, the same constel-
lation and the selected constellations set C1, for all the nodes. The analytical expressions
in (4.9) and (4.10) are also plotted besides the simulation results in Fig. 4.6. It can be
observed, that a gain of nearly2 dB can be obtained by using C1 as compared to SC at the
nodes.

Now let us observe the performance gains achieved by using constellation selection
at the nodes, while considering higher modulation levels. For instance, using 16 PSK
the conventional bit to symbol mapping in case of same constellation at the nodes can be
written as follows

s1, s2, s3 :

{
1000, 0000, 0001, 0011, 0010, 0110, 0111, 0101, 0100, 1100,
1101, 1111, 1110, 1010, 1011, 1001

}

with theith element (symbol) mapped to the phaseiπ/8, i = 0, 1, ..., 15.

The constellation selection algorithm performs the searchin order to select a constella-
tions set, that minimizes the number of pairs having MSED between them. The output of
the search algorithm is denoted as C1 and the constellationsused at different nodes are as
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Figure 4.7: Comparison of average SER for SC and C1 using 16-PSK over Rayleigh fading
channels.

follows:

s1 :

{
0001, 1111, 1001, 0100, 0111, 1110, 1010, 1100, 1101, 0011,
0101, 1011, 0000, 0010, 0110, 1000

}

s2 :

{
1101, 0111, 1011, 0000, 0110, 1100, 1000, 1001, 0001, 0011,
1110, 1111, 0010, 1010, 0101, 0100

}

s3 :

{
0001, 1011, 1100, 1010, 1110, 0111, 0011, 1000, 0010, 0110,
0000, 0101, 1101, 0100, 1111, 1001

}

.

It can be observed from Table. 4.1 that the number of pairs containing MSED between
them has been reduced quite considerably from1056 to 92 using C1. Figure 4.7 compares
the average SER using SC and C1 in Rayleigh fading channels using simulation approach.
It can be observed that significant gain can be obtained usingC1 at the nodes, in case of
higher level modulation schemes.

The proposed method of choosing constellations at the nodeshas been proven to be
useful for MPSK schemes. Let us analyze the usefulness of this method for the case of
MQAM modulation schemes. For instance, 16 QAM can be considered as an example.
The constellation set used for SC is illustrated in Fig. 4.8.a. The output of the constellation
search algorithm is denoted by C1 in this case and the constellations used at all the three
nodes are illustrated in Fig. 4.8.b-d respectively.

Again significant reduction in the number of pairs containing MSED by using C1 can
be observed by looking at Table. 4.1. Similar to 8 PSK, the upper bounds on the average
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Figure 4.8: Constellations used at nodes for 16-QAM (a) SC atall nodes (b) C1 at User 1
node (c) C1 at User 2 node (d) C1 at Relay node

SER can be obtained by using SED distribution in this case. Therefore the expressions for
average SER in case of SC for Rayleigh fading channels can be obtained as follows:

PSC
s ≤ Λ

256 × 4
×
[

1280

(1 + 0.4γ0)
2 +

3200

(1 + 0.8γ0) (1 + 0.4γ0)
2

]

≤ Λ ×
[

1.3

(1 + 0.4γ0)
2 +

3.1

(1 + 0.8γ0) (1 + 0.4γ0)
2

]

(4.11)

where

Λ =

[
1

1 + xmin
+

1

(1 + xmin)2

]

and xmin =

√
0.4γ0

1 + 0.4γ0
.

Similar expressions can be obtained for C1 using the corresponding SED distribution as
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Figure 4.9: Comparison of average SER for SC and C1 using 16-QAM over Rayleigh
fading channels.

follows:

PC1
s ≤ Λ

256 × 4
×
[

186

(1 + 0.4γ0)
2 +

474

(1 + 0.8γ0) (1 + 0.4γ0)

+
602

(1 + 0.8γ0)
2 +

474

(1 + 0.4γ0)
3 +

602

(1 + 0.8γ0) (1 + 0.4γ0)
2

]

≤ Λ ×
[

0.2

(1 + 0.4γ0)
2 +

0.5

(1 + 0.8γ0) (1 + 0.4γ0)

+
0.6

(1 + 0.8γ0)
2 +

0.5

(1 + 0.4γ0)
3 +

0.6

(1 + 0.8γ0) (1 + 0.4γ0)
2

]

(4.12)

By comparing (4.11) and (4.12), it becomes obvious that the coefficient of the product
distance term containing MSED has been reduced from1.3 to 0.2 using C1. The corre-
sponding improvement in average SER of the users is illustrated in Fig. 4.9. The analytical
expressions in (4.11) and (4.12) are plotted besides the simulation results in Fig. 4.9. A
performance gain of around2 dB can be achieved by employing C1 as compared to SC in
case of 16 QAM.
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4.3 Selection and Soft Combining

In this case, the receiver detects the strong user ( having good channel conditions ) directly,
while the weak user (other user) is detected using its directlink and the relay link together.
Since the relay signal is used to help the weak user only, the multi-dimensional signal
space is formed at the receiver using the relay and the weak user signal. Here constellation
is searched for the relay node in order to maximize the MSED inaugmented signal space
formed by weak user and the relay. The computer search algorithm works in this case as
follows:

1. Assume that the same signal constellation is used at all the three nodes. Strong user
is detected directly so its constellation is not involved insearch procedure.

2. Find the MSED in the signal space formed by the relay signaland the weak signal
for any particular value of the strong symbol.

3. Change the signal constellation at the relay and identifythe MSED for new the
constellations set. Select the signal constellations set that provides the maximum
MSED.

4. Repeat step 3 for the number of iterations. The signal constellations set obtained
after the number of iterations is taken as the output of the search algorithm.

5. The signal constellations set obtained in step 4 finalizesthe selection procedure.
Once found, these constellations are fixed and can be used by the MARC scheme
without modifications. Once constellations set is decided,bit to symbol mapping at
relay varies depending upon the symbol, transmitted by strong user. This is done in
order to keep the relationship between constellation of theweak user and the relay
fixed, i.e. according to the selected constellations set.

It is interesting to compare the performance of SSC with joint detection using the se-
lected constellations set, since constellation search is rather simple in former case due to
the involvement of two nodes only.

4.3.1 Rayleigh Fading Channels

Considering the Rayleigh fading channels and assuming the same average SNR on the
links, the conditional pairwise error probability for userk as given in (3.22) can be rewrit-
ten as follows:

P
(k)
2 (s → ŝ |Γi ) =

1

2
(Pstrong{E |Γmax } + Pweak {E |Γmin,Γ3 } ) (4.13)

where

Pstrong{E |Γmax } = Q





√

Γmax |ss − ŝs|2
2Es
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and

Pweak {E |Γmin,Γ3 } = Q





√

Γmin |sw − ŝw|2
2Ew

+
Γ3 |s3 − ŝ3|2

2E3



 .

Since userk could be strong user or a weak user, the subscripts ’s’ and ’w’are used to
denote each status on linkk respectively. Moreover,Γmax = max{Γ1,Γ2} andΓmin =
min{Γ1,Γ2}.

The upper bound on the pairwise error probability in Rayleigh fading channels as given
in [122,123] can be computed for this scheme as well. The expression for the upper bound
is obtained by averaging (4.13) over the pdfs ofΓ3, Γmax andΓmin as given in (3.4), (3.26)
and (3.29) respectively as follows:

P
(k)
2 (s → ŝ) ≤ 1

4
− 1

2

(√

ψs

1 + ψs

)

+
1

4

(√

ψs

2 + ψs

)

+
1

4

[

1

1 + xmin
+

1

(1 + xmin)
2

]

× 1

(2 + ψw) (1 + ψ3)
(4.14)

where

xmin = min

{√

ψw

2 + ψw
,

√

ψ3

1 + ψ3

}

andψs, ψw andψ3 are as defined in (4.6).
It is obvious from (4.14), that the pairwise error probability has inverse relationship

with the product distance. Having the pairwise error probability for all the possible candi-
date pairs, an averaging can be performed over all the symbols to get the average symbol
error probability. The expression for average symbol errorprobability of userk, can be
written by modifying the (3.32) as follows:

P (k)
s ≤ 1

M

∑

sk

∑

sk 6=ŝk

P
(k)
2 (s → ŝ). (4.15)

4.3.2 Numerical Results

Taking 8 PSK as an example, the outcome C1 of the search process in this case is the
following constellation set,

s1, s2 :{100, 000, 001, 011, 010, 110, 111, 101}
s3 : {101, 010, 000, 111, 011, 100, 110, 001}.

The MSED in the combined signal space has been increased from1.17 to 4 using the
selected constellation set as illustrated in Table. 4.2. The change is MSED affects the
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Table 4.2: Improvement in MSED by selecting proper constellation at the relay for differ-
ent modulation schemes using SSC

Modulation Scheme Constellation Sets MSED
8 PSK SC 1.17

C1 4

16 QAM SC 0.8

C1 2

product distance terms in average SER expression as obviousfrom the definition ofψi in
(4.6). For instance, using the constellation set C1 and the corresponding SED distribution,
an upper bound on the average SER of both users can be obtainedusing (4.15) as follows:

Ps ≤ 0.5 −
√

0.44γ0

1 + 0.44γ0
+ 0.5

√
0.44γ0

2 + 0.44γ0

+ Λ ×
[

0.75

(2 + 0.44γ0) (1 + 2.55γ0)
+

0.75

(1 + 0.44γ0) (2 + 2.55γ0)

]

(4.16)

where

Λ =

[
1

1 + xmin
+

1

(1 + xmin)2

]

and xmin =

√
0.44γ0

2 + 0.44γ0
.

However, if we look at the expression for the average SER in case of using same con-
stellation at all the nodes it comes out to be as follows:

Ps ≤ 0.5 −
√

0.44γ0

1 + 0.44γ0
+ 0.5

√
0.44γ0

2 + 0.44γ0

+ Λ ×
[

0.5

(2 + 0.44γ0) (1 + 0.44γ0)

]

(4.17)

whereΛ andxmin are defined as in (4.16).
It can be observed by comparing (4.16) and (4.17), that the coefficient in the denomi-

nator of product distance terms has been increased from0.44 to 2.55 by using constellation
selection.

These coefficients can be calculated based on the values of squared Euclidean distance
on each branch. For instance, in case of same constellation at the nodes the MSED given
in Table. 4.2 is1.17. Since there are two branches each having the same SED equal to 1.17

2 ,
the coefficient in product distance term can be calculated using (4.6) as follows:

1.17

2
× 3Eb

4N0
= 0.44γ0

In case of selected constellations set C1, the MSED given in Table. 4.2 is4. Again there are
two branches and one of them have the SED equal to1.17

2 . Therefore, the SED of the other



4.3. SELECTION AND SOFT COMBINING 87

0 5 10 15 20 25 30 35
10

−5

10
−4

10
−3

10
−2

10
−1

10
0

γ0 , (in dB)

A
ve

ra
ge

 S
ym

bo
l E

rr
or

 R
at

e

 

 
Upper Bounds
Joint Detection
Soft Combining

Figure 4.10: Performance of C1 using SSC as compared to jointdetection for 8-PSK over
Rayleigh fading channels.

branch will be(4 − 1.17
2 ) and the coefficient in the product distance term can be calculated

using (4.6) as follows:

(

4 − 1.17

2

)

× 3Eb

4N0
= 2.55γ0

Due to this change in the coefficient, the product distance will be better in case of constel-
lation selection and gain in performance can be predicted.

Computer simulations are performed in order to determine the average symbol error
rate of the users, using the selected constellations set. The obtained results are compared
with the case, when constellation selection is performed using joint detection at the re-
ceiver. The comparison is illustrated in Fig. 4.10. Analytical expressions in (4.10) and
(4.16) are also plotted besides the simulation results. It can be observed, that the perfor-
mance of SSC is quite close to the joint detection scheme at low SNR. At high SNR the
difference is nearly1 dB. Moreover, SSC also provides a diversity gain of order2 similar
to the joint detection scheme.

Now let us compare the performance of the two schemes in case of using 16 QAM at
the nodes. The searched constellation set C1 for 16 QAM is shown in Fig. 4.11. It is clear
from Table. 4.2, that the MSED has been improved from0.8 to 2 for the selected mapping.
The corresponding change in coefficients of product distance term would be from

0.8

2
× 4Eb

4N0
= 0.4γ0
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Figure 4.11: Selected constellations set C1 for 16-QAM (a).Mapping for User 1 and
User 2 (b) Mapping for Relay node
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Figure 4.12: Performance of selected constellations set C1using SSC as compared to joint
detection for 16-QAM over Rayleigh fading channels.
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to
(

2 − 0.8

2

)

× 4Eb

4N0
= 1.6γ0

according to (4.6). Therefore the expression for upper bound on the average SER of both
users, in Rayleigh fading channels can be obtained as follows:

Ps ≤ 0.75 − 1.5

√
0.4γ0

1 + 0.4γ0
+ 0.75

√
0.4γ0

2 + 0.4γ0

+ Λ ×
[

1

(2 + 0.4γ0) (1 + 1.6γ0)
+

1

(1 + 0.4γ0) (2 + 1.6γ0)

]

(4.18)

where

Λ =

[
1

1 + xmin
+

1

(1 + xmin)2

]

and xmin =

√
0.4γ0

2 + 0.4γ0
.

Computer simulations are performed using C1 at the nodes. Results are compared with
the joint detection scheme as shown in Fig. 4.12. The analytical expressions in (4.12) and
(4.18) are used to plot the curves besides the simulation results. A trend similar to that of
8 PSK can be observed in this case as well.

4.4 Summary

Analytical and simulation approaches have been used to study the impact of selecting sig-
nal constellations set on signal reliability of the links innetwork coded cooperative relaying
scenario. Selection criteria for two different detection schemes has been established. The
selected signal constellations set have the capability to benefit the users in terms of average
bit/symbol error probability. It exploits the spread of thesignal points of linear multi-level
modulation in the augmented signal space formed by the branches of MARC and the di-
mension of the used modulation scheme. Moreover, both jointdetection and SSC can be
employed along with the signal constellation selection at the nodes and provide comparable
performance gain.

The method is also applicable to downlink transmission scenarios, where a base station
can send two packets to a user using the selected constellations set. Then the relay can
forward the network coded or combined packet using the constellation, selected for it.
Hence, the user can take advantage of better spread of the signal points in the augmented
signal space and the link performance can be improved. The proposed method is valid
for different linear modulation schemes and levels (largerthan two) under a variety of
fading channel conditions on the links. In short, constellation selection at the nodes is very
useful in improving the signal reliability of the users in network coded cooperative relaying
scenarios.

Up till now we have studied the link performance of the cooperating users in MARC
for different detection schemes and with XOR-based networkcoding at the relay node.
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The redundancy introduced by network coding has been considered in improving the link
performance of the cooperating users through a proper selection of the signal constellation
sets used at the different nodes of MARC. However, all these investigations have been done
for un-coded systems and did not include the effects of channel coding used by the coop-
erating users. Channel coding is an integral part of all wireless communication systems of
today. The following chapter looks at the link performance of MARC in the presence of
channel coding. Interaction between channel coding and network coding is also addressed.



Chapter 5

Joint Channel-Network Coding for
Cooperative Relaying

This chapter considers the interaction between channel coding and network coding in co-
operative relaying scenarios. The relay node improves the utilization of network resources
by combining multiple transmissions using network coding.The network coded transmis-
sion by the relay, can be seen as an extra redundancy that can be used at the receiver to
improve the performance of both users. The combination of this redundancy with that of
the individual channel codes of the cooperating users can beseen as a single code hav-
ing better error correction capability. In other words, this interaction plays an important
role in decoding process at the receiver side. The representation of network and channel
codes as a single code, allows us to decode both codes jointly. This joint detection exploits
the redundancy present in these codes in a better way and hence the link performance of
the cooperating users can be improved. The single code representation, also allows us to
use network coding schemes that are more powerful than the conventional XOR-type net-
work coding. Here, the significance of the proposed representation in improving the signal
reliability of the users in MARC is analyzed. The achieved link performance is also com-
pared with that of reference separate channel-network decoding. The analysis assumes that
the linear block codes are used by the cooperating users but the proposed method can be
extended to other channel coding schemes as well.

This chapter is organized as follows, section 5.1 describesthe system model of the
considered transmission scenario. The reference system using XOR based network coding
and separate decoding is discussed in section 5.2. Section 5.3 describes the representation
of reference system in terms of product coding matrix. The diversity gain achieved by
the proposed scheme is highlighted in section 5.4 using the analytical approach. Here the
advantages of using better network coding scheme for generating powerful product codes
are also illustrated. Section 5.5 illustrates the significance of using joint channel-network
coding by showing numerical results. This section also illustrates the gain achieved by
proposed network coding schemes as compared to the conventional XOR based combining.
Finally section 5.6 summarizes the important conclusions deduced during the analysis.

91
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si2

Base Sta!on

Relay

User 2

User 1

si1 si3

si1

si2

Figure 5.1: A two user uplink transmission scenario, with one relay node and a base station.
sil denotes theith symbol in a packet, transmitted on linkl = {1, 2, 3}

5.1 System Model

Let us consider an uplink cooperative transmission scenario or multiple access relay chan-
nel as shown in Fig. 5.1. It consists of one relay node, two transmitting user devices, and
one base station acting as a receiver. Here, it is assumed that the two mobile users and the
relay node are using orthogonal channels for transmitting their packets towards the base
station. The relay node operates in a half duplex mode. First, each user transmits its packet
towards the base station. These packets are received both atthe relay node and the base sta-
tion. The relay node decodes the received packets and re-encodes them. Then it performs
network coding and combines these packets linearly into a single packet using bit-by-bit
XOR operation. This network coded packet is then sent to the base station.

The base station then receives a total of three packets, two packets from the cooperating
users and one packet from the relay node. The base station receiver tries to decode the
information data of the two users by using these three received packets. It is assumed
that each user is using an(n, k, d) linear block code. Hence,n denotes the packet length,
d represents the minimum Hamming distance [70, p. 437] and code rate is defined as
Rc = k

n . Taking into account the extra packet transmitted by the relay node, the overall
code rate of channel-network coding of this multiple accessrelay channel is given by,

Re =
k

n
× 2

3
= Rc × 2

3
. (5.1)

In the case when users have same packet lengthn, but are using channel codes with dif-
ferent rates, the overall code rate of the channel-network coding of the multiple access
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channel can be written as:

Re =

(
k1

n
+
k2

n

)

× 1

3
=

1

3
(R1 +R2) . (5.2)

whereRi = ki/n is the code rate of useri.
The case of two users cooperating via one relay node is illustrated in Fig. 5.1. However,

this can be generalized toN users cooperating viar relay nodes as discussed in [48]. It
is further considered that the cooperating users are close to the relay node. This allows
us to assume that the relay node can decode the packets transmitted by the users without
error. It can also be considered, that if relay detects an error in the received packet it will
not include that packet in the network coding process. Moreover, perfect channel state
information is assumed at the receiver.

The packet received at the base station from linkl can be denoted byyl = {y0l, y1l, · · · ,
y(n−1)l}. Considering flat fading Rayleigh channel on each link, the received signal sam-
ples for linkl can be written as :

yil = hilsil + zil, l = 1, 2, 3; i = 0, 1, · · · , n− 1 (5.3)

wheresil is the transmitted symboli on link l with E{|sil|2} = El andn denotes the
packet length. The coefficienthil represents the complex multiplicative channel coefficient
gain and is assumed constant over at least one symbol interval. The samplezil denotes the
complex Gaussian noise experienced by linkl during theith symbol interval with double
sided power spectral densityN0/2.

The base station takes into account all the packets receivedfrom the different users
and the relay station, for making a decision on the transmitted information of the users.
The link performance of the cooperating users depends upon the method used at the base
station for performing the detection.

5.2 Separate Channel and Network Decoding

With separate channel and network decoding, it is assumed that the receiver uses network
decoding to separate the two user packets and then feeds eachpacket to its corresponding
channel decoder as illustrated in Fig. 5.2. In this case, network decoding can be done in
three different ways as discussed in chapter 3. These methods are as follows:

1. The joint symbol-by-symbol detection (JD), where every three received signal sam-
ples,yi = {yi1, yi2, yi3} are used to estimate the symbolssi = {si1, si2, si3}. This
is done for all the symbols in a packet, that is for alli = 0, 1, · · · , n− 1. Each esti-
mated packet is then fed to the corresponding individual channel decoder to extract
the information data of the user.

2. The selection and soft combining (SSC), where the strongest packet is decoded first
and removed from the network coded packets. Then the weak packet is decoded
using the relay packet and the estimate of the strong packet.Again symbol-by-
symbol detection is used to decode all these packets. The network decoded packets
of the users are then fed to the individual channel decoder.
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Figure 5.2: Block diagram illustrating the separate channel-network decoding at the base
station, for a two users uplink cooperative transmission scenario and one relay node.

3. The selection and hard combining (SSC), where every threereceived signal samples,
yi = {yi1, yi2, yi3} are used to estimate the two stronger symbols. If one of these
strong symbols is the relay symbol, then the network decoding operation is used to
detect the symbol of the second user (weakest link). Following this procedure, all
the symbols in the user packets are network decoded. These user packets are then
fed to their individual channel decoders for extracting theinformation data.

The joint detection method gives best performance1 and is considered here. Therefore,
to estimate the symbols{si1, si2, si3} the network decoder computes the distance metric
in (3.2) as follows:

C(m̂) =

3∑

l=1

|yil − hilŝil|2 , i = 0, 1, · · · , n− 1 (5.4)

and chooses the set of symbols that minimizes this metric. Here ŝil represents all the
possible estimates ofsil.

Assuming uncorrelated radio links and perfect interleaving for the link packets, the
conditional pairwise error probability can be written as

P2(si → ŝi |hi ) = Q





√
∑3

l=1 |hil|2 |sil − ŝil|2

2N0



 (5.5)

1As illustrated by the performance comparison in chapter 3. However, in the presence of channel coded
packets the comparison is again illustrated in the numerical results.
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wherehi = {hi1, hi2, hi3} is the channel state information. The pairwise error probability
can be obtained by averaging the expression in (5.5) over thefading coefficients of the
channel.

To illustrate the diversity gain obtained from this detection scheme, Chernoff bounds
can be used to derive the pairwise error probability. For a Rayleigh fading with uncorre-
lated radio links, an upper bound on the pairwise error probability has been computed in
(3.18). The expression can be rewritten as follows:

P2(si → ŝi) ≤ 1

2

3∏

l=1

(

1

1 + 2σ2|sil−ŝil|2

4N0

)

(5.6)

where2σ2 = E{|hi|2} as defined in (3.4).
The average symbol error probability for user 1 can be computed using (3.13) as fol-

lows:

Ps ≤ 1

M2

∑

si2,si1

∑

(si1 6=ŝi1),(ŝi2)

P2(si → ŝi)

≤ 1

M2

∑

si2,si1

∑

(si1 6=ŝi1),(ŝi2)

1

2

3∏

l=1

(

1

1 + 2σ2|sil−ŝil|2

4N0

)

≤ 1

2M2

∑

si2,si1

∑

(si1 6=ŝi1),(ŝi2)

3∏

l=1

(

1

1 + γlδil

4

)

. (5.7)

whereM denotes the modulation level and

δil =
|sil − ŝil|2

4El
, γl =

2σ2El

N0
.

Hereγl denotes the average received SNR of packetl andEl is the average energy per
transmitted symbol of packetl. Similar expression can be obtained for user2 by inter-
changing thesi1 with si2 and vice versa in (5.7). Moreover, the expression for the average
symbol error probability in (5.7) is valid for any modulation scheme.

For simplicity, let us consider that BPSK modulation is usedat the nodes. In general,
the average symbol error probability is dominated by the shortest error event path and
the minimum squared Euclidean distance between the modulated symbols. For a given
transmitted symbol, there are two error events paths of length2 in case of BPSK. Therefore,
the expression for the average symbol error probability as calculated in (3.19) can be re-
written as follows:

Ps ≤ 1

2
(

1 + γ1δi1

4

)(

1 + γ2δi2

4

) +
1

2
(

1 + γ1δi1

4

)(

1 + γ3δ3

4

) . (5.8)
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In this case, we havesil = ±
√
El giving δil = 1 and the average symbol error probability

in (5.8) reduces to

Ps ≤ 1

2

[
1

(1 + γ1) (1 + γ2)
+

1

(1 + γ1) (1 + γ3)

]

. (5.9)

Now assuming a high received SNR on the links. i.e.γi >> 1, the expression in (5.9) can
be written as,

Ps ≤ 1

2

[
1

γ1γ2
+

1

γ1γ3

]

. (5.10)

It is obvious from (5.10) that a diversity gain of order 2 is obtained in the MARC scheme.
Once all the symbols of the user packets are separated via network decoding, each packet
is fed to the channel decoder of the corresponding user. As each symbol of a packet is
wrongly detected with a probabilityPs and that all symbols of a packet are assumed un-
correlated (ideal interleaving), the average packet errorprobability 2 at the output of the
channel decoder of the user can be upper bounded as [124, p. 456]

Pp ≤
(
2k − 1

)
[4Ps (1 − Ps)]

d/2

≤
(
2k − 1

) [
4Ps − 4P 2

s

]d/2
. (5.11)

Assuming a high average received SNR (ignoring higher powers ofPs) and using (5.10)
in (5.11) the upper bound on the user packet error probability reduces to

Pp ≤
(
2k − 1

)

[(
2

γ1γ2

)d/2

+

(
2

γ1γ3

)d/2
]

. (5.12)

In case of equal received average SNRs on the links, the aboveexpression reduces to

Pp ≤ 2d/2
(
2k − 1

)
(

1

γ0

)d

. (5.13)

It is observed from the packet error rate expression that separate network and channel
decoding can achieve a diversity of orderd which is double of that point-to-point direct
transmission. This result is similar to that obtained in [48] when considering the outage
probability as a performance measure. It is worth mentioning that the total diversity gain
order is the product of the diversity gain order obtained from network coding and that ob-
tained from channel coding. Even though the diversity gain order is achieved through sep-
arate network-channel decoding, the redundancy provided by the relay node is not properly
exploited at the base station receiver.

2The expression is derived in [124, p. 456] for the linear block codes in the memoryless channels. Some
details are provided in Appendix. A.
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Table 5.1: Possible codewords in MARC using XOR based network coding.

b1j b2j b1j ⊕ b2j

codeword 0 0 0 0
codeword 1 0 1 1
codeword 2 1 0 1
codeword 3 1 1 0

5.3 Equivalent Representation of Channel-Network Coding in
MARC

Let us reconsider the two user uplink cooperative scenario illustrated in Fig. 5.1, assuming
XOR-based network coding at the relay. Here, every two packets received by the relay
node are combined into one packet using bit-by-bit XOR operation. The combined packet
is then forwarded to the base station. The network coded packet is of the same length as
the packets of the individual users.

Therefore, the base station receiver receives three different packets: The packet of user
1, the packet of user 2, and the forwarded packet by the relay node. Let us denote the
transmitted packet of useri by

Bi = {bi1, bi2, · · · , bin} , i = 1, 2 (5.14)

wherebij = 0 or 1 with equal probabilities andn is the packet length. With XOR-based
network coding, the packet generated by the relay node afterreception of the user packets
can be written as

B3={b31, b32, · · · , b3n}
={b11 ⊕ b21, b12 ⊕ b22, · · · , b1n ⊕ b2n} (5.15)

where⊕ is the modulo 2 sum.
Looking at the XOR-base network coding operation at the relay node, it can be ob-

served that for everytwo transmitted bits (one bit for each user) the relay node transmits
one bit. Hence, the correspondingthree received bits at the base station consist of two
un-coded bits (one bit for each user) and one redundancy bit (relay node bit), i.e.

{b1i, b2i, b1i ⊕ b2i}, i = 1, 2, · · · , n.

In fact, it is quite obvious that the network coding operation at the relay node with the
directly received packets form an(3, 2, 2) linear block code with a minimum Hamming
distancedmin = 2 and a code rateRn = 2/3. The different codewords of this linear block
code are illustrated in Table. 5.1.

Now let us take the three transmitted packets of MARC and place them in rows, one
over the other. This will result into ann × 3 channel coding matrix. This operation is
illustrated in Fig. 5.3. It is observed that the channel coding operation of the individual user
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Figure 5.3: Representation of channel and XOR-based network coding for a two users
uplink cooperative transmission scenario and one relay node.

codes is done along the rows of this formed channel coding matrix and the linear network
coding operation is done along the columns. Looking at the structure of this matrix, one
can deduce that thisn×3 matrix formed by the individual packets of the cooperating users
and that of the relay node is a codeword matrix of a product code [125]. The obtained
product code is an

(n, k, d) × (3, 2, 2) = (3n, 2k, 2d)

block code with code rateRe = k
n × 2

3 .
This coding structure can now be used at the base station receiver to decode the infor-

mation of the cooperating users. Seen as one single code, thecorrection capability of the
corresponding decoder is now⌊(2d − 1)/2⌋ = d − 1 as compared to⌊(d − 1)/2⌋ for the
case of separate channel-network decoding [124].

Product codes have been studied extensively in the literature and several algorithms for
decoding product codes also exist in the literature [126–131]. These existing decoding al-
gorithms range from simple hard decision decoding to iterative turbo decoding having the
performance quite close to the maximum likelihood decoding[128, 131]. This new rep-
resentation of channel-network coding in MARC allows us to use the variety of decoding
algorithms that exist in the literature. In addition, more powerful network coding schemes
can also be considered at the relay node and their rate can be adapted according to the num-
ber of cooperating users and the quality of the different links. This flexibility is capable of
making the MARC schemes more robust along with providing better throughput.

5.4 Channel-Network Coding based on Product Codes

It has been observed in the previous section that the combination of channel coding and
linear network coding in the MARC scheme can be seen as a product code with matrix
codewords. The rows in these matrix codewords are the codewords of the cooperating
users and the columns are the codewords of the linear networkcoding employed at the
relay node(s). This new representation gives the possibility to use any linear block code as
a network code at the relay node(s). It also gives us the possibility to use product decod-
ing algorithms which represent real joint channel-networkdecoding algorithms where the
combination of network and channel coding schemes are seen as a single channel code.
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Figure 5.4: Representation of joint channel-network coding based on product codes for
two user uplink cooperative scenario, withkr user packets andnr −kr relay node packets.

Based on the new representation of Fig. 5.3, the channel-network coding structure of
multiple access relay channels can be generalized as shown in Fig. 5.4. Here, the first
kr row packets belong to the cooperating users and they are generated using an(n, k, d)
linear block code. These packets can belong to one user, two users, or any number of users
up to kr different users. It is also possible to have packets generated using linear block
codes with different code rates or different versions of thesame packet. The result of this
operation is a very flexible structure that can be adapted to help the user(s), within the
cooperating set of users, that need(s) help.

The remainingnr − kr row packets are obtained by applying a linear block code,
denoted by(nr, kr, dr), along the columns of the formedkr row packets of the cooperating
users. Here, the column linear block encoder represents thenetwork coding scheme of the
multiple access relay channel. This network coding scheme is quite general and can be
selected according to our need and the channel quality of thedifferent links. This gives a
motivation to use more powerful network coding schemes of MARC.

As the firstkr rows (packets) of this formed matrix are received by the basestation
receiver via the direct links of the cooperating users, the relay node only forwards the re-
mainingnr −kr row packets of this formed channel coding matrix. These forwarded pack-
ets by the relay node are in-fact the redundancy produced by the network coding scheme.
The base station receiver takes the packets received directly from the cooperating users
and the packets received from the relay node to form a received version of the complete
product code matrix.

Hence, a single decoder as shown in Fig. 5.5, for joint channel-network decoding can
be used at the base station receiver. A single decoder can take advantage of the channel
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Figure 5.5: Block diagram illustrating the joint channel-network decoding operation for a
two user uplink cooperative scenario, based on the new proposed representation.

variations in the different branches of MARC. As a result, better diversity gain can be ob-
tained due to the involvement of the different radio links atthe receiver. As mentioned
earlier, several decoding algorithms for product codes exist in the literature. These algo-
rithms can be used at the base station receiver for a joint channel-network decoding of the
proposed coding structure of the multiple access relay channel. These decoding methods
range from the simple generalized minimum distance decoding algorithm to iterative turbo
decoding of product codes [126–131].

To illustrate the performance of the proposed channel-network coding structure and the
possible diversity gain order that can be achieved let us consider the performance limits of
two basic decoding structures: Hard decision decoding and soft decision decoding in the
following subsections. In section 5.5, some variations of different decoding algorithms are
used to generate bit error rate performance of MARC using computer simulations.

5.4.1 Hard Decision Decoding

Consider the two user cooperative uplink scenario illustrated in Fig. 5.1 and assume that
the product code(nnr, kkr, ddr) is used as the channel-network coding scheme. The base
station receiver collects the received packets from the cooperating users and the network
coded packets received from the relay node. Then it forms thereceived product code
codeword matrices. These codeword matrices are then demodulated and decoded using a
hard decision product decoder to estimate the information data of the cooperating users.
To illustrate the diversity gain order for this decoding algorithm, let us consider the case
when the different links have the same average received SNRγ0.
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Now let us represent the modulated coded symbols of the codeword matrixq shown in
Fig. 5.4 assi,q, for i = 1, 2, · · · , n × nr. The corresponding received sampleyi,q at the
base station receiver can be written as

yi,q = hi,qsi,q + zi,q, i = 1, 2, · · · , n× nr (5.16)

wherehi,q is the channel fading coefficient andzi,q represents a sample of the complex
additive white Gaussian noise.

In case of hard decision decoding, the demodulation and the decoding operations are
done separately. Assuming uncorrelated radio links and full interleaving for the different
link packets, the codeword error probability can be upper bounded as [124, p. 456]

Pp ≤
(
2kkr − 1

)
[4p(1 − p)]ddr/2 (5.17)

wherep is the bit error probability of the link and depends on the modulation scheme
employed. For the particular case of coherent BPSK modulation and a Rayleigh fading
channel,p is given by [124, p. 819]

p =
1

2

(

1 −
√

γ0

1 + γ0

)

≤ 1

4γ0
(5.18)

whereγ0 = γ1 = γ2 = γ3 is the average received SNR of the coded symbol.
Using (5.18) into (5.17), the upper bound on the codeword error probability can be

rewritten as follows:

Pp ≤
(
2kkr − 1

)
(

1

γ0

)ddr/2

(5.19)

It can be observed that, when all the links have the same SNR, adiversity gain of order
drd/2 is obtained with this scheme. Hence, with a simple hard decision decoder it is
possible to achieve a diversity gain of orderdrd/2 as compared tod/2 for the direct link of
the user. Note that this diversity gain is of the same order asthat obtained in section 5.2 for
separate channel-network coding. There soft decision decoding is employed for network
decoding and hard decision decoding for the individual channel coding of the cooperating
users. With more powerful decoders, it will be possible to achieve even higher diversity
gain.

5.4.2 Soft Decision Decoding

With soft decision decoding based on joint detection, the receiver performs the demodula-
tion and decoding of the coded matrix simultaneously. Usingthe expression of the received
codeword samples in (5.16), the receiver computes the following metric,

C(m̂) =

nnr∑

i=1

|yi,q − hi,q ŝi,q|2 , (5.20)
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for all possible codewords of product code. The receiver then chooses a codeword matrix
that provides the minimum metric and declares it as the network and channel decoded
symbols of links1, 2, · · · , kr.

Assuming uncorrelated links with Rayleigh fading channels, an upper bound on the
pairwise error probability of choosing a wrong codeword matrix can be computed in the
similar manner as done in section 5.2.

For instance, let us consider a specific case where a reference codeword matrixc0 =
{s1,0, · · · , snnr,0} is transmitted. Then the conditional pairwise error probability of choos-
ing codeword matrixcq = {s1,q, · · · , snnr,q} can be written as follows:

P2(c0 → cq |h0 ) = Q





√
∑nnr

i=1 |hi,0|2 |si,0 − si,q|2

2N0



 (5.21)

whereh0 = {h1,0, h2,0, · · · , hnnr,0} is the channel state information. The correspond-
ing pairwise error probability can be obtained by using Chernoff bound approximation in
(5.21) and averaging it over the fading coefficients of the channel. The resulting expression
can be written as:

P2(c0 → cq) ≤ 1

2

nnr∏

i=1




1

1 +
2σ2|si,0−si,q|2

4N0



 (5.22)

where2σ2 = E
{

|hi,q|2
}

. Since there can be some symbol positions where both codeword

matrix are similar, hence the expression in (5.22) can be modified as:

P2(c0 → cq) ≤ 1

2

Nq∏

i=1




1

1 +
2σ2|si,0−si,q|2

4N0



 (5.23)

whereNq represents the number of positions where both codeword matrix differ from each
other. An upper bound on the codeword error probability is then obtained by averaging the
pairwise error probability of (5.23) over all possible codewords and is written as [70, p.
460]:

Pp≤1

2

2kkr −1∑

q=1

Nq∏

i=1




1

1 +
2σ2|si,0−si,q |2

4N0





≤1

2

2kkr −1∑

q=1

Nq∏

i=1

(
1

1 + δi,qγi

)

(5.24)

where

δi,q =
|si,0 − si,q|2

4Ei
, with si,0 6= si,q, and γi =

2σ2Ei

N0
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HereEi = E{|si,q|2} for q = 1, · · · , 2kkr .
At high SNR on the links, the codeword error probability in (5.24) is limited by the

minimum Hamming distanceddr of the product code. Hence, for high SNR values, the
codeword error probability can be upper bounded as

Pp ≤ 2kkr − 1

2

ddr∏

j=1

(
1

1 + δiγi

)

(5.25)

where

δi = min
q 6=0

|si,0 − si,q|2
4Ei

Let us consider the coherent BPSK modulation at the nodes then we haveδi = 1. Also
assuming the same average received SNR on all the three linksof the MARC, we have
γi = γ0, ∀i. Then the expression in (5.25) reduces to,

Pp ≤ 2kkr − 1

2

(
1

1 + γ0

)ddr

(5.26)

which shows that a diversity gain of orderddr can be obtained with soft decision decoding,
which is double of that obtained with hard decision decoding. However, soft decision de-
coding has a high complexity that increases exponentially with the number of codewords.
One possibility to reduce the complexity of such decoders isto employ soft decision de-
coding on the column codes of the product channel-network coding scheme and apply
hard decision decoding on the row codes. Further improvement can be obtained by using
multiple iterations. This is illustrated in the numerical results section for different coding
schemes. The performance is also compared to that of separate channel-network decoding.

Depending on the type of decoding scheme used at the receiver, a diversity gain order
ranging fromddr/2 to ddr can be obtained. This diversity gain depends on the complexity
of the decoder used. A practical and efficient decoding structure for product codes is to
employ iterative decoding where each iteration consists ofa column decoder followed by a
row decoder [126], [131]. This type of decoding algorithm isa good compromise between
performance and complexity and is well suited for large product codes.

5.5 Numerical Results

In this section, first it will be shown that the joint channel-network coding based on prod-
uct code representation improves the error performance of users as compared to separate
channel-network decoding. Then it will be illustrated thatby using a better network coding
scheme at the relay, links can be made more reliable as compared to conventional XOR-
based method. The radio channel is modeled as flat Rayleigh fading channel and all the
links are considered uncorrelated. It is further assumed that the different links have the
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Figure 5.6: Performance of the proposed joint channel-network coding scheme for a
(7, 4, 3) user channel code and the XOR-based network coding over Rayleigh fading chan-
nels. Same average received SNR is considered on all the links.

same average received SNRγ0, unless specified. Moreover, in the simulation results the
γ0 represents the average received SNR for the un-coded symbols. Also BPSK is assumed
at the nodes and hence binary linear block codes are used for performing network and
channel coding.

5.5.1 XOR-based Network Coding

Here the MARC scheme with two users and XOR-based network coding at the relay node is
considered. The user channel code is taken as an(7, 4, 3) hamming code. Hence, with the
new representation presented in section 5.3, the equivalent channel-network coding scheme
is an (21, 8, 6) block code. For separate channel-network decoding, different detection
schemes such as JD, SSC and SHC can be considered for decodingthe network code.
However, hard decision decoding (as discussed in Section 5.2) is considered for decoding
the channel code.

Figure 5.6 illustrates the average bit error rate of the MARCscheme for both separate
channel-network decoding and joint channel-network decoding based on the product code
representation. It is observed that the joint channel-network decoding outperforms separate
channel-network decoding over all ranges of SNRs. For instance in case of JD, at a bit error
rate of10−3, a coding gain of about 3 dB is obtained as compared to separate channel-
network decoding. The gain due to joint channel-network decoding increases further, if
the separate decoding considers low complexity detection schemes such as SSC or SHC
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Figure 5.7: Performance of the proposed joint channel-network coding scheme for a
(7, 4, 3) user channel code and the XOR-based network coding over Rayleigh fading chan-
nels. The relay link is 10 dB better than the direct links.

for detecting the network code.
Figure 5.7 illustrates the average bit error rate of the MARCfor both separate and

joint channel-network decoding when the relay link is 10 dB better than that of the direct
links. Here JD is used for decoding the network code, in case of separate channel-network
decoding. It can be observed that both separate and joint decoding algorithms benefit from
the good quality of the relay link the same way. Therefore, a gain of about 3 dB is obtained
by joint decoding at a bit error rate of10−3 in this case as well.

5.5.2 Channel-Network Coding Based on Product Codes

The proposed representation of channel-network coding forthe MARC scheme gives the
possibility to employ more powerful network coding schemes, as illustrated in section 5.4.
In this subsection, we look at the interaction between channel and network coding schemes
for performing joint channel-network decoding. For that, we will fix one coding scheme,
vary the other coding scheme, and assess the benefit that theycan provide to the MARC
scheme.

First, we assume a fixed channel encoder for the user. For instance, the linear block
code(15, 11, 3) can be considered as the individual channel code of the user.Then the
network coding scheme(nr, kr, dr) is varied to observe the performance of the proposed
method. To keep the same efficiency as the XOR-based network coding scheme, network
coding schemes with rate2/3 are considered.
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Figure 5.8: Performance of the proposed joint channel-network coding scheme for a (7,4,3)
network code and a (15,11,3) user channel encoder over Rayleigh fading channels for a
two user uplink cooperative scenario. Same average received SNR is considered on all the
links.

Let us consider that the linear block code(7, 4, 3) is used as the network coding
scheme. The performance of this scheme is compared with the conventional XOR-based
network coding. Figure 5.8 illustrates the average bit error rate of MARC as a function
of the average received SNR over fading channels. Here all the links have the same aver-
age received SNR. The product decoder considered at the basestation is an iterative hard
decision decoder with a total of 4 iterations. Without affecting the efficiency of MARC,
the average bit error probability of the links have been improved as compared to that of
conventional XOR-based network coding. For instance a gainof nearly 2 dB can be ob-
served at a bit error rate of10−3, as compared to conventional XOR-based network coding.
With the proposed new representation, both cooperating users benefit from the use of more
powerful network encoders at the relay node.

Using more powerful product codes will improve the performance of MARC further.
This can be achieved through fixing the individual user channel encoder (row encoder of
the product code) and varying the network encoder (column encoder of the product code).
Here the linear block code(15, 11, 3) is considered as user channel code. To keep the
same spectral efficiency as that of XOR-based network coding, different network coding
schemes with rate around2/3 are considered.

Figure 5.9 illustrates the average bit error probability ofthe MARC link for different
network coding schemes and a fixed user channel coding scheme. Here all the three links
of MARC have the same average received SNR. It is observed that by using more powerful
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Figure 5.9: Performance of the proposed joint channel-network coding scheme for different
network coding schemes and fixed user channel coding over Rayleigh fading channels for
two user uplink scenario. Same average received SNR is considered on all the links.
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Figure 5.10: Performance of the proposed joint channel-network coding scheme for differ-
ent network coding schemes and fixed user channel coding overRayleigh fading channels
for two user uplink scenario. The relay link is 10 dB better than the direct links.
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network coding schemes, the error performance of MARC is improved in comparison with
XOR-based network coding. For instance, a gain of nearly 3 dBand 4 dB can be obtained
by using(31, 21, 5) and(63, 39, 9) respectively as compared to the XOR-based network
coding, at a bit error rate of10−3. Having good link between the relay node and the base
station improves the performance of all schemes as illustrated in Fig. 5.10. The relative
gain is about the same if the results in Fig. 5.10 and Fig. 5.9 are compared. Hence, the
relay-base station link affects both XOR-based network code and product-based network
code the same way.

To illustrate the interaction between channel coding and network coding, one can vary
the user channel coding schemes and investigate their implication on the error performance
of the MARC scheme. Figure 5.11 shows the average bit error probability of MARC for
different user channel coding schemes. Here all links have the same average received SNR.
It is observed that the relative dB gain of the product-basednetwork coding is higher than
that of the XOR-based network coding scheme. For instance, the relative gain between
the user channel codes(7, 4, 3) and(15, 5, 7) is nearly 2 dB for the XOR-based scheme at
bit error rate equal to10−4. On the other hand, the relative gain between the two codes is
nearly 2.5 dB in case of product-based scheme at the same bit error rate. This improvement
is due to the joint decoding process, based on the new representation, where channel coding
and network coding are seen as one single code at the receiver.

The significance of proposed scheme in improving link performance is highlighted by
assuming that the fading coefficient remains constant during each symbol interval. How-
ever, it would be interesting to analyze the performance of proposed schemes in the slow
fading environments, where the fading coefficient remains constant over several symbols
or over whole transmitted packet. In this case, if the whole packet experience a deep fade,
it is high probable that the number of errors exceed the errorcorrection capability of the
channel code. Hence, it may not be possible for the channel decoder to recover the original
transmitted information. Therefore, a degradation in performance for both the XOR-based
scheme and the product-based schemes is expected in case slow fading channels.

Considering an illustrative scenario, the gain provided bythe product-based scheme as
compared to the XOR-based scheme is investigated. Here it isassumed that all the links
use(15, 11, 3) as a channel code. The network code is different for both schemes. For
instance, bit wise XOR is used for the conventional scheme while (7, 4, 3), (31, 21, 5) and
(63, 39, 9) are used for the proposed product-based scheme. Further it is assumed that the
fading coefficient remains the same for the whole packet duration. The error performance
of all these schemes are compared in Figure 5.12. It can be observed that by using more
powerful product code, the gain can be improved as compared to the conventional XOR-
based scheme. This is due to the better minimum hamming distance of the network code
used in the product code. For instance, a gain of nearly 7.5 dBcan be obtained at bit error
rate equal to10−4, by using(63, 39, 9) in the product-based schemes.

The above results have assumed equal average received SNRs for both users in MARC
scheme. Grouping users with different received average SNRs will have an impact on the
link performance of both users. Figure 5.13 illustrates a study case where the sum of SNRs
for the direct links of the users are assumed equal, i.e.γ2 + γ1 = 10 dB and the average
received SNR of the relay-base station link is assumedγ3 = 15 dB. Here it is assumed
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Figure 5.11: Performance of the proposed joint channel-network coding scheme for differ-
ent user channel coding schemes over Rayleigh fading channels. Same average received
SNR is considered on all the links.
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Figure 5.12: Performance of the proposed joint channel-network coding scheme for dif-
ferent network coding schemes and fixed user channel coding over slow fading Rayleigh
channels. Same average received SNR is considered on all thelinks.
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Figure 5.13: Performance of the proposed joint channel-network coding scheme for two
user uplink scenario over Rayleigh fading channels for different average received SNRs
with γ3 = 15 dB andγ2 = 10 − γ1.

that half of the packets are sent by user 1 and have the averagereceived SNR equal to
γ1, while the other half is sent by user 2 and have the average received SNR equal toγ2.
The channel code used for both methods is(15, 7, 5). However, the network code used
for the proposed method is(31, 21, 5) having the same efficiency as XOR based network
coding. It is observed that the cooperating users benefit most from the cooperation when
the average received SNRs of their direct links are almost equal. This is true for both
XOR-based and product-based network coding schemes. For instance, the bit error rate is
minimum for user 1, when the SNR combination(γ1, γ2) is equal to(6, 4) dB in case of
XOR-based and product-based network coding schemes. Similarly, the bit error rate for
user 2 is minimum, when the SNR combination is equal to(4, 6) dB in case of XOR-based
and product-based network coding schemes.

Considering the average bit error probability of the usersPavg =

∑
kr

i=1
Pi

kr
as a per-

formance criteria, let us analyze different combinations of SNR on the user links and the
relay link for both XOR based scheme and the product-based scheme. HerePi represents
the average bit error probability for linki. Again (15, 7, 5) is considered as the channel
code on all the links, and(31, 21, 5) is assumed as the network code for the product-based
scheme.

The average bit error probability of the users is illustrated for γ2 + γ1 = 10 dB and
γ3 = 0 → 20 dB for XOR based scheme in Figure 5.14. It is quite obvious that the users
have better error performance when they have nearly similaraverage received SNRs, for
all the values ofγ3. For instance, the minimum average bit error probability for the users
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Figure 5.14: Performance of the XOR based network scheme fortwo user uplink scenario
over Rayleigh fading channels for different average received SNRs withγ2 = 10 − γ1.
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Figure 5.15: Performance of the proposed joint channel-network coding scheme for two
user uplink scenario over Rayleigh fading channels for different average received SNRs
with γ2 = 10 − γ1.
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lie around(γ1, γ2) equal to(5, 5) in this case. However, the minimum value of average bit
error probability decreases as the SNR on relay-base station link improves. Interestingly,
it can be observed that the users having similar SNRs should be grouped together in order
to have provide mutual benefit to them. This is true regardless of the relationship between
theγ1 + γ2 andγ3. Therefore the user grouping criteria is slightly different from the one
illustrated in Fig. 3.14, where it depends upon the relationship between theγ1 +γ2 andγ3.
Hence, channel coding has modified the user grouping criteria.

Now let us look at the performance of product-based scheme inFigure 5.15. Here
(31, 21, 5) is used for performing network coding. Therefore,γ1 represents the average
received SNR on each link for the first ten packets sent by user1. Also γ2 represents
the average received SNR for the rest of the eleven packets sent by user 2. Moreover,γ3

denotes the average received SNR on each link, for the relay packets. It is quite obvious
from Figure 5.15 that, it is advantageous in terms of averagebit error probability to group
the users having nearly similar SNRs. This is true regardless of SNR on the relay-base
station link. For instance, the minimum error probability for the users lie around(γ1, γ2)
equal to(5, 5) in this case as well. Therefore, it is better to group the users having nearly
similar SNRs, for having minimum average bit error probability, in case of both schemes.

5.6 Summary

This chapter presented the combination of channel coding and network coding schemes
in MARC as a product code. This new structure allows us to perform the network and
the channel decoding jointly by using a single decoder at thebase station receiver. This
decoder takes advantage of the channel variations of the different links of MARC and al-
lows a better interaction between their coding schemes. With this new representation, more
powerful network coding schemes can be used without affecting the overall efficiency of
the MARC scheme. From the obtained results, it has been observed that even with simple
linear network codes, the proposed method outperforms conventional XOR-based network
coding scheme over all ranges of SNRs. The relative gain between the joint channel-
network coding using the proposed method, and the separate channel-network coding is
comparable to that obtained in [58], where distributed turbo codes are used to implement
the joint network-channel coding.

The proposed representation also provides a good flexibility in the cooperation process
where several packets can be combined at the relay node. These packets can belong to one
user, two users, or several users. The gain due to the proposed method is also analyzed
in the slow fading environments. Moreover, it has been foundthat its better to group the
users having almost same average received SNRs on their direct links, in order to provide
mutual benefit to them in terms of average bit error probability.

Although the significance of proposed scheme has been highlighted by considering an
uplink transmission scenario, it is worthwhile to mention here that the proposed scheme
is also valid for downlink scenarios as well. In that case, base station can send multiple
packets to same user or different users and relay can combinethese packets using powerful
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block code and retransmit it to the user. Then each packet canbe decoded by the user,
using iterative decoding.

It is obvious from the analysis, that by using different techniques link reliability can be
improved in cooperative relaying scenarios. In other words, for a given quality of service,
transmit powers at the nodes can be reduced. It would also be interesting to investigate, if
the distributed structure of cooperative transmission schemes can be helpful in improving
the overall energy consumption in the cellular network.





Part II

Power Efficiency in Cooperative
Communications
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Chapter 6

Energy Efficiency Using Cooperative
Relaying

So far, the significance of cooperative transmission schemes in making the links reliable
has been studied. It has been shown that the channel conditions on the links, signal space
formed at the receiver and the interaction between network and channel coding schemes
can be explored, to improve the error performance of the cooperative cellular system. For
a given quality of service the improved signal reliability can be interpreted as, equivalent
reduction in transmission power at the transmitter side. This reduction in transmission
power has significant importance for a cellular device in an uplink transmission scenario,
having a limited battery life time.

However, in the downlink transmission scenario the output transmission power is just a
single component of total power consumption at the base station. There are other important
components as well, associated with signal processing, power amplifiers, cooling units and
backhaul connections. Similarly relays act both as transmitters and receivers in cooperative
transmission scenarios. They also require some power for signal processing and for bearing
losses in power amplifiers etc. Although cooperative relaying schemes allow us to achieve
the diversity gain, they require additional power resources as compared to the conventional
cellular system, in order to keep the relays functioning. Therefore it is important to analyze,
whether the cooperative relaying schemes provide net gain in terms of total power or energy
consumption as compared to the conventional direct link transmissions.

This chapter looks at the total energy consumption in case ofcooperative transmission
schemes and provides possible solutions to reduce it. Here different cooperative relaying
schemes are considered and it is analyzed how to combine themwith a proper resource
allocation scheme such that the total energy consumption ofthe network is minimized.
Here the notion ’resource’ represents the energy resource,that is the power and the time
allocated to different transmissions in order to provide a target quality of service to the
users. Hence, the adaptive resource allocation schemes based on minimizing the total
energy consumption are designed and studied in the chapter.

The rest of the chapter is organized as follows: The system model and the energy
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Figure 6.1: A service area containing a single cell with one base station and a certain
number of relay nodes spread over the cell area.

consumption model for both a base station and a relay node aredescribed in section 6.1.
The different transmission schemes and the proposed resource allocation schemes are in-
troduced in section 6.2. Numerical results illustrating the performance of the different
schemes are given in section 6.3. Summary of the obtained results is described in section
6.4.

6.1 System Model

Here we consider a certain service area with a given number ofusers uniformly distributed
over the service area. The service area is covered by one macro base station (BS) and a
number of fixed wireless relay nodes as illustrated in Fig. 6.1. A total ofNRN relay nodes
are deployed uniformly around the macro BS having omnidirectional antennas. As we are
interested in the power consumption of the network, the downlink transmission scenario is
considered. The effect of inter-cell interference is neglected for the simplicity. Low cost
outdoor relay nodes operating in half duplex mode with orthogonal time division multiple
access are considered. These relay nodes receive the packetfrom base station in the first
time slot and performs decoding. Then they forward the decoded packet to the user in the
second time slot.

Densely built environment is considered where users are on the street level and relays
are located below rooftop. Therefore, the probability of Line-of-Sight communication for
the users with the base station and relay node is very small. Other details of the consid-
ered propagation model is described in Appendix C. It is assumed, that each user within
the service area requires a certain target spectral efficiency. Here, a time division multiple
access transmission is considered, where each user is entertained in a round robin fashion.
In order to deliver the required target spectral efficiency to a user, a normalized1 transmis-
sion frame interval denoted byTf is allotted to each user in a cell. It is also assumed, that

1Here the performance of different schemes is compared for the normalized time intervalTf . This normal-
ized interval can have any value. In the numerical results, it is assumed equal to unity.
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the perfect channel state information is available at the transmitting nodes and links can be
adapted perfectly.

Different transmission strategies are possible in the cooperative communication system
of Fig. 6.1:

• Direct Transmission: Conventional point-to-point communication between the base
station and the mobile user.

• Two-hop Relaying Transmission: The base station transmits the packet in the first
time slot. The relay node receives the packet from the base station and forwards it
to the mobile user in the second time. The mobile user receives two replicas of its
packet, one from the base station and other from the relay node. The user combines
these replicas to carry out the decoding process.

• Two-hop Relaying Transmission with Network Coding: The base station transmits
two packets, one in each time slot. The relay node receives the two packets and
decodes them. Then it combines them using network coding andforwards them to
the mobile user. The mobile user receives the two packets from the base station and
the network coded packet from the relay node. Then the user use all the received
packets to carry out the decoding process.

At first, we will look at the cost in terms of energy consumption, for delivering a target
spectral efficiency to a user. This cost will depend on the type of transmission scheme
and the resource allocation algorithm used. A performance metric known asarea energy
consumption is considered in [27], for performing energy analysis in cellular network.
The area energy consumption is defined as the average energy consumed in the service
area divided by the corresponding service area measured in Watts2 per square kilometer.
Denoting the total area of the cell byAcell = πR2

cell, the area energy consumption per
transmitted frame can be written as follows:

E =
1

Acell

∫ ∞

0

E(γ)pΓ(γ)dγ (6.1)

whereE(γ) is the instantaneous3 energy consumption, required to deliver a certain target
spectral efficiency to the intended user, within the transmission frame intervalTf . More-
over,γ is the instantaneous received signal-to-noise ratio at thereceiver andpΓ(γ) is its
probability density function.

The random variableΓ representing instantaneous received SNR, is a function of the
distance between the base station and the mobile receiver, the shadow fading and the fast
fading effects of the radio channel. Hence, the area energy consumption in (6.1), can be
computed by averaging theE(γ) over all possible positions of the mobile user within the

2The unit of energy can be expressed as watts× (time unit). Here we are comparing the energy consumption
of different schemes for a normalized time interval, hence watts are used to express the energy consumption in the
numerical results. Since normalized time interval is used in analysis, the terms power consumption and energy
consumption are used interchangeably at some places in the thesis.

3The term instantaneous is used to distinguish the current value of the parameter from its average value.
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service area. The instantaneous energy consumptionE(γ), includes all the power costs that
are dependent or independent of the transmission power. Therefore, a power consumption
model is needed to compute the area energy consumption in (6.1).

6.1.1 Power Consumption Model

The power consumption of a base station or a relay node depends on many factors such as
the cell radius, the backhaul connections, the location, the power amplifiers, the cooling
system, etc. A linear power consumption model that takes into account these factors has
been introduced and used in [28–30]. A further modification of this model has been done
in [64], by adding the concept of idle power at the base station [132]. This modification
assumes that the base station (or relay node) can go in an idlemode. Using these models
an expression for the instantaneous power consumption of a base station can be written as
follows:

PB =

{
PB,on = bBPt,B + cB, Transmission mode

PB,idle = qB, Idle mode
(6.2)

wherePt,B represents the instantaneous transmit power required to provide the target qual-
ity of service to the connected user. The coefficientbB represents the transmission power
dependent parts of the power amplifier efficiency, the site cooling, the battery backup, and
the power supply loss [29]. Since the radiated powerPt,B is always less than the input
transmission powerbBPt,B, hence the coefficientbB is always greater than one. The term
cB accounts for the signal processing and transmit power independent portions of the site
cooling, the battery backup, and the power supply loss [29].When the base station is idle,
its power consumption is lower than when it is in operation, i.e. qB ≤ cB .

A relay node has a much smaller dimension and functionality than a macro base station.
Hence, a fixed relay node radiates less power and consumes less power than a macro base
station. The instantaneous power consumption of a relay node can be modeled as

PR =

{
PR,on = bRPt,R + cR, Transmission mode

PR,idle = qR, Idle mode
. (6.3)

However, the price paid for the smaller dimensions of relay nodes is that the power ampli-
fier has a lower efficiency in comparison with that of a base station, i.e. bB ≤ bR. Similar
to bB, the value ofbR will always be greater than one. As cooling is not required atthe
relay nodes and signal processing capabilities are also less than that of a base station, we
havecB ≥ cR andqB ≥ qR. Moreover, the power required to receive and process the
signals at the relay is not included incR.

Some typical values for the different parameters are given in [29] and are used for per-
forming the analysis. However, these values are expected tochange in the future as more
efficient base stations and relay nodes will be designed and soon available in the market. It
should also be mentioned that this power model is very simplified and does not include the
backhaul power consumption. For instance, the parameterbB (or bR) may not be constant
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Figure 6.2: Direct Point-to-Point transmission.

and should depend on the spectral efficiency. Also the parameter cB (or cR) should also
change with the type of cooling used, whether active or passive cooling. The model also
does not include the power required to receive and process the signals at the relay incR.
Moreover, the energy required by the nodes to send the feedback information to the base
station is also not included in the model. Since the basic purpose is to compare the per-
formance of different transmission schemes, hence a simplified power consumption model
is considered here. However, the results can be refined further by using more accurate
models.

6.2 Energy Consumption Analysis

In wireless networks of today, communication between the base station and the mobile unit
can be accomplished in many different ways. We may have normal direct transmission or
cooperative communication via fixed or mobile relay nodes. Cooperation may also include
network coding at the relay node where multiple user devicescooperate via relay nodes
with the help of network coding. The mode of transmission directly affects the achieved
data rate of the active mobile user and the energy consumption of the system.

6.2.1 Direct Point-to-Point Transmission

In a conventional cellular system, the base station communicates directly with each active
mobile user as illustrated in Fig. 6.2. The quality of service of the mobile user can be
defined by its required data rate and depends on its link quality. To achieve such a quality
of service the base station allocates the appropriate powerand the radio resource to the
user link. The received power at the mobile user can be written as follows:

Pr =
a1g1|h1|2Pt,B

rη
1

(6.4)

wherePt,B is the transmitted base station power,g1 is a random variable representing
the shadow fading effect,h1 is a complex Gaussian random variable representing the fast
fading (Rayleigh) effect, andr1 is the distance between the base station and the mobile
receiver. The parametera1 is a path loss constant that depends on the transmit/receive
antenna gains, the carrier frequency, and the propagation environment. Moreover,η repre-
sents the path loss exponent. The quality of service of the link is dependent on the received
SNR at the mobile receiver.
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Assuming that perfect channel state information is available and considering perfect
link adaptation, the user data rate can be written as

R = Ws log2(1 + Γ1) (6.5)

whereΓ1 = Pr

N is the received SNR at the mobile receiver,Ws is the signal bandwidth, and
N represents the total noise power at the user device. For a given target spectral efficiency,
the required instantaneous transmit power for the base station can be written as follows:

Pt,B=
N

G1

(
2Ct − 1

)

=
L1N

g1|h1|2
(
2Ct − 1

)
. (6.6)

where,Ct = Rt/Ws is the target instantaneous spectral efficiency andRt is the target data

rate for the user. Moreover,G1 = g1|h1|2

L1
denotes the channel gain andL1 =

rη
1

a1
represents

the distance dependent path loss.
If the required transmit power in (6.6) exceeds the maximum base station transmit

powerPmax
t,B , the target user data rate cannot be achieved and the user will be in outage. In

other words, the system outage probability can be defined as

Po = Pr

(

log2

(

1 +
G1P

max
t,B

N

)

< Ct

)

. (6.7)

In case of outage, we assume that the base station goes to idlepower mode in order to
reduce the power consumption [61]. This requires that the base station have the perfect
channel state information available.

For a given frame intervalTf , the instantaneous energy consumption per frame for
point-to-point transmission can be computed as follows:

E(γ) = PBTf =

{

TfbBPt,B + TfcB, Transmission mode

TfqB, Outage
(6.8)

It is obvious from (6.8) that the instantaneous energy consumption has two components, in
case of transmission mode. First can be represented byEdep = TfbBPt,B and it depends
on the transmission power. The second is independent of the transmission power and can
be denoted byEind = TfcB.

Using the expression of (6.8) in (6.1), the average area energy consumption per trans-
mitted frame can be written as

E =
1

Acell

[(

TfbB

∫ ∞

0

N

x

(
2Ct − 1

)
pG1(x)dx + TfcB

)

(1 − Po) + TfqBPo

]

(6.9)

wherepG1(x) is the pdf of the channel gainG1.
It is observed from (6.9) that the energy consumption at the base station depends on

the propagation parameters, the additive noise, the cell radius, the target spectral efficiency,
and the outage probability. It also depends on the values of the different parametersbB, cB

andqB in the power consumption model.
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Figure 6.3: Two-Hop Relaying Transmission (DF).

6.2.2 Two-Hop Relaying Transmission

In cellular relaying networks, communication between the base station and the mobile unit
is achieved in two hops as illustrated in Fig. 6.3. The time resource is shared between
the base station and the relay node, in order to transmit the information data to the user
[35]. Here, the base station transmits the packet in the firsttime slot to the user, which is
also received by one or multiple relay nodes. In the second time slot, the selected relay
node forwards the decoded packet to the user. Upon receptionof both signals the user
performs the necessary processing to recover the transmitted information. Depending on
the resource allocation and the time split between the first time slot and the second time
slot, the user can have different possibilities in combining and decoding the information.
Ofcourse, this time split will not only affect the link performance of the user but the total
power consumption as well.
Equal Time Split: With an equal time split between the first and the second timeslot, the
mobile user may decide to combine the signal received directly from the base station and
the relayed version from the relay node using maximum ratio combining (MRC) [70]. In
this case, the achieved instantaneous user data rate can be written as follows [36,133]:

R = Ws min

{
1

2
log2 (1 + Γ2) ,

1

2
log2 (1 + Γ1 + Γ3)

}

.

= Ws min

{
1

2
log2

(

1 +
G2Pt,B

N1

)

,
1

2
log2

(

1 +
G1Pt,B

N
+
G3Pt,R

N

)}

.(6.10)

whereG1 is as defined in (6.6) andGi = gi|hi|2

Li
for i = {2, 3}. SimilarlyLi =

rη
i

ai
, andr2

is the distance between the base station and the relay node, while r3 is the distance between
the relay node and the mobile user. Moreover,N1 is the noise power at the relay receiver
that could be different from noise powerN at the user device [29].

Using the expression in (6.10) and the target user data rate,one can compute the re-
quired transmit powers at the different nodes by solving theequationR = Rt. Based on
the transmission methodology described above, the corresponding instantaneous energy
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consumption per frame can be written as follows:

ER(γ) =
Tf

2
PB,on +

Tf

2
PB,idle +

Tf

2
(PR,on − PR,idle) + TfNRNPR,idle (6.11)

whereNRN is the number of relay nodes within the cell, whilePB andPR are as given in
(6.2) and (6.3), respectively. It is obvious from (6.11) that, the base station performs trans-
mission for the first half of the allocated timeTf . However, the selected relay transmits for
the second half of the allocated timeTf . All the other relays remain idle duringTf .

The terms on the right hand side of (6.11), can be rearranged in order to separate the
transmission power dependent and independent part as follows:

ER(γ) =
Tf

2
(PB,on + PR,on) +

Tf

2
(PB,idle + 2NRNPR,idle − PR,idle)

=

[
Tf

2
(bBPt,B + bRPt,R)

]

+

[
Tf

2
(cB + cR + qB + (2NRN − 1)qR)

]

= Edep + Eind. (6.12)

It is observed from (6.11) and (6.12) that the instantaneousenergy consumption depends
on the position of the selected relay node, the position of the mobile user, the quality of
the three links, and the power allocation at the nodes. The relay selection and the power
allocation at the nodes is done as follows:

• Relay node selection: It is observed from the expression of the user data rate in (6.10)
that, the selected relay node affects the two received SNRsΓ2 andΓ3. Hence, for a
given user data rateRt, the relay node that minimizes the transmit powers of both
the base station and the relay node is the one that has the bestbase station-relay node
and relay node-mobile user link gains. Denoting the channelgain between the base
station and relay nodei by G2i and the channel gain between relay nodei and the
mobile user byG3i, the selected relay node is the one, that maximizes the minimum
of {G2i, G3i} for all i = 1, 2 · · ·NRN .

• Power allocation to the base station and the relay node: It is observed from the
expression of the user data rate in (6.10) that, the base station transmit power affects
both terms in (6.10). However, the relay node transmit poweraffects the second
term only. Hence, for a given user data rateRt, the minimum transmission power
required at the two nodes is obtained when

Rt =
Ws

2
log2(1 + Γ2) =

Ws

2
log2(1 + Γ1 + Γ3). (6.13)

which gives the condition for the base station transmit power,

Pt,B ≥ N1

G2
(22Ct − 1). (6.14)

whereCt is the target user spectral efficiency.
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Substituting (6.14) into (6.13), the relay node transmit power can be derived and is
given by

Pt,R =
N
(
22Ct − 1

)
−G1Pt,B

G3
=

(
NG2 −N1G1

G3G2

)

(22Ct − 1). (6.15)

Since the relay node transmit power is limited within the interval0 ≤ Pt,R ≤ Pmax
t,R ,

the relay node transmit power in (6.15) can be rewritten as

Pt,R =







0, NG2 −N1G1 < 0
(

NG2−N1G1

G3G2

)

(22Ct − 1), NG2−N1G1

G2G3
≤ P max

t,R

22Ct −1

Pmax
t,R , otherwise

. (6.16)

Moreover, whenPt,R = Pmax
t,R , the base station transmit power needs to be adjusted

to ensure the required target spectral efficiency and takes the following expression:

Pt,B =







N1

G2
(22Ct − 1), Pt,R < Pmax

t,R

N(22Ct −1)−P max
t,R G3

G1
, Pt,R = Pmax

t,R

(6.17)

The obtained transmit powers are then used in (6.2) and (6.3)respectively, to obtain
the instantaneous power consumption at the base station andthe relay node. Using
the obtained values ofPB,on andPR,on, the total instantaneous energy consumption
can be calculated using (6.11).

However, it may happen that the two-hop relaying transmission requires more energy
than the point-to-point direct link transmission4. In this case, direct link transmission will
be preferred. Therefore, the base station has to compute theenergy consumption for the
two transmission options and choose the one that has better energy efficiency. If none of
the transmission options is able to provide the required quality of service for the active
mobile user then the user is in outage and both transmission nodes go to idle mode.

The instantaneous energy consumption per frame, for this cooperative relaying scheme,
can now be written as follows:

E(γ) =

{

min [ED(γ), ER(γ)] , Transmission

TfPB,idle + TfNRNPR,idle, Outage
(6.18)

whereED(γ) is the instantaneous energy consumption of the direct link transmission given
as,

ED(γ) = TfPB,on + TfNRNPR,idle (6.19)

4Here the direct link transmission refers to the transmission between the base station and the user, in the
presence of relays in the cellular network. This direct linktransmission is represented by the notion ’Direct’ in
different equations in case of relaying schemes.
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wherePB,on is a function ofΓ1 and can be calculated using (6.2) and (6.5). The right
hand side of (6.19) can be rearranged to separate the transmission power dependent and
independent parts as follows:

ED(γ) = [TfbBPt,B] + [TfcB + TfNRNqR]

= Edep + Eind. (6.20)

The area energy consumption per frame at the target spectralefficiencyCt is obtained by
averaging the instantaneous energy consumptions of the users over the fading coefficients
and the mobile position. Hence the resulting expression fortheE can be written as :

E =
1

Acell

∫ ∞

0

∫ ∞

0

∫ ∞

0

E(γ)pG1 (x1)pG2(x2)pG3(x3)dx1dx2dx3. (6.21)

With fixed time allocation area energy consumption is reduced only through appropriate
power allocation to the base station and the relay node. Adapting the allocated time ac-
cording to the link conditions will provide a new degree of freedom that can be exploited
to reduce the area energy consumption of wireless networks further. This is the subject of
the following subsection.
Adaptive Time Allocation: A better way to take advantage of the channel variability is to
adapt the time allocation according to the quality of the links. This will allow us to reduce
the energy consumption without affecting the quality of service of the user. For a transmis-
sion frame intervalTf , we assume thatαTf is allocated to the base station transmission
and(1 − α)Tf is allocated to the relay node transmission with0 ≤ α ≤ 1.

Considering the user data rate as a performance measure we may write the user spectral
efficiency [69] of the two-hop relaying transmission as

C = min{α log2 (1 + Γ2) , (1 − α) log2 (1 + Γ3)} (6.22)

whereΓi is the received SNR on linki as shown in Fig. 6.3. The expression in (6.22),
allows us to compute the transmission power and transmission time at different nodes for
a given target spectral efficiency. Since different combinations of transmission time and
transmission power is possible for achieving the required target spectral efficiency, the
main objective here is to choose the appropriate combination that minimizes the overall
energy consumption.

Similar to the fixed time allocation case, the minimum transmit power required at the
nodes is obtained, when the capacity of both links is equal, i.e.,

α log2(1 + Γ2) = (1 − α) log2(1 + Γ3). (6.23)

Solving forα we get

α =
log2(1 + Γ3)

log2(1 + Γ2) + log2(1 + Γ3)
, (6.24)

a time allocation that depends on the link quality of the different paths of the two-hop
relaying transmission.
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The option of direct transmission is also possible here as well if it provides better
energy saving than the two-hop relaying transmission. In this case, all relay nodes stay
idle during the whole time frameTf while the BS transmits directly to the mobile user for
a timeα′Tf with 0 ≤ α′ ≤ 15. Thus, the instantaneous spectral efficiency with adaptive
time allocation can, in general, be written as

C =

{
α′ log2(1 + Γ1), Direct

log2(1+Γ2) log2(1+Γ3)
log2(1+Γ2)+log2(1+Γ3) , Relaying

(6.25)

whereΓi, i = 1, 2, 3 are as defined earlier. The expression for two-hop relaying transmis-
sion is obtained by substituting (6.24) into (6.22).

For a given user data rate, the expression in (6.25) can be used to determine a relation
between the base station transmit power, the relay node transmit power, and the fraction
of transmission times. Hence the base station transmissionpower can be computed from
(6.25) as follows:

Pt,B =







N
G1

(

2
Ct
α′ − 1

)

, Direct

N1

G2




2

(
Ct log2(1+G3Pt,R/N)

log2(1+G3Pt,R/N)−Ct

)

− 1




 , Relaying

(6.26)

whereCt is the target spectral efficiency of the mobile user.
Using the expression of (6.26) in (6.2), the total power consumption of the base sta-

tion becomes a function of the relay node transmit powerPt,R and the fraction of time
α′. With these relations and based on the transmission methodology described above, the
instantaneous energy consumption is obtained as follows:

E(γ) =







α′TfPB,on + (1 − α′)TfPB,idle +NRNTfPR,idle, Direct

αTfPB,on + (1 − α)Tf (PR,on + PB,idle − PR,idle)

+NRNTfPR,idle, Relaying

TfPB,idle + TfNRNPR,idle, Outage

(6.27)

with 0 ≤ α′ ≤ 1, 0 ≤ Pt,B ≤ Pmax
t,B , and0 ≤ Pt,R ≤ Pmax

t,R .
Using the expression in (6.27), the base station identifies the transmission path, the base

station transmit power, the relay node transmit power, and the time splitting that minimizes
E(γ). If no valid solution forPt,B, Pt,R, orα′ is obtained then all the nodes go to the idle
mode and the mobile user is in outage. The important steps followed by the base station, for
selecting the transmission path and the corresponding instantaneous energy consumption
are summarized in Appendix. B. The average area energy consumption per frame can be
obtained by using the selectedE(γ) for each user, in (6.21).

5Note thatα′ is the fraction of the base station transmission time when only direct transmission is used and
can be different fromα.
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Figure 6.4: Two-hop Transmission with Network Coding (DFNC).

The expressions in (6.27) can be rearranged to obtain the transmission power, depen-
dent and the independent components of the instantaneous energy consumption. For in-
stance, in case of direct transmissionEdep andEind can be obtained as follows:

E(γ) = Tfα
′bBPt,B + [Tf (α′cB + (1 − α′)qB +NRNqR)]

= Edep + Eind. (6.28)

Similarly, in case of relay transmission path the two components can be written as follows:

E(γ) = [Tf (αbBPt,B + (1 − α)bRPt,R)] +

[Tf (αcB + (1 − α)cR + (1 − α)qB + (NRN − 1 + α)qR)]

= Edep + Eind. (6.29)

6.2.3 Two-hop Transmission with Network Coding

In this transmission scheme [48] the total time resource is divided into three phases to
allow cooperation between two transmissions as illustrated in Fig. 6.4. In the first two
transmission phases, the base station transmit two different packets to the user. The two
packets are decoded by the relay node, combined using XOR-based network coding and
then forwarded to the users in the third phase. The transmission of one packet will then
require only one and a half time slot as compared to two time slots in the case of conven-
tional two hop cooperative relaying. This helps in improving the bandwidth efficiency of
the relaying network, however affects the power consumption as well.

After reception of the three packets, the user tries to decode its information using the
decoding scheme proposed in [51]. Using the two direct linksthe receiver decodes the
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packet having the highest channel gain, i.e.max{G1, G4}. This packet is known as the
strong packet and it takes advantage of selection diversity. Based on the knowledge of the
detected packet, the weak packet (second packet) is decodedusing the relayed packet and
the weaker direct link. Here, the receiver combines the two links to get better quality for
the weak packet. The simplest resource allocation in a two-hop relaying transmission with
network coding is to have equal time split between the three transmission.
Equal Time Split: With an equal time split between all the three time slots, the mobile
user will detect the strong packet directly while the weak packet is detected with the help
of the relayed network coded packet using maximum ratio combining [70].

Assuming that packet 1 is the strongest, i.e.Γ1 > Γ4, the expression for the spectral
efficiency as derived in [51] can be written as:

C =
1

3
(log2 [1 + min (Γ1,Γ2)] + log2 [1 + min (Γ3 + Γ4,Γ5)])

=
1

3
log2

[

1 + min

(
G4Pt,B +G3Pt,R

N
,
G5Pt,B

N1

)]

+

1

3
log2

[

1 +
min (G1, G2)Pt,B

N

]

(6.30)

It is observed that the selected relay node will affect the two terms in (6.30). Hence, the
relay node that minimizes the base station transmit power and the relay node transmit
power is the one, that maximizes the minimum link gains{G2i, G3i, G5i} for all i =
1, 2 · · ·NRN [134]. This relay selection procedure is used in the analysis.

It is also observed from (6.30) that the minimum required transmission powers at the
base station and the relay node can be obtained when

G4Pt,B +G3Pt,R

N
=
G5Pt,B

N1
⇒ Pt,R =

N

G3

(
G5

N1
− G4

N

)

Pt,B (6.31)

Using the relation of (6.31) in (6.30) and assuming a user spectral efficiencyCt, the
base station transmit power can be obtained as

Pt,B =

√
(

min(G1,G2)
N + G5

N1

)2

− 4 min(G1,G2)
N

G5

N1
(1 − 23Ct) − min(G1,G2)

N − G5

N1

2 min(G1,G2)
N

G5

N1

(6.32)

and that of the relay node by

Pt,R =

{
N
G3

(
G5

N1
− G4

N

)

Pt,B ,
G5

N1
− G4

N ≥ 0

0, otherwise
(6.33)
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with 0 ≤ Pt,B ≤ Pmax
t,B , and0 ≤ Pt,R ≤ Pmax

t,R . WhenPt,R = Pmax
t,R , the base station

transmit power is recalculated usingPt,R = Pmax
t,R in (6.30) and becomes

Pt,B =
N

2 min(G1, G2)G4

[√

ϑ2 − 4 min(G1, G2)(1 − 23Ct +
G3Pmax

t,R

N
) − ϑ

]

(6.34)

whereϑ = min(G1, G2)
(

1 +
G3P max

t,R

N

)

+G4. If no valid value forPt,B is obtained, then

all nodes go to idle mode and the mobile user is in outage.
The transmit powers obtained for both nodes can then be used in (6.2) and (6.3) to get

the instantaneous power consumption at the base station andthe relay node, respectively.
Based on the transmission method and using the obtained values ofPB,on andPR,on, the
total instantaneous energy consumption per frame can be calculated as follows:

E(γ) =







2Tf

3 PB,on +
Tf

3 PB,idle +
Tf

3 (PR,on − PR,idle) ,

+NRNTfPR,idle, Transmission

TfPB,idle + TfNRNPR,idle, Outage

(6.35)

Substituting the expression ofE(γ) in (6.1) and after averaging it over all link gains of
the different links, the average area energy consumption per frame for the target spectral
efficiencyCt is obtained.

The total instantaneous energy consumption in (6.35) can besplit into its transmission
power dependent and the transmission power independent parts, as follows:

E(r, γ)=
2Tf

3
PB,on +

Tf

3
PR,on +

Tf

3
(PB,idle + (3NRN − 1)PR,idle)

=

[
Tf

3
(2bBPt,B + bRPt,R)

]

+

[
Tf

3
(2cB + cR + qB + (3NRN − 1)qR)

]

=Edep + Eind. (6.36)

Since the base station consumes more power than the relay node, allocating two-third of
the total transmission time to the base station may not be thebest option for the system
from a power consumption point of view.
Adaptive Time Allocation: Adapting the time allocation of the different links taking into
account the total energy consumption can be very energy efficient for the system. It is
observed from Fig. 6.4 that this scheme provides three alternatives for transmitting the two
packets to the mobile user during the time frameTf .

• Both packets are transmitted via the direct links

• Packet one is transmitted via the direct link and packet twovia the two-hop relaying
link.
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• Packet two is transmitted via the direct link and packet onevia the two-hop relaying
link.

In this case, the network coding scheme at the relay node becomes a simple selection
scheme where only one packet is forwarded toward the mobile user. The adaptive time
allocation then becomes similar to that used in the regular two-hop transmission relaying
scheme of section 6.2.2.

Let us reconsider Fig. 6.4 and assume thatΓ1 > Γ4. In this case, packet 1 will be
transmitted on the direct link with a normalized time allocationα and a normalized spectral
efficiency

C1 = α log2 (1 + Γ1) . (6.37)

Packet 2 will be transmitted on the link (direct or two-hop relaying) that ensures the lowest
power consumption for the system. The normalized spectral efficiency for packet 2 can
then be written as follows:

C2 =

{
(1 − α)α′ log2(1 + Γ4), Direct

(1 − α) log2(1+Γ3) log2(1+Γ5)
log2(1+Γ3)+log2(1+Γ5) , Relaying

(6.38)

where(1 − α)α′ with 0 ≤ α′ ≤ 1 is the normalized fraction of time allocated to the base
station for transmitting packet 2. Moreover, in case of relayed transmission the spectral
efficiency is obtained using (6.25).

The total user spectral efficiency is then obtained as

C = C1 + C2 =

{
α log2 (1 + Γ1) + (1 − α)α′ log2(1 + Γ4), Both direct

α log2 (1 + Γ1) + (1 − α) log2(1+Γ3) log2(1+Γ5)
log2(1+Γ3)+log2(1+Γ5) , otherwise

(6.39)

It is observed from (6.39) that, during the time frameTf , the strong packet is allocated a
total time ofαTf and the weak packet is allocated a total time of(1−α)Tf . But the strong
packet is transmitted on one hop while the weak packet is transmitted on one or two hops.
Our objective is, to find the value ofα that minimizes the total energy consumption and
ensures the target spectral efficiency for the user.

It should also be mentioned that the base station, in this scheme, is involved in two
transmissions as it participates in transmitting packet 1 and packet 2. The total transmission
time of the base station during the time frameTf is given by

TBS =







[α+ (1 − α)α′]Tf , Both direct
[

α+ (1 − α) log2(1+Γ3)
log2(1+Γ3)+log2(1+Γ5)

]

Tf , otherwise
(6.40)

and the total transmission time of the relay node within the frame is given by

TRN =







0, Both direct
[

(1 − α) log2(1+Γ5)
log2(1+Γ3)+log2(1+Γ5)

]

Tf , otherwise
. (6.41)
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For a given user spectral efficiencyCt, the expression in (6.39) can be used to obtain a
relation betweenα, Pt,B , Pt,R, andα′ as follows:

α =







Ct−α′ log2(1+Γ4)
log2(1+Γ1)−α′ log2(1+Γ4) , Both direct

Ct−
log2(1+Γ3) log2(1+Γ5)

log2(1+Γ3)+log2(1+Γ5)

log2(1+Γ1)−
log2(1+Γ3) log2(1+Γ5)

log2(1+Γ3)+log2(1+Γ5)

, otherwise
(6.42)

Based on the transmission methodology described above the total instantaneous energy
consumption during the frame intervalTf can now be written as follows:

E(γ) =







TBSPB,on +NRNPR,idle + (1 − α)(1 − α′)TfPB,idle, Both direct

TBS (PB,on +NRNPR,idle) + TRN (PR,on + PB,idle) +

TRN ((NRN − 1)PR,idle) , Direct, Relay

TfPB,idle + TfNRNPR,idle, Outage

(6.43)

The values of different parameters in (6.43) can be computedusing (6.42), (6.2), and (6.3).
For instance, depending upon the transmission path, the base station computes all the
triplets(α, α′, Pt,B) or (α, Pt,B , Pt,R) using (6.42). After that it selects a particular triplet
that minimizes the total instantaneous energy consumptionin (6.43) for the respective path.
Then the base station selects a transmission path that provides better instantaneous energy
consumption. If no valid triplet exists for one path then theother path have to be used. If
no valid triplet exists for the both transmission paths, allnodes will go to idle mode and the
user will be in outage. The important steps followed by the base station, for selecting the
transmission path and the corresponding instantaneous energy consumption are summa-
rized in Appendix. B. The obtained instantaneous energy consumptionE(γ) is then used
in (6.1) and averaged over all link gains to obtain the area average energy consumption per
frame for the given target.

The computed instantaneous energy consumption in (6.43) can also be represented in
terms of transmission power dependentEdep and the transmission power independent part
Eind. For instance, if both packets are transmitted directly, both parts can be written as
follows:

E(γ)=TBSbBPt,B + [TBS(cB) +NRNqR + 1 − α)(1 − α′)TfqB]

=Edep + Eind. (6.44)

However, if one packet is transmitted via direct link and theother via relay link then both
parts can be expressed as below:

E(γ)=[TBSbBPt,B + TRNbRPt,R] +

[TBS(cB +NRNqR) + TRN (cR + qB + (NRN − 1)qR)]

=Edep + Eind. (6.45)
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Table 6.1: Parameters for power consumption model

Parameters Values

bB 3.77

bR 5.55

cB 68.73 watts
cR = 0.1cB 6.873 watts
qB = 0.1cB 6.873 watts
qR = 0.1cR 0.6873 watts

P max
t,B 41.7 watts

P max
t,R 5 watts

6.3 Numerical Results

Some illustrative examples are considered, in order to compare the area energy consump-
tion of the different transmission schemes described above. Different parameters for the
power consumption model used in [29,135] are summarized in Table. 6.1. The energy cost
for a relay is assumed to be10% of that of the BS [136], i.e.cR = 0.1cB. The maxi-
mum outage probability and the target spectral efficiency are fixed to2% and1 bit/s/Hz
respectively, unless specified. The noise powerN is calculated usingN0 × Ws, where
N0 = −174 dbm/Hz andWs = 5 MHz [29]. Since the noise figure for user device is
higher than that of relay receiver [29], the noise power for the mobile user isN = −100
dbm while the noise power for the relay node isN1 = −103 dbm. The values ofLi are
calculated using the NLOS path loss models for propagation scenario 1 (Sc1), described
in Appendix C. These path loss models are proposed by 3GPP forLTE advanced sys-
tems [86].

The fading multipath channel is modeled as flat Rayleigh fading and the effect of
shadow fading is not considered in these numerical results.We also define the normal-
ized distance between the base station and the relay node as follows:

κ =
r2

Rcell
, (6.46)

wherer2 is the distance between the base station and the relay node asillustrated in
Fig. 6.1. It is a measure of the relative location of the relaynodes as compared to the
cell radiusRcell. We denote two-hop relaying transmission with equal time split by DF
relaying. Also the two-hop relaying transmission with network coding and equal time split
is represented by DFNC relaying. In case of adaptive time allocation in both schemes, a
suffix "Adaptive" is added to the name of the relaying scheme.

To assess the benefits of cooperative communication, the area energy consumption of
the transmission schemes for different system parameters are evaluated. These parameters
include the size of the cell, the position of the relay nodes,the number of relays and the
target spectral efficiency.



134 CHAPTER 6. ENERGY EFFICIENCY USING COOPERATIVE RELAYING

200 400 600 800 1000 1200 1400 1600 1800 2000

10
1

10
2

10
3

Cell Radius (m)

A
re

a 
E

ne
rg

y 
C

on
su

m
pt

io
n 

(W
at

ts
 /k

m
2 )

 

 
Direct
DF
DF Adaptive
DFNC
DFNC Adaptive

Figure 6.5: Area energy consumption as a function of the cellradiusRcell for a single cell
scenario. Here4 relay nodes are deployed atκ = 0.5. Target spectral efficiency of the user
is 1 bit/s/Hz and an outage probability of 2% is assumed.

6.3.1 Cell radius

In this subsection we look at the area energy consumption of wireless networks with the
different transmission schemes and a given user target spectral efficiency of1 bit/s/Hz.
The objective is to assess the area coverage that can be achieved by each transmission
scheme for a given given outage probability. A single cell isassumed with a total of
NRN = 4 relay nodes placed uniformly on a circle with radius0.5Rcell (i.e. κ = 0.5)
around the base station.

Figure 6.5 illustrates the area energy efficiency of the different transmission schemes
as a function of the cell radiusRcell for an outage probability of 2%. It is observed that
the area energy consumption decreases with increasing the cell radius for all transmission
schemes because the rate of increase of the cell area is much larger than that of the en-
ergy consumption. Since adaptive relaying schemes are designed based on minimizing the
total energy consumption, they provide much better energy efficiency for all cell sizes as
compared to conventional direct point-to-point transmission and cooperative relaying with
fixed time allocation. For instance, with a cell radius of800 m, the area energy consump-
tion of both adaptive DF and adaptive DFNC, is about one thirdof that of conventional
direct transmission.

Figure 6.5 also shows that the transmission schemes with adaptive resource allocation
provide much larger coverage areas for the same target user spectral efficiency and the
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Figure 6.6: Area energy consumption as a function of the relay position for deployment
strategy1. The cell radius isRcell = 800 m and6 relay nodes are deployed. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed.

same outage probability as compared to the ones with fixed allocation. For instance, the
maximum cell radius of the coverage area for the direct link,DF, DF adaptive, DFNC, and
adaptive DFNC is1.4, 1.5, 1.6, 1.7, and2.1 kilometers, respectively. This corresponds
to a maximum area coverage of6.15, 7.06, 8.04, 9.08, and13.9 km2, respectively. Two-
hop relaying transmission with network coding and adaptiveresource allocation provides
the largest coverage area and the lowest area energy consumption due to its flexibility in
transmitting the data.

6.3.2 Relay Node Position

To investigate the effect of the relay position on the area energy consumption of the differ-
ent transmission schemes, we have considered two differentdeployment strategies:

• The first deployment strategy consists of placing six relaynodes uniformly on a
circle around the base station with a normalizedκRcell. The cell radius is assumed
to beRcell = 800 meters.

Figure 6.6 illustrates the area energy consumption for the first deployment strategy as
a function of the relay positions for the same target spectral efficiency of1 bit/s/Hz
and an outage probability of 2%. For the case of the two-hop relaying schemes with
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Figure 6.7: Area energy consumption as a function of the relay position for deployment
strategy2. The cell radius isRcell = 800 m and6 relay nodes are deployed. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed.

fixed time allocation, it is observed from Fig. 6.6 that the position of the relay nodes
affects the area energy consumption slightly. The relay node positions that mini-
mize the area energy consumption are at a radius of0.7Rcell for both transmission
schemes with fixed time allocation.

For the case of the transmission schemes with adaptive time allocation, the obtained
area energy consumption does not seem to depend on the relay node positions as
shown in Fig. 6.6. This is due to the adaptive time allocationscheme used by those
two transmission schemes which indirectly takes into account the position of the
relay node into account. Hence, the relay nodes can basically be placed randomly
within the cell area and no relay planning will be needed.

• The second deployment strategy tries to increase the spread of the relay nodes over
the cell area. In this strategy, half of the relay nodes are placed on a circle with
radiusκRcell and the other half are at another circle with radiusκ1Rcell and rotated
by π/3 radians with respect to the first. We then vary bothκ andκ1 to see their
effects on the area energy consumption. This is illustratedin Fig. 6.7 for the different
transmission schemes. Again the best relay node positions for the equal time split
DF and DFNC is obtained when{κ = 0.7, κ1 = 0.7}, and the energy consumption
of the adaptive schemes does not vary very much with the relaynode positions. So,
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Figure 6.8: Area energy consumption as a function of the number of relay nodes. The cell
radius isRcell = 800 m and relays are deployed atκ = 0.7. Target spectral efficiency of
the user is1 bit/s/Hz and an outage probability of 2% is assumed.

random deployment of relay nodes, when adaptive resource allocation is used, is
confirmed.

6.3.3 Number of Relay Nodes

Increasing the number of relay nodes will improve the coverage but it will eventually in-
crease the area energy consumption, due to the idle power of all the relay nodes as illus-
trated in (6.11), (6.27), (6.35), and (6.43). Figure 6.8 shows the area energy consumption as
a function of the number of relay nodes within the cell for a cell radius ofRcell = 800 m.
The relay nodes are spread uniformly on a circle with radius0.7Rcell around the base sta-
tion. It is observed that, for every transmission scheme, there exists a certain number of
relay nodes for which the area energy consumption of the system is minimum. The trans-
mission schemes with fixed resource allocation require a total of four relay nodes to ensure
minimum energy consumption, while the transmission schemes with adaptive resource al-
location require two relay nodes.

With too few relay nodes, higher base station transmit poweris needed to ensure the re-
quired coverage which causes the area energy consumption toincrease. On the other hand,
with a large number of relay nodes (beyond two or four in the respective cases) the cover-
age is improved and as a result the base station transmit power is reduced. However, the
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Figure 6.9: Area energy consumption as a function of the target spectral efficiency. The
cell radius isRcell = 800 m, and6 relay nodes are deployed atκ = 0.7. An outage
probability of 2% is assumed.

area energy consumption of the system is increased due to theidle power of the relay nodes
which increases with increasing the number of relay nodes within the cell. As seen from
Fig. 6.8, increasing the number of relay nodes can make the two-hop relaying transmission
schemes less energy efficient than conventional point-to-point transmission. For instance,
the break even power cost6 for the DF and the DFNC schemes with fixed time allocation
areNRN = 30 andNRN = 42, respectively. With adaptive time allocation, the break even
point occurs at a much larger number of relay nodes. Hence, adaptive resource allocation
allows the deployment of many relay nodes while ensuring good energy efficiency.

6.3.4 Target spectral Efficiency

The above numerical results assumed that the target spectral efficiency is fixed toCt =
1 bit/s/Hz. However, for a given cell radius and a number of relay nodes,the area cover-
age will change if the target user spectral efficiency change. To investigate this relation we
consider a cell with radiusRcell = 800 meters,κ = 0.7, andNRN = 6 relays.

Figure 6.9 illustrates the area energy consumption of the system as a function of the tar-
get spectral efficiency for the different transmission schemes. As expected, we notice that

6the break even power cost is obtained when the deployment with and without relay nodes yields the same
area energy consumption.
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the area energy consumption increases with increasing the target user spectral efficiency. It
is also observed that, for the number of relay nodes considered, different schemes support
different target spectral efficiencies for the same area coverage probability. For instance,
the adaptive DFNC provides the minimum area energy consumption and also support a tar-
get spectral efficiency up toCt = 5.5 bit/s/Hz for an outage probability of at most2%.
The adaptive DF scheme can support a spectral efficiencyCt ≤ 3.5 bit/s/Hz and has an
energy efficiency comparable to that of adaptive DFNC. The non adaptive DF and DFNC
schemes also supportCt ≤ 3.5 bit/s/Hz, however these schemes consume more energy
as compared to their non adaptive counterparts. In short, the adaptive DFNC consumes the
least energy and support the highest spectral efficiency targets in comparison with all the
other transmission schemes.

6.4 Summary

Here the area energy consumption of cellular systems with and without relay nodes is
compared. The obtained results showed that two-hop cooperative relaying transmission
schemes can reduce the power consumption of cellular systems and improve coverage.
To further improve the energy efficiency of two-hop cooperative relaying transmission
schemes, radio resource allocation algorithms have been considered, that take into the
power consumption of the system when assigning time slots totransmission links. With
such adaptation, the area energy consumption of wireless networks with two-hop relaying
transmission could be reduced considerably. Along with theminimum energy consump-
tion, the cell coverage or target data rate can also be increased by using network coding in
adaptive two-hop relaying.

The implication of different parameters, such as relay nodeposition, number of relay
nodes, and the cell radius on the area energy consumption of the system has been inves-
tigated here. The obtained results showed that the area energy consumption is not very
sensitive to the position of the relay nodes within the service area. In fact, with adaptive
resource allocation, the area energy consumption becomes independent of the relay node
positions within the cell. This simplifies the deployment ofrelay nodes considerably as
random deployment becomes sufficient. On the other hand, thearea energy consumption
of the system is quite sensitive to the number of relay nodes deployed. The obtained results
showed that each transmission scheme can ensure a minimum area energy consumption
with a proper selection of the number of relay nodes. Two-hopcooperative relaying trans-
mission with adaptive resource allocation provides the lowest area energy consumption
along with maximum coverage for a given quality of service for the user.

The analysis highlights the significance of different transmission schemes in improving
the energy efficiency of cellular system. However, there arecertain issues that remained un-
addressed. For instance, the obtained results are very muchsensitive to the parameters used
in power consumption model. Hence a sensitivity analysis isneeded to observe the effect
of changing different parameters on energy efficiency of therelaying schemes. The study
carried out in this chapter considers a single cell scenario. However, it may be interesting to
analyze the energy consumption of different combinations of the base station and the relays
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in the multi-cell scenarios. A propagation scenario considering only NLOS transmission on
the links is considered. However in practice, LOS conditions are also possible on the links.
Does the introduction of LOS conditions and changes in otherpropagation parameters
effect the conclusions, is an important question to be analyzed. Therefore, each of these
factors, is needed to be analyzed thoroughly and is subject of next chapter.



Chapter 7

Deployment Strategies in Cooperative
Relaying

The required quality of service can be delivered to the userswith different combinations of
base stations and relays in a given service area. However, the number of deployed nodes
in the network has direct impact on the total energy consumption of the system. The total
power consumption is the sum of power consumed by the base stations and the relay nodes.
Although different combinations of base station and relay nodes can be used to deliver a
target quality of service in the service area, it is not obvious that which combination is
better from energy consumption point of view. Therefore, itis interesting to look at the
balance between the number of base stations and the number ofrelays for different relaying
schemes, that provides a required quality of service to the users and minimize the total
energy consumption in the service area. This chapter looks at the tradeoff between the
base station density and the relay node density from energy consumption point of view.
The study is carried out using different cooperative relaying schemes.

Besides the number of transmission nodes deployed in the network, the total energy
consumption in the service area depends on other factors as well. These include the pa-
rameters for the propagation environment, the parameters in the power consumption model
and the maximum transmission powers at the nodes. All these parameters were kept con-
stant in previous chapter for better understanding. However, these parameters are subject
to change either due to different propagation environmentsor due to the improvements in
component design for the future wireless nodes. Therefore an analysis is performed in
order to investigate, how these parameters effect the already obtained results.

The outline of the chapter is as follows. Section 7.1 describes the system model used
for computing the total energy consumption in a service area. The numerical results de-
scribing the tradeoff between the number of transmitting nodes and the sensitivity analysis
for different parameters are illustrated in section 7.2. Finally section 7.3 provides the sum-
mary of conclusions drawn from the analysis.

141
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Figure 7.1: A service area covered by a number of macro base stations and relay nodes.
Shaded portion illustrates the coverage area of a single base station.

7.1 System Model

A downlink transmission scenario in a wireless network is illustrated in Fig. 7.1. A given
service area is considered having the radiusRs and the corresponding area calculated as
As = πR2

s. This service area is covered by a number of base stationsNBS having om-
nidirectional antennas. It is also assumed thatNRN relays nodes are deployed per cell.
Low cost outdoor relay nodes operating in half duplex mode with orthogonal time division
multiple access are considered. These relay nodes receive the packet from base station in
the first time slot and performs decoding. Then they forward the decoded packet to the
user in the second time slot. These relays are spread uniformly within each cell.

It is assumed, that each user within the service area requires a certain target spectral
efficiency. A time division multiple access transmission isassumed, where each user in
a cell is served in a round robin fashion. In order to deliver the required target spectral
efficiency to a user, a normalized transmission frame interval denoted byTf is allotted to
each user in a cell. The effect of the inter-cell interference is assumed constant for each
transmission. Considering a uniform distribution of usersin each cell, the average area
energy consumption per transmitted frameE in (6.1) can be assumed same in each cell.
In other words, the average area energy consumption per transmitted frame is considered
same in the whole service area.

Therefore, the total energy consumption per transmitted frame intervalTf in a service
areaAs can be defined as follows:

ET = AsE =
As

Acell

∫ ∞

0

E(γ)pΓ(γ)dγ (7.1)

whereAcell = πR2
cell represents the area of each cell andRcell is the corresponding cell

radius as shown in Fig. 7.1. MoreoverE(γ), Γ, andpΓ(γ) are already defined in (6.1).
Now let us approximate the total number of base stationsNBS by As/Acell as done

in [6]. Then the expression in (7.1) can be rewritten as follows:
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ET = NBS

∫ ∞

0

E(γ)pΓ(γ)dγ (7.2)

It is clear from chapter 6 that beside other parameters,E(γ) is a function of the number of
relays per cellNRN as well. Hence, the total energy consumptionET for a service area in
(7.2), is a function of number of base stationNBS and the number of relays per cellNRN .
The total energy consumption using any cooperative relaying scheme can be computed
by using the correspondingE(γ) in (7.1). Hence, the effect of changing the number of
transmitting nodes on the total energy consumption can be studied for any relaying scheme.

For instance, consider the case of conventional point-to-point direct link transmission
between the base station and the users. The total energy consumption in this case can be
calculated using (6.9) in (7.1) as follows:

ET = NBS

[(

TfbB

∫ ∞

0

N

x

(
2Ct − 1

)
pG1(x)dx + TfcB

)

(1 − Po) + TfqBPo

]

.

(7.3)

where all the parameters are defined in (6.9).
As the number of base stationsNBS in a service area increases, the average distance

dependent path-loss between the users and the base stationsdecreases. This reduction in
average value of channel gain reduces the transmission power dependent part of the energy
consumption in (7.3). On the other hand the increase inNBS increases the transmission
power independent partNBS [TfcB(1 − Po) + TfqBPo] of the total energy consumption.
The transmission power dependent part is usually less dominant than the transmission
power independent part of the energy consumption. Therefore, in this case the total en-
ergy consumption increases by increasing the number of basestations and vice versa.

It means that from energy consumption point of view, the number of base stations
should be as minimum as possible. However, a certain minimumvalueNBS = Nmin

is required to cover the whole area, so that the outage probability for the users do not
exceed its maximum allowable limit. Here the user outage means that the required spectral
efficiency cannot be delivered to the user. Therefore, in case of direct link transmission,
the number of base stations, that provides the coverage and minimizes the total energy
consumption simultaneously, would be equal toNmin.

In case of relaying schemes the general expression for the total energy consumption
can be written by inserting (6.21) in (7.1) as follows:

ET = NBS

∫ ∞

0

∫ ∞

0

· · ·
∫ ∞

0

E(γ)pG1(x1)pG2(x2) · · · pGi(xi)dx1dx2 · · · dxi.(7.4)

wherei is the number of links involved during the transmission and depends upon the
relaying scheme used. The expressions forE(γ) derived in (6.18), (6.27), (6.35) and
(6.43), can be substituted in (7.4) to get the total energy consumption for the each respective
scheme.
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SinceE(γ) in this case is a function of the number of relays as well, hence the total
energy consumption depends both on the number of relays and the number of base stations
deployed in the service area. However, the relationship between the number of transmit-
ting nodes and the total energy consumption is more complex in this case as compared
to the conventional direct link transmission. Again the trend depends upon the relation-
ship between the transmission power dependent and the independent part of the energy
consumption. These two components of total energy consumption varies by changing the
balance between the number of base stations and the relays. Hence, it is important to ana-
lyze the total energy consumption for different combinations of base stations and the relays
that are deployed to provide the target spectral efficiencyCt to every user.

Besides the number of transmitting nodes, the total energy consumption depends upon
many other factors as well. These include the parameters used in the propagation model.
For instance, different environments have different standard deviation for the shadow fad-
ing. Moreover, LOS conditions between the transmitter and the receiver effect the path loss
expression. These changes in the propagation conditions may effect the energy consump-
tion of the network. To analyze the effect of these changes onthe total energy consumption,
some illustrative examples are considered here using different relaying schemes.

Another important factor effecting the total energy consumption is the values of param-
eters in the power consumption model. These values are subject to change for the future
designs of transmitting nodes. Therefore, it is necessary to analyze the limits for these
parameters for which the relaying schemes have better energy efficiency as compared to
the conventional direct link transmission.

7.2 Numerical Results

In this section different illustrative scenarios are considered and the effect of varying dif-
ferent parameters is studied. For computing the instantaneous energy consumption for
different transmission schemes, the expressions derived in chapter 6 are reconsidered here
for each respective scheme. Different parameters for the power consumption model de-
scribed in Table. 6.1 are used here, unless a different valueis mentioned. The maximum
limit on the outage probability for the users is kept equal to2%. The noise power at the
user device isN = −100 dbm while at the relay it is assumed equal toN1 = −103
dbm [29]. Different path loss models described in Appendix Care considered during the
analysis. Let us investigate the effect of each factor separately as follows.

7.2.1 Deployment of Transmission Nodes

Here the effect of using different combinations ofNBS andNRN on the total energy con-
sumption per transmitted frame in a service area is investigated. Lets us consider an il-
lustrative scenario, where a service area ofAs = 25 km2, is covered with a total ofNBS

base stations. The relay nodes are uniformly spread over theservice area, with a total of
NRN relay nodes per cell. Only even number of relays are considered to have symmetrical
deployment around the base station. The 3GPP NLOS propagation model Sc1 described
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Figure 7.2: Total energy consumption per frame interval as afunction of the number of
base stations and the number of relays nodes/cell, for DF Adaptive relaying scheme. User
spectral efficiency is3 bit/s/Hz and an outage probability of 2 % is considered.

in Appendix C is considered here for computing the path loss on the transmission links.
Moreover, flat fading Rayleigh channel is assumed on the links.

Figure 7.2 illustrates the total energy consumption per frame interval for different com-
binations ofNBS andNRN , in case of DF adaptive relaying scheme at required target
spectral efficiency ofCt = 3 bit/s/Hz. It can be observed that there exist a certain value
of NRN for eachNBS , where the energy consumption is minimum. It is quite obvious,
that if we use the number of relays less than that certain value, the energy consumption
would be higher due to the higher outage probability for the users. On the other hand, if
we use the number of relays more than that certain value, the energy consumption would
be higher due to the higher idle power of the relay, that is proportional to the number of
deployed relays.

Moreover, it can be observed that as the number of base stations is reduced, more relays
are required to achieve this minimum value of total energy consumption. For instance,
usingNBS = 20, 6 relays per cell are needed to minimize the energy consumption in
Figure 7.2. However, atNBS = 6, the minimum energy consumption can be achieved
using 10 relays per cell.

There is an upper limit defined on outage probability for the users as well, equal to2%
in our case. Therefore, it can happen that the combination ofNBS andNRN providing
minimum energy consumption does not meet the outage requirement. In order to illustrate
this let us look at the outage probability of users at each combination ofNBS andNRN in
Fig. 7.3. It can be observed that as the number of base stations are reduced, more relays are
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Figure 7.3: Outage probability as a function of the number ofbase stations and the num-
ber of relays nodes/cell, for DF Adaptive relaying scheme. The corresponding energy
consumption is given in Fig. 7.2. User spectral efficiency is3 bit/s/Hz and an outage prob-
ability of 2 % is considered.

required to keep the outage probability below2%. Now let us look at the outage probability
of the combinationNBS = 6 andNRN = 10 that has the minimum energy consumption
in Fig. 7.2. It is interesting to observe that, the outage probability for this combination
of NBS andNRN is above2% in Fig. 7.3. Therefore, we need to selectNRN = 12 for
NBS = 6 in order to minimize the energy consumption and to meet the required quality of
service (user spectral efficiency) simultaneously. Similar method can be adopted for other
values ofNBS and the corresponding value ofNRN can be obtained.

To summarize, all the combinations ofNBS andNRN fulfilling the outage requirement
are selected as the feasible combinations first. Then the value ofNRN that minimizes the
energy consumption for each value ofNBS is selected from the feasible combinations.
This provides us the number of relays per cell for each value of NBS fulfilling both the
minimum energy and the maximum outage requirements. This procedure is used for the
different cooperative relaying schemes discussed so far.

For instance, Fig. 7.4 illustrates the tradeoff between therelay nodes per cell and the
total number of base stations for which the total energy consumption is minimum. This
tradeoff is illustrated for different relaying schemes. The target spectral efficiency is3
bits/s/Hz and the maximum allowable outage probability forthe users is2%. It is obvi-
ous that for all the transmission schemes, as the number of base stations are reduced, the
number of relays per cell has to be increased to meet the required quality of service and
to minimize the energy consumption. It can be observed that the adaptive schemes require
less number of transmitters that isNBS(NRN +1), in order to meet the required quality of
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Figure 7.4: Tradeoff between the number of relay nodes/celland the number of base sta-
tions for minimum total energy consumption per frame interval. User spectral efficiency is
3 bit/s/Hz and an outage probability of 2 % is considered.
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Figure 7.5: Total energy consumption per frame interval as afunction of the number of
base stations. The corresponding number of relay nodes/cell are given in Fig. 7.4. User
spectral efficiency is3 bit/s/Hz and an outage probability of 2 % is considered.
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Figure 7.6: Required number of base stations as a function ofthe target spectral efficiency.
An outage probability of 2 % is considered.
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Figure 7.7: Required total number of relays nodes as a function of the target spectral
efficiency. The corresponding number of base stations are given in Fig. 7.6. An outage
probability of 2 % is considered.
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Figure 7.8: Total energy consumption per frame interval as afunction of the target spectral
efficiency for the obtained number of transmitters. The corresponding number of relay
nodes and the number of base stations are given in Fig. 7.7 andFig. 7.6 respectively. An
outage probability of 2 % is considered.

service as compared to their non adaptive counterparts. This reduction in number of trans-
mitters is translated into reduction in total energy per frame interval for the adaptive relay-
ing schemes as illustrated in Fig. 7.5. For instance, the number of base stations required by
conventional single hop direct link transmission, for minimizing the energy consumption
is equal to11, while the adaptive DFNC scheme requires only4 base stations, providing a
reduction of more than50% in energy consumption.

Any change in the target spectral efficiency, effects the required number of transmitters
NBS(NRN + 1) for providing the required coverage, in case of each relaying scheme. In
order to illustrate further, the number of base stations andthe corresponding total number
of relays required to minimize the energy consumption, are plotted against different target
spectral efficiencies, as shown in Fig. 7.6 and Fig. 7.7 respectively. It can be observed
that the total number of transmitters increases by increasing the target spectral efficiency.
However this increase is more pronounced in case of non adaptive schemes such as direct
link transmission scheme and the DF scheme.

As the number of transmitters increases with the target spectral efficiency, it is quite
logical to expect the corresponding increase in the total energy consumption at high target
spectral efficiencies. This is obvious from Fig. 7.8, where the total energy consumption
for all the transmission schemes is plotted against the target spectral efficiency. It can
be observed that at high target spectral efficiency, the total energy consumption per frame
increases quite rapidly in case of non adaptive schemes as compared to their adaptive coun-
terparts, due to corresponding increase in number of transmitters. However, at low target
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spectral efficiency the difference in energy consumption isless, since the total number of
required transmitters are comparable in both cases and the difference is only due to the
reduction in average base station time in case of adaptive relaying schemes. In crux, it
is clear that the adaptive relaying schemes have the capability to allocate the resources,
not only according to the link quality but also according to the energy consumption at the
transmitting nodes. Thus, these energy aware adaptive relaying schemes, can reduce the
energy consumption in the cellular network along with ensuring the required quality of
service for the users.

7.2.2 Propagation Model Parameters

One of the important factor that may influence the power consumption in a cellular system,
is the propagation environment. A 3GPP model based on NLOS communication between
the nodes has been considered in the analysis up till now. However when the cell size
is smaller, the probability of LOS communication between the nodes increases. This is
mostly true for the transmission between the relay node and the user device [86]. In order to
include the effect of LOS conditions in the analysis, other two propagation scenarios named
as Sc2 and Sc3 are considered. The propagation model for these scenarios are described
in Appendix C. The obtained results are compared with the reference propagation scenario
Sc1 for three representative schemes namely, the conventional direct link transmission, the
DF relaying and adaptive DFNC relaying.

Let us consider an illustrative example where a single base stationNBS = 1 can cover
the whole service area. Further assume that 4 relays are deployed within a cell atκ =
0.5. Considering a constant inter-cell interference and uniform distribution of users in
the service area, the analysis is valid for the multi-cell scenarios as well. Therefore, for
simplicity NBS = 1 is considered here and the area energy consumption per transmitted
frame is considered as the performance metric. The target spectral efficiency for each user
isCt = 1 bit/s/Hz and the maximum allowable outage probability is2%.

The propagation scenarios Sc2 and Sc3, use different path-loss expressions for the ur-
ban and the sub-urban environments. These models also consider the LOS conditions in
addition to NLOS conditions on different links. For instance, if the receiver is close to the
transmitter and is within a certain maximum distance, the probability of LOS communica-
tion is higher and vice versa. As the distance between the transmitter and the receiver node
increases, the NLOS conditions starts to become dominant. The switching point between
the dominant LOS conditions and the dominant NLOS conditions on a particular link, is
different for urban and sub-urban models. It is obvious fromthe path-loss expressions, that
the LOS conditions prevail for much longer distance in case of sub-urban model, than that
of the urban. For Sc2, the switching between the LOS and NLOS conditions is considered
only on relay-user link. However, in case of Sc3 this switching is considered on all the
links.

Performance in propagation scenario Sc2:Considering Sc2 on the links, the area
energy consumption for three different transmission schemes is plotted against the cell
radius as illustrated in Fig. 7.9. It is obvious that the adaptive relaying scheme has the
best energy efficiency as compared to the other schemes for Sc2 as well. The propagation
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Figure 7.9: Comparison of area energy consumption for propagation scenario1 and 2.
Here single base station and 4 relays atκ = 0.5 is used to cover the service area. User
spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is considered.

scenario Sc2 effects the path loss on relay-user link only. Therefore, the performance of
direct transmission is the same as in case of Sc1.

In case of DF relaying scheme, any change in the propagation conditions effects the
transmission power at the base station and the relay node. For the small cell radius most
of the users are close to both the relay and the BS. Therefore,the probability of LOS
communication on relay-user link is high. The path-loss forSc2 is less in case of dominant
LOS conditions as compared to Sc1. Hence, the average value of the transmission power is
expected to reduce in case of Sc2. This reduction effects thetransmission power dependent
partEdep of the energy consumption. However, the average value ofEdep in this case is
quite small (in milli-watts) and hence the reduction is not prominent in Fig. 7.10.

With the increase in cell radius the number of users having large distance from the relay,
increases as compared to the users that are close to the relay. Therefore, more users will
experience NLOS conditions on relay-user link for large cell radius. Hence, an increase
in the average transmission power both at the BS and the relayis expected. The path-loss
for Sc2 is higher in case of NLOS conditions as compared to theSc1. Therefore,Edep for
the Sc2 is higher as compared to Sc1, as illustrated in Fig. 7.10. TheEdep for sub-urban
case is slightly less as compared to the urban case, as the former allows LOS transmissions
for larger distances as compared to the latter. With the increase in cell radius, the NLOS
conditions on the relay-user link become more dominant. Therefore, this slight difference
reduces with the increase in cell radius.The transmission power independent partEind for
DF relaying does not change with cell radius, as illustratedin Fig. 7.12. The changes
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Figure 7.10: AverageEdep for DF relaying in case of propagation model1 and2. Here
single base station and 4 relays atκ = 0.5 is used to cover the service area. User spectral
efficiency is1 bit/s/Hz and an outage probability of 2 % is considered.
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Figure 7.11: AverageEdep for DFNC Adaptive relaying in case of propagation model1
and2. Here single base station and 4 relays atκ = 0.5 is used to cover the service area.
User spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is considered.
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Figure 7.12: AverageEind for propagation model1 and2. Here single base station and 4
relays atκ = 0.5 is used to cover the service area. User spectral efficiency is1 bit/s/Hz
and an outage probability of 2 % is considered.

in Edep andEind due to the Sc2 are not very significant. For instance, at higher cell
radius there is an increase of approximately 4 watts inEdep. Therefore, we do not see any
considerable change in area energy consumption of DF relaying in Fig. 7.9.

In case of DFNC adaptive scheme, the change in propagation scenario effects both
the transmission power and the transmission time at the nodes. However, due to adaptive
nature this scheme is less sensitive to the changes in propagation conditions as compared to
the DF relaying. This is obvious from Fig. 7.11 and Fig. 7.12,where the changes in path-
loss is mitigated using adaptive allocation of power and time on the links. For instance,
at small cell radius the adaptive direct link transmission of packets is favored by adaptive
DFNC. Therefore, the better channel conditions on relay-user link due to the Sc2 does
not effect theEdep significantly. At the large cell radius, the transmission time and the
transmission power is adjusted in order to mitigate the higher path-loss due to the dominant
NLOS conditions. Hence, no significant change inEdep occurs as obvious from Fig. 7.11.
Similarly, the changes in the transmission time effects thetransmission power independent
partEind. But again there is an increase of only couple of watts inEdep as illustrated in
Fig. 7.12. Therefore, no considerable change in area energyconsumption can be observed
in Fig. 7.9, for the adaptive relaying scheme.

The propagation scenario Sc2 has not effected the area energy consumption of the
transmission schemes significantly. However, let us look atits effect on the outage prob-
ability of the users. An increase inEdep at higher cell radius in case of DF relaying is an
indication of higher outage for the users. This is also obvious from the reduction in cov-
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Figure 7.13: Comparison of area energy consumption for propagation model1 and3. Here
single base station and 4 relays atκ = 0.5 is used to cover the service area. User spectral
efficiency is1 bit/s/Hz and an outage probability of 2 % is considered.
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Figure 7.14: AverageEdep for direct transmission in case of propagation model1 and3.
Here single base station and 4 relays atκ = 0.5 is used to cover the service area. User
spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is considered.
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Figure 7.15: AverageEdep for DF relaying in case of propagation model1 and3. Here
single base station and 4 relays atκ = 0.5 is used to cover the service area. User spectral
efficiency is1 bit/s/Hz and an outage probability of 2 % is considered.

erage for DF scheme in Fig. 7.9. In case of adaptive relaying scheme, higher path loss is
mitigated by increasing the transmission time as well, along with the transmission power.
Therefore, due to the negligible increase in the average transmission power at the nodes
for the adaptive relaying scheme, the coverage does not change for the Sc2.

Performance in propagation scenario Sc3:In case of Sc3, the users that are close
to the transmitting nodes, experience LOS transmission on all the links. The reasoning
used for Sc2 in order to explain the changes in the area energyconsumption and the out-
age probability is also valid here. However, in case of Sc3 all the links experience both
LOS and NLOS conditions. Therefore, the over all increase and decrease in the average
transmission power at the nodes will be comparatively more prominent. This is obvious
from Fig. 7.13, where the area energy consumption of the schemes is plotted against the
cell radius.

TheEdep in Sc1 and Sc3 for the direct link transmission is compared inFig. 7.14. It
can be observed that theEdep increases with the increase in cell radius. This is due to
the higher path-loss on BS-User link for Sc3 incase of NLOS transmissions. There is an
increase of nearly 4 watts inEdep at higher cell radius. The corresponding value ofEind

is shown in Fig. 7.17, which remains constant for all the cellradius. Due to small increase
in overall energy consumption, no significant change in areaenergy consumption is visible
in Fig. 7.13 for this scheme.

TheEdep for the DF relaying scheme is shown in Fig. 7.15. The changes in Edep

of DF relaying scheme are higher in this case as compared to the Sc2. There is an in-
crease of nearly 6 watts inEdep at higher cell radius. The corresponding value ofEind
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Figure 7.16: AverageEdep for DFNC Adaptive relaying in case of propagation model1
and3. Here single base station and 4 relays atκ = 0.5 is used to cover the service area.
User spectral efficiency is1 bit/s/Hz and an outage probability of 2 % is considered.

for this scheme is illustrated in Fig. 7.17, which remains constant for all the cell radius.
Due to small increase in overall energy consumption, no significant change in area energy
consumption is visible in Fig. 7.13 for this scheme.

TheEdep in Sc3 for DFNC adaptive scheme is illustrated in Fig. 7.16. There is an
increase of nearly 7 watts inEdep in this case at higher cell radius. The value ofEind also
increases with the cell radius. The values ofEdep andEind are comparable in this case.
The area energy consumption is lowest and the coverage is highest for DFNC adaptive,
than the other schemes. Therefore, the changes in the area energy consumption is more
visible for this scheme in Fig. 7.13. At higher cell radius the average transmission power
for all the schemes increases for Sc3. Hence, the coverage ofall the schemes is reduced,
as illustrated in Fig. 7.13.

To summarize, the performance trend for all the schemes in case of Sc1, Sc2 and Sc3
remains the same. That is the adaptive relaying schemes provide better energy efficiency
and coverage than the rest of the schemes. There is small increase1 in the area energy
consumption at higher cell radius, depending upon the transmission scheme and the prop-
agation model. The propagation model Sc3 effects the coverage of all the schemes.

Performance in Shadow Fading:Considering the same parameters as described ear-
lier, let us analyze the effect of shadow fading on the energyconsumption of different
relaying schemes in Sc1. Generally, shadow fading is modeled as zero mean Gaussian
random process on logarithmic scale. The value of standard deviation for shadow fading,

1In some cases it is more visible depending upon the overall value of the energy consumption for the schemes
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Figure 7.17: AverageEind for propagation model1 and3. Here single base station and 4
relays atκ = 0.5 is used to cover the service area. User spectral efficiency is1 bit/s/Hz
and an outage probability of 2 % is considered.

varies for different environments. For instance, in case ofsub-urban environments it varies
between2 − 6 dB, however for urban environments it varies between8 − 12 dB [137].
Therefore different values of standard deviation, that isσ = {2, 6, 10} dB, is considered
here for representing both the sub-urban and the urban scenarios. Other parameters effect-
ing the shadow fading is discussed in Appendix D.

The curves for different values ofσ are plotted for three representative schemes, as
shown in Fig. 7.18. It is obvious that the adaptive relaying scheme has better energy
efficiency than the other two schemes, for different values of standard deviation. It implies
that, the adaptive relaying schemes remain energy efficient, in the presence of shadow
fading as well. In case of non adaptive relaying schemes and direct link transmission,
the shadow fading only effects the transmission power at thenodes. This is clear from
Fig. 7.19, Fig. 7.20 and Fig. 7.22. In these figures theEdep andEind for these transmission
schemes atσ = 10 dB, is plotted.

In the presence of shadow fading higher transmission power is required at the base sta-
tion for the direct link transmission, in order to provide the same target spectral efficiency
to the users. Therefore, an increase of few watts inEdep for the direct transmission can be
observed in Fig. 7.19. Since the value ofEind is considerably higher than theEdep, hence
the average area energy consumption is not effected significantly by changes inEdep.

The effect of shadow fading can be mitigated by diversity gain, provided by the relaying
schemes. This is also obvious from Fig. 7.20, where the fluctuation inEdep for DF relaying
is less significant as compared to the direct link transmission. Again, since the role ofEind

is more dominant in controlling the area energy consumption, hence small fluctuations in
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Figure 7.18: Area energy consumption versus the cell radiusfor different values of standard
deviationσ, for shadow fading. Here single base station and 4 relays atκ = 0.5 is used to
cover the service area. User spectral efficiency is1 bit/s/Hz and an outage probability of 2
% is considered.
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Figure 7.19: AverageEdep for direct transmission scheme. Here single base station and 4
relays atκ = 0.5 is used to cover the service area. User spectral efficiency is1 bit/s/Hz
and an outage probability of 2 % is considered.
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Figure 7.20: AverageEdep for DF relaying scheme. Here single base station and 4 relays
at κ = 0.5 is used to cover the service area. User spectral efficiency is1 bit/s/Hz and an
outage probability of 2 % is considered.
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Figure 7.21: AverageEdep for DFNC Adaptive relaying scheme. Here single base station
and 4 relays atκ = 0.5 is used to cover the service area. User spectral efficiency is1
bit/s/Hz and an outage probability of 2 % is considered.
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Figure 7.22: AverageEind for different transmission scheme. Here single base station and
4 relays atκ = 0.5 is used to cover the service area. User spectral efficiency is1 bit/s/Hz
and an outage probability of 2 % is considered.

Edep does not change the area energy consumption very much.
On the other hand, the shadow fading effects both transmission time and transmission

power at the nodes in case of adaptive relaying schemes. In other words, the shadow fading
effects both theEdep andEind for these schemes. However, the adaptive relaying schemes
are also able to mitigate the effects of shadow fading by selecting appropriate resources
on the transmission paths and diversity gain provided by different paths. That is why the
changes in bothEdep andEind for the adaptive DFNC is not significant enough to effect
the average area energy consumption of this scheme considerably, as shown in Fig. 7.21
and Fig. 7.22.

Therefore, it can be concluded that the average area energy consumption of different
transmission schemes is not effected considerably due to the shadow fading on the links
and the adaptive relaying schemes provide better energy efficiency as compared to other
schemes.

Since more users require high transmission power due to the shadow fading, as com-
pared to the case when there is no shadow fading, hence the outage probability for all the
schemes is expected to rise. This effects the coverage of allthe schemes, as shown in
Fig. 7.18. It can be observed that as the standard deviation of shadow fading is increased
or the shadow fading becomes more severe, the coverage of theall the schemes is reduced.
However, the reduction for each scheme is different from each other. For instance, the
coverage for the direct link transmission reduces to half for σ = 10 dB, as compared to the
case when the is no shadow fading. On the other hand, the coverage reduction in case of
relaying schemes, is less as compared to the direct link transmission. This is again due to
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the diversity gain or adaptive nature of the relaying schemes.

7.2.3 Transmission Power

So far, the area energy consumption of different transmission schemes has been computed
by considering an upper limit on the transmission power at the nodes. For a given cell
radius, these upper limits directly correspond to the outage probability of the users. For
instance, if the maximum value of transmission power is high, less users will experience
outage and vice versa. Besides the maximum value of transmission power at the nodes, an
upper limit on the user outage probability is also considered in the analysis. It has been
observed in chapter 6 that for a given transmission scheme these upper limits decide about,
the maximum value of cell radius, or the maximum value of target spectral efficiency, or
the minimum limit on the number of relays to be deployed in thecellular network.

Therefore, it would be interesting to perform energy efficiency analysis for different
transmission schemes in a more general scenario, where nodes have the possibility to
choose any transmission power in order to minimize the energy consumption. In other
words, users will never experience the outage.

Here, three representative transmission schemes are considered for illustration. These
schemes include the direct link transmission, the DF relaying and the adaptive DF relaying.
The transmission methodology for these schemes is the same as described in chapter 6.
However, here the expressions for the instantaneous energyconsumption are recomputed
without considering the upper limits on the transmission powers at the nodes. Let us now
compute the instantaneous energy consumption in each case.

For instance, let us consider the conventional direct link transmission between each
user and the base station first. The transmission power required at the base station in order
to provide the target spectral efficiencyCt to the user, can be computed using (6.6) as
follows:

Pt,B =
N

G1

(
2Ct − 1

)

=
L1N

g1|h1|2
(
2Ct − 1

)
. (7.5)

whereCt is the target spectral efficiency for the user,N is the noise power,G1 denotes

the channel gain andL1 =
rη

1

a1
represents the distance dependent path loss. Here we do not

have any limitation onPt,B. Hence, whatever power is required for achieving the target
Ct, can be transmitted. The corresponding instantaneous energy consumption for the given
frame intervalTf can be computed as

E(γ) = TfbBPt,B + TfcB . (7.6)

wherebB andcB are the parameters in power consumption model and are definedin (6.2).
The obtained value ofE(γ) can used in (6.1) and averaging is performed over all the users
present in the cell. this will give us the average area energyconsumption per frame, for
this transmission scheme.
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In case of DF relaying scheme, the transmission can be performed either using the
direct link only or both the direct link and the relayed link depending upon the energy
consumption of each transmission route. For instance, the transmission power for the
direct link transmission can be computed using (7.5). The corresponding instantaneous
energy consumptionED(γ) for this transmission route given in (6.19) can be rewrittenas
follows:

ED(γ) = TfPB,on + TfNRNPR,idle (7.7)

The transmission powers at the base station in case of other transmission route can be
computed using (6.14) as follows:

Pt,B =
N1

G2
(22Ct − 1) (7.8)

and using (6.16) the transmission power at the relay can be written as

Pt,R =







0, NG2 −N1G1 < 0
(

NG2−N1G1

G3G2

)

(22Ct − 1), NG2−N1G1

G2G3
≤ P max

t,R

22Ct −1

. (7.9)

Again there is no upper limit on the transmission powers at both nodes. The channel gains
G1, G2 andG3 are already defined in (6.10). The corresponding instantaneous energy
consumptionER(γ) per frame obtained in (6.11) can be rewritten as follows:

ER(γ) =
Tf

2
PB,on +

Tf

2
PB,idle +

Tf

2
(PR,on − PR,idle) + TfNRNPR,idle (7.10)

Depending upon the values of instantaneous energy consumption ED(γ) andER(γ)
for the both transmission routes, the base station selects the transmission path that provides
minimum energy consumption. In other words, the instantaneous energy consumption per
frameE(γ) for a particular user can be calculated as follows:

E(γ) = min [ED(γ), ER(γ)] (7.11)

The value ofE(γ) can be obtained for each user and the average area energy consumption
per frame can be obtained by using these values in (6.21).

The adaptive resource allocation in DF relaying, allows us to choose an appropriate
combination of transmission power and time in order to minimize the energy consump-
tion. In this case as well, the base station has the possibility to choose either the direct
transmission path or the relayed transmission path, depending upon the instantaneous en-
ergy consumption on each path. In order to compute the transmission power at the base
station for both paths, the normalized transmission timeα′ or α in each respective case, is
varied over the range0 → 1 in the following expressions,

Pt,B =







N
G1

(

2
Ct
α′ − 1

)

, Direct

N1

G2

(

2
Ct
α − 1

)

, Relaying
. (7.12)
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The above expressions are obtained from (6.25) and (6.22) respectively. HereCt represents
the target spectral efficiency for the user. The corresponding value of transmission power
at the relay node in each case can be computed as follows:

Pt,R =







0, Direct

N
G3

(

2
Ct

1−α − 1
)

, Relaying
(7.13)

The obtained transmission powers and the corresponding normalized transmission times in
each case can be used to obtain the instantaneous energy consumption for both transmis-
sion paths using (6.27) as follows:

E(γ) =







α′TfPB,on + (1 − α′)TfPB,idle +NRNTfPR,idle, Direct

αTfPB,on + (1 − α)Tf (PR,on + PB,idle − PR,idle)

+NRNTfPR,idle, Relaying

(7.14)

For each path, the base station selects an appropriate valueof transmission power and the
transmission time, that minimizes the instantaneous energy consumption for each path.
Then based on the obtained value of instantaneous energy consumption for each path, the
base station selects a path having minimum energy consumption. The value ofE(γ) can be
obtained for each user and the average area energy consumption per frame can be obtained
by plugging these values in (6.21).

In order to compare the average area energy consumption of these schemes, let us
consider an illustrative scenario. Since there is no limit on transmission power at the nodes
hence, the required coverage can be achieved for any target spectral efficiency and for
any number of relays. However, as an example it is assumed that the cell radius can be
varied between100 to 3000 meters and the target spectral efficiency for each user isCt =
3 bit/s/Hz. Moreover, the cell area is covered by four relays placed atκ = 0.5. The
comparison for the area energy consumption of different transmissions schemes described
above, is illustrated in Fig. 7.23.

It can be observed that the cooperative relaying schemes have better energy efficiency
as compared to the direct link transmission for any cell radius. Moreover, there exist
a cell radius where the area energy consumption for each scheme is minimum. For in-
stance, the area energy consumption for the direct link transmission is minimum around
cell Rcell = 1.1 kilometers. However, for the relaying schemes the energy consumption
is minimum aroundRcell = 1.3 kilometers. At smaller values of cell radius the role of
Eind is more dominant as compared to theEdep. Therefore,Eind is controlling the area
energy consumption of each scheme. Since the rate of increase ofEind is less as compared
to rate of increase of cell area, hence the curve for average area energy consumption has
downward slope for each transmission scheme. However, as the cell radius increases, the
role ofEdep starts becoming dominant as compared to theEind. The corresponding rate
of increase in energy consumption becomes larger than that of rate of increase of cell area
and an upward slope can be observed for the curve of area energy consumption for each
transmission scheme.
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Figure 7.23: Area energy consumption versus the cell radiusRcell, for a single cell with 4
relay nodes andκ = 0.5. User spectral efficiency is3 bit/s/Hz and an outage probability
of 2% is considered.

To summarize, the cooperative relaying schemes require large cell radius to minimize
the area energy consumption as compared to the direct link transmission. In other words,
less number of base stations would be required to minimize the energy consumption in case
of cooperative relaying schemes as compared to the conventional direct link transmission.
Moreover, the energy consumption can be minimized at each cell radius using adaptive
resource allocation in DF relaying.

7.2.4 Power Model Parameters

The simulation results presented in the previous subsections are based on the power con-
sumption model introduced in [29,64]. The parameters of such models depend on the type
of base station and relay node used. These parameters are expected to change in the future
with the development of energy efficient base stations. These models also do not take into
account the energy consumed during the signal reception phase at the relay and the energy
required for the feedback transmission etc. Our objective in this subsection is to investigate
the sensitivity of the area energy consumption of the systemto the parameters of the power
consumption model.

Here the effects of varying the transmission power independent part of the power model
described in (6.2) and (6.3) is investigated first. The breakeven power cost for which the
deployment with and without relay nodes yields the same areaenergy consumption is com-
puted during these investigations. This break even power cost is obtained by varying the
pair of ratios,cR/cB andqB/cB = qR/cR. A single cell withRcell = 800 is considered.
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Figure 7.24: Area energy consumption versuscR/cB at qB/cB = qR/cR = 0.1. User
spectral efficiency is1 bit/s/Hz and an outage probability of 2% is considered.

There are6 relay nodes uniformly distributed over a circle of radius0.7Rcell around the
base station. The user target spectral efficiency is assumedCt = 1 bit/s/Hz and the re-
quired outage probability is fixed to 2%. Let us first compare the area energy consumption
of different transmission schemes by fixing the ratioqB/cB = qR/cR equal to0.1 and
varying the ratiocR/cB from 0.1 to 1.

It is quite obvious from Fig. 7.24, that as the ratiocR/cB increases, the area energy
consumption of all the relaying schemes increases. This is due to the increase in trans-
mission power independent part of energy consumption. Since the ratiocR/cB is varied
by changingcR, hence the energy consumption for the direct link transmission does not
change. Therefore, at a particular value ofcR/cB, the area energy consumption of each
relaying scheme becomes equal to that of the direct link transmission. The break even
ratio for different relaying schemes is computed. For instance, this ratio for DFNC, DF,
DF adaptive and DFNC adaptive scheme is0.35, 0.42, > 1, and> 1 respectively. It is
obvious that the adaptive relaying schemes remain energy efficient for higher values ofcR

as compared to the non adaptive schemes. This is due to the flexibility of these adaptive
schemes in controlling both the transmission power and the transmission time at the nodes.

For instance, it is quite clear from (6.12) and (6.36) that the variation incR only ef-
fects theEind for the fixed relaying schemes. On the other hand, the variation in cR also
effects the selection of transmission duration in (6.29) and (6.45) for the adaptive relaying
schemes. Hence, variation in the area energy consumption with the change incR is less
significant in this case as compared to the non adaptive schemes. It is also interesting to
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Figure 7.25: Area energy consumption versusqR/cR at qB/cB = qR/cR andcR/cB =
0.1. User spectral efficiency is1 bit/s/Hz and an outage probability of 2% is considered.

observe that the area energy consumption of DF and DFNC schemes is almost same at
cR

cB
= 1. This is because, the value ofEind in (6.12), (6.20), and (6.36), becomes equal to

1.6cBTf .

Now let us compare the energy consumption of different schemes by fixing the ratio
cR/cB = 0.1 and varyingqB/cB = qR/cR from 0.1 to 1. A trend similar to that shown in
Fig. 7.24, can be observed in Fig. 7.25. The break even ratio for different relaying schemes
is computed. For instance, this ratio for DFNC, DF, DF adaptive and DFNC adaptive
scheme is0.35, 0.42, 0.56, and0.56, respectively. Again atqB/cB = qR/cR = 1 the
Eind of all the schemes becomes equal to1.6cBTf . Hence, the energy consumption of
all the schemes is almost same at this particular ratio. The variation in the area energy
consumption of different schemes due to the change in different ratios is obvious from
Fig. 7.24 and Fig. 7.25.

Let us now identify the ratiocR/cB for different values ofqR/cR = qB/cB, such that
the area energy consumption of the relaying scheme is the same as that of conventional
point-to-point direct transmission. The simulation results obtained for the different trans-
mission schemes are illustrated in Fig. 7.26. For instance,atqR/cR = 0.2, the ratiocR/cB

should be0.25 to ensure the break even power cost for DF relaying scheme. However,
with the incorporation of the adaptive resource allocationin DF relaying the requirements
on cR/cB are relaxed. For instance, now in case of DF adaptive scheme the cR/cB can
take values up to0.5 for the same value ofqR/cR = 0.2. It is also obvious from Fig. 7.26
that, by increasing the ratioqR/cR, the corresponding ratiocR/cB that ensures the break
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Figure 7.26: Different ratios of parameters of the power consumption model and their
relation to the break even power cost for which the cooperative relaying schemes and the
direct link transmission have the same area energy consumption. The two ratiosqB/cB

andqR/cR are considered equal. Target spectral efficiency for the user is 1 bit/s/Hz and an
outage probability of 2% is assumed.

even power cost reduces. This is due to the faster increase intransmission power indepen-
dent part of the power consumption. The trend is similar for the DFNC scheme where the
incorporation of adaptive resource allocation relaxes therequirement on the ratioscR/cB

andqR/cR. In general, the area under each curve of Fig 7.26 representsthe region where
the particular relaying transmission scheme remains more energy efficient in comparison
with the direct link transmission. It is obvious from Fig 7.26, that this region is bigger for
the relaying schemes with adaptive resource allocation as compared to the fixed allocation
relaying schemes.

Now let us investigate, the effect of changing transmissionpower dependent part of the
power model by varyingbR/bB. The other parameters in the power model remain fixed.
Their values arecB = 68.73 W, cR/cB = 0.1 andqB/cB = qR/cR = 0.1. The area
energy consumption of different schemes is computed for different values ofbR/bB. In
contrast to other ratios in the power model, thebR andbB are independent of each other.
The ratiobR/bB used in the analysis is computed by using the values of these parameters
in [29]. For defining some limits on this ratio, let us look at the minimum possible value
of each parameter. As the radiated power is always less than the input transmission power
at the nodes, hence the minimum values of these parameters should be{bB > 1, bR > 1}.
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Figure 7.27: Area energy consumption versus the ratiobR/bB at bB = 3.77. The cell
radius isRcell = 800 m,and6 relay nodes are deployed atκ = 0.7. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed.
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Figure 7.28: Area energy consumption versus the ratiobR/bB at bR = 5.55. The cell
radius isRcell = 800 m,and6 relay nodes are deployed atκ = 0.7. Target spectral
efficiency of the user is1 bit/s/Hz and an outage probability of 2% is assumed.
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Hence by fixingbB = 3.77, the ratiobR/bB will have the minimum value equal to0.3.
Similarly, for the fixed value ofbR = 5.55, the ratiobR/bB will have the maximum value
equal to5.5. In our analysis the ratiobR/bB is varied by fixingbB and changingbR and
vice versa.

The energy consumption of direct link transmission does notchange with the variation
in bR, as indicated in Fig. 7.27 as well. The area energy consumption of relaying schemes
increases by increasingbR. The increase in the value ofbR is equivalent to making the relay
power amplifier less efficient. The cost of the node reduces byreducing the efficiency of
the power amplifier. Therefore, increase inbR represents a case where we have tradeoff
between the relay cost and the power efficiency. The corresponding rate of increase in the
area energy consumption of relaying schemes is not significant. This is due to the dominant
role of transmission power independent part and switching to the direct path transmission
at higher values ofbR.

Similarly by increasingbB the area energy consumption of all the schemes increases as
illustrated in Fig. 7.28. However, the relaying schemes remain energy efficient as compared
to the direct link transmission for all the values ofbB. For better efficiency of base stations
and relays, the values ofbB andbR should be smaller. However, the smaller values further
reduce the impact of transmission power dependent part in controlling the over all area
energy consumption. Therefore, the curves in Fig. 7.28 lookalmost flat for smaller values
of these parameters. Hence, it can be concluded that the ratio bR/bB does not play a
key role in controlling the break even cost, unless the energy consumption of the relaying
scheme is already very close to the direct link transmission. Its only the other ratios in
the power model that have the decisive role in making the cooperative relaying schemes,
energy inefficient as compared to the direct link transmission.

7.3 Summary

In this chapter, different deployment strategies for the relaying schemes have been analyzed
and the trade off between the number of base stations and the number of relays required to
minimize the energy consumption in a given service area is studied. The obtained results
show that the adaptive relaying schemes can reduce the totalenergy consumption and the
total number of transmitters, without effecting the QoS of the users in a cellular network.
Moreover, the use of network coding along with adaptive resource allocation provides the
best energy efficiency along with requiring least number of transmitters, especially at high
target spectral efficiency.

The effect of varying different parameters in the models, onthe energy consumption
of different schemes is studied. For instance, the performance of relaying schemes is also
compared for three different propagation models. It is clear that, the propagation models
only effect the transmission power dependent part of energyconsumption in case of non
adaptive schemes. However, in case of adaptive schemes theyeffect both (transmission
power dependent and independent) parts of the energy consumption. The area energy
consumption of different schemes in case of propagation model 2 and3 is compared with
that of propagation model1. The propagation model3 assumes LOS conditions on all
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the links. Hence, the increase in energy consumption due to model3 for all the schemes is
more prominent as compared to that in case of propagation model 2. Similarly propagation
model3 reduces the coverage of all the schemes. However, the coverage of only non
adaptive schemes is effected by propagation model2. It implies that the adaptive schemes
are able to mitigate the effects of NLOS conditions for the propagation model2.

Moreover, it has been observed that the effects of shadow fading can be mitigated
either by the diversity gain or by the adaptive nature of the relaying schemes. Therefore,
the increase in the area energy consumption of different relaying schemes due to shadow
fading, is not significant. However, the shadow fading reduces the coverage for all the
transmission schemes.

It is also observed that, the adaptive relaying schemes are less sensitive to the changes
in the parameters of the power consumption model. Therefore, the break even costs for
the adaptive schemes are higher as compared to their non adaptive counterparts. Here the
effect of interference is kept constant during the analysis. However, it would be interesting
to investigate the effects of actual interference, on the energy consumption of different
transmission schemes.



Chapter 8

Conclusions

The concluding chapter highlights the important contributions discussed in the thesis and
the possible directions of future work.

8.1 Concluding Remarks

Recently cooperative communications has been emerged as a hot research area. It has been
established as a useful technique, necessary for the futurewireless systems. The thesis
mainly addresses the issue of link reliability and power efficiency in the cellular networks
using cooperative communications. Let us look at the contributions made regarding the
two important research questions, identified in the introductory chapter. The first question
is as follows:

How the reliability of the transmissions can be improved in cooperative relaying
scenarios.

In order to answer this question, the role of different factors in determining and improv-
ing the link reliability in cooperative relaying transmissions is analyzed. More specifically,
fixed relays are used to perform the cooperative transmissions and network coding is also
considered at these relays. The important contributions are summarized as follows:

• Role of detection schemes at the receiver:To this end, considering different de-
tection schemes at the receiver, the analytical expressions for the error performance
of the users are derived. Then the role of these detection schemes is investigated
using the analytic approach. It has been shown that good performance in terms
of bit/symbol error rates of users, can be achieved using simple detection schemes
having low detection complexity, in network coded cooperative relaying scenarios.
For instance, it has been observed that the performance of these simple detection
schemes is nearly1 to 2 dB away from the conventional joint detection scheme.

171
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These low complexity detection schemes become more attractive for higher modula-
tion levels. This is because, the performance gap remains almost same as that in case
of BPSK while the complexity reduction becomes more prominent. For instance, the
detection complexity is reduced fromM2 to 2M by using these schemes, whereM
is the modulation level. Therefore, joint detection can be replaced by low complexity
detection schemes for high level modulation schemes. However, it depends upon the
comparison of the offered complexity reduction and the corresponding performance
loss in case of low complexity schemes.

• Role of user grouping at the relay: The number of users are usually more than the
number of fixed relays in a cellular network. Hence, each relay has the possibility
to choose the cooperating users or partners in the uplink cooperative transmission
scenario. How these partners are selected has an impact on the link performance of
the users. User grouping at the relay has been studied before, only in the context
of improving the system capacity [51]. However, here this problem is analyzed in
the context of improving the link reliability of the cooperating partners. It has been
found that the pairing strategy is independent of detectionscheme used. However,
it depends upon the SNR on the individual links. It has been concluded that for the
users having poor channel conditions towards the destination (i.e. relay has better
SNR than the sum SNR of the pair), it is preferable to group users having comple-
mentary channel conditions. On the other hand if users have good channel conditions
towards destination, it is shown that users having similar channel conditions should
be grouped together.

• Link performance improvement by using constellation selection: Besides look-
ing at various detection methods and user grouping strategies, different techniques
are also proposed to improve the error performance of the users in network coded
cooperative relaying scenarios. The significance of these techniques is highlighted
using uplink scenario as an example. However, these techniques are equally valid
for the downlink scenarios as well.

First method is based on the concept of constellation selection at the nodes. Extra
dimension provided by the relay in network coded cooperative scenario is exploited,
to search an optimal bit to symbol mapping for the nodes. The selected constellations
set improves the error performance of users as compared to the case when same
constellation is used at the nodes. The improvement is verified for the different
detection schemes. The proposed method provides gain for different modulation
schemes without spending any extra resources. For instance, taking 8 PSK as an
example, a gain of nearly2 dB is achievable in Rayleigh fading channels using the
proposed method. This gain is possible due to the use of the searched constellations
set at the nodes as compared to the conventional case, where same constellation is
used at all the nodes.

• Link performance improvement by using joint channel-network coding: An-
other novel approach is introduced to improve the link performance in cellular sys-
tems, by looking at the interaction of network and channel coding schemes at the
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relay. It has been shown that the channel and network codes can be considered as a
single product code. This representation allows us to perform joint channel-network
decoding at the receiver, that can recover the performance loss due to separate net-
work and channel decoding. It has been concluded, that by using the product code
representation, significant gain in link performance can beachieved by using joint
decoding as compared to the separate network and channel decoding.

For instance, consider an XOR based scheme for network coding and a channel code
having minimum hamming distancedmin. A diversity gain of order2dmin can be
achieved in the Rayleigh fading channels by using joint channel-network coding, as
compared todmin in case of conventional separate network and channel coding. The
gain is comparable to that obtained in other related works such as [58], that considers
distributed turbo codes to implement joint network and channel coding. Since linear
block codes are used as channel and network codes in our work,hence the decoding
complexity at the receiver is less (for short block codes) ascompared to the method
based on turbo codes in [58].

Another advantage of using product code representation is that, it provides us an
opportunity to choose powerful network coding schemes based on linear block codes
instead of using conventional XOR based combining. It has been observed that by
keeping the system throughput same in both cases, significant gain (at least around
2 dB at bit rate equal to10−4) can be achieved in link performance, even by using
short linear block codes to combine the users.

Besides improvement in error performance of users, the proposed method allows us
to combine more than two users/packets at the relay. It has also been observed that
the user grouping criteria in case of channel coded packets is slightly different from
the un-coded packets. For instance, it can be concluded thatfor the mutual benefit
of all the combined users in terms of average bit error rate, its better to combine the
users having similar average received SNR on their direct links, irrespective of the
value of SNR on the relay-base station link.

The cooperative relaying schemes have been proved to be quite useful in improving
link performance or alternatively in reducing the transmission power for a given error per-
formance. Therefore, a natural extension to this work is to look at the total power or energy
consumption at the system level while using these schemes indownlink scenarios. It is in-
teresting to analyze these schemes from this perspective, due to the distributed location
of transmission nodes. This distributed location allows usto take advantage of channel
conditions on the links effectively. Knowing the channel state information on the links, an
appropriate transmission time for each node can be computed. In other words, nodes can
be kept on, only when they are needed. This adaptive time allocation along with the power
allocation at the nodes provides an opportunity to reduce the energy consumption in the
cellular networks. The key question answered here is as follows:
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Whether the cooperative relaying schemes have the potential to reduce the net
power consumption in the cellular networks.

In order to answer this question, the energy consumption in the cellular system is ana-
lyzed in the presence of these cooperative relaying transmission schemes. The expressions
for the energy consumption have been derived for these schemes. The effect of variation
in different parameters in the energy expressions is studied. The important results can be
summarized as follows:

• Energy consumption using cooperative relaying schemes:Although some ex-
tra power is required in order to deploy the relays as compared to the conventional
direct link transmission, it has been observed that cooperative relaying schemes pro-
vide net gain in power or energy consumption. The gain can be further enhanced by
adaptively changing the transmission method and the resource allocation at the base
station and the relays. Keeping the target spectral efficiency for the users fixed, the
adaptive relaying schemes require less energy as compared to the non adaptive re-
laying schemes. By using network coding at the relay, the adaptive relaying schemes
takes the advantage of channel variations more effectively. Therefore the adaptive
relaying scheme with network coding, enhances the cell coverage or supports higher
data rates along with requiring minimum energy consumption, as compared to the
other transmission schemes.

• Sensitivity to different parameters: The analysis for the energy consumption in
cellular networks, very much depends upon the parameters used in the power con-
sumption model and the propagation model. Therefore a sensitivity analysis is car-
ried out to observe the changes in the obtained results due tothe variation of these
parameters. It has been observed that there exist a feasibleregion for each trans-
mission scheme, depending upon the parameters in the power consumption model,
where the relaying scheme has better energy efficiency as compared to the direct link
transmission. This feasible region is larger for the adaptive schemes as compared to
the non adaptive cooperative relaying schemes. Moreover, it has been observed that
the variation in shadow fading and other propagation model parameters, does not
effect the energy consumption in a cellular network significantly. The adaptive re-
laying schemes remain energy efficient even if the parameters in the propagation
model vary. These variations only effect the outage probability for the users or re-
duces the coverage area for a given target spectral efficiency for the users. In other
words, the conclusions are valid for different propagationenvironments.

• Tradeoff between the number of base stations and the relay nodes: The total
energy consumption in a cellular network depends upon the number of transmitting
nodes. Hence, it is interesting to investigate the balance between the number of
base station and relays, that is needed to minimize the totalenergy consumption.
Different deployment strategies for the relays are analyzed in [74,135], for reducing
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the network deployment cost for a given quality of service for the users. It has been
concluded in these works that careful relay planning is needed in order to obtain the
gains in terms of cost efficiency. However, here the main object is to look at relay
deployment in the context of over all energy consumption in the cellular network.
In this regard, the tradeoff between the number of base stations and the number
of relays per cell is studied, that minimizes the energy consumption for different
relaying schemes and also provides the required quality of service to the users.

It has been concluded, that the adaptive relaying schemes requires less number of
transmitter nodes to cover the area and also have better energy efficiency than the
single hop and the non adaptive relaying schemes. It has alsobeen observed, that us-
ing network along with adaptive resource allocation in cooperative relaying schemes,
makes it possible to have best energy efficiency. This schemerequires least number
of transmitter nodes as compared to other transmission schemes, especially at high
target spectral efficiency for the users. Due to the significance of adaptive relay-
ing schemes, they have been proposed as a potential solutionfor the future green
communications, in this monograph.

8.2 Future Directions

There could be several possible directions for the future work. These can be summarized
as follows.

User grouping in case of non-ideal user-relay channel: The user grouping criteria
at the relay is determined by assuming that the relay-user links are ideal (which is valid
assumption for most of the cases when relay are close to the users). However, it will be
interesting to investigate, how the SNR on relay-user link effects the criteria.

Combining users having different channel codes: In case of product-based scheme,
it has been assumed that all cooperating users/packets are employing the same channel
encoder. However, it will be interesting to consider the case when users have different
channel encoders. It will also be interesting to consider convolutional codes instead of
block codes and their implication on the proposed representation of joint channel-network
coding structure of MARC schemes.

Interaction between modulation and network coding scheme: For fair compari-
son with XOR based network coding, we are limited to choose network/block codes hav-
ing code rate2/3. Therefore, small number of options are available to fulfillthis criteria.
Higher level modulation can be used to transmit the redundant packets at relay in case of
low rate codes. The loss in error performance by using higherlevel modulation scheme
can be compensated by better error correction capability ofthe low rate code. This method
provides us the opportunity to choose different combinations of low rate codes and modu-
lation schemes, along with keeping throughput efficiency equal to2/3.

Performance improvement at system level: Improvement in link level performance
has been considered using various proposed methods. It is interesting to look how much
performance gain can be achieved by these methods at the network/system level under
multi-user and multi-relay scenarios. For instance, product coding based scheme allows
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multiple users/packets to combine at the relay while XOR based scheme only allows to
combine two users/packets at the relay. It may be interesting to analyze the impact of
product coding scheme on system throughput assuming that all users are using this scheme.
Then the performance can be compared with the case when all the users are using the XOR
based scheme.

Energy efficiency in more practical situations: For improving the over all energy
consumption in cellular relay systems, the thesis only looked at a single-cell scenario, and
multi-cell scenario with constant external interference.However, it will be interesting to
evaluate the area energy consumption of the two-hop relaying transmission schemes in a
multi-cell environment with actual interference. The interaction between power consump-
tion and interference management can be studied. The effects of feedback information and
non-ideal channel state information, on the energy consumption of cooperative relaying
systems are also important factors to investigate.

Holistic approach for energy efficiency: In this monograph, different techniques,
such as cooperative transmissions, power control etc., areconsidered for improving the
power efficiency in cellular systems. These techniques reduce the energy consumption of
various components in the cellular systems such as the base stations, relays and user de-
vices. However, these are not the only components in the cellular network. For instance,
besides these components the data centers in the backhaul ofcellular networks also con-
sume significant amount of energy consumption due to higher demands for the storage and
computation.

Therefore a holistic approach [7,138] is needed to design the whole green mobile net-
work, which is quite challenging and requires significant optimization at each level. It may
require significant changes at each layer in order implementa novel design for the green
mobile network. Therefore in order to have a holistic approach, the technique discussed in
this monograph should be combined with scheduling, resource allocation at higher layers,
better design for the circuits, transmission adaptation based on content prediction, efficient
cooling methods, and the use of renewable energy sources etc. This combined strategy and
the balance between different approaches have the capability to ensure the energy savings
in the cellular network. This approach will also help the mobile operators in achieving the
long term profitability.



Part III

Appendices

177





Appendix A

Computation of Error Probability
Expressions

Here the expression for the conditional pairwise error probability for the two detection
schemes used at the receiver, namely JD and SSC are derived. The computation of pairwise
error probability from the conditional pairwise error probability is also discussed. In the
last section, an upper bound on codeword error probability of linear block codes derived
on [124, p. 456] is discussed.

A.1 Conditional Pairwise Error Probability for JD

With the joint detection at the base station receiver, in thenetwork coded uplink cooperative
relaying scenario, the receiver uses the three received signal samples{y1, y2, y3} to jointly
estimate the transmitted symbolss1 ands2 of the two users. It is assumed that the channel
coefficients{h1, h2, h3} are perfectly known at the receiver. The receiver computes a
metric using the received samples as follows:

C(m̂1, m̂2) = |y1 − h1ŝ1|2 + |y2 − h2ŝ2|2 + |y3 − h3ŝ3|2 (A.1)

whereŝi represents all the possible estimates ofsi. The metric in (A.1) is computed for
every possible value of̂si. A particular set of symbols{ŝ1, ŝ2, ŝ3} is selected, that mini-
mizes the metric. Then the receiver declares the pair{ŝ1, ŝ2} as an estimate of transmitted
symbols of the users. The detected symbols can then be demodulated to get the estimated
original message symbols{m̂1, m̂2}. The receiver makes an error if there exists a set
of symbolsŝ = {ŝ1, ŝ2} that has a metric smaller than the actual transmitted symbols
s = {s1, s2}. The conditional pairwise error probability can then be written as:

P2(s → ŝ |h )=Pr
{

|y1 − h1s1|2 + |y2 − h2s2|2 + |y3 − h3s3|2 > |y1 − h1ŝ1|2

+ |y2 − h2ŝ2|2 + |y3 − h3ŝ3|2
}

. (A.2)
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Using the expression for the received signal sample in (3.1), the above equality can be
rewritten as,

P2(s → ŝ |h)=Pr
{

|z1|2 + |z2|2 + |z3|2 > |h1(s1 − ŝ1) + z1|2

+ |h2(s2 − ŝ2) + z2|2 + |h3(s3 − ŝ3) + z3|2
}

. (A.3)

Using the properties of complex numbers, the expression canbe expanded as follows:

P2(s → ŝ |h)=Pr
{

|z1|2 + |z2|2 + |z3|2 > |h1|2 |s1 − ŝ1|2 + |z1|2

+2ℜ(z∗
1h1(s1 − ŝ1)) + |h2|2 |s2 − ŝ2|2 + |z2|2

+2ℜ(z∗
2h2(s2 − ŝ2)) + |h3|2 |s3 − ŝ3|2 + |z3|2

+2ℜ(z∗
3h3(s3 − ŝ3))} (A.4)

where(.)∗ denotes the complex conjugate of(.) andℜ(.) denotes the real part of(.). After
cancelation of some terms, the conditional pairwise error probability can be written as,

P2(s → ŝ |h)=Pr
{

|h1|2 |s1 − ŝ1|2 + |h2|2 |s2 − ŝ2|2

+ |h3|2 |s3 − ŝ3|2 + 2ℜ (z∗
1h1(s1 − ŝ1)

+z∗
2h2(s2 − ŝ2) + z∗

3h3(s3 − ŝ3)) < 0} . (A.5)

Rearranging the terms, we get

P2(s → ŝ |h)=Pr {2ℜ (z∗
1h1(ŝ1 − s1) + z∗

2h2(ŝ2 − s2)

+z∗
3h3(ŝ3 − s3)) > |h1|2 |s1 − ŝ1|2 +

+ |h2|2 |s2 − ŝ2|2 + |h3|2 |s3 − ŝ3|2
}

. (A.6)

Here, all thezi represent uncorrelated complex Gaussian random variableshaving zero
mean(µ = 0) and varianceE{|zi|2} = N0/2. Now let us define a random variableX as
follows,

X = 2ℜ (z∗
1h1(ŝ1 − s1) + z∗

2h2(ŝ2 − s2) + z∗
3h3(ŝ3 − s3)) , (A.7)

where the mean ofX is zero(µX = 0) and the variance ofX can be written as

Var(X)=E[(X − µX)(X − µX)∗]

=2N0

[

|h1|2 |s1 − ŝ1|2 + |h2|2 |s2 − ŝ2|2 + |h3|2 |s3 − ŝ3|2
]

. (A.8)
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HereE[.] denotes the expected value of[.]. Moreover, using the definition of cumulative
distribution function of Gaussian random variable, we can write

Pr {X > x} = Q

(

x− µX
√

Var(X)

)

(A.9)

whereQ(x) is known as MarcumQ-function [139] and it represents the probability that a
standard Gaussian random variable has a value greater thanx. Therefore, the conditional
pairwise error probability in (A.6), can be represented in terms ofQ-function using the
definitions in (A.7) to (A.9) as follows,

P2(s → ŝ |h)=Q







|h1|2 |s1 − ŝ1|2 + |h2|2 |s2 − ŝ2|2 + |h3|2 |s3 − ŝ3|2
√

2N0

[

|h1|2 |s1 − ŝ1|2 + |h2|2 |s2 − ŝ2|2 + |h3|2 |s3 − ŝ3|2
]







=Q





√

|h1|2 |s1 − ŝ1|2 + |h2|2 |s2 − ŝ2|2 + |h3|2 |s3 − ŝ3|2
2N0





=Q





√
∑3

i=1 |hi|2 Ei |si − ŝi|2 /Ei

2N0





=Q





√
∑3

i=1 Γiδi

2



 . (A.10)

whereEi = E{|si|2} denotes the average energy of each transmitted symbol andδi and
Γi are defined as follows,

δi =
|si − ŝi|2

Ei
, and Γi =

|hi|2 Ei

N0
,

.

A.2 Conditional Pairwise Error Probability for SSC

The conditional pairwise error probability for the weak user is derived here, in case of
SSC. Let us assume that the detected strong symbol is not correct and the weak symbol
is detected by combining its direct symbol with the network coded symbol. Assuming
that the perfect channel state information is available at the nodes, the receiver computes a
metric using the received samples as follows

C(m̂w)=|yw − hwŝw|2 + |y3 − h3ŝ3|2

=|yw − hwŝw|2 + |y3 − h3 (s̃s ⊕ ŝw)|2 . (A.11)
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Heres̃s represents the detected strong symbol with error. Moreover, ŝw represent all the
possible estimates ofsw, wheresw is the weak symbol. The metric in (A.11) is com-
puted for every possible value ofsw. A particular symbol̂sw is selected as an estimate
of transmitted weak symbol, that minimizes this metric. Thedetected symbol can then be
demodulated to get the estimated original message symbolm̂w. The receiver makes an
error if the there exists a symbolŝw that have metric smaller than the actual transmitted
weak symbolsw. The conditional pairwise error probability can then be written as:

P2(sw → ŝw |h)=Pr
{

|yw − hwsw|2 + |y3 − h3s3|2 > |yw − hw ŝw|2

+ |y3 − h3ŝ3|2
}

=Pr
{

|yw − hwsw|2 + |y3 − h3 (s̃s ⊕ sw)|2 > |yw − hw ŝw|2

+ |y3 − h3 (s̃s ⊕ ŝw)|2
}

. (A.12)

Using the expression for the received signal sample in (3.1)and the properties of complex
numbers, the above equality can be rewritten as,

P2(sw → ŝw |h )=Pr
{

|zw|2 + |z3|2 + 2ℜ(z∗
3h3(s3 − (s̃s ⊕ sw)))

+ |h3|2 |s3 − (s̃s ⊕ sw)|2 > |hw(sw − ŝw) + zw|2

+ |h3(s3 − (s̃s ⊕ ŝw)) + z3|2
}

=Pr
{

|zw|2 + |z3|2 + 2ℜ(z∗
3h3(s3 − (s̃s ⊕ sw)))

+ |h3|2 |s3 − (s̃s ⊕ sw)|2 > |hw|2 |sw − ŝw|2 + |zw|2

+2ℜ(z∗
whw(sw − ŝw)) + |h3|2 |s3 − (s̃s ⊕ ŝw)|2

+ |z3|2 + 2ℜ(z∗
3h3(s3 − (s̃s ⊕ ŝw)))

}

. (A.13)

After canceling some terms and rearranging, we get

P2(sw → ŝw |h )=Pr {2ℜ (z∗
3h3((s̃s ⊕ ŝw) − (s̃s ⊕ sw))

+z∗
whw(ŝw − sw)) > |h3|2 |s3 − (s̃s ⊕ ŝw)|2

+ |hw|2 |sw − ŝw|2 − |h3|2 |s3 − (s̃s ⊕ sw)|2
}

.
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Now using the similar steps as done in section A.1, the conditional pairwise error proba-
bility can be represented in terms ofQ-function as follows:

P2(sw → ŝw |h)=Q







|hw|2 |sw − ŝw|2 + |h3|2
(

|s3 − (s̃s ⊕ ŝw)|2 − |s3 − (s̃s ⊕ sw)|2
)

√

2N0

[

|hw|2 |sw − ŝw|2 + |h3|2 |s̃s ⊕ sw − s̃s ⊕ ŝw|2
]







=Q







Γw

Ew
|sw − ŝw|2 + Γ3

E3

(

|s3 − (s̃s ⊕ ŝw)|2 − |s3 − (s̃s ⊕ sw)|2
)

√

2N0

[
Γw

Ew
|sw − ŝw|2 + Γ3

E3
|s̃s ⊕ sw − s̃s ⊕ ŝw|2

]







=Q







Γwδw + Γ3

E3

(

|s3 − (s̃s ⊕ ŝw)|2 − |s3 − (s̃s ⊕ sw)|2
)

√

2N0

[

Γwδw + Γ3

E3
|s̃s ⊕ sw − s̃s ⊕ ŝw|2

]






. (A.14)

Therefore (A.14) becomes similar to the expression in (3.28), after replacingΓw by Γmin.
Moreover,δw andΓw andΓ3 are defined as follows,

δw =
|sw − ŝw|2

Ei
, and Γw =

|hw|2 Ew

N0
, and Γ3 =

|h3|2 E3

N0
.

It is worthwhile to note that if there is no error propagationfrom strong symbol theñss =
ss can be used in (A.14). Moreover,s3 andŝ3 can be now be defined ass3 = (ss ⊕ sw)
and ŝ3 = (ss ⊕ ŝw) respectively in (A.14). Hence in case of no error propagation, the
conditional pairwise error probability in (A.14) can be modified as,

P2(sw → ŝw |h )=Q







|hw|2 |sw − ŝw|2 + |h3|2 |s3 − ŝ3|2
√

2N0

[

|hw|2 |sw − ŝw|2 + |h3|2 |s3 − ŝ3|2
]







=Q

(√

Γwδw + Γ3δ3

2

)

(A.15)

where

δ3 =
|s3 − ŝ3|2

E3
.

A.3 Computing the Pairwise Error Probability for JD and SSC

After deriving the expressions for the conditional pairwise error probability in case of dif-
ferent detection schemes, let us compute the pairwise errorprobability from these expres-
sions. In order to do this, the probability density functionof the argument of theQ-function
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in (A.10) and (A.15) has to be computed. Let us take the example of joint detection scheme,
where the argument can be represented by a random variableΓ as follows:

Γ=

∑3
i=1 Γiδi

2

=

3∑

i=1

Xiζi. (A.16)

Here we defineXi = Γi andζi = δi

2 . The pdf ofXi can be written as

fXi(xi) =
1

γi
e

−
xi
γi , xi ≥ 0, (A.17)

where

γi = E{Xi} =
2σ2Ei

N0

Let us define a new random variableYi = Xiζi. Its probability density function [124, p.
28] can be written as

fYi(yi) =
1

ζi
fXi

(
yi

ζi

)

(A.18)

=
1

ζiγi
e

−
yi

ζiγi

=
1

βi
e

−
yi
βi

where we defineβi = ζiγi. By using the definition ofYi, the expression forΓ in (A.16)
can be modified as:

Γ = Y1 + Y2 + Y3 (A.19)

Now the pdf ofΓ can be computed [140, p. 187] as follows:

fΓ(γ) =

∫ ∞

0

M(Γ)e−pΓdp (A.20)

whereM(Γ) = E{epΓ} is the moment generating function ofΓ. Now in order to compute
theM(Γ), we can write

E{epΓ} = E{ep
∑3

i=1
Yi } = E{

3∏

i=1

epYi }. (A.21)
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Assuming independent fading on each channel, the order of expectation and the product
function can be interchanged in (A.21) to get

E{
3∏

i=1

epYi} =

3∏

i=1

E{epYi}

=

3∏

i=1

∫ ∞

0

epyifYi (yi)dyi

=

3∏

i=1

1

βi

∫ ∞

0

epyie
−

yi
βi dyi

=
3∏

i=1

1

1 − βip
. (A.22)

Using partial fraction decomposition [141], the above expression can be written as:

E{
3∏

i=1

epYi } =

3∏

i=1

1

1 − βip
=

3∑

i=1

αi

1 − βip
(A.23)

where

α1 =
1

(
β2

β1
− 1
)(

β3

β1
− 1
)

α2 =
1

(
β1

β2
− 1
)(

β3

β2
− 1
)

α3 =
1

(
β1

β3
− 1
)(

β2

β3
− 1
) . (A.24)

Hence using the expressions (A.21) to (A.23), theM(Γ) can be written as:

M(Γ) =

3∑

i=1

αi

1 − βip
. (A.25)

The pdffΓ(γ) in (A.20) can be now be computed usingM(Γ) as follows:

fΓ(γ) =

∫ ∞

0

3∑

i=1

αi

1 − βip
e−pΓdp

=
3∑

i=1

(

αi

∫ ∞

0

e−pΓ

1 − βip
dp

)

=

3∑

i=1

αie
− Γ

βi

βi
. (A.26)
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Using the obtained pdf, the pairwise error probability can be calculated as

P2(s → ŝ) =

∫ ∞

0

Q(
√

Γ)fΓ(γ)dΓ

=

3∑

i=1

αi

βi

∫ ∞

0

Q(
√

Γ)e
− Γ

βi dΓ (A.27)

where the integrals in (A.27) can easy be calculated by usingmathematica or as done
in [70, p. 255]. After performing integration the pairwise error probability can be written
as follows:

P2(s → ŝ) =

3∑

i=1

αi

2



1 −

√
√
√
√

βi

2

1 + βi

2





=

(

1 −
√

β1
2

1+
β1
2

)

2
(

β2

β1
− 1
)(

β3

β1
− 1
) +

(

1 −
√

β2
2

1+
β2
2

)

2
(

β2

β1
− 1
)(

β3

β1
− 1
)

+

(

1 −
√

β3
2

1+
β3
2

)

2
(

β2

β1
− 1
)(

β3

β1
− 1
) . (A.28)

Now plugging the value ofβi = γiδi

2 in the above expression we get

P2(s → ŝ) =
1 −

√
γ1

γ1+4/δ1

2
(

γ2δ2

γ1δ1
− 1
)(

γ3δ3

γ1δ1
− 1
)

+
1 −

√
γ2

γ2+4/δ2

2
(

γ1δ1

γ2δ2
− 1
)(

γ3δ3

γ2δ2
− 1
) +

1 −
√

γ3

γ3+4/δ3

2
(

γ1δ1

γ3δ3
− 1
)(

γ2δ2

γ3δ3
− 1
) . (A.29)

Similar expression can be computed for the selection and soft combining, where we have
only two variablesY1 andY2 inside the argument ofQ-function, as compared to three in
this case.

In the special case when allβi are equal i.e.β1 = β2 = β3 = β = γδ
2 , the moment

generating function in (A.25) can be written as follows:

M(Γ) =

(
1

1 − βp

)3

(A.30)

and the corresponding pdf forΓ can be computed using (A.20) as follows:

fΓ(γ) =

∫ ∞

0

e−pΓ

1 − βp
dp =

Γe− Γ
β

β2
(A.31)
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The pairwise error probability can be computed from the above pdf as follows:

P2(s → ŝ) =

∫ ∞

0

Q(
√

Γ)fΓ(γ)dΓ. (A.32)

Using mathematica the above integral can be solved to get

P2(s → ŝ) =
1

2
− 1

2

(

1 +
1

2(1 + β
2 )

)
√
√
√
√

β
2

1 + β
2

=
1

2
− 1

2

(

1 +
1

2(1 + γδ
4 )

)
√
√
√
√

γδ
4

1 + γδ
4

.

A.4 Computing the Upper Bound on Codeword Error Probability

Let us consider a linear block code represented by(n, k, dm), wheren is the length of
codeword,k is the number of information symbols anddm is the minimum Hamming
distance between the codewords. The Hamming distance between the two codewords is
the number of positions where they differ from each other. For better understanding, let
us consider binary codes as an example first. Afterwards, we can generalize the obtained
results for any linear block code [70, p. 439].

In case of binary codes, another term used to describe the distance properties is the
Hamming weight of the code word. It is defined as the number of 1’s in the codeword.
Another important property of linear block code is that the code space surrounding each
codeword is same irrespective of the codeword chosen as a reference. Since the zero code-
word c0 (codeword with all zeros) is present in all the linear block codes, hence we can
consider it as reference transmitted codeword. Therefore,the Hamming distance between
the referencec0 and any other codewordci becomes equal to the Hamming weightwi of
the codeword [70, p. 440].

Let us consider a memoryless binary symmetric channel, where error in each bit of the
codeword occurs independently with the probabilityp. Considering thatc0 is transmitted,
the channel decoder at the receiver will select a codeword with Hamming weightwi, if
the number errors exceedswi

2 [70, p. 448]. Let us define a sequence of random numbers
Yj , j = 1, 2, · · · , wi as

Yj =

{

1, (with probability p)

−1,(with probability 1 − p)

wherep is the probability of error and1 represents an error in the received bit. The prob-
ability that the sum of allYj is positive is calculated in [124, p. 58] using Chernoff bound
and given as:

Pr





wi∑

j=1

Yj ≥ 0



 ≤ [4p(1 − p)]
wi/2 (A.33)



188 APPENDIX A. COMPUTATION OF ERROR PROBABILITY EXPRESSIONS

In our case, this can be interpreted as the probability thatc0 is transmitted and there are
more thanwi/2 errors in the received codeword. Therefore, the channel decoder selects
the codewordci instead ofc0 in this case. Hence, the expression for the pairwise error
probability [124, p. 456] can written as:

P2(c0 → ci) ≤ [4p(1 − p)]
wi/2

. (A.34)

Since there arek information bits, hence the number of possible codewords isM = 2k.
Therefore, considering any codeword as reference there are(M − 1) = 2k−1 possible
estimates or codewords that will result in decoding error. Hence, by using the union bound
technique [70, p. 202] the upper bound on the codeword error probabilityPp can be written
as

Pp ≤
2k−1
∑

i=1

[4p(1 − p)]wi/2 . (A.35)

At high signal-to-noise ratio on the links, the error probability is limited by the minimum
Hamming weightwm. Therefore, the above expression can be approximated as:

Pp ≤ 2k−1 [4p(1 − p)]wm/2 . (A.36)

Now generalizing [124, p. 456] the result for non-binary linear block codes, the minimum
Hamming weightwm is replaced by the minimum Hamming distance as follows:

Pp ≤ (M − 1) [4p(1 − p)]dm/2 . (A.37)

The above expression can be used as upper bound on codeword error probability of linear
block codes [124, p. 456].



Appendix B

Computation of Instantaneous Energy
Consumption

Here we summarize the algorithm used by the base station in order to select an appropriate
transmission path that provides minimum energy consumption. This selection algorithm
varies for each cooperative transmission scheme and also allows us to compute the trans-
mission powers and times at different nodes. With the computation of transmission time
and power for the selected path, we will be able to compute theinstantaneous energy for
transmission time intervalTf .

The two schemes considered here are the two-hop relaying andthe two-hop relaying
with network coding. For these schemes, the selection algorithm in case of adaptive time
allocation is described here. Here we assume that all the coefficients in the power model
are known. Also perfect channel information is available atthe base station.

B.1 Two-Hop Relaying Transmission

In this case the base station computes the instantaneous energy consumption for both the
direct link transmission and the relaying transmission. Then it selects a transmission path
that has minimum instantaneous energy consumption. The important steps are as follows:

1. Compute the minimum energy consumption on both the directand the relay trans-
mission paths.

2. For computing the minimum energy consumption on the direct path, the following
steps are used.

• Vary the parameterα′ in the range0 ≤ α′ ≤ 1.

• Obtain the values of thePt,B for each value ofα′ using (6.26).

• Obtain the values of thePB,on for each value ofPt,B using (6.2).

• ComputeE(γ) for each value of the pair{α′, PB,on} using (6.27).

189
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• Select the minimum value ofE(γ) for direct link transmission from all the
computed values. The transmission timeα′ and the transmission powerPt,B ,
corresponding to the minimumE(γ) are also selected.

3. For computing the minimum energy consumption on the relaying path, the following
steps are used.

• Vary the relay transmit powerPt,R in the range0 ≤ Pt,R ≤ Pmax
t,R .

• Compute the corresponding base station transmit powerPt,B using (6.26) for
each value ofPt,R .

• Then each computed pair{Pt,R, Pt,B} is used to compute the corresponding
value ofα in (6.24).

• Each computed pair{Pt,R, Pt,B} is also used to compute the corresponding
value ofPB,on andPR,on using (6.2) and (6.2) respectively.

• Then for each computed value of parametersPB,on, PR,on andα calculate
E(γ) for the relay transmission path using (6.27).

• Select the minimum value ofE(γ) for the relay transmission path from all the
computed values. The transmission timeα and the transmission powerst,B

andPt,R, corresponding to the minimumE(γ) are also selected.

4. Compare the values of minimumE(γ) obtained from both paths, in step 2 and step
3.

5. Select the path that minimizesE(γ). With the path selection, the other required
parameters (transmission times and transmission powers) for this path are also se-
lected.

6. If may happen that it is not possible to transmit on one of the paths (if transmission
powers exceed their maximum values on that path). In that case the other path is
selected for the transmission.

7. If it is not possible to transmit on both paths (if transmission powers exceed their
maximum values on both paths ), then all the nodes will go to the ideal mode and
the mobile user will be in outage. In this case, theE(γ) given for the outage case in
(6.27) is used.

B.2 Two-Hop Relaying Transmission with Network Coding

In this case the base station computes the instantaneous energy consumption for the two
cases i.e. Both direct and the (Direct, Relay). Then it selects a transmission path or case
that has minimum instantaneous energy consumption. The important steps are as follows:

1. Compute the minimum energy consumption for the both cases.
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2. For computing the minimum energy consumption for Both direct case, the following
steps are used.

• Vary the parameterα′ in the range0 ≤ α′ ≤ 1 and the parameterPt,B in the
range0 ≤ Pt,B ≤ Pmax

t,B .

• Obtain the values of theα for each value of pair{α′, Pt,B} using (6.42).

• Obtain the values of thePB,on andTBS for each value of triplet{α, α′, Pt,B}
using (6.2) and (6.40) respectively.

• Now E(γ) can be computed for each value of the triplet{α, α′, Pt,B} using
(6.43).

• Select the minimum value ofE(γ) for both direct case from all the computed
values. The transmission timesα, α′ and the transmission powerPt,B , corre-
sponding to the minimumE(γ) are also selected.

3. For computing the minimum energy consumption for the (Direct,Relay) case, the
following steps are used.

• Vary the parameterPt,R in the range0 ≤ Pt,R ≤ Pmax
t,R and the parameter

Pt,B in the range0 ≤ Pt,B ≤ Pmax
t,B .

• Obtain the values of theα for each value of pair{Pt,R, Pt,B} using (6.42).

• Obtain the values of thePB,on, PR,on, TBS andTRN for each value of triplet
{α, Pt,R, Pt,B} using (6.2), (6.3), (6.40) and (6.41) respectively.

• NowE(γ) can be computed for each value of the triplet{α, Pt,R, Pt,B} using
(6.43).

• Select the minimum value ofE(γ) for the (Direct,Relay) case from all the
computed values. The transmission powerPt,B, Pt,R and the transmission
timeα corresponding to the minimumE(γ) are also selected.

4. Compare the values of minimumE(γ) obtained from both cases, in step 2 and step
3.

5. Select the path or case that minimizesE(γ). With the transmission path selection
for both users, the other required parameters (transmission times and transmission
powers) for this path are also selected.

6. If may happen that it is not possible to transmit using one of the case (if transmission
powers exceed their maximum values for that case). Then the other case is used for
the transmission.

7. If it is not possible to transmit using both cases (if transmission powers exceed their
maximum values for both cases), then all the nodes will go to the ideal mode and
the mobile user will be in outage. In this case, theE(γ) given for the outage case in
(6.43) is used.





Appendix C

Propagation Models

The performance of cellular systems is highly dependent upon the propagation environ-
ment considered between the transmitters and the receivers. Therefore, the performance
evaluation done for any specific propagation model may not bevalid for other propagation
scenarios. In order to address this issue, the 3rd Generation Partnership Project (3GPP) has
established certain guidelines for performance evaluation of cellular systems and proposed
different propagation models in [142].

The propagation characteristics directly effects the coverage of the relays and the base
stations used in the cellular network. Hence, it is important to verify the system level en-
hancements in different environments, in order to judge their practical significance. If the
coverage of the nodes reduces due to a certain propagation environment then we need to
deploy more nodes. In other words, the outage probability ofthe users would be higher
(corresponds to low quality of service) for a given number ofnodes or the deployment
strategy. On the other hand, increasing the number of nodes is directly linked to the de-
ployment cost. The coverage or capacity requirements and the required number of nodes
in a cellular network also effects the energy consumption inthe cellular system. There-
fore, it is important to investigate the effects of different propagation models on the energy
consumption in the cellular network.

In this regard three different propagation scenarios have been considered in this mono-
graph. These scenarios are accepted by 3GPP for the performance evaluation of relay
deployments in LTE advanced systems [142]. These models arealso used in [86] for
performing the analysis in relaying scenarios. Each propagation scenario have different
distance dependent path loss model, that is summarized in Table. C.1.

The first propagation scenario denoted by Sc1 has been proposed first time in [143].
It assumes only NLOS conditions on all the links. It implies that all the relays and the
users in a cellular network experience NLOS propagation conditions with the base stations.
Moreover, the users also experience the NLOS conditions on their links with the relays.
The path loss can be defined by single slope model [86] alreadymentioned in (2.2) as
follows

L = 10η log10(r) +K0 dB. (C.1)
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Here the factorK0 known as clutter factor depends upon the carrier frequency and
the heights of the base station, relay and user antennas. Theantenna heights for the base
station, relay and user device is assumed to be32, 5 and1.5 meters respectively [86] in
the analysis. The carrier frequency is considered equal to2 GHz. The antennas at the
base station and the relays are assumed to be omnidirectional for simplicity. Moreover,η
represents the path loss exponent andr is the distance between the nodes. The path loss
exponent is different for different links. For instance, onthe BS-Relay link and the BS-
User link its value is 3.76 while on the Relay-User link it hasvalue equal to 3.67. These
values are illustrated in Table. C.1 for each case.

Similar type of single slope models, such as Okumura-Hata etc are already well es-
tablished in the literature. The single slope model illustrated in (C.1) is feasible for the
densely built environments, where the user devices are on the street level and the probabil-
ity of LOS communication with the relay and the base station is small [86]. The path loss
expressions for all the three links, that is BS-user link, BS-Relay Link and the Relay-user
link, are summarized in Table. C.1. It can be observed that there is a difference of3.6 dB in
the path loss expression on BS-User link and BS-Relay link. The link between base station
and relay have reduced path loss, since the elevation of relay antenna is higher than that of
user device. However, due to lower height of relay, the Relay-User link experience quite
aggressive attenuation in signal strength as obvious from Table. C.1.

In the presence of multi-path Rayleigh fading the path loss in expression in Rayleigh(C.1)
can be modified as

L′′ = 10η log10(r) +K0 + 20 log10

(
1

|h|

)

dB. (C.2)

whereh denotes the complex multiplicative channel gain due to multi-path fading and is
defined in (2.21).

The single slope path loss model for Sc1, represents a pessimistic model as no LOS
component is assumed on the links. This situation is valid for densely populated cities.
However, as the cell size is reduced the probability of LOS communication between the
nodes increases [86]. Hence in many cases a clear line of sight between the relay and the
user is possible [86], especially for the users that are nearto the relay [144]. Therefore, for
the smaller distance between the relay and the user the link may have smaller path loss as
compared to that mentioned in Sc1.

In order to take care of LOS component as well, a probabilistic dual slope propagation
model [86] has been introduced in [144, 145] for the Relay-User link. In the proposed
model, it has been considered that the users at shorter distance from the relay may receive
LOS signal while other at larger distances may receive NLOS signal. Hence the final path
loss expression consist of a LOS component and a NLOS component combined together.
There is a smooth transition between the LOS dominant conditions to NLOS dominant
conditions, since the break point between the two is defined by a certain probability [144].
Therefore, the resulting expression for the overall path loss for the Relay-User link can be
written as,

L = Prob(LOS)PL(LOS)+ [1-Prob(LOS)]PL(NLOS) dB (C.3)



195

100 200 300 400 500 600 700 800 900 1000
60

70

80

90

100

110

120

130

140

150

Relay−User distance (m)

P
at

h 
Lo

ss
 o

n 
R

el
ay

−
U

se
r 

Li
nk

 (
dB

)

 

 

Sc1−(Urban, Suburban)

(Sc2,Sc3)−Urban

(Sc2,Sc3)−Suburban

Figure C.1: Distance dependent path-loss versus relay-user distance in meters at 2 GHz

where

PL(LOS)=10η1 log10(r) +K1 dB

PL(NLOS)=10η2 log10(r) +K2 dB.

The proposed model for the Relay-user link illustrated in (C.5), is based on the theoretical
analysis, realistic measurement data, and the practical relay deployments [144]. Hereηi

andKi, denotes the corresponding path loss and clutter factor in each case. In this model,
some extra penalties in path loss calculation, are also added as compared to the ITU UMi-
NLOS and ITU UMi/UMa-LOS models, because of lower height of relay antenna. The
dual slope model for the Relay-User link in (C.5) along with the propagation model in
(C.1) for the other two links corresponds to propagation scenario 2 or Sc2 in our analysis.
The expressions for the path loss model in case of Sc2 are illustrated in Table. C.1. It is
obvious, that there is difference in the expression of path loss for Relay-User link only,
while comparing Sc1 and Sc2.

Now let us compare the path loss for the Relay-User link in Sc1and Sc2 as shown
in Figure C.1 for both the urban and suburban environments. It can be observed that for
smaller distance between the relay and the user, due to the LOS communications, the path
loss is less in case of Sc2 as compared to Sc1. However, as the distance increases, the
probability Prob(LOS) decreases and the path loss on Relay-User link coincides with that
of Sc1. At much larger distance, there are dominant NLOS conditions on Relay-User link
and the path loss due to NLOS conditions is higher in case of Sc2, due to the correc-
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Figure C.2: Distance dependent path-loss versus BS-user distance in meters at 2 GHz

tion proposed by [144] for PL(NLOS). Moreover, it can be observed that LOS conditions
prevails for larger distance in case of Suburban model as compared to the Urban model.
However, at higher distance the path loss for NLOS conditions is same for both the urban
and suburban environments.

Now in the presence of multi-path fading the expression in (C.5), for the path loss
calculation can be modified as

L= Prob(LOS)

[

PL(LOS)+ 20 log10

(
1

|h1|

)]

(C.4)

+ [1 − Prob(LOS)]

[

PL(NLOS)+ 20 log10

(
1

|h2|

)]

dB

whereh1 andh2 denotes the complex multiplicative channel gain due to multi-path fading
and their modulus has Rayleigh and Rician distribution respectively, as described in (2.13)
and (2.14). The value of Rician factorK in (2.14), is assumed equal to10 for the analysis
purposes.

The propagation scenario Sc2, consider a combination of LOSand NLOS component
for the Relay-User link and assumes only NLOS conditions on the other two links. How-
ever, it is possible that if the users or relays are near to thebase station they may experience
the LOS conditions as well. This discrepancy is removed by a third propagation model
in [142], known as Sc3 in our analysis, where the probabilistic dual slope model is used
for all the links. The expressions for propagation model 3 are illustrated in Table. C.1. The
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Figure C.3: Distance dependent path-loss versus BS-relay distance in meters at 2 GHz

probabilities for the NLOS and the LOS conditions have also been defined for the BS-User
link and the BS-Relay link in Table. C.1.

Now let us compare the path loss on BS-User link and BS-Relay link for Sc3 model
with the rest of two scenarios. These comparisons are illustrated in Figure C.2 and Fig-
ure C.3 for BS-User link and BS-Relay link respectively. Thepath-loss for both urban and
suburban environments is shown in these figures. It is obvious that if the distance between
the two nodes, is smaller than a certain value we have dominant NLOS conditions and the
path loss for Sc3 is less than that of Sc1 and Sc2. However, at larger distance the NLOS
conditions become more prominent and the path loss for Sc3 becomes higher than Sc1 and
Sc2. In case of BS-Relay link the path loss for Sc3 at higher distances, is comparable to
that in Sc1 and Sc2. Again in case of suburban environment theswitching between the
dominant NLOS conditions and LOS conditions occurs at higher distance as compared to
the urban environment. The differences in path loss model for the three scenarios clearly
depicts that, the analysis based on any propagation scenario could be different from the
other propagation scenarios.
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Table C.1: Propagation Models

Channel Models
Distance (r1,r2,r3) in [meters]
Scenario 1 (Sc1)

BS-User Link
L1 =15.3 + 37.6 log10(r1)
BS-Relay Link
L2 =11.7 + 37.6log10(r2)
Relay-User Link
L3 =30.6 + 36.7log10(r3)

Scenario 2 (Sc2)
BS-User Link
L1 =15.3 + 37.6log10(r1)
BS-Relay Link
L2 =11.7 + 37.6log10(r2)
Relay-User Link
L3 =Prob(LOS)PL(LOS)+[1-Prob(LOS)]PL(NLOS)
PL(LOS)=41.1 + 20.9log10(r3), PL(NLOS)=32.9 + 37.5log10(r3)
Urban Model
Prob(LOS)=0.5-min(0.5,5exp(-156/r3))+ min(0.5,5exp(-r3/30))
Suburban Model
Prob(LOS)=0.5-min(0.5,5exp(-300/r3))+ min(0.5,5exp(-r3/95))

Scenario 3 (Sc3)
BS-User Link
PL(LOS)=30.8 + 24.2log10(r1), PL(NLOS)=2.7 + 42.8log10(r1)
Urban Model
Prob(LOS)=min(18/r1,1)(1-exp(-r1/63))+ exp(-r1/63)
Suburban Model
Prob(LOS)=exp(-(r1-10)/200)
BS-Relay Link
PL(LOS)=30.2 + 23.5log10(r2), PL(NLOS)=16.3 + 36.3log10(r2)
Urban Model
Prob(LOS)=min(18/r2,1)(1-exp(-r2/72))+ exp(-r2/72)
Suburban Model
Prob(LOS)=exp(-(r2-10)/230)
Relay-User Link
PL(LOS)=41.1 + 20.9log10(r3), PL(NLOS)=32.9 + 37.5log10(r3)
Urban Model
Prob(LOS)=0.5-min(0.5,5exp(-156/r3))+ min(0.5,5exp(-r3/30))
Suburban Model
Prob(LOS)=0.5-min(0.5,5exp(-300/r3))+ min(0.5,5exp(-r3/95))



Appendix D

Log Normal Shadow Fading

Different objects situated between the transmitter and thereceiver obstructs the LOS path.
These objects could be small in dimension or could be larger like major terrain obstacles,
such as large buildings and hills etc. These obstructions can cause shadowing for a user
device moving behind them [146]. Thus the transmitted signal reaches at the receiver via
diffraction and collection of reflected waves. This causes the fluctuations in received signal
strength and termed as shadow fading.

This variation in signal strength depends upon the relativeposition of the obstacles
and the user device or the receiver node. Depending upon the size of obstruction, the
user device may take some time to move out of shadow region. Byknowing the exact
geometry of buildings, hills and other obstruction in a service area it is possible to estimate
the path loss due to the shadow fading accurately. However, it may not be possible to
obtain the fine details of each terrain and to compute the exact shadow fading everywhere.
Therefore, there remains always a residual error in the estimation of shadow fading using
this approach [146]. Hence, stochastic models are commonlyused to predict the shadow
fading at different locations in the service area.

In 2D propagation models, there are three important parameters that determines the
random values at any specific location [74]. These include the distribution of the random
process, the autocorrelation function and the cross correlation function. In this monograph,
a well accepted model [74,146] for the distribution of shadow fading, that is the zero mean
log normal distributed random process is used. The standarddeviation is denoted byσs,
which varies between2 − 6 dB for the suburban or rural environments. In case of urban
environments,σs can take any value in the range8 − 12 dB [74].

A simplest way to assign log normal shadow fading to each point in the geographical
area, is to assign a random value. However, this method does not take into consideration the
correlation in space. Therefore, correlated fading shouldbe considered. This is practical
since there exist a certain correlation in the space. As userhas to cover some distance in
order to clear the obstruction, there will be some correlation in the fading values. This
correlation however, depends upon the dimension of the obstruction.

The auto correlation function, determines how the values ofrandom shadow fading

199



200 APPENDIX D. LOG NORMAL SHADOW FADING

changes as the user device moves certain distance from the base station. For computing
the autocorrelation function, a well known method based on Gudmundson’s exponential
model [147] is used here. According to this method, the valueof correlation decreases
to e−1 at the correlation distance. The correlation distance refers to a maximum distance
until which the shadow fading remains correlated. In our analysis, the correlation distance
is assumed equal to100 meters. It is important that the shadow fading remains the same at
any given point, every time the simulation is performed. In order to ensure that, a specific
value of shadow fading is allotted to each point. This is doneby using a technique based
on pre-computed maps of shadow fading described in [146].

For a given user location. the cross correlation determinesthat, how much the fading
components from two different base stations are correlatedwith each other. device. Cross
correlation is important while calculating the interference from other base stations. In our
analysis, the cross correlation correlation does not have any impact on the path loss model
expressions. This is because no inter-cell interference isconsidered during the analysis.
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