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Abstract 
 
Venture capitalists enter into an investment with the intent of realising a substantial profit on the 

venture after a number of years; this realisation is usually labelled the exit. The disinvestment decision 

is a critical issue in the venture capital industry, as the return of the investment is realised upon exit. 

There are two important dimensions to the disinvestment decision; how and when to exit. 

 
This thesis studies the role of Venture Capital (VC) syndication, and its’ effect on exit dynamics for VC 

firms in Sweden. The aspects of syndication will be focused on firm characteristics of investing parties, 

were the ambition is to provide an analysis of these characteristics and their effect on exit route 

(Merger and Acquisitions, M&As, and Initial Public Offerings, IPOs) and exit timing. Our statistical 

analysis rely on survival analysis with Competing Risk Models (CRM), which is adequate to model time 

in one state, when exit is to a number of competing states. These models allow for a joint analysis of 

exit type and exit timing, i.e. model durations that end with multiple exits. Specifically, we apply the 

Weibull distribution with Gamma Frailty. 

 

To conduct the study, we have used a self-collected data set of 300 investments derived from 20 VC 

firms in Sweden. For each investment, the data includes information relating to a number of 

explanatory variables concerning selected characteristics of the portfolio company and investing 

parties. Our results reveal that the presence of one or more experienced VC firms in the syndicate 

would prolong time to exit and increase the likelihood of exiting through an IPO. We provided evidence 

that a larger syndicate size will increase the time to exit and increase the likelihood for exiting through 

an IPO. We also provided empirical evidence that foreign investor involvement in a syndicate prolongs 

time to exit in comparison to investments with only domestic co-investors and should affect exit route 

by increasing the probability of an IPO. Finally, we could infer that a match between location of at least 

one VC firm in a syndicate and acquirer country will have an increasing effect on time-to-exit, while 

increasing the probability of an exit in that country. 

 

We hope that the findings of this thesis will provide scholars and venture capitalists with novel, 

valuable information on a syndicates’ effect on exit dynamics. 

 

Keywords: Venture Capital, Syndication, Exit dynamics, Survival Analysis, Competing Risk model 
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1. INTRODUCTION 
 

This introductory chapter will offer an introduction and short background to the chosen research 
question. The chapter will start by explaining the delimitations and purpose of the thesis, followed 
by the problem definition and research contribution, some sustainability aspects regarding the VC 

market and conclude with a brief presentation of the methodology and a description of the 
disposition of the thesis. 

 

1.1. Introduction 
 

Sweden is a leader in Europe in terms of growth capital investments, as share of GDP. It can be 

argued that the need for growth capital bears a particular importance in Sweden and for the 

Swedish economy (SVCA, 2016). Since growth-oriented small businesses rarely retain sufficient 

economic recourses, they need to turn to external financing, i.e. raise capital through equity 

investments. Innovative ventures often look for venture capital (VC) to provide them with the 

necessary financing they need to expand, break into new markets or grow faster. Although VC 

might not be relevant for all entrepreneurial firms, it is indeed essential for the growth of 

innovative firms (European Commission, 2016b; OECD, 2014). 

 

Sweden is an attractive location for VC investments and Stockholm is the epicentre of the Swedish 

start-up scene. An industry study published in 2015, concluded that Stockholm was positioned 

as the second most prolific tech hub in the world on a per capita basis, producing 6.3 billion-dollar 

companies per million people, compared to Silicon Valley’s 8.1 (Atomico, 2016).  Explicitly, during 

the last ten years, Stockholm has seen more tech companies valued at billion dollar valuations (so 

called Unicorns), compared to other European cities such as London and Berlin. The most 

prominent examples include Skype, the first billion-dollar technology company outside of Silicon 

Valley, which became Stockholm’s first unicorn when it was bought by Ebay for $2.6bn in 2005, 

just two years after its initial launch. In recent years, other Swedish tech companies, such as 

Spotify, King, Mojang and Klarna, have experienced similar successes (Atomico, 2016; 

Investstockholm, 2015). Interestingly, all mentioned companies have received VC financing. 

 

Venture capitalists enter into an investment with the intent of realising a substantial profit on the 

venture after a number of years. The realisation, or ending of the VC’s involvement, is usually 

labelled the exit. The exit prospect is a critical issue in the venture capital industry, as investment 

decisions are partly determined by the exit possibility. Since early stage growth companies rarely 

have sufficient cash flow to pay interest on debt or dividends on equity investments during the 

holding period, the return of the investment (ROI) is realised upon exit. There are two important 

dimensions to the disinvestment decision; how and when to exit. 

 

A central element of any exit strategy is determining the exit channel. The two most prominent 

exit routes are the Initial Public Offering (IPO) and the Merger and Acquisition (M&A) 

(synonymous to trade sale). The IPO is considered to be the most preferred exit route for venture 

capitalists, where the primary aim is to find a value and liquidity for the equity stock of a company. 

While an IPO may be the most favourable form of exit, it's not the most common. Most companies 

are sold through a merger or acquisition, where the VCs shares are sold to another company or 

industrial investor. 

 

http://www.atomico.com/explore-d3
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The time to exit is essential for VC firms. Since the typical lifespan of a VC fund is ten years, a VC 

firm needs to divest their holdings in a portfolio company, preferably in three to seven years 

(Bascha and Walz, 2001; Pearce and Barner 2006). The duration of an individual investment, 

defined in this thesis as the time elapsed between the date at which an initial investment is made 

and the date on which the VC firm exits the investment, can be viewed from two different 

perspectives. According to Espenlaub et al. (2015), longer involvement can have negative 

consequences for a VC firm, in terms of potential costs incurred from ongoing monitoring and 

illiquidity. On the opposite side of the spectrum, longer involvement allows the VC firm to 

contribute with more value-adding activities to the portfolio company, which could increase 

likelihood of a successful exit.  

 

Many investments are syndicated in the Swedish VC industry. In fact, is Sweden one of the 

countries with the highest proportions of syndicated venture deals in Europe (Manigart et al., 

2006; EVCA, 2016b)1. Syndication, synonymous to co-investment throughout this thesis, is 

commonplace in the VC industry due to its various benefits. Researchers such as Hochberg et al. 

(2007) find that VC firms who are well-networked, have significantly better fund performance, as 

measured by the proportion of investments that are successfully exited via a trade sale or public 

listing. We will define syndication as situations where co-investment occurs during the holding 

period of an examined VC firm.  

 

While research examining the performance of venture capital-backed firms (synonymous in this 

thesis to venture, portfolio company and entrepreneurial firm) is abundant (see e.g. Cumming et 

al., 2014; Kaplan and Schoar, 2005; Streletzki and Schulte 2013; Smith et al., 2011; Söderblom, 

2011), existing literature does not provide a complete understanding of the rationale behind VC 

syndication and exit dynamics. Although theories in finance suggest that selection and value-add 

by monitoring should be different if capital is provided by a syndicate instead of a single VC, there 

has been limited examination of the multivalent impact of syndication on venture firms’ exit 

dynamics. 

 

The hypotheses developed in this thesis are statistically tested using the self-collected data set2. 

This data set contains a total of 300 investments derived from 20 VC firms located in Sweden 

(referred to as SAMPLE20). For each investment, the data includes information relating to the 

entry and exit dates of the SAMPLE20 firms, the syndicate members that invested during the same 

time period (along with basic information about their origin and structure) and information about 

the venture, e.g. country of origin, foundation year, industry and in which investment stage the 

SAMPLE20 firm initially invested. We aim to examine selected syndicate characteristics of 

investments exited through either an IPO or M&A. Explicitly, the sample contains 126 trade sales, 

71 IPOs and 103 active investments. 

 

 

 

                                                 
1 From our data set, we observe that approximately 60% of the investments are syndicated. 
2 This collection resulted in a comparatively smaller data set. Nevertheless, our descriptive statistics are comparable to 

the available Swedish industry data as well as previous empirical findings, see Section 5.1 for a presentation of the 

descriptive results.  
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The results derived from this thesis reveal that the presence of one or more experienced VC firms 

in the syndicate would prolong time to exit and increase the likelihood of exiting through an IPO. 

We provided evidence that a larger syndicate size will increase the time to exit and increase the 

likelihood for exiting through an IPO. We also provided empirical evidence that foreign investor 

involvement in a syndicate prolongs time to exit in comparison to investments with only domestic 

co-investors and should affect exit route by increasing the probability of an IPO. Finally, we could 

infer that a match between location of at least one VC firm in a syndicate and acquirer country will 

have an increasing effect on time-to-exit, while increasing the probability of an exit in that country. 

 

The contributions of this thesis are several. First and foremost, this thesis aims to examine the 

influence of syndicates, which are commonplace in the VC industry, on the exit dynamics of 

venture-backed firms. Empirical evidence suggests several benefits of syndications, specifically 

may engaging in networks be an important consideration for VC firms. Previous literature has 

shed light on the reasoning behind VC syndication (Lerner, 1994; Brander et al, 2002), their ability 

to enhance value-addition to the investment (Hellmann and Puri, 2002; Hochberg, 2007; Kaplan 

and Stromberg, 2004; Lindsey, 2008), their ability to enhance investment selection (Lerner, 1994; 

Sorenson and Stuart, 2001), to mitigate information asymmetries between the initial venture 

investor and other later-round potential investors (Admati and Pfleiderer, 1994; Lerner, 1994), 

and to add value by monitoring the performance of portfolio companies (Brander et al., 2002). 

However, to our knowledge, the syndicate’s characteristics have never been the focal point in 

studies on the disinvestment decision. In an attempt to further this research, this thesis will focus 

on if and how, syndicate characteristics affect the exit dynamics of VC investments. Subsequently, 

by using a self-collected data set, we will be able to shed a light on a market that is somewhat 

unexplored, at least in the research society. Finally, we will become the first study in the Nordics 

to perform this kind of duration analysis on the domestic VC market, providing a join analysis of 

exit route and exit timing. 

 

 

1.2. Delimitations and Purpose of the Thesis 

 

The venture capital market in Sweden is thriving, motivating our choice to focus mainly on VC 

firms active in this country. Still, due to the complexity and extensiveness of the Swedish VC 

industry, a study on exit dynamics requires delimitations. A decision was taken to narrow down 

the research area, limiting the analysis to a VC firm’s decision to exit from a portfolio company, 

and factors which may affect this decision. More specifically, the thesis will focus on how syndicate 

composition and its subsequent characteristics, affect exit route (IPO or M&A) and exit timing for 

venture capital backed companies.  

 

Over the last two decades, VC has emerged as an important area of finance for entrepreneurial 

firms, attracting the attention of both academic researchers and practitioners alike. Although 

various studies have looked at VC investments, the focus has been on the risk and return in 

different financing stages, or the performance of venture backed portfolio companies (Cumming, 

2001). Most of these studies are conducted on US markets, where the VC industry has been 

established for a longer time period than in other parts of the world, and where a track record of 

very successful VC exits has been recognised. Smaller European countries like Sweden, have 

received little academic attention. In this thesis we examine the exits of VC firms, that are active 

in Sweden, from their portfolio companies. 
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A venture capitalist will choose the exit route that is appropriate and most beneficial, taking 

several factors into consideration, such as market conditions and performance of the project. In 

successful cases, this yields an exit via IPO or M&A. The literature on IPO related exits is 

substantial. M&A exits have been researched to a lesser extent, along with research that compares 

exit dynamics facing successful routes. IPOs and trade sales tend to be the two most aspired exit 

routes among VC firms. Examining the exit dynamics of both of these successful routes, can help 

further research in this area. Important to highlight is that we only observe the outcome of the 

exit in this thesis, not the quality. Meaning that we do not consider the magnitude of investments, 

nor do we consider the returns of the listing or sale3. 

 

The thesis will analyse the exit behaviour of VC firms’ activity in one country, Sweden.  Narrowing 

the study to one country, limits the empirical ramifications relating to legal climate, which is 

known to vary between countries. Multiple studies find that the exit behaviour varies with 

geography, specifically with respect to which geographic location the VC firm is operating in. In 

the literature, these differences can often be linked to differences in legal or institutional issues 

(Cumming et al., 2005; Isaksson, 2000; Wang and Sim, 2001). For instance, Cumming et al. (2006) 

studied the importance of the legal environment on the exiting of venture capital investments4. 

Specifically, regulatory (legal or taxation) differences between the VC firms, as well as domestic 

(cultural or macroeconomic) differences between the locations of the VC firms could have affected 

the validity of our findings in a negative way. By focusing our study only to Sweden, results and 

findings pertaining to the quality of legal environment for the baseline country are minimized. 

Important to note is, however, that the country of the portfolio will not have a direct effect on this 

conception. 

 

In order to quantitatively examine the exit dynamics and the syndication characteristics, a 

manually collected data set was used. This meant that a number of delimitations needed to be 

made. Explicitly regarding the scope of VC firms, exit routes and the definition of what constitutes 

a syndicate. Primarily, we decided to examine the total duration of the investment, i.e. we do not 

distinguish between different investment rounds. We chose to derive our sample for VC firms 

active in Sweden, resulting in a diverse sample of 20 firms. These 20 VC firm’s (SAMPLE20) 

represent different types of VC firms, with different structure and investment strategies. When 

scrutinizing the syndicate characteristics for each investment, we will apply the broader definition 

of syndication, which relates to co-investments between VC firms during the holding period of the 

SAMPLE20 firm5. This implies that syndication occurs when co-investment takes place between a 

SAMPLE20 firm and at least one other investor during the holding period of the SAMPLE20 firm. 

Theoretically a co-investor can be any type of investor (e.g. VC, PE or angel investor), however, in 

our analysis we will not consider angel investors as a syndicate member, only incorporated firms. 

In the data set, an investor is typically defined as another VC firm, from here on in referred to as 

                                                 
3 We assume that the SAMPLE20 firm made the correct exit decision, with regard to both route and time (i.e. that they 
made the optimal exit decision based on the available information within that period in time). Hence; no further 
analysis regarding the ROI or alternative exit decisions for the individual investments will be made. We will merely 
examine what variables could have affected the exit decision more than others. 
4 The evidence showed that high quality legal environments both facilitate active venture capital markets and 
successful exit environments. They further show that these variables happen to be correlated with an active stock 
market. 
5 This is based on the notion that a VC firm keeps providing funding to the investee company as long as it is in its active 

portfolio. When additional VC firms start investing into the same company, a co-investment is established. 
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CO-INVESTORS (See Appendix C for a more detailed presentation of SAMPLE20 and the CO-

INVESTORS).  

 

Finally, this thesis is limited to successful exit routes. Due to the high risks associated with 

financing entrepreneurial firms; it is important to mention that it is not uncommon for early-stage 

investors to suffer losses in terms of liquidations, or write-offs of their investment. Due to the 

negative signalling effect of unsuccessful investments, VC firms tend not to include unsuccessful 

investments on their internet homepages; as such, the information available for unsuccessful 

investments is limited when manually gathering data on VC investments. The methodology of the 

data collection (including more detailed delimitations and limitations of the study), will be 

described in Chapter 4, along with a presentation of the structure of the data set. 

 

1.2.1. Problem Definition and Research contribution 

 

The goal of this thesis is to examine the role of venture capital (VC) syndication, and its’ effect on 

exit dynamics for VC firms in Sweden. The aspects of syndication will be focused to selected firm 

characteristics of investing parties. Using survival analysis and competing risk models, our 

ambition is to provide a joint analysis of these characteristics and their effect on exit route (M&A 

or IPO) and exit timing. 

 

Through the empirical analysis of the thesis, we seek answers to the following research question: 

- How do selected characteristics of syndicates in the Swedish venture capital industry, affect the 

exit route and exit timing of their ventures? 

  

The thesis contributes to the existing body of research in several ways. Firstly, it explores a market 

that has not seen this kind of research previously. Secondly, this is the first study to apply the 

survival analysis and competing risk model to the total duration of the VC investments for VC firms 

active in Sweden. It is our belief that such research could potentially offer insights to existing 

literature on VC exit dynamics and the choice to syndicate. Thirdly, our self-collected data set 

offers an insight into the current state of the Swedish VC industry and the exit dynamics as a 

whole. 

 

 

1.3. Sustainability aspects 
 

In recent years, venture capital has become a dominant force in the financing of innovative 

companies. Previous empirical studies have shown that the VC industry has leveraged capital into 

investments that resulted in a large number of important companies. VC backed companies such 

as Spotify, Klarna and Mojang have conceivably affected the Swedish economy. Despite the young 

age of the VC industry, a large fraction of current public Swedish companies received (both 

domestic and foreign) venture capital financing (Business Sweden, 2016). 

 

Venture capitalism has significant socio-economic consequences6. As stated, VC investments help 

facilitate growth and expansion for young (risky) ventures - not only through financing but also 

                                                 
6 This research topic does not have any issues related to environmental sustainable development. 
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mentorship, strategic guidance, network access, and other support7. This enablement may in turn 

affect the social and economic sustainability of the domestic economy. On the level of individual 

citizens, this can translate into greater opportunities and greater willingness for 

entrepreneurship - factors that are proven to affect the macroeconomic climate positively.  

 

When examining exit dynamics on the VC market, it is reasonable to argue that an active exit 

market should facilitate a higher degree of entrepreneurship and new start-ups. By showcasing 

successful exits (in terms of value adding activities provided by investors and a sufficient exit 

route within a desired timeframe) one will promote the VC industry as a viable source of financing 

and in turn attract new ventures to the market. In short; VC divesting can create incentives for 

young firms to grow – enabling several positive spillover effects. For the society as a whole, a more 

active entrepreneurial environment may push down unemployment rates and facilitate 

macroeconomic growth (Wong et al., 2005). Hence, societies stand to gain additional output 

generated from an innovative, well-functioning economy. 

 

It is important to mention that successful VC-backed companies may well have been successful 

even without VC financing. Nevertheless, the fact that so many successful entrepreneurs choose 

VC financing suggests that this source of funding plays an important role in both the 

entrepreneurial ecosystem and the overall economy. VC-backed companies include some of the 

most innovative companies in the world, specifically in terms of research and development (R&D). 

R&D spending produces value for not just those companies, but has the potential to lead to 

positive spillovers8 domestically and beyond (Stanford Business, 2016). As previous research has 

argued (see Section 2.3 and 3.2 for descriptions and empirical findings), the decision to syndicate 

can help facilitate positive effects for VC investments and subsequently positively affect successful 

exit dynamics. 

 

Above mentioned qualities are not only important for the individual VC firm. From the moment of 

initial investment, venture capitalists are looking for an exit point when they can transfer their 

investment, releasing funds to be recycled to new ventures. Flexible exit markets (ideally 

surrounded by relevant advisory services) will affirm future VC financing (and subsequent 

growth) of SMEs (European Commission, 2016a). There is a built in signalling effect tied to 

successful exits, affecting the entire VC market positively. As venture backed companies can help 

facilitate new entrepreneurial ventures and promote the usage of VC financing (Wong et al., 2005), 

a positive “cycle” of new innovations and profitable investments are created.  

 

Finally, VC-backed companies play an increasingly important role in the Swedish economy. Over 

the past 20 years, these companies have been a driver of both economic growth and private sector 

employment (Frontier Economics, 2013). Hence; VC is an important part of the innovation 

ecosystem and has helped some of the world’s most successful companies to grow. 

 

 

 

 

                                                 
7 Several of the largest companies in the world (e.g. Apple, FedEx, Google, Intel and Microsoft) received most of their 
early external financing from VC firms (Stanford Business, 2016). 
8 American VC-backed companies such as Windows and FedEx have generated positive technology spill-overs, 
reaching beyond the firms themselves (Stanford Business, 2016). 
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1.4. Research methodology and disposition 

 

The scientific ambition of this thesis is to investigate if and how the selected syndication 

characteristics are significant when achieving a successful exit within the desired time. The joint 

analysis of exit time and exit route will prominently rely on a Survival Analysis with competing 

risk models. This is a quantitative method supported by various scholars (see e.g. Espenlaub et al., 

2009; Giot and Schweinbacher, 2007; Gomes Santana Félix et al., 2014; Pommet, 2013; Tykvova, 

2004). To check the robustness of the results, a (lesser) qualitative study will be performed, in the 

form of an institutional analysis.  By discussing the examined hypotheses and results with an 

experienced venture capitalist (Daniel Blomquist, Partner at Creandum), we can gain institutional 

knowledge and thus ensure the validity of the study and the achieved findings. 

 

The research is mainly based on a literature review of well-known peer-reviewed international 

academic journals and books. Among the journals included are Journal of Alternative Investments, 

Journal of Banking and Finance, Journal of Corporate Finance, Journal of Economics and 

Management, Journal of Economic Perspectives and Journal of Economic Studies. This research 

has functioned as a building block for the hypotheses presented in Chapter 3, as well as the 

statistical analysis and methodology. 

 

Quantitative research allows us to measure and examine VC data, and to understand the 

relationship between the dependent (exit characteristics) and independent variables (syndication 

characteristics). There are a number of benefits with applying a statistical methodology. First, 

there is a higher level of objectivity; this research is numerical and can therefore not be easily 

misinterpreted. Second, a statistical analysis permits us to understand a large amount of essential 

characteristics of the data. Third, the statistical results are easier to generalise and can offer 

assurance when discussing future implications (Train, 2003). 

 

The quantitative study relies partly on a descriptive analysis of the self-collected data set, but is 

primarily based on a survival analysis with competing risk models, following a Weibull 

distribution with Gamma Frailty to account for heterogeneity9. Survival analysis, also called 

duration analysis, has been used in various fields to examine the occurrence of some specified 

event. In Economics, examples of its use include time to retirement, or the time it takes for a 

displaced individual to find a job. Survival Analysis may also be used to study firm survival and 

exit, in line with this thesis. This kind of statistical analysis is centred on individual observations 

which are tracked until an event occurs (commonly deemed ‘failure’), or until they are lost from 

the sample (censored observations). The main area of interest is how long they stay in the sample 

(survival) we are also interested in their risk of failure (hazard rates). A competing risk model is 

adequate to model time in one state when exit is to a number of competing states. There are two 

steps in applying the CRM; one must first allow for multiple exits (IPO and M&A) and secondly 

allow for the fact that some firms should be treated as non-exited (active). Meaning that the 

survival analysis with competing risks allow for a joint analysis of exit type and exit timing, i.e. 

model durations that end with multiple exits. We will describe these issues further in Chapter 4. 

 

The thesis will proceed with a theoretical and empirical background in Chapter 2, where the 

fundamentals of VC investing are described, followed by an introduction to the Swedish VC 

                                                 
9 See Section 4.1.2 for theoretical explanations and motivations for this distribution. 
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market. Chapter 3 provides a summary of VC exit theory, discusses contributions made by 

previous scholars in the field and concludes with a presentation of examined hypothesizes. 

Chapter 4 details how the study was conducted with an extensive presentation of the research 

methodology. The section will mainly present the theoretical framework behind survival analysis 

with competing risks, along with a description of the data collection and data set. In Chapter 5, the 

results of the quantitative analysis, the institutional analysis and an overarching discussion will 

be presented. To conclude the thesis, the main outcomes of the research along with some 

suggestions for future research will be presented in Chapter 6. 
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2. BACKGROUND 
 

This chapter will begin with a description of venture capital as an asset class, with subsequent 
investment benefits. Secondly, we will present elementary information on the VC exit decision and 

syndication. Lastly, we will present a shorter background of the Swedish VC market. We will end the 
chapter with some relevant statistics on the Swedish VC market, as well as a limited introduction to 

some statistics from of the data set used for the quantitative analysis. 
 

2.1. Venture Capital defined 

 

Venture Capital (VC) is a segment of the Private Equity market that typically invests in young or 

high growth companies. Gompers and Lerner (2001) have provided a traditional definition of the 

term VC; “independent, professionally managed, dedicated pools of capital that focus on equity or 

equity linked investments in privately held, high-growth companies” (p. 146). 

 

Venture capital is grouped into VC funds. A majority of VC funds are structured as limited 

partnerships. In the partnership, a VC fund is managed by a VC firm, termed General Partner (GP), 

who encompasses the main liability and acts as an intermediary raising capital from the investors. 

The investors in the partnership are termed Limited Partners (LPs), as their liability is limited to 

the capital they have committed to the fund. The limited liability feature ensures that an investor’s 

assets are not at risk of being seized, in the event of the partnership’s insolvency. Large pension 

funds, insurance companies or other entities are among the typical investors who commit money 

to venture capital funds (Leach and Melchier, 2010; Tarrade, 2012). See Figure 2.1.1 for a visual 

illustration of the link between LPs, VCs and portfolio companies. 

 

Unlike an LP, who is not involved in the investment decision process, the GP manages the 

investment portfolio actively, through board participation or other means. For a given portfolio 

company, the GP will raise venture capital funds from its’ LPs and pool this money with internal 

resources (Berk and DeMarzo, 2014; Brander et al., 2002).  

 

How VC firms operate can be summarized by the so-called Venture Capital Cycle, first introduced 

by Gompers and Lerner (2004). The three primary activities that VC firms engage in are 

fundraising, investing and divesting according to this cycle. During the fundraising period, VC 

firms market themselves to potential investors by drawing on past performance, expertise, 

experience and promotion of their individual investment strategies. When sufficient funds have 

been raised, the VC firm will enter into the next stage, the investment phase. This phase consists 

of deal sourcing, i.e. finding attractive prospective investments. When a desired investment 

opportunity has been identified, the general partner will take a decision on whether investment 

should take place, and subsequently become a part of the VC firm’s company portfolio. 

  

The typical lifetime of a VC fund is seven to ten years on average, and VC funds tend to be close-

ended, meaning they have a set end date10. When the lifetime of the fund comes to an end, all 

remaining capital and stocks are distributed to the investors (Cumming, 2012; Sahlman, 1990).  

 

                                                 
10 VC fund are generally closed-ended. However there also exits open-ended funds, frequently termed evergreen 
funds. An open-end fund is a fund that does not have restrictions on the amount of shares the fund can issue 
(Cumming, 2012) 

https://www.gsb.stanford.edu/faculty-research/faculty/jonathan-b-berk
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Figure 2.1.1, Model of relationship between LPs, VCs and portfolio companies 
 
 

 
 
Source: Tarrade (2012), p.17 
 
VC firms provide financing to entrepreneurial firms, in exchange for an equity stake in the 

company. Unlike a traditional loan from a bank, a VC contributes with more than capital into their 

investments, they also provide advice and monitoring activities, as well as relevant knowledge, 

business networks and certification to their investments (Gorman and Sahlman, 1989; Cumming, 

2010a; Söderblom, 2011). The capacity to be actively involved, i.e. implementing an active 

ownership form, in the management of young companies is an important characteristic of venture 

capitalists (Brander et al., 2002). 

 

2.1.1. The benefits of VC investing 

 

The ways in which venture capitalists add value to the entrepreneur have been researched 

empirically, and the contributions to this literature are many (see e.g. Gompers and Lerner, 1999, 

Cumming, 2010a; Hellmann and Puri, 2002; Lerner, 1995; Kaplan and Strömberg, 2003; Pommet, 

2012; Sahlman, 1990). A venture capitalist can provide expertise through weighing in on strategic, 

marketing, and sales decisions, as well as any help needed in negotiating with third parties such 

as suppliers or other. Venture capitalists often have a background in entrepreneurship 

themselves, and access to a network of investment bankers, lawyers, or persons with industry 

specific experience, which may prove valuable to a small entrepreneurial firm. Furthermore, as a 

portfolio company grows, issues relating to further recruitment, compensation structures for key 

personnel, and the decision to recruit an external CEO, may become relevant in order to sustain a 

ventures future growth. A venture capitalist may prove valuable for a growing firm across these 

mentioned aspects. 
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Even though VC firms mostly invest in early stage ventures, there are many stages in the financing 

process. Brander et al. (2002) identify five stages; seed, start-up, early growth, later-stage and 

mature investments. A seed investment refers to the earliest funding stage and may occur before 

a company is founded, where the venture capitalist may assist in forming a company. The 

consecutive stage is the start-up investment, which typically corresponds to investments made 

after a company exists but before sales occur. The third stage is known as the early growth phase, 

which refers to the period after the first initial sales, but before sales become a major source of 

finance for ongoing operations. Subsequent stage is referred to as later-stage financing (or 

sometimes follow-on or mezzanine) and finally the mature stage, i.e. investments focused on a 

specific purpose for an established privately held company (also referred to as turnaround 

investments or leveraged buyouts). 

 

A venture capitalist will usually provide small amounts of funding in early financing rounds 

(Gompers, 1995). Each time a portfolio company undergoes a round, VC firms evaluate the 

investment. As they learn more about the company, VC firms can then decide to terminate, 

maintain, or increase their funding level (Sorenson and Stuart, 2001). Moreover, in the absence of 

public information about early stage ventures, personal and professional relationships provide 

one of the primary vehicles for disseminating timely and reliable information about promising 

new ventures (Giot and Schwienbacher, 2007). Leading to one of the main reasons behind venture 

capital syndication; diversifying the risk of the investments. 

 

Finally, VC firms make decisions based on specific investment criteria. This means that they 

should be better placed to select the most promising ventures to support, when comparing with 

traditional investors such as banks (Gompers and Lerner, 2004). Since the investment process is 

so selective, the recipient of venture capital should convey positive information about the 

company which in turn will provide access to cheaper sources of financing11. Additionally, VC 

firms use control mechanisms (such as strategies of syndication, see e.g. Lerner 1994 and 

Gompers 1995) to manage business risk and reduce agency conflicts inherent in the financing of 

innovative firms. 

 

 

2.2. The role of exits in the Venture Capital industry 
 

The overarching goal of a VC firm is to generate a high Return on Investment (ROI) to its investors. 

ROI is realised upon exit, as early stage growth companies rarely have sufficient cash flow to pay 

interest on debt or dividends on equity investments during the investment period (Cumming and 

MacIntosh, 2003; Cumming and Johan, 2008a). As a consequence, VC returns are directly linked 

to the exit from an investment (Espenlaub et al., 2009). Explicitly, Gompers and Lerner (2001) 

state that venture capital exits are the most important aspect of the industry’s survival and 

growth. A simplified model of the venture capital process is summarized in Figure 2.2.1. 
 

 
 
 
 

                                                 
11 The better the reputation of the VC, the stronger will be the signal to other investors (Pommer, 2012) 
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Figure 2.2.1, A basic model of the Venture Capital process 

 

Divestment of a portfolio company is highly important for a VC firm for at least three reasons. 

Firstly, the net proceeds from divestments determine investor returns. Secondly, divestment is 

important for the VC firm itself, since its track record impacts a company’s reputation and, thus, 

its opportunities for future fundraising (Ewelt-Knauer et al., 2014). This is supported by Kaplan 

and Schoar (2005), who provide empirical evidence that investment companies with superior 

performance, are more likely to establish additional or larger investment funds. Thirdly, portfolio 

manager compensation is tied to proceeds via carried interest, creating an incentive for a profit-

maximizing exit strategy (Ewelt-Knauer et al., 2014). 

 

The time to exit is crucial for VC firms. One of the main characteristics of VC firms is that they need 

to divest their holdings in a portfolio company within a limited time frame (Bascha and Walz, 

2001; Pearce and Barner 2006). The duration of an individual investment can be viewed from two 

different perspectives. According to Espenlaub et al. (2015), longer involvement can have negative 

consequences for a VC firm, in terms of potential costs incurred from ongoing monitoring and 

illiquidity. On the opposite side of the spectrum, longer involvement allows the VC firm to 

contribute with more value-adding activities to the portfolio company, which could increase 

likelihood of a successful exit.  

 

A central element of any exit strategy is determining the exit channel. It is therefore essential for 

a venture capitalist to have potential exit routes identifiable prior to investment in new 

ventures (McKaskill, 2009; Siddaiah, 2011; Giot and Schwienbacher, 2007). There are five 

principle exit vehicles; IPO, M&A, secondary sale, buyback, and write-off, where IPO and M&A are 

considered as successful exits (Bender, 2010; Espenlaub et al., 2009; Ewelt-Knauer et al., 2014). 

These exit vehicles are further described in subsections 2.2.1, 2.2.2 and 2.2.3. Explicitly, Giot and 

Schwienbacher (2007) present empirical evidence that a larger syndicate increases the likelihood 

of exiting from a successful venture, provoking our choice to examine the exit dynamics of IPOs 

and M&As. 

 

Finally, venture capitalists distinguish between a full exit and a partial exit of their holding in a 

portfolio company. A full exit occurs when a VC firm divests all of their holdings at time of sale, 

while a partial exit indicates that a VC firm kept a share of their original holdings when the exit 

occurred (Cumming and MacIntosh, 2003).  

 

2.2.1. Initial Public Offering (IPO) 

 

The primary rationale behind a VC firm wanting to achieve a public listing is to find a value and 

liquidity for the equity stock of a company, as well as the opportunity to enhance its image 

(Siddaiah, 2011). Defined in formal terms, an Initial Public Offering (IPO) is the first sale or 

distribution of a company’s shares to the public by listing the company on a stock exchange  

(EVCAa, 2016). Important to note is that it is common practice that a VC firm will retain a portion 

of their shares after the offering date, with divestment taking place in the periods that follow, due 

to lock-up agreements and legal regulations. A full IPO exit occurs when a VC firm divests all of 

Investing Adding value Exit
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their holdings within a year after the offering date and a partial IPO exit arises when a VC firm 

retains some of their shares even after this date (Wall and Smith, 1997). 

 

An IPO is considered to be the most preferred exit route for venture capitalists, as it offers 

flexibility to investors in terms of time, price and quantity. Through this route, investors can 

decide when to sell, at what price to sell and in what quantity to sell depending upon the market 

scenario. Offering shares to the public (i.e. listing shares on a stock exchange) has certain 

advantages for both the investors and the investee firm. When the shares are issued to the public 

and listed on a recognized stock exchange, the VC firm can easily sell its shareholdings and realise 

cash. However, the accountability to shareholders will also increase with an IPO and a major 

constraint of going public is complying with the listing requirements12. There are two main 

difficulties that may lower the realisable value of the stock; the potentially high cost of public issue 

and the risk of illiquid markets, making it difficult to sell the shares (Siddaiah, 2011; Wall and 

Smith, 1997).  

 

These requirements need to be fulfilled before achieving a successful IPO. In other words; the IPO 

route is not applicable for all ventures. Researchers such as Giot and Schwienbacher (2007) argue 

that there exists a pecking order between the routes (see Section 3.1.2). Venture capitalists will 

first target the IPO (as it is the preferred way of cashing out on investments) and secondly the 

M&A route (since the window of opportunity for trade sales extends for a considerable amount of 

time). From this perspective, the holding period for IPOs should therefore be shorter than for 

M&As. 

 

Finally, the IPO route is one of the most studied areas within VC research, mostly due to the risk 

of underpricing (see e.g. Flagg, 2007; Jindra and Leshchinskii, 2015). This risk is highly correlated 

with premature exits, often driven by the investor’s aspiration to establish a reputation in the 

industry (see Section 3.1.1). Further motivating the shorter durations for investments exited 

through an IPO. 

 

2.2.2. Mergers & Acquisition (M&A) 

 

While an IPO may be the most favourable form of exit, it's not the most common. Most companies 

are sold through a merger or acquisition (M&A), even before an IPO can occur. M&A offers an 

opportunity to investors to sell company shares, partially or fully, to a third party, i.e. another 

company or industrial investor (EVCA, 2016). A full M&A exit implies that the VC receives cash for 

the portfolio company, while a partial M&A exit means that the VC firm receives shares in the 

acquiring company as part of the compensation (Cumming and MacIntosh, 2003). 

 

This exit vehicle is also commonly referred to as a trade sale. Trade sales are a category which 

includes many various forms of sales, such as a sale to an industrial competitor of the portfolio 

company, or a sale to a financial institution (Sahlman, 1990; Isaksson, 2006; Cumming and 

Macintosh, 2002). There are two different types of trade sale exits. First, the financial exit, where 

the seller allows bigger players, in the same industry, to acquire the company and the value of the 

entity being sold is assigned based on its future profit generating power. Secondly, the strategic 

                                                 
12 While the listing requirements vary by exchange, the two most important categories of particulars regard and 
the liquidity of the shares (a certain number of shares must already have been issued) and the size of the company 
(defined by market capitalization or annual income) (Cumming, 2012). 

http://www.investopedia.com/terms/l/liquidity.asp
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exit; where seller disposes of the business to a strategic partner for a stake. The buyer assigns 

value to the entity being bought based on what future profit can be generated by the buyer, by 

exploiting the assets and capabilities of the target (McKaskill, 2009). 

 

The advantage of the M&A route is that it involves lower fees than an IPO, and commonly offers a 

full exit. However, the management team is often assumed to be negative this exit route since they 

do not have abundant flexibility, in comparison with an IPO. Specifically, sellers do not have 

complete control over the exit as timing, pricing and quantity are simultaneously decided during 

the process. Still, one can argue that the total holding period of the investment is of less concern 

than for the IPO route – longer durations does not (necessarily) imply a less successful M&A. 

 

2.2.3. Secondary sale, Shares buyback and Write-off 

 

The focus of the thesis is on the exit dynamics of successful exit routes (IPO and M&A). 

However, a brief presentation of the other three principle exit vehicles (secondary sale, shares 

buyback and write-off) is important for the basic understanding of VC exit dynamics. 

 

First principle; a secondary sale is the sale of a venture capitalists shares to a strategic acquirer or 

another institutional investor (e.g. another VC firm). It is a type of leveraged buyout (LBO) in 

which a financial investor sells its investment in a company to another financial investor, thereby 

exiting its involvement with the company in question. This can happen at any stage of the project, 

but with the full consent of the investee firm. The advantage of this route is that the VC firm 

sometimes gets a higher price for its shareholdings by exiting through a secondary sale. The 

difference between an acquisition and a secondary sale is that in the case of a secondary sale, only 

shares belonging to the venture capitalist are sold to the third party (Gregoriou, 2006; Siddaiah, 

2011). 

 

Second principle; a buyback, or Management buyout (MBO), occurs when the investee buys back 

the shareholdings of the venture capital firm (Cumming, 2010b). The portfolio company can buy 

back the firm’s shares from investors for a fixed price after negotiation. For investors, this is the 

least preferred route since ROI in this case is capped. Typically, the buyback exit is used when the 

IPO or M&A route are not available to the venture capitalist and the investee firm is not doing well 

in terms of meeting the expectations of the investors (Cumming and MacIntosh, 2003)13. 

 

Third principle; a write-off refers to the total or partial write-down of a portfolio company’s value 

to zero, or a symbolic amount, with the consequential exit from the company or reduction of the 

shares. The value of the investment is eliminated and the return to investors is a full or partial loss 

(EVCAa, 2016). In other words; it is a (voluntary) liquidation conducted when the entrepreneurial 

firm has failed or when it is barely profitable (Cumming, 2010b). A full write-off refers to a 

situation where the VC firm walks away from an investment, this is often followed by the 

bankruptcy of the portfolio firm. A partial write-off is a write-down of the value of the assets in 

the company. A venture that is partially written off can be viable and barely profitable, but lacks 

the necessary potential to justify that the VC firm should devote more time and effort to it. Such a 

venture is often denoted a “living dead” (Cumming and MacIntosh, 2003; Siddaiah, 2011). 

 

                                                 
13 Important to note, we will categorize secondary sales and shares buyback as M&A in our sample. 

http://www.investopedia.com/terms/b/buyout.asp
http://www.investopedia.com/terms/s/sell.asp
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2.3. Venture Capital syndication  
 

VC firms typically invest large amounts into firms with the potential for rapid growth. However, 

as many investors are reluctant to invest in start-ups and innovative firms due to the high risks 

and transaction costs, they require the expected return to be substantially higher than the risk. 

Promoting one of the main reasoning’s behind syndication14.  

 

The propensity for syndicated investments, i.e. investing alongside other parties and thereby 

sharing financial and operational risks, is a defining characteristic of VC firms (Söderblom, 2011; 

EVCA, 2016b). In general, VC syndication (synonymous to co-investment) takes place when two 

or more VC firms take an equity stake in the same investment project, either during the same 

round or at different points in time, i.e. during different stages. Ventures typically receive a modest 

initial investment from one or more venture capitalists, with additional investments from those 

(and possibly other) investors who enter in subsequent stages (Brander et al., 2002).  

 

Per definition, syndication arises when two or more parties jointly invest in projects. However, 

different opinions exist when it comes to define the point of time at which a syndicated 

relationship between two investors is established. According to Brander et al. (2002) VC 

syndication “is often taken to mean that two or more venture capitalists share a particular round 

of financing”, whereas “the term is, also, used more broadly to refer to situations where different 

venture capitalists invest in a given project at different times”.  

 

A majority of previous research on venture capital exit dynamics mention the positive effects of 

co-investing; most arguing that syndication will both help VC firms select better ventures, as well 

as adding value. For instance, Das et al. (2011) infer that the selection effort by syndicated VC 

investments help contribute to the magnitude of the outcome, whereas the value-addition 

contributes to the success of the exit. Hege et al. (2003) list the main reasons behind VC 

syndication as being risk diversification, improved screening by securing a second opinion in the 

due diligence process, the commitment of a corporate investor to avoid hold-up problems and to 

secure a distribution channel or a potentially important customer pool. Additionally, other 

researchers have shown syndication to improve certification and reputation gains when 

syndicating with more experienced venture capitalists, as well as shared information and pooling 

of contacts in the exit phase. This is supported by Giot and Schwienbacher (2007), providing 

evidence that a larger syndicate size should make exit easier as it enhances certification, which 

may lead to less underpricing. Lastly, researchers have argued that syndication also enables future 

reciprocity, in that it may be used as a barrier to entry where networks of VC firms aim to control 

market share (Hochberg et al., 2007; Lerner, 1994). 

 

The decision to syndicate depends primarily on the trade-off between the likely benefits of 

syndication (through value-adding and monitoring activities) and relinquishing some value to 

new syndicate members15.  

 

                                                 
14 As stated in Chapter 2, Prior VC studies have introduced syndication as an efficient strategic tool to mitigate 
resource deficits, as well as a mean for generating positive investor perceptions, especially for VC firms exhibiting less 
predestinated firm characteristics, as it enables VC firms to send reassuring signals about their strategy and 
achievements to the market (Brander et al., 2002). 
15 These motivations will be further discussed in subsection 3.2.1. 
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In the VC industry it is commonplace that syndicating parties have different roles to play in a deal; 

there is a lead investor and there are co-investors. The lead investor makes sure that a 

comprehensive due diligence is conducted, i.e. are actively involved in the structuring and 

monitoring of the investment, while co-investing parties tend to do less in-depth analyses of the 

deal. Further, the lead investor may have a seat on the board, while the co-investors do not. The 

lead VC firm may form a syndicate upon its initial investment in a venture. More frequently, 

however, new investors join in the second financing round, or in later rounds (Dorobantu, 2006; 

Poser, 2003).  

 

It is important to ensure that, before the investment is made, the key investors agree on a common 

strategy for realising the investment. The divestment should therefore be discussed with 

syndicate members and the management team of the portfolio company before the initial 

investment. It will not always be possible to achieve this strategy. Still, the GP’s should (as far as 

possible) dispose of investment at a time and in a manner that accords with any existing 

divestment strategy and maximizes the return for devoted parties (i.e. the VC firm, syndicate 

members, LP’s in the fund and management of the investee). Establishing the appropriate point 

to dispose of an investment is not simply a matter of the venture capitalist exercising its 

judgement to decide when value has been maximized or the extent of a loss minimized (EVCA, 

2016b). There may be considerations other than “paper” profits or loss that are relevant when 

considering disposal, e.g. the future prospects of the venture and the GP’s reputation within the 

broader community (Ibid). These will be the characteristics that we aim to examine in this thesis. 

 

 

2.4. The Swedish Venture Capital market 

 

The Swedish VC market today is considered to be stable and an important source of innovation 

and growth.  According to VC firm Creandum, the Nordic region (representing only 2% of global 

GDP) has produced nearly 10% of global and 50% of Europe’s billion dollar technology exits over 

the past 10 years (Creandum, 2016). A majority of these exits had received VC funding. Creandum 

also state that Sweden accounts for more than 50% of exit value and number of exits. Sweden also 

represents 55% of all exits larger than 100 MUSD further underlying its importance to the Nordic 

eco-system. 

 

Venture capital has been an important source of growth for developed economies, such as the US 

and Europe. From a historical perspective, venture capital has added to the success of science and 

innovation within these regions. This is particularly true of the US, the birthplace of venture 

capital investing during the second half of the 20th century and the industrial development, which 

was primarily financed by private funds (ESBRI, 2012). 

 

According to general beliefs, the birth of the Swedish VC industry dates back to 1973, with the 

creation of the very first Swedish VC firm - Företagskapital (Karaömerlioglu and Jacobsson, 2000). 

The market expanded during the 1980s and 1990s, booming in the late 1990s due to the success 

of the high-tech industry and innovative firms within promising internet technologies. This boom 

eventually led to the famous Dotcom-crash and the NASDAQ stock exchange crash in 2000, which 

triggered huge valuation drops for high-tech firms. The repercussions of the Dotcom-crash 

“paralyzed” the whole VC industry on a global basis (Söderblom, 2011), and can be used to explain 

the major drop in IPOs during the early millennium, as can be seen in graph 2.4.1.  
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In a setting where the macroeconomic environment is in a decline, the VC-industry has been 

shown to be affected harshly. An important indicator to the health of the industry is how well the 

market for exits function. The time frame analysed in the thesis, 1996-2015, captures periods 

around which VC exits have fluctuated; the tech bubble (1998-2001), the post tech bubble in the 

years that followed, and the Global Financial Crisis which started in 2008.  

 

It is clear that economic cycles affect both exit route and exit timing. The years prior to the Dotcom 

bubble were characterised by rapid stock market growth, fuelled principally by the internet 

sector. These companies were primarily financed by VC firms and stock market launches. The 

novelty of the stocks and the difficulty of valuing “non-traditional” companies, meant that internet 

and technology stocks were initially overvalued. When combined with pressure from investors, 

the stock price would soar upwards as soon as a tech company had gone public (Isaksson, 2007). 

As can be seen in Graph 2.4.1., IPO´s today appear to have recovered from the Global Financial 

Crisis of 2008. The theoretical framework on the link between macroeconomic cycles and exit 

decisions is described in Chapter 3. 

 

Graph 2.4.1, Macroeconomic variables Sweden 1996-2015 
 

This graph illustrates the macroeconomic variables used in the statistical analysis as control variables. Following 
previous studies, we plot the total number of IPOs in Sweden to illustrate the IPO market. The real economic 
growth is proxied by the annual GDP (gross domestic product) growth. It is measured as the sum of gross value 
added by all resident producers in the economy, plus any product taxes and minus any subsidies not included in 
the value of the products (TheWorldBank, 2016). The stock market development is proxied by the AFGX 
(Affärsvärlden Weighted All Share Index), which is a capital-weighted index that measures the market performance 
of the Stockholm Stock Exchange (December 29, 1995 =100) (Affärsvärlden, 2016). The inflation is measured as 
the annual percentage change in CPI (SCB, 2016). 

 

 
 

The market for IPOs in Sweden was very hot in 2014 and 2015. Both in terms of the amount of 

new companies listed and their performance, on the stock exchanges of Stockholm. Previous 

research has strongly argued a correlation between the development of the overall stock market 

and the number of IPOs, using both as measurements for market liquidity (see e.g. Giot and 

Schweinbacher, 2007). As can be observed in Graph 2.4.1, the IPO activity has, with a slight delay, 

followed the stock market return development. One of the key causes behind the sharp 

acceleration in the number of IPOs in recent years, may be the linked to the real stock returns 

observed post the Global Financial Crisis. In combination with low interest rates as well as what 
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appears to be larger IPO discount than usual, these factors have contributed to the strong IPO 

climate in Sweden lately. 

 

Unlike the IPO market, the market for M&As has remained fairly strong throughout the period 

1996-2015. Even though the IPO route tends to be the most preferred exit route for VC firms, trade 

sales may be easier to accomplish16. This is represented by the amount of exits (in absolute 

numbers) for 2015, which saw 291 M&As and 68 IPOs in Sweden (CB Insights, 2016; SCB, 2016; 

NASDAQ, 2016). According to the M&A Attractiveness Index, developed by the M&A Research 

Centre at Cass Business School, Sweden was ranked 19th out of a total of 147 countries in terms 

of its attractiveness for M&A purposes (i.e., its ability to attract and sustain business activity) 

during 2015 (Cass Business School, 2016).  

 

Sweden (and Stockholm in particular) has experienced an upswing in VC investing during the past 

decade. According to CB Insight (2016), Stockholm is the second (to Beijing) most active city in 

terms of deal flow activities on the VC market. In 2015, $788 million of venture and growth capital 

(excluding PE deals) was allocated to Swedish companies. During the same year, Sweden 

experienced an increase of 338% in VC investments compared to 2014 (Ibid). According to Menon 

research, the Nordic region has become increasingly attractive to foreign investors in the venture 

segment. In the last ten years, Foreign Direct Investments (FDI) into the Nordic countries has 

grown 50% faster than the European average and overall economic growth has outperformed the 

rest of Europe, both in business cycle up-swings and down turns (Gjermund Grimsby and 

Espelien, 2010).  

 

Sweden is not the only region attracting VC investment. Recent years have proven a wide interest 

for VC investing in Europe, with traditional buy-out funds such as EQT Partners raising a multi-

stage VC fund in an effort to capture value in tech-enabled companies across Europe (EQT, 2016). 

A substantial part of European VC investments occurs cross-border. Sweden is a small open 

economy, with subsequent export dependence and exposure to the world economy. In a world 

where competition has become global, Swedish companies need increasingly to consider global 

demand and supply streams, for their products and services, motivating the choice for both 

Swedish VC firms and entrepreneurial ventures to partake in cross-border investments (SVCA, 

2016).  

 

Stockholm commands approximately 15% of the total FDI in the European technology sector (CB 

Insights, 2016). When examining where the cross-border investments take place, it is clear that 

proximity matters - both in terms of geographical distance, and in terms of rules, regulation and 

business culture. Specifically, there is substantial investment activity between all the Nordic 

countries, with Sweden attracting more venture investments from other Nordic countries than 

they do from all other international venture funds (Gjermund Grimsby and Espelien, 2010). 

 

As argued, proximity matters. This is one of the strongest arguments for two of our hypotheses, 

described in Section 3.3. As several of the SAMPLE20 firms have investment guidelines that allow 

investments across a wider geography, our sample contains portfolio companies founded abroad 

(outside Sweden). Since the examined VC firms all are member of SVCA, it is reasonable to assume 

                                                 
16 According to previous VC research, high returns on stock market should facilitate a higher number of IPOs. 
Consequently, low return should result in a higher probability of a trade sale – since the IPO route is considered too 
expensive in this economic climate (see e.g. Cumming, 2012). 
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that a large part of their investments are Swedish. Explicitly, almost 66% of the entrepreneurial 

firms in our sample are founded in Sweden. A break-down of the ventures across founding country 

is presented in Graph 2.4.2. 

 

Graph 2.4.2, Number of portfolio companies in data set 
This graph illustrates the number of investments founded in each country. As can be seen in Appendix C.1, have a 
majority of the VC firms in SAMPLE20 defined their investment region around the Nordic Countries, explaining the 
top two countries to be Sweden and Norway. 

 

 

 
 

Further descriptive statistics of the data set and the Swedish VC market will be provided in 

Chapter 4 and 5, where the motivation and validity for the methodology will be presented and 

discussed. 
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3. THEORETICAL FRAMEWORK AND LITERATURE REVIEW 
 

This chapter will provide a foundation consisting of relevant theories and previous empirical 
research conducted on the topic. The chapter aims to enrich the readers’ knowledge and 

perception of  VC syndication and exit strategy and the challenges that are relevant to the industry, 
and will serve as a starting point in relation to the coming analysis. The theoretical background of 

the survival analysis will be presented in chapter 4. This chapter will end with motivations and 
presentations of the examined hypotheses. 

 

3.1. Theoretical framework on exit dynamics 

 

This section will discuss the theories regarding exit route and exit timing as a focal point, whereas 

a syndicates’ effect on exit dynamics will be further discussed under Section 3.2. There are two 

main areas when examining the theoretical framework for exit dynamics; the experience and 

reputation-building aspect and the issue with asymmetric information. 
 

3.1.1. Experience of VC firm 

 

The Grandstanding theory, developed by Gompers (1996) discusses exit dynamics and argues that 

the age of a VC firm influences the use of premature exits to signal the quality of the firm. It is 

generally held that IPOs can be lucrative and thereby generate great returns for the VC firm 

(Cumming and Johan, 2008a).  A track record of successful public listings can help build a VC firm’s 

reputation, ultimately enticing limited partners to contribute capital in future fundraisings 

(Hibara and Mathew, 2004). 

  

When Grandstanding theory is applied, young VC firms, eager to build their reputation, will 

rapidly bring private firms public to prove prospective clients their ability to do so. As the VC firm 

grows older, its quality becomes better known among potential investors. Subsequently venture 

capitalists will use early exits less often to signal their quality, and consequently duration of the 

investments are expected to be longer (Gompers, 1996). The Grandstanding theory is supported 

by a number of empirical studies (see e.g., Barnes, 2003; Flagg, 2007; Gomes Santana Félix et al., 

2014; Hibara and Mathew, 2004). One specific example is Espenlaub et al. (2009), who provide 

empirical evidence that young VCs hold their investments for a shorter period of time than their 

more experienced counterparts. 

 

Gompers (1996) argues that there are costs associated with taking an investment to the market 

too soon. Specifically, the level of underpricing associated with a firm that goes public at an earlier 

age will be greater. Support for this observation is given by Neus and Walz (2005), who assert that 

young VC firms may have an incentive to exit prematurely in order to gain a reputation. The issue 

of underpricing is one of the most researched areas within the VC industry and probably the most 

widely studied topics related to the IPO process, but will not be further discussed in this thesis17. 

 

In the absence of tangible historical data on an investee firm, VC firms often base their risk 

estimates on tacit signals (Joshi and Subrahmanya, 2015). According to Rock (1986), older firms 

have long track records of reducing asymmetric information and thus avoiding exiting too soon.  A 

company that goes to market early is younger and has less information available for evaluation by 

                                                 
17 We assume that the time of exit was optimal for the VC firms, in terms of ROI. 

http://www.sciencedirect.com/science/article/pii/S0275531912000025#bib0250
http://www.sciencedirect.com/science/article/pii/S0275531912000025#bib0250
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potential investors and so is usually underpriced (Gompers and Lerner, 2004). Although IPOs 

constitute the most preferred route for VC exit, it is also (typically) the most difficult exit outcome 

to achieve, as information asymmetries are the hardest to overcome (Wall and Smith, 1999; 

Cumming and Johan, 2008). When VC firms are able to better mitigate information asymmetries 

and agency costs faced by the new owners of the firm, they will be more likely to have a successful 

exit outcome (Cumming and Johan, 2008a). A firm that goes public earlier has greater uncertainty 

surrounding the quality of the firm and investors will therefore want to be compensated for the 

greater level of risk (Hibara and Mathew, 2004; Ritter, 1987). This argument is also consistent 

with Rock’s (1986) asymmetric information model. 

 

The results presented by Gompers (1996)’s Grandstanding theory can also be explained by 

Prospect Theory, an alternative to expected utility theory that captures behavioural aspects that 

expected Utility Theory cannot (Kahneman and Tversky, 1979). In present day, Prospect Theory 

is widely viewed as the best available description of how people evaluate risk in experimental 

settings (Barberis, 2013). It is commonly suggested that VC investment decisions are principally 

subjective assessments.  Empirical evidence show that VC managers share several common 

perceptions of the risks involved in investing in new ventures and the distribution of those risks 

over the VC-funded phase of development, regardless of differences in for example investor 

experience, tolerance for risk and other investment preferences (Ruhnka and Young, 1991; Bock 

and Schmidt, 2013). VC managers are also utilizing several common strategies and behaviours in 

adapting to these risks (Valliere and Peterson, 2005). Bock and Schmidt (2015) investigate the 

particular effects of VC firm- and fund-related determinants on the exit extent by considering 

insights from Prospect Theory. Their study indicates that Prospect Theory offers a valid 

theoretical framework for explaining VC fund managers' behaviour. This concept is also 

supported by other researchers, such as Jindra and Leshchinskii (2015) and Loughran and 

McDonald (2013). One of their main findings supports the previous notion, that VC firms need to 

build a reputation toward limited partners for a successful future fundraising affects the exit 

decision. 

 

3.1.2. Asymmetric information and economic cycles 

 

A venture capitalist’s ability to achieve a successful exit is largely correlated with the issue of 

asymmetric information. Chiefly, it has been extensively argued that in the presence of a high 

degree of information asymmetry, the venture capitalist will be unable to sell the investment for 

its true worth. Since VC investments are characterized by a limited horizon, the duration of the 

investment is essential for a venture capitalist. Gompers (1995) states that asymmetric 

information plays a role in the exit behaviour of VC firms, specifically the time to exit. The rationale 

is that firms classified as being in their early stages of development, should take longer to exit than 

firms in later stages of development, as “asymmetric information decreases with decreasing 

technological risk”. This notion was one of the reasons for Cumming and MacIntosh’s (2001) and 

Gomes Santana Félix et al. (2014) model of the asymmetric information influences the exit 

dynamics and, more specifically, the optimal duration of the investment. They argue that since the 

degree of asymmetry of information is expected to decrease over time, one would expect that 

venture capitalists should keep their investment for a longer period when the degree of 

information asymmetry is high, which in turn affects the optimal investment duration. In each 

round of financing the venture capitalist re-evaluates the businesses prospects and analyses 

whether to continue financing it or not. At the point of optimality, a VC should exit from an 

http://www.sciencedirect.com/science/article/pii/S0275531912000025#bib0250
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investment when the additional value added by staying another period is less or equal to the 

projected marginal cost by staying that period. Hence, the optimal duration of the investment is 

such that the projected marginal value added is smaller or equal to the projected marginal cost18 

(Gomes Santana Félix et al., 2014). 

 

Both empirical and industrial findings suggest that there exists a pecking order of exit channels; 

IPO yield higher returns than trade sales (Bienz and Leite, 2008; Cumming, 2010b; Espenlaub et 

al., 2009; Wall J. and Smith J., 1999). In other words, highly profitable firms go public whereas less 

profitable firms are exited via trade sales. The Pecking Order Theory (POT) of capital structure is 

one of the most influential theories of corporate finance and stems from Donaldson (1961), stating 

that firms have a particular preference order for capital used to finance their businesses (Atiyet, 

2012; Myers and Majluf, 1984). The theory has been shown to not being limited only to funding, 

in line with the pecking order argument, authors have found that IPOs trigger the highest excess 

return, compared to the “normal” return, followed by trade sales and secondary buyouts (Baker 

et al., 2015). However, as Bienz and Leite (2008) state that IPOs are viewed of being more 

profitable than trade sales, based on a selection bias due to which only successful firms go public. 

Building on that notion, they present the conclusion that IPO firms are not inherently more 

profitable to trade sales firms, but instead suggest that observed returns suffer from a selection 

bias in that firms that are exited via IPOs route are of higher quality than the ones exited via a 

trade sale (Bienz and Leite, 2008). At the same time are IPOs sold to a large number of diverse 

shareholders, many of which do not have the time, inclination or expertise to carry out due 

diligence on the quality of the firm being sold. Trade sale exits may be just as profitable as IPOs, 

and possibly more profitable depending on the particular transaction. Simultaneously, the issues 

described for the shareholders will instead affect the acquirer firm (Cumming and Johan, 2008a). 

In all, it has been found that the optimal exit choice depends upon the expected profitability of the 

venture (Bienz and Leite, 2008; Basha and Walz, 2001). 

 

It has been shown that exit routes are typically cyclical and thus may vary significantly from one 

year to another (Cumming, 2010b; Kaplan and Schoar, 2005). Since IPOs are considered to be the 

most important (and profitable) means for VCs to exit an investment, it is reasonable to argue that 

an increase in the number of IPOs in a particular sector may make investing in that sector more 

attractive, and in turn affect decisions about both exit route and exit timing (Ball etl.al, 2011; 

Gompers and Lerner, 2004). These cycles are often linked to merger waves, i.e. peaks of heavy 

activity followed by quiet troughs of few transactions in the takeover market (Berk and DeMarzo, 

2014). Since waves of M&A activity are associated with the ebb and flow of both the economic and 

business life cycle, Schumpeter’s work has direct relevance to the exit strategy (Bruner, 

2014).  Schumpeter’s (1939) writing on the destructive quality of business cycles implies that in 

order to understand waves of M&A activity, we should “listen for the turbulence at the level of 

firms and markets, not at the level of the economy.” Schumpeter (1939) further argues that the 

turbulence that is relevant is almost always industry-specific. This explains why deals cluster 

within industries and markets. Empirical evidence for this is provided by Brau et al. (2003), 

stating that a high industry concentration in the industry of the portfolio company is positively 

related to the probability of exiting via an IPO. Researchers have also shown that the 

disinvestment duration for VC investments is negatively related to hot IPO market conditions 

                                                 
18 The projected value added depends on the initial investment and the expected exit value. The projected cost 
includes all present and future direct costs associated with the process of adding value to the firm as well as the 
opportunity cost of capital (Cumming and MacIntosh’s, 2001). 
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(Neus and Walz, 2005; Giot and Schwienbacher, 2007). In other words, a hot equity market both 

push down the time to exit and increases the likelihood of exiting via an IPO. Bruner (2014) 

concludes that the attempt to explain exit strategies in the aggregate is inadequate, since each 

industry or market has its own rich story. 

 

 

3.2. Previous empirical findings  

 

The exit process is an important part of the venture capital investment lifecycle. As such, the 

phenomenon has attracted some scholarly interest. The research literature is however far from 

complete and it commonly only considers subsets or various aspects of the exit process. As stated 

above, there are two important dimensions to the disinvestment decision; how and when to exit. 

When these dimensions have been studied (see e.g. Espenlaub, et al.., 2009; Gomes Santana Félix 

et al., 2014; Pommet, 2013; Tykvova, 2004), the syndicate variable has often been used as a 

control variable, assumed to positively affect the possibility of a successful exit. We will build on 

this notion and examine, explicitly, if and how selected syndicate characteristics affect the exit 

dynamics of venture capital investments. We will, in this section, provide a limited discussion of 

previous empirical findings relating to VC syndication and the exit decision. More detailed 

conclusions from previous research will be provided under Section 5.2, where our hypotheses are 

motivated. 

 

The existing literature on exit dynamics is largely focused on exits through IPO (See e.g.  Lerner, 

1994; Gompers 1995, 1996; Black and Gilson, 1998; Bascha and Walz, 2001; Cumming, 2002; 

Cumming and MacIntosh, 2003; Das et al., 2003; Cochrane, 2005; Cumming et al., 2005). One 

reason for the popularity of research into this subarea is that IPOs are viewed as the exit route 

with the highest associated returns. It may also be explained by the majority of studies of exit 

dynamics conducted on the U.S, where the IPO exit route is considered to be more established. 

Information and data associated with VC exits can be hard to find, as VC firms tend to limit the 

information they disclose. However, information regarding IPO listings are public, which enables 

empirical analysis to a greater extent (Gomes Santana Félix et al., 2014). 

 

The choice of exit route may in itself have an effect on time to exit, which may partially explain the 

attractiveness of IPOs. This is supported by empirical studies which infer that IPOs are connected 

to shorter exit times, in relation to other exit routes (e.g. see Espenlaub et al., 2009, Giot and 

Schwienbacher, 2007). Specifically, Giot and Schwienbacher (2007) find that with time, VC-

backed firms initially have increased chances of being exited via an IPO. As time goes by, portfolio 

companies that had not been exited face less options of being sold through an IPO.  

 

Contrary to the prevalence of empirical papers tailored toward IPO exits, researchers have 

articulated that a majority of exits occur through trade sales (Cumming, 2010b). This indicates the 

suitability for further research into other exit routes than public offerings. Giot and 

Schwienbacher (2007) find that the hazard functions for trade sales reach their maximum much 

later, and tend to decrease slowly thereafter. This is very much in line with the widespread notion 

that, in contrast to an IPO, a trade sale is a more universal exit channel. 
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3.2.1. Empirically shown positive effects of syndication 

 

The theoretical framework on venture capital exit route and exit timing does not explicitly take 

into consideration the syndicate characteristics or composition, but merely state the positive 

effects of co-investing. Branden et al. (2002) describe two hypotheses that attempt to explain the 

rationale behind VC syndication; the selection hypothesis (suggested by Lerner, 1994) and the 

proprietary value-added hypothesis. 

  

Lerner (1994)’s selection hypothesis scrutinizes the potential advantage of having more than one 

venture capitalist evaluate a project before it is selected for investment, or before additional 

investments are made. Syndication, or co-investments, is a way for the lead VC to bring other VCs 

into the selection process. The investment process, and success, for the venture capitalist depend 

upon their ability in selecting and monitoring projects with an extreme level of information 

asymmetry (Joshi and Subrahmanya, 2015). Brander et al., 2002 state that one of the reasons for 

VCs engaging in a syndicate is the deliberation with other VCs. For example, a VC firm might be 

uncertain about the attractiveness of a venture even after its own evaluation, and would therefore 

prefer to get the opinion of another venture capitalist. It is reasonable to argue that two (or more) 

independent VCs probably screen projects more effectively than one, as each firm learns 

something from the others’ evaluation. This process could occur at the time of first investment by 

a venture capitalist in the portfolio company, or it could occur when additional or continuation 

investments are being considered by a venture capitalist. Thus, syndication would lead to 

improved venture selection or continuation decisions (Lerner, 1994). 

 

Brander et al., 2002 build on Lerner (1994)’s Selection hypothesis and provide an alternative 

model called the Value-Added hypothesis. This second hypothesis is based on the idea that 

venture capitalists might add value to the ventures in which they invest. The purpose of these two 

hypotheses is to address the general question of whether venture capitalists are primarily 

engaged in venture selection or whether they are mainly engaged in managerial and related 

activities that add value to individual ventures. Either way, it is empirically shown that both 

models can help explain the rationale behind VC syndication. Another plausible explanation might 

be the risk aversion, as VC firms might seek to share the risk associated with a particular venture. 

Equivalently, one might argue that by syndicating, each VC firm is able to invest in more ventures, 

given the size of its pool of investment capital, and thus achieving a potentially greater 

diversification in their portfolio (Brander et al., 2002). 

 

In an effort to analyse the benefits of syndication, Das et al. (2011) study the roles of VC 

syndication (selection and value-addition) across three measures of a VC firm’s exit performance 

(likelihood of exit, time-to-exit and exit multiple). After scrutinizing 98,068 financing rounds in 

the US, their results showed that a more likely and timely exit was attributable to both value-

addition and selection. They concluded that syndication was positively linked to the likelihood of 

an exit occurring, and that syndication significantly decreases the time-to-exit of such a 

‘successful’ exit. This is supported by Espenlaub et al., (2009) who provides empirical evidence 

that syndication is thought to decrease the time to exit, especially for IPO and M&A exits. This 

thesis aims to build on the findings of Das et al. (2011), by examining how syndicate 

characteristics (experience, size, foreign investor presence and exit geography) affect time-to exit 

and type of successful exit (IPO & M&A). 
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Cumming and Johan (2014) provide statistical evidence that VCs exhibit a strong local bias in their 

investment decisions. More experienced VC firms are more capable of reducing information 

asymmetry associated with distance, meaning that VCs with better networking ability (broader 

and more geographically diversified networks) exhibit less local bias. They further argue that 

geographic distance, in particular the distance between syndicating parties, has an important 

implication for the ultimate exits of entrepreneurial firms. Explicitly, portfolio companies located 

close to at least one syndicate member are more likely to exit successfully via IPO or M&A, 

suggesting that companies benefit from being proximate to the VCs, potentially due to less 

information asymmetry and close monitoring. 

 

Hochberg et al. (2007) discuss why defining syndication in broad terms can be used. They 

exemplify that interaction between VC firms could take place in a portfolio company board 

meeting, where an investing VC firm commonly attends. The interaction in the board room would 

not be limited to VC firms of only the same investment round. Hochberg et al. (2007) state that 

relationships between VC firms occur through the activities that they engage in, in order to assist 

the portfolio company to prosper, and that a broader definition of a syndication is better able to 

capture this interaction. At last, Hochberg et al. (2007)’s results prove to be significant for both 

definitions of venture capital syndication19. 

 

As noted by Das et al. (2011) a decision by a VC who decides not to syndicate, doesn’t necessarily 

imply irrational behaviour. Even though a majority of VC related literature appears to favour 

syndicate engagement in VC deals, the benefits versus the costs of the engagement may need to 

be weighed in on a deal-to-deal basis. Future research may be able to consider factors opposing 

syndication to a greater extent, as well as using large samples. 

 

 

3.3. Hypotheses and motivation for variables 
 

In this section we aim to make predictions regarding selected characteristics of syndicates and 

their effect on exit route and time-to-exit, these predictions are based on empirical literature. We 

will explicitly examine four selected syndicate characteristics; syndicate experience, syndicate 

size, the presence of a foreign investor and the “match” between at least one VC firm in the 

syndicate and the acquiring country. We will in this section present and motivate the examined 

hypotheses as well as the chosen variables. 

 

Each VC firm can be assumed to have a preferred route of exit, depending on various 

circumstances. By taking into consideration several factors, including market conditions and 

project specific factors, the VC firm chooses an exit route that is appropriate and most beneficial 

(Siddaiah, 2011). In our analysis, selected factors that relate to the characteristics of the VC firms 

in a syndicate, will be examined. In the analysis, factors such as the stage of the investment at 

which the VC has entered, GDP development and IPO market in Sweden and the sector of the 

portfolio company (which has been extensively empirically proven to influence the preference of 

a particular exit route) will be used as control variables. These control variables are further 

                                                 
19 In their research into venture capital networks and subsequent investment performance, Hochberg et al.(2007) 

mention the robustness of their results, both in terms of economic and statistical significance, to employing either 
definition of syndicate for both the directed and undirected centrality measures. 
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described under 3.3.4. How the respective variables are proxied is detailed in Chapter 4 in Table 

4.2.3. 

 

Since we include observations during a number of crises, it is particularly important to add control 

variables that are proven to be satisfactory proxies for the cycles or fluctuations in the market. 

The study stretches over the time period 1996-2015. A period of 20 years is line with similar 

studies (see e.g. Das et al., 2011; Espenlaub et al., 2009; Giot and Schwienbacher, 2007; Hochberg 

et al., 2007). Additionally, Hochberg et al. (2007) note that venture capital as an asset class 

attracting institutional investors has only occurred since the early 1980’s.  The examined time 

frame captures periods around which VC exits have fluctuated. For example, the tech bubble 

(1998-2001), the post tech bubble in the years that followed, and the Global Financial Crisis which 

started in 2008.  As stated in Chapter 2, these kinds of cycles affect both exit route and exit timing. 

In order to consider the macroeconomic environment and its association with exit dynamics, we 

follow researchers such as Ewelt-Knauer et al. (2014), Hochberg et al., (2007) and Giot and 

Schwienbacher (2007) and include GDP development as a measurement for country specific 

economic growth and IPO activity and stock market return development, as two different 

measurements of stock market liquidity and general investment climate in our estimations.  

 

3.3.1. Experience and reputation-building 

 

Reputation-building is commonly viewed as impacting both route and exit timing among venture 

capitalists. VC firms that are more experienced have a reputation they wish to maintain, whereas 

younger and more inexperienced VC firms are in the process of developing theirs. If investors view 

IPO exits as being restricted to firms of high quality, then an IPO exit can effectively be used by VC 

firms to send a positive message to investors. In this way, IPOs have a reputational effect 

(Cumming, 2010b). According to Gompers (1996)’s Grandstanding theory, there is evidence 

suggesting that reputation-building has an effect on the timing of a public listing. An inexperienced 

VC firm needs to signal quality to investors, to raise future funds, which may make them more 

eager to list a company, even when market conditions are not optimal. A younger VC firm would 

thus be inclined to exit valuable investments earlier, in order to strengthen their reputation.  

 

As discussed in the theoretical framework in Section 3.1, experienced VC firms may facilitate the 

IPO process. The main reason being increased certification of the venture, minimizing the 

possibility of underpricing (Giot and Schwienbacher, 2007; Megginson and Weiss, 1991). In other 

words; a more well-established VC firm should be able to add more value, compared to younger 

VC firms. For instance, Hochberg et al. (2007) argue that the experience of the VC firm can have a 

performance-enhancing role, since it is plausible that the older and more experienced venture 

capitalists also are better networked.  

 

The importance of reputation as a variable influencing the selling decision is found in various 

studies (see e.g. Lin and Smith 1997). Support for the Grandstanding theory is further given by 

Espenlaub et al. (2009), who saw that young VC firms held investments for a shorter amount of 

time than their experienced peers. Continuing on this result, it was shown by Lee and Wahal 

(2004) that less-experienced VC firms take younger and smaller companies public. Based on the 

theory and empirical work, an inexperienced VC firm should have a tendency to exit firms earlier 

than experienced firms. 
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Alike Giot and Schwienbacher (2007), we proxy the experience variable by the age of the oldest 

VC firm in a syndicate, as it relates to VC firm experience. 

 

Hypothesis 1a:  

- The presence of one or more experienced VC firms in the syndicate will prolong time to exit 

 

Hypothesis 1b: 

- The presence of one or more experienced VC firms will increase likelihood of exiting through an IPO 

 

3.3.2. Size of syndicate 

 

Empirical studies have suggested that the degree of value-adding, i.e. the amount of knowledge 

contributed by the VC firm, systematically has an effect on the time to exit.  For instance, Giot and 

Schwienbacher (2007) found that exits were accelerated by a large syndicate size, with the 

greatest impact on IPOs. Contrarily, other empirical studies claim that a large syndicate may 

facilitate trade sales due to the network and contacts that the syndicate members have 

(Megginson and Weiss, 1991). These findings indicate that syndication may allow VC firms to 

compare their thinking, add value to the backed company and enhance networking by minimizing 

the time to exit from an investment. Greater value-add could occur, as a result of the greater 

complementarities of skills among parties of a syndicate (Giot and Schwienbacher, 2007). A 

syndicate has the ability to increase the skills and knowledge available to the deal, which could 

have a positive effect on deal performance. Furthermore, previous studies (see e.g. Brander et al., 

2002; Espenlaub et al.., 2009; Lerner, 1994) report that larger syndicates should have a negative 

impact on time to exit (i.e. the holding period will be shortened). 

 

In line with the study conducted by Giot and Schwienbacher (2007), we predict that a larger 

syndicate increases the likelihood of exiting from a successful venture, specifically through an 

M&A (several investors could result in operational difficulties, challenging the achievement of an 

IPO when comparing to a trade sale). Syndicate members will be defined as the co-investors who 

have entered a deal during its investment duration (from “SAMPLE20” entry to “SAMPLE20” exit), 

we proxy syndicate size as the number of such co-investors. 

 

Hypothesis 2a: 

- A larger syndicate size will decrease the time to exit 

 

Hypothesis 2b: 

- A larger syndicate size will increase the likelihood for exiting through an M&A 

 

3.3.3. Presence of a foreign investor in syndicate 

 

Geography has been empirically shown (see e.g. Shephard and Zacharikis, 2001; Espenlaub et al, 

2009) to impact exit route and exit timing. VC firms tend to invest in companies that are in their 

proximity, either geographically close, or in other ways near. According to the empirical literature 

this is commonly due to the lower costs of monitoring that are associated with investing locally 

(Cumming and Dai, 2010; Sorenson and Stuart 2001). Building on this notion, it is interesting to 

examine how the presence of a foreign investor, where investment occurs outside a VC firm’s 

proximity, affects exit dynamics.  
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In recent time, it has become increasingly common to invest in promising companies abroad and 

there has been a rise in cross-border VC investments following the late 1990’s (Aizenman and 

Kendall, 2012). According to Schertler and Tykvova (2011), cross-border investments amount to 

one third of global VC investments, when defined as an investment that includes a VC firm or fund 

not based in the originating region of the portfolio company. Diversification of geographical risk 

and diversification of value-adding activities may be reasons for engaging in cross-border 

investments, along with the will to signal quality to limited partners and facilitate future 

fundraising (Schertler and Tykvova, 2010). Chemmanur et al. (2010) imply that firms with foreign 

VC firm funding, have a propensity to outperform companies that are limited to solely domestic 

VC firm funding. 

 

In a recent study, Espenlaub et al. (2015) found a difference in the time to exit between cross-

border and domestic investments, for both the IPO route and M&A route; cross-border 

investments were exited faster than domestic investments. Interestingly, results did not show a 

significant difference between the domestic region in the study (UK and Ireland) and a majority 

of the cross-border regions. But, the average time to exit was greater than two thirds shorter for 

North America, compared to any other cross-border region, including the domestic region (UK 

and Ireland) (Espenlaub et al.2015). 

 

The research on the effect of cross-border VC investments on exit route is not abundant. However, 

Bertoni and Groh (2014) present statistical evidence that the probability for an investee to exit 

through trade sale is positively correlated to the additional set of M&A opportunities brought by 

cross-border investors. A similar effect, but with weaker statistical significance, is also identified 

for exits by IPO. 

 

We proxy foreign investor presence as follows; at least one of the firms in the syndicate being 

located in another country than Sweden. 

 

Hypothesis 3a: 

- Foreign investor involvement in a syndicate shortens time to exit than investments with only 

domestic co-investors 

 

Hypothesis 3b: 

- Investments with foreign investor involvement should affect exit route by increasing the probability 

of an M&A 

 

3.3.4. Match between location of investor and acquiring country 

 

Finally, we will examine the effect of a match between location of at least one VC firm in a syndicate 

and the acquirer’s nationality. Multiple studies find that exit behaviour varies with geography, 

specifically with respect to which geographic location the VC firm is operating in.  

 

VC firms act in various ways, to achieve maximum exit return on their investments. Exiting a 

company abroad, through a listing on a foreign stock exchange or sale to a foreign acquirer, may 

occur when a foreign exit is deemed more profitable for the sellers, or for the portfolio company. 

Specifically, Aylward (1998) and Jääskeläinen and Maula (2005) infer that opportunities for cross-
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border investment can help stimulate domestic markets by creating exit opportunities in foreign 

markets. 

 

While risk caused by information asymmetry, is the mainstay of almost all VC investments, those 

funded by VC firms located in different countries than the venture are even more risky due to 

geographical distance and cultural dissimilarities (Joshi and Subrahmanya, 2015). According to 

Cumming et al. (2006), a VC firm should choose the exit vehicle for which the new owners are best 

able to resolve information asymmetry, in order to maximize capital gain upon exit. Building on 

this notion, it is reasonable to argue that a “match” between the country of at least one VC firm in 

the syndicate and the acquirer country, would lead to a lower level of information asymmetry and 

in turn, a higher probability of a successful exit.  

 

An internationalization of VC investment, where portfolio companies are exited abroad, has 

become more common in recent decades (Aizenman and Kendall, 2012). Western Europe and the 

US, which are common exit markets for European venture capitalists, are generally viewed to be 

high quality legal environments. This internationalization can be seen as the main motivation 

behind the notion that it might be interesting to examine the effect of a match between location of 

syndicate co-investors and the nationality of the acquirer. 

 

We note there are several ways to define a VC firm’s geography. Considering the purpose of this 

thesis, we have chosen to define the country of a VC firm, as the country where it has at least one 

located office. The degree of “match” between VC firms in a syndicate and the acquirer will be 

proxied on two levels - no match between any VC firm in syndicate and the acquirer country, a 

match between one VC firm in syndicate and the acquirer country. 

 

Hypothesis 4a: 

- A match between location of at least one VC firm in syndicate and acquirer country, will have a 

decreasing effect on time-to-exit. 

 

Hypothesis 4b: 

-  A match between location of at least one VC firm in syndicate and acquirer country, would increase 

the probability of an exit in that country 

 

3.3.5. Motivation for control variables 

 

The control variables are proven to strongly influence exit dynamics in the VC industry, they are 

therefore held constant during the statistical analysis, in order to test the relative relationship of 

the dependent and independent variables. The control variables can be grouped into two 

subgroups; macroeconomic and industrial. As argued in Section 3.1.2, both macroeconomic and 

industry specific variables are important because of cyclicality. 

 

By focusing our study to one country-specific market, our macroeconomic control variables may 

be focused only to Sweden. The macroeconomic factors include GDP development as a 

measurement for the growth of Sweden’s economy as well as IPO market and stock market return 

development as measurements of market liquidity. The portfolio company factors refer to the 

industry and financing stage of the portfolio company. In this thesis, portfolio companies have 

been grouped into technology or non-technology industries. 
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3.3.5.1. GDP development 

Espenlaub et al. (2015a), Ewelt-Knauer et al., 2014 and Gomes Santana Félix et al. (2014) argue 

the duration of VC investments is likely to be influenced by country specific characteristics such 

as economic growth, i.e. real annual GDP (gross domestic product) growth. Specifically, higher 

GDP growth should facilitate successful exits as well as delay the time to exit for both M&A and 

IPO (Cumming, 2012).  

 

3.3.5.2. Stock market return development 

According to Black and Gilson (1998) there is a relationship between a healthy well-functioning 

venture capital market and an active stock market. An active stock market enables VC firms to exit 

their more valuable holdings through an IPO, whereas a dry market will lead VC firms to put a 

break on deal-making activities, to better prepare for poorer exit options ahead. The level of 

liquidity in the exit markets is also said to influence the time to exit (Cumming, 2010b). When 

markets were illiquid, it has been shown that VC firms attempt to postpone exit requirements. 

Contrarily, when markets were liquid, VC firms wanted to make use of the attractive market 

conditions, by doing more investments that they could exit in the near future (Cumming et al., 

2005). In line with previous research, we proxy the stock market development by the(real) AFGX 

(Affärsvärlden Weighted All Share Index), which is a capital-weighted index that measures the 

market performance of the Stockholm Stock Exchange (Affärsvärlden, 2016). 

 

3.3.5.3. IPO market 

Previous research argues that the strength of the IPO market, measured as the number of IPOs 

per year, is an important factor in the determining of venture capital commitments (see e.g. Black 

and Gilson, 1998; Gompers and Lerner, 2001; Jeng and Wells, 2000). The information asymmetry 

in the IPO market may fluctuate over time depending on market conditions. Meaning that the IPO 

valuation of firms may also fluctuate, and that a firm is more likely to go public at times when IPO 

valuations are higher (Bayar and Chemmanur, 2006). Specifically, high returns on the stock 

market should facilitate a higher number of IPOs, while low returns should result in a higher 

probability of a trade sale – since the IPO route is considered too expensive in this economic 

climate (Cumming, 2012). In other words; a hot equity market both increases the likelihood of 

exiting via an IPO, rather than through an M&A, as well as push down the time to exit (Brau et al.., 

2003; Giot and Schwienbacher, 2007; Shepherd and Zacharakis, 2001). 

 

3.3.5.4. Industry of the portfolio company 

Portfolio company characteristics have been shown to affect exit dynamics. The industry, or in 

some studies referred to as ‘sector’, of the portfolio company is believed to have an effect on exit 

dynamics. As argued in Sector 3.1, every industry has its own cycles. Espenlaub et al. (2009) found 

that, on average, industries’ time to exit did not differ much across exit routes (M&A, LBO and 

Liquidation), except for exits through IPOs. Gomes Santana Félix et al. (2014) found that Internet 

companies accompanied by Biotech companies are sectors with the quickest time to IPO exit. Giot 

and Schwienbacher (2007) also found that Biotech and Internet companies have the fastest IPO 

exit. Type of industry can also have an effect on exit route.  A majority of ventures categorized as 

technology firms are more likely to be exited through successful routes such as public offerings or 

trade sales (see e.g Brau et al., 2003; Bayar and Chemmanur, 2006). 
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3.3.5.5. Stage of financing 

The stage, in this thesis proxy as the age of the portfolio company when receiving its first venture 

capital funding, has also been rather extensively researched. It has been shown that earlier stage 

venture backed firms are more likely to achieve a successful exit (i.e. M&A or IPO) than later stage 

venture backed firms (Nahata, 2004). Espenlaub et al., (2009) state that time to exit is shorter for 

ventures first funded in later stages, compared to ventures that were in an early or expansion 

stage. 
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4. METHODOLOGY AND DATA 
 

In this chapter the methodological considerations will be discussed; the methodological course of 

action, how methods are applied in the research, and validity and reliability of the data gathered. 

The performed interview will be presented and discussed in chapter 5. We will begin with a 

theoretical background of the statistical methods applied to quantitatively examine the exit 

dynamics of successful venture capital investments. The purpose is to give the reader a theoretical 

explanation of the survival analysis with competing risk model, clarify how the data was collected 

and which variables will be used in the analysis. The chapter will end with a shorter discussion 

about the statistical validity of the methodological approach. 

 

4.1. Survival analysis and competing risk models in VC research 
 

This section presents the mathematical background for the survival analysis and competing risk 

model used to derive the results from the Weibull distribution with Gamma Frailty presented 

under the empirical results in Section 5.2. 

 

To quantitatively examine exit dynamics for VC firms active in Sweden, our statistical analysis 

relies on survival analysis. In particular, we use the competing risk model, which is adequate to 

model time in one state, when exit is to a number of competing states. These models allow for a 

joint analysis of exit type and exit timing, i.e. model durations that end with multiple exits (Giot 

and Schwienbacher, 2007; Gomes Santana Félix et al., 2014). 

 

Survival analysis is used to analyse data in which the duration of time until the event, is of interest. 

Such an analysis can be extended to situations where there are multiple exit routes, and therefore 

incites the use of a competing risk model (CRM). A competing risk arises if the occurrence of one 

event prevents other events from occurring (Noordzij et al., 2013; Espenlaub et al., 2009). 

Competing risk models require only that competing risks are mutually exclusive and exhaustive, 

i.e. a firm cannot exit through simultaneous IPO and M&A (Estève-Perez et al., 2010). When 

examining VC exit dynamics, a survival analysis measures the time elapsed between the date at 

which investments are made and the date on which VC firms exit the investments, and a competing 

risk model distinctively takes into account many possible type of exits. As such, each type of exit 

can feature its own dynamics and the covariates can influence the exit decisions separately (Giot 

and Schwienbacher, 2007). 

 

It is possible to estimate the exit dynamics using the simpler Ordinary Least Squares (OLS) 

regression. Using the OLS to examine survival data has some potential drawbacks, making 

inferences on investments that have not been exited challenging. In a linear regression model the 

error term is assumed to be normally distributed, but this is not a reasonable assumption for 

duration analysis. To exemplify this issue, when a VC firm enters an investment, it does so with 

the notion of exiting that investment sometime in the years to come, which means that the time 

to exit is always decreasing. Similarly, the time to exit is positive and censored in the way that 

some investments are un-exited at the end of the observed time period. According to Espenlaub 

et al. (2009) survival analysis can be viewed as a model that exchanges the normality assumption 

with something more suitable for the enquiry. 
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One might argue that another option for quantitatively examining exit dynamics is the Logit 

model, or specifically a Binary exit model. While competing risk models focus on both the type of 

exits and the time to exit, a Logit model would only focus on the type of exit (binary choice), and 

the likelihood function of a Logit model would not take into account the duration variable (Giot 

and Schwienbacher, 2007). In other words, the researcher usually focuses only on the occurrence 

of the exit or on the duration until of the occurrence of one chosen exit route. In contrast to Logit 

or Probit models, survival analysis can predict whether and when an event will occur and allows 

us to assess the conditional probability of failure given that the company has survived so far. 

Hence, survival analysis can cope with right censored data, which represents situations where a 

failure event (i.e. an exit in this study) has not yet occurred (Pommet, 2012). Survival models thus 

explicitly take into account the information provided by the active investments, and can therefore 

be motivated to be both theoretically and empirically better than static models20 in terms of out 

of sample forecasts, since it incorporates both censored and uncensored observations to provide 

consistent estimators (Espenlaub et al.., 2009). The VC firms in our sample have not exited all 

investments within a study time period (1996-2015); hence assessing the likelihood of future exit 

is challenging using a static model. Moreover, as Giot and Schwienbacher (2007) argue does a 

portfolio company that is still active provide important information, and it would therefore be 

wrong to merely focus on the investments which have ended. 

 

There are empirical studies within the VC research applying conventional survival methods, such 

as the Kaplan–Meier method and standard Cox proportional hazards regression (see e.g. Cumming 

and MacIntosh, 2001; Gompers 1995). However, these models may be inappropriate in the 

presence of competing risks and therefore should alternative methods, specifically designed for 

analysing competing risks data, be applied (Noordzij et al., 2013). This stems from the fact that 

the investment duration is defined as the time elapsed between the initial involvement and the 

exit date (if the firm has exited). As stated by Giot and Schwienbacher (2007), the CRM model 

should accommodate the fact that we take snapshots of the firms at the time of the data retrieval. 

Hence, some investments have indeed been exited while others are still in the pipeline. In our 

framework, the duration for these latter investments should be considered as being right 

censored21, and the duration be defined as the time between the entry date and December 31st 

2015. 

 

In survival analysis, we are interested in the time to exit, T, a random variable the behaviour of 

which can be captured by its density function f(t) or by its cumulative distribution function F(t). 

Since our quantitative analysis examines the investment duration, i.e., the time elapsed between 

a VC (in our case SAMPLE20) firm’s entry and exit from a portfolio company, we can describe the 

behaviour of a spell through its survival function;  
 

𝑆(𝑡) = 𝑃(𝑇 ≥ 𝑡) = 1 − 𝐹(𝑡) = ∫ 𝑓(𝑥)𝑑𝑥
∞

𝑡

 

which yields the probability that the duration is longer than t (Gomes Santana Félix et al., 2014; 

Rodríguez, 2016). 

                                                 
20 The system of relationship is static when all the variables included in the theory refer to the same time period. Or 
more generally, the model is conceptualized without time as an entity (Nymoen, 2008). 
21 Censoring refers to the fact that some units of the event of interest has occurred and therefore we know is that the 
waiting time exceeds the observation time. The censoring mechanism is non-informative and they all lead to 
essentially the same likelihood function (Rodríguez, 2016). 
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The Hazard function is a key concept that indicates the conditional exit rate, i.e. the instantaneous 

probability of exit given that the object (i.e. the venture) has not yet exited at that time.22 In other 

words, it is the conditional probability of leaving “being active”. The hazard function is defined in 

terms of the Probability density function and the Cumulative distribution function; 
 

ℎ(𝑡) = lim
𝑑𝑡→0

𝑃(𝑡 ≤ 𝑇 < 𝑡 + 𝑑𝑡|𝑇 ≥ 𝑡)

𝑑𝑡
=
𝑓(𝑡)

𝑆(𝑡)
 

 

where 𝑑𝑡 is a very small time interval. This conditional probability is the probability that exit 

occurs in the time interval [𝑡, 𝑡 + 𝑑𝑡], given that it has not occurred before (i.e. no exit before the 

beginning of time t), and the denominator is in the width of the interval (Pommer, 2012). 

Expressly, the rate of occurrence of the event at duration t equals the density of events at t, divided 

by the probability of surviving to that duration without experiencing the event (Rodríguez, 2016). 

 

The hazard rates are not probabilities as they do not follow all properties of probabilities and can 

therefore be greater than one. In this study, the hazard rate represent the ventures risk of failure. 

In other words, it is the unobserved rate at which events occur. There are several different models 

for the hazard rate, such as the familiar Exponential, Generalised Gamma or Weibull distribution 

(Jenkins, 2005). Important to note is that making wrong assumptions of the form of hazard rate 

could bias the estimated effects. Previous studies have argued that the Weibull distributions best 

describe the relationship between the hazard rate of being exited to an IPO or M&A and elapsed 

duration since year of entering the investment.  

 

In duration analysis, it is assumed that the hazard and related functions vary across individuals 

depending on their characteristics. This assumption of independence of the hazards affects the 

Log-likelihood function. Mathematically, if X is the vector of k explanatory variables and the 

hazard function for exit type j is denoted by ℎ(𝑡, 𝑋) and the survivor function by 𝑆(𝑡, 𝑋), one can 

show that ℎ(𝑡, 𝑋) = ∑ ℎ𝑗(𝑡, 𝑋)
𝑚
𝑗=1  and the log-likelihood function can thus be written as the sum of 

m log-likelihood functions (Giot and Schwienbacher, 2007; Gomes Santana Félix et al., 2014). In 

other words; the idea of the competing risk model is to estimate destination-specific hazard rates, 

i.e. the hazard rates vary with the end state, and the overall model likelihood value is the sum of 

the likelihood values for each of the destination-specific models (Jenkins, 2005). 

 

4.1.1. The choice of applying a parametric model 

 

When performing this analysis, we are interested in examining factors that accelerate or 

decelerate the time to exit from a venture. There are several ways to relate the outcome to 

predictors in survival analysis. However, we will only describe the two most pragmatic for the 

venture capital disinvestment decision: the non-parametric Proportional Hazard (PH) model and 

the parametric Accelerated Time Failure (AFT) model. 

 

In survival analysis, an accelerated failure time model is a parametric23 model that provides an 

alternative to the commonly used proportional hazards models (see e.g. Li, 2003; Pommer, 2013; 

                                                 
22 The survival function and hazard function provide alternative but equivalent characteristics of the distribution of T  
(Rodríguez, 2016).  
23 Parametric models depend on on assumptions about the shape of the distribution in the underlying population and 
about the means and standard deviations of the assumed distribution (Hoskin, 2011). 

https://en.wikipedia.org/wiki/Survival_analysis
https://en.wikipedia.org/wiki/Parametric_statistics
https://en.wikipedia.org/wiki/Proportional_hazards_models
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Espenlaub et al., 2012). Since T must be non-negative, we consider modelling the logarithm using 

a conventional linear model (Rodríguez, 2016). The accelerated failure time specification, 

assumes a linear relationship between the log of the survival time and the explanatory variables: 
 

𝑙𝑛𝑇𝑖 = 𝑥𝑖
′𝛽 + 𝜎𝑢𝑖 ⇔ 𝑇𝑖 = exp(𝑥𝑖

′, 𝛽) 𝑣𝑖  
 

where 𝑣 = 𝑒𝜎𝑢 and 𝜎 is a scale factor (which is related with the shape parameters for the hazard 

function). Since the AFT model is parametric, it is necessary to specify the distribution of the 

baseline survival function. Different distributions for u lead to different AFT models. For instance, 

if u follows a normal distribution, then T follows a log-normal distribution, if u follows the logistic 

distribution, then T follows the log-logistic distribution and when u follows the extreme value 

distribution, T is distributed according to the Weibull distribution. Alike previous studies on 

venture capital investments duration, we use the AFT specification and apply the Weibull 

distribution (Gomes Santana Félix et al., 2014; Pommet, 2013). 

 

The proportional hazard model, introduced by Cox (1972) is a non-parametric model which 

focuses directly on the hazard function, where no assumption the functional form of neither the 

survival function nor for the hazard function are made (Cleves et al. 2002). The PH model, where 

the hazard at time t for an individual with covariates 𝑥𝑖 (not including a constant) is assumed to 

be; 

 𝜆𝑖(𝑡|𝑥𝑖) = 𝜆0(𝑡)𝑒𝑥𝑝{𝑥𝑖
′𝛽} 

 

where  𝜆𝑖(𝑡|𝑥𝑖)  is the hazard rate at time t and 𝑥𝑖 is a vector of explanatory variables, including 

for example a syndication dummy that are potentially time varying (Das et al., 2011). In a PH 

model, the hazard rate can be decomposed into two separate functions. First, 𝜆0(𝑡) is the baseline 

hazard function (which is a function of t alone) that describes the risk for individuals with 𝑥𝑖 = 0 

, who serve as a reference cell or pivot. Second, 𝑒𝑥𝑝{𝑥𝑖
′𝛽} is the relative risk, a proportionate 

increase or reduction in risk, associated with the set of characteristics 𝑥𝑖 (Gomes Santana Félix et 

al., 2014; Rodríguez, 2016). 

 

Both PH models and AFT models are essentially standard regression models applied to the log of 

survival time (except for the fact that observations are censored). Once the distribution of the 

error term is chosen, estimation proceeds by maximizing the log-likelihood for censored data 

(Rodríguez, 2016). When performing this type of study, have parametric models been shown to 

provide stronger statistical results than the non-parametric, motivating our choice to apply the 

AFT model24. 

 

4.1.2. Motivation for the Weibull distribution with Gamma Frailty 

 

To estimate the duration model, assumptions about the distribution of the hazard rate must be 

made. When applying parametric models for survival analysis have previous researchers 

primarily examined the Exponential distribution, the Weibull distribution and the Generalised 

Gamma distribution. 

 

                                                 
24 We also ran a regression with the PH-model. In line with previous studies did the non-paramteric model provide 
less significant results, and a much lower log-likelihood. Further motivating the use of a parametric model. 

https://en.wikipedia.org/wiki/Exponential_distribution
https://en.wikipedia.org/wiki/Weibull_distribution
https://en.wikipedia.org/wiki/Gamma_distribution
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These three distributions require different conventions regarding the hazard rates. The 

exponential distribution is preferred for situations where hazard rate is constant. From an 

economic point of view, a constant hazard implies that the time elapsed does not bear on the exit 

probabilities (e.g., an exit is as likely after 1 month as after 1 year). Contrarily, the 

baseline hazard given by the Generalised Gamma and Weibull distributions are monotonic. 

Monotonically increasing or decreasing hazard functions imply that, as time flows, the likelihood 

of exiting gets either larger and larger or smaller and smaller (Giot and Schwienbacher, 2007). 

This mean that the Generalised Gamma and Weibull distribution are often argued to be 

moderately comparable. However, the Generalised Gamma distribution function and survival 

function cannot be expressed in closed forms, which create difficulties for further mathematical 

manipulations. This is one of the vital reasons that the Generalised Gamma distribution is not as 

commonly used in these kinds of studies as the Weibull distribution25 (Coolen, 2008; Navid and 

Muhammad, 2012). 

 

We estimate the competing risk models for the total holding period of the investment. This stems 

from the fact that the duration is defined herein as the time elapsed between the initial 

involvement and the exit date (if the firm has exited). If the firm has not yet exited, the duration is 

right-censored and the duration is defined as the time between the entry date and December 31st 

2015. Regarding the choice of the density function, previous scholars have argued that we should 

use the Weibull distribution with Gamma Frailty. However, in line with Giot and Schwienbacher 

(2007) it is sensible to apply the Generalised Gamma density distribution, which is shaped by 

three parameters 𝑘, 𝜎𝑎𝑛𝑑𝜇, as a first indication of which model fits our data the best. The 

Generalised Gamma distribution is specified as; 
 

𝑓(𝑡, 𝑧, 𝜎) =
𝛾𝛾

𝜎√𝛾Γ(𝛾)
𝑒(𝑧√𝑦−𝑢) 

 

𝑖𝑓𝑘 ≠ 0, 𝑎𝑛𝑑 

 

𝑓(𝑡, 𝑧, 𝜎) =
1

𝜎√2𝜋
𝑒(−

𝑧2

2
) 

 

if k=0, where 𝑦 = |𝑘|−2, 𝑧 =
𝑠𝑖𝑔𝑛(𝑘)(ln(𝑡)−𝜇)

𝜎
, 𝑢 = 𝛾𝑒(|𝑘|𝑧). The dependence with respect to the 

covariates is introduced through 𝜇𝑘 = 𝑋𝑘𝛽, where k is the observations index. The k and 𝜎 

parameters affect the shape of the hazard function. More precisely, it can be shown that the 

Generalised Gamma density distribution encompasses many density distributions. For example, 

if 𝑘 = 1and𝜎 = 1 it simplifies into the exponential distribution, if 𝑘 = 1, then it is the Weibull 

distribution and if 𝑘 → ∞, it is log-normal26 (Jenkins, 2005; Rodríguez, 2016). 

 

The literature strongly argues the application of the Weibull distribution. Still, all three (i.e. 

Exponential, Weibull and Generalised Gamma) distributions are compared in this thesis to ensure 

                                                 
25 The Weibull regression model is closed under proportionality of hazards and under acceleration of time and has the 
survival function 𝑆(𝑡) = 𝑒𝑥𝑝{−(𝜆𝑡)𝑝} and hazard function 𝜆(𝑡) = 𝑝𝜆(𝜆𝑡)𝑝−1 for parameters 𝜆 > 0 and 𝑝 > 0 
(Rodríguez, 2016). 
26 T has a log-normal distribution iff 𝑌 = 𝑙𝑜𝑔𝑇 = 𝛼 + 𝜎𝑊, where W has a standard normal distribution. The hazard 
function of the log-normal distribution increases from 0 to reach a maximum and then decreases monotonically, 
approaching 0𝑎𝑠𝑡 → ∞. 

https://en.wikipedia.org/wiki/Exponential_distribution
https://en.wikipedia.org/wiki/Weibull_distribution
https://en.wikipedia.org/wiki/Gamma_distribution
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that the most appropriate, theoretically and empirically, distribution is used to represent the 

statistical result. In line with previous scholars (see e.g. Espenlaub, et al.., 2009; Gomes Santana 

Félix et al., 2014; Tykvova, 2004), we model the time to exit parametrically under the assumption 

that the exit of individual VC firms follow a Weibull distribution. 

 

The Weibull distribution makes assumptions of no unobserved heterogeneity. Statistically, this 

infers that the observed explanatory variables are assumed to capture the differences between 

individuals. Jenkins (2005) explains that there are two main reasons causing unobserved 

heterogeneity; omitting variables (that have explanatory power) due to lack of available data or 

measurement difficulties and measurement errors in observed survival times and covariates. 

When unobserved heterogeneity arise, the period-specific hazard rates depend on an unobserved 

individual error term. If the unobserved heterogeneity is important but not considered in the 

model, three key problems arise. Firstly, the degree of positive duration will be overestimated in 

the baseline hazard. Secondly, the proportionate of a given repressor is no longer effect of the 

hazard rate is no longer independent of survival time. Thirdly, the proportionate response of the 

hazard rate to variation in each repressor at any time is diminished (Jenkins, 2005). 

 

The Weibull distributions assumption about homogeneity between individual and population 

exits is violated if individuals are heterogeneous. As some venture capitalists are more 

experienced than others, this is arguably a common case among the VC population. Therefore, one 

should fit a Frailty model to account for heterogeneity. The Frailty model provides a useful 

alternative to a standard survival model when the standard model fails to account for 

heterogeneity. In the Frailty model there is a distinction between individual and population time 

to exit. The population time to exit can fall while individual time to exit rises due to a 

heterogeneous effect. Therefore, the population exits decline over time regardless of the exit 

shape an individual venture capital firm is facing. For instance, the time to exit is likely to vary 

between individual VC firms, reflecting their ability to exit an investment. However, the 

population time to exit at a given point of time reflects both exited and non-exited investments, 

justifying our choice of the Weibull distribution to model the population heterogeneity.27 In 

addition is the Weibull distribution with Gamma Frailty popular in the econometric literature due 

to it is convenient properties (Espenlaub et al.., 2009). 

 

In this thesis, we estimate two mutually exclusive exit choices using a Gamma Frailty model to 

account for heterogeneity among VC firms. Specifically, we will apply the Weibull distribution as 

the parametric AFT model, as it is the most appropriate for our data set. The general regression 

model can be written as: 
 

𝑙𝑛𝑇𝑗 = 𝛽0 + 𝛽1,𝑗𝑉𝑎𝑟𝑖𝑎𝑏𝑙𝑒1 + 𝛽2,𝑗𝑉𝑎𝑟𝑖𝑎𝑏𝑙𝑒2 +⋯+ 𝜀𝑗 
 

where j refers to the exit type: IPO or M&A and 𝑙𝑛𝑇𝑗 is the duration between the entry and exit 

date (of the SAMPLE20 firm). 

 

 

 

                                                 
27 Population exit refer to the exit of all venture capital firms irrespective of their experience or expertise (Espenlaub, 
et al., 2009). 
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4.2. Data collection and Data set 

 

This section will provide an overview of the data collection process and brief introduction to the 

data set. A number of definitions important in the collection process will be highlighted, along 

with general delimitations and limitations pertaining to the data will be mentioned in brief. An in 

depth analysis of the data set is provided in Chapter 5. 

 

Following previous studies on venture capital exit dynamics (see e.g. Cumming and Johan, 2008b; 

Espenlaub et al., 2009; Giot and Schwienbacher, 2007; Gomes Santana Félix et al., 2014), we will 

proceed our study from a sample of VC firms located in the country of observation. Narrowing the 

study to a country-specific VC industry helps limit the empirical ramifications relating to legal 

climate of operations facing these firms (Cumming et al., 2006).  

 

In order to find VC firms representative of the Swedish VC industry, a natural starting point was 

to turn to the Swedish Private Equity and Venture Capital Association (SVCA)28. In total, 42 VC 

firms are listed as ‘Venture Capital’ and ‘Growth Capital’ firms among SVCAs active members.   

We have chosen to focus on 20 out of the 42 VC firms. These 20 VC firms (i.e. SAMPLE20) are 

representative of the Swedish VC industry; 11 out of the 20 investments are ranked by CBI as 

being among the top 30 most active VC firms in Sweden 2010-2015, and 15 of the 20 VC firms are 

mentioned by the VC firm Creandum, in their “Creandum Exit Database”.   

 

Table 4.2.1, List over VC firms in SAMPLE20 
This table presents the VC firms in SAMPLE20. Eleven out of the 20 firms are listed among the 30 most active (in 
terms of number of deals) VC firms in Sweden between the years 2010-2015 (CB Insights, 2016).  The remaining 
nine firms are gathered from the Creandum Nordic Exit data set, and can be deemed relevant as they have 
previously co-invested in successful exits of Nordic companies. A more detailed presentation of SAMPLE20 will 
be presented in Appendix C.1. 
 

Venture Capital Firms Type of VC Ranking CBI Found in Creandum Data base 
Almi Invest 
Centrecourt 
Chalmers Ventures 
Conor Venture Partners 
Creandum 
Fouriertransform 
GP Bullhound Sidecar 
HealthCap Venture Capital 
Industrifonden 
Inlandinovation 
Innovacom 
Innovationskapital 
Northzone Ventures 
Novestra 
Rite Ventures 
Saab Ventures 
Scope Capital Advisory 
SEB Venture Capital 
Servisen Investment Management 
Verdane Capital Advisors 

GVC 
IVC 
UVC 
IVC 
IVC 
GVC 
IVC 
IVC 
GVC 
GVC 
CVC 
IVC 
IVC 
IVC 
IVC 
CVC 
IVC 
BVC 
IVC 
IVC 

2 
 

11 
8 
4 
9 
6 

10 
1 
7 
 
 

3 
 
 
 
 

5 
 
 

 
X 
X 
X 
X 
 
 
 

X 
 

X 
X 
X 
X 
X 
X 
X 
X 
X 
X 

 

 

                                                 
28 SVCA was founded 1985 with the objective to act in favor of a well-functioning Private Equity and Venture Capital 
market in Sweden. 
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The firms in SAMPLE20 represent different types of VC firms, with different structure and 

investment strategies. The diversity of VC firms is shown by differences in VC affiliation, in line 

with Cumming et al. (2014), SAMPLE20 consists of Corporate-affiliated VC firms (CVC), 

Government-affiliated VC firms (GVC), Bank-affiliated VC firms (BVC), University-affiliated VC 

firms (UVC), and Independent VC firms (IVC). This further highlights the diversity of the sample. 

For a list over the VC firms in SAMPLE20, see Table 4.2.1, which details the VC firms by name, type, 

their ranking on the CBI list of most active investors, and whether they appeared in the Creandum 

Exit database. 

 

Since we are interested in examining probability of exit route and time to exit for ventures, we 

gathered a first data set of 1200 investments (i.e. all investments, active and realised, available on 

respective SAMPLE20 firm’s website). Due to the limited time frame during which to author the 

paper, we arbitrarily chose 25% of these 1200 investments on which to conduct the study. This 

resulted in the total sample size of 300 investments (active and realised) – which is assumed to 

be sufficient enough to provide generalizable results for a VC firms exit decisions (Cumming and 

MacIntosh, 2001).29 

 

In order to gather the necessary data for the 300 investments, a multi-stage data collection 

procedure has been used. Figure 4.2.1 visually details the data collection process. It shows that 

following the selection of the 20 VC firms, relevant data was gathered from the Creandum Nordic 

Exit Database, along with self-collected data. This procedure left us with a unique data set, 

containing information about a range of variables. The data set is briefly introduced in this section, 

but will be analysed in depth later in the thesis. 

 

Figure 4.2.1, Illustration of multi-stage data collection 

 
 

The “Creandum Nordic Exit Analysis”, is an extensive exit data set, maintained by Swedish VC firm 

Creandum. On an annual basis, Creandum evaluate and compile their findings in a public report 

called the “Creandum Nordic Exit Analysis”. The full Creandum Exit database includes 

approximately 490 private technology company exits, with companies originating from Denmark, 

Finland, Norway and Sweden.30 Since we aim to examine the exit dynamics for VC firms located 

and operating in Sweden, we extracted the investments that had received VC funding from at least 

one SAMPLE20 firm, resulting in sufficient information on 103 of the identified exits. 

 

In terms of the self-collected data, it was firstly manually gathered from the respective SAMPLE20 

firm’s websites and annual reports. This data was complemented with information gathered from 

respective portfolio company website, their annual reports and other financial data (provided by 

for example allabolag.se). For validation and cross-checking purposes, our data set has been 

                                                 
29 Important to note that no information about the total number of VC investments (and divestments) exists, making it 
impossible to provide the statistical ratio between our sample size and the total deal size of VC firms active in Sweden. 
30 With a strategy of investing in high-growth technology companies, Creandum is one of Sweden’s leading Venture 
Capital firms with over EURm 250 under management (Nordic Venture Network, 2016). 

20 SVCA 
Members

Creandum 
Nordic Exit 
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Manually 
Gathered Data

Unique Data 
Set
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complemented with various independent sources (e.g. Argentum, Crunchbase, TheNordicWeb, CB 

Insights and Mattermark) as well as news outlets (e.g. Cision News, TechCrunch). One might 

argue, that the use of a VC firm’s own website could lead to a somewhat biased data set, since the 

firms would never promote their unsuccessful investments. As we only examine the exit dynamics 

of successful investments (IPO and M&A), we have to assume that our data set is representative 

for this study. Following data retrieval from the Creandum Exit database, and self-collected data, 

we were left with a unique dataset consisting of 300 investments, with 197 VC successful exits in 

total over a time period of 1996-201531. 

 

When performing a statistical analysis on a somewhat unexplored market, several limitations are 

bound to occur. As stated in Section 1.4, a quantitative research methodology allows us to examine 

the relationship between the dependent (exit characteristics) and independent variables 

(syndication characteristics) with a higher level of objectivity and generalisation. To our 

knowledge, no similar data collection or analysis has been made in Sweden, providing us with 

unique statistics for the Swedish VC climate. As some of the data set is gathered manually; a 

number of restrictions arise, opening up for human error in the data collection process. In an effort 

to increase the accuracy of the data-collecting process, data was collected continuously during a 

two week period, jointly by both authors of the thesis. Joint collection meant that potential 

questions or concerns could be raised instantaneously with the other author, in the hopes of 

lowering any wrong-doings in data gathering, particularly the human error pertaining to one 

person. That said, it is still important to note that human error in data handling cannot be ruled 

out, although efforts have been made to minimize this occurrence. 

 

A number of general delimitations and definitions were specified before data was first gathered. 

Firstly, a broad definition of IPO and M&A will be used; not differentiating between full or partial 

exits, nor examining the explicit M&A routes. All kind of acquisitions or sales (e.g. buyback, 

strategic or financial acquirer) are treated as M&A exits in the sample. This assumption is in line 

with previous studies (see e.g. Sahlman, 1990; Isaksson, 2006; Cumming and Macintosh, 2002). 

Secondly, a wider definition of VC syndication is applied, implicating that syndication takes place 

when co-investment occurs between a SAMPLE20 firm and another VC firm (i.e. the CO-

INVESTORS). See Appendix C.2 for a presentation of the CO-INVESTORS, in total they amount to 

249 firms. Neither will the sample distinguish between lead-investor and co-investor parties, due 

to the inconsistencies and uncertainties of these specifications in our sources. Thirdly, differences 

in fund structure or fund location are not considered when performing the analysis. Most of the 

SAMPLE20 firms are closed-end funds. Others, such as Almi Invest, are open-ended (frequently 

termed evergreen funds). When the investment was entered or exited with regards to fund 

lifespan, size or performance will not be scrutinized. Lastly, it is assumed that the VC firms in 

SAMPLE20 can exit their investment (and subsequently the syndicate) at any time. To examine 

the role of syndication on exit dynamics, the duration of the VC investment is considered, while 

simultaneously examining the type of exit route (IPO and M&A) by modelling the time to exit using 

survival analysis and competing risk models. 

 

Lastly, the decision in this thesis to distinguish between Technology and non-technology, when 

defining sector adherence, stems from the Creandum exit data set, which highlighted the 

                                                 
31 The time period contains the first and last entry in 1996 and 2015, respectively. The first and last exit transpired in 
1997 and 2015. In line with previous researchers such as Giot and Schwienbacher (2007), we do not adjust for these 
recently entered investments. 
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difficulties of categorizing companies according to one coherent framework. Noteworthy, when a 

large sample is used (1000 or more exited companies) it is common practice to analyse companies 

across a range of industries32.  A description of the variables is found in Table 4.2.3. 

 

Some outliners are bound to be included in the data set, For instance, the oldest co-investor in our 

sample was founded in 1805. Assuming that this firm would add substantially more value to the 

portfolio company than another co-investor founded during for example the 1980’s is not 

reasonable. Therefore, we decided to group the variable SYNDEXPERIENCE in four groups, 

defined in Table 4.2.4. There were similar reasons behind the other groups regarding 

TECHSECTOR, STAGE and SYNDSIZE as well. These definitions were primarily derived from 

previous studies, and secondarily from the observations in our sample. Explicitly (as explained in 

Chapter 2), one of the distinctive features of VC investments is that they take place when the 

venture is still in the start-up or early expansion phase. From our sample can we observe that 26% 

of the investments were categorized as seed investments, 29% as start-up and later stage and 

mature denoted 13% each. 

 

In Table 4.2.2 basic information about the examined hypotheses, for the full sample are presented. 

Specific statistics regarding explicit exit routes and average durations will be provided under 

Section 5.1. But by only observing the statistics provided in this table, we can see that a majority 

of the ventures in the sample are experiencing syndication (61%, in line with industry statistics) 

as well as presence of a foreign investor. Hence; it is reasonable to argue that the examined sample 

is sufficient enough to statistically scrutinize the stated hypotheses. 

 

Table 4.2.2, Basic information about sample, 1996-2015 
This table provides the number of investments (both active and realised) relating to each variable. Further 
statistics regarding the variables examined in the statistical analysis will be provided in the descriptive 
analysis in Chapter 5. The ratio for a “match” id derived from the 197 exits, since the match cannot be 
achieved for an active investment. 

 

Sample Information 
 No. obs. % of full sample 
Full sample 300  
Number of exits extracted from the Creandum data base 103 34% 
   
Investments exited through M&A 126 42% 
Investments exited through IPO 71 24% 
Investments still active in investment portfolio 103 34% 
   
Syndicated investments 183 61% 
Investments with foreign investor presence 157 52% 
At least one VCFs location in syndicate matches location of exit 118 60% 
Investments with at least one experienced firm in syndicate 171 57% 

 

The main goal with the data set is to find a proxy for the Swedish VC market, specifically relating 

to the exit dynamics. Therefore, we want to compare the number of exits in a given year from our 

data set with the IPO market conditions in Sweden, this is provided in Graph 4.2.3.  

 

                                                 
32 See for example Giot and Schwienbacher (2007) who have studied VC-backed companies across the following 
industry categorisations; Internet, Biotech, Computer, Semiconductor, Medical, Communication & Media and Other 
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Table 4.2.4, Definition of grouped variables 
This table provides the definitions used to “group” the variables in the specifications examined in the statistical 
analysis. These definitions are derived from previous VC studies, see e.g. Giot and Schwienbacher (2007), Espenlaub 
et al., (2009), Gomes Santana Félix et al. (2014), Streletzki and Schulte (2013), Li (2008) and Ewelt-Knauer (2014). 

    

Variable Definition Variable Definition 
PC Stage  Syndication experience  

Seed 0-1 years Novice 0-6 years 

Start-up 2-4 years Intermediate 7-13 years 

Early growth 5-7 years Experienced 14-20 years 

Later-stage 8-10 years Senior ≥21 years 

Mature ≥11 years   

    

PC Sector  Syndication size  

Technology Creandums definition of tech No Syndicate 1 firm 

Other All other industries Small to medium Syndicate 2-4 firms 

  Large Syndicate ≥5 firms 

Table 4.2.3, Description of variables 
This table provide descriptions about the variables examined in the survival analysis. The specifications about the variables that are grouped in different 
subsections are presented in Table 4.2.4. 
Variable Description 
Dependent variables  
DURATION 
IPO 
M&A 
 
Independent variables 
SYNDEXPERIENCE 
SYNDICATESIZE 
SYNDMATCH 
SYNDFOREIGN 
 
Control variables 

Investment duration (in years), time between SAMPLE20 firm’s initial involvement and exit 
Exit occurred through IPO 
Exit occurred through M&A 
 
 
Age (in years) of oldest VC firm in syndicate at time of exit 
Number of VC firms in syndicate 
The country of at least one VC firm in the syndicate and the acquirer country “match”. Dummy variable equal to 1 if match.  
Foreign investor in syndicate (i.e. a VC firm or fund not based in the originating region of the PC). Dummy variable equal to 1 
if foreign investor present. 
 

GDP 
STOCKMARKET 
IPOMARKET 
TECHSECTOR 
STAGE 

Country-specific (SWE) real economic growth in the exit year 
Real stock market return development (AFGX) in Sweden in the exit year 
Number of IPOs in Sweden in the exit year 
Sector of PC (Technology=1, Other=0) 
Stage of PC when initial investment took place, measured as number of years since foundation 
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Graph 4.2.3, Annual percentage change in number of exits 
This table provides the annual percentage change of the total number of IPOs in Sweden 1996-2015, and 
corresponding figures for the number of IPOs and M&As in the data set. 

 

 
 

From this graph, we can observe that the collected exits follow the general IPO market in 

Sweden, providing further motivation for the reliability of the data set. Also, in line with 

previous empirical findings, we can observe that the annual percentage change in the number of 

IPOs are more volatile than corresponding figure for M&As (see e.g. Cumming, 2012). For a more 

detailed description of the Swedish VC climate, see Section 2.4. 

 

 

4.3. Empirical model identification 
 

Following venture capital researchers, such as Espenlaub et al. (2009) and Gomes Santana Félix 

et al. (2014), we estimate a Weibull regression model with Gamma Frailties for multivariate 

survival data, to model exit route and exit timing for successful venture capital investments. 

More specifically, this thesis is set out to mainly investigate if and how selected syndicate 

characteristics affect these exit dimensions. We aim to shed light on the competing exit 

possibilities for venture capitalists and on the dynamics of the time-to-exit for successful exits. 

For venture capitalists, the decision to exit includes two main dimensions; the route and timing 

of the exit. This thesis examines both dimensions of exit simultaneously in the framework of 

competing risk models. Besides the rigorous statistical modelling of exits times, this approach 

allows the computation of the instantaneous probabilities (hazard rates) of the different exit 

routes, conditional on the time already elapsed and on covariates included in our model (Giot 

and Schwienbacher, 2007).  
 

The Weibull model is selected for a number of reasons. First, the model fits our research questions 

focus on the timing of exit and is intuitively appealing since the coefficients in the Weibull 

regression model can be interpreted as the influence of explanatory variables on the log of 

duration. This model is also commonly used in other duration studies (see e.g. Pommet2013; Li, 

2008; Tykvova, 2004). Second, we can use the Weibull model to account for right-censoring in the 

data. Without adjustment for right-censoring, the model would produce biased parameter 

estimates (Li, 2008). Third, the Weibull distribution is monotonic and is an appropriate 

distribution for modelling firms’ exits.  Since VC firms invest with the intention to exit in the future, 
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so exits are constantly rising, using a distribution that assumes individual exit increases at first, 

then decreases (lognormal) is not suitable (Espenlaub et al.., 2009). However, as the standard 

Weibull model assumes homogeneity between individual and population exit, we apply a Gamma 

Frailty model to account for heterogeneity among venture capital firms. 

 

As explained in Section 4.1, we model the time to exit parametrically using Frailty model under 

the assumption that the exit of individual VC’s follow the Weibull distribution as the parametric 

model, as it is the most appropriate for our data set.  

 

4.3.1. Model specification 

 

To estimate the effects of syndication characteristics on investment duration, we consider an 

Accelerated Failure Time (AFT) model, where the dependent variable measures survival time 

(Jenkins, 2005; Pommet, 2013). As explained above, we may choose among several distributions 

for the baseline survival function. Considering venture capital researchers, one should consider 

the Weibull distribution model. In the VC framework of this study (IPOs and M&A) and if all 

explicative variables detailed in Section 4.2 are included in the model, this translated into three 

specifications for 𝑙𝑛𝑇𝑗, as we have two mutually exclusive exit possibilities. The coefficients are 

estimated through maximum likelihood estimation under Gamma Frailty model with Weibull 

distribution. The following equations are used to estimate the results of Table 5.2.1.1, for IPO exit, 

M&A exit and ‘all exits’; 
 

𝑙𝑛𝑇𝐼𝑃𝑂 = 𝛽0 +∑𝛽1,𝐼𝑃𝑂𝑆𝑌𝑁𝐷𝐸𝑋𝑃

4

𝑖=1

+∑𝛽2,𝐼𝑃𝑂𝑆𝑌𝑁𝐷𝑆𝐼𝑍𝐸

3

𝑗=1

+ 𝛽3,𝐼𝑃𝑂𝑆𝑌𝑁𝐷𝑀𝐴𝑇𝐶𝐻

+ 𝛽4,𝐼𝑃𝑂𝑆𝑌𝑁𝐷𝐹𝑂𝑅𝐸𝐼𝐺𝑁 +∑𝛽5,𝐼𝑃𝑂𝑆𝑇𝐴𝐺𝐸

5

𝑘=1

+∑𝛽6,𝐼𝑃𝑂𝑆𝐸𝐶𝑇𝑂𝑅

2

𝑙=1

+ 𝛽7,𝐼𝑃𝑂𝐺𝐷𝑃

+ 𝛽8,𝐼𝑃𝑂𝑆𝑇𝑂𝐶𝐾𝑀𝐴𝑅𝐾𝐸𝑇 + 𝛽9,𝐼𝑃𝑂𝐼𝑃𝑂𝑀𝐴𝑅𝐾𝐸𝑇 + 𝜀𝐼𝑃𝑂 
(1) 

 

𝑙𝑛𝑇𝑀&𝐴 = 𝛽0 +∑𝛽1,𝑀&𝐴𝑆𝑌𝑁𝐷𝐸𝑋𝑃

4

𝑖=1

+∑𝛽2,𝑀&𝐴𝑆𝑌𝑁𝐷𝑆𝐼𝑍𝐸

3

𝑗=1

+ 𝛽3,𝑀&𝐴𝑆𝑌𝑁𝐷𝑀𝐴𝑇𝐶𝐻

+ 𝛽4,𝑀&𝐴𝑆𝑌𝑁𝐷𝐹𝑂𝑅𝐸𝐼𝐺𝑁 +∑𝛽5,𝑀&𝐴𝑆𝑇𝐴𝐺𝐸

5

𝑘=1

+∑𝛽6,𝑀&𝐴𝑆𝐸𝐶𝑇𝑂𝑅

2

𝑙=1

+ 𝛽7,𝑀&𝐴𝐺𝐷𝑃

+ 𝛽8,𝑀&𝐴𝑆𝑇𝑂𝐶𝐾𝑀𝐴𝑅𝐾𝐸𝑇 + 𝛽9,𝑀&𝐴𝐼𝑃𝑂𝑀𝐴𝑅𝐾𝐸𝑇 + 𝜀𝑀&𝐴 
(2) 

 

𝑙𝑛𝑇𝐴𝑙𝑙𝐸𝑥 = 𝛽0 +∑𝛽1,𝐴𝑙𝑙𝐸𝑥𝑆𝑌𝑁𝐷𝐸𝑋𝑃

4

𝑖=1

+∑𝛽2,𝐴𝑙𝑙𝐸𝑥𝑆𝑌𝑁𝐷𝑆𝐼𝑍𝐸

3

𝑗=1

+ 𝛽3,𝐴𝑙𝑙𝐸𝑥𝑆𝑌𝑁𝐷𝑀𝐴𝑇𝐶𝐻

+ 𝛽4,𝐴𝑙𝑙𝐸𝑥𝑆𝑌𝑁𝐷𝐹𝑂𝑅𝐸𝐼𝐺𝑁 +∑𝛽5,𝐴𝑙𝑙𝐸𝑥𝑆𝑇𝐴𝐺𝐸

5

𝑘=1

+∑𝛽6,𝐴𝑙𝑙𝐸𝑥𝑆𝐸𝐶𝑇𝑂𝑅

2

𝑙=1

+ 𝛽7,𝐴𝑙𝑙𝐸𝑥𝐺𝐷𝑃 + 𝛽8,𝐴𝑙𝑙𝐸𝑥𝑆𝑇𝑂𝐶𝐾𝑀𝐴𝑅𝐾𝐸𝑇 + 𝛽9,𝐴𝑙𝑙𝐸𝑥𝐼𝑃𝑂𝑀𝐴𝑅𝐾𝐸𝑇 + 𝜀𝐴𝑙𝑙𝐸𝑥 

(3) 
 

where the regression coefficient, β, is the increase in log hazard at any fixed point in time if 

variable 𝑋𝑖  is increased by one unit and all other predictors are held constant. Hence; a 
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significantly negative value for any β parameter implies that an increase in the corresponding 

variable leads to a significantly faster exit (Giot and Schwienbacher, 2007). For instance, a 

significantly negative coefficient of the SYNDMATCH variable in the specification of the IPO exit 

would mean that if the venture experiences a match, then the time-to-exit for an IPO gets 

shorter. We would expect a negative coefficient sign of SYNDEXP, SYNDSIZE, SYNDFOREIGN and 

SYNDMATCH – as we believe that these syndicate characteristics would decrease time to exit for 

a successful exit. Simultaneously we examine the hazard rates33, in order to discuss time to exit. 

We hypothesised that SYNDEXP would prolong time to exit (i.e. exceed with the level of 

experience of the oldest VC in the syndicate), conversely, we hypothesised that SYNDSIZE, would 

shorten time to exit (i.e. as the syndicate size enlarges, the holding period decreases). We also 

argued that SYNDFOREIGN and SYNDMATCH would shorten time to exit, i.e. encompass larger 

hazard rates than non-match and completely domestic investments. 

 

4.3.2. Reliability and validity 

 

Although we have argued the methodology regarding the data collection and subsequently the 

sample, is sufficient to apply as a proxy for the Swedish VC market, one still need to test for 

econometric issues such as normality and multicollinearity. First, using skewness and kurtosis as 

tests for the distribution of the full sample, we find that our data set is considered to be slightly 

positively skewed (s=0,50) and light tailed (k=2,78). Second, a correlation matrix was examined to 

detect the presence of multicollinearity, i.e. to test whether the variables were too highly (r > 0.7) 

correlated with each other. None of the correlations in Appendix B.234 (restricted) or 

B.3 (unrestricted) reached a value greater than 0.7. In summary, the data was considered suitable 

for survival analysis. 

 

As argued by Cumming and Johan (2014), the issue of endogeneity is the most common problem 

associated with this type of research. Extricating the relationship between VC investments and 

syndication characteristics involves a challenge because of (potential) reverse causality35 

between the investment’s and the syndicate’s characteristics. Specifically, it is reasonable to argue 

that syndicate size and the holding period would have a causal relationship (if ventures stay 

longer in the market before exiting, there is a higher probability that they will receive financing 

from several co-investors (Guo et al., 2012). However, for the problem at hand, this endogeneity 

is not an issue as what we want to show is that exit dynamics and syndicate characteristics are 

highly correlated after controlling for portfolio company and macroeconomic determinants. 

  

When handling data such as ours, which contain several firms distributed in a collection of similar 

groups, we suspect that it features some unobserved heterogeneity. Although our data set features 

many important firm-specific variables, we should take into account the possibility that some 

piece of information may be left out. From an econometric point of view, this could lead to 

                                                 
33 Hazard rates are often treated as a rate of “death probabilities”.  For instance, if one object has a hazard rate of 1.2 
at time t and a second object has a hazard rate of 2.4 at time t, it is interpreted that the second object has twice the 
chance of dying at time t than comparison objective (Case et al., 2012).  
34 Appendix B.2 will also provide basic statistic about mean, median, maximum, minimum and standard deviations for 
the examined variables. 
35 This kind of dependence could bias the coefficient estimates on the main independent variables. 
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heteroscedasticity in the residuals (Giot and Schwienbacher, 2007). The residuals were therefore 

analysed after each estimation to further examine if it was sensible to allow for heterogeneity36. 

 

We aim to explore the determinants of the duration of VC investments in a multivariate regression 

approach. We conduct a hazard rate analysis to model the duration between the entry date of the 

SAMPLE20 firm and the exit (i.e. the IPO or M&A), employing three commonly used parametric 

models (Weibull, Exponential and Generalised Gamma)37. We employed these distributions as the 

baseline survival function for the AFT model for two main reasons; to enable comparison with 

other studies and as indicators of the robustness of the estimated Gamma Frailty model. This also 

meant that the Weibull distribution was tested without accounting for unobserved heterogeneity. 

As argued throughout this thesis, it needs to be tested for, as an assumption of homogeneity could 

lead to misspecification of the chosen model. The better the model, the less will be the unobserved 

heterogeneity. Important to note is that allowing for heterogeneity might lead to slightly less 

efficient estimators, when dealing with small data sets (Giot and Schwienbacher, 2007). However, 

as the results conclude in Chapter 5, we conclude similarly (from a qualitative point of view) with 

and without the Frailty estimation option.  

 

We used our arbitrary sample of 300 investments38 made by the SAMPLE20 firms, to represent 

the total sample size (1200 investments) due to the limited scope of the study. Critical voices could 

argue that a larger sample size might affect the results, lessening the robustness of the study, 

specifically regarding advanced econometric analyses examining less frequent occasions39. 

However, as argued in Section 4.2, our data set represents a diverse sample of VC investments that 

assumingly can be used as proxies for the exit behaviour of the Swedish VC market on a wider 

level. Moreover, multiple tests (both statistical and empirical) have been made to ensure the 

validity of the concluding results presented in this thesis. Even though a larger sample size could 

have provided slightly different statistical results (specifically regarding the CRM results), the 

conclusions derived from this thesis would still be considered as reliable.  

 

There are some scientific and ethical aspects to discuss when applying a methodology that is 

chiefly based on a manually gathered data set and secondarily based on an institutional analysis. 

Firstly, the data set is rather small – a larger sample would probably provide a more exact 

demonstration of the VC exit dynamics. The decision to only examine 300 of the investments made 

by 20 VC firms active in Sweden reasonably affects the results, another classification or 

methodology might have resulted in different findings. Still, the SAMPLE20 firms are assumed to 

provide us with a diverse group of firms that are able to represent the Swedish VC market and 

should therefore fulfil the validity requirements in this thesis40 (while future studies might oblige 

to other requirements).  Secondly, we performed an institutional analysis, partly based on the 

                                                 
36 In line with existing literature on survival analysis, we study the Cox–Snell residuals. These residuals should be 
exponentially distributed if the model fits the data well. This can be checked by plotting their cumulative hazard 
function, along with the benchmark line with slope equal to 1 (Giot and Schwienbacher, 2007). Such residual analysis 
indicated that it was sensible to allow for heterogeneity. 
37 As an additional robustness test, we applied the log-normal distribution as well. However, as the results were in line 
with our preconceived notion, no extended analysis was performed. The results can be found under Appendix B. 
38 These 300 investments do not contain any missing variables. 
39 For instance, only 27 investments exited through an IPO did only receive financing from domestic investors – 
challenging a CRM analysis. 
40 There exists no selection bias with respect to who is a SVCA member. Since we only examine successful exits (in 
terms of route and time), it is reasonable to derive the investments from a group of active, established, VC firms in 
Sweden. 
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interview with Daniel Blomquist, an experienced venture capitalist at Creandum41, and partly on 

a brief analysis of the Swedish VC market. The choice to only interview one venture capitalist from 

one firm was motivated by the scope of the study – the main focus of the thesis is to quantitatively 

examine the influence of syndicates on the exit dynamics of venture-backed firms, while the 

interview and the subsequent industry analysis is performed to gain institutional knowledge and 

to examine of the results connection to the Swedish VC market. The interview questions (specified 

in Appendix D.1) were rather generic, lessening the probability of differencing responses between 

different parties. Still, it would be interesting for future studies to perform a qualitative study, 

interviewing several venture capitalists to examine potential differences. 

 

To conclude, the statistical methodology is derived from several peer reviewed articles also 

examining the outcome of exited investments, ensuring the reliability of the CRM model. Even 

though the sample size is rather small, it seems to be able to capture general market trends and 

consistent figures of the Swedish VC market. Lastly, an institutional analysis, primarily based on 

an interview with an experienced venture capitalist, was performed in order to validate the 

findings consistency with the VC industry.  

                                                 
41 Creandum is one of the most prominent VC firms in Sweden and has invested in success stories such as Spotify, Cint, 
iZettle, Videoplaza, and 13th Lab (Nordic Venture Network, 2016). 



 
 

55 
 

5. RESULTS AND EMPERICAL ANALYSIS 
 

This chapter will start off by providing descriptive statistics from the data set, followed by the 
results from the CRM model and conclude with an institutional analysis by an industry 

representative. This empirical part aims at presenting a comprehensive picture of how syndicate 
composition and its subsequent characteristics affect exit route and exit timing for venture capital 

backed companies. The results will be analysed based on the information presented in the 
theoretical framework and previous empirical findings. The aim is to conclude some of the 

syndicate’s most important characteristics in order for the VC firm to achieve successful exits 
within the desired timeframe. Thereafter, based on all the lessons learned from this thesis, an 

analysis will follow discussing the findings and what may lie ahead for the Swedish venture capital 
industry. 

 

5.1. Descriptive statistics 
 

This section will detail some of the descriptive results from our self-collected data set and discuss 

basic statistics relating to the hypotheses developed in Chapter 3. Similar statistics and results are 

provided by previous scholars42, providing further motivation for the reliability of our data set. 

The findings relating to the survival analysis with competing risks will be presented in Section 5.2. 

How the descriptive results are linked to theory and previous empirical results are presented in 

the discussion, see Section 5.4.1. 

 

Summary statistics for the sample used are provided in Table 5.1.1, presenting the mean and share 

of the variables relating to the syndicate or portfolio company. Definitions for the variables are 

provided in Section 4.2. Similar statistics for the macroeconomic variables are provided in 

Appendix B.2, where a correlation matrix for all examined variables is also presented. Table 5.1.2 

provides statistics on syndicate characteristics for realised investments, relating to our 

hypotheses described in Section 3.3. Table 5.1.3 gives a breakdown of key statistics on average 

duration by various sub-samples (full sample, active and exited investments), syndication 

characteristics and sectors and stages of development of the portfolio company. Lastly, in Table 

5.1.4, we show the frequency of the two exit routes for different types of investment stages. The 

descriptive statistics will be discussed in connection with the hypotheses. 

 

Our first hypotheses stated that the presence of one or more experienced VC firms in the syndicate 

would prolong time to exit (1a), and that it would increase the likelihood of exiting through an IPO 

(1b). From table 5.1.2 we find a connection to hypothesis 1b, 56% of the IPOs in our sample were 

financed by at least one experienced (or senior) investor, compared to 43% of the ventures exited 

through an M&A. 

 

When examining the average duration of our sample, we find that the presence of one more 

experienced VC firms in a syndicate will prolong time to exit linearly, for M&As and ‘all exits’. At 

the same time, we see that the investments with the shortest durations are the ones where the 

syndicate only existed of novice investors and the exit transpired though an IPO. This supports 

that a younger or newer VC firm, will bring private firms public sooner in the hopes of establishing 

themselves more quickly, and in turn hypothesis 1a. Moreover, as stated above and seen in Table 

5.1.1, our results indicate that having an experienced VC firm in a deal (i.e. being active more than 

                                                 
42 See Giot and Schwienbacher (2007), Gomes Santana Felix et al. (2014) and Espenlaub et al. (2009) 



 
 

56 
 

14 years) has a bigger effect on accomplishing a successful IPO than an M&A, providing descriptive 

support for hypothesis 1b. Another interesting finding is that novice or intermediate syndicates 

have lower mean values of syndicate age for IPOs than for M&As. Corresponding figures for 

experienced and senior syndicates provide us with a contradictory relationship (the average age 

of the syndicate is higher for IPOs than for M&As). The figures relating to M&A are seemingly less 

volatile, this is a recurring characteristic when comparing statistics between the IPO and M&A 

route43. 

 

The second hypotheses argued that a larger syndicate size will decrease the time to exit (2a), and 

increase the likelihood of exiting through a trade sale (2b). From table 5.1.2, we cannot support 

hypothesis 2b in that (in our sample) a larger syndicate size appears to increase the likelihood of 

exiting through IPO, however, there is only a two percentage point difference between IPO and 

M&A. 

 

During a VC firms holdings period, the maximum number of syndicating members is 13 in the data 

set, but only 10% percent of the full sample investments have more than five syndicating investors 

(i.e. quantile 90). In Table 5.1.3 (providing a breakdown of average duration along several 

dimensions), we can observe a lengthening holding period for investments receiving financing 

from larger syndicates. Explicitly, investments receiving financing from only one investor 

experience the shortest durations. This means that hypothesis 2a is not supported by the 

descriptive statistics. However, it is reasonable to argue that it takes time for the investee to 

attract the interest of venture capitalists, and it would therefore make sense that the duration for 

large syndicate investments would be prolonged. When examining the mean value of each 

variable, we can observe some interesting differences. Small to medium sized syndicates (2-4 

investors) have dominantly exited through an M&A (44% of M&As versus 32% of IPOs). Whereas 

large syndicates (5 or more investors) have marginally more exits via IPO (21% of M&As versus 

23% of IPOs). A large syndicate would appear to be important for IPOs, where 7 investors, on 

average, are involved when a company is taken public. However, the largest share of all IPOs in 

the sample have been listed by a sole investor (45%) as seen in Table 5.1.1. It is reasonable to 

argue that this could be a result of the operational challenges arising with larger syndicates (Poser, 

2003) and the difficulties in achieving a successful IPO. 

 

As described in the introductory chapters, cross-border investments are becoming an essential 

part of the VC industry. Our third hypotheses claimed that foreign investor involvement in a 

syndicate shortens time to exit versus investments with only domestic co-investors (3a) and 

should affect exit route by increasing the probability of an M&A (3b).  

 

The descriptive results indicate that investments with only domestic investors experience shorter 

durations (on average) than investments with foreign investors in the syndicate, across all routes, 

see table 5.1.3. This would indicate that hypothesis 3a should be rejected. The provided 

explanations for the longer duration of investments with larger syndicates are probably relevant 

in this case as well. Alike the fact that it takes time to receive financing from multiple investors; it 

may also take time to attract the attention of foreign investors. In table 5.1.2, we can observe that 

the percentage of IPOs that have a foreign investor is slightly larger than respective share for 

                                                 
43 The premise that candidates for IPOs are less homogenous than those for an M&A is discussed by Giot and 
Schwienbacher (2007), providing indications that the investment characteristics for trade sales are not as dispersed 
(as for the IPOs). 
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M&As (58% of M&As and 62% of IPOs), meaning that, based purely on descriptive results, 

hypothesis 3b should not be confirmed. 

 

The fourth hypotheses stated that a match between location of at least one VC firm in a syndicate 

and acquirer country will have a decreasing effect on time to exit (4a), and that the probability of 

an exit in that country would increase (4b). From table 5.1.2, we can observe that 60% of all exits 

in our data set experience this match - specifically, 77% of the IPOs and 51% of the trade sales 

occur in the same country where at least one investor is located, giving strength to hypothesis 4b. 

The descriptive results indicate that a “match” does affect the choice of location of the exit, 

especially when achieving an IPO. Yet, the most striking finding here is the large IPO fraction of 

matches, especially when comparing to the corresponding statistic for the full sample, where only 

24% of the investees in the sample were exited though an IPO. In terms of duration, the descriptive 

analysis infers that the average duration for investments characterised by a match, are slightly 

longer than for portfolio companies not experiencing this match, which is in contrast to hypothesis 

4a. 

 

Finally, it is interesting to observe how the portfolio company characteristics (sector and stage) 

affect the exit dynamics. In line with previous research, the descriptive analysis shows that the 

average investment duration was shorter for IPOs than for M&As for technology companies. 

However, from Table 5.1.1 we see that, for technology investments, the fraction of deals that 

exited through an IPO is small compared to its relative importance (42% of all IPOs belong to the 

technology sector, corresponding figure is 71% of the full sample).  

 

Table 5.1.4 shows that the proportion of M&As and IPOs are fairly similar across investment 

stages. The results across M&A/ IPO ratios is rather consistent, except for the 2.19 ratio for Seed 

investments (i.e. M&As exceed IPOs by more than 200% for Seed investments in our sample). 

 

 

5.2. Results from Survival Analysis with Competing Risks 
 

To estimate the joint effect of VC syndication characteristics and other covariates on the 

probability of exit to M&A or IPO, a competing risk-model was used which distinguished between 

exit to the two routes. This analysis was performed in Stata: Data Analysis and Statistical Software.  

 

To estimate the effects of syndication characteristics on investment duration, we consider a 

parametric Accelerated Failure Time (AFT) model, where the dependent variable measures 

survival time. Specifically, the AFT regression coefficient relates proportionate changes in survival 

time to a unit change in a given regressor, all other characteristics being held fixed (Jenkins, 2005; 

Pommet, 2013). 

 

A Generalised Gamma model was fit on the sample data and the hypothesis that k = 0 (test for the 

appropriateness of the log-normal model) was first tested followed by a test for the hypothesis 

that k = 1 (test for the appropriateness of the Weibull model). 
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Table 5.1.2, Basic statistics on syndicate characteristics for realised investments 
This table provides basic statistics about the syndicate characteristics described in the hypotheses. The percentages represent the ratio 

between the number of investments for each category and the total number of observations in the sample for each exit, where IPO=71, 

M&A=126 and total number of exits is 197. The hypotheses were derived from existing literature and similar studies, mostly performed on 

the US VC market. Interestingly, a majority of the descriptive results are in line with these notions. 
    Percentage of  no of  

exits overall, per route 
Number of exits IPO M&A All exits  IPO M&A All exits 

Experienced (or senior) investor in syndicate 40 54 94  56% 43% 48% 

Large syndicate 16 26 42  23% 21% 21% 

Foreign investor in syndicate 44 73 117  62% 58% 59% 

Match (between country of syndicate member and acquiring country) 55 64 119  77% 51% 60% 

Table 5.1.1, Data set: Main summary statistics (mean and share of variable) 

This table provides means and shares of various sub-samples: the full sample (i.e. all investments), exited investments only (including each exit route separately) and 
active investments only. The first column represents the number of observations for each subsection in the full sample (for TECHSECTOR the number of technology 
investments are counted, and for SYNDFOREIGN AND SYNDMATCH the number of "yes" are counted). The other columns present the mean value of the variable to the 
right and the share (in %) of which the variable consisted with the outcome. 
 

 Full sample   Exited investments only  Active investments only 

Variables No obs All investments %  All exits % IPO % M&A %    %  

TECHSECTOR, Other=0, Tech=1 216 0.71 71%  0.72 72% 0.42 42% 0.89 89%   0.7 70%  

STAGE, # of years  5.88   5.09  4.97  5.17    7.38   

Seed 77 0.60 26%  0.53 26% 0.75 23% 0.43 28%   0.73 25%  

Start-up 87 2.90 29%  2.95 33% 2.88 37% 3.00 31%   2.73 21%  

Early growth 56 6.04 19%  6.03 19% 6.23 18% 5.92 20%   6.06 17%  

Later-stage 40 8.85 13%  8.7 12% 8.44 13% 8.86 11%   9.06 16%  

Mature 40 19.07 13%  17.75 10% 15.29 10% 19.08 10%   20.33 20%  
SYNDSIZE, # of co-investors  2.64   2.81  2.94  2.75    2.31   

No Syndicate 117 1 39%  1 39% 1 45% 1 35%   1 40%  

Small to medium Syndicate 134 2.69 45%  2.69 40% 2.78 32% 2.66 44%   2.67 7%  

Large Syndicate 49 6.45 16%  6.33 21% 7.06 23% 5.88 21%   7.14 53%  

SYNDEXPERIENCE, # of years  20.62   20.57  20.99  18.65    20.70   

Novice 55 4.80 18%  4.49 21% 4.33 28% 4.71 17%   5.71 14%  

Intermediate 74 9.77 25%  9.85 30% 9.64 15% 9.90 39%   9.57 14%  

Experienced 82 17.21 27%  17.40 21% 18.11 25% 16.86 19%   17.00 39%  

Senior 89 42.53 30%  42.53 27% 53.91 31% 41.16 25%   35.37 34%  

SYNDFOREIGN, No=0, Yes=1 156 0.52 52%  0.59 59% 0.62 62% 0.58 58%   0.39 39%  
SYNDMATCH, No=0, Yes=1 118 0.37 37%  0.60 60% 0.77 77% 0.51 51%   0 0%  
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Table 5.1.3, Key statistics for realised investments 
Summary of average duration for full sample, industries, investment stages and syndication 
characteristics. 
  Duration (in years) 

Variables  All investments All exits IPO M&A 

Full sample      

Average duration  3.98 4.31 4.37 4.26 

Median duration  3 3 3 4 

Standard deviation duration  2.86 2.74 3.22 2.45 

      
TECHSECTOR      

Technology  3.96 4.33 4.83 4.2 

Other  4.05 4.27 4.02 5.00 

STAGE, # of years      

Seed  4.47 4.43 3.44 4.89 

Start-up  4.22 4.58 5.77 3.79 

Early growth  4.00 4,26 4.69 4.04 

Later-stage  4.00 4.09 3.11 4.71 

Mature  2.63 3.50 2.29 4.15 

SYNDSIZE (# of co-investors)      

No Syndicate  3.62 3.86 3.50 4.11 

Small to medium Syndicate  3.83 4.27 4.96 3.99 

Large Syndicate  5.27 5.24 5.25 5.23 

SYNDEXPERIENCE (years)      

Novice  2.29 2.59 2.35 2.81 

Intermediate  3.79 3.97 4.27 3.90 

Experienced  4.35 5.19 6.22 4.42 

Senior  4.83 5.33 4,72 5.75 

SYNDMATCH      

Match  4.46 4.46 4.60 4.34 

No match  3.78 4.09 3.56 4.23 

SYNDFOREIGN      

Presence of foreign investor  4.38 4.57 4.57 4.58 

Only domestic investors  3.55 3.88 4.01 3.89 

Table 5.1.4, Exit route frequency for different types of investment stage 
This table gives the exit route frequencies per investment stage as of the year of first entry by the 
SAMPLE20 investor. Columns 2 and 3 give the number of observations per stage of investment for 
which an exit has already occurred. The last column gives the ratio of M&As and IPOs in relation to the 
total number of exits, which is 196. See Appendix B.1 for similar information about the active 
investments. 
 

  Exit route  Ratio M&A-IPO 
Stage of investment No. Obs. IPO M&A   
Seed 51 16 35  2.19 
Start-up 65 26 39  1.50 
Early growth 38 13 25  1.92 
Later-stage 23 9 14  1.56 
Mature 20 7 13  1.86 

Table 5.1.5, Syndication size for different types of investment stage 
This table provides the share of seed, start-up, early growth, later-stage or mature (realised) investment 

that have received financing from either a single investor, a small to medium syndicate or a large 

syndicate. 
 
 

  Size of syndicate 
Stage of investment  No Syndicate Small to Medium Syndicate Large syndicate 
Seed  36% 24% 19% 
Start-up  30% 26% 37% 
Early growth  12% 24% 23% 
Later-stage  9% 12% 19% 
Mature  13% 14% 2% 
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Running the Gamma regression in ATF form gave a p-value of 0.200, suggesting that lognormal 

could be an adequate model for the data. The Wald test for k = 1 generated a p-value of 0.0219, 

giving some support in favour of not rejecting the Weibull model. As a next step the Weibull, 

lognormal and exponential models were run individually. In order to allow a direct comparison of 

the coefficient estimates, a Stata command was used to allow the Weibull and exponential models 

in AFT form by detailing the time preference, i.e. the duration. The output from fitting these 

models and the results from the Generalised Gamma are summarized in Table 5.2.1. 

 
Table 5.2.1, Log-likelihood across parametric distributions 
This table presents the log-likelihood for the employed distributions. The goal is to find of a model is to find values for the 
parameters (coefficients) that maximize value of the likelihood function, i.e. to find the set of parameter estimates that 
make the data most likely. The log-likelihood will always be negative, with higher values (closer to zero) indicating a 
better fitting model. In our case, the largest likelihood was obtained by the Generalised Gamma, however the Weibull 
distribution with Gamma Frailty was preferred by AIC. 

  
Distribution 

 Generalised Gamma Exponential Lognormal Weibull Weibull with Frailty 

M&A      
Kappa .356     
Log-likelihood -168.320     -211.759    -169.025   -171.113   -167.253   
AIC 378.639 461.520 378.050 382.226     376.506 
      
IPO (Unrestricted) -Convergence not achieved -    
Kappa –     
Log-likelihood – -141.764    -123.454    -117.125 -117.125 
AIC – 321.528 286.908   274.249 272.249 
      
IPO (Restricted)      
Kappa –     
Log-likelihood –   -144.089 -128.039     -122.567    -122.567   

AIC – 318.179 288.079 277.134 279.135 

      
All exits      
Kappa .627     
Log-likelihood -199.968     -262.455   -204.622      -201.496     -200.286 

AIC 441.937   562.909 449.244   442.993   442.571 
 

As shown in Table 5.2.1, the Weibull distribution with Frailty was the most favourable model for 

M&A exits (log-likelihood: -167.253 and AIC: 376.506).  For IPO exits, the results on distribution 

were more inconclusive, possibly explained by the low number of IPOs in the overall sample (71 

IPOs out of 196 exits overall). Nonetheless, the Weibull distribution with Gamma Frailty appears 

to be preferred to model IPOs (log-likelihood: -122.567and AIC: 277.134). For ‘all exits’, the 

Generalised Gamma distribution was the preferred model (log-likelihood: -199.968 and AIC: 

441.937). However, the Generalised Gamma model will not be used to model the sample as a 

whole. Convergence in the Generalised Gamma model was not achieved when running the 

regressions (IPO and nested IPO). Despite the use of iterations, the appropriateness of the model 

cannot be determined. To conclude; even though the Generalised Gamma was preferred for ‘all 

exits’, the M&A and IPO results were strong enough to argue the application of the Weibull 

distribution with Gamma Frailty for the sample44. 

                                                 
44 A plausible explanation for the inferior Generalised Gamma results regarding M&As and IPOs could be the limited 
number of observations. 
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Using subgroups of the STAGE variable (i.e. Seed, Start-up, Early Growth, Later-stage, Mature) 

gave omitted values for both coefficients and hazard rates for the IPO route. Subsequently, the 

fitting of the unrestricted model did not occur when the regression was estimated. However, when 

pooled as a nested variable, and run as STAGE (without subgroups) convergence in the full model 

was achieved and more appropriate results for this variable were rendered. We applied the 

standard likelihood-ratio statistics to test for the superiority of a more general model for the 

Gamma Frailty distribution, specified as 𝐿𝑅 = 2(𝐿𝑈 − 𝐿𝑅), where 𝐿𝑈 is the log-likelihood for the 

unrestricted model and 𝐿𝑅 is the log-likelihood for the restricted model. So our likelihood ratio 

test statistic is 10,89 (distributed chi-squared), with two degrees of freedom. This difference is 

not statistically significant, hence; the restricted model is said to fit the data significantly better 

than the unrestricted (Train, 2003). However, when performing similar analysis for ‘M&A’ and ‘all 

exits’, we found contradictive results. We will therefore apply the unrestricted model, but also 

present the nested results for the IPO route. 

 

By employing the Weibull distribution with and without the assumption of homogeneity we tested 

for the presence of unobserved heterogeneity, which could lead to misspecification of our model. 

The Frailty has expected effects on model parameters. For example, the estimated coefficients on 

the regressors SYNDFOREIGN and SYNDMATCH are larger in magnitude in the model with Frailty 

than the corresponding coefficients in the reference model (Weibull). Also, the Weibull 

distribution shape parameter p is larger in the Frailty models than in the reference model, i.e. the 

baseline hazard slopes upwards to a greater extent (Jenkins, 2005)45. Hence; our sample does 

contain unobserved heterogeneity and we can therefore confirm the choice of the Weibull Frailty 

model to be used46.  

 

We investigated alternative distributions as the baseline survival function for the AFT model. 

Interestingly, p-values (prob>chi2)47 across all estimated distributions are less than 0.000, 

rejecting the null hypotheses that there is no effect of the independent variables (taken together) 

on the dependent variable. Hence; the overall models are considered statistically significant. 

 

5.2.1. Estimation results 

 

This section will provide the estimation results for the Weibull distribution with Gamma Frailty, 

provided in Table 5.2.1.1. The overarching goal of this section is to provide statistical results for 

the examined hypotheses. How results are connected to the theoretical framework and previous 

empirical findings will be presented in the discussion, see Section 5.4.1. 

 

Our first hypotheses stated that the presence of one or more experienced VC firms in the syndicate 

would prolong time to exit (1a), and that it would increase the likelihood of exiting through an IPO 

(1b). However, the coefficients of SYNDEXPERIENCE were not statistically significant. We could 

not observe statistically significant results across any of the exits, for the four types of sub-

                                                 
45 We find that the shape parameter, p, is greater than 1, which means that the hazard of failure increases with time 

(Jenkins, 2005). 
46 Also note that Frailty model is preferred to the reference non-Frailty model according to the likelihood ratio test. 
47 Prob>chi2 measures the probability of obtaining the chi-square statistic given that the null hypothesis is true.  
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categories specified to depict a syndicate’s level of industry experience. We cannot statistically 

confirm or reject hypothesis 1a or 1b. 

 

The second hypotheses argued that a larger syndicate size will decrease the time to exit (2a), and 

increase the likelihood of exiting through a trade sale (2b).  From Table 5.2.1.1, we observe that a 

sole investor has a lower hazard than large (i.e. five or more parties) syndicates do (hazard rate 

of 0.404 versus 0.425). The results indicate that a syndicate consisting of a greater number of 

investors increases the likelihood of an exit, but prolongs the time to exit, in comparison to when 

a VC invests independently. These results are statistically significant for ‘all exits’ in the sample. 

The results retained do not allow us to statistically conclude whether this pattern is also seen for 

M&As and IPOs respectively. Hence, hypothesis 2a can be statistically rejected while hypothesis 

2b cannot be statistically confirmed or rejected. 

 

Our third hypotheses claimed that foreign investor involvement in a syndicate shortens time to 

exit versus investments with only domestic co-investors (3a) and should affect exit route by 

increasing the probability of an M&A (3b). However, how the presence of a foreign co-investor in 

a syndicate, i.e. not from the same country as the portfolio company, affects time to exit and exit 

route cannot be statistically determined. The coefficients of the SYNDFOREIGN variable did not 

generate statistically significant results for the Weibull distribution with Gamma Frailty.  We can 

therefore not statistically confirm or reject hypothesis 3a or 3b. 

 

The fourth hypotheses stated that a match between location of at least one VC firm in a syndicate 

and acquirer country will have a decreasing effect on time to exit (4a) and that the probability of 

an exit in that country would increase (4b). We observe that syndicates characterized by a match 

face a higher hazard than non-match investments for ‘all exits’, but even more so for IPOs. 

Specifically, results show that syndicates characterized by a match are found to face an 85% 

higher hazard rate than investments not characterised by a match for ‘all exits’ and a hazard rate 

of 182% higher than non-match investments for IPOs. The results from for this variable inferres 

that SYNDMATCH investments have an increased likelihood of being exited, with a longer time to 

exit than non-match investments. We cannot compare the specific differences between exit 

through IPO versus M&A, in terms of effect on probability and time to exit, since the coefficient for 

SYNDMATCH was not statistically significant. Based on the results, hypotheses 4a should be 

statistically rejected. The quantitative analysis merely examines the likelihood of a successful exit, 

hence hypotheses 4b cannot be statistically confirmed or rejected. 

 

We also examined portfolio specific and macroeconomic variables. The results for the 

TECHSECTOR variable indicate that there is an industry effect, and the estimated coefficients are 

highly statistically significant for M&As and IPOs. When exiting to an M&A, a tech sector 

investment has a highly statistically positive effect on the likelihood of exiting.  A higher hazard 

rate for tech investments is observed, showcasing that time to exit is shortened for tech deals. 

Contrarily, when exiting to an IPO, tech investments may negatively impact the probability of 

achieving an exit. A longer time to exit is observed, with a hazard rate of approximately 74% below 

that of non-tech investments. 

 

An investments stage at date of entry, depicted by the STAGE subgroup variables, rendered 

statistically significant estimates. We observe a rather linear increase in the probability of exit and 

linear decrease in time to exit, for the STAGE subgroup variables, for exits through M&A. Hazard 
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rates appear to rise with development stage. This implies that later stage investments (Later-stage 

and Mature) experience shorter time to exit than early stage (Seed, Start-Up and Early Growth) 

investments - probably due to the greater level of information asymmetry surrounding young 

ventures. The estimated results for ‘all exits’ are similar to those rendered for M&A exits. Hazard 

rates appear to rise with development stage, although later stage investments (Later-stage and 

Mature) did not return statistically significant results. For the IPO route, the restricted model48 

did not provide statistically significant results. This is plausibly due to the low share of tech 

investments out of total IPOs size. 

 

The macroeconomic variables help to illustrate what the economic conditions were like during 

the year that an investment was exited. Results show that IPOMarket, i.e. the number of IPOs in a 

given year, has a highly significant negative effect on the likelihood of an M&A, IPO and for ‘all 

exits’. Hazard rates show that we are able to make similar inferences across all these three groups, 

i.e. investments exited in lucrative IPO conditions experience approximately 3% shorter holding 

periods than if the exit would have taken place in a more insolvent IPO market. We could not 

observe statistically significant results for the StockMarket variable, which means we are unable 

to comment on the statistical results of this variable. 

 

Interpreting results from the GDP variable are similarly difficult due to the notably high standard 

errors for the estimated coefficients and large magnitudes of both hazard rates and coefficients. 

Although a number of the estimated coefficients are significant, indicating that real annual GDP 

growth positively affects a successful exit, it is hard to find a reason to explain estimates of such 

magnitude in the literature or relevant theory.  

 

5.2.2. Hazard and Survival functions 

 

As described in Section 4.1, we want to examine the hazard function, Figure 5.2.2.1, and Survival 

function, Figure 5.2.2.2. The survivor function shows the proportion of the observations that 

“survive”, i.e. that remain in the SAMPLE20’s investment portfolio for a given period in time, 

whereas the hazard function presents the probability of being exited in a given time interval, 

conditional upon having stayed in the portfolio until that point in time. 

 

We can observe a sharply increasing hazard (to about 5-6 years) and then a slowly decreasing 

hazard for ‘all exits’. Hence, from the time of entry, the ventures first exhibit an increased 

likelihood of exiting to a successful exit. But after having reached a plateau (around 5 years), active 

projects have fewer and fewer possibilities of exits as time increases. 

 

The plot of hazard functions shows that for M&A, the hazard functions reach their maximum at a 

holding period of approximately 7 years. It would be interesting to compare the hazard functions 

for IPO and M&A, however, most likely due to a smaller sample size for IPOs – the hazard function 

is almost linear and can therefore not be interpreted in a similar manner. 

                                                 
48 See section 5.2 for arguments regarding the potential use use of a restricted model to estimate IPOs for the STAGE 
variable. 
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Table 5.2.1.1, Estimation results competing risk model, Weibull distribution with Gamma Frailty 
We conduct a hazard rate analysis to model the time to exit (duration) between the entry date of the SAMPLE20 firm and the exit, employing three commonly used 
parametric models (Weibull, Exponential and Gamma). Additionally we tested for a Log-normal distribution. We examined these four distributions as the baseline 
survival function for the AFT as indicators of the robustness of the estimated Gamma Frailty model. The results comprise estimated coefficients with significance 
level, hazard rates and standard deviations for the competing risk model with two routes (IPO and M&A). Non-exited firms are taken into account as the model 
treats their durations as being right-censored at the date of the analysis. The underlying density distribution for the durations is the Weibull distribution, where we 
allow for heterogeneity (Frailty). A ***, ** and * indicates that the coefficient is significant at 1%, 5% and 10% respectively. This table will present the results for 
the Weibull distribution with Gamma Frailty. Corresponding tables for the Weibull distribution (without accounting for heterogeneity), Generalised Gamma, 
Exponential and Log-normal distribution can be found under Appendix B.4, B.5, B.6 and B.7. 
 
  M&A  IPO  All Exits 

Variable  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors 

             

TECHSECTOR  4.356   1.472*** .404  .262 -1.339*** .278  .920 -.083 .210 

STAGE      1.003 .003 .0128     

Seed  .093 -2.372* .936  - - -    .125 -2.077** .716 

Start-up  .157 -1.852* .918  - - -  .177 -1.729* .710 

Early growth  .139 -1.969* .923  - - -  .201 -1.605* .713 

Later-stage    .121 -2.109* .958  - - -  .258 -1.354 .722 

Mature  .147 -1.918 1.008  - - -  .302 -1.199 .742 

SYNDSIZE             

No Syndicate  .253 -1.373* .602  .507 -.680 .646    .404 -.906* .419 

Small to medium Syndicate  .619 -.479 .546  .535 -.625 .616  .605 -.502 .389 

Large Syndicate  .375 -.982 .615  .385   -.954 .645      .425 -.855* .431 

SYNDEXPERIENCE             

Novice  1.282   .248   1.188  3.436 1.234 .968  3.343 1.207 .828 

Intermediate  .646 -.437 1.143  1.066 .064 .950    1.342 .294 .815 

Experienced  .147 -1.918 1.156  .950 -.051   .888  .504 -.686 .806 

Senior  .152 -1.885 1.164  1.081  .078 .881    .609 -.495 .811 

SYNDMATCH  1.709 .536 .303  2.816      1.035*** .305  1.851 .616** .221 

SYNDFOREIGN  .692 -.369 .339  1.289   .255 .309  1.011 .0106 .214 

GDP    208.787 5.341 6.780  7.19e+12   29.604*** 7.738  2475733   14.725** 4.830 

IPOMarket  .967 -.033*** .009  .970 -.030***   .007  .969 -.031*** .006 

StockMarket    .649 -.431   .699  .425 -.857 .705  .5158 -.662 .476 

             

Shape parameter, p  2.819    2.035    2.332   

Prob>chi2  0.000    0.000    0.000   

Log-likelihood  -167.254    -122.567        -200.286    
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Figure 5.2.2.1, Hazard functions 

These graphs show the exit rates for all routes, holding all covariates at their mean value. 

   

Figure 5.2.2.2, Survival functions 
These graphs show the survival rates for all routes, holding all covariates at their mean value 
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Previous studies have argued that VC firms primarily target the IPO as the preferred way of 

cashing out on investments. Since the window of opportunity for M&A extends for a considerable 

amount of time, trade sales can be seen as second best choices available for an extended amount 

of time (see e.g. Giot and Schwienbacher, 2007). In other words; once an IPO has been considered 

not relevant for the investment in question, either by choice or because it was not deemed viable, 

the M&A option is the next route that the VC firm will consider. And hence; the hazard rates for 

IPOs would reach its maximum earlier than the IPO. However, our IPO sample consists of a group 

of exits with particularly variating durations (the highest standard deviation for durations belongs 

to the IPO), probably resulting in the peculiar hazard function. 

 

The analysis based on competing hazard models has provided a number of interesting findings 

concerning the exit dynamics on the Swedish VC market. The majorities of these results are 

strongly related to previously reported findings in the VC literature on syndication and exit 

dynamics. We will discuss these findings and clarify the scientific contribution of our analysis 

further in Section 5.4. 

 

 

5.3. Institutional analysis 
 

To examine the reliability of the theoretical and statistical results, we have chosen to interview 

Daniel Blomquist, a partner at Creandum - Sweden’s largest VC firm- who in his professional 

capacity possesses information about the VC industry and the disinvestment decision. In the 

interview, Mr. Blomquist was asked to comment on the research hypotheses and statistical results 

presented in the paper. The questions that were posed, are provided in Appendix D.1.This section 

will focus on the answers provided by Mr. Blomquist, but will also briefly discuss the tangible 

reliability of the results, when comparing to the Swedish VC market. 

 

Experience is likely to influence investment duration. According to Mr. Blomquist it is fair to 

expect that more experienced VC firms, on average, hold their investments for longer time periods. 

He explains that established VC firms have a track record of successful fundraisings, proving they 

have the ability to attract LPs and get them to pledge capital. As such, experienced VC firms do not 

need to factor in future fundraising ability into their investment decisions, something that may be 

an important consideration for newer, less established VC firms. Established VC firms also tend to 

be better at distributing their allocation of funds, commonly focusing on ‘long’ portfolio 

investments. Mr. Blomquist emphasizes that it may be difficult to discern the effect that 

experience has on the likelihood of an IPO, from for instance the size of the VC fund, which tends 

grow with time. When a VC firm raises its first funds, the average amount tends to be smaller than 

consecutive funds.  

 

In terms of syndicate size, few syndicating participants can be an indicator that an investment did 

not perform well, and was not among the most successful exits. Mr. Blomquist states that there 

are likely to be only a few examples of capital injections by a sole investor, during the total lifespan 

of a venture. Generally speaking, it is common practice among traditional VC firms to take the role 

of lead-investor in one round, but not do so in the next round.  

 

According to Mr. Blomquist, there is an in-built dynamic linked to larger syndicates; investors tend 

to enter gradually as a venture grows. Larger syndicates are commonly linked to larger 



 
 

67 
 

capitalization on behalf of the venture in question, i.e. the company is taking in more money to 

finance its business. Every time a new VC investor enters - the syndicate changes, as each investor 

has their own strategy and required ROI, meaning, that while some choose to stay longer, some 

investors exit the investment after a shorter holding period. 

 

A large syndicate can bring with it some operational problems, at the same time it can be assumed 

that a larger syndicate can achieve a certain degree of value-add compared to a sole investor. An 

increase in the number of investors increases the number of stakeholders entitled to vote on how 

a venture is run. Each time a new investor is brought aboard, the more difficult it can become to 

unite around a common agenda. Additionally, it is not worth taking a venture public unless it has 

reached a certain size. Raising large amounts of funding takes time, and consequently it seems 

reasonable that a larger syndicate size, should increase time to exit. 

 

One would expect a strong association between the presence of a foreign investor and successful 

exits in general. Foreign investors tend to enter after multiple rounds, when a venture has already 

reached a certain degree of success. This also means that the foreign investor often provides larger 

financing amounts, and consequently expects a higher ROI. As Mr Blomquist states, “it takes longer 

to build a billion-dollar company than a million-dollar company”, indicative of longer duration 

times. Mr. Blomquist further exemplifies that a foreign investor most likely will facilitate an 

international exit, and there are likely to be few examples of Swedish investments receiving 

financing from an international player, but still chose to exit domestically49. It is also likely that in 

syndicates consisting of only domestic investors, time to exit can be faster. 

  

Mr. Blomquist speculates that in the VC industry, there should be a correlation between the 

acquiring country, and the presence of at least one investor from that country in the syndicate (i.e. 

a match). When examining the level of “matches” between the acquiring country and at least one 

investor in the syndicate, our descriptive statistics show a difference between exiting via an IPO 

and a trade sale. Specifically, 77% of the IPOs in the sample showed this match, the equivalent 

number for M&As was 51%. In a comment to these figures Mr. Blomquist deems it reasonable that 

IPOs show a greater number of “matches” than M&A exits.  

 

In terms of IPO’s taking place domestically or internationally (in relation to where the venture 

was founded), Mr. Blomquist reasons that there should be a high correlation between a foreign 

IPO and the presence of a foreign investor. For example, there should be few recorded cases where 

a company both founded and exited in Sweden, had received funding from a non-Swedish 

investor. He also argues that the need for an international investor is of greater importance for a 

venture pursuing an international IPO, rather than an M&A. This is due to the preparatory steps 

that need to be taken ahead of an IPO.  Syndicates that consist purely of domestic players, have 

probably not reached the sufficient level of success needed to achieve a successful public listing 

abroad, and will instead attempt to achieve an IPO on the domestic market. Mr. Blomquist also 

explains that in most cases, Swedish ventures are listed locally. This is partially due to the 

challenges that come with accomplishing a successful IPO on a foreign (and often larger) market. 

However, this may differ between sectors, as well as over time.  On a general level, a majority of 

VC backed IPOs took place in the years leading up to 2001, rather than in later years. Mr. Blomquist 

notes that which years one chooses to look at will thus affect the frequency of local listings. 

                                                 
49 From our data set, we can observe 10 investments (i.e. 5% of all exits) were this scenario was true. 
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Finally, Mr. Blomquist emphasizes that the effect of syndication may be hard to isolate. It may be 

difficult to discern the effect of an individual variable, as it can be unclear whether the successful 

exit was a result mainly derived from the skillset of the investor, the internal capability of the 

venture, or both. Generally speaking, holding an investment for a longer time period can be both 

positive and negative. A new investor can contribute to the value adding activities of the syndicate, 

but at the same time prolong the time to exit, as they will want to build the company into an even 

stronger positon. The ability to grow and develop a company is essentially what will determine 

the ROI for the individual investor. Creating value in a company does not happen instantaneously. 

As explained by Mr. Blomquist “it takes time to build a successful company”, inferring that, even 

though a company could have been exited sooner, the choice was made to prolong time to exit in 

the hopes of achieving a higher ROI.  

 

5.3.1. The Swedish VC market exemplified 

 

This section will provide a limited discussion around the Swedish VC market, showcasing 

examples (primarily derived from our data set) that highlight the difficulty in isolating one specific 

investment characteristic, in determining the future or realised success of a venture. Even though 

the main objective of this study is to quantitatively examine the exit decision, it is critical to discuss 

what the error term may capture.  

 

In their Nordic Exit Analysis from 2015, Creandum state that Nordic VC allocation is required to 

capture the value in the region and conclude that Nordic VC capital was invested in approximately 

90% of Nordic company winners. Specifically, they state that 93.3% of Nordic exits with a value 

higher than $ 500M and 81.4% of Nordic exits with a higher value than  

€ 100M received VC funding. However, the age-old question whether to bet on the jockey or the 

horse still stands; do you bet on the VC investor with a great history of success or do you bet on 

the potential of the underlying portfolio company? 
 

The majority of the investments in our data set have received financing from relatively 

experienced investors, possibly due to the fact that our sample only consists of successful exits 

and active investments. As discussed in the theoretical framework in Section 3.1, there can be 

economical drawbacks when trying to achieve an IPO after shorter holding periods. Due to the 

higher level of uncertainty, the risk of underpricing is enlarged. One example of this is Almi Invest 

AB’s investment in Rehact AB. Almi provided their first financing in 2013, only to achieve an IPO 

on The Swedish Stock exchange one year later. Almi Invest was founded in 2009, meaning that 

they had only been active for 5 years when the IPO of Rehact AB took place (categorizing them as 

a “novice” investor in our data set). Rehact AB priced its 11.9M SEK share IPO at 15SEK per share, 

but merely two days after the IPO, the shares traded at 20SEK, resulting in a price change of 

approximately 33% (Aktietorget, 2016; Skatteverket, 2016). This is in line with the statistical 

findings from this paper; a non-syndicated investment that does not receive funding from an 

experienced investor is more likely to be exited through an IPO within a shorter holding period. 

Moreover, due to the increased information asymmetry, the risk of underpricing is greater. 

 

The choice to syndicate and subsequently the size of the syndicate is of vital importance to the VC 

firm. Since VC firms generally invest in growth firms in early stages, there is a higher level of risk 

revolving the potential ventures. This is mainly due to the short track record of entrepreneurial 
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ventures, challenging the evaluation of the quality of the potential investee (Mohammadi et al., 

2014). It is reasonable to assume that this would lead to higher return requirements for VC firms, 

plausibly affecting the initial syndicate size. A large syndicate might not be the reason for a 

ventures success, it may be that the success of the venture in itself was able to attract a large group 

of investors, in this sense VC firms exhibit a "herd-mentality" (see Section 3.1.1. for a theoretical 

explanation, Prospect Theory, of this behaviour). Two great Swedish examples of successful VC 

syndications are Spotify and iZettle, receiving funding from particularly large syndicates.  

 

It is important to acknowledge that there are a number of unobserved factors that could have a 

stronger effect on exit dynamics and the choice to syndicate, than the variables examined in the 

thesis. As stated, some variables have been left out of the study. For instance, lead investor 

characteristics were not considered in the study (due to difficulties of finding accurate 

information), even though it can be argued that the lead investor provides the portfolio company 

with more value-add than other syndicate members. For instance, as in the case of Spotify, the 

majority of lead investors across financing rounds have consisted of established American parties 

(such as Accel Partners, Goldman Sachs and technology Crossover Ventures), who plausibly have 

a substantial influence over the venture. At the same time, non-lead investors such as GP 

Bullhound (a SAMPLE20 firm) provided smaller financing amounts (CB Insights, 2016), and will 

most likely not be as influential if, for instance, exit decisions regarding an IPO are going to be 

made. 

 

One of the main reasoning’s behind conducting this study on the Swedish VC market is its 

expansion in recent years. As explained in the introductory chapters, Sweden has experienced 

successful VC exits, where many of the ventures have received funding from international 

investors. The documented benefits of this influx of funding are several. Principally, having a 

foreign investor in a syndicate could facilitate expansion into a new market for a portfolio 

company. Two specific examples of this are the Swedish ventures Carmen Systems AB and 

Pricerunner AB, both of which have American investor presence and subsequently were acquired 

by a firm in the US. Previous research has argued that this should facilitate a shorter holding 

period, however (as emphasized in the Institutional Analysis in Section 5.3), in order to receive 

funding from a foreign investor the investee may need to raise multiple financing rounds. Meaning 

that the investment duration will most likely be prolonged (as demonstrated in the Descriptive 

Analysis 5.1). 

 

As explained in Section 2.4, Sweden did not have its first VC firm until almost three decades after 

the US. Also, with Sweden being a small economy, it is reasonable to argue that the need for 

syndicated investments is greater for Swedish VC firms (when comparing to American VC firms). 

As implied from Swedish success stories such as Spotify and Klarna50, value-adding activities 

provided by established foreign investors in the syndicate are essential for small Swedish  

start-ups to succeed on a global market.  

 

The US is almost 22 times the size of Sweden, explicitly resulting in more scattered locations of 

companies in the US while Sweden only really has one tech hub; Stockholm (Atomico, 2016; 

Nationmaster, 2016). This highlights another difference between the US, the birthplace of VC 

                                                 
50 Both Spotify and Klarna have received funding from established VC firms in the US (CB Insights, 2016; Crunchbase, 
2016). 
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investing, and Sweden. Naturally, this affects the investment climate in a number of ways. For 

instance, factors such as VC firm reputation should matter more in a smaller country like Sweden. 

From our sample we can see that 57% of all investments that Swedish VC firms have invested in 

have received funding from an experienced or senior investor. 

 

Finally, there is another important aspect to consider when examining the holding period for 

ventures exited in a foreign country, especially when attempting a public listing. Different stock 

exchanges have different regulations and requirements for achieving an IPO. For instance, 

comparing Sweden with the US, the venture must have achieved a much higher level of success in 

order to reach (and afford) a public listing on a US stock exchange (Schwienbacher, 2005). It is 

therefore reasonable that the holding period will be prolonged when attempting an exit 

(especially an IPO) abroad. Industrifonden first provided financing to QlikTech, a software 

company founded in 1997 in Sweden, with a total holding period of 14 years until the company 

was listed on the US stock exchange (NASDAQ) in 2011. Noteworthy, 14 years is a considerably 

longer duration period than the average duration of IPOs (4.39 years) in the data set. 

 

 

5.4. Discussion 

 

This section will summarise and discuss our findings relating to the examined hypotheses and 

overall research question, expressed in the introduction. In order to examine the selected 

syndicate characteristics, a number of delimitations and limitations have been made (see Section 

1.2 and 4.2), we will therefore begin this section by discussing this thesis’s main restrictions and 

their connection to the results.  

 

In order to examine the Swedish VC market, during the limited time period of the study, we 

gathered a diverse sample of important players in the Swedish VC industry, i.e. the SAMPLE20. As 

is presented in Appendix C.1, where the 20 firms are introduced in more detail, they represent 

different types of VC firms, with different structure and investment strategies. A larger number of 

firms could have added to the study further. However, we note that the study is conducted on the 

investments of 48% of SVCA members listed as VC or growth capital as well as firms being among 

the most active investors in Sweden during recent years.  

 

Another concern relating to the SAMPLE20 firms is that the exit strategy may (partially) depend 

on the type of investor. Since we examine different types of VC firms (BVC’s, CVC’s, GVC’s, IVC’s 

and UVC’s) it is important to discuss potential endogeneity between the exit decision and the type 

of VC. For instance, Almi Invest AB applies an evergreen fund structure, i.e. the fund has an 

indefinite fund life (Almi Invest, 2016). This can imply that the exit dynamics (primarily the 

holding period) might differ from other VC firms in SAMPLE20. However, from previous literature, 

we find that the decision to exit within a desired time frame is not limited only to close-end funds 

(see e.g Gomes Santana Félix et al., 2014; Guo et al., 2012). As we are only examining the successful 

exit outcome of an investment to either initiate a public listing or a trade sale, it is reasonable to 

argue that the duration was indeed optimal for the venture capitalist at the time of exit – 

indifferent from the fund structure. Also, when comparing the average duration of SAMPLE20, we 

can observe results in line with previous research. Previous scholars have claimed that different 

types of VC firms can have an effect on the success of the investments (see e.g. Masulis and Nahata, 
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200951), especially in terms of differences in information asymmetry and ability to select high 

quality ventures. Still, we have chosen a diverse sample of VC firms (with different investment 

strategies and background) in order to capture the overall exit dynamics of the Swedish VC 

market. The need to adjust for potential endogeneity due to different skill sets of the venture 

capitalists is therefore considered redundant in this study. 

 

The thesis defines syndicates as participating co-investors (typically VC firms, PE companies, 

institutional investors and angel investors) during a SMPLE20 firms holding period of the 

investment. Critical voices could argue that the explanatory power of the statistical findings in the 

thesis is low, referring to this definition which does not include a time factor. Meaning, it does not 

distinguish between the different investment rounds during which investors may enter into an 

investment relationship with a respective portfolio company, but treats all investors throughout 

several investment rounds as having equal co-investment relationships with each other. However, 

as we have described continually, exiting from a venture is the most important part of the venture 

capital process for one specific reason; this is where the money is made. For instance, Bygrave and 

Timmons (1992) argue that it doesn’t matter how much value the VC has created previous to this 

stage. 

 

In this kind of study, we only observe the outcome of the exit, not the quality. Meaning that we do 

not consider the magnitude of investments, nor do we consider the returns of the listing or sale. 

Further, we have to assume that the exit took place in the (assumed) optimal period of time52. For 

instance, as mentioned in Section 5.3, there is a point in prolonging time to exit in order for the 

company to grow and evolve. To exemplify; an IPO happening within two years from entry is most 

likely to yield a lesser return than the IPO happening a few years later, if it is a successful venture. 

Inferring that, especially when discussing the duration, the end outcome is almost always 

reciprocal. An important aspect of the thesis is the syndication aspect. We have mentioned many 

of the positive aspects of syndication (such as to enhance investment selection, adding value, risk 

diversification, improve certification and reputation gains). At the same time, it is important to 

discuss the potential negative aspects as well. As stated by Poser (2003), there are some potential 

problems that may arise through a large number of members in a syndicate. Specifically, decisions 

may be harder to make since many different parties with different sentiments are involved. At the 

same time it is wrong to assume that these decisions would automatically improve with additional 

parties entering an investment. Especially if some venture capitalists rely too much on the 

judgement of others. Finally, there is always the risk that some syndicate members do not 

contribute significantly or add value to the venture. These are all reasons that why a venture 

capitalist needs to deliberate before entering a syndicated investment, in short; what is the trade-

off of the syndicate? 

 

As described in Section 5.3.1, earlier studies mentioning geographical differences (and 

subsequently differences in domestic economic climate and investment strategy between VC 

firms) may explain varying (statistical) results. Despite the rejection of some of the hypotheses, it 

is still reasonable to argue that the results provided by this study should be relevant for VC 

                                                 
51 Masulis and Nahata (2009) argue that if the portfolio company and the parent company of the CVC are in the same 

industry, the latter is likely to have more information about the potential value of the venture than it would if the two 

firms operated in different sectors. This argument would therefore cause the endogeneity concern that CVC funds may 

be better at selecting high-quality ventures that, in turn, are more probable to exit though an IPO (Guo et al., 2012). 
52 Due to issues such as information asymmetry, macroeconomic climate or other firms specific characteristics.  
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markets similar to Sweden (such as for other Nordic countries), even though the results in some 

cases were not in line with previous empirical findings. The diverse composition of the SAMPLE20 

firms, as well as the literature review and institutional analysis, should result in a study that is not 

restricted to the Swedish VC market and that (at least to a certain degree) can be generalised to 

other VC markets. 

 

5.4.1. Summarisation and analysis of results 

 

The thesis aims to answer “How do characteristics of syndicates in the Swedish venture capital 

industry, affect the exit route and exit timing of their ventures?” by chiefly applying a quantitative 

methodology. This section will discuss how the CRM and descriptive results are linked to theory 

and previous empirical results. 

 

Previous research on VC exit dynamics argue that the presence of one or more experienced VC 

firms in a syndicate will prolong time to exit, Gompers (1995) Grandstanding theory is basically 

built on this notion. It states that younger or less experienced VC firms, eager to build reputation 

as an investor, will experience quicker time to exit. This is specifically relevant for the IPO route, 

where the reputational bearings can be particularly prevalent. The descriptive analysis 

showcased that 56% of the IPOs in our sample were financed by at least one experienced (or 

senior) investor, corresponding figure for M&As was 43%. The descriptive analysis also indicated 

that the presence of an experienced investor prolongs time to exit for M&A and ‘all exits’, but not 

strictly for IPOs. Simultaneously, the descriptive statistics show that the investments with the 

shortest duration are indeed the ones where the syndicate only existed of novice investors and 

transpired through an IPO, meaning that it is reasonable to argue that the age of the VC firm should 

affect the exit decision in line with the hypotheses. This is also supported by the institutional 

analysis.  

 

The CRM estimates did not provide statistically significant results. Along the lines of Gompers 

Grandstanding theory (1996) one could have predicted that a syndicate characterized as having 

NOVICE (0-6 years) or INTERMEDIATE (7-13 years) level of expertise would exhibit shorter exit 

times, compared to more established investors, however the results do not allow for statistical 

comparison between the subgroups. 

 

Alike previous studies on the VC exit decision, a syndicates experience has been modelled as the 

age of the oldest VC firm in the syndicate, i.e. years since the firm was established. It should be 

noted that some studies have considered firm experience as the number of previous investments 

that a VC firm has done in the applied sector (Smith et al, 2011). A different categorization may 

have rendered more statistically significant results. In summary, we can argue that the presence 

of an experienced investor ought to increase time to exit, and should therefore decrease risk of 

premature exits (and in turn underpricing), as well as help facilitating the achievement of a 

successful (IPO) exit – inferring that hypotheses 1a and 1b should be confirmed. 

 

In line with industry statistics, more than half of the realised investments in the data set are 

syndicated – indicative of a correlation between syndication and successful exits. Theory predicts 

a threshold to the value-addition. As seen in the descriptive analysis – the small to medium 

syndicate size seem to have the greatest positive impact on achieving a successful exit (especially 

an M&A) during a shorter time period. However, our CRM results do not comment on this 
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occurrence. From the CRM, we observe that a syndicate consisting of a greater number of 

investors (five or more parties) increases the likelihood of an exit, but prolongs the time to exit, 

in comparison to when a VC invests independently, this is true for ‘all exits’, concluding that 

hypothesis 2a should be statistically rejected. This is supported by the descriptive analysis, 

indicating that a larger syndicate size increases time to exit for both exit vehicles, but was able to 

detect the greatest duration impact for M&As. The prolonging effect is probably due to the 

(potential) operational problems arising from larger syndicates.  

 

The CRM results implied that acting as a sole investor, instead of investing along with other VC 

firms, may negatively impact a VC firm’s chances of exiting a venture successfully. However, we 

could not make a statistically significant comparison between IPOs and M&A routes, and can 

therefore not statistically confirm or reject hypothesis 2b. Still, as discussed in Section 3.1.1 and 

3.2.1, there is a possibility that a greater number of VC firms contributing with more value-adding 

activities, can have positive effects on a ventures growth and performance. Empirical research has 

found that syndicates consisting of multiple parties can have a positive effect on the likelihood of 

achieving a successful exit. Specifically, it is argued that the IPO is (typically) the most difficult exit 

outcome to achieve, since information asymmetries are the hardest to overcome. A larger 

syndicate size would therefore result in better abilities to mitigate information asymmetries and 

agency costs faced by the new owners of the firm, and in in turn increase the probability of 

achieving a successful exit (in particular an IPO) – in line with the descriptive analysis. The 

descriptive analysis inferred that the likelihood of exiting through an IPO is increased when the 

venture is receiving financing from a large syndicate (5 or more parties)53, conjecturing that 

hypothesis 2b should be rejected.  

 

Despite an inferred prolonged time to exit as a consequence of syndication, the literature in 

combination with the results derived from this study do provide strong motivations for the choice 

to syndicate and the consequent positive aspects of not being a sole investor in a project.  To 

conclude, we will oppose both hypothesis 2a and 2b and argue that a larger syndicate size should 

have a prolonging effect on the time to exit and increase the likelihood of exiting through an IPO. 

  

How the presence of a foreign co-investor in a syndicate affects time to exit and exit route cannot 

be determined with the CRM results. We can therefore not statistically confirm or reject 

hypothesis 3a or 3b. However, from the descriptive statistics and institutional analysis, it is 

reasonable to believe that the presence of a foreign investor will have an effect on the exit 

dynamics, especially achieving a successful IPO. This is empirically supported by researchers such 

as Bertoni and Groh (2014) and Espenlaub et al. (2015). The institutional analysis also argued that 

it may facilitate an international exit of VC investments, as particularly successful exits often 

include foreign investors. However, a successful exit may be attributable to the success of the 

venture alone, attracting the interest of skilled non-domestic investors.  

 

Investments that include foreign investors show shorter durations, than investments consisting 

of pure domestic players, as per the descriptive analysis. It is important to note that foreign 

investor involvement plausibly facilitates a shorter holding period, from the time of their entry. 

Normally, it takes time to attract the attention of experienced, international investors – 

                                                 
53 However, it is important to note that the descriptive analysis showcased a higher overall degree of syndicated 
investments for the M&A route (65% for M&As versus 55% for IPOs, see Table 5.1.1). 
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automatically prolonging the time to exit. However, when the foreign investor is engaged, the time 

to exit will most likely speed up. Contradicting hypotheses 3a and 3b, one can argue that the 

presence of a foreign investor should increase the duration and increase the probability of an IPO.  

 

When there is match between the location of at least one VC firm in a syndicate and acquirer 

country, CRM results show an increased likelihood of being exited than non-match investments. 

We see prolonged time to exit, for matched investments contra non-match investments. The 

results are highly statistically significant for exits overall and IPOs specifically. We cannot 

compare the specific differences between exits through IPO versus M&A, due to statistically 

insignificant results. 

 

The descriptive analysis is in line with the CRM results; a large share, of ‘all exits’ as well as exits 

to IPO and M&A respective in the data set, experience this match, highlighting its frequency, and 

the average duration for these investments are slightly longer than for the portfolio companies 

not experiencing a match. From the descriptive results, we can observe that 80% of the 

investments characterized by a match were exited on a non-domestic market (i.e. other than 

country of PC origin). It is reasonable to argue that holding period for these investments is 

prolonged, due to the difficulties in finding and attracting foreign investors. We can therefore infer 

from the descriptive results that hypothesis 4b should be confirmed. 

 

When discussing the international exit decision and dynamics, there are several important aspects 

to consider. For instance, the process of taking a company public in a foreign country can be much 

more time consuming compared to performing a domestic IPO, which in turn will affect the 

duration. There is also a difference between countries, partly due to regulatory differences, 

making it likely for VC firms to exit their portfolio companies through different routes for different 

countries (Cumming, 2012). From the CRM, descriptive and institutional analysis we find that 

there are substantial differences between investments experiencing a match between the location 

of at least one co-investor and the acquiring country. Attaining this quality seems to provide a 

more favourable environment (e.g. better access to needed resources) for entrepreneurial 

ventures, and ultimately affecting the exit outcome positively – increasing the possibility of 

achieving a successful exit, especially an IPO. Henceforth, we should reject hypothesis 4a while 

confirming hypothesis 4b.  

 

Important to point out is that a “match” also captures, for example, Swedish venture’s receiving 

funding from a sole Swedish VC firm and subsequently exiting in Sweden. Specifically, this is true 

for 25 of the investments in our sample. Sceptics could argue that this possibly weakens the 

reliability of the analysis regarding hypothesis 4a and 4b. However, as this is only true for 

approximately 20% of the total number (118) of “matching” exits, we can still argue that our 

sample, and study, will provide significant new knowledge for these hypotheses. 

 

There are two essential aspects to discuss regarding Hypothesis 4. First, it is important to mention 

that it is possible to go deeper into the strategies of the syndicate members in our sample. For 

instance, we find that ZenShin Capital are headquartered and based in the US, but they have an 

outspoken strategy to help investments expand into Japan. Investors like this could affect the 

statistical robustness of the result for the SYNDMATCH variable, as it may be hard to define 

country for this VC firm.  
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For example (for a non-American company), an American investor may have been brought on to 

co-invest in an effort by other syndicate members to better position the company for a US exit. 

However, the decision may also have been due to contradicting motivations – the investor 

probably provided initial financing for other reasons than facilitating an exit in the country of their 

principal offices. As the descriptive results stated; 40% of the realised investments did not 

experience a match between the location of a co-investor and the acquiring country. Opposing 

arguments regarding reverse causality. 

 

VC firms have different strategies relating to their business; they detail key investment 

geographies and in what stage of a target investment’s growth they typically invest in. What they 

share is a quest for high or exponential growth to generate substantial returns, leading to a focus 

on certain industries and stages. The technology sector is a popular sector for VC investment 

(financing some of the world’s most successful companies such as Apple, Google and Cisco) based 

on the potential for exponential growth generated by new technologies. 

 

We note from related studies, that estimation results from industry variables should indicate a 

strong industry effect, which our results also infer. For M&A exits, a tech sector positively effects 

likelihood of an exit, with shortened time to exit. The opposite was true for IPOs, where tech 

investments negatively impacted probability of achieving a listing, with longer time to exit. 

This is plausibly explained by the uncertainty surrounding new tech ventures. The findings are in 

line with the descriptive statistics, which also suggested that technology investments are more 

relevant for the M&A route, with a high percentage of M&A exits in the sample being tech deals. It 

may be the case that many of these portfolio companies in the sample were affected by the internet 

bubble, and therefore could no longer successfully exit trough an IPO due to a loss of investors’ 

interest. Also, even though the technology sector, to a certain degree, is at heart of VC investing, 

our sample contains many successful IPOs within the life science sector, lowering the ratio for 

tech investments.  

 

In line with the descriptive statistics, we observe a rather linear increase in the probability of exit 

and linear decrease in time to exit for the STAGE subgroup variables, for ‘all exits’ and exits to 

M&A. Later stage investments (Later-stage and Mature) appear to experience shorter time to exit 

than early stage (Seed, Start-Up and Early Growth) investments - probably due to the greater level 

of information asymmetry surrounding young ventures. In line with Gompers (1995), we can 

argue that the degree of asymmetric information has an effect on the duration of the investment, 

implying that early stage investments require a longer lasting involvement than later-stage 

projects.  

 

When comparing the descriptive results between the exit routes, Seed investments deviate from 

the other stages. The 2.19 ratio for Seed investments (i.e. M&As exceed IPOs by more than 200% 

for Seed investments in our sample) may be explained by the novelty of the Swedish VC market – 

which in turn could result in an uncertainty of the profitability of new investments. According to 

Das et al. (2003), this may be explained by the many early stage firms who are unable to achieve 

an IPO and instead “settle” for an M&A. There are a number of “plateaus” that a venture need to 

accomplish before attempting an IPO, which may make it challenging for Seed investments to 

successfully complete a public listing. The impact of stage for IPOs could not be isolated using the 

CRM, since the estimates for the IPO route did not provide statistically significant results, plausibly 

due to the smaller sample size of 71 IPOs.  
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The macroeconomic variables help to illustrate what the economic conditions were like during 

the year that an investment was exited. Previous research (see e.g. Giot and Schwienbacher, 2007), 

state that the liquidity of stock markets is an important component for VC markets, as it reduces 

risks and makes exits easier (see Section 4.2.2 for a short description of the exits in our data set’s 

and their connection to the Swedish IPO market). Results show that IPOMarket, i.e. the number of 

IPOs in a given year, has a highly statistically significant negative effect on the likelihood of an 

M&A, IPO and for ‘all exits’. Across these three groups we are able to infer that investments exited 

in lucrative IPO conditions experience approximately 3% shorter holding periods than if the exit 

would have taken place in a more insolvent IPO market. Important to note is that the information 

asymmetry in the IPO market may fluctuate over time depending on market conditions, so even 

though it is more reasonable that firms should go public at times when the IPO market is on the 

up, contradicting statistical evidence is not that surprising (see Graph 4.2.3 for an illustration of 

the annual percentage change of the total number of IPOs in Sweden and corresponding figures 

for the number of IPOs and M&As in the data set). 

 

It is customarily argued that there is a relationship between a healthy well-functioning venture 

capital market and an active stock market. An active stock market enables VC firms to exit their 

more valuable holdings through an IPO, increasing the probability of a successful exit within the 

desired time frame, whereas a dry market will lead VC firms to put a break on deal-making 

activities, to better prepare for poorer exit options ahead. However, we could not observe 

statistically significant results for the StockMarket variable, which means we are unable to 

comment on the statistical results of this variable. 

 

Previous scholars such as Espenlaub et al.(2015a), Ewelt-Knauer et al., 2014 and Gomes Santana 

Félix et al. (2014) argue the exit dynamics of VC investments are likely to be influenced by country 

specific characteristics such as economic growth (i.e. real annual GDP growth). Specifically, higher 

GDP growth should facilitate successful exits as well as delay the time to exit for both M&A and 

IPO. Interpreting results from the GDP variable are difficult due to the notably high standard 

errors for the estimated coefficients and large magnitudes of both hazard rates and coefficients. 

Although a number of the estimated coefficients are significant, indicating that real annual GDP 

growth positively affects a successful exit, it is hard to find a reason to explain estimates of such 

magnitude in the literature or relevant theory.   
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6. CONCLUSIONS AND SUGGESTIONS FOR FUTURE RESEARCH 
 

In this final part of the thesis, the knowledge and information gained in the previous parts all 
constitute prerequisites for a good and comprehensive understanding of how the selected syndicate 
characteristics affect the exit dynamics within Venture Capital. This chapter will bring forward the 

thesis’s most important discussions and conclusions derived from the descriptive, estimation and 
institutional result, as well as provide important implications of our study. The chapter ends with a 

few suggestions regarding future research. 
 

6.1. Conclusions 
 

This thesis investigates the role of Venture Capital (VC) syndication, and its effect on exit dynamics 

for VC firms in Sweden. The aspects of syndication are focused to firm characteristics of investing 

parties, were the ambition is to provide an analysis of these characteristics and their effect on exit 

route (M&A and IPO) and exit timing. In consistency with previous research examining the 

outcome of VC investments, the statistical analysis relies on survival analysis with competing 

risks, which is adequate to model time in one state, when exit is to a number of competing states. 

These models allow for a joint analysis of exit type and exit timing, i.e. model durations that end 

with multiple exits. 

 

As discussed in the introductory chapters, venture capitalists are essential for the expansion of 

innovative firms, and can in turn be argued to have a great effect on Swedish growth capital 

investments (European Commission, 2016b; OECD, 2014). Since venture capitalists enter into an 

investment with the intent of realising a substantial profit on the venture after a number of years, 

the disinvestment decision is of vital importance for the VC industry. Focus is on the Swedish VC 

industry, examining selected syndication characteristics and their effect on exit dynamics. 

 

From the CRM results and the descriptive analysis, we observe similar results for syndicate size 

and a match between the location of at least one investor in the syndicate and the acquiring 

country. A syndicate consisting of a greater number of investors (five or more parties) 

increases the likelihood of a successful exit with a prolonging effect on the holding period, in 

comparison to when a VC invests independently. We could not interpret any statistically 

significant difference between exit routes. However, the descriptive analysis showed a 

commonality of non-syndicated deals and large syndicated deals (5 or more parties) among total 

IPOs, while there was a frequency of small to medium syndicates (2-4 parties) among M&A exits . 

This highlights the premise that candidates for IPOs are less homogenous than those for an 

M&A.  Investments characterized by a match between the location of one of the parties in the 

syndicate and the acquirer’s country, have an increased likelihood of being exited, however at 

longer time to exit, than non-match investments. We could not compare the specific differences 

between exit through IPO versus M&A from the CRM results. But could, from the descriptive 

analysis, observe that 60% of all realised investments were characterised as a match. 

 

The results from the CRM also conclude some portfolio company related findings. First, the 

presence of an industry effect, where technology investments face a positive effect on the 

likelihood of being exited through an M&A, exhibiting shorter time to exit than non-tech 

investments. For IPOs, time to exit is longer for tech investments than non-tech and results show 

that a tech investment may negatively impact the probability of a public listing. Findings suggest 

that the technology sector is more relevant for the M&A route (since a large share of all M&As in 
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the sample are tech investments contra a smaller share of total IPOs). Second, an investments 

stage at date of entry has a rather linear increase in the probability of exit as with increases in 

stage, for in terms of an M&A or a successful exit overall. Later stage investments (Later-stage and 

Mature) experience shorter time to exit than early stage (Seed, Start-Up and Early Growth) 

investments - probably due to the greater level of information asymmetry surrounding young 

ventures. 

 

Factors relating to a syndicates experience and the presence of a foreign investor did not provide 

statistically significant results from the CRM (the final results are therefore derived from the 

descriptive and institutional analysis). It is plausible that model specifications and size of sample 

have limited the findings somewhat, differences in these specifications could lead to more 

conclusive results. However, as argued, the arbitrary sample of 300 investments, containing a 

diverse sample of VC investments, should be able to represent a proxy for the exit behaviour on 

the Swedish VC market - on a wider level. 

 

When concluding the overall results from this thesis, we could empirically confirm that the 

presence of one or more experienced VC firms in the syndicate would prolong time to exit (1a), 

and that it would increase the likelihood of exiting through an IPO (1b). We should statistically 

reject that a larger syndicate size will decrease the time to exit (2a), and increase the likelihood 

for exiting through a trade sale (2b). We should reject that foreign investor involvement in a 

syndicate shortens time to exit than investments with only domestic co-investors (3a), and should 

affect exit route by increasing the probability of an M&A (3b). Finally, we should reject that a 

match between location of at least one VC firm in syndicate and acquirer country will have a 

decreasing effect on time-to-exit (4a), but confirm that the probability of an exit in that country 

would increase (4b). 

 

When combined, results from the econometric, descriptive and institutional analysis can provide 

some potential investment strategy implications for venture capitalists in Sweden. For instance, 

in order to achieve a successful exit, we find that the holding period ideally should not extend 5 

years. Additionally, since VC firms primarily target the IPO route while the window of opportunity 

for M&A extends for a considerable amount of time, it is essential to early on in the investment 

process decide whether a public listing is going to be attempted or not. Regarding the examined 

syndication characteristics, we can argue that the presence of an experienced and/or a foreign 

investor will increase the probability of reaching a successful IPO, with a prolonging effect on the 

holding period. Foreign investor involvement can help facilitate an international exit, and 

subsequently help both portfolio companies and VC firms expand to new markets. And as a final 

point, we can argue that the value-adding activates provided by several investors seem to be 

positive for achieving a successful exit, more than half of the successfully realised investments in 

the data set are syndicated. Increased syndication size also has a prolonging effect on the holding 

period. 

 

Even though the VC sector as whole is only one of many financing options facing entrepreneurial 

firms, it plays a prominent role in policies designed to overcome finance gaps and to grow 

entrepreneurial, innovation-driven economies (OECD, 2014). From the descriptive analysis as 

well as the institutional analysis, we find that the presence of a foreign investor is seemingly 

important for successful exits and can therefore be viewed as an important source for economic 

growth and sustainable development. By progressing an investment policy that helps facilitating 

http://www.sciencedirect.com/science/article/pii/S0048733315001481#bib0355
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cross-border investments and international co-operations, one can argue that this would benefit 

the Swedish investment climate, and in turn, the economy. 

 

The contributions of the thesis are several. The aim was to examine the influence of syndicates on 

the exit dynamics of venture-backed firms, which has previously not been the focal point in studies 

on the disinvestment decision. By using a self-collected data set, we were able to shed a light on a 

market that is somewhat unexplored as well as becoming the first study in the Nordics to perform 

this kind of duration analysis on the domestic VC market. The concluding results infer that the 

decision to syndicate is superior to acting as a sole investor. The positive value-adding, risk 

diversification and networking effects are empirically proven to be consistent with theory, both 

benefiting the portfolio company and the VC firms in terms of reaching a successful realisation of 

investment. 

 

 

6.2. Suggestions for future research 
 

As was discussed in Chapter 2, VC firms exit their holdings across a range of exit routes. To 

examine all routes, would require further investigation on our part, prominently regarding data 

handling and therefore lies beyond the scope of the thesis. Due to the nature of VC investments, 

with a high degree of uncertainty involved and an overhanging risk of failure, future studies can 

expand on our research to include both successful and unsuccessful exits. Such a study could also 

develop on the number of potential successful routes, expanding on the M&A and IPO routes.  

 

Our research is primarily based on quantitative data. To add more detailed information on VC 

syndication, future research may choose to be survey-based, using several interviews from 

industry representatives. This may give greater insights into the subject, specifically relating to 

cause and causality and insights into the exit behaviour of VC firms, from inside the industry itself. 

 

The sample used to conduct the study, consists of different types of VC firms, it consists of 

Corporate VC firms (CVC), Government-backed VC firms (GVCs), Bank-affiliated VC firms (BVC), 

University-affiliated VC firms (UVC), and Independent VC firms (IVCs). Using different types of VC 

firms, in this way, gives a broad sense of VC firm syndication and its subsequent implications on 

exit dynamics. Future studies may find potential differences in terms of value-addition or 

selection provided by a syndicate or sole investor, depending on the type of VC firm. 

 

For the purpose of this thesis, we apply a broad definition of syndication, which refers to situations 

where different, two or more, VC’s hold the same companies in their active investment portfolios 

(Brander et al., 2002). In doing so, we do not consider a view of syndication, which relates to co-

investments between VC firms in a specific investment round. Future studies, with access to round 

specific data, may be able to offer further insights in this respect. If future authors have access to 

more data, a study may also be able to gain access to a larger overall sample. 

 

In terms of exits, we examine the outcome of 71 IPOs and 126 M&As, classifying all 197 exits as 

successful. Future studies might want to examine the optimal exit decision based on a similar set 

of characteristics, examining financial information such as the actual annual ROI. We found that 

syndicate characteristics have an effect on exit dynamics, it would therefore be interesting to 

examine the effect on the quality of the exit. 
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Finally, related studies do not reflect on the success of VC-backed exits, post exit by a syndicate of 

VC firms or a sole VC investor. Instead an exit is deemed successful for the seller, upon the 

transaction of ownership from the seller to buyer. The definition of a successful exit could be 

extended to include, the survival (i.e. the company is not liquidated), within a period of one or two 

years post sale, to capture a broader sense of the value-add created by the seller or sellers. To 

exemplify this issue, we note that a few VC-backed companies, characterized as successful exits in 

our sample, were liquidated or declared bankrupt in the period following the sale.  
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Appendix A 
 
Appendix A.1, List of abbreviations 
 

Abbreviation Meaning 

AM Asset Management 

AFT Accelerated Failure Time 

BVC Bank-related Venture Capitalist 

CRM Compering Risk Model 

CVC Corporate Venture Capitalist 

EVCA European Venture Capital Association 

FDI Foreign Direct Investments 

GP General Partner 

GVC Governmental Venture Capitalist 

HQ Headquarters 

IPO Initial public offering 

IVC Independent Venture Capitalist 

LBO Levered Buyout 

LP Limited Partner 

M&A Mergers and acquisitions, synonymous to Trade sale 

MBO Management Buyout 

PE Private Equity 

ROI Return on Investment 

SME Small and Medium Enterprises 

SVCA Swedish Venture Capital Association 

UVC University-affiliated Venture Capitalist 
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Appendix B 

 
 
 
 
 
 
 
 
 
 
 
 
 

Appendix B.1, Summary statistics of venture capital investments (number of entries, by year) 
Swedish venture capital firms have been investing actively since the early 1990's. Our sample stretches from 1996-2015, capturing two major crises as well as the 
upswing in number of investments during the past two years. 

 

 Venture capital investments per year Total 

 1996 1997 1998 1999 2000 2001 2002 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 2014 2015  

Total 6 10 11 18 11 13 11 13 15 19 8 16 28 20 15 15 16 18 17 20 300 
 

                      

Industry of PC                      

Technology 5 6 5 13 8 10 6 9 11 12 5 13 28 17 7 8 10 16 13 14 216 

Other 1 4 6 5 3 3 5 4 4 7 3 3 0 3 8 7 6 2 4 6 84 

                      

Country of PC                      

Sweden 5 6 4 8 6 6 6 8 9 9 7 12 18 9 13 10 15 15 14 16 196 

Other 1 4 7 10 5 7 5 5 6 10 1 4 10 11 2 5 1 3 3 4 104 

                      

Investmentstage                      

Seed 1 4 7 6 5 6 3 3 4 4 0 5 5 6 4 4 2 2 3 3 77 

Start-up 1 5 3 10 4 4 5 5 4 4 4 2 10 2 2 2 5 7 2 6 87 

Early growth 2 0 0 0 2 3 2 2 5 4 2 3 4 8 5 4 4 4 1 1 56 

Later-stage 1 0 1 1 0 0 1 2 2 4 1 2 7 2 2 2 2 2 6 2 40 

Mature 1 1 0 1 0 0 0 1 0 3 1 4 2 2 2 3 3 3 5 8 40 
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Appendix B.2, Descriptive statistics of variables and correlation matrix 
The sample includes 300 VC backed ventures during the period 1996-2015, where 126 were exited through an M&A, 71 through an IPO and 103 are still active in SAMLE20's 
portfolio. EXITROUTE is defined as the investment either being exited through an M&A or IPO, Active=0, M&A=1, IPO=2. SYNDSIZE refers to the number of in syndicate at the time of 
exit. SYNDEXPERIENCE defines the age of the oldest co-investor in the syndicate. TECHSECTOR refers to the sector of the portfolio company (i.e. technology or other, where other 
includes for example life science and fashion industries). Other=0, Technology=1. STAGE refers to the stage of the portfolio company when the initial (SAMPLE20) VC investment took 
place, measures as the number of years since foundation. DURATION is defined as the investment duration (in years). i.e. time between entry and exit for SAMPLE20 firm. 
SYNDMATCH defines if the country of at least one syndicate member and the acquiring country “match”, No=0 and Yes=1. SYNDFOREIGN presents if the was a foreign (i.e. not based in 
the originating region of the portfolio company) investor in the syndicate, No=0 and Yes=1. GDP is used as a proxy for country specific (SWE) real economic growth in the exit year. 
STOCKMARKET refers to real stock market return development (AFGX) in the exit year. IPOMARKET is defined as number of IPOs in Sweden in the exit year. The variables specified 
with words are converted to numbers, see Table 4.2.4 for definitions. 

      Correlation matrix 

Variables Mean Median SD Min Max EXITR SYNDS SYNDEXP SECTOR STAGE DUR SYNDM SYNDF GDP STOCKM IPOM 

EXITROUTE 0.893 1 0.755 0 2 1.000           

SYNDSIZE 2.643 2 2.058 1 13 0.119 1.0000          

SYNDEXPERIENCE 20.617 16 21.001 1 165 0.047 0.4083 1.000         

TECHSECTOR 0.713 1 0.453 0 1 -0.187 -0.0311 -0.032 1.000        

STAGE 5.877 4 7.296 0 73 -0.134 -0.1016 -0.069 -0.026 1.000       

DURATION 3.983 3 2.861 0 14 0.143 0.2245 0.176 -0.014 -0.164 1.000      

SYNDMATCH 0.397 0 0.490 0 1 0.612 0.2004 0.172 -0.149 -0.086 0.136 1.000     

SYNDFOREIGN 0.523 1 0.500 0 1 0.184 0.4222 0.111 0.015 -0.101 0.114 0.0781 1.000    

GDP 0.033 0 0.019 -0.052 0.060 -0.216 -0.1330 -0.081 -0.013 0.063 -0.250 -0.2466 -0.050 1.000   

STOCKMARKET 0.083 1 0.174 -0.455 0.654 0.015 0.0395 -0.039 0.010 0.023 0.074 0.0498 0.043 -0.056 1.000  

IPOMARKET 39.317 1 23.242 0.000 63 -0.633 -0.0531 0.065 -0.057 0.149 -0.0508 -0.397 -0.199 0.345 -0.151 1.000 
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Appendix B.3, Correlation matrix of sub variables 

The sample includes 300 VC backed ventures during the period 1996-2015, where 126 were exited through an M&A, 71 through an IPO and 103 are still active in SAMLE20's portfolio. EXITROUTE is defined as 
the investment either being exited through an M&A or IPO, Active=0, M&A=1, IPO=2. NOSYND refers to the exits receiving financing from only one investor, SMSYND refers to a small to medium syndicate (2-4 
co-investors) and LARGESYND refers to large syndicates (≥5 co-investors). NOVICE is defined as the age of the oldest co-investor in the syndicate of being 0-6 years, INTERMEDIATE 7-13 years, EXPERIENCED 
14-20 years and SENIOR ≥21 years. SECTOR refers to the sector of the portfolio company (i.e. technology or other, where other includes for example life science and fashion industries). Other=0, Technology=1. 
SEED, START-UP, EARLYGROWTH, LATERSTAGE and MATURE refers to the stage of the portfolio company when the initial (SAMPLE20) VC investment took place, measures as the number of years since 
foundation, where SEED=0-1, START-UP=2-4, EARLYGROWTH=5-7, LATERSTAGE=8-10 and MATURE=≥11. DURATION is defined as the investment duration (in years). i.e. time between entry and exit for 
SAMPLE20 firm. SYNDMATCH defines if the country of at least one syndicate member and the acquiring country “match”, No=0 and Yes=1. SYNDFOREIGN presents if the was a foreign (i.e. not based in the 
originating region of the portfolio company) investor in the syndicate, No=0 and Yes=1. GDP is used as a proxy for country specific (SWE) real economic growth in the exit year. STOCKMARKET refers to real 
stock market return development (AFGX) in the exit year. IPOMARKET is defined as number of IPOs in Sweden in the exit year. The variables specified with words are converted to numbers, see Table 4.2.4 for 
definitions. 
  Correlation matrix 

Variables  EXITR DUR NOSYND SMSYND LSYND NOV INTERM EXPER SEN SECTOR SEED START-UP EARLYGR LATERST MATURE SYNDM SYNDF GDP STOCKM IPOM 

EXITROUTE  1                    

DURATION  0,139 1                   

NOSYND  -0,047 -0,101 1                  

SMSYND  -0,069 -0,026 0,000 1                 

LARGESYND  0,121 0,219 0,000 0,000 1                

NOVICE  -0,002 -0,253 0,300 -0,185 -0,174 1               

INTERMEDIATE  0,261 -0,011 0,065 -0,068 -0,032 0,000 1              

EXPERIENCED  -0,189 0,077 -0,081 0,133 -0,032 0,000 0,000 1             

SENIOR  -0,026 0,149 -0,323 0,110 0,000 0,000 0,000 0,000 1            

SECTOR  0,200 -0,014 -0,083 0,187 -0,116 -0,051 0,122 -0,033 -0,035 1           

SEED  -0,080 0,106 0,001 0,018 -0,028 0,045 -0,113 -0,080 0,040 -0,037 1          

START-UP  0,105 0,043 -0,076 0,003 0,132 -0,011 0,038 0,025 -0,014 -0,015 0,000 1         

EARLYGROWTH  0,021 0,046 -0,117 0,078 0,042 -0,125 0,063 0,006 0,079 0,028 0,000 0,000 1        

LATERSTAGE  -0,061 -0,065 -0,049 0,034 0,014 -0,009 0,001 0,106 -0,072 0,098 0,000 0,000 0,000 1       

MATURE  -0,118 -0,155 0,165 -0,076 -0,115 0,060 -0,037 -0,059 -0,045 -0,067 0,000 0,000 0,000 0,000 1      

SYNDMATCH  0,430 0,136 -0,076 -0,047 0,206 0,029 -0,065 -0,003 0,158 -0,149 -0,042 0,050 0,043 -0,054 -0,080 1     

SYNDFOREIGN  0,161 0,144 -0,236 0,012 0,386 -0,228 0,044 0,058 0,087 0,015 0,091 0,097 -0,042 0,030 -0,114 0,078 1    

GDP  -0,335 -0,250 0,101 -0,008 -0,125 0,051 0,020 0,018 -0,083 -0,013 0,033 0,026 -0,105 -0,003 0,086 -0,247 -0,050 1   

STOCKMARKET  0,090 0,073 -0,031 0,027 0,023 -0,137 0,082 0,046 -0,052 0,010 0,036 0,029 0,044 0,043 -0,016 0,050 0,043 -0,056 1  

IPOMARKET  -0,659 -0,051 -0,042 0,057 -0,068 -0,085 -0,191 0,213 0,029 -0,057 0,006 -0,105 -0,036 0,097 0,132 -0,397 -0,199 0,345 -0,151 1 
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Appendix B.4, Estimation results competing risk model, Weibull distribution 
We conduct a hazard rate analysis to model the duration between the entry date of the SAMPLE20 firm and the exit (i.e. the IPO or M&A), employing three commonly 
used parametric models (Weibull, Exponential and Gamma). Additionally we tested for a Log-normal distribution. We examined these four distributions as the 
baseline survival function for the AFT as indicators of the robustness of the estimated Gamma Frailty model (i.e. the Weibull distribution was tested here without 
accounting for the presence of unobserved heterogeneity). ). A ***, ** and * indicates that the coefficient is significant at 1%, 5% and 10% respectively. This table will 
present the results for the Weibull distribution (without Frailty). Corresponding tables for the Generalised Gamma, Exponential and Log-normal distribution can be 
found under Appendix B.5, B.6 and B.7. 
 
  M&A  IPO  All Exits 

Variable  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors 

             

TECHSECTOR  3.034 1.110*** .311  .262 -1.339 ***   .278  .878 -.130 .180 

STAGE      1.003 .003 .013     

Seed  .147 -1.920*   .652    - - -  .145 -1.928** .626 

Start-up  .212 -1.549* .647  - - -  .201 -1.605* .623 

Early growth  .196 -1.629*   .646  - - -  .236 -1.443* .621 

Later-stage  .186   -1.683* .669  - - -  .273 -1.299* .636 

Mature  .227 -1.483* .701  - - -  .317   -1.149 .655 

SYNDSIZE             

No Syndicate  .312 -1.165** .442  .507 -.680 .646     .434 -.835* .363 

Small to medium Syndicate  .533 -.629   .416  .535 -.625   .616  .587 -.532 .345 

Large Syndicate  .424 -.858 .467    .385 -.954 .645  .461 -.775* .378 

SYNDEXPERIENCE             

Novice  1.681   .520 .891  3.436 1.234   .968  3.960 1.376* .657   

Intermediate  1.026 .026 .857    1.066 .064 .950  1.778 .575 .635 

Experienced  .272   -1.301 .848    .950 -.051    .888    .670 -.402 .617 

Senior  .337 -1.089 .854    1.081 .078 .881  .855 -.157 -.157 

SYNDMATCH  1.197 .180 .201  2.816   1.035***    .305  1.567   .449** .162 

SYNDFOREIGN  .918 -.086   .213  1.290   .255 .309  1.096 .091 .177 

GDP  2.662   .980 4.598  7.19e+12 29.603*** 7.738  196449.5 12.188**   3.928 

IPOMarket  .801 -.222*** .504  .970 -.0301*** .007  .975 -.026*** .004    

StockMarket  .980 -.020 .005  .425 -.857 .705    .567 -.5667 .404 

             

Shape parameter, p  2.079    2.035    2.050   

Prob>chi2  0.000    0.000    0.000   

Log-likelihood  -171.117    -122.567    -201.496   
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Appendix B.5, Estimation results competing risk model, Generalised Gamma distribution 
 
  M&A  IPO  All Exits 

Variable  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors 

         

TECHSECTOR  .603 -.506*** .143 Cannot compute and improvement in nested or non – 

nested model, discontinuous region encountered 
  1.053 .052 .091 

STAGE             

Seed  2.400   .876** .336      2.443 .893** .315 

Start-up  2.058 .722*   .335        2.108 .746* .315 

Early growth  2.098 .741* .338      1.981 .684* .315 

Later-stage  2.158 .770*   .351      1.775 .574 .324 

Mature  2.059 .722* .366        1.680 .516 .332 

SYNDSIZE             

No Syndicate    1.666 .510* .224         1.446 .369* .185 

Small to medium Syndicate  1.214 .194 .214      1.224 .202 .175 

Large Syndicate  1.438 .364 .232      1.425 .354 .188 

SYNDEXPERIENCE             

Novice  .906 -.098   .426      .599 -.5113   .336 

Intermediate  1.122 .115 .409      .871 -.139 .325 

Experienced  1.906 .645 .410      1.325 .282 .314 

Senior  1.878   .630   .408      1.218 .198 .317 

SYNDMATCH  .872 -.137 .103      .773   -.257 .087 

SYNDFOREIGN  1.129 .121 .115        .988 -.0125** .091 

GDP  .187 -1.677 2.384      .002 -6.156**   1.948 

IPOMarket  1.012 .012*** .003      1.013 .0136*** .002 

StockMarket  1.204 .186 .254      1.356 .304 .204 

             

Prob>chi2  0.000        0.000   

Log-likelihood  -168.319           -199.968   
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Appendix B.6, Estimation results competing risk model, Exponential distribution 
 

  M&A  IPO  All Exits 

Variable  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors 

             

TECHSECTOR  3.085 1.126***   .300    .319 -1.141*** .266  .989 -.011 .173 

STAGE      1.002 .003 .0141     

Seed  .365 -1.009 .629     - - -  .369 -.997 .611 

Start-up  .423 -.862 .630    - - -  .446   -.808 .610 

Early growth  .366   -1.004 .634  - - -  .446   -.807 .614 

Later-stage  .357   -1.029 .659  - - -  .510   -.673   .628 

Mature  .413   -.883   .685  - - -     .557 -.585 .643 

SYNDSIZE             

No Syndicate  .475 -.745 .417    .676 -.391 .597  .593 -.522 .342 

Small to medium Syndicate  .669   -.403 .392  .676 -.392 .560  .705 -.350 .322 

Large Syndicate  .639 -.448 .438    .567 -.567 .581    .639 -.448 .350 

SYNDEXPERIENCE             

Novice  .756 -.280 .841    1.650 .501 .874  1.522 .420 .608 

Intermediate  .742 -.298   .809  .729 -.323 .861    1.087   .084 .589 

Experienced  .312 -1.164   .808  .926 -.077 .819  .624 -.472 .583 

Senior  .346   -1.063 .812    .930 -.072 .796  .705 -.349 .583   

SYNDMATCH  1.249 .222 .198  2.870 1.054*** .307    1.614 .479** .162 

SYNDFOREIGN  .902   -.103 .208  1.207 .188 .295  1.047 .046 .171 

GDP  .0432 -3.141     4.255    8.62e+07 18.272** 6.944  172.652   5.152 3.604 

IPOMarket  .983 -.0176 .005    .976 -.0240***   .007    .979 -.021*** .004   

StockMarket  .850 -0.163*** .472  .5306 -.634 .642  .680 -.386 .375    

             

Prob>chi2  0.000    0.000    0.000   

Log-likelihood  -211.759    -144.090    -262.455      
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Appendix B.7, Estimation results competing risk model, Log-normal distribution 
 

  M&A  IPO  All Exits 

Variable  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors  Hazard Coefficient Std. Errors 

             

TECH SECTOR  .623 -.474*** .137    1.833 0.606** .155  1.056 .054 .054 

STAGE       .992 -.008 .010        

Seed  2.347   .853* .347  - - -  2.308   .836* .328 

Start-up  2.054 .720* .345  - - -  1.983 .685* .328 

Early growth  2.076 .730* .349  - - -  1.956 .671* .331 

Later-stage    2.088 .736* .361  - - -    1.615 .479   .337 

Mature  2.117 .750* .379  - - -  1.571 .452 .347 

SYNDSIZE             

No Syndicate  1.644 .497* .231  .959 -.042 .345  1.324 .281 .196 

Small to medium Syndicate  1.138 .129 .213  1.080 .077 .322  1.111 .106 .183 

Large Syndicate  1.423 .353 .238  1.422   .352 .339  1.421 .352 .202 

SYNDEXPERIENCE             

Novice  .938 -.064 .430  .798 -.237 .532  .737 -.305 .349   

Intermediate  1.139 .131 .415    1.419 .350 .522  1.020   .020 .341 

Experienced  1.784 .579 .415  1.383 .325 .508  1.383 .325 .337 

Senior  1.855 .618 .413  1.236 .212 .488  1.353   .302 .333 

SYNDMATCH    .851 -.161 .104    .521 -.652*** .170  .730 -.314***   .089 

SYNDFOREIGN  1.175 .162 .114  0.809 -.212 .172  1.016   .016 .096   

GDP  .076 -2.573 2.309  1.10e-06 -13.719** 4.276  .002   -6.102** 2.060 

IPOMarket  1.014 .0142***    .003  1.014   .014*** .004  1.015 .015*** .002 

StockMarket  1.264 .234 .252  1.905 .645 .369  1.441 .366 .2104 

             

Prob>chi2  0.000    0.000      0.000   

Log-likelihood  -169.025      -172.014     -204.622   
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Appendix C 
 

Appendix C.1, Information about SAMPLE20 
The 20 VC firms (i.e. SAMPLE20) represent different types of VC firms, with different structure and investment strategies. The diversity of VC firms is also shown by differences in VC affiliation and 
overall sector specialization of each firm. Table 4.2.1, in Chapter 4, provides information on which firms were gathered from CBI’s list over “most active investors in Sweden” and which were gathered 
from the Ceandum data set.  
 

Venture Capital Firm Type Founded HQ Classification Region Investment strategy Sectors 

Almi Invest GVC 2009 Sweden Sweden Sweden Seed, Start-up Various industries 

Centrecourt IVC 1995 Sweden Sweden Sweden Seed, Start-up, Early growth Technology, Life Science 

Chalmers Ventures UVC 1999 Sweden Sweden Sweden Seed, Start-up, Early growth Technology, Life Science 

Conor Venture Partners IVC 2005 Finland Sweden/Finland Europe Seed, Start-up Technology 

Creandum IVC 2003 Sweden Sweden Europe Seed, Start-up, Early growth, Later stage Technology 

Fouriertransform GVC 2008 Sweden Sweden Sweden Later stage Technology, Industrial sectors 

GP Bullhound Sidecar IVC 1999 Sweden Sweden Europe, US Early growth, Later stage Technology 

HealthCap Venture Capital IVC 1996 Sweden Sweden Europe, US Early growth, Later stage, Mature Life Science 

Industrifonden GVC 1979 Sweden Sweden Sweden Start-up, Early growth Technology, Life Science 

Inlandinovation GVC 2010 Sweden Sweden Sweden Start-up, Early growth Various industries 

Innovacom CVC 1988 France Sweden/France Europe Start-up, Early growth Technology 

Innovationskapital IVC 1994 Sweden Sweden Nordic Start-up, Early growth Technology, Life Science 

Northzone Ventures IVC 1996 Sweden Sweden Europe Seed, Start-up, Early growth, Later stage, Mature Technology 

Novestra IVC 1997 Sweden Sweden Sweden Start-up, Early growth Technology 

Rite Ventures IVC 2007 Sweden Sweden Nordic Early growth Technology 

Saab Ventures CVC 2001 Sweden Sweden Nordic Seed, Start-up, Early growth, Later stage Technology 

Scope Capital Advisory IVC 2001 Sweden Sweden Nordic Early growth Technology, Life Science 

SEB Venture Capital BVC 1995 Sweden Sweden Nordic Early growth, Later stage Technology, Life Science 

Servisen Investment Management IVC 1992 Sweden Sweden Europé Seed, Start-up, Early growth, Later stage, Mature Technology, Life Sicence, Industrial sectors 

Verdane Capital Advisors IVC 2003 Norway Sweden/Norway Nordic, US Early growth Technology, Industrial sectors 
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Appendix C 
 
Appendix C.2, Nationality of investors in syndicate 
 

This table presents the information about the CO-INVESTORS. We will define the “country of the investor” as the country of HQ office or dominant presence. This categorization is 
appropriate for the study, as a categorization based on Country of HQ only could be misleading. To exemplify, Index Ventures, one of the co-investing firms, was founded in 1996 in 
Geneva, Switzerland, but state that their principal offices are located in the UK and US. We will therefore define them as a UK/US located investor. The definition of which type of 
VC is gathered from respective firm’s webpage, where the asset managers have at least some kind of VC investing components. 
 

Investor Country Founded Type Investor Country Founded Type 

10ipt10 Denmark 2000 VC BVM Capital Sweden 2013 VC 

2M Invest Denmark 1992 VC Cambrian Ventures US 2000 VC 

3i UK 1945 VC/PE Canaan Partners US 1987 IVC 

Accel Partners US 1983 IVC CapMan Finland 1989 Buyout 

Accenture Technology Ventures US 2001 BVC Cardinal Venture Capital US 2000 IVC 

ACT Venture capital Ireland 1994 IVC Carmel Ventures Israel 2000 IVC 

Advent Venture Partners  UK 1981 VC/PE Carnegie Sweden 1911 AM 

AFSquare US 2012 VC Catapult Venture Managers UK 1999 IVC 

Aggregate Media Sweden 2002 IVC Catella Sweden 1987 AM 

Alafi Capital US 1988 IVC CDC Innovation Partners France 1996 IVC 

Alfred Berg Holding Sweden 1863 AM/ CDIB Biotech Venture Management Taiwan 2001 BVC 

Alliance Ventures  Norway  2001 IVC Cell ICD Sweden 1998 VC 

Alta  Berkeley Venture Partners  UK 1982 IVC Cipio Partners Germany 2003 CVC 

Amadeus Capital UK 1997 VC/PE Commerce Health Ventures US 2003 PE/VC 

Apax Partner UK 1969 VC/PE Concordia Capital LLC Canada 1993 AM 

Arctic Ventures Canada 2000 VC Convexa Capital Ventures Norway 2000 VC 

Argnor Wireless Ventures Sweden 2000 VC Core Ventures UK 2013 VC 

Arts Alliance Ventures UK 1996 VC Credit Lyonnais Private Equity France 1990 VC 

Asset Management Ventures US 1965 VC CSFB Private Equity Switzerland 1996 VC/PE 

Atlantis Vest Norway 1918 VC Cubera Private Equity Norway 2002 VC/PE 

Atlas Venture US 1980 IVC D.E. Shaw US 1988 VC 

Atle Envitech (Previously Partnerinvest AB) Sweden 2011 VC Dansk Kapitalanlaeg Denmark 1984 VC/PE 

Atomico UK 2006 VC Dawn Capital UK 2006 VC 

Auriga Partners France 1998 IVC Delphi Ventures US 1988 IVC 

Aventic Partners AG Switzerland 1999 VC/PE DeNovo Ventures US 2000 AM 

Backstage AB Sweden 1996 VC DFJ Esprit UK 2006 AM 

Balderton Capital UK 2000 IVC DN Capital UK 2000 VC 

Banexi Ventures Partners France 1983 IVC Dotcorp Asset Mgmt Luxembourg 2006 AM 

Baring Vostok Capital Partners Russia 1994 PE/VC DST Global Russia 2005 CVC 
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Investor Country Founded Type Investor Country Founded Type 

Bay City Capital US 1997 IVC DTU Symbion Innovation Denmark 2009 IVC 

Benchmark Capital US 1995 IVC Eficor Ventures Finland     2006 VC 

BioCapital Canada 2007 VC eGarden Ventures China 2007 VC 

Bisnode (Venture and development AB) Sweden 1992 CVC Edastra Venture Capital Sweden 2007 VC 

BlueRun Ventures US 1998 IVC Intel Capital US 1991 VC 

Brainheart Capital Sweden 2010 IVC Inventure Oy Finland 2005 VC 

Bure Equity Partners Sweden 1992 AM Energy Future Invest Norway 2001 VC 

Enterprise Ireland Irland 1998 GVC Investinor Norway 2008 VC 

Entrepeneurs Fund UK 2002 VC Investment AB Kinnevik Sweden 1936 AM 

Eqvitec Finland 1997 VC/PE Investor Sweden 1916 VC 

Estonian Development Fund Estonia 2007 GVC Investor Growth Capital US 1995 AM 

Ferd Venture Norway 1998 VC IT Provider  Sweden 1998 AM 

Fidelity Management & Research Company US 1946 AM Iteksa Venture Sweden 2002 VC 

Fidelity Ventures US 1969 VC ITP Invest Sweden 1998 AM 

Fidelty Growth UK 1969 PE Jennison Associates US 1969 AM 

Finnish Industry Investment Ltd Finland 1995 GVC Jerusalem Venture Partners, JVP Israel 1993 IVC 

FinTech Innovation Lab US 2012 VC JMI Equity  US 1992 VC 

Firestartr UK 2012 IVC Karolinska Investment Fund Sweden 1999 VC 

Foinco Invest Norway 1988 VC Kaupthing Alpha Iceland 1982 GVC 

Fostergate Holdings Cyprus 2012 IVC Kaupthing Bank Iceland 2008 GVC 

Foundation Capital US 1995 IVC Kennet Partners US, UK 1997 VC/PE 

Four Seasons Venture Norway 2005 VC KL Finans Sweden 1999 VC 

Företagsbyggarna Sweden 1993 GVC Kleiner Perkins Caufield & Byers US 1972 IVC 

Första Entreprenörsfonden Sweden 2004 VC Konceptkapital Sweden 2001 VC 

Förvaltnings AB Metallica Sweden 2010 VC K-Svets Venture Sweden 1993 VC 

Ge Equity US 1995 VC/PE KT Venture Group US 2000 VC 

GeoCapital US 1984 VC Lakestar Switzerland 2012 IVC 

Gilde Investment Management Netherlands 1982 VC/PE Latterell Venture Partners US 2001 VC 

Gillesvik Invest Sweden 2004 VC Ledstiernan AB Sweden 1994 VC 

Gjensidige Nor Spareforsikring Norway 2003 AM Life Equity US 2000 AM 

Global Reach Capital US 2004 AM Litorina Kapital Management Sweden 1998 VC/PE 

Goldman Sachs CP (GS Asset Management) US 1989 AM LIWE Sweden 1970 AM 

Herkules Capital Norway 2006 IVC Lundbeckfond Ventures Denamrk 2009 VC 

Holtron Venture Finland 2005 VC Lunova  Sweden 2000 IVC 

Horizons Ventures US 1999 VC MedVenture Associates US 1986 VC 

IBB Germany 1996 VC Metallica Invest AB Sweden 1994 VC 

IGC Sweden 1956 IVC Midroc New Technology Sweden 2007 VC 

Incitia Ventures Norway 2001 VC Monterro Sweden 2012 VC 
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Investor Country Founded Type Investor Country Founded Type 

Index Ventures Schwiez 1996 VC Montreux Equity Partners US 1993 VC/PE 

Industrivärden Sweden 1944 AM MOOR Capital Sweden 2012 VC 

Institutional Venture Partners (IVP) US 1980 VC MVI Sweden 1992 AM 

Naspers South Africa 1915 VC Scandinavian Life Science Venture Sweden 2000 VC 

National Technology Enterprises Company Kuwait 2004 GVC Schroder Ventures (SV) UK 1993 VC 

New Projects Group Sweden 1993 AM Seaflower Ventures US 1993 VC 

NewSpring Ventures L.P. US 1999 VC SEED Capital Denmark 2004 VC 

Investa Företagskapital Sweden 2003 CVC NMT New Medical Technologies Switzerland 2003 IVC 

Nordic Venture Partners Denamrk 1999 VC SEP Equity Partner Scotland 1997 IVC 

NorgesInvestor Norway 1996 MBO Sequel VP US 1996 VC 

Norrlandsfonden Sweden 1961 GVC Siemens Mobile Acceleration Germany 2001 CVC 

Norsk Vekst Norway 1989 AM Sintef Venture Norway 1950 CVC 

Norwest Venture Partners (NVP) US 1961 VC Sinvent AS Norway 1950 CVC 

Novare Kapital Sweden 2001 AM Sjätte AP-fonden (6AP) Sweden 1996 AM 

OCAS Ventures Belgium 2004 VC Skandia Asset management Sweden 1855 AM 

Optimizer Invest Malta 2012 VC Slottsbacken VC Sweden 1996 VC 

Optiomi Finland 1996 CVC Smac Partners Germany 2008 VC 

Orbimed Advisors US 1989 VC SmartCap AS Estonia 2011 VC 

Orkos Capital France 2014 VC/PE SND Invest AS Norway 1998 IVC 

Oxford  Ventures US 1987 VC Sofinnova Ventures US 1974 VC 

Parkerinvest AB Sweden 2015 AM Soros PE US 2005 VC/PE 

Partnerinvest Norr Sweden 2008 GVC Spark Ventures UK 1999 VC 

Partners Group Switzerland 1996 PE/VC Sphera Global HealthCare Fund Brazil 2006 AM 

Perceptive Advisors US 1999 AM SR One UK 1985 CVC 

Perceptive Life Sciences Fund Ltd US 1999 PE/VC Startkapital Sweden 2011 VC 

Pictet Global Sector Fund Switzerland 1805 AM Start-up Factory US 2012 VC 

PNF Venture Capital Sweden 1987 IVC Stem Capital Canada 2009 AM 

Pod Holding  US, Sweden 2000 VC Stena Sessan Sweden 1935 AM 

PolyTechnos Funds Germany 1998 VC Sunset Investment US 2001 VC 

POSCO BioVentures US 2002 VC Sunstone Sweden 2007 VC 

Prime Technology Ventures Netherlands 1999 IVC Sutter Hill Ventures US 1962 VC 

Priveq Sweden 1983 AM Swedia Capital Sweden 1989 AM 

ProQuest Investements US 1998 VC Swisscom Ventures Switzerland 2007 VC 

Prosper Capital US 2012 VC TAG Investments India 1988 VC 

Qualcomm Ventures US 2000 CVC T-Bolaget AB Sweden 1958 AM 

Ratos Sweden 1933 VC Technology Crossover Ventures US 1995 VC 

Reitan Invest Norway 2001 AM Teknoinvest Norway  1984 VC 

Sanders Morris Harris US 2000 AM Teknoseed Sweden 1997 IVC 
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Investor Country Founded Type Investor Country Founded Type 

SAP Ventures US 2011 VC Tele Danmark Innovation Denmark 2000 VC 

Scala Invest Denmark 1997 PE/VC Telenor Ventures Norway 1993 CVC 

Telia Business Innovation Sweden 1999 CVC Trident Capital US 1993 VC  

Telos Venture Partners US 1995 VC TSG Consumer Partners US 1987 VC/PE 

Texcel International Sweden 1991 AM Tularik Inc. US 2004 VC 

Thule Investments Iceland 2003 VC/PE T-Venture Germany 1997 VC 

Tillväxtverket Sweden 2009 GVC TVM Techno Venture Germany 1983 VC 

Tredje AP-fonden (3AP) Sweden 2003 AM Uppsala University Holding Sweden 1995 UVC 

Selvaag VC Norway 2008 VC Vision Capital US, UK 2003 VC 

Utilsun Spain 2009 AM Varenne Sweden 2001 VC 

Veddis Ventures Gibraltar 2006 VC Volito Innovation AB Sweden 1991 CVC 

Wellington Partners  UK 1990 VC Volvo Technology Transfer (VTT) Sweden 1997 CVC 

Ventech France 1999 VC Vulcan Ventures US 1986 VC 

Venture Partners Denmark 2006 VC Västernorrlandsfonden Sweden 1999 CVC 

VIA Venture Partners Denmark 2006 VC Xage France 2003 GVC 

Viking Venture Norway 2001 VC Xmark Funds US 2002 VC 

Vinnova Sweden 2001 GVC ZenShin Capital US 2013 IVC 

Viola Credit Israel 2000 VC Zimbrine Holding BV Netherlands 1989 VC 

Wiredge Ventures Sweden 1996 AM Zobito Sweden 2012 IVC 

Vista Ventures US 2000 CVC     
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Appendix D 
 

Appendix D.1, Interview questions for Daniel Blomquist 
 
The interview was performed June 3rd 2016 over the telephone. We began by presenting the 
examined hypotheses to hear Mr. Blomquist general thoughts and experience revolving them. 
We then proceeded to ask specific follow up questions, provided after each hypotheses below. 
 
 
H1a: The presence of one or more experienced VC firms in the syndicate will prolong time 
to exit 
 

H1b: The presence of one or more experienced VC firms will increase likelihood of exiting 
through an IPO 
 
Follow up questions 
 

1. Our descriptive statistics infer a longer duration for ventures receiving financing from at least 
one experienced VC firm in the syndicate, indicating that the hypothesis is true. We also observe 
a sharper development for IPOs, where the shortest (average) duration for our sample is 
explicitly when the oldest VC in the syndicate is classified as Novice. Would you say that you 
experience that a difference in VC firm experience should affect time to exit, or the choice 
between IPO and M&A? 
 

2. Our descriptive statistics indicate that having an experienced VC (i.e. being active for more 
than 14 years) has a bigger effect on accomplishing a successful IPO (when comparing to M&A). 
What are your thoughts on the matter?  
 
 

Main answers regarding syndicate experience 
 

 Experience is likely to influence investment duration. It is fair to expect that more 

experienced VC firms, on average, hold their investments for longer time periods. 

 Established VC firms have a track record of successful fundraisings. As such, they do not 

need to factor in future fundraising ability into their investment decisions, something 

that may be an important consideration for less established VC firms. 

 Established VC firms also tend to be better at distributing their allocation of funds, 

commonly focusing on ‘long’ portfolio investments. 

 It may be difficult to discern the effect that experience has on the likelihood of an IPO, 

from for instance the size of the VC fund, which tends grow with time. When a VC firm 
raises its first funds, the average amount tends to be smaller than consecutive funds.  

 
 
H2a: We hypothesize that a larger syndicate will decrease the time to exit 
 

H2b: We hypothesize that a larger syndicate will increase the likelihood for exiting 
through an M&A 
 
Follow up questions 
 

1. Our descriptive statistics indicate that the larger the syndicate, the longer the holding period. 
The CRM results indicate a shorter holding period for larger syndicates. What are your toughs 
regarding the syndicate’s size effect on the holding period? 
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2. Only 20% of the realised investments in our sample received financing from 5 or more co-
investors (excluding angel investors). Would you say that is representative of the Swedish VC 
market? 
 

3. The only ”group” (seemingly) experiencing a positive effect from syndication are ventures 
exited through an M&A, receiving financing from 2-4 investors. Does that sound reasonable? 
 
 

Main answers regarding syndicate size 
 

 Few syndicating participants can be an indicator that an investment did not perform 

well, and was not among the most successful exits. 

 It is common practice among traditional VC firms to take the role of lead-investor in one 

round, but not do so in the next round.  

 There is an in-built dynamic linked to larger syndicates; investors tend to enter gradually 

as a venture grows. Larger syndicates are commonly linked to larger capitalization on 

behalf of the venture in question, i.e. the company is taking in more money to finance its 

business. 

 Every time a new VC investor enters - the syndicate changes, as each investor has their 

own strategy and required ROI, meaning, that while some choose to stay longer, some 

investors exit the investment after a shorter holding period. Each time a new investor is 

brought aboard, the more difficult it can become to unite around a common agenda. 

 It is not worth taking a venture public unless it has reached a certain size. Raising large 

amounts of funding takes time, and consequently it seems reasonable that a larger 

syndicate size, should increase time to exit. 

 
 
H3a: Foreign investor involvement in a syndicate shortens time to exit than investments 
with only domestic co-investors 
 

H3b: Investments with foreign investor involvement should affect exit route by increasing 
the probability of an M&A 
 
Follow up questions 
 

1. Among ventures funded by a foreign investor, our descriptive statistics are evenly distributed 
in terms of how many investments were exited through an IPO or M&A (62% IPO, 58% M&A). Is 
this in line with your industry expertise on how a foreign investor affects exit route? 
 

2. Our descriptive statistics indicate the opposite from what was hypothesized, i.e. that 
investments with only domestic investors experience a shorter duration (on average) than 
investments with foreign investors. What are your experiences from these kind of investments? 
 
 

Main answers regarding foreign investor presence 
 

 Expects a strong association between the presence of a foreign investor and successful 

exits in general. 

 Foreign investors tend to enter after multiple rounds, when a venture has already 

reached a certain degree of success. This also means that the foreign investor often 

provides larger financing amounts, and consequently expects a higher ROI.  

 A foreign investor most likely will facilitate an international exit, and there are likely to 

be few examples of Swedish investments receiving financing from an international 

player, but still chose to exit domestically. It is also likely that in syndicates consisting of 
only domestic investors, time to exit can be faster. 
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H4a: A match between location of at least one VC firm in syndicate and acquirer country, 
will have a negative effect on time-to-exit. 
 

H4b: A match between location of at least one VC firm in syndicate and acquirer country, 
would increase the probability of an exit in that country 
 
Follow up questions 
 

1. Our results are not in line with our hypothesis, specifically is it statistically shown that 
ventures experiencing a “match” do not exit faster than others. Could this apply that portfolio 
companies (or VC firms) trying to expand to a new market wish to speed up time to exit?  
 

2. Our results indicate that a “match” is essential for the location of the exit, specifically does 
77% of the IPOs in our sample experience this match (equivalent number for M&A is 51%). 
Would you say that these figures are representative for VC investing? 
 
 

Main answers regarding a “match” between the location of at least one VC firm in the 
syndicate and the location of the acquiring country 
 

 It reasonable that IPOs show a greater number of “matches” than M&A exits.  

 The need for an international investor is of greater importance for a venture pursuing an 

international IPO, rather than an M&A, due to the preparatory steps that need to be 

taken ahead of an IPO. 

 It is reasonable that there should be a high correlation between a foreign IPO and the 

presence of a foreign investor. 

 Syndicates that consist purely of domestic players, have probably not reached the 

sufficient level of success needed to achieve a successful public listing abroad, and will 

instead attempt to achieve an IPO on the domestic market. 

 In most cases, Swedish ventures are listed locally. This is partially due to the challenges 

that come with accomplishing a successful IPO on a foreign (and often larger) market. 

However, this may differ between sectors, as well as over time. 

 

 

General comments 
 

 The effect of syndication may be hard to isolate. It may be difficult to discern the effect of 

an individual variable, as it can be unclear whether the successful exit was a result 

mainly derived from the skillset of the investor, the internal capability of the venture, or 

both. 

 Holding an investment for a longer time period can be both positive and negative. A new 

investor can contribute to the value adding activities of the syndicate, but at the same 

time prolong the time to exit, as they will want to build the company into an even 

stronger positon. 

 The ability to grow and develop a company is essentially what will determine the ROI for 

the individual investor. Creating value in a company does not happen instantaneously. 


