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Sammanfattning 

 
Organisationer med högpresterande data- och analytics-kapacitet är mer framgångsrika än 

företag med lägre data- och analytics-kapacitet. Det är därför viktigt att företag bedömer sin 

mognad och företagets behov inom analytics för att identifiera och  utvärdera områden för för-

bättring. Syftet med denna fallstudie var således att skapa en förståelse för hur organisationer 

kan öka sin mognad inom analytics och den utfördes i en geografiskt avgränsad region av ett 

globalt B2B-företag med en central analytics-funktion på huvudkontoret. Regionens önskan 

var att integrera analytics i fler processer samt att analytiska färdigheter och resurser används 

så effektivt som möjligt. 

 

För att uppfylla studiens syfte samlades empirisk data in genom kvalitativa intervjuer med 

anställda på huvudkontoret, mer kvantitativa intervjuer med regionanställda samt en enkätun-

dersökning inom den studerade regionen. Detta kompletterades med en grundlig litteraturstudie 

där de mognadsmodeller för analytics som styrt identifieringen av organisationens nuvarande 

kapaciteter på en övergripande nivå studerades, tillika analyticsstrukturer, Lean Six Sigma, och 

Knowledge Management. Resultaten visar en relativt låg analytics-mognad p.g.a. bland annat 

otillräcklig support från management, otydlig ansvarsfördelning för analytics, felaktigt använd 

och otillräcklig efterfrågan på data samt olika problem med kompetens, verktyg och källor.  

 

Studien bidrar till forskningsområdet genom att identifiera att de mognadsmodeller för analy-

tics som finns tillgängliga utan kostnad lämpar sig bra för inspiration men att de inte är fullstän-

diga då de saknar strategi för att just öka mognaden inom analytics. Vidare visar studien på att 

svårigheter uppstår när en central analytics-funktion har låg analytics-mognad och inte något 

tydligt mandat för att driva utvecklingen av analytics samtidigt som andra delar av företaget 

vill gå fram inom analytics. Det största bidraget från studien är således att etableringen av 

analytics networks kan möjliggöra för företag att höja sin mognadsgrad inom analytics. Genom 

litteratur och empiri visas att nätverk inom organisationen ökar transparensen inom den globala 

organisationen; anställda knyts samman och kan utnyttja varandras kunskap inom analytics och 

en integrering av Lean Six Sigma i nätverket medför en naturlig länk mellan analytics och 

verksamheten, varför dess mognad inom analytics kan ökas. Nätverken gör att problem lättare 

lyfts till rätt nivå, lösningar hittas snabbare, dubbelarbete minskas samt att befintliga resurser 

och kunskap används samtidigt som utvecklingsarbetet inom analytics effektiviseras. 

 

Nyckelord: Data and Analytics mognadsmodeller, centralisering/decentralisering av analytics, 

analytics strukturer, analytics nätverk, kunskapshantering och samarbete, Lean Six Sigma  
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Abstract 

 
Organisations with high-performing data and analytics capabilities are more successful than 

organisations with lower analytics maturity. It is therefore necessary for organisations to assess 

their analytics capabilities and needs in order to identify and evaluate areas of improvement 

that need to be addressed. This was the purpose of this case study conducted on a region in a 

global B2B organisation, which has a centrally established analytics function on corporate 

level, wanting the use of analytics to be integrated in more of the region’s processes and 

analytical capabilities and resources being used as efficient as possible. 

 

To fulfil the thesis purpose, empirical data was collected through qualitative interviews with 

employees on corporate level, more quantitative interviews with regional employees and a 

questionnaire issued to regional employees. This was complemented with a thorough literature 

study which provided the analytics maturity models used for identifying the current capabilities 

on a holistic level of the region, as well as analytics setups, Lean Six Sigma and Knowledge 

Management. Results show a relatively low analytics maturity due to e.g. insufficient support 

from management, unclear responsibility of analytics, data not being used correctly or 

requested enough and various issues with competence, tools and sources.  

 

This study contributes to analytics research by identifying that analytics maturity models 

available free of charge only are good for inspiration and not full use when used in a large 

company. Furthermore, the study shows that complexities arise when having a central analytics 

function with low analytics maturity while other parts of the company face analytics problems 

but no indications are given on who and what to proceed on or not. This study therefore results 

in contributing with a proposition for companies wanting to increase its analytics maturity that 

this could be facilitated by establishing networks for analytics. Combining literature and 

empirics show that networks enable investigation of the analytics situation while at the same 

time enabling increased sharing, collaboration, innovation, coordination and dissemination. By 

making Lean Six Sigma a central part of the network analytics will be used more and better 

while at the same time increasing the success-rate of change and improvements projects. 

 

 

 

Key-words: Data and Analytics maturity models, centralisation/decentralisation of analytics, 

analytics setups, analytics networks, knowledge management and collaboration, Lean Six 

Sigma
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1. INTRODUCTION 

In this chapter the background to the research area is presented together with clarifying definitions, 

the case company, a problem formulation of why this area is of researching interest. The thesis’ 

purpose, research questions and delimitations are also stated in this first chapter before ending with a 

figure showing the thesis’ disposition.  

1.1. BACKGROUND 
The generation of data has grown exponentially in every business sector and business leaders are 

looking for opportunities and solutions on how to better derive value from their data assets (Manyika 

et al., 2011). It has recently been stated by Graco (2015) that nations and organisations making the best 

use of data will be the ones prospering and Kincaid (2012) states that for companies wanting to be ahead 

of their competitors, the use of data and analytics is critical. The extraction of knowledge from data is 

recognised as the future of organisations and is now considered as the international currency and not 

finance (Graco, 2015), which can be explained by organisations now being able to take advantage of 

data and apply more advanced analytics by adopting new technologies and techniques. Real business 

value is however first created when the ability to apply insight to actions and improvement of business 

processes is achieved (Nott, 2014).  

With the use and implementation of business analytics processes, organisations in most industries can 

reach wanted improvements in processes, firm performance and the creation of competitive advantage 

(Cosic et al., 2012), leading to a whole new forward-looking view of their business processes to drive 

improvements and efficiencies with these new insights (IDC, 2015). It is a strategic investment with 

high importance since the organisation’s performance can be significantly improved with such 

capabilities and when used widely throughout organisations and including multiple users from many 

functional areas, new opportunities can be identified. This can in turn result in renewal of organisational 

capabilities and enhancement of business processes to increase benefits (Cosic et al., 2012). Up until 

now, Lundstedt (2015) writes that much attention has been addressed to the collecting part of the data 

but that it now is time to focus on the analysis of the data so proper actions can be taken. 

Today, many companies use the same technology and more actors offer the same products which makes 

high performance processes one of the few remaining possibilities for differentiation. It is highly 

important that companies execute their business with maximum efficiency and effectiveness and 

Davenport et al. (2007) write that analytical competitors make the most out of their business processes 

and key decisions. According to a study performed by McCarthy & Harris (2012), eight out of ten 

organisations are not achieving the desired goals they are heading for, the underlying reason mainly 

being that the organisations do not have an analytical capability to manage the comprehensive amount 

of information available. A growing number of organisations have however already developed 

advanced analytical capabilities in their organisation (McCarthy & Harris, 2012) but Taylor (2013) 

writes that organisations have to develop processes that are smarter and more effective, not just more 

efficient, stating that business analytics have been too focused on customer opportunity and risk 

Back-
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management and not complete operational excellence. These new and improved processes need to be 

repeatable at scale and at the same time deliver customised experiences (Taylor, 2013). 

By using analytics, i.e. an extensive use of data, statistical and quantitative analysis, explanatory and 

predictive models, and fact based management, answers can be provided to what business activities 

generate higher value and increase proactivity (Davenport et al., 2007). Business analytics is part of 

Business Intelligence (BI) and is a set of technologies and processes that use data to understand and 

analyse business performance (Davenport & Harris, 2007). It involves the usage of organisational data 

of different types being collected from e.g. operational activities with the use of IT assets and other firm 

resources, an interaction that leads to greater capabilities than the sum of the individual capabilities of 

the components (Cosic et al., 2012). McCarthy & Harris (2012, p. 2) further defines analytics as “an 

integrated framework that employs quantitative methods to derive actionable insights from data, then 

uses those insights to shape business decisions and, ultimately, to improve outcomes”. 

Referring to Negash (2004), Watson & Wixom (2007) and Jordan & Ellen (2009), Cosic et al. (2012) 

further write that the people, processes and technologies that together enables gathering, analysis and 

transformation of data can in turn be used for supporting different managerial activities, such as 

decision-making. Business analytics also validates causal relationships related to inputs, processes, 

outputs and outcomes as well as delivers hard facts about the effects of relationships between different 

indicators by putting data to work (Schläfke et al., 2012; Taylor, 2013). It can then be seen what is 

behind the data, creating insight that in turn can improve decision-making leading to immediate 

improvements in the organisation (Taylor, 2013; Davenport, 2007). By embedding analytical decision-

making in the organisation’s different processes, the opportunity to drive continuous improvements is 

given as well as faster response to other changes (Taylor, 2013). Companies characterising themselves 

as data-driven perform better on objective measures of financial and operational results, McAfee & 

Brynjolfsson (2012) highlighting that companies in the top third of their industry in the use of data-

driven decision-making were, on average, 5% more productive and 6% more profitable than their 

competitors. Also, better predictions, smarter decisions and more knowledge of the own business are 

reached when applying business analytics (McAfee & Brynjolfsson, 2012). 

IT assets and components include technologies for data warehousing, reporting, dashboards, online 

analytical process technologies, data visualisation, data mining and other hardware and software assets 

ranging from simple statistical and optimisation tools in spreadsheet (Excel reporting) to complex BI 

platforms such as SAS and Cognos, predictive industry applications to analytical enterprise systems 

such as SAP and Oracle (Cosic et al., 2012; Davenport & Harris, 2007). Other firm resources used for 

collecting data can be of both tangible and intangible characteristics, including people, skills, 

knowledge, culture, and governance (Cosic et al., 2012). Manyika et al. (2011) proposes large IT 

investments to reach success within the data landscape, resulting in better and faster tools to perform 

collection and analyses, as well as prioritising investments in human capital and organisational change 

to reach a wanted analytics state. 

1.2. CASE COMPANY 
This thesis is conducted as a case study at a global B2B company, further referred to as Company A, 

with over 100,000 employees and customers in over 180 countries, more specifically for one of its ten 

regions; the Western and Central Europe region, see Figure 1. For them, analytics is a relatively 

unexplored area; their regional Business Excellence (BE) team, which is responsible for driving 

performance management and strategy execution in the region, know that different functions of the 

region use and integrate analytics to varying degrees and that the results of analytics work vary. When 
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the BE team conducts projects throughout the region, they also encounter problems with a high degree 

of manual work related to analytics, resulting in less time for actual analyses and increasing the risk for 

mistakes in transferring processes and inaccuracies in conclusions drawn.  

Since the analytics use and needs are not known, it is not known how to structure the analytics work 

and development within the region. A central analytics function, the Central Analytics Group (CAG), 

was also established a little more than a year ago at the company headquarters with the task to maintain 

good data quality and ensure better tracking of measurements and operations in the company. With it 

being a young organisation still trying to find its place in the company, it has not yet specified how it is 

to structure its work with regions and it is unknown for the region how to approach this new 

establishment when at the same urgently wanting to become better at analytics in the region.  

1.3. PROBLEM FORMULATION 
With analytics being important for increasing a company’s competitiveness in both present and future 

markets and holding large but yet undiscovered possibilities, analytics is an area that needs to be given 

attention on all levels. Being a global company does however implicate great complexities, there is a 

large number of various analyses performed on different levels and within different functions, 

performed both to highly varying degrees and with varying support for analytics.  

Global companies that do not have control of their analytics work therefore need to make sure their data 

and analytics use and needs, and its encircling processes and structures, are understood. This is desirable 

for enabling the progress towards a structure that ensures more and better analyses to be performed, for 

reaching a better use of resources and ultimately leading to large possibilities being discovered and 

realised. 

1.4. PURPOSE 
This study focuses on the pressing analytical needs and maturity of the Western and Central Europe 

region within a global company and how they can be met by a centrally established analytics function. 

The purpose of this study is therefore to propose actions for how a global company with a centralised 

analytics function is to proceed so that analytics is integrated in more of the region’s processes and 

analytical capabilities and resources are used as efficient and effective as possible.  

  

1 of 10 regions Headquarters 

Corporate Business 
Finance 

Central Business 
Excellence 

Corporate Knowledge 
Management & 

Collaboration (KM&C) 

CAG Regional Business 

Excellence 

Multiple functions 

Figure 1. Overview the relevant parts of Company A for this case study 
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1.5. RESEARCH QUESTIONS 
To reach the purpose of this study, the following main research question has been formulated:  

MRQ: How does a global company increase its analytical maturity level? 

This question includes investigating various aspects of analytics to determine what improvement actions 

a company needs to perform in order to increase its analytical maturity. To structure the data collection 

process for answering the MRQ, three sub-research questions have been formulated that cover both 

investigating the current situation of analytics as well as the aspects of process methodologies and 

sharing and transfer of analytical insights and knowledge. 

SQ1: What is the current state of analytics work in the organisation? 

By assessing what analytical work the organisation is performing today and how this is used, managed 

and structured, its analytics maturity level can be determined. This assessment allows for analyses on 

what barriers need to be removed in order to reach a higher maturity level. The question is of descriptive 

character, however, it is necessary in order to acquire a deeper understanding and to be able to answer 

SQ2, SQ3 and finally the MRQ.  

SQ2: How do process methodologies influence the use of analytics? 

Identifying primary methodologies that the organisation follows or aims at introducing and which have 

impact on analytics work in processes is important for reaching a unified approach to analytics 

development.  

SQ3: How are insights from analytical work and knowledge of  

analytics shared and transferred? 

Evaluating the organisation’s prerequisites for and capabilities of sharing and transferring insights and 

knowledge is essential for acquiring an understanding of what is needed for successful analytics 

development, both within the region and in relation to a centrally established analytics function. 

1.6. DELIMITATIONS 
This case study is delimited to the geographical area ‘Western and Central Europe region’ within one 

B2B company, which due to anonymity is not revealed and neither is the industry. In order to answer 

the research questions, empirics are however collected from other functions within the company, mainly 

corporate functions situated at headquarters, see Figure 1.  

The limited time frame and scope results in the thesis being focused on acquiring a holistic perspective, 

especially concerning the current state of analytics, and the researchers are not to participate in any 

implementation processes for the suggested managerial implications. This study has mainly considered 

the use of internal data usage and not external data, such as customer data or supplier data, which thereby 

places this study outside of the area of Big Data, even if internal datasets can be very large. 

Interviews held with regional employees for collection of empirical data cover a large part of the 

region’s organisation, however not every part due to thesis time limit and the risk for overload of data. 

Another limitation related to empirical data collection is the exclusion of Germany in the questionnaire 

due to labour union issues. The study also does not consider changes in the organisation announced at 

the end of the thesis work.  
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Theoretical frameworks and concepts used in the thesis are based on reviewing literature such as 

scientific articles in journals, books and consultancy reports to acquire knowledge of relevant research 

connected to analytics and areas needed to answer the research questions. The analysis of the current 

state of analytics, i.e. SRQ1, is based on existing analytics maturity models available without purchasing 

and no new model is developed for this study. 

1.7. DISPOSITION 
This introductory chapter presents the research area, case company, problem formulation, purpose, 

research questions and delimitations for this thesis. Figure 2 below shows the following chapters, 

starting with a literature study including the theoretical data this thesis is based on. Subsequently, the 

methods used for addressing the research questions are described. Thereafter, results and analysis of the 

empirical data is presented and the following chapter discusses these findings and analyses. Lastly, 

conclusions are presented where the research questions are answered, contributions are stated and 

limitations and future research are presented. 
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2. LITERATURE STUDY 

In this chapter, literature covering existing research is presented which has been used to understand 

the theoretical background and provide theories to enable giving answers to the stated research 

questions.  

The chapter starts with a presentation of the chosen analytics maturity model developed by Cosic et al. 

and a comparison with two other analytics maturity models. Thereafter, findings on Knowledge 

Management relevant for increasing analytics maturity is presented, followed by a sub-chapter 

covering literature regarding how analytics should be set up and structured centrally or more 

decentralised. The second to last sub-chapter presents the methodology called Lean Six Sigma, in which 

analyses has a central part, before a summary of the Literature Study is presented. 

2.1. ASSESSMENT OF DATA & ANALYTICS MATURITY 
In this sub-chapter an extensive presentation and comparison of different maturity models for assessing 

organisation’s analytics maturity is presented with basis in the model developed by Cosic et al. This 

model is considered the most thorough analytics maturity model found and is essential in answering 

and analysing findings related to SQ1. 

2.1.1. Data & Business Analytics Maturity 

Referring to de Bruin (2009), Paulk et al. (1993) and Nolan (1973), Cosic et al. (2012) state that with 

the use of maturity models, an organisation’s capabilities, processes and/or resources can be assessed. 

When assessed and identified, it becomes easier to measure and track improvements for capabilities, 

processes and/or resources. Different maturity models for assessing an organisation’s analytics state 

exist and even online self-assessments tools and questionnaires can be used for acquiring results on 

where the organisation is situated, explanations and visualisations on its maturity level and actionable 

paths to reach higher maturity levels with tracking of the progress (Digital Analytics Maturity, 2016; 

Cardinal Path, 2016; INFORMS, 2016). The online tools are mainly aimed for companies with an 

extensive amount of quantitative (online) data, but their reasoning can be used for evaluating companies 

differing from this category and help with reaching a state where analytics is used to make better 

decisions and the maximum value from business processes is extracted. 

Structure of maturity models  

Further referring to de Bruin (2009), Cosic et al. (2012) write of three distinct types of maturity models; 

staged, continuous and contextual. When stages in the maturity model are building on previous stages 

and sets of criteria have to be fulfilled to achieve a certain level of maturity, the maturity model is of a 

staged characteristic. In a continuous maturity model, each level may mature at different rates, but is 

otherwise similar to the staged setup. It is considered more flexible and maturity can be achieved using 

multiple paths. A contextual maturity model is also flexible in that sense that it allows context being 

taken into account, resulting in it being more closely related to organisational reality but also complex 

to use, then different components may move either forwards or backwards when following the non-

Assessment of 
Data & 

Analytics 
Maturity

Knowledge 
Management

Analytics Setups

Organisational 
Processes 

Influencing 
Analytics

Summary of 
Literature Study
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linear progression, resulting in a closer relation to organisational reality but creating a higher degree of 

complexity (Cosic et al., 2012). 

The purpose of a maturity model  

Maturity models can also be identified to have three different purposes; descriptive, prescriptive and 

comparative, as de Bruin (2009) writes and Cosic et al. (2012) refers to. Cosic et al. (2012) use the 

descriptions stated by Maier et al. (2009), Becker et al. (2009) and de Bruin (2009) when describing 

these purposes. An organisation’s as-is maturity situation is assessed when using a descriptive model 

and when adding guidelines for how to improve maturity at each level and providing for organisations 

to identify desirable future levels of maturity the model is prescriptive. With historical data derived 

from having used a prescriptive model in a large number of organisations, a comparative model can be 

developed to assess an organisation’s maturity in relation to other organisations. Without mentioning 

different purposes, Chang (2015) states that a maturity model’s purpose is to provide a benchmark upon 

which an organisation can assess its analytical program’s development and progression. 

2.1.2. Cosic et al. Business Analytics Capability Framework 

This study’s chosen framework is the Business Analytics capability framework developed by Cosic et 

al. (2012). It is an aggregated framework of multiple sources within Business Analytics (BA) maturity, 

see the Bibliography for references. In the framework developed by Cosic et al., BA capabilities are 

defined at different hierarchical levels. Having used established theories, the authors have first 

identified sixteen low-level capabilities, presented more thoroughly in Appendix A, which then are 

categorised into four high-level capabilities. The four high-level capabilities, Governance, Culture, 

Technology and People are compiled in Table 1 where each high-level capability have four low-level 

capabilities. The overall BA maturity is assessed by determining how well these capabilities are 

performed in the organisation. 

Table 1. High and low-level capabilities according to Cosic et al. (2012) 

Governance Culture Technology People 

Decision Rights 
Evidence-based 

Management 
Data Management 

Technology Skills and 

Knowledge 

Strategic Alignment Embeddedness Systems Integration 
Business Skills and 

Knowledge 

Dynamic BA Capabilities 
Executive Leadership 

Support 

Reporting and Visuali-

sation BA Technology 

Management Skills and 

Knowledge 

Change Management Flexibility and Agility 
Discovery BA 

Technology 

Entrepreneurship and 

Innovation 

 

Governance  

Governance is the ability to manage BA resources and the decision rights and accountability needed to 

align BA initiatives with organisational objectives (Weill & Ross 2004). The governance capability also 

includes renewing the BA resources and organisational capabilities in order to be flexible and respond 

to changes in the business environment (Collis, 1994; Shanks et al., 2011) and to reduce the resistance 

to change within the organisation (Williams & Williams, 2007). 

Culture  

The culture is tacit and explicit norms, values and behavioural patterns in the organisation that are built 
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over time and generate ways of gathering, analysing and disseminating data (Leidner and Kayworth, 

2006). The culture influences the decision-making process (e.g. ad-hoc or fact-based), the tendency to 

regularly using key performance indicators and quality measurements, the involvement of BA in daily 

business activities, the level of management support for BA (Davenport & Harris, 2007) and the 

openness to change (Hopkins et al., 2010). 

Technology  

The development and use of hardware, software and data in BA activities is the technological capacity. 

The technology capacity includes the management of an integrated and high-quality data resource 

(Davenport & Harris, 2007), the integration of BA systems with other internal organisational 

information systems (Kohavi et al., 2002), the transforming of data into information through reporting 

and visualisation systems (Watson et al., 2001) and the usage of more advanced statistical analysis tools 

to discover patterns, predict trends and optimise business processes (Negash, 2004). 

People  

The people capacity is the employees within the organisation whose job is related to and consist of BA 

activities. Since BA activities are knowledge intensive they require technical, business, managerial and 

entrepreneurial skills and knowledge (Davenport et al., 2010). 

Assessing the maturity 

To assess the maturity level of each high-level capacity, Cosic et al. (2012) use a maturity model which 

consists of five levels, 0-4, which are described in Table 2. 

Table 2. Descriptions of maturity levels used in Cosic et al.’s maturity model 

Maturity Level Description 

0 – Non-existent The organisation does not have this capability 

1 – Initial  The capability exists but is poorly developed 

2 – Intermediate  The capability is well developed but there is much room for improvement 

3 – Advanced  
The capability is very well developed but there is still a little room for 

improvement 

4 – Optimised  
The capability is so highly developed that it is difficult to envision how it could be 

further enhanced. At this point the capability is considered to be fully mature 

 

These levels are applied to each of the sixteen low-level capabilities defined in Appendix A. When a 

maturity level has been assigned to each of the sixteen capabilities they are aggregated and applied on 

the four capability categories and finally an overall aggregated maturity level of the four categories will 

provide a measure of the total maturity of the organisation. (Cosic et al., 2012) 

  



 

10 

2.1.3. Other Data & Analytics Maturity Models 

In this section the main theoretical framework for assessing analytical maturity by Cosic et al. is 

compared to other existing models. 

Cosic et al. vs. Hamel 

Similar to Cosic et al. (2012), The Web Analytics model developed by Stéphane Hamel (2009) assesses 

categories on a maturity scale. Hamel differs from Cosic et al. in that instead of grading capabilities 

from 0-4, Hamel uses a 0-5 scale for grading six different categories. The levels are summarised in 

Table 3 below, see Appendix B for a detailed description, and the categories are presented in Table 4 

below. The six categories are evaluated upon in the text following the tables and are compared to Cosic 

et al.’s high-level capabilities 

Table 3. Hamel’s (2009) maturity levels 

Maturity Level Description 

0 – Impaired 
Non-configured tools, limited resources, analytics is performed ad-hoc with 

limited value and scope, no objectives communication 

1 – Initiated  
Specific areas optimised with metrics, process more streamlined, resources still 

limited, results communicated on directorial level 

2 – Operational  

KPI’s and dashboards defined & aligned with objectives, data and information 

used & through segmentation and multivariate testing metrics exploited and 

explored, results broadly distributed & considered at executive level, centrally 

driven 

3 – Integrated  

Whole value chain reached by analysts who correlate data from different sources, 

leading to optimising complete processes, methods for continuous improvement 

process & problem solving, insights and recommendations reach the CXO level 

4 – Competitor  

Analytical culture, senior executives advocating fact based decision-making, 

analytics, predictive modelling & optimisation techniques of complex 

characteristics - not only descriptive statistics, business functions & processes have 

a substantial use of analytics, organisation is moving towards analytical tools, data 

and organisational skills and capabilities managed on an enterprise level 

5 – Addicted  

Analytics impossible to go without, creates deep strategic insight, enables 

continuous improvement, has top management commitment, fact-based culture is 

established, analytics deeply integrated, testing and learning performed at a 

continuous basis, organisation holds skilled resources to perform these tasks 

 

Table 4. Hamel’s (2009) six categories 

Management, Governance and 

Adoption 
Defining Objectives Defining the Scope 

Analytics Team & Expertise 
Continuous Improvement Process 

and Analysis Methodology 

Tools, Technology and Data 

Integration 

 

Category A - “Management, Governance and Adoption” is very similar to Cosic et al.’s Governance 

capability. Even though the authors express themselves differently they both cover managerial support, 

continuous improvements and the alignment of management and strategic initiatives. 

Hamel’s (2009) second category, category B, “Defining Objectives”, covers the organisation’s ability 

to state the objectives of using analytics in the organisation’s processes without risking influential 

employees leading the analytical work in directions that might be conflicting, too ambitious or illogic. 
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Category B can be said to be included in Cosic et al.’s Governance capability too, Hamel has produced 

a more thorough description of the organisational objectives needed why Cosic et al.’s model might be 

less trustworthy when it comes to analysing analytics objectives. 

Category C, “Defining the Scope”, is mainly about deciding what areas that are of interest and what to 

include in the analysis and not. Also, other areas influencing the chosen area are to be considered. When 

in the lower stages of the scale, the analytics field is undefined, the scope changes as work proceeds 

and what needs to be done is decided by a person or manager with the most experience, strongest 

opinion or political control. As the previous category, category C could also be considered to be a part 

of Cosic et al.’s Governance capability. However, Hamel’s category C is more thorough than Cosic et 

al. when discussing the scope within BA. 

Rating category D, “Analytics Team & Expertise”, covers how the company has structured its 

competence. With no dedicated resources, project team members just looking into the area of analytics 

or at least one full time analyst with much competence in at least two relevant areas and experience 

exceeding three years, the company is situated in the lower stages. Hamel claims a Centralised 

Competency Center should first be in place in maturity stage four. In category D Hamel only discusses 

three skill dimensions while Cosic et al. in their comparable capability, People, discuss more thoroughly 

what competence is critical and within which business areas. 

With the use of different methodologies and approaches, such as Six Sigma and agile management, the 

organisation can reach higher levels in Category E, “Continuous Improvement Process and Analysis 

Methodology”. While Cosic et al. does not analyse exactly what processes and methods, as Six Sigma 

and Agile mentioned above, should be used for BA, they instead discuss flexibility and readiness of the 

organisation and how to cope with changes. 

Hamel’s (2009) last category, category F, “Tools, Technology and Data Integration”, covers the 

organisation’s maturity in terms of what types of tools are used, which data these rely on and what it is 

used for. This is a topic where Hamel and Cosic et al. have most similarities, they discuss the technology 

and the tools themselves as well as the integration of the systems and to what extent the data from 

various sources is used. Hamel’s category F is a good complement to Cosic et al.’s “Technology” since 

it discusses more thoroughly what the organisation needs to do to fulfil certain levels. 

Conclusions by Hamel  

Hamel (2009) highlights that his model primarily is an assessment and change management tool to be 

used for establishing a wider view of an organisation’s analytics maturity. Complex interactions that 

constitute analytics programs need a broader assessment rather than looking at smaller details which 

can lead to an unclear picture when addressing the whole organisation. Changing and developing an 

analytical culture is seen as an iterative and continuous learning process which, since it includes 

changing corporate culture, employee behaviour and business processes, is considered difficult and 

risky. The author therefore proposes that much focus should be put on securing support from higher 

management, giving weight to the area. Also, the support of employees actually performing the work 

should be searched for, showing them how analytics can be used. Using, sharing and discussing success 

stories can be used for winning both top management and grass root support. Hamel (2009) additionally 

points out that the role of analysts is to ask the right questions and bringing insight and not become a 

person serving other part of the organisation with only data. Analysts both need to be able to understand 

and speak the language of its stakeholders as well as to take ownership of problem definitions to avoid 

questions having no substance or clear direction (Hamel, 2009). 
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Hamel (2009, p. 3) states that “maturity models aren’t perfect and often lack formal theoretical basis; 

have vague empirical support and encourages displacement of goals from the true mission of improving 

process to the artificial mission of achieving a higher maturity level”. The author further states that 

where no better or reasonable alternatives exist, a maturity model can bring value by means of assessing 

the current and desired state, easing communication and change management (Hamel, 2009; Cardinal 

Path, 2016). 

Main difference between Cosic et al. and Hamel  

The difference between Hamel and Cosic et al. is that Hamel discusses stages within the different 

categories. He explains what measurements and what actions must be fulfilled within each category in 

order to achieve a specific maturity level. Cosic et al. does not propose what actions corresponds to 

what maturity level but instead they discuss sixteen areas of BA and each of them is applied to the 

organisation and then measured on maturity level. Cosic et al.’s is therefore a more descriptive method 

and Hamel is more towards being prescriptive but not in the sense that it states how to reach the levels, 

only what to reach. 

Cosic et al. vs. Gartner 

A Gartner maturity model for Business Intelligence and analytics presented by Howson (2015) is shown 

in Figure 3, in which aspects concerning analytics can be interpreted as affecting analytics is presented 

below. The Gartner maturity model has five levels, just like Cosic et al. and the stages are very similar. 

As seen in Figure 3, the model has five levels; (1) Unaware, (2) Opportunistic, (3) Standards, (4) 

Enterprise and (5) Transformative. Instead of Cosic et al.’s sixteen capabilities, the tool used for 

Figure 3. Gartner’s maturity model 
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assessing the organisation’s maturity consists of 20 questions in which there are five possible answers 

each corresponding to the five levels above. The questions cover the areas of “Business drivers”, 

“People”, “Program management”, “Processes” and “Platform” which are very similar to Cosic et al.’s 

four high-level capabilities.  

The first (1) level, Unaware, is characterised by an ad-hoc approach to analytics and the absence of 

information infrastructure. When executives and managers ask for information, the ones that may have 

knowledge in the area use any operational application available to provide this. Processes and practices 

for analytics and decision-making are undefined as well as performance metrics.  

At the Opportunistic (2) level, analytics projects are undertaken individually by business units with each 

project or domain having its own information infrastructure, tools, applications and performance 

measures, creating very scattered capabilities and competences. Results are delivered via reports, 

dashboards and ad-hoc requests and are used for optimising processes or tactical decision-making. Little 

or no process modelling is performed with simple aggregation of integration and data models, hand-

coded SQL extracts, and perhaps some data quality technology mainly constituting the analytical work 

(Howson, 2015). 

Reaching level 3, Standards, the people, processes and technologies have started to become coordinated 

across the organisation and an analytics champion is found among senior executives. Business processes 

across the organisation overlapping in analysis and decision-making are handled by projects overseen 

by process managers and IT leaders, with trade-offs being determined and decided upon by using 

multiple streams of data. Different technology standards for information infrastructure, data warehouses 

and analytics platforms have started to emerge but are not necessarily mandated and data or analytic 

models are not consistently shared among the projects. Also, analytic and decision processes, resources 

and components are not shared between projects to a large extent but performance measures may be 

shared across processes, however not linking to the organisation goals. At this level, a competency 

center or analytics Center of Excellence has been implemented, following the same characteristics as 

the ones referred to in Hamel’s maturity model (Howson, 2015). 

At level 4, Enterprise, top executives are the program's sponsors, which in smaller organisations may 

be the CEO and several executives, such as CFO, CMO and COO, in larger organisations. These 

corporate executives, along with operational executives and everyone else in the organisation can see 

cause-effect relationships among key activities since they all use the same analytics systems, which also 

support cross-functional or organisation wide decision processes. The design of new systems is guided 

by enterprise information architecture and at this level enterprise information management (EIM) and 

information sharing both mature and is given considerable funding. Furthermore, a defined framework 

of performance metrics linking numerous processes to organisational goals exists, metrics which in turn 

guide the organisational strategy, and different versions of a given set of information is minimised by 

having common data models and rules when analysing. Defining requirements, modelling and program 

management are performed by project teams using advanced processes and skills, including agile 

development and rapid prototyping (Howson, 2015). 

Gartner’s highest level, (5) Transformative, is reached when analytics is a strategic initiative and has 

the support and governance from the highest levels of the organisation. Analytics is jointly run by the 

part of the organisation handling business and IT and if not sponsored by the CEO, either a chief 

analytics officer (CAO) or chief data officer (CDO) is the sponsor. It is seen as a strategic asset and is 

used for generating revenue and ultimately business value which, depending on type of company, can 

be e.g. reaching efficient operations or provision of best-in-class customer service. The performance 
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metrics framework is not only completed but also includes partners and customers, enabling 

transformational decision to be made when coordinating responses to changing business conditions 

across the whole value chain. The information and analysis provided by employees and the system is 

trusted across levels and business units in the organisation, as well as by customers and partners, and is 

used for pursuing the strategic goals of the organisation. Standard processes and models are used in all 

projects but allows for specific customisation needs, EIM and information sharing are sophisticated and 

decision simulations used in decision processes make use of best practices and optimisation 

technologies (Howson, 2015). 

Main difference between Cosic et al. and Gartner  

The main difference between Gartner’s maturity model and Cosic et al.’s maturity model is that 

Gartner’s is more aggregated, each maturity level is discussed and common problems are highlighted 

within that specific area, whereas Cosic et al. has a more disassembled view. In Cosic et al., each critical 

area is supposed to be assessed by the organisation itself and the results from all of the sixteen 

assessments are aggregated and evaluated as a whole and on a detailed level. 

2.2. ANALYTICS SETUPS 
This sub-chapter presents the different setups for analytics within organisations, with literature 

presenting it as a choice between centralisation and decentralisation, and ending with findings on how 

to succeed with an analytics Center of Excellence. The area is tightly linked to the case company’s 

choice of having a centralised analytics function and it being stated as an indication of high analytics 

maturity according to both Hamel (2009) and Howson (2015), therefore being needed when discussing 

the actions for how the company is to increase its analytics maturity. 

2.2.1. What Analytical Setup is Preferable? 
The key to excel at business analytics is through enabling the right infrastructure where people, 

processes, technology and software can perform analytics (Kincaid, 2012). Choosing the wrong model 

for analytics often leads to companies assigning their best analysts to conduct simple analyses or in 

low-value projects, which can have severe consequences in analyst disengagement and defection 

(Harris et al., 2010).  

There are different opinions on management level on whether to centralise or decentralise analytics. In 

a centralised group it is easier to work together as a group to share, track and balance tasks. However, 

when decentralised, the individual analysts are connected to specific business units they are supporting. 

It is then not as easy for analysts to collaborate between units (cross-functionally) but it is easier to be 

more connected to the business itself (Kincaid, 2012). The challenge is to balance the organisation of 

analysts so that they are working on critical analytical activities being close to the business while also 

coordinating and fostering mutual learning and support by keeping the analysts linked (Harris et al., 

2010). 

To know what approach is most suitable, Harris et al. (2010) proposes investigation of the analytical 

maturity and the organisation’s speed and level to change it is prepared to undertake, stating that the 

ideal model is highly dependent on the organisation’s priorities, its analytical capabilities maturity and 

balancing analyst supply and demand. Having investigated theories on how large multi-divisional 

corporations are to organise analysts, Harris et al. (2010) found five organisational models spanning 

over varying levels of centralisation and decentralisation; (1) Centralised, (2) Center of Excellence, (3) 

Consulting, (4) Functional and (5) Decentralised: 
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Centralised 

A variety of functions and business units are served by analysts in a central group working on diverse 

projects. This central unit sets the company’s analytical direction and provides analytical expertise and 

support. With this structure, analysts are easier deployed to strategically prioritised projects. 

Center of Excellence (CoE)  

A central unit coordinates analyst activities but they work out in the company’s units. This way, a 

community of analysts is built by the center where sharing of knowledge and best practices are mainly 

performed. The center can also look at many analytical initiatives and set their priorities and staff 

projects. 

Consulting 

Still having a central group, analysts are in this model working as internal consultants charging the 

business units for their services. There is some organisation-wide coordination of analytics with this 

consolidation of analysts. 

Functional 

With this model, analysts are located in functions where the most analytical work is performed. 

Decentralised 

Having few analysts and little management support for analytics mostly results in a decentralised 

approach. Then analysts are scattered across different functions and business units with little 

coordination. (Harris et al., 2010) 

Pearson & Wegener (2013) use almost the same division of analytics setups; (1) Fully centralised, (2) 

Center of Excellence, (3) Business unit led with central support and (4) Business unit led. From their 

definitions it can be added that a (2) Center of Excellence is to be independent and more of a coordinator 

of initiatives pursued by business units and functions. Their definition of analytics being (3) business 

unit led with central support includes business units and functions making decisions themselves but 

selective initiatives are collaborated on. The (4) business unit led approach is much alike the 

decentralised approach of Harris et al. with limited coordination present (Pearson & Wegener, 2013).  

2.2.2. Weighing Centralisation versus Decentralisation 
Having interviewed dozens of executives and surveyed more than 700 analysts, Harris et al. (2010) 

found that organisations aiming heavily at building an analytical workforce are to have analysts 

centrally organised and coordinated. Results of the survey indicated that the decentralised model was 

most prevalent but that companies organising their analysts in one functional area was mainly found 

among companies with fewer than 1,000 employees whereas establishing a CoE was more likely among 

companies with more than 25,000 employees. The survey also showed that centralised analysts or 

analysts connected through a CoE had the highest engagement levels and most likely to stay working 

at the company; analysts in centralised groups being twice as likely to be highly engaged compared to 

decentralised analysts and analysts in CoE’s having the strongest intentions to stay. (Harris et al., 2010) 

Other findings of the survey were that analysts working as internal consultants, being placed in 

functional units or scattered throughout the organisation were more likely to work on peripheral projects 

whereas the work performed being considered important was found among centralised analysts and 

analysts in a CoE. The two centralised models also showed that these analysts had more insight in the 

organisation’s business than analysts in the three other configurations and that they also are better at 

making analysts feel secure and at communicating the value placed on analytics. Analysts working in 
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the functional or consultant model showed a clear tendency to feel isolated from the business and other 

analysts. (Harris et al., 2010) 

Both Harris et al. (2010) and Jain (2013) do however question aiming for a certain model. With analytics 

being a new initiative, neither being needed in every function or business unit nor having enough 

analysts to justify a centralisation of resources, a functional approach is more fit for the situation. More 

analysts tend to be hired when the demand for analytics grows across the organisation and a more 

centralised approach is then preferable when there is a critical mass of experts and the demand for these 

scarce resources grow (Harris et al., 2010). Also Davenport (2014) states different structures having 

their strengths and weaknesses which can be made to work even if not all structures are equally 

effective; with fully centralised analytics groups being more effective when the work of central analysts 

is integrated with business units and functions, labelling them as “embedded analysts”. Assigning and 

rotating analysts across the company results in benefits of being centralised and line organisations 

having their needs fulfilled both to be reached. There is then centrally coordinated skill and career 

development as well as enabling close relationships between analysts and decision makers to be 

established, thereby voiding unresponsive bureaucracy that can follow by centralising functions. 

(Davenport, 2014) 

Jain (2013) proposes for not aiming at either of the analytics models but instead finding out what level 

of centralisation is the right for particular organisations with regards to affected stakeholders. Pros and 

cons are found with moving one way or the other on the centralisation scale and Jain finds business 

units and functions mostly resisting centralisation due to them risking not receiving dedicated capacity 

whereas analysts on the other hand are more likely to resist decentralisation. Based on Jain’s experience, 

five key trade-offs are listed concerning the organisational structure of analytics: 

1. Consultant Mind-set vs. Deep Personal Investment  

Centralisation does not bring a high degree of emotional investment in the organisation the analysts are 

working for when assigned to time-limited and prioritised projects in functions or business. An 

alignment with the purpose and non-linear synergistic effects are however reached when having 

analytics embedded in functions and thereby having analytics integrated in projects from the start. (Jain, 

2013) 

2. Objectivity (or at least the perception of it)  

With credibility being everything in analytics, analysts can potentially introduce a bias whereby a 

project/initiative can look better than it actually is. The analyses’ objectivity is questionable with their 

rewards and the success of projects being aligned and with analytics resources reporting to the owner 

of a domain. A perception or lack of objectivity could be devastating for a company and its different 

parts. (Jain, 2013) 

3. Bureaucracy vs. Efficiency  

There is a risk of bureaucracy when centralising analytical resources and it is seen as heavily dependent 

on who is responsible for the analytics function. The excitement of performing analytics risks being left 

behind when everything has to be evaluated, prioritised and allocated; resources as well as with 

protocols for communication. Centralisation also risks analysts being much more of project managers 

instead of the ones actually performing the analyses. (Jain, 2013) 

4. Redundancy vs. Effectiveness  

Centralisation of analytical resources dramatically reduces redundancy and makes the analysts more 

effective, a result of more knowledge sharing, better sense of community of like-minded people and an 
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increased flexibility in leveraging more and wider skill sets among analysts. The team becomes more 

lean since the throughput and utilisation of resources are improved. When compared to embedded 

analysts, it is easier for them to become redundant in their analyses and reinvent the wheel more often. 

(Jain, 2013) 

5. Silos vs. Big Picture  

Small analyst teams embedded in business units and functions end up working in silos. There is a benefit 

with them being experts in their own area but there is a risk of them losing the big picture. Not only 

may it harm the quality and relevance of insights, it may also affect the analyst’s career growth prospects 

and job satisfaction. (Jain, 2013) 

2.2.3. Reaching the Wanted Outcome of a CoE 
The term center of excellence (CoE) was first adopted in medical communities, centralising expert 

resources in different health-related issues to provide leadership, help in solving significant business or 

technical problems and conducting research in areas related to the objective of the CoE. The overall 

value contributed to the corporation is mainly through knowledge sharing and through implementation 

and development of new processes and products, guided e.g. by best practices developed (Reimer, 

2015). Davenport (2014) describes the CoE approach as being a more analytically-focused version of 

Gartner’s Business Intelligence Competency Center (BICC), which in most cases is responsible for 

training, adoption of analytical tools and facilitating communication among analysts. Continuing, 

Davenport’s opinion is that diverse companies with varying analytical needs and issues are most fitting 

for having a CoE to have a degree of central coordination and that centralising analytics suggests that 

the organisation is serious about analytics 

Davenport (2014) however questions the use of CoEs, finding them sub-optimal for most companies 

even if it is a popular approach to organising analytics. Stating that not much evidence exists that BICCs 

changed the world for the better and even if the expected coordination benefits from these small centers 

do not cost companies very much, not much value is gained. These centers need to have enough power 

and resources to make substantial collaboration and synergies happen; controlling staff development 

agenda and coordinating priorities and resources across business units. When not owning the employees 

doing the analytical work, these employees’ careers and projects cannot be managed in a substantial 

way and the CoE will then not have enough power to influence the company’s analytical future. 

(Davenport, 2014) 

LePine & Lovell (n.d.) identifies both top-down and bottom-up procedures and support for reaching a 

successful CoE. The CoE’s business needs to be aligned with strategic business initiatives set by key 

business stakeholders on top level and be supported by program and/or project managers and architects 

from lower in the organisation to implement policies, procedures and best practices. When aligned with 

strategic business incentives, the CoE will have the authority to influence technology decisions based 

on business priorities and initiatives set by higher instances (LePine & Lovell, n.d.). It is also important 

that the center is open with whom it will support and what kind of work it will take on; there must be a 

clear communication about interactions with other business units (Kincaid, 2012). 

According to Reimer (2015), there are no formal recommendations on CoE’s structures but LePine & 

Lovell (n.d.) state that that without the following, the CoE will be ineffective;  

- Visibility across all business units and across the IT organisation 

- Authority to make decisions that favour one business group over another 
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- Ability to make process and technology decisions with the strategic interests of all business 

units in mind that take priority over the tactical requirements of any single business unit (LePine 

& Lovell, n.d.) 

LePine & Lovell (n.d.) further suggest that standards, policies, procedures and best practices defined 

by the CoE are to be implemented by program/project managers and architects and that the CoE is not 

to be seen as a barrier for IT project deliveries but as an enabling group. These two authors also state 

the CoE needs to clearly state its authority, structure, scope, influence, what resources are to compose 

the CoE and how it is to define, adopt and institutionalise policies, procedures and best practices. Its 

leadership should also have the respect of IT and respect within business units, as well as being trusted 

by IT governance and IT steering functions so that the vision can be performed across business units. 

Moreover, it is heavily important that it has support from executive leaders, it will otherwise be difficult 

for the CoE to achieve any measurable IT and business benefits and will probably not then have 

influence to a satisfying degree. Lastly, stating required business knowledge, technical domain expertise 

and the composition of these are required for a successful CoE. Having a clear definition for knowledge 

and expertise needed allows for stability among the employees and quick identification and on-boarding 

of new employees. 

2.3. PROCESSES METHODOLOGIES INFLUENCEING 

ANALYTICS 
Being needed for discussing findings related to SQ2, this sub-chapter presents the methodology called 

Lean Six Sigma, its use in analytics and how the use of Lean Six Sigma (and thereby use of analytics) 

can be spread within an organisation. 

2.3.1. The Underlying Methodologies of Lean Six Sigma 
The Six Sigma approach is problem solving oriented and focuses on reduction of variation by using a 

set of statistical tools. This allows management to understand fluctuations of processes and to predict 

expected outcomes of these processes. If outcomes are not satisfactory, further understanding of the 

elements influencing the processes is enabled through the use of associated tools which are used by 

following a rigid and structured investigation methodology. The Six Sigma approach includes five 

steps; (1) Define, (2) Measure, (3) Analyse, (4) Improve and (5) Control, abbreviated as DMAIC. (Nave, 

2002) 

Lean, or Lean thinking, Lean manufacturing or the Toyota production system, focuses on the removal 

of waste, meaning anything not necessary to produce the product of service, and improvement of 

process flows. It includes five essential steps; (1) Identify the features that create value, (2) Identify the 

sequence of activities called the value stream, (3) Make the activities flow, (4) Let the product or service 

be pulled by the customer through the process and (5) Perfect the process. Lean also leads to quality 

improvements, reduction of variation and when looking at all activities in the value stream, system 

constraints are removed and performance is improved. (Nave, 2002) 

2.3.2. The Essence of Lean Six Sigma 
By combining Lean methodologies with Six Sigma methodologies, Lean Six Sigma (LSS) is created, 

which is a business strategy with the focus to improve the bottom line (net earnings) and increase 

customer satisfaction, it being a process capability that continuously improves quality and maximises 
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productivity. With these methodologies integrated, faster results are delivered and since focus is placed 

on tools having the highest impact on already established performance levels, the best competitive 

position is achieved (Taghizadegan, 2006, pp. 1; 3). Performance improvements and development of 

effective leadership are also mentioned benefits of LSS (Zhang et al., 2012). 

LSS applies tools and techniques of both Lean and Six Sigma, which together become more powerful 

and eliminate the cons of each approach (Zhang et al., 2012). Pepper & Spedding (2010) write that a 

huge potential for a genuine and sustainable approach to organisational change and process 

improvements is gained when combining the cultural aspects of Lean with the data-driven 

investigations of Six Sigma; it acting as the platform for initiation of cultural and operational change. 

Process improvement techniques are not the only benefit from using LSS, it is more of a management 

strategy to manage projects to financial goals. This is performed with data-driven approaches and 

methodologies, where root causes of problems and processes are analysed by eliminating defects, and 

robust design engineering philosophies and techniques with low risks are combined. It also improves 

employees’ business management knowledge whereby they can distinguish the business from the 

bottom line, customer satisfaction, and on-time delivery (Taghizadegan, 2006, p. 2). Just like Six Sigma, 

LSS is implemented through champions and belt certifications (Zhang et al., 2012). 

When managing processes and improving results with LSS tools, techniques and concepts, customer 

products and services are delivered more effectively and as efficiently as possible, meaning with fewer 

mistakes and with the lowest cost, respectively. Being LSS certified or accustomed with the concepts 

gives confidence in solving problems and improving results, substantial and proven results and it goes 

deeper than only reporting numbers. This enables organisations to keep track of numbers for 

identification of improvement opportunities (Foley, 2015). The core of LSS is DMAIC, presented 

above, and these are explained below: 

Define  

The problem needs to be defined as a question or situation calling for a solution, enabling quantification 

of its frequency of occurrence and its impact when it occurs. The problem is not to be solved or have a 

framed solution before the problem is defined completely (Foley, 2015). First, the process has to be 

defined and then the key characteristics of the problems and supporting processes of the key 

characteristics are to be identified. This is followed by identifying existing output conditions along with 

the process elements (Nave, 2002). 

Measure   

Here the focus shifts from the effects of the problem to possible causes of the problem. By defining a 

baseline key performance metric of the problem, the improvements made can then be measured against 

the metrics (Foley, 2015). This includes categorising key characteristics, verifying measurements 

systems and collection of data (Nave, 2002). 

Analyse  

Identifying causes, or factors, is performed with root cause analyses which when understood enables 

easier solving of the problem. It is the opposite of using a trial and error method for solving the problem 

which prioritises speed over accuracy and might not end with sustainable solutions (Foley, 2015). By 

analysing the data, insights into the processes are provided and it is the fundamental and most important 

causes of the defects or problems that are searched for (Nave, 2002). 

Improve  

In this stage solutions are to be generated and developed, preferably using different and varying critical 



 

20 

thinking techniques so that the problem and possible solutions are seen through a fresh perspective. 

This way, top-of-mind solutions are evaluated but are not dominating (Foley, 2015). With the solutions 

to the problems, changes are made to the process and the results are of the process changes are seen in 

the measurements. Here it is seen whether the changes are beneficial or not and if another set of changes 

is necessary (Nave, 2002). 

Control  

The control phase mainly involves change management, dealing with necessary steps so that the 

problem stays solved. As humans tend to fall back to old habits, this phase is needed for not allowing 

the problems to return and assure that no unexpected changes occur (Foley, 2015; Nave, 2002). 

2.3.3. Using Lean Six Sigma in Combination with Large Datasets and Analytics 
According to Fogarty (2015), incorporation of large datasets into Lean Six Sigma has advantages on 

several levels. Most of the statistical techniques taught in different belt trainings are exploratory data 

analysis or descriptive analysis. An example is correlation and simple regression analysis which can be 

strengthened with advanced analytics, making the merging of advanced analytics of large datasets and 

Lean Six Sigma models beneficial (Fogarty, 2015). Platforms for collecting large datasets enable new 

analytic techniques to be applied and combined with existing reliability and quality metrics, resulting 

in finding new and significant insights swiftly. By integrating more data and the right advanced 

analytics infrastructure, new knowledge can be leveraged upon and create more visibility across 

processes and functions. Also, applying advanced analytics to large datasets enables both reactivity and 

iteratively in the short term, enabling effective management of e.g. quality issues. (Hausmann, 2014) 

With larger and more complex datasets, Hauff & Somers (2016) write that it has become more 

challenging to use a traditional analytical framework and harnessing of domain knowledge for 

generating appropriate datasets that are to be statistically analysed for identifying root causes by 

confirming hypotheses. Identifying, joining, cleansing and transforming data to test hypotheses is 

becoming increasingly difficult to be performed fast and the process of cleansing data can introduce 

biases. The authors do however write that by placing more focus on using larger datasets, for which 

new technologies are both available and can be developed, predetermined hypotheses and the cleansing 

of data is not needed, at least not to a large extent, and these technologies can work with datasets of 

varying sizes, not just very large datasets. By using non-statistical algorithms and machine-learning 

they also enable faster and more accurate pinpointing of possible root causes and solutions that can be 

deployed within the problem solving framework. (Hauff & Somers, 2016) 

Hauff & Somers (2016) therefore state that these larger and more complex datasets enable a new level 

of real-time improvements as well as enhancement and dramatically hastening of Lean Six Sigma-type 

improvements. It offers significant impact on business operations and the typical data-intensive 

processes in Lean Six Sigma projects are brought enhanced analytical capabilities. Project selection is 

accelerated and performed with improved confidence, areas and processes in need of initiated projects 

are identified by data instead of using opinions and experience, and entire datasets can be incorporated 

into analyses without any pre-selection and thereby avoids bias, guesswork and time. Hauff & Somers 

(2016) further write that it can add value to and increase the return of investment of problem solving 

projects and shortening project life cycles, mainly in the Define, Measurement and Control phases of 

DMAIC. Successfully leveraging on appropriate big data analytics and integrating enabling 

technologies alongside Six Sigma processes will also result in organisations having a much more 

advanced version of Lean and continuous improvement in general. (Hauff & Somers, 2016) 
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2.3.4. Spreading the Use of Lean Six Sigma 
With a CoE coordinating LSS workers across the company, George (2010, p. 262) writes that more 

focus is placed on important projects, cost reduction projects are aligned with business strategy and 

critical training, coaching and guidance to business units are provided. This results in key program 

decisions being accelerated, a commonality across the organisation being established, an effective 

alignment of strategy and LSS program priorities, and opportunities of replication of projects and 

solutions across the company being revealed.  

According to George (2010, pp. 263-264), the LSS CoE is to be a central source for information about 

LSS methodology and be focused on program design, methodology selection, building of infrastructure, 

and performance measurement and reporting. It should also have a lead role in identifying where 

collaboration across business units and functions would be beneficial, ensuring no duplication of issues 

and projects across the organisation, informing different parts of the organisation about improvement 

ideas having been successfully implemented in other parts of the organisation and establishing 

organisation-wide standard process metrics. Materials for belt classes are to be provided by the CoE, 

providing the organisation with experts both teaching LSS classes and coaching team leaders and 

sponsors spanning across all project work and management aspects. Experts in the CoE can also serve 

as team members and lead challenging projects involving different parts of the organisation.  

George (2010, p. 264) further states that the LSS CoE is to have an electronic platform where all 

initiated projects and their current status is to be found, using it for information on project selection 

skills that need refinement, identification of successful projects that can be repeated and for capturing 

of data that is needed for tracking results. Lastly, George (2010, p. 264) points out the CoE’s function 

as a place for bringing together LSS champions which are to be present in all business units and 

reporting to the business unit leaders. Through the CoE, these champions can e.g. share lessons, ask for 

guidance and bridge gaps. 

2.4. KNOWLEDGE MANAGEMENT 
This last sub-chapter of the Literature Study presents how literature categorises knowledge and its 

relating terms, different perspectives on knowledge management and the concepts of knowledge 

transfer and knowledge sharing, ending with a presentation of how networks can be used for transfer 

and sharing of knowledge. The area of Knowledge Management provides material for analysis and 

discussion related to SQ3. 

2.4.1. Relationship Between Data, Information & Knowledge 
Information and knowledge are sometimes used interchangeably but the terms can be separated. 

Furthermore, both information and data are generated through activities and situations such as 

production, sales transactions, or advertising campaigns where it is either captured, i.e. becoming data, 

or becoming oblivious (Liew, 2007). According to Liew (2007), information can be seen as both 

residing in data and knowledge, see Figure 4, by being stored in databases, in printed form etcetera 

(data) and in the human mind as the three different forms of knowledge mentioned above. There is 

therefore an overlap since they occupy different space at the same time but not interchangeable in terms 

of their accepted distinct definitions.  
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Definitions on data, information and knowledge have been collected from various sources and compiled 

in a table by Stenmark (2001, p. 3). This is presented, with some additions, in Table 5 below. 

Table 5. Definitions on data, information and knowledge 

Data 

  

“not yet interpreted symbols” (Spek & Spijkervet, 1997) 

“simple observations” (Davenport, 1997) 

“a set of discrete facts” (Davenport & Prusak, 1998) 

“text that does not answer questions to a particular problem” (Quigley & Debons, 

1999) 

“data are recorded (captured and stored) symbols and signal readings” (Liew, 

2007) 

Information  

“facts organised to describe a situation or condition” (Wiig, 1993) 

“a flow of meaningful messages” (Nonaka & Takeuchi, 1995) 

“data with relevance and purpose” (Davenport, 1997) 

“text that answers the questions who, when, what, or where” (Quigley & Debons, 

1999) 

“information is a message that contains relevant meaning, implication, or input for 

decision and/or action, coming from both current and historical sources” (Liew, 

2007) 

Knowledge 

“truths, beliefs, perspectives, judgements, know-how and methodologies” (Wiig, 

1993) 

“commitments and beliefs created from meaningful messages“ (Nonaka & 

Takeuchi, 1995) 

“the ability to assign meaning “ (Spek & Spijkervet, 1997) 

“experience, values, insights, and contextual information” (Davenport & Prusak, 

1998) 

“text that answers the questions why or how” (Quigley & Debons, 1999) 

“knowledge is the know-what, know-how and know-why with the purpose to 

create or increase value for the enterprise and all its stakeholders” (Liew, 2007) 

“information interpreted by the individual and applied to the purpose for which it 

is needed” (Liyanage et al., 2009, p. 119) 

Figure 4. Relationship between data, information and knowledge according to Liew 

(2007) 
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The categorisation of data, information and knowledge are by some authors expanded to include 

expertise, intelligence, understanding and wisdom. These terms highlight different aspects of and in 

relation to deep knowledge such as understanding in a certain field, problem solving skills, goal 

orientation and attainment, contextual intelligence and reasoning abilities (Bender & Fish, 2000; Liew, 

2013). 

2.4.2. Perspectives on Knowledge Management 
The wide range of interests, perspectives and issues presented by various authors result in numerous 

definitions of knowledge management (Bollinger & Smith, 2001). Knowledge matters however more 

than ever and an organisation's available knowledge is regarded as a very critical resource (Liyanage et 

al., 2009; Van den Hooff & de Ridder, 2004). Creating information and knowledge along with efficient 

processing of information is needed when companies are dynamically dealing with changing 

environments (Nonaka, 1994). Increasing amounts of data and the risk for data overload result in new 

knowledge management terms and processes emerging every day and the area of knowledge 

management being extensively important (Liyanage et al., 2009; Quast 2012). 

A wide variety of interdependent functions can be placed under the knowledge management umbrella, 

including creation, valuation, mapping and indexing, transport, storage, distribution, and sharing of 

knowledge, resulting in knowledge management involving far more than movement of data or 

information transfer. Integrating, sharing, accessing and accumulating collective knowledge and 

eventually reaching a stage where expertise is developed, retained and harnessed throughout the 

organisation can then be stated as the principles of knowledge management (Coleman, 1999, pp. 12-8; 

Pelton, 1999; Bollinger & Smith, 2001). 

Quast (2012) lists three key reasons to why knowledge management is important to companies’ success; 

- It facilitates decision-making capabilities, 

- It builds learning organisations by making learning routine, and 

- It stimulates cultural change and innovation. 

Referring to Davenport and Prusak (1998), Liyanage et al. (2009) add that good knowledge 

management facilitates collaboration and networking and that regardless of the point, place or situation, 

the acquisition and creation of new knowledge is significant to be encouraged when managing 

knowledge. This since knowledge already created can be used to both create and recreate new 

knowledge, resulting in a continual process. Quast (2012) further state that by actively managing 

organisational knowledge through e.g. management programs in a complex and global business 

environment, managers are helped to embrace change and encourage ideas and insight which often lead 

to innovation throughout the organisation. 

Continuing to refer to Davenport and Prusak (1998), Liyanage et al. (2009) write that knowledge 

management initiatives commonly can be characterised as having one of three aims; 

- Making knowledge visible and showing its role within a company through e.g. maps, yellow 

pages and hypertext tools, 

- Developing a knowledge intensive culture by encouraging and aggregating behaviours such as 

knowledge sharing (as opposed to hoarding) and proactively seeking and offering knowledge, 
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- Constructing a web of connections among people that through space, time, tools and 

encouragement starts interacting and collaborating, i.e. a knowledge infrastructure that does not 

typically mean a technical system. 

With a four-squared matrix, Milton (2009) shows how systems, processes, technologies, governance 

and roles and accountability in knowledge management relates to two dimensions - Connect and Collect 

versus Formal and Informal. Defined roles, expectations, technology and workflows operating within a 

defined framework, or set of rules, is part of a Formal system whereas in an Informal system few if any 

defined roles or expectations exist and an ad-hoc and unmanaged bottom-up manner set the operating 

boundaries. In a system driven through Connect, dialogue and conversation constitutes the way people 

seek and share knowledge through, involving externalisation, combination and internalisation of 

knowledge, compared to a Collecting system which uses recorded or written material to transfer 

knowledge. Milton (2009) advocates companies to find the right balance of Formal versus Informal 

rather than a blend since supporting both formal and informal knowledge sharing probably would result 

in confused employees. Concerning Connect and Collect, the author proposes both/and rather than 

either/or where both approaches are cross-linked and run in parallel. For further explanation of Milton’s 

four resulting combinations, see Appendix C. 

2.4.3. Global Knowledge Management 
In a paper published in 2012, Pawlowski & Bick present a framework for Global Knowledge 

Management to be used when designing knowledge management processes and systems, when guiding 

development processes and to be used as a reference for researchers. The authors’ work results in a 

framework consisting of multiple and interlinked components where three levels of processes act as the 

core of the framework; Business Processes, Knowledge Processes and External Processes. Other 

components are Stakeholders and Context, Knowledge, Instruments and the Results category, see 

Appendix D.  

Since all components are interlinked, identifying relations results in being the key task for researchers 

and practitioners. By mapping and understanding relations for different contexts, successful knowledge 

management projects can be conducted since the context dependability prevents generalisability and 

predictability of success factors in such projects. The authors list relations applicable for most 

knowledge management projects and relations particularly important for globally distributed 

knowledge management settings. (Pawlowski & Bick, 2012) 

2.4.4. The Importance of Transferring and Sharing Knowledge 
The three basic elements of organisations, i.e. members, tools and tasks, all comprise knowledge and 

so do the subparts these elements form when they are combined or crossed. Productivity is typically 

gained when members excelling at tasks are recognised and tasks are allocated accordingly. Also, when 

appropriate tools for performing tasks are allocated to these members, organisational performance is 

even more enhanced (Argote & Ingram, 2000). The knowledge held by members either individually or 

collectively in organisations and societies can simultaneously be created, shared, amplified, enlarged, 

and justified through both social and collaborative processes and individuals’ cognitive processes 

(Nonaka, 1994). Factors promoting or hindering sharing of knowledge within groups and organisations 

are therefore important to identify since an organisation can first effectively manage knowledge only 

when individual and group knowledge are translated to organisational knowledge (Van den Hooff & de 

Ridder, 2004).  
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Results from sharing and managing knowledge are in many cases intangible or proven to be difficult to 

track and measure, even if theories state that organisations benefit from collective learning and company 

reports show that their knowledge management initiatives have resulted in successful sharing of 

knowledge (DeTienne & Jackson, 2001). By reusing knowledge, new knowledge can be produced and 

thereby new competences and competitive edge can be gained (Liyanage et al., 2009). Sharing, 

collaboration and making use of strategic resources in the best possible way are therefore seen as central 

parts of knowledge management where decision makers have to be able to communicate needs to 

analysts, modellers and outcome managers, and the findings made communicated back in a way that 

encourages their use (Bollinger & Smith, 2001; Davenport et al, 2001).  

Furthermore, choosing a dissemination approach that is appropriate for the knowledge that is supposed 

to be disseminated and for the company’s structure, culture and business goals is important (Kingston, 

2012). Knowledge dissemination is a crucial part of knowledge management since it covers the area of 

distributing the right knowledge to the right people at the right time (Kingston, 2012; O'Dell & Grayson, 

1998). Including processes spreading explicit and tacit knowledge across an organisation, knowledge 

dissemination practices can be utilised through both formal and informal channels to facilitate 

application of knowledge (Alegre et al., 2011). 

Knowledge transfer 

With the definition of knowledge transfer as “how knowledge acquired in one situation applies (or fails 

to apply) to another” (Singley & Anderson, 1989, p. 1), knowledge transfer in organisations can be 

translated into “the process through which one unit (e.g., group, department, or division) is affected by 

the experience of another” (Argote & Ingram, 2000, p. 151). It is regarded a powerful catalyst for 

establishing and maintaining competitive advantage, successful strategies, effective management and 

an efficient use of resources (Liyanage et al., 2009).  

Referring to Meixell et al. (2002), Liyanage et al. (2009) write that a successful application of 

knowledge during a knowledge transfer process usually leads to one or more of the following results, 

leading in turn to organisational value: 

- Reduced errors (e.g. by not repeating mistakes) 

- Improved quality (e.g. by using best of breed practices) 

- Speeding up decision-making (e.g. by getting better cross-functional coordination) 

- Lower costs (by quickly identifying expertise) or provide value for money 

- Speeding up training (e.g. by attending to common mistakes and learning from best practices) 

- Learning and innovation 

Both van Wijk et al. (2008) and Tortoriello et al. (2011) confirm that by leveraging on the skills of 

others through the transfer of knowledge across units, companies and units may improve their 

innovative capacity and creativity. van Wijk (2008) continues with it being proved that the transfer of 

knowledge is positively related to the size of the company with larger companies or organisational units 

having both a larger number of resources and more diverse resources to devote to knowledge transfer 

and absorption of knowledge. Their study also shows that transfer of knowledge within organisations 

appears to be more difficult in older units, which may be explained by units becoming more self-

supporting when growing older.  

Companies are not to stop when knowledge is successfully utilised but knowledge transfer should 

become a reiterative process since the relation between knowledge sharing, knowledge construction and 

coordination of ongoing activities are nested and iterative (Liyanage et al., 2009; Hansen & Canary, 
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2015). The existence of knowledge and the identification of it is however not sufficient for transferring 

that knowledge; even if organisational units do hold specialised knowledge and have the opportunity to 

learn from other units, it does not mean that it will happen. A transfer presupposes the source and 

receiver to be highly participative with a strong and trustworthy relationship or association between 

them being required, it being the most important thing to have when transferring knowledge both within 

and across different parts of organisations (Tsai, 2001; Liyanage et al., 2009; van Wijk et al., 2008). An 

absorbing ability that allows for an effective assimilation and application of ideas, knowledge devices 

and artefacts is needed too (Liyanage et al., 2009). 

Confidentiality, cultural difficulties, fear of losing competitive edge and units tending to transfer 

knowledge with units they are more familiar with are issues related to knowledge transfer (Liyanage et 

al., 2009; van Wijk et al., 2008) Tasks’ inherent difficulties are also an issue that can prevent knowledge 

transfer and the amount of knowledge acquired during a transfer across units is reduced by the absence 

of common knowledge between the source and recipient (Liyanage et al., 2009; Tortoriello et al., 2011). 

The choice on whether to have formal or informal transfer mechanisms also needs consideration since 

formal transfer mechanisms appear to be more effective than informal mechanisms, but may inhibit 

creativity and innovation (Liyanage et al., 2009). 

Knowledge sharing        

When facilitating all types of communication, organisations will not need to focus much on their 

knowledge stock but instead place more thought on the knowledge flow, enabling the company to work 

collectively and helping each other to be the best they can be (Fahey & Prusak, 1998; Buckman, 1998). 

With knowledge sharing being a form of communication, a supportive communication climate that 

includes open exchange of information, accessibility of co-workers, confirming and cooperative 

interactions and an overall culture of sharing knowledge should be strived after (Van den Hooff & de 

Ridder, 2004).  

Van den Hooff & de Ridder (2004) combine different perspectives on knowledge sharing which results 

in two central processes; (1) knowledge donating and (2) knowledge collecting. Donating (1) includes 

individuals communicating to others what their intellectual capital is and collecting (2) is a process 

where individuals consult colleagues with the aim at making them share their intellectual capital. The 

processes are active processes and the authors’ analyses show that the process of donating knowledge 

is influenced by individuals’ commitment to the organisation, enhancing their willingness to contribute 

to the organisation's functioning and performance. The opposite was found for collecting knowledge, 

which after analyses was found to be affected both positively and negatively by the organisational 

context. The authors also found that individuals are willing to donate knowledge to others the more 

knowledge an individual collects (Van den Hooff & de Ridder, 2004). 

Sharing knowledge across interrelated organisational systems is challenging and complex, especially 

when changes in how such systems relate to each other is required as part of organisational change 

initiatives (Hansen & Canary, 2015). Without an environment that through incentives and expectations 

encourages sharing, knowledge sharing and management practices are destined to fail (DeTienne & 

Jackson, 2001). In their recent study, Hansen & Canary (2015) show that the three processes of 

knowledge sharing, knowledge construction and knowledge coordination of ongoing activities are 

hindered by communication that creates a culture of exclusivity. Organisational change efforts aimed 

at improving collaboration were then met with suspicion and resistance due to an ongoing pattern of 

exclusivity not being genuinely dealt with by those with authority (Hansen & Canary, 2015). Hedlund 

(1994) further states that senders and receivers of knowledge are not only to exist vertically in the 

organisation but must feel part of a whole rather than feeling distanced. 
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2.4.5. Using Networks for Increased Collaboration and Dissemination of 

Knowledge 

In a study by Phelps et al. (2012), it is stated that knowledge networks, i.e. a set of interconnected nodes 

that through social relationships enable and constrain knowledge acquisition, transfer and creation, are 

the subject of a large and growing body of empirical research. These nodes can be individuals, higher 

level collectives and elements of knowledge that together create repositories of knowledge and agents 

used for searching, transmitting and creating knowledge. Elements of knowledge include discrete 

artefacts like patents, papers, and products, and nonhuman repositories constituting of databases and 

catalogues. Teams and organisations constitute the higher level collectives and together with individuals 

and the other set of nodes they serve as agents and heterogeneously distributed repositories of 

knowledge. (Phelps et al., 2012) 

Phelps et al. (2012) further state that social relationships existing between nodes prove to influence 

individuals’ and collectives’ efficacy and efficiency on creating knowledge by affecting their ability to 

access, transfer, absorb, and apply knowledge. The ways of searching for information and knowledge 

can differ among the nodes, as can how information and knowledge flow within the network and how 

the knowledge and information stocks can be evaluated. The nodes can also be of different 

characteristics, e.g. more socially oriented with collaborations of both formal and informal nature 

among individuals and social collectives and of technological nature that connect human agents with 

nonhuman repositories through e.g. human-computer interfaces. (Phelps et al., 2012) 

Tsai (2001) further draws on the network perspective in organisational learning, meaning that 

organisational units can enhance performance by using intra-organisational networks and links that 

provide access to new knowledge developed by other units within the company. Creation of new 

knowledge as well as units’ ability to innovate are stimulated by the opportunities for mutual learning 

and cooperation that knowledge transfer among organisational units creates. Since units differ in 

internal knowledge, practices, and capabilities, these horizontal knowledge transfers broaden the 

organisational learning and may increase cost efficiency through dissemination of best practices. (Tsai, 

2001) 

Writing that the chances of making successful organisational changes greatly improves when companies 

invest time and energy in understanding their networks and collaborative relationships, Cross et al. 

(2007) mentions brokers and connectors being important. Brokers serve as bridges across subgroups 

within networks and are often influential, finding the most efficient ways for gathering and 

disseminating information and also tend to have the best perspective on how different subgroups 

function and are affected when changes are made. With brokers being early adopters and proponents of 

change, the odds of a big transformational effort being successful is boosted, which is related to their 

high degree of credibility with employees in disparate functions, locations, or occupations.  

According to Cross et al. (2007), the connectors are also influential, usually having a larger number of 

relationships and are those that employees frequently turn to for information. It is mostly these 

connectors that create strong collaborations within regions and to ensure global coordination, 

connections among central employees in each region is promoted. An expertise locator technology 

helping employees find quick answers instead of moving requests up the hierarchy is also promoted 

when implementing changes through networks. 

By analysing global functional networks, Cross et al. (2007) write that more transparency is achieved, 

opportunities for integration is revealed and well-functioning relationships are highlighted (Cross et al., 

2007). However, even if specialised knowledge resides in certain units and units have the opportunity 
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to learn from other units, there are barriers hindering units from learning from all other units within the 

same company. Accessibility is not always granted and when available, there may not be learning 

capacity enough to absorb and apply the knowledge for its own use. Also, the ability to leverage on 

other units’ knowledge differ between units due to their difference in external access and internal 

capacity (Tsai, 2001). Furthermore, Tortoriello et al. (2011) found that the amount of knowledge 

acquired during a transfer across units is positively affected by strong relations but that there is a 

limitation to how many strong relationships employees can have, which is why variations can be seen 

within a company where relations are stronger and weaker (Tortoriello et al., 2011). To increase the 

amount of knowledge acquired during transfers across units, strong cross-unit relationships for 

knowledge transfer should be built, a process that can take long time but employees feel more energised 

in collaborations with colleagues when established (Tortoriello et al., 2011; Cross et al., 2007).  
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2.5. SUMMARY OF LITERATURE STUDY 
This sub-chapter summarises and highlights the areas covered in the Literature Study. 

2.5.1. Data & Analytics Maturity Models 

In order to assess an organisation’s capabilities, processes and resources, Cosic et al. (2012) state that 

a maturity model can be used. The maturity model will give an indication on where the organisation is 

situated as well as give insight to actionable paths to reach higher maturity levels (Digital Analytics 

Maturity, 2016; Cardinal Path, 2016; INFORMS, 2016).  

The chosen maturity model framework by Cosic et al. is a descriptive model which assesses an 

organisation’s as-is maturity (Cosic et al., 2012; de Bruin, 2009). The maturity model by Cosic et al. 

divides the organisation into four high-level capabilities Governance, Culture, Technology and People 

which are all to be addressed with the investigated organisations actual capabilities within each area. In 

order to easier decide what maturity each high-level capability actually has reached, they are each 

divided into four low-level capabilities (totally 16 low-level capabilities). The capabilities are evaluated 

according to the authors’ maturity levels, consisting of stages 0 through 4, where stage 0 is Non-existent 

and level 4 is Optimised. When used in this study, the scale is set to 1-5 to make it more intuitive and 

easier to combine when analysing the results. The same definitions are used as in the original model 

and does not affect the results obtained. 

In order to justify the choice of maturity model, Cosic et al.’s maturity model is compared to Hamel’s 

(2009) and Howson’s (2015) models. The three models are quite similar and it is recommended that the 

comparison is read to see which model is best suited for the specific organisation that is being 

investigated. For this study, Cosic et al. is chosen as the main framework. Even if Hamel’s model is 

considered more prescriptive, its prescriptiveness is not enough to conquer Cosic et al.’s thoroughness.  

It is also more thorough than Howson’s model and Cosic et al. is therefore overall best suited for 

answering SQ1. 

2.5.2. Analytics Setups 
The choice of having analytics resources centralised or decentralised has attracted some research with 

pros and cons stated for moving in either direction but a CoE being advocated by Davenport (2014) for 

diverse companies with varying analytical needs. Others do however state that companies should not 

aim for a specific model but instead base the structuring on the company’s needs and circumstances 

(Harris et al., 2010; Jain, 2013). 

No formal recommendations on how to structure CoE’s exist in the literature. It will however be 

ineffective without visibility across all business units and across the IT organisation, the authority to 

make decisions that favour one business group over another and without the ability to make process and 

technology decisions with the strategic interests of all business units in mind (Reimer, 2015; LePine & 

Lovell, n.d.). Critical success factors are also its leadership, its sponsorship, roles and responsibilities, 

its alignment with business needs and having the right expertise (LePine & Lovell, n.d.). 

2.5.3. Lean Six Sigma 
Combining the development of analytics within an organisation with LSS is highly beneficial and 

natural; the management strategy of LSS constitutes of data-driven approaches and methodologies for 

improvement of quality, maximisation of productivity and the achievement of the best competitive 

position, resulting in organisations having more advanced continuous improvements in general and 
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more visibility across processes and functions (Taghizadegan, 2006; Hauff & Somers, 2016; Hausmann, 

2014).  By integrating more data and the right advanced analytics infrastructure with LSS, new 

knowledge can be leveraged upon and create more visibility across processes and functions (Hausmann, 

2014). 

2.5.4. Knowledge Management 
It is important that data, information and knowledge are handled as vitalities and given time and 

resources for structuring when in a complex and global business environment since when managed well, 

learning is generated, decision-making capabilities and collaboration are facilitated and (cultural) 

change and innovation are stimulated and encouraged (Liyanage et al., 2009; Van den Hooff & de 

Ridder, 2004; Quast, 2012; Liyanage et al. (2009) referring to Davenport and Prusak (1998)).  

By establishing networks, more transparency is gained, integration opportunities are revealed, well-

functioning relationships are highlighted, creation, sharing, transfer, amplification, enlarging and 

justification of knowledge is stimulated. Also organisational units’ innovation ability is contributed to 

and the chances of making successful organisational changes are increased (Tsai, 2001; Nonaka, 1994; 

Bender & Fish, 2000; Cross et al., 2007). Furthermore, collaborations and dissemination of best 

practices and capabilities can lead to new competence being created and competitive advantage and 

enhanced performance being reached (Liyanage et al., 2009; Tsai, 2001).  
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3. METHOD 

This chapter presents the working process and methods chosen for collection and analysis of data in 

order to fulfil the purpose of this thesis by answering the research question and sub-research questions: 

MRQ: How does a global company increase its analytical maturity level? 

 SQ1: What is the current state of analytics work in the organisation? 

 SQ2: How do process methodologies influence the use of analytics? 

SQ3: How are insights from analytical work and knowledge of analytics shared and 

transferred? 

3.1. METHODOLOGICAL APPROACH 
Being derived from a practical problem at Company A and the analytics needs and maturity of their 

Western and Central Europe region, this study has required an abductive approach to be able to fulfil 

the purpose of proposing actions for how a global company with a centralised analytics function is to 

proceed so that analytics is integrated in more of the region’s processes and analytical capabilities and 

resources are used as efficient and effective as possible. The work has been iterative where theories and 

frameworks found in literature during the course of the study has influenced the study of empirical 

material and vice versa (Blomkvist & Hallin, 2015, p. 46). This approach has also resulted in the 

problem formulation and research questions being revised multiple times to match new theoretical and 

empirical data, always defining the scope when needed to revise problem formulation and research 

questions. 

The overall structure of the thesis was chosen to be based on theories of case studies since the MRQ to 

be answered is stated as “How…”, a large amount of empirical data would be needed for capturing the 

complexity of this existing phenomenon within its real life context and boundaries, and investigative, 

explaining and descriptive sections would be needed (Yin, 1994; Blomkvist & Hallin, 2015, pp. 60-61). 

It was also considered appropriate since it is ideally suited for creating managerially relevant knowledge 

(Gibbert et al., 2008).  

To fulfil the definition of a case study, multiple sources of evidence have been used and many variables 

of interest have been studied (Yin, 1994). Additionally, different data collection methods such as 

interviews and questionnaires of quantitative and qualitative nature, or both, are advised, which has 

been followed in this thesis (Collis & Hussey (2014, p. 69) referring to Eisenhardt (1989, p. 534); Yin, 

1994).  

With the choice of using a case study approach, new insights collected from empirical data has been 

allowed to affect the purpose and research questions, leading to better research and recommendations 

for the client (Voss et al., 2002). As proposed in Blomkvist & Hallin (2015, pp. 60-61), the case study 

has been performed in a methodological manner where every choice and methods have been thoroughly 

described and reflected upon and the analysis methods systematically chosen. Yin (1994) further write 
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that initial study questions and the case study procedure has to be linked, which has been followed by 

only choosing to proceed with relevant ideas and perspectives from the initial study. The choice of using 

different methods for collecting data, i.e. conducting multiple interviews and issuing a questionnaire, is 

strengthened by there having been no persons with all the required knowledge for answering all research 

questions and the possibility that different persons might have varying interpretations and viewpoints 

of events and questions (Voss et al., 2002). 

3.2. RESEARCH DESIGN 
The research area was made researchable by applying different research methods for the research 

questions derived from the problem formulation and purpose of the thesis. At the start of the research 

process, an explorative approach was adopted (Voss et al., 2002) with initial meetings were first held 

with the ordering manager of the thesis within Company A’s Western and Central Europe region as 

well as with an internal supervisor within this region that the ordering manager had appointed. Since 

the initial topic was broad and unspecified, these meetings were combined with both empirical and 

theoretical studies. Initial readings on the topic were performed and meetings introducing the 

company’s different group functions and business units were attended and unstructured interviews with 

employees within the company as well as some external interviews of unstructured format were held. 

These activities provided a deeper understanding of the company and the company’s needs in this area 

and how to approach it as a thesis, i.e. how to formulate the problem and research questions and what 

theoretical research to be searched for when conducting the literature study. They also helped establish 

contact with important stakeholders in relation to the thesis’ topic, stakeholders which have been 

interviewed later in the research. 

Following Yin’s (1994) proposition for designing a case study, the scope has been kept limited but with 

the aim at suggesting possible link between phenomena. With the abductive approach, this means that 

the iterative way of working has resulted in the scope being redefined when obtaining new empirical 

and theoretical data but always focused. Furthermore, the exploratory design from the initial phase was 

combined with a descriptive design since the current situation needed analysing. This combination 

further enabled exploratory approaches to combine and elaborate on empirical and theoretical findings 

so that changes to the current situation could be proposed.  

Literature and internal documents have been studied continuously during the course of the thesis and 

have, together with findings from initial interviews, interviews performed after the initial phase and 

meetings with the supervisor, been used as the foundation for both structured and semi-structured 

interviews depending on the interviewee and area of interest. Empirics from interviews and theory has 

thus influenced following interviews and further literature studies. To acquire a larger set of empirical 

data, a questionnaire was sent out to employees in the Western and Central Europe region with basis in 

literature, empirics from interviews and specific requests from the ordering manager. 

The purpose of the study has guided the literature to be studied, which interviews to be held and which 

meetings to be attended. Findings and answers are therefore highly related to the research area and 

cover both important and innovative parts, resulting in the phenomenon under study being correctly 

described and reflect the results. This is also strengthened by data being analysed on all three levels; 

individual/organisational, functional and industrial, which leads to a combination of theories most 

suitable for the purpose of this thesis.  

The chosen methods have also allowed the client company to come with important suggestions and 

ideas when at the same time the researchers have defined the research in such a way that the outcome 
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will be unique and fill a gap. By conducting interviews, issuing a questionnaire and performing a 

literature study, the thesis contains both internal and external views of the research area, enabling a 

wider view when presenting the recommendations and leading the recommendations to be both better 

and more generalisable. 

The process of writing the thesis has been in progress throughout the research conducted, as seen in 

Figure 5. In the following sub-chapters, the different parts of the research design are described in 

relation to the research questions and thereafter the analyses performed are explained. 

3.2.1. Avoiding Data Overload and Structuring 

Since there is a risk of collecting a too large amount of data and information when using a qualitative 

method approach (Collis & Hussey, 2014, pp. 154-155; 166), the research questions aimed to be 

answered by the thesis has set the guidelines of what activities to perform and not, i.e. the purpose of 

the study has always been present to secure a focused approach. Having started with a fairly broad 

scope, as more insight was obtained, interviews were held with persons that could give answers in 

relation to the research questions and not widening the scope substantially. Following this approach, 

the number of interviews held with regional employees was kept low to avoid too much data being 

collected. This was also relevant when searching literature. Then, key words aligned with the purpose 

were used and the aim was to narrow and not broadening the possible search options. Regarding the 

quantitative collection method used, the questionnaire was kept short but comprehensive enough to 

enable the wanted output and the sample size was set relatively low but nonetheless at a sufficient level. 

Constant reviewing of data collected so that information and conclusions in the thesis were in line of 

answering the research questions have continuously been performed (Collis & Hussey, 2014, pp. 157-

158) since Blomkvist & Hallin (2015, pp. 15; 51) mention that a result of acquiring wider knowledge 

and insights and comments from peer-reviews and seminars results in collected information to some 

extent not being used or mentioned in the final thesis, why precautions have to be taken. Another 

precaution taken have been to set up separate documents with a clearly set structure to be used for 

different parts of the thesis. Since the research questions have changed, these separate documents with 

information and analysis on specific topics and areas have easily been found and older ones have been 

revisited when analysing changes in the research direction. Collected information considered relevant 
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Figure 5. Illustration showing the iterative process followed during the study 
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to the initial scope have been kept in separate documents which then have been detextualised by 

summarising it in a table where references and access dates were found (Collis & Hussey, 2014, p. 159). 

This have given a clear overview of what areas have been covered and what the main findings are, a 

method proposed by Blomkvist & Hallin (2015, p. 22). Analyses and conclusions have been made in 

other separate documents of different versions and with their detextualised form in tables for a clear 

overview. 

3.3. METHODS USED FOR ANSWERING RESEARCH 

QUESTIONS 
This sub-chapter briefly describes the methods used for answering the three sub-research questions and 

the main research question. Subsequent sub-chapters describe the methods used in this thesis more 

thoroughly. Table 6 presents an overview of how the different methods for collecting empirical data 

primarily relate to the three sub-research questions. 

Table 6. Overview of how empirical data was collected for the three sub-research questions 

 

Interviews held at headquarters 

Regional 

interviews 

Question-

naire CAG 

employees 

Corporate 

Business 

Finance 

employee 

Corporate 

KM&C 

employee 

Central BE 

employee 

SQ1 X   X X X 

SQ2    X X  

SQ3  X X  X X 

3.3.1. Methods Used for Answering SQ1 

For the first sub-research question, ‘What is the current state of analytics work in the organisation?’, 

interviews, a questionnaire and the studying of literature consisted the methods for addressing the 

question. This enabled answering what analytical work the region and CAG are performing today and 

how this is used, managed and structured. 

The literature searched for in relation to this sub-question was related to how analytics in organisations 

is to be assessed, evaluated and structured in order to reach wanted output. This included reviewing 

organisations with in-house developed analytics maturity models as well as more scientific reports on 

the matter. The purpose of the literature study related to this sub-question was also to acquire 

understanding of the area of analytics and acquire and overview of previous research and present 

knowledge to know how to approach the area when developing the interview and questionnaire 

questions. 

Semi-structured interviews were held with CAG employees, many of which had first been contacted 

and talked to during the initial weeks of the thesis, to understand what CAG’s current and planned for 

capabilities, deliverables, structure and development were so that this could be linked to the needs and 

usage in the Western and Central Europe region. 

Structured interviews were held with employees on different levels in the Western and Central Europe 

region to understand what the needs and current use of analytics were in the region. This was performed 
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late in the thesis when good understanding of analytics, both in general and what could be offered by 

CAG, was known and they were mainly based on questions inspired by the maturity models.  

For this sub-question, the questionnaire constituted an important part to obtain a general view on 

analytics from the large audience in the region. The questionnaire was sent out to 566 employees in the 

Western and Central Europe region, a number decided together with the supervisor and ordering 

manager, and covered questions such as management’s support of analytics, to which degree analytical 

work is automated and what sources and tools they use. Further explanation of the questionnaire is 

presented in sub-chapter 3.6. 

3.3.2. Methods Used for Answering SQ2 

The second sub-research question, ‘How do process methodologies influence the use of analytics?’, was 

addressed through interviews with the region employees, a semi-structured interview with an employee 

of the central BE team and through literature search.  

Literature searched for in relation to this sub-question covered the methodology of Lean Six Sigma 

(LSS) which during the initial interviews were mentioned as a large factor in future operations of 

Company A and structured centrally at the central BE team. This included reviewing reports and articles 

to determine what is relevant when related to analytics.  

Questions asked in the region interviews to address this sub-question therefore mainly concerned LSS 

and also the transformational issue related to establish a wider use of analytics. The semi-structured 

interview with an employee of the central BE team was held to acquire knowledge on their view of how 

LSS is both currently and wanted to be used within Company A. The importance of analytics in LSS 

from a Company A perspective was also asked for as well as how Company A as a whole works with 

transformations and the issues that can be related to working for a larger use of analytics.  

In the interviews with the region employees, the wanted output related to this sub-question was to know 

in what state they place themselves regarding the use and implementation of LSS, and how this and the 

use of analytics has been received within the region. 

3.3.3. Methods Used for Answering SQ3 

Methods used to address the third sub-research question, ‘How are insights from analytical work and 

knowledge of analytics shared and transferred?’, include literature study, both structured and semi-

structured interviews and the questionnaire mentioned above. This to acquire knowledge on how 

knowledge can be shared and transferred, how Company A shares and transfers knowledge and what 

initiatives there are on this matter.  

Centrally, semi-structured interviews were held with a representative of the corporate Knowledge 

Management & Collaboration team and with an employee from corporate Business Finance. The 

purpose of these interviews were different, the one with the Knowledge Management & Collaboration 

representative being focused on understanding what the corporate view on sharing insights from and 

knowledge within analytics is, how good Company A in general is at sharing and transferring 

knowledge and how they would like the sharing and transfer in the area of analytics to be structured. 

The interview with the Business Finance employee was specifically centered around the use of 

networks, how they use and had structured it for sharing of analytical insights and best practices and 

what they had gained from establishing this network.   
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Also, the interviews held with CAG employees included questions on this matter since literature studied 

proposes different structuring of analytics which in turn affects the sharing and transferring. Literature 

on knowledge management, and more specifically sharing and transfer of knowledge by disseminating 

knowledge in networks was also covered. 

Lastly, both the structured interviews held with and the questionnaire sent out to region employees 

included questions regarding sharing and transfer of knowledge plus the participation in and use of 

networks. These questions were asked to understand the region’s ways of sharing and transferring 

knowledge and if networks are beneficial for them. 

3.3.4. Methods used for answering MRQ 

By answering the three sub-research questions, a basis for answering the main research question, ‘How 

does a global company increase its analytical maturity level?’, was created.  

The combination of results from the sub-research questions enabled a recommendation on how the 

Western and Central Europe region should approach both analytics internally, in collaboration with the 

central analytics function, other regions and corporate Knowledge Management & Collaboration and 

by incorporating LSS to be formulated so that the analytical maturity level can be increased. 

3.4. LITERATURE STUDY 
To fulfil the purpose of the research and be able to answer the research questions, a comprehensive 

literature study was conducted, both to find knowledge gaps and obtain an overview of the existing 

knowledge relating to analytics. After literature giving an introduction to the topic of this study was 

studied, the main focus turned towards finding and reviewing models for which a company’s analytical 

maturity could be assessed and with which several interviews and the questionnaire were to be primarily 

based upon. 

During the course of the literature study and with influence from initial interviews, different aspects of 

analytics became of interest, leading to combining analytics maturity and structuring with knowledge 

management and Lean Six Sigma. This combination proved both critical for Company A and for 

covering an identified knowledge gap since these theories never had been combined before. The 

literature study also contributed to how the research was to be designed and how to interpret the research 

results in order to draw conclusions.  

As mentioned above, literature was first studied widely but was narrowed down as relevant research 

and information were identified. For this study, articles in journals, books and other published works, 

such as consultancy reports, have consisted the main literature studied. These have been collected and 

critically evaluated by following a thematic approach as proposed by Collis & Hussey (2014, pp. 88-

89) for a qualitative literature study. Key words, presented below, were used for sorting the theoretical 

data and to keep the literature study structured and focused. 

Literature has been found mainly through the use of KTHB Primo, the index of KTH Royal Institute of 

Technology’s library catalogue and multiple external databases, Google Scholar, Google Search and 

different management consulting firms’ publication sites. Primary keywords used include: ‘Big Data’, 

‘Big Data management’, ‘Big Data analytics’, ‘analytics maturity’, ‘analytics maturity model’, 

‘maturity in BD&A’, ‘analytics center of excellence’, ‘analytics setups’, ‘knowledge transfer’, 

‘knowledge transfer internal’, ‘knowledge sharing’, ‘knowledge management analytics’, ‘knowledge 
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dissemination’, ‘knowledge management networks’, ‘LSS’, ‘Lean Six Sigma’, ‘Lean Six Sigma 

analytics’, ‘Lean Six Sigma advanced analytics’. 

3.5. INTERVIEWS 
The major source for data collection in this thesis was interviews of different structures. Throughout 

the research process both structured and semi-structured interviews have been conducted to answer all 

sub-research questions. The interviewees chosen and the structure and timing of the interviews all 

contributed to answering these questions to a very large extent. 

At the beginning of the research, semi-structured interviews with a majority of open-ended questions 

were held. Some of these interviews were almost unstructured with very few formulated questions to 

allow for new ideas and views of the phenomenon studied (Blomkvist & Hallin, 2015, p. 69). When the 

wanted output of the interviews was more specified, more questions steering the interview were 

formulated and included in the interview but with room for additional questions surfacing during the 

interviews. The questions were still mainly of open characteristic to allow for longer and more 

elaborated answers with the interviewee sharing his/her opinions or information about experiences and 

feelings. The occurrence of closed questions only allowing “yes” or “no” answers was very limited. 

During the interviews of semi-structured characteristic, the order of questions asked was not entirely 

rigid and not all questions needed answering since interviewees often answered them when answering 

other questions (Collis & Hussey, 2014, pp. 134-135). 

As Collis & Hussey (2014, pp. 135) suggests by referring to Easterby-Smith et al. (2012, p.132), semi-

structured interviews are to be held when e.g. wanting to understand interviewees’ sets of concepts and 

ideas that constitutes the basis for his/her opinions and beliefs, when wanting to develop an 

understanding of the interviewees’ ‘world’ and when logic of a situation is not clear. All these factors 

have been present in this thesis and therefore justifies the usage of semi-structured interviews. Long & 

Godfrey (2004) further strengthen the use of interviews since they can elicit experiences and allow for 

obtaining different perspectives. 

Mainly due to the objective of comparing questionnaire and interview results as well as time constraints 

and the risk of acquiring too much information during the interviews held with employees in the 

Western and Central Europe region, these interviews were planned and conducted for with basis in the 

structured characteristic. This means that they were thoroughly planned and questions were asked in 

the same order to all interviewees. These interviews constituted both open-ended and closed questions 

but with limited use of probes and hypothetical questions. (Collis & Hussey, 2014, pp. 135-136) 

The initial interviews of varying degrees of semi-structured characteristics were held with both internal 

and external interviewees as presented in Table 7 below. Interviews and more formal meetings with the 

supervisor, ordering manager and other employees outside of Sweden were conducted via a 

teleconferencing tool allowing e.g. shared screens. This structure was, as mentioned above, chosen to 

obtain a better understanding of the topic and from these and studied literature, the initial purpose and 

research questions were formulated. Interviewees were mainly found through recommendations from 

employees at the central BE office and by asking interviewees who they suggested should be contacted, 

either having just interest the area of analytics or being involved with analytics in some way. 

Interviewees were contacted by e-mail and the length of the interviews were around 60 minutes each. 
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Table 7. Interviews held during the initial phase 

Organisation Position & Area 

Company A Business Excellence employee in the Western and Central Europe region 

Company A Business Excellence employee in the Western and Central Europe region 

Company A Business Excellence employee in the Western and Central Europe region 

Company A Business Excellence employee in the Western and Central Europe region 

Company A Business Excellence employee at central Business Excellence 

Company A IT employee at central IT (CAG initiator) 

Company A CAG employee 

Company A CAG employee 

Company A CAG employee 

Company A CAG employee 

Company A CAG employee 

Company A Business Finance employee in the North American region 

External company 1 Analytics Consultant Lead for Marketing 

External company 2 Head of Analytics, Senior Consultant 

External company 3 Global IS and Data Manager 

 

Table 8 shows interviews that were held with the purpose of examining the chosen direction of the 

thesis further and to acquire more qualitative data that could be used for both preparing the questionnaire 

and for the final recommendations. These were all semi-structured but with several questions 

formulated in case the interviewees would not answer them when answering a stated question. Some of 

the interviewees had been interviewed during the initial interviews but interviews were held with these 

employees again for addressing new questions that had risen and/or that some questions needed further 

elaboration. Other interviewees were new and were all recommended by previous interviewees or 

employees at the central BE office. Interview outlines for these interviews are found in Appendix E. 

All interviewees were contacted via e-mail, questions were sent to the interviewee beforehand and when 

not conducted face-to-face, the same teleconferencing tool as mentioned above was used. All interviews 

were approximately 90 minutes long. To fulfil the ethics criteria, transcriptions of the interviews were 

sent via e-mail to the interviewees afterwards, in some cases with clarifying questions or requests for 

sending internal documents, where interviewees were asked to approve all written down and if needed, 

add clarifications and additions. 

Table 8. Interviews held after the initial phase 

Organisation Position & Area 

Company A CAG employee 

Company A CAG employee 

Company A CAG employee 

Company A Corporate Business Finance employee 

Company A Corporate Knowledge Management & Collaboration employee 

Company A Business Excellence employee at central Business Excellence 
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The 10 structured interviews held with employees in the Western and Central Europe region were held 

for a maximum of 45 minutes to ensure answers to be kept short and specified, allowing for good 

structuring when comparing the answers to the results of the questionnaire. Interviewees had different 

job roles on different levels in different organisational parts of the region. The interviews also included 

some questions where interviewees were asked to elaborate on their and their organisations’ needs as 

well as their visions and ideas that could be of importance. All interviews were held via the 

teleconferencing tool and all employees were invited via e-mail with a majority of the interviewees 

being suggested by the regional BE team and some additions made by the researchers with basis in 

input from interviews previously held. All questions were sent to the interviewees beforehand and 

afterwards transcriptions were sent for approval also to fulfil the ethics criteria (Voss et al., 2002). 

3.5.1. Methods Used for Analysing Interviews 

When allowed by the interviewees, the interviews were audio recorded (not the initial interviews) and 

always documented by either computer or hand writing, or both. To make sure that everything from the 

interview was covered and interpretations were remembered, both researchers were present at the 

interviews and one always had the responsibility of asking the questions and steering the interview as 

well as observing the interviewee (Voss et al., 2002). The other researcher then had the responsibility 

of writing down the answers. All interviews were transcribed by the researcher having written down 

answers and then both researchers discussed the interview to see what could be of use and not. The 

language of the interviews has varied between English and Swedish depending on the interviewees’ 

preferences.  

In addition to discussing the interviews after having been transcribed, answers were coded (Voss et al., 

2002; Collis & Hussey, 2014, pp. 166-168; Hsieh & Shannon, 2005) which were formulated both before 

and during the analyses and had been derived from both theory and relevant research findings. The 

interviews held with CAG employees included similar questions, whereby frequently mentioned 

suggestions, ideas, thoughts and facts were sorted into main themes and categories to enable clear 

presentation. The other semi-structured interviews did not touch upon the same topics and were 

therefore analysed separately but findings were categorised within the held interviews to allow for 

structured use and clear presentation.  

The answers obtained from the structured interviews held with region employees were analysed using 

MS Excel. All single choice and rating scale questions’ answers were coded to allow for easy analysis 

and presentation and where applicable, open-ended questions were coded and answers sorted into 

categories. Open-ended questions where interviewees were asked to elaborate their answer were sorted 

into categories seen when analysing the answers and are presented with outtakes. 

3.6. QUESTIONNAIRE 
Using an internal web tool, the questionnaire constituted the method chosen for acquiring quantitative 

data from the region. The choice of using a questionnaire was both a request from the client and an 

approved approach by the researchers to strengthen findings from region interviews and show 

interesting differences. The client also requested a questionnaire that can be used for future evaluations 

of the analytics use and maturity in the region. 

The questionnaire is descriptive, providing an accurate representation of the present phenomenon, its 

questions and design based on findings in the literature studied and all interviews up to the point of its 



 

40 

issuing, with questions formulated also in accordance with the problem formulation and research 

questions (Collis & Hussey, 2014, p. 63; Blomkvist & Hallin, 2015, p. 82). It was sent out via e-mail 

to 566 employees in the Western and Central Europe region with different job roles on different levels 

and in different organisational parts of the region. The sample was chosen randomly by the supervisor 

to minimise the risk of ambiguity (Collis & Hussey, 2014, p. 62) but German employees were not 

included due to labour union issues. The sample size was kept low in order to keep the analytical work 

required at a minimum but at the same time sent out to a number of employees giving a good overview 

of the phenomenon in the region. 

Collis & Hussey (2014, p. 199) write that for a population of 5,000, a sample size of 357 is 

recommended, and for a population of 7,000, a sample size of 364 is recommended. With over 5,000 

but less than 7,000 employees in the studied region, the sample size of 566 is larger than the 

recommended and a generalisation of the questionnaire result to the population, i.e. the region’s 

employees, is therefore acceptable. The omission of German employees does however question its 

generalisability to some extent. 

Its purpose was, as mentioned to strengthen findings from interviews held with employees in the 

Western and Central Europe region and show differentiating views but also to obtain a broader view of 

what analytical needs employees in the region have and what analytical tasks they perform. It also 

covered what sources and tools they use, what their analytical problems are, if they are part of networks 

concerning analytics and what their view on support, integration and automation of analytics are.  

The main part of the questionnaire consisted of questions derived from analytics maturity models which 

allowed for rating scale questions from 1 - 5 (Collis & Hussey, 2014, p. 217). The questionnaire also 

included both closed and open-ended questions where closed questions allowed respondents to choose 

options from a list. If these options did not match the answer the respondent wanted to give, this could 

be stated in an open-ended question (Collis & Hussey, 2014, p. 213). Some open-ended questions were 

accompanied by examples stated in the e-mail containing the link to the questionnaire, see Appendix F. 

No multiple choice questions could be designed since the tool only allowed either free text answers or 

respondents to choose only one option when presented with multiple options.  

Questions were kept as short and simple as possible so that respondents were not to not submit the 

questionnaire. Precautions taken to avoid this also included providing the respondents with a context 

explaining the purpose of the questionnaire and the research it is included in as well as with needed 

definitions, see Appendix F. for the definitions attached. Additionally, the number of questions were 

forced low even if the limitations of the tool increased the number of questions. Where applicable, the 

respondents were able to choose an option where they could decline to answer. The questionnaire also 

included positive and negative items and questions were formulated so that respondents were not to 

choose options placing them in good light. A logical order was kept in the questionnaire, with related 

questions sorted in groups and with natural order (Collis & Hussey, 2014, pp. 211-212). In contrary to 

what Collis & Hussey (2014, p. 211) states, general questions were also asked at the end of the 

questionnaire, an input acquired from the supervisor that these questions were not suitable for the start 

of the questionnaire where they might have caused respondents to not wanting to start the questionnaire. 

3.6.1. Methods Used for Analysing the Questionnaire 

MS Excel was used to analyse the answers of the questionnaire. A total of 54 employees completed the 

questionnaire, resulting in a 9.54% answer rate, but not all chose to answer the non-obligatory questions. 

The open-ended questions were analysed in three different ways depending on the structure of the 

question. When respondents were asked to freely formulate an answer, the answers were thematically 
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analysed and all answers presented. With alternatives both provided and asked to be added by the 

respondents, tallies were used, i.e. the occurrences of variables such as different words or phrases (Collis 

& Hussey, 204, p. 221) were counted. When such open-ended questions followed single choice 

questions, the result from the tallies are presented independently. For open-ended questions allowing 

for a categorisation of answers, the occurrences within each category were counted. 

Single choice and rating scale questions were numerically coded and analysed using univariate analysis, 

meaning each variable being studied separately (Blomkvist & Hallin, 2015, pp. 112-114; ollis & 

Hussey, 2014, p. 219).  

Since the questionnaire was descriptive and the wanted output was not seeing connections or differences 

between different parts of the region or job roles, no deeper analysis has been performed. 

3.7. QUALITY OF RESEARCH 
This sub-chapter presents a discussion of four criteria, namely internal validity, construct validity, 

external validity and reliability, to determine the quality of this thesis. 

3.7.1. Internal Validity 

Defined as the extent to which causal relationships between variables and results can be established in 

the data analysis phase, high internal validity is reached when (1) certain conditions are shown to lead 

to other conditions, as distinguished from spurious relationships, (2) empirically observed patterns are 

compared with either predicted patterns or patterns established in previous studies and in different 

contexts and (3) multiple perspectives are adopted, verified by theory triangulation (Gibbert et al., 2008, 

Voss et al., 2002; Carlile & Christensen, 2005).  

To reach high internal validity, the following actions have been taken: 

- A research framework derived from theory has been used and it explicitly shows how variables 

and outcomes relate to each other. 

- Different bodies of literature have been used for both developing the research framework and 

for interpreting findings. 

- Findings have been matched and discussed in relation to literature. 

- Triangulation of empirical data has been achieved by having conducted interviews of both 

structured and semi-structured format with employees from different parts of the organisation 

and on different levels and issued a questionnaire to a large sample. 

3.7.2. Construct Validity 

The quality of the conceptualisation or operationalisation of the relevant concept determines the 

construct validity and it needs to be considered during the data collection phase (Gibbert et al., 2008). 

Which level of construct validity that is reached is determined by to which extent correct operational 

measures for the concepts being studied are established, i.e. to which extent the procedure followed 

leads to accurate observations of reality (Voss et al., 2002, Gibbert et al., 2008).  

To reach high construct validity, the following actions have been taken: 

- The proceedings of the study are presented in this chapter. 

- Interview guidelines and questionnaire outline have been reviewed and developed together with 

the supervisor at the company and other key stakeholders. 
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- Multiple data collection methods and sources of evidence have been used, see above, enabling 

both data triangulation and method triangulation. 

- Interviewees have been sent transcriptions of the interviews held and only approved results are 

presented in this thesis. 

3.7.3. External Validity 

Also described as the study’s generalisability, the external validity determines if and how well the 

research findings can be extended to other cases or settings (Collis & Hussey, 2009, p. 54; Voss et al., 

2002; Carlile & Christensen, 2005). Statistical generalisation of a population is neither reached when 

conducting a single case study nor multiple case studies but generalisation from empirics to theory can 

be achieved, i.e. reaching analytical generalisation (Gibbert et al., 2008).  

To reach high external validity, the following actions have been taken: 

- The introduction chapter presents a clear reasoning for how the case was chosen and it is aligned 

with the research question. 

- Conclusions are divided in ‘conceptual’ and ‘managerial’ with mainly conceptual being 

formulated in a way that enables application to other settings. 

Using a single case leads to a limitation in generalisability of conclusions drawn with possible biases 

of both misjudging the representativeness of a single event and of exaggerating easily available data 

(Voss et al., 2002). Questionnaires do however produce knowledge which can be assumed to be 

generalisable to a larger part of the population than the sample the findings are collected from 

(Blomkvist & Hallin, 2015, p. 90) but in this study, the generalisation will be within the region and not 

outside of Company A. Even if the questionnaire’s answer rate is less than 10%, the larger sample size 

compensates for this and the result of the questionnaire should therefore be considered as generalisable 

to the population. The generalisation of the questionnaire is however limited to some extent due to the 

exclusion of German employees and should therefore perhaps be seen as generalisable to the countries 

included in the sample. 

In order for other companies to be able to use this study they will need to have a centrally established 

analytics function in place and assess their and the central function’s analytical maturity to be 

approximately the same. This research can therefore not be said to be completely applicable to other 

settings but application in similar settings are possible and it can ultimately be expanded upon. 

3.7.4. Reliability 

The reliability of a study refers to the accuracy and precision of measurements, the absence of random 

errors and the extent to which the study can be repeated and lead to the same results and insights (Collis 

& Hussey, 2014; Gibbert et al., 2008; Voss et al., 2002). 

To reach high reliability, the following actions have been taken: 

- Everything collected during the course of the study is gathered in a case study database which 

can be provided upon request. 

- The same or similar questions have been asked to multiple interviewees, especially in the 

structured interviews held. 

- Multiple data collection methods and sources of evidence have been used, see above, enabling 

both data triangulation and method triangulation. 

- All interviewees have been offered anonymity, allowing for sincere responses. 
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- All interviewees have been sent transcripts of the interviews for approval before inclusion in 

this study. 

- Questions asked during the semi-structured interviews are found in Appendix E, questions 

asked during the structured interviews are found in Appendix G and questionnaire questions 

and are found in Appendix H. 

- A high level of unambiguousness has been kept when collecting and analysing data, resulting 

in unambiguous results. 

Factors contributing to lowering the reliability are the complete anonymity of the case company 

(Gibbert et al., 2008) due to confidentiality agreements, and follow-up questions being asked during the 

semi-structured interviews, both making a complete replication of the research difficult. Risks 

associated with a questionnaire are that it might take both much time when defining the questions so 

that all aspects are covered and when analysing the answers, both of which occurred. The time available 

did not also enable testing of the questionnaire which posed a great risk. The risk of intended 

respondents not responding to the questionnaire was also present but was minimised by its issuing and 

a follow-up from top management (Collis & Hussey, 2014, pp. 205-207). 

Furthermore, during interviews, informal meetings and perhaps in the questionnaire, interviewees, 

presenters and respondents can possibly have been bias. Their views can have changed depending on 

current roles and perspectives and they might have given political answers they considered to be 

acceptable answers. All these factors have been kept in mind and not let influencing the thesis in a 

certain direction (Collis & Hussey, 2014, p. 138). 

The same procedures would most probably be able to be followed again but the interview settings will 

be different since the interviewees can have given the questions asked and topics discussed some 

thought and other answers might therefore be given. Other answers can also be given as a result of 

possible changes in the interviewees’ state of mind and responsibilities. Additionally, all interviewees 

have been supportive of this area being investigated and have wanted to contribute as much as possible. 
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4. RESULTS & ANALYSIS 

This chapter presents the findings from the interviews conducted throughout the project and the 

questionnaire sent out to employees in the Western and Central Europe region, followed by an analysis 

of the findings where the region’s analytics maturity is determined and findings are compared. The 

reason these interviewees were chosen and the questionnaire was held was to answer this study’s 

research questions: 

MRQ: How does a global company increase its analytical maturity level? 

 SQ1: What is the current state of analytics work in the organisation? 

 SQ2: How do process methodologies influence the use of analytics? 

 SQ3: How are insights from analytical work and knowledge of analytics shared and

 transferred? 

First, the interviews held with employees from headquarters are presented in sub-chapter 4.1., followed 

by the interviews held with regional employees in 4.2. and the findings from the questionnaire sent to 

regional employees in 4.3. Lastly, sub-chapter 4.4. presents an analysis of the findings. 

4.1. RESULTS FROM FINAL INTERVIEWS WITH 

EMPLOYEES AT HEADQUARTERS 
This sub-chapter presents the interviews held with the Central Analytics Group, a Business Excellence 

employee at central Business Excellence, a Corporate Knowledge Management & Collaboration 

employee and a Corporate Business Finance employee.  

4.1.1. Interviews with Employees from the Centrally Established Analytics Function 
In this section the findings from the interviews with the Central Analytics Group (CAG) are presented. 

The purpose of the interviews with CAG was to understand what CAG’s objectives are, what their 

capabilities are, what they think of their relationship with the regions and what maturity within data 

and analytics they have. Also, what analytics maturity they believe that the rest of the company have as 

well as finding key factors that prevent the company from increasing its maturity was searched for. 

Purpose and goal of the group  

It is CAG’s responsibility to build the analytical capability necessary to take advantage of data and give 

better insights to improve performance of the company. This means that in the future, analysts in the 

company regardless of geographical location and part of region, will be able to make their own analysis 

based on the infrastructure built and orchestrated by CAG. 

Insights are not only being produced by CAG’s service, other departments are generating business 

insights as well but CAG’s goal is to be highly skilled (more skilled in analytics than other parts of the 
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company), provide insights faster than before and to a lower price. They have two stated goals; reduce 

time to insight and reduce cost for providing solutions. 

Current state 

CAG tries to work cross-functionally to strategically investigate correlations that are not known today 

between different parts of the organisation’s business. They are, together with IT, building the 

infrastructure which will allow the company to get insights that will guide the company to make the 

right decisions.  

CAG’s analyses are performed in different ways, partly by pure ad-hoc analyses but also by providing 

advanced solutions, systems and processes that allow employees in the company to take part of data 

and perform analyses on their own.  

Combination of competencies  

The competence within CAG is overall good and in some parts very good. They constantly see new 

opportunities for improvements and ideas across the function and in the company; in the areas where 

they have a good composition of competence, the deliverables are of very high quality and they can 

solve problems in a whole new dimension. Today, CAG has e.g. really good analysts with competence 

from different functions within Company A that when working together come up with ideas and creates 

solutions that are offering a whole new perspective of cross-functional work. When CAG brought in a 

business analyst team, these analysts were aware of the business and how it worked at the same time as 

they could understand the complex analyses that could develop the business further, with that 

combination they received excellent results. 

Not the only ones performing analytics within the company 

There are also a lot of employees in the regions as well as in the business units running improvement 

projects in the area of analytics. Collaboration between regional employees and CAG and more formal 

pilot projects are up and running so it is not only CAG that drives analytics at Company A forward, 

even if the utmost responsibility should be theirs. Some of the employees working in individual 

analytics teams in different functions in Company A, not belonging to CAG, are moving forward fast 

and deliver successful analytics work. They have however not the same holistic responsibility and 

governance and are therefore more free to hire employees and start new initiatives. 

CAG’s view on estimated maturity within CAG 

Within CAG, the maturity is somewhere around 2.5-3 on a scale of 1-5 where 1 is Ad-hoc and 5 is 

Optimised. CAG has a lot of capability but the work cannot yet be performed with the right quality on 

the right time. One of the reasons the maturity is low is because the stakeholders have individual 

maturity levels. Good stakeholders that demand good analyses get good analyses, however, with unclear 

or undefined demands stakeholders will not get good analyses. The stakeholder commitment is too low 

today in order to raise the overall maturity level.  

With CAG having a fairly low analytics maturity themselves, the choice of not promoting their 

capabilities too much towards the rest of the company is influenced. CAG has deliberately chosen to 

not pursue active marketing of its existence and deliverables towards other parts of Company A. 

Otherwise, when meeting different parts of the company, very high expectations arise, which CAG will 

not be able to live up to at this point time. The aim is that this will change in the future and CAG will 

truly be a center for analytics. 
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Estimated analytics maturity outside of CAG  

Determining the analytics maturity outside of CAG is considered difficult since it is such a large 

company and it also depends on what the level is compared to. However, roughly, the organisation’s 

maturity is lower than in CAG, average is somewhere around 2. The general organisation does not have 

the understanding and the infrastructure needed to climb the maturity ladder today. In the rest of the 

organisation (outside of CAG) it is usual that focus is mainly put on easier analytics such as dashboards 

and front-end solutions.  

The maturity within analytics varies across the company. Even though the maturity might seem low, 2-

3 on a scale of 1-5, they still have higher levels of analytics maturity than many other kinds of 

organisations. Also, there are not many other companies that have such centrally established analytics 

units as Company A, some are not even close to having this.  

Barriers for increasing maturity 

Below, barriers the company needs to overcome in order to increase maturity of CAG and of Company 

A according to CAG employees are presented. 

Funding of CAG  

There is at the moment limited possibilities for CAG to get more resources, hire a number of new 

employees or of using consultants. Work is delivered but it takes longer time than it could if the unit 

had more funding; some teams within CAG are too small in relation to what they are expected to deliver 

within set budget restrictions.  

Competence resources  

There is a shortage of employees at Company A having knowledge of the analytics area and resources 

at the company not always being available for CAG are two major barriers. There are highly competent 

analysts in Company A but these are not always available to CAG since they already have a role within 

a functional area of the company. Additionally, resources that have joined CAG but still belong to their 

functional area are still mainly performing tasks ordered by their original functions within the company. 

CAG therefore constantly tries to make their operations more effective to free time for activities 

improving their analytical maturity level. These activities are mainly run as extra tasks which is why 

that work does not run with the wanted speed. 

Sharing knowledge  

An overall challenge, that the whole of Company A also is facing, is working with scattered offices 

around the globe that has to collaborate when there is a lack of sharing culture; it can be seen among 

the functions that they protect their own processes and solutions. 

Communication  

Today, CAG’s communication with regions and other departments outside of CAG is ad-hoc and 

constitutes a problem. It is neither derived from the unwillingness of CAG nor the region but the steering 

model chosen for CAG; there is no clear structure on how to contact CAG, so potential “customers” 

(internal stakeholders) do not know who to reach out to.  

Quick fix or long-term solutions  

Regions can do almost anything they want when it comes to IT solutions and analytics; if they need 

something, they can develop it and it is in most cases well-functioning within their region. It does 

however become a problem when CAG would try to connect that solution with systems that they have 

set up for global use and the region-built system does not live up to CAG requirements. This leads to a 

trade-off; either the region waits, probably for quite some time, until corporate functions approve and 
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develop or develop a solution themselves in a shorter time. When functions and business units develop 

their own systems, they often reach a higher analytics maturity fast but cannot get much further since 

these systems then have less compatibility with other systems and does not allow further analyses in 

larger performance contexts. When running a central analytics function, momentum is sometimes lost 

because there is so much more governance to think about.  

Other barriers   

The following barriers were mentioned briefly during the interviews: 

- Some data is classified and some employees do not have the right access 

- Data can be of very poor quality, which when combined with competence issues results in 

sufficient support not being able to be provided 

- Data is not always handled as a valuable asset for steering and optimising the company 

- Corporate politics and governance is a roadblock to a more mature data driven business  

- It is not beneficial to work cross-functionally today and there are still silos in the company that 

hinders cross-functional collaboration  

What will the future look like?  

During the interviews with CAG, opinions and thoughts around the future were expressed. These 

opinions and thoughts are presented in this section and will provide insight in what collaboration 

internally and increased maturity will mean for the company. 

Collaboration with regions  

A future collaboration between CAG and the regions does not have to be organised under CAG. 

However, a few local spokespersons who can understand the region’s analytics needs can act as a bridge 

between the regions and CAG. This would allow CAG to understand the needs in order to develop the 

right tools and infrastructure for the specific region needs which they can reuse if applicable on other 

regions and departments as well. CAG will never be able to and it is not their purpose to deliver the 

whole company’s need for analytics, they are to be a supplier of “unbeatable” high-end insights and an 

orchestrator. 

Regional branches of CAG are desired but is not yet supported by CAG since they are mainly 

representing functional areas and not whole regions. Up until now, there has not been much engagement 

with the regions as a whole, but rather with functional areas of regions. Since almost all sales are 

conducted in the regions and that it is the regions the majority of the company's employees are found, 

regions will in the future play a much more important role at CAG. Setting up regional teams connected 

to CAG, however, adds to the complexity of managing CAG and as of now there is enough complexity 

to have it established centrally. 

Optimally, CAG should be the ones building regional analytics organisations and not the regions 

themselves so that ‘satellites’ with a solid line to CAG are established. There could be virtual solutions 

but it would require a higher level of maturity than today.  

Communication between CAG and regions  

A balance between regions either contacting CAG or conducting initiatives themselves is needed. At 

this stage, if too much is brought to the central team, too much time will have to be spent on coordinating 

and positioning different aspects and stakeholders. With analytics being possibly run on many different 

frontiers, it can for example be linked to strategy, operations and different business cases and their 

monitoring, regions should not address all frontiers at once when starting analytics initiatives but 

keeping it restricted and with a clear scope of their individual most urgent need. 
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Achieving desired maturity 

Before the end of 2018, CAG aims at having contributed to raising Company A’s analytics maturity 

level and that CAG then has reached maturity level 4 (of 5), provided they will have the mandate to 

steer analytics with their roadmap and their strategy. CAG will probably move faster up the analytics 

maturity ladder than the rest of the company but it is also somewhat needed so that the rest of the 

company can follow and use what CAG develops and delivers. Since CAG is a newly established unit, 

things will take time and especially when they themselves has not yet reached a wanted maturity 

position.  

To become a mature analytics organisation, clearly defined job roles and responsibilities as well as 

performance criteria are seen as vital since it can lead to good data quality. Today, the data quality is 

very good in some places in the company but it is also in a very bad shape in many other places. By 

establishing job roles with defined competences in the area of analytics, the accesses to more advanced 

tools can e.g. be steered; accesses can in some cases be very expensive and create high IT costs per 

user, making it efficient if only employees that need the tool have access. Access in the wrong hands 

can have catastrophic effects, which is why these job roles also should steer accesses to data and thereby 

gain control over who actually has the right to different data. 

Spreading analytics 

If a company chooses to have a group analytics center, or a Center of Excellence, this has to be the 

leader for analytics in the company but it raises questions on how it is to be manifested.  

Analytics community  

A key for fulfilling this is to run analytics communities in the company for which governance, 

guidelines and best practices for different methods presently are being developed and defined so that 

what is delivered always meets the requirements and expectations. Especially best practices for how 

analytics are to be run should be a responsibility of CAG but it is expected that it will take some time 

before reaching the state where leadership and responsibility of this is taken to CAG. 

In this future community, employees are to speak freely, share learnings and aquire help and inspiration 

in data and analytics, which all would contribute to enhancing collaboration between regions and with 

CAG. CAG does not want to be a bottleneck in this community but an orchestrator enabling contact 

both with CAG and between members. 

A central point of the community would be a best practice library where guides on different tasks are 

concentrated and educational material, mainly for self-service. This repository should also include 

analyses with insights and procedures that are not confidential and contain a support function for 

consolidation tools. Such libraries have previously been tested within Company A but without greater 

success, why learnings from this has to be included when setting up this community. It is now being 

investigated how material is to be produced for this repository.  

The formalisation of the community can be done by formulating job roles that have access to such a 

community. There are many within the company working with analytics and these will through this be 

linked and also linked to CAG. Also, with clearly defined job roles follows education of analytics 

workers. By creating a certification track linked to job roles, different educational packages can be 

formalised so that with a certain level of certification, access to a certain degree will be given. Different 

certifications can then be linked to the different levels a job role can contain. 

Job rotations  

Career tracks where knowledge is shared and disseminated, through for example job rotations and 



 

49 

internships at CAG, is currently being investigated. It will allow participants to return to their home 

organisations and spread knowledge there. Today, there is however not much time for these activities. 

4.1.2. Interview with an Employee at Central Business Excellence 
This section presents the findings on how the company works with Lean Six Sigma, what it brings the 

company, approaches to change and improvement management and an outside view on analytics. 

Today’s situation regarding change and improvements 

Both the CIO and CHRO wants the company to be more clear and direct with change management and 

have a more unified approach for both large transformations and more continuous improvements. There 

have previously been many well-functioning islands within the company being successful mainly due 

to competent employees and not systematic approaches, which is why it is part of BE’s responsibilities 

do drive the Change Engine (CE). The soon to be globally executed CE is an initiative that combines 

improvement management processes and competence readiness.  

Change and improvement management has to go hand in hand with content linking and be used with 

extremely clearly set goals and information on why changes and improvement initiatives are started. 

Also, everyone does not need to like changes to be part of realising them but it has to be understood 

why the change is made and what the wanted outcome is.  

A large problem is that change and improvements are in general not structured for success in the 

company, it being fairly good at structuring the processes but bad at crossing the finishing line in 

projects. In general, the common employee is very apt to changes but there are in some cases opposition 

on middle-manager levels and even more on corporate and group levels. There is not much focus on 

what is best for the whole company but it is not the resistance to change that is large rather the criticism 

towards what the change is to bring, a result of the company having been too far behind in following 

up change and improvement projects and initiatives and communicating the objectives with affected 

employees. There is also no real wish to see good facts and analyses but instead rather make decisions 

based on gut-feeling.  

Change Engine and Analytics 

The objective with the CE is not to have set rules for what to be done but contain guiding principles on 

how change and improvement projects are to be approached throughout the company to reach successful 

outcomes. It is to be handbook for employees on all levels and include as many aspects as possible so 

that there is knowledge on what makes changes successful and what the employees can and are to 

contribute with so that this is fulfilled. It is also a tool for lifting innovations so that they reach higher 

levels and move the company forward, while at the same time working with changes.  

With the CE, a natural link between use of analytics and business is established since the change and 

improvement management tools used within the CE span across BE’s six strategic areas, one of them 

being analytics, and is based on LSS tools and trainings to a large extent. There is a need for spreading 

employees with knowledge in both business and analytics that can link this in other employees’ daily 

work and for making analyses a larger part of work tasks; when more analyses are made, more aspects 

become analysable, more stakeholders become involved and it results in more interesting findings and 

more value created for the company when acting upon these analyses. More analyses also make bad 

data visible which then can be fixed and used for performing better analyses. It is however important 

that splendid analyses cannot be expected from the start of such an initiative, it is a journey that has to 

be allowed to take some time but not too long time.  
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Change Engine and Competences 

Through the CE, LSS theories are spread and yellow and black belt (YB and BB) trainings that cover 

the CE’s dimensions, where BB is the higher level of the two, are held for employees that are to drive 

or have good knowledge in change and improvement methodologies. It is encouraged that regions 

appoint employees to these trainings so that change and improvement projects and initiatives in the 

company are run by and include employees with belt trainings. Prior to the CE, the trainings have been 

very sought after and it is becoming more known around the company what these educations are to be 

used for; the linkages between the improvements being made and the right employees being educated 

for them are continuously improving. Both YB’s and BB’s are encouraged to spread their knowledge 

to employees around them without explicitly certifying them, which is good since role models are 

needed around the company so that the view on and use of analytics is spread. With many being 

passionate about change and analyses, employees with certifications are in general good at sharing their 

knowledge and spreading the use of the methods they have learned to use. 

Depending on employee's’ roles, different specialisations are encouraged when taking the trainings. 

They are now more structured executing changes, Lean and analytics than around statistics. The goal 

with the employees being certified is that they are to return to their home organisations and be subject 

matter experts in the area of change and improvement management, mainly in executing such projects 

where the DMAIC framework is situated. All trainings include e.g. analyses of data, determining what 

the data and analyses can be used for, how to make the data analysable and how to approach the next 

stages of analyses but not on the same levels or to the same extent. 

Analytics, CAG and regions 

To make analyses better, part of more work and for removing gut-feeling as the dominating factor when 

making decisions, analytics needs to be made a requisite when making decisions, which in most cases 

cover changes and improvements. Today, analytical resources are e.g. not much used when driving the 

strategic initiatives. The analyses made need not to be that comprehensive but they should be asked for 

and then questions regarding the suggestions’ validity, sources, affected stakeholders and conclusions 

can be questioned and answered. It must be shown where fact is collected from and what analyses have 

been made to prove a good material for decision-making. A development towards fancy presentations 

being more important than analyses, questioning and concrete suggestions, has been seen. It must also 

be made easier in some way to make financial data available making cross-functional analyses outside 

of finance. It has been too difficult to acquire financial data, making employees unwilling to perform 

these analyses and that hurts the business. 

A clearer formulation of what CAG want with their existence and how they structure more systematic 

and complex analyses is requested. More automation is needed so that more interesting analyses can be 

made in the company and better structuring of the sources and systems concerning extraction and 

analyses are required. Collaboration is also requested regarding the setup of structures for these so that 

they are aligned with what is being educated in the belt trainings and other global projects as well as 

regarding the job roles and certifications CAG wants to establish. 

The opinion is that CAG should be the place where very complex and highly strategical analyses are 

made and builds competences for what the company really needs. Only very specific analyses can and 

should be centralised in CAG, it not being possible to centralise much for such a large company as 

Company A. Regions should be mainly self-functioning but have a speaking partner at CAG when e.g. 

more complex and new analyses are to be performed. It will not work if regions are to wait for corporate 

functions to answer their needs every time they want to make changes etcetera. Even if analyses are not 



 

51 

matching, inspiration for both CAG and regions should be collected from Supply where many and good 

analyses are made.  

4.1.3. Interview with a Corporate Knowledge Management & Collaboration 

Employee 
This section presents the findings on how corporate Knowledge Management & Collaboration views 

the transfer and sharing of data, information and knowledge, how it should be orchestrated, by what 

means and where responsibility of this is to be placed.  

Desired Future State of Knowledge Management & Collaboration 

Knowledge management and collaboration needs to be made transformational and seen as iterative 

processes all over the company by being performed continuously and making changes and 

improvements a central part of the business. Knowledge is to be an asset and employees need to become 

better at sharing and transferring insights, something that has gained some attention in the last three 

years in the company. The aim is to reach a state where everyone has the capabilities they need and 

tools and places for collaborating and sharing knowledge, that being places for e.g. creating, uploading, 

finding, storing, using, reusing and enriching knowledge, which provides for improved personal 

efficiency and more and better innovation. By e.g. developing a knowledge management portal which 

has to work with collaboration, linkages will be made to different repositories, templates and business 

cases etcetera. 

The company also needs to make better use of what is being developed for both customers and for 

different parts of the organisation’s own needs, there being good initiatives that could be brought to a 

higher levels and used on a wider scale, thereby contributing to the company becoming more agile and 

responsive to the changing business landscape. Both a more formal and top-down approach with defined 

roles and defined frameworks and expectations as well as more informal and bottom-up initiatives are 

needed but these need to be combined in a good way so that employees can go out and get the right 

knowledge.  

Structuring of Knowledge Management 

The strategy development mentioned above is driven centrally but knowledge management is very 

much driven by regions and specific functions going ahead with what they want rather than being 

steered centrally and in a unifying way. The company therefore consists of a large number of systems 

for sharing and transferring knowledge since there is much independent developing, resulting in varying 

levels of successful knowledge management. The same applies for networks within the company, both 

formal and informal, them being mainly decentralised; if there is a need then it is typically driven on 

the local level.  

Behaviours and barriers for Knowledge Management 

Results from a recent study show that most Company A employees spend at least 10 minutes on finding 

the right information, and approximately half of the respondents express it difficult to find documents 

and templates as well as finding information on processes on how to perform tasks, analytics processes 

etcetera. The same pattern was seen regarding finding it easy or not easy to share knowledge across 

units and more than half of the respondents do not share knowledge with others on a regular basis.  

The study also showed that leadership encourages knowledge management activities but that the 

leadership might be misleading, meaning that leadership mainly promotes it but are not placing enough 

effort in the area to give it weight. Along with leadership, also culture and redundant 
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platforms/places/areas for knowledge storing and sharing have been identified as barriers for better 

knowledge and collaboration management in the company.  

The complex structuring of the company creates relations that make it difficult for Knowledge 

Management & Collaboration to guide the employees in the right direction, there being many factors to 

balance. When making changes, nothing should add to the siloing of the company, many stakeholders 

having expressed that activities are performed in a too much of a siloed way, creating barriers for 

improvements and innovation. 

Knowledge Management and Analytics 

Analytics and specifically statistics are not understood within the company, neither on blue collar nor 

on knowledge worker levels. Driving decisions on all levels are therefore not made in the right way 

with gut-feeling running the company more than facts. By having administrators or someone who is the 

sponsor or lead in the regions and at CAG, whether it is tool based or functional based, a foundation for 

an analytics network is established. It has proven beneficial to gather employees related to specific 

knowledge management and collaboration areas and having them speak of their needs, thoughts, tools, 

problem areas etcetera, it resulting in initiatives and findings being brought to light. A place for analysts 

where they can go and share both how to use different tools and different insights is also needed, a 

solution that corporate Knowledge Management & Collaboration requests being part of establishing. 

The setup should not only allow collaboration and sharing but also a mandate for CAG to be able to 

push out official information on e.g. policies and lessons learned.  

4.1.4. Interview with a Corporate Business Finance Employee 

This section presents the findings from a well-functioning network established within Business Finance. 

The purpose of the interview was to find out how the network functions and what makes the it successful, 

especially regarding collaboration, knowledge sharing, structuring and managing. 

Creating networks to share best practices between regions 

In finance, networks are utilised for sharing of information and knowledge across the company between 

employees with the same job roles. The purpose of the networks is to reduce duplicated work and 

increase efficiency, which is realised by increased collaboration across organisations. Issues and objects 

are then understood from different perspectives and enables streamlining of analyses and a wider spread. 

The central global function seeks insight into the real problems that the regions face, which would likely 

be very difficult to understand without having a network of resources that have been out in the units 

working with development, sales, etcetera. By having a central function that pools together operational 

resources, the leadership team is able to understand the problems from the bottom up. If the central 

team was only made up of resources who understood things purely from a global perspective, the global 

team might come up with what seems like good ideas but when it comes to implementation in the 

region/business unit, it might not address the specific needs or challenges out in the organisation. 

How the networks are managed 

This particular network in finance consists of employees from all of the ten regions across the world, in 

some cases also from central group functions and business units, appointed for being the network 

participant. These participants have in some cases a team around them performing similar tasks and 

responsibilities. Centrally, each area has a global leader which all were pooled from different 

geographical places and brought to the corporate office on a long term assignment for 2-4 years. These 

leaders each then have responsibility for a network within this network, each network consisting of 
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around 10-16 participants that share the same job role in different parts of the organisation. Each leader 

is responsible for that specific network for implementing leadership team initiatives in the geographical 

organisations where their participants are located.  

The two-way role of the leader  

The purpose of the network leader is to ensure that the team works as one team, having ten regions 

working in ten different ways is not efficient for the company. There might be different performance 

levels across regions; what they do then is they level the playing field by seeking best practices from a 

high performing region to be mirrored in another, and sometimes mirror it times ten across all regions 

if applicable. This new high standard that has been created and mirrored makes a huge difference in the 

organisations, and helps the teams feel and act as like they are one organisation. 

The network works as a two-way street; the network leader who is responsible, acts as support for the 

network and collects issues, day to day problems, ideas and thoughts from the participants and then 

brings them back to the leadership team of the central global function. This means, if the network needs 

any support from the global function then the network leader is their liaison, he or she being responsible 

for contact with e. g. CAG, IT etcetera. Also, the leader works from the leadership team side to drive 

initiatives out in the areas where the participants are located, e. g. if there is a new KPI or a new 

initiative, the leader is responsible for implementing them through the network participants. 

Always improving and success factors 

To develop the network, the finance networks looks at other networks within the company for 

inspiration and they are looking at possibilities to get input from external companies as well in order to 

gain more knowledge in advanced reporting. They also have ongoing conversation with CAG to become 

updated on recent analytics movements regarding finance analytics. 

According to the leader there are two success factors for the network. First is the regular interaction; if 

the participants were just left alone the network would likely die at some point without someone 

globally driving it. Secondly, providing the participants with common goals, the fact that they all have 

the same bonus targets influences people to talk to each other. An added bonus, is when they start 

talking to each other they often continue to talk about individual problems. The outcome of the network 

has been greater than expected and the network has increased collaboration across the organisation as 

well as streamlined analyses which now can be used by multiple parties.  

4.2. RESULTS FROM FINAL INTERVIEWS WITH 

REGIONAL EMPLOYEES 
This sub-chapter presents the results from the interviews held with 10 employees in the Western and 

Central Europe region. The purpose of the interviews was to collect input from employees to gain 

understanding of their use of data and analytics, what issues they want to raise and their perception of 

where the region is situated regarding analytics. Tables referred to are found in Appendix G. 

4.2.1. Interview Outline 

Most questions relate to the questions asked in the questionnaire but by holding the interviews, the 

interviewees were allowed to elaborate more on their answers, providing deeper and more qualitative 

information. Answers are presented with relevant citations and figures, the latter often combined with 

comments from the interviewees. 
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All interviewees were asked the same questions, starting with the interviewees describing their job role 

and responsibilities. Interviewees were all either managers or employees having responsibility of 

coordinating the work of colleagues, i.e. different types of drivers, being both much involved with 

analytics and having much contact with other employees performing analytics work. One interviewee 

did however work independently to a large degree why some input could not be acquired during that 

interview. 

Thereafter the interviewees’ use of data and analytics, covering what type of analytics, what sources 

and tools they use and their level of combining and automation is presented. Next section covers 

problems with data and analytics and the interviewees’ opinions on the need for structuring data and 

analytics work. The following section presents answers to collaboration, sharing and networks related 

to data and analytics, followed by a section covering the use of Lean Six Sigma and the willingness of 

change within the region. Lastly, the answers to different aspects of data and analytics maturity are 

presented.  

4.2.2. Analytical Activities, Sources and Tools  

The questions asked next after the presentation question are presented in Table 12 and shows the 

occurrences of performing data and analytics activities, what primary types and activities within the 

area of analytics is performed, sources and tools mainly used and the level of integration and 

automation of analytics.  

Analyses are performed mainly to a large or some extent throughout the region, all types of analyses 

are covered to an even extent; nearly all interviewees stating the alternatives provided to be performed, 

and all analytics activities listed are performed to either some or large extent. No alternatives were given 

in Question 2; the categories have been created when analysing the answers, and no options were asked 

to be added by the interviewees in Question 3. 

A large number of different data sources and tools are used with some sources and tools being more 

used than others, explicitly MS Excel and MS PowerPoint when referring to tools used. A high degree 

of combination of data and information from different sources are performed, nine of ten interviewees 

chose either a 4 or a 5 when grading the level of combining, but the level of automation is not high 

according to all interviewees, five of ten grade the level of automation as 1 or 2. The spread of the 

answers does however indicate that there are large differences within the region. 

4.2.3. Problems and Structuring of Data and Analytics 

This section covers the problems interviewees either experience themselves or they know occur when 

performing analytics work, identifies the spread of guidelines for how analytics is to performed and 

used, and if interviewees think there is a need for structuring the analytics work within the region.  

When the interviewees were asked to share their thoughts on the largest problems for employees 

performing data and analytics activities, different answers were acquired, see Table 13. A large part of 

the answers given circle around the fact that there are many data sources and tools not matching and 

thereby force the employees to perform much manual work and leaving less time for actual analyses. 

Also the access and security restrictions are mentioned as a large problem, both hampering automation 

and innovative thinking when performing analyses and not being able to access data easily. 

Furthermore, a need for more investments in data and analytics is expressed, both in human resources 

and in tools; knowledge and competence of analytics and reporting have been removed and offshored, 

leaving the organisations with less resources and less competent resources for these tasks and increasing 
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the exchange between internal employees and external parts. Investments in tools are also needed to 

make sure the tools do what they are supposed to do for the right task and in their automation. 

It is stated that the volume of tools available are not matching the training provided for employees and 

that the company is not considered good at showing what tools there are, it being seen that employees 

revert back to using spreadsheets when there are other solutions available. An issue with the 

performance of the tools is mentioned, mainly relating to their slow loading speed and tools not being 

fit for the purpose but being forced by corporate. A mind-set of not changing the tools but changing the 

way of working to match the current tools even if the development of the business would have the way 

of working to move in another direction is also seen. Additionally, one interviewee raised the request 

of having a centralised data processes and tools department that has an end-to-end view rather than 

having groups sitting within the various parts of the region. 

As Table 14 shows, a majority of the interviewees state that there are variations in guidelines for how 

analytics is to be performed and used within the different organisations of the region; guidelines mostly 

exist but that their clarity varies depending on tasks and tools. An interviewee stating an absence of 

clear guidelines referred to the approach being completely ad-hoc when performing and using analytics 

and another interviewee stated them having very well defined guidelines but not in enough good terms 

of how analytics should be performed. 

When asking if the interviewees think there is a need for structuring the analytics work within the 

region, a majority (70%) of the interviewees responded positively to more structuring, see Table 15. 

One interviewee had no opinion, another stated them having a relatively well structured approach to 

manual reporting processes but being new to automating these techniques and a third saw no need for 

it due to it risking the flexibility. Those stating a need for more structuring of the analytics see the 

opportunity to gain more time for actual analyses and acting on the analyses, not just collecting and 

transforming the data into a format that can be used. A tighter governance model is requested and with 

the region becoming more and more fragmented due to being split into country units, the holistic view 

needs to be maintained. A request for standardising of templates was also noted. 

4.2.4. Collaboration, Sharing and Networks 

A total of six questions were asked to gain understanding of how much collaboration occurs within the 

company regarding analytics, how much sharing there is, if interviewees are members of any networks 

for analytics and what the benefits of those are, if there are platforms for sharing and if sharing of 

knowledge is encouraged. 

As seen in Table 16, large variations exist regarding collaboration on analyses across functions, 

functional areas, regions and with corporate functions. For some parts of the region it is more natural 

and fitting to perform analyses across units and have put more focus on this and therefore have come 

much further than others. There are parts where it would be beneficial but it has not yet been started 

and in some the collaboration across borders are declining. 

The sharing of insights from analytics and sharing of knowledge on how to use different analytics tools 

and techniques could be much better, especially on how to use tools and techniques. Sharing of insights 

within and among the interviewees’ closest teams/colleagues is performed relatively well with eight out 

of ten choosing a 3 or higher, but sharing knowledge on how to use different analytics tools and 

techniques sees no 5 being stated and three interviewees stating a 1.There seems to be a problem with 

tools being too complex and not user-friendly, prohibiting sharing of knowledge on how to use them 

since hours of training are needed to understand what it is that is being looked at.  
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As presented in Table 17, there are networks both covering different aspects of analytics and networks 

for other uses. Some are members of more than one such network whereas others are not and one 

interviewee explicitly stated the wish to be part of an analytics network; seeing its possible benefits 

clearly. There are networks with specified purposes for different job roles and also more informal 

networks, perhaps more leaning towards having a large network of people with different knowledge 

The usage, structuring and managing of the networks vary with some having meetings on a weekly or 

monthly basis with clear structures on who is to be included, how others in the network are to be found 

and contacted and clear managing. Others are used more ad-hoc without much structure of members 

and no clear management. Some networks are being top-down initiated and some are bottom-up 

initiated and they can both start and dissolve fast, mainly because it has reached its purpose. One 

interviewee noted that to know an informal networks existence, you must be part of it. 

Lastly, the value brought by networks is considered high; allowing members to seek out colleagues in 

other parts of the company for different issues. By having likeminded employees in the network, an 

advantage is created and things such as best practices and problem areas are shared and worked on 

together. One interviewee does however question the use of networks since when attending a 

governance steering meeting the input presented by groups in the network did not prove a point and 

corporate instead had their own view of the area. 

A large variation is found in the answers to platforms for sharing, reflection and generation of 

knowledge, as seen in Table 18. Some interviewees and their colleagues are active users of such 

platforms whereas other interviewees either find the platforms not being used correctly, not being aware 

of such solutions or not knowing how to use them. 

One interviewee states that one such solution had been agreed upon by corporate but ending up being 

very poorly designed, making it difficult to find what you need and requires thinking like the person 

creating the solution. Another interviewee stated them being about to start developing a local tool for 

sharing of lessons learned and that there is a regional solution but it is much wider than just covering 

analytics and lessons learned. 

All interviewees state that sharing of information and knowledge is encouraged. The comments, seen 

in Table 19, do however show that many are doubtful whether it is happening in practice. Since data is 

not uniform, not everyone can understand it and easy and quick sharing is thereby prevented. The 

absence of a single platform where things can be stored and searched for and then understood easily is 

mentioned as an obstacle to sharing being performed.  

4.2.5. Lean Six Sigma and Willingness to Change 

As with sharing, tools and solutions developed for sharing and provision of guidelines, the spread of 

and support for Lean Six Sigma varies greatly, see Table 20. The same is found among the answers to 

the perception of Lean Six Sigma and the willingness to change, see Table 21 and Table 22 respectively.  

Lean Six Sigma is spread and supported in some of the interviewees’ organisations but not much or not 

at all in others, see Table 19.  Table 20 further shows that the overall perception of LSS is good and that 

benefits are seen but that this also varies within the region. The interviewee stating it not having received 

support many years ago states that it has gained more thought and support in the last 2 years/18 months, 

it suddenly seeming to be back in favour but that it is not clear how and what it is to be used for in the 

day-to-day work. Another interviewee states it not being widely spread yet it is on the rise and spreads 

more and more, there being projects and operational models both across the region and in specific 
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countries run with LSS methodologies. More employees are being certified but there is unfortunately 

not as much time for trainings as needed since trainers at times are very operationally involved. 

Large variations are seen regarding the willingness to change, see Table 22. Factors mentioned in some 

of the interviews are the low willingness of employees having been in the company for some time and 

the recent large transformations affecting many employees. There are however units being very apt to 

change and according to one interviewee, it has been seen that when time is given to explain the change, 

mainly what time is saved if the change is realised, employees become more positive towards it. It is 

also mentioned that the willingness can be on a moderate level but the ability to go through with the 

change is not always there. Additionally, different cultures are stated as a differentiating factor. 

4.2.6. Specific Data and Analytics Maturity Questions 

The last section of the interviews includes seven questions where interviewees have graded their 

workplace and placed it on different levels depending on how high they perceive that they have reached. 

In general, the interviewees choose the higher side of the scales and the higher levels. 

As Table 23 shows, the interviewees’ organisations are making decisions more based on data than on 

gut-feeling, all interviewees either stating it as a 3 or 4 on a rating scale where 1 is only gut-feeling and 

5 is strictly data driven. Comments do however include the statements of some parts being more towards 

gut-feeling and managers overlooking the data provided in favour of their own gut-feeling. It is however 

stated that gut-feeling is needed in some cases, it being an asset when conditions are changing, and that 

the use of data has much to do with different management styles, some wanting to back up actions with 

quantitative data and some not wanting to. 

The level of integration of analytics in processes is also more towards the right side of the 1-5 scale, 

indicating a high level of integration, see Table 23. The comments recorded do however not match the 

figures completely, the comments being more towards the lower side of the scale with one interviewee 

stating that integration is poor due to disparate systems, formats, collection methods, analysis tools and 

lots of exceptions which are difficult to incorporate. 

When asked to describe the way of working with data and analytics, all interviewees chose either of the 

three highest stages, see Table 23. A majority (60%) chose the middle way and this is probably related 

to one of the comments given that it depends on where you are looking and that it varies within 

functional areas. One interviewee e.g. mentioned that they are a 5 regarding balanced scorecard 

reporting but that it is different for other processes. 

Continuing presenting high levels chosen, Table 24 shows that no interviewee states the support of 

analytics from management as Level 1 or 2, instead choosing the higher levels indicating that there is 

much support from top management. Also here variations are mentioned, with one interviewee not 

being able to choose a level since managers in cases can be very good at supporting analytics but not at 

all doing what they say themselves. It is also mentioned that there are no incentives for using analytics 

and no punishments for not using analytics. The same interviewee added that managers recognise the 

value and need to be more data driven but that current processes, tools & siloes are preventing this from 

being done effectively. Another stated that the bottom-up approach is mainly being proposed but that it 

also is the long route. 

The results of defined objectives and scope for analytics show some more spread with some of the 

interviewees having chosen Level 2, see Table 24, but a majority (55.6%) have chosen the fourth level 

regarding defined objectives and two interviewees (22.2%) state a Level 5 to be reached regarding 
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defined analytics scope. This indicates that some have stated what analytics is to be used for and what 

is to be included in the analyses, whereas others have not reached that far. The same is found regarding 

existing analytics resources with some interviewees stating it varying, some choosing the second level 

indicating some employees looking into analytics and half of the interviewees choosing either of the 

highest two levels meaning them having a highly skilled workforce. 

4.3. RESULTS FROM THE ISSUED QUESTIONNAIRE  
In this sub-chapter the results from the online questionnaire sent to regional employees are presented. 

Figures and citations to each question are found in tables in Appendix H. The purpose of the 

questionnaire was to collect input from a larger audience in the Western and Central Europe region to 

gain understanding of their use of data and analytics and a collective picture of their views on the 

region’s data and analytics maturity. 

4.3.1. Questionnaire Outline 

Table 9 below presents the total number of questions in the questionnaire, the total number of registered 

respondents from the region, the size of the sample and the answer rate. 

Table 9. General information on the questionnaire 

Total number of questions: 20 

Total number of registered respondents:   

(variations per question is presented below)  
54 

Size of sample: 566 

Answer rate: 

(based on 54 respondents)  
9.54% 

 

The results are presented in the same order as the questions were stated in the online tool used for 

collecting the responses, starting with a question on the respondents’ organisational belonging (not 

presented in the thesis due to anonymity of the ordering company) and continuing with general 

questions on structuring, integration, automation and sharing of analytics. The next set of questions 

covers analytics networks and thereafter analytical activities, analytical pain points and use of analytical 

sources and tools are presented. The questionnaire ends with two questions on the support and definition 

of analytics objectives, concluding with an open-ended question for free input. 

Question 1-9 were obligatory but Question 18 and 19 were stated as questions for which input was 

requested. 

4.3.2. General Data and Analytics Questions 

After the organisational belonging question, the respondents were asked to answer five rating scale 

questions on general data and analytics aspects, see Table 25.  

With a majority (55.6%) of the respondents choosing either alternative 1 or 2 in Question 2 and only 

16.7% choosing 4 or 5 on the 1-5 scale, it is clear that the way of working with data and analytics, at 

least among the questionnaire’s respondents is not performed in a structured way. Taking into account 

that 27.8% rated their organisation as a 3, there is a fair amount of employees working with data and 

analytics in a structured but not optimal way, which should be leveraged on. The same pattern is seen 
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in Question 3, with a majority (51.9%) choosing alternative 1 or 2 and 24.1% of the employees choosing 

a 3. It shows that analytics is not that integrated in the processes but that there are parts in the 

organisation where the integration has reached a higher level and should therefore be leveraged on too. 

Of those stating that they are working with data and analytics, a total of 64% indicate that there is a low 

level of automation of data and analytics processes by having chosen alternative 1 or 2 on the 1-5 scale 

in Question 4. No respondent chose alternative 5, equalling fully automated data and analytics 

processes, but 36% chose either alternative 3 or 4, indicating that there are parts of the region with a 

higher degree of automation. 

Also in Question 5 and 6 a larger amount of the respondents working with data and analytics chose 

either of the lower two alternatives than the higher two alternatives, indicating that both the sharing of 

insights from analytics and sharing of knowledge on how to use different analytics tools and techniques 

is not a widespread behaviour. There is however a larger problem with the sharing of knowledge on 

how to use the tools than the sharing of insights, a majority having chosen the higher three alternatives 

regarding insights but only 46% having chosen the higher three regarding the knowledge on how to use 

tools. 

4.3.3. Networks 

In the following two questions, respondents were asked to state if they are members of any analytics 

network(s), see Table 26, and those being member of one or several analytics networks were given the 

option to share their thoughts on what value the network(s) bring them, see Table 27. 

Networks concerning data and analytics obviously exist but far from all employees working with data 

and analytics are members of one. As seen by the responses, see Table 26, nearly three quarters of the 

respondents are not in a network where they can share insights and/or knowledge on how to use different 

analytics tools and techniques. Of those being a member in either one or more such network, Table 27 

shows that there are positive benefits gained from their participation, with only one response out of 

eleven being somewhat negative. The value brought to the participants of those networks centres around 

the possibilities to share and acquire information and insights etcetera, enabling work to be streamlined 

and performed in a more value-adding manner. 

4.3.4. Analytical Activities, Sources and Tools 

This section of the questionnaire covers the respondents encounters with analytics, starting with how 

often they handle data/information/analyses, followed by the split between the handling of and at whom 

either internal or external (customer facing) data and analytics is aimed. Respondents were thereafter 

asked to state their primary data and analytics activities, sources and tools. 

As the responses from Question 9 shows in Table 28, the region can be seen as a 

data/information/analysis heavy organisation with a large part of the respondents handling 

data/information/analyses often. Of the respondents choosing alternative 1 to 5, 55.6% of chose the 

“every day” option and 24.4% chose the “a couple of times a month” option, making it the first and 

second most chosen alternative, respectively. 16.7% chose the sixth option responding to it not being 

part of their job. 

Table 29 presents respondents’ handling of and at whom either internal or external data and analytics 

is aimed. There were no alternatives stated but respondents were asked to answer their split in free 

writing, allowing an aggregation of answers into different intervals. With nearly 60% of the respondents 

to Question 10 stating internal data/information/analytics being handled to more than 50%, only 21.6% 
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stating handling of external to more than 50% and less than 20% stating an even split between internal 

and external, it is seen that the handling of internal data/information/analytics is dominating.  

Nearly identical figures are seen in Question 11 when asking at whom the performed handling of 

data/information/analytics is aimed. The percentage of respondents being split between internal and 

external is higher with 24.2% but a majority (54.5%) still chose to state figures indicating that a majority 

is spent of performing data/information/analytics aimed at internal uses. 

From respondents’ answers to their primary activity in the area of data and analytics, it is clear that 

analyses are performed to the largest extent, see Table 30. Consisting of comparing, evaluating and 

drawing conclusions, the activity of analysing data and information was the answer of 43.5% of the 

respondents, with the second most chosen alternative being alternative 9, “preparing 

decision/recommendations”, at 17.4%. 

When asked to state other data and analytics activities, 18 respondents chose to submit answers in free 

text, resulting in 40 responses based on the options stated in Question 12. No answers included new 

activities than the ones provided in Question 12 and it can be seen that analysing is by far the most 

common primary activity when combining the two questions. Combining Question 12 and 13, all 

alternatives were stated as being performed, however not all as the primary activity, and other than 

analyses and preparation for decision-making/recommendations, collecting data, creating (pre-defined) 

reports and sorting and summarising data are the most performed data and analytics activities.  

As presented in Table 31, two sources for data and analytics are dominating the respondents’ answers. 

A total of 32 respondents chose to state the data and analytics sources used the most, resulting in 69 

responses and SAP/Business Warehouse and manually created Excel sheets being the most mentioned 

sources with 26.1% and 23.2% respectively. Other mentioned sources sorted under “Other/technical” 

include 11 different sources, all mentioned once. 

The same pattern is seen with primary data and analytics tools, with two alternatives dominating the 

output, see Table 31. A total of 30 respondents chose to state data and analytics sources used the most, 

resulting in 77 responses and a clear indication of MS Excel and MS PowerPoint as the primary tools 

for data and analytics handling. Six responses are sorted under “Other/technical”, all being different 

tools for very specific uses. 

4.3.5. Analytics Pain Points 

In two questions, respondents were asked to state pain points encountered when performing analytics 

work. 

The dominating answer given to respondents’ primary pain point regarding analytics in Question 16 is 

there being too much manual work related to analytics tasks (34 %), see Table 32, and the second most 

mentioned pain point (21,3 %) is tool(s) used not being optimal. There are also problems with no 

coaching being given for development of analytics competences and with data/information/analyses 

received not being adjusted to respondents’ needs. 

18 respondents chose to answer Question 17 where the opportunity to mention more pain points or 

another primary pain point than the ones provided for Question 16 was given, resulting in 29 responses. 

Apart from the answers being sorted under “Other”, the two most mentioned pain points are still there 

being too much manual work, along with quality being poor, see Table 32. The pain points being sorted 

under “Other” include some being related to the options provided and cover a wide range of problems, 

see Table 32. 
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Combining the primary pain point stated in Question 16 with other pain points stated in Question 17 

shows all options provided being chosen at least once by the respondents. It is then seen that the major 

pain point with analytics is the large amount of manual work with tool(s) used not being optimal, needs 

not being satisfied with what is delivered, no coaching and low quality also being mentioned the most. 

4.3.6. Support and Definition of Analytics Objectives 

The two questions asked before the final question presented below regarded the respondents’ 

perspective on what level the support and defined objectives for analytics is.  

With a high answer rate on Question 18 and 19, see Table 33, a clear majority indicates that both the 

support of analytics from management and the definition of analytics objectives are on a low level; 

83.7% and 72.5% having chosen the lower two levels (of five) regarding the support and regarding the 

definition of objectives, respectively. A lower percent however chose the lowest level regarding the 

support (44.9%) than the objectives (49.0%). Only 10.2% and 9.8% chose the two highest levels, 

respectively. 

4.3.7. Additional Comments 

In the last question, respondents were asked to submit comments on the questionnaire and ideas on how 

data and analytics work can be improved in the region. Nothing was sent per e-mail but the comments 

made in the online tool are presented in Table 34. 

From the answers given to Question 20, the most relevant for this study is the statements of tools not 

allowing efficient work, low automation levels, only a few individuals seeing the needs and benefits of 

investing in data and analytics and the need for a clear regional/global strategy for data and analytics. 

4.4. ANALYSIS OF RESULTS 
In this sub-chapter the results are analysed and compared in order to map the region against the sixteen 

capabilities found in the framework developed by Cosic et al. and to find major problem areas that 

need to be considered when proposing actions for increasing the region’s analytics maturity level.  

4.4.1. Comparison of Results from Region Interviews and Questionnaire 
When comparing the results of grading scale questions asked both in the questionnaire and in the region 

interviews, large differences is seen in a majority of the questions with interviewees generally stating 

higher levels and choosing the higher end of the scale. Questions where especially large differences are 

seen includes the level of support of analytics from management (Q25 in interviews, Q18 in 

questionnaire), the level of defined objectives for analytics (Q26 in interviews, Q19 in questionnaire) 

and the way of working with analytics (Q24 in interviews, Q2 in questionnaire).  

With all interviewees stating at least having reached Level 3 of level of support from management, the 

questionnaire respondents state the complete opposite with 83.7% choosing the lower two levels and a 

majority of those choosing the lowest. A near majority (49%) of the questionnaire respondents also 

chose the lowest level regarding the level reached of defined objectives for analytics, whereas a majority 

(55.6%) of the interviewees chose Level 4 and the rest choosing either Level 2 or 3. The same pattern 

is seen when asking of the ways of working with analytics, with a majority (55.6%) of the questionnaire 

respondents choosing the two lower levels and the interviewees all choosing at least Level 3. 
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Differences are also seen when asking to which extent analytics is integrated in processes (Q23 in 

interviews, Q3 in questionnaire) and when rating to which extent insights from analytical work is shared 

(Q13 in interviews, Q5 in questionnaire); questionnaire respondents mainly choosing the lower side of 

the scale and interviewees primarily choosing the higher side of the scale. These differences indicate 

that the interviewees might be overestimating their and their organisations’ performance and 

development, not being as involved with the actual work that the questionnaire respondents perform, or 

perhaps being less honest when elaborating on the situation during the interviews. Seeing large 

differences regarding the support of analytics does for example show that the support given, if there is 

any, is not enough and does not reach the ones performing the day-to-day work. This reflects to Question 

17 asked to the interviewees, them all stating that sharing of information and knowledge being 

encouraged but many of them questioning if it actually is performed.  

This reasoning can be extended to the all the questions asked, that the interviewed region employees 

have less knowledge of the actual situation in their organisations which might stem from e.g. missing 

competence in analytics or not seeing it as crucial as other more pressing matters. When they then 

present what they know, it results in a picture not completely reflecting their organisation. It is also a 

risk that they want to present their organisation as better than it actually is. Questionnaire respondents 

might also constitute of mostly disappointed and frustrated employees, thereby resulting in lower levels 

and scales chosen, or the opposite; them being more honest since they want their problems to be seen 

and solved and managers are suppressing or not being reached by the problems the organisations face. 

Less differences are seen when grading to which extent analytics processes are automated (Q8 in 

interviews, Q4 in questionnaire) and to which extent knowledge on how to use different tools and 

techniques in the area of data and analytics is shared (Q14 in interviews, Q6 in questionnaire). Even if 

the results show a spread in answers given, the spread is fairly equal when comparing the questionnaire 

responses and the interviewees’ answers. The same is found regarding analytical activities performed 

(Q4 in interviews, Q12 & 13 in questionnaire), with analysis being the most mentioned activity and 

preparing decision/recommendations material based on analysis being the second most mentioned 

activity among both questionnaire respondents and interviewees. Both sources also show creating (pre-

defined) reports, collecting data and sorting, summarising data being commonly performed analytics 

activities. 

Additionally, there is a large spread to analytical sources used (Q5 in interviews, Q14 in questionnaire) 

according to both interviewees and questionnaire respondents, although the questionnaire results show 

a somewhat wider spread regarding the tools and MS Excel is not the most mentioned source among 

the interviewees’ answers. MS Excel, along with MS PowerPoint, dominate the tools (Q6 in interviews, 

Q15 in questionnaire) used among both interviewees and questionnaire respondents but as a source MS 

Excel is only the most mentioned source among the questionnaire respondents and not the interviewees, 

them choosing SAP/Business Warehouse and HRMS as the primary sources. 

A spread is also seen in networks participation (Q15.a in interviews, Q7 in questionnaire) among the 

interviewees and questionnaire respondents but those stating value gained from being part of at least 

one analytics network share similar experiences (Q15.e in interviews, Q8 in questionnaire), 

strengthening the use of networks. The benefits stated as gained from participating in networks coincide 

to some extent with problems mentioned when performing analytics work (Q9 in interviews, Q16 & 17 

in questionnaire) with coaching and guidance being a problem for practitioners. Otherwise, much of the 

problems mentioned revolve around the usability of tools and scattered sources, resulting in much 

manual work being required and leaving less time for actual analyses.  
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4.4.2. Results Applied to the Chosen Analytics Maturity Model  
By using the findings from interviews, the questionnaire and the maturity model created by Cosic et al., 

the maturity in the region is assessed. This is performed by applying the results to the sixteen low-level 

capabilities, see Appendix A for further description of each capability, and grading them from 1 to 5. 

The reached levels are seen in Table 10 and are complemented by a shorter motivation to why each 

maturity level has been set and potential improvement areas. 

Table 10. The Western and Central Europe’s analytics maturity in the low-level capabilities 

BA capability Western and Central Europe Region Maturity (Level 1 - Level 5) 

1. Decision Rights 

2: Overall, the scope and objectives are not clearly defined for analytics. The 

governance structure is not defined, it is not communicated who is in charge for 

what each employee should achieve and include in their work. 

2. Strategic Alignment 

2: The business strategies are clear, however, the BA strategies are according to 

the questionnaire not clear and defined. Lack of information of why analytics is 

performed and what should be included. The business strategies and the BA 

strategies are not aligned, the link between them is missing. A better end-to-end 

flow is needed. 

3. Dynamic BA 

Capabilities 

3: From the questionnaire and interviews it is obvious that there are not enough 

resources that have BA as their main task, however, it varies across the region. 

Keeping and structuring offshored resources is also seen as a problem. Another 

problem is that the company holds on to tools for too long, they are “old” and 

their user experience is low. 

4. Change Management 

3: People usually adapt to technological and process changes well when they 

understand and see the benefits. However, more training to demonstrate value 

and utility is recommended since many interviewees expressed a need of help 

regarding tools etcetera. The moderate spread of LSS also influences this 

decision since it is an important methodology for change management. 

5. Evidence-based 

Management 

3: In some parts of the region this is more developed than in others. In finance it 

is e.g. well developed and in other parts of the decisions are based on partly gut-

feeling and partly data-driven basis. The decision makers do encourage 

subordinates to be more active in development of a more data-driven 

environment to support decision-making. However, today, management are 

saying their subordinates should be more active but not supporting them 

sufficiently (funding etc). 

6. Embeddedness 

3: In some areas the BA is seamlessly integrated in daily operations, it ultimately 

depending on who is asked, higher management e.g. believes BA is well 

integrated while subordinates struggle more with the work on a “lower” level. In 

other parts, the BA work is not as integrated and there are room for large 

improvements. 

7. Executive Leadership 

and Support 

2: Generally, the support and drive from senior management is there but the 

actual support for improving BA work is not always there which makes it 

difficult for subordinates to actually perform and improve the BA work. Results 

from the questionnaire questions the support from management even if 

interviewees are indicating higher support and managing. Management also 

seems reluctant to invest in new tools and developments and instead change the 

ways of working to match the current tools, even if this is not the most optimal 

way of working. 

8. Flexibility and Agility 

3: The change readiness is good. However, if the support is not there the change 

will most probably not happen. To some extent the readiness is lower than it 

should be since the training necessary for the changes is not sufficient or in worst 

case not there at all. 
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9. Data Management 

2: There is a lot of extraction and things look good at the surface. Investments are 

however needed since sources are not easy to work with and different data 

handling activities take long time due to a high extent of manual work. Data 

comes in different formats and the systems used are not working with each other. 

The high amount of manual interference also lowers the quality of data and there 

are problems with data not being accessible to everyone due to security issues 

and governance. There is not much use of data from third parties and according 

to some there are issues with data/information/analyses not being adjusted to the 

right needs. 

10. Systems Integration 

2: Many employees expressed difficulties in compiling the data from various 

sources, meaning the BA systems not being aligned sufficiently enough with the 

operational systems, they are not working optimally together. Interviewees stated 

this working very well in Operations Customer Support and in Supply. Issues 

have been raised relating to the region and company as a whole being too siloed, 

preventing integration of systems. 

11. Reporting and 

Visualisation BA 

Technology 

3: Well developed in some areas with MIC being used by some and considered 

easy to work with and accurate, even if it also shows imperfections. MS 

PowerPoint is mentioned as the main presentation tool which is not always the 

most efficient tool and allows for errors when performing manual transfers. A 

new visualisation tool will probably be introduced in the coming year but its 

usage will not be widespread right away. 

12. Discovery BA 

Technology 

2: Results from the interviews indicate that forecasting is performed to some 

extent (mostly in Finance) but not with the most suitable tools. Improvements in 

this area is requested. This is something that CAG is investigating. 

13. Technology Skills and 

Knowledge 

2: A need for competence build-up is expressed and varying resources within 

analytics is stated, even though some interviewees state high maturity in this 

area. Sharing of how analytic tools are to be used is generally not performed to a 

high degree and since networks and platforms where this can be developed is 

present to a limited degree large improvements are possible. 

14. Business Skills and 

Knowledge 

3: Employees have good competence within different business areas, such as 

Finance, Sales, Supply and Operations but sharing of analytical insights is 

performed only to some extent and there are problems with understanding 

analytics processes and there is not enough focus placed on providing for 

employees' opportunities to enhance their capabilities. 

15. Management Skills and 

Knowledge 

3: The ambiguity of whether there is support from management or not prevents 

this category from reaching higher levels. The moderate spread of LSS, where 

setting goals, establishing metrics, using output from reporting and visualisation 

technology to monitor performance and taking the necessary action to ensure that 

project goals are met are included also affects negatively.  

Differences in how the perception of set objectives or scope for analytics also 

influences this category and there seems to be not that many management 

specialists responsible for driving BA initiatives and projects specifically. BE is 

however deeply involved with developing for better metrics and processes, 

making them a natural part of analytics improvements. 

16. Entrepreneurship and 

Innovation 

2: There are initiatives for improving analytics in the region but these are very 

disparate, not cross-functional and mainly initiated by individuals since 

improvements are sought for independently. No central team in the region works 

with data and analytics and neither does every business unit have such a team. 

However, there are teams spread out in the region in different units that 

contribute to innovative process developments. 

 

Table 11 below present the sixteen low-level capabilities sorted under each of the four high-level 

capabilities and the average reached for each high-level capability. In all, the average analytics maturity 

level reached for the region is 2.5 on a scale from 1 to 5.  
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Table 11. Aggregated analytics maturity of the Western and Central Europe region in the high-level 

capabilities and the average of each high-level capability 

Governance Culture Technology People 

2 3 2 2 

2 3 2 3 

3 2 3 3 

3 3 2 2 

2.5 2.75 2.25 2.5 

4.4.3. Major Problem Areas  

The generally low analytics maturity in the region, some categories being somewhat acceptable but all 

leaving room for improvements, and the centrally established analytics function also having a low 

maturity and being required to work much internally before contributions to the regions can be made, 

results in actions being needed. With the available analytics maturity models not presenting what 

actions to take in order to reach higher levels, only stating what is to be fulfilled to reach a certain level, 

organisations that do not want or cannot purchase information and services relating to these models 

then have to start with their current situation.  

By identifying what analyses are being performed, if these fit the objectives of the business and the 

resources present, what the organisation’s needs are, where they want and where it is realistic for them 

to be, areas that need improvement should be seen. This is in line with Jain (2013), who states analytics 

and its structure is to be based on the organisation’s situation and needs. An analysis of the findings 

from the interviews and the questionnaire results in six problem areas of the current situation that need 

addressing, see Figure 6, which are be elaborated upon below.  

Insufficient support from management 

Resistance might be met within different parts of the region, there being generally low and mostly 

ambiguous support from management, both for analytics and knowledge sharing. Analytics and the 

handling of data, information and knowledge need to be given the attention and resources it deserves 

but corporate politics and governance sometimes also prevent a development for a more mature data 

driven business.  

A general resistance to changes on manager levels is stated even if the common employee seems to be 

very apt to changes, both according to the central BE employee interviewed and region interviewees. 

LSS is used, supported and perceived as a good methodology differently within the region, some parts 

are more positive and more frequent users than others but the overall interest for LSS is increasing and 

the Change Engine has much support centrally.  

Data not being used 
correctly or requested 

enough 

Insufficient support 
from management 

Issues with competence, 
tools and sources 

The structuring of 
analytics 

Low sharing of 
information and 

knowledge 

Unclear responsibility of 
analytics 

Figure 6. Identified problem areas 
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The structuring of analytics 

With the questionnaire respondents being more involved with and performing the actual analytic work 

in the region than the interviewees, their view on the structuring and objectives with analytics shows 

troublesome problems. Not having sufficient structures set for when and how analytics is to be 

performed but mainly being performed after employees’ own principles and not with commonly set 

structures proves that coordination among employees both within functions and across functional areas 

are needed. A majority of the region interviewees request a structuring of analytics within the region 

and the need for a global or regional strategy for analytics is expressed in the questionnaire, 

strengthening the backing of analytics development. 

The level reached of defined objectives is although fairly high according to the region interviewees, 

meaning that there might be objectives set but that they are not reaching the employees performing the 

analyses, them stating a general absence of objectives. The same applies for the way of working with 

analytics according to the region interviewees, stating that at least several functions have structures set 

for when and how analytics is to be performed but not all find the structures being defined with basis 

in industry best practices. This strengthens the need for better coordination and communication within 

and across the regions’ different parts so that better analytics can be performed. 

Differences are seen between CAG representatives and region interviewees regarding cross-

functionality. CAG representatives consider it as not beneficial to work cross-functionally in the 

company yet whereas results from the region interviews show that there are cross-functional analyses 

and collaboration being performed today and that it works to some extent. 

Unclear responsibility of analytics 

It is stated that CAG is to be the orchestrator of analytics but nothing is stated on what this actually 

implies and how the rest of the company is to relate to analytics structuring. There are disparate 

guidelines and structures set involving analytics in different ways, such as the Change Engine and 

locally set guidelines of varying functionality, but there is no point where this is centered, which creates 

problems when the company is large and regions are to a large extent supposed to be self-sustaining but 

also being steered centrally. It is therefore unclear whose responsibility it is to decide what to perform, 

develop and educate. 

CAG is not marketing their services yet due to their own low analytics maturity and the generally low 

analytics maturity in the company. This raises questions of their existence, their structuring of analytics 

and if regions are to wait for CAG to develop new solutions, launch new initiatives and job roles or not. 

Their choice for doing so is largely based on them not having received the wished amount of support 

and funding, which prevents them from reaching a higher analytics maturity themselves and has to be 

related when moving forward with analytics. 

Data not being used correctly or requested enough 

The results show that data and analytics are handled and performed often with varying types of analyses 

and analytics tasks being performed. This results in being a major issue when analytics in general seems 

to be poorly integrated in processes in the region, meaning that analytics is performed often but not at 

all always optimally, and the differences seen in responses to whether decision-making is mainly data 

driven or based on gut-feeling.  

Region interviewees state that data driven decision-making is mainly performed but not to a wanted 

extent and interviews held centrally show differently. They mean that the company is not driven by 

data, that data is not considered a valuable asset and that there is no real wish to see good facts and 
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analyses when making decisions. These differences might stem from interviewees not wanting to admit 

their low level of data driven decision-making or the others being unfoundedly negative to the regions’ 

use of data. 

This is an area that really needs addressing and adding the issue with accessibility to data, e.g. 

difficulties with acquiring financial data for analyses when not working in Finance, data is not used 

correctly and cross-functional analyses being avoided.  

Issues with competence, tools and sources 

Interview and questionnaire results point out missing competence and not enough training and coaching 

within analytics being an issue that prevents delivering better analytics work. Too little information on 

available tools is stated and more resources are requested but since the structuring is unfavourable, it 

might just be that resources need to be used more efficiently and effectively. 

Some state that training is difficult to organise due to the vast range of tools and sources used and their 

inherent complexities. There is therefore a need for making sure that employees are provided with 

suitable tools and that the structuring of sources and tools is investigated.  

Since the sources and tools are not matching, non-interactive, scattered and overall not being optimal, 

a high degree of combination of data and information is needed. This results in much manual work 

being required, reduced time available for performing analyses and low quality and security of the 

material worked with.  

Low sharing of information and knowledge 

Conflicting opinions are found regarding sharing; some mean that there is low sharing of information 

and knowledge whereas others state sharing being well performed. Overall, this study shows that 

employees tend to not share insights and knowledge in Company A despite the fact that region 

interviewees state employees being encouraged to share. This results in sharing not being at the 

expected level to correspond to the level of encouragement. Factors preventing sharing of knowledge 

are, among others, scattered offices around the globe, the will to protect local processes and solutions, 

the absence of leadership and tools for sharing as well as the absence of a sharing culture. Some state 

that platforms for sharing and collaboration exist but that these are not used much or correctly. 

The general absence of good platforms for sharing, transfer and generation of and reflection on 

information and knowledge within analytics combined with the complex organisational structure that 

prevents corporate Knowledge Management & Collaboration workers from gaining insight and guiding 

employees in the right direction, results in improvements being needed both locally within the smaller 

parts of the region as well as on a larger scale. These improvements should not increase the siloing of 

the company but promote cross-functional sharing and collaboration. The low participation in networks 

for collaboration and sharing of insights and/or knowledge on how to use different analytics tools and 

techniques is also an issue that needs addressing since it is proven that those being part of such networks 

experience their participation as beneficial. 
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5. DISCUSSION 

Based on the results and analysis presented and problem areas identified in the previous chapter, this 

chapter discusses actions mentioned during interviews, in the questionnaire and found in literature to 

meet these problems and ultimately lead to increasing the company’s analytics maturity, i.e. answering 

the MRQ. 

5.1. BALANCING CENTRALISATION AND 

DECENTRALISATION OF ANALYTICS 
With a centrally established analytics function without much collaboration with other parts of the 

company or much support from high management, it is difficult to reach the different success factors 

listed by Reimer (2015), LePine & Lovell (n.d.), Kincaid (2012) and Davenport (2014) for a CoE; e.g. 

having visibility across all business units, enough power and resources to make substantial collaboration 

and synergies happen and the ability to make process and technology decisions with the strategic 

interests of all business units in mind. The centrally established analytics function at the case company 

does have highly competent managers and employees, aims at aligning business analytics with strategic 

initiatives set by top management but are not yet open with whom they will support and what work they 

will perform. Since they do not have the wanted support and trust from other parts of the company on 

different levels, this results in, as Davenport (2014) states, the function simply not performing 

optimally.  

Having a centrally established analytics function with a degree of central coordination is the right choice 

according to Davenport (2014) when the company is diverse and has varying analytical need. By 

centralising specific analyses such as very complex and highly strategical analyses in this function, it 

neither being possible to centralise much for large organisations nor should be since the central function 

never will be able to deliver the whole company’s need for analytics, and it being where competences 

and solutions for what the company really needs are structured from and developed, good results should 

be achieved, more interesting analyses can be performed and inspiration for performing better analytics 

throughout the company should be inspired for. Placing the responsibility of coordinating and 

developing for more efficient standard reporting on this function could also lead to better performance 

and less double-work. 

With a young CoE or completely centralised analysts, excellent analyses should not be expected from 

the start. Their maturity journey should however not span over a too long period. It is a journey that has 

to be allowed to take some time, however not too long. In a more mature state in the future, they should 

be expected to deliver excellent results from what is decided to be centralised and reach a prominent 

position that is seen and felt even on lower levels in the regions, thereby showing that analytics is an 

important area that has support and needs addressing. 

The decision to aim for being responsible for job roles and rotations and accesses to different sources, 

communities and education (certifications) follows Davenport’s (2014) statement; CoE’s only reach the 

power to influence the company’s analytical future when the careers and projects concerning employees 

Balancing 
Centralisation and 
Decentralisation of 

Analytics

Focusing on 
Knowledge 

Management and 
Networks

Using LSS for Driving 
Change in Analytics

Actions applied to 
Cosic et al's four 

capabilities
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performing analytics are managed by the CoE. Only then will the benefits of being centralised and line 

organisations having their needs fulfilled be reached. It also follows what George (2010) writes on LSS 

CoE’s, that it should be a central source for information on how to approach different aspects of 

analytics and building of infrastructure and competence. 

Their goal of reducing time to insight is also appropriate according to centralisation literature with 

Harris et al. (2010) stating that decentralisation could lead to insufficient use of good competence and 

Jain (2013) stating that centralisation of analytical resources dramatically reduces redundancy, makes 

analysts more effective and that embedded analysts which are redundant in their analyses, less 

cooperative and risks losing the bigger picture are then avoided. There is however a risk with aiming 

for too much centralisation; analysts might become more project managers than actual analysts, 

bureaucracy might increase and employees might not know the organisation’s different parts (Jain, 

2013; Davenport, 2014).  

With a young central analytics function not being given enough resources, regions need to continue 

working with actual analyses and analytics development independently and be mainly self-functioning 

until the centrally established analytics function has reached a stage where it can hold more 

responsibility. This means that the regions need to define objectives, set structures and handle other 

aspects of analytics without much guidance from the centrally established analytics function. Their 

approach to analytics needs to be selective and restricted with a clear scope of their individual most 

urgent needs. 

Collaboration with the central function should however be upheld to some extent to prevent potential 

problems when the centrally established function is to manage analytics and its different components 

in the future, to keep a high engagement level and keep the work and development focused (Harris et 

al., 2010). Some communication is therefore needed, whereby development of major solutions that in 

the future will be difficult to combine with other solutions can be prevented. Regions should however 

not expect the central function to answer their needs in every case just because there is a connection. 

This structuring results in a decentralised approach from a global perspective but if actions are taken, it 

can be centralised on the regional level. This allows analysts being more connected to the specific units 

they are supporting in the region but cross-functional analyses are provided for, combining the best of 

centralising and decentralising (Kincaid, 2012). 

With the maturity being fairly low and not having a clear overview of the analytics being performed, 

the Western and Central Europe region is perhaps not that ready for establishing a central unit. Harris 

et al. (2010) however state that organisations aiming heavily at building an analytical workforce are to 

have analysts centrally organised and coordinated, why this should be aimed form at least to some 

degree so that analytics is better investigated and coordinated, performed more efficiently and cross-

functionally (Harris et al., 2010; Jain, 2013). Centralising all analysts are probably not preferable or 

possible but having analysts embedded in the region’s different parts and be more steered centrally will 

allow for placing resources at the right places and with the right knowledge (Jain, 2013; Davenport, 

2014). 

When a future state where the centrally established analytics function and the regions collaborate more 

extensively is reached, regions will with this setup be able to provide the function with information on 

the situation of different aspects in the regions since this can be collected by having a degree of 

centralisation in the region. By lifting both issues and opportunities to the function, solutions, guidelines 

and infrastructure aimed for both a larger audience and in cases for specific regions can be developed. 

This overview also enables the centrally established analytics function to evaluate what competences 
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and accesses employees with analytical tasks should have and what education these analysts should be 

offered to get certificates that allow them to use specified sources and tools. Thereby a career track for 

analytics can be established and contribute to a more effective, efficient and secure orchestrating of 

analytics. This should also help the central function winning support and gain more funding and thereby 

help raise their and the whole company’s analytics maturity. 

To gain this information, a good way for communicating between the central function and the regions 

is needed. With spokespersons understanding the regions’ analytics needs, these should be responsible 

for coordinating analytics within the region and communicating with the centrally established analytics 

function. Knowledge Management & Collaboration workers are considered important to involve early 

in this development to avoid poor structuring of communities and different platforms. Regional 

knowledge management employees are also of interest since they have good insight in the regions’ 

ways of working and not involving them risks good initiatives and solutions that most probably reside 

in different parts of the regions not being lifted and disseminated.  

Furthermore, if the company has a central unit responsible for performance management, it should be 

included for driving an increase of data and analytics in the daily operations everywhere in the 

organisation. With analytical resources not being used much for driving strategic initiatives, this should 

be of utmost interest for such a unit so that existence and use of analytical competences when 

performing work related to these strategic initiatives can be both spread and required in the future. There 

should also be collaboration between the centrally established analytics function and the unit 

responsible for performance management when the centrally established analytics function when setting 

up analytics job roles so that both units’ perspectives are evaluated and incorporated. 

5.2. FOCUSING ON KNOWLEDGE MANAGEMENT 

AND NETWORKS 
With much analytical work being performed on a daily basis, both of different types and involving a 

variety of sources and tools, and with fairly much analyses being performed across functions, functional 

areas and with other regions and corporate functions, successful solutions and approaches that can be 

spread both within the region and to other parts of the company should exist, even if the analyses are 

not performed within the same area and even if some actions might not lift one’s own unit. Other regions 

should also have these success cases and should be able to disseminate them, following Bollinger & 

Smith’s (2001) and Davenport et al.’s (2001) statements that sharing, collaboration and making use of 

strategic resources in the best possible way are central parts of knowledge management. Others also 

state that an active management of knowledge when in a complex and global business environment 

helps managers embrace change and encourage ideas and insight, often leading to innovation 

throughout the organisation since reaching well-functioning knowledge transfer across different units 

improve their innovative capacity and creativity (Quast, 2012; van Wijk et al., 2008; Tortoriello et al., 

2011). 

By lifting issues, solutions and other thoughts to higher levels in the company, it would allow for better 

coordination among the company’s different parts and for this employees from the lower levels of a 

company that are working with analytics are essential. They need to be involved to reach these 

opportunities since they face the real problems and have the best insight in particular areas. 

Investigations are therefore needed to find these both positive and negative aspects of analytics as well 

as why some parts of the region is better at sharing. With linkages and relations identified, successful 

projects can be conducted to remove barriers, develop conditions for better knowledge management 
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and collaboration, make analytics more efficient as well as introduce more efficient and suitable 

technologies and tools. This follows Argote & Ingram’s (2000) proposition that members, tools and 

tasks all have to be addressed and worked with to succeed with knowledge management and all 

combinations found be analysed and taken into account.  

Since knowledge matters more than ever and an organisation's available knowledge is regarded as a 

very critical resource (Liyanage et al., 2009; Van den Hooff & de Ridder, 2004), corporate Knowledge 

Management & Collaboration, which should exist in large and global companies, then needs to be 

involved to be successful, especially if the organisation is considered to be suboptimal at sharing and 

transferring knowledge.  

Their view is that analytics to a large extent circles around sharing of knowledge and collaboration, in 

which they are specialists and should want to drive. By involving them, tools and places for 

collaborating and sharing of knowledge on how to use different tools and different insights are provided 

for as well as for an end-to-end flow where more units interact and collaborate. This results in e.g. 

improved personal efficiency, more and better innovation as well as enabling for in-house developed 

solutions for either internal or external use can be implemented internally on a larger scale. The global 

Knowledge Management & Collaboration further suggests that such solutions should allow the centrally 

established analytics function to push out official information on e.g. policies and lessons learned. This 

way, knowledge will become more visible, connections among employees can be constructed and a 

knowledge intensive culture where sharing and proactively seeking and offering knowledge is 

encouraged can be provided for (Liyanage et al. (2009) referring to Davenport & Prusak (1998)).  

To be successful with investigating the region further, lifting issues, solutions and other thoughts to 

higher levels in the company, the need for networks or communities of some sort where employees can 

come together around analytics is seen since networks increase transparency (Cross et al., 2007). 

Networks would also enable better dissemination of information and knowledge across the different 

parts of the company, increase cross-functional analyses and discern where education is needed. This 

way, social and collaborative processes will enable simultaneous creation, sharing, amplification, 

enlarging and justification of knowledge held by individuals and different parts of the organisation. 

This is achieved by striving after a supportive communication climate that includes open exchange of 

information, accessibility of co-workers, confirming and cooperative interactions and an overall culture 

of sharing knowledge (Nonaka, 1994; Van den Hooff & de Ridder, 2004). 

Findings in this study, such as network members primarily stating that they acquire beneficial output 

from the networks, strengthens various statements found in transfer and sharing literature that 

collaboration between different individuals and parts of an organisation leads to new knowledge and 

competences and gaining of competitive advantage (Liyanage et al., 2009; Bender & Fish, 2000), 

justifying this approach. This is also highlighted by the Corporate Business Finance employee, stating 

that the output from the network has been greater than expected and that it has driven increased 

collaboration across organisations and resulted in streamlining of analyses that also can be used by 

multiple parties. The corporate Knowledge Management & Collaboration employee continues with 

stating that when employees come together for discussions and elaborations on different improvements, 

issues, needs and thoughts extensive value that can be used has been created and the same has been 

seen in CAG, with analysts from different parts of the company coming together, new and creative 

solutions have been developed.  

When setting up networks, brokers and connectors elaborated on by Cross et al. (2007) should be 

identified to take advantage of the many connections and deep insight in different areas they have, as 
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well as their input on how different parts are affected by changes and their large influential ability to 

promote transformations and ensure coordination and establish connections. This should also give 

insight in other problems and opportunities not stated when performing the first general study, then 

seeing what is affected, where learnings can be collected from and to whom it can be transmitted. The 

ones appointed as responsible for the networks needs to understand the business and the area the 

network is to revolve around as well as have the ability to push e.g. best practises, solutions and 

initiatives in the network and the different units affected, according to the Corporate Business Finance 

employee. They should be supportive and collect issues, ideas and thoughts from its different parts and 

bring them back to the higher levels of the network.  

There might be a need for having different networks, preferably linked, since Milton (2009) advocates 

a balance of Formal/Informal and Collect/Connect and Tortoriello et al. (2011) mention formal transfer 

mechanisms appearing more effective than informal but that formal mechanisms may impede creativity 

and innovation, which is a large part of the reason why networks needs to be established. The successful 

network established within Financial Reporting also comprised of sub-networks, strengthening this 

approach since focus is then on specifics in the sub-networks but the linking network above allows for 

coordination and a holistic view as well as acting as liaisons that are needed for handling the contact 

with different and important stakeholders. 

The linking network would then be more of a formal one with defined roles, responsibilities and 

communication patterns and sub-networks more a blend of formal and informal with less managing, 

more ad-hoc communication but still within set boundaries to keep focus. This is highlighted by the 

corporate Knowledge Management & Collaboration employee, stating that both a more formal and top-

down approach with defined roles and defined frameworks and expectations as well as more informal 

and bottom-up initiatives are needed but these need to be combined in a good way so that employees 

can go out and get the right knowledge and the right connections are made. 

Both tacit and explicit knowledge needs to be transferred (Argote & Ingram, 2000) within these 

networks and the aspects of Collect and Connect needs balancing and to be determined (Milton, 2009). 

With platforms either not being optimal or non-existing, it is more suitable that sharing and transfer of 

both explicit and tacit knowledge are based upon connect, i.e. dialogue and conversation. Until the 

networks and platforms are developed, connect will have to be used for sharing and transfer of data and 

information but thereafter there should be more collect, i.e. using recorded or written material, but not 

entirely. Options for connecting when sharing information and data should exist too, otherwise stiffness 

might arise. In general, a culture where donating is dominating should be strived after. Then employees 

actively communicate their findings and knowledge with others, instead of having to actively consult 

others for sharing (Van den Hooff & de Ridder, 2004). 

By first establishing a formal network with main stakeholders included, these employees can make 

further investigations into what makes (possibly) already established networks and other collaborations 

successful. These investigations should result in acquiring inspiration on how future networks and 

collaborations can be created as well as how existing can be changed. Investigations are also needed for 

e.g. aligning the development of analytics to the structure and culture of the company while perhaps at 

the same time aiming for changing the culture. Areas that need consideration are; how to overcome 

issues with more or less participative employees and units, the level of association and developed 

relationships, the ability to both transfer and absorb knowledge and avoidance of exclusivity (Tsai, 

2001; Liyanage et al., 2009; van Wijk et al., 2008; Tortoriello et al., 2011; Hansen & Canary, 2015; 

Hedlund, 1994). It must also be ensured that the right connections are made, both on high and low levels 

since too many connections can be counterproductive but relationships are essential for reaching well-
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functioning knowledge transfer (Tortoriello et al., 2011; Cross et al., 2007; Tsai, 2001; Liyanage et al., 

2009; van Wijk et al., 2008). 

As mentioned above, regional knowledge management workers should be consulted for understanding 

region specifics but they should perhaps not be included in any of the networks, risking them becoming 

too large. Incorporating corporate Knowledge Management & Collaboration does however enable them 

to obtain information on networks in the company and how different functions, functional areas and 

regions share knowledge since they then will have close contacts in all regions. This can be used for 

further investigations, testing of new ideas and allow for sharing processes and solutions outside of 

analytics being improved as well.  

To reach a level of authority and reduce the risk of not being able to involve different parts of the region 

due to the resistance of managers, the employee leading the investigation of analytics in the region 

should have a fairly strong position in the central team of the region. It would also be natural if this 

employee was responsible for the linking network and be the one communicating with the centrally 

established analytics function and perhaps employees with the same role in other regions. An important 

notion is that if support for analytics and analytics development is high in some parts of the region, this 

should be taken advantage of by first establishing relationships with those and use them as showcases 

for other parts of the region to convince other parts to be more participative. 

Should a network not work as expected, there might be a need for incentives; common goals that all 

involved benefit from fulfilling being suggested by the Corporate Business Finance employee. 

DeTienne & Jackson (2001) also writes of the needs for incentives and encouragement to reach 

successful sharing within the company and between units. Not maintaining the network might also turn 

it useless since regular interaction has proven important according to the Corporate Business Finance 

employee. 

Furthermore, as lifted by the Business Excellence employee at central Business Excellence, a central 

unit having responsibility for developing solutions and tools to be used across the company should be 

involved for spreading initiatives and requests regarding analytics. By bringing together a centrally 

established analytics function, different regions, corporate Knowledge Management & Collaboration 

and the unit where performance management is driven from, the development of an analytics structure 

should be aligned with the structure of the company, its existing culture and its business goals. 

Additionally, appropriate dissemination approaches should be developed for the knowledge supposed 

to be disseminated so that they match the company’s structure, culture and business goals (Kingston, 

2012).  

5.3. USING LSS FOR DRIVING CHANGE IN ANALYTICS 
Results show that if there is a will to change analytics work, change is possible and very good results 

can be achieved, even though only a few employees might be the ones running the analytics 

improvements separately due to them being the only ones seeing the importance. With a general 

willingness to change, changes in analytics should be visibly and encouragingly supported from high 

level management to give it even more weight. Functions being identified to have employees more 

positive to analytical changes should act as inspiration to how other parts are to implement successful 

changes and advantages of good analytics work need to be made more visible so that employees see 

what such changes bring, they have to understand why changes are made and what the wanted outcome 

is.  
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This results in the need for combining analytics networks with change and improvement methodologies, 

enabling a spreading of employees with knowledge in both business and analytics that can link this in 

other employees’ daily work. With LSS methodologies or other strategies for structuring change and 

improvements, such as the Change Engine in this study, a natural link between the use of analytics and 

business is established since LSS is a platform for initiation of cultural and operational change by using 

data-driven approaches and methodologies (Pepper & Spedding, 2010; Taghizadegan, 2006). 

If there are good systems present for LSS, this should be incorporated in the networks to spread and tie 

analytics within the company. By making sure at least important nodes in the network are either YB or 

BB certified, valuable changes can be executed and the use of analytics be spread in a structured way 

since they are to have subject matter expertise in change and improvement management and also have 

good insight in analytics. Results in this study also show that certified employees are good at sharing 

their knowledge and spreading its functionalities, whereby it can be presumed that representatives in 

this network also could have the task to identify employees within the units for LSS trainings. This way, 

knowledge on how to perform change and improvement projects would be spread by different means.  

With an increased use of analytics, the Business Excellence employee at central Business Excellence 

explains that more unreliable data becomes visible. Then, having a network established where such 

occurrences can be lifted and elaborated on allows for these problems being fixed and used for 

performing better analyses as well as give rise to improvements rolled out globally. Making analytics a 

larger part of work tasks, more widely spread and perhaps also a requisite when making decisions will 

also result in more aspects becoming analysable and more stakeholders becoming involved, in turn 

resulting in more interesting findings and more value created for the company when acting upon these 

analyses. This reasoning follows literature which states integration of data and the right advanced 

analytics infrastructure, new knowledge can be leveraged upon and create more visibility across 

processes and functions and offers significant impact on business operations (Hausmann, 2014; Hauff 

& Somers, 2016) 

Including LSS in the analytics networks somewhat coincides with structuring a CoE for LSS since it 

enables employees with good overview and subject matter expertise to come together and share lessons, 

ask for guidance and bridge gaps. By using knowledge platforms and allowing central employees in the 

networks both have LSS certification and coordination responsibilities, a state where more focus is 

placed on important projects and right integration, projects are aligned with business strategy, critical 

training, coaching and guidance to different parts of the organisation are provided and opportunities for 

collaboration and replication of projects and solutions across the organisation are seen, all according to 

George (2010).  

Unlike stated by George (2010), the certified employees in the network should not be responsible for 

program design, methodology selection, building of infrastructure, and performance measurement and 

reporting. It would probably be too much to handle for these employees and they should instead rely on 

others having this responsibility. This also includes materials for belt classes but they should be part of 

various teams in the region to lead challenging projects as George (2010) states. With a global roll-out 

of belt trainings and associated certifications, alignment between the ones structuring these and the 

centrally established analytics team is needed so that the job roles established and owned by the 

analytics function to some extent include the requisite of having some LSS certification and that the 

belt trainings are updated with what is happening with analytics in the organisation.  
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5.4. ACTIONS APPLIED TO COSIC ET AL.’S FOUR 

CAPABILITIES 
In this last sub-chapter, a short presentation of how the discussed solutions to the MRQ increase the 

levels reached according to the four high-level capabilities listed by Cosic et al (2012) is given. 

Governance 

Better analytics objectives will be reached for analytics tasks when analytics is linked throughout the 

region and with CAG since increased transparency and coordination will make it visible what is to be 

done and not. The same applies for the scope of analytics work. The strategic alignment will also be 

increased since CAG aims at aligning business analytics with strategic initiatives set by top management 

and analytics resources will be more inclined to stay and develop within the organisation when they are 

provided with clear career tracks and are offered targeted education. 

Management both centrally and regionally will have continuous insight in the needs and developments 

of analytics and related areas in the company. It will then be possible to identify the most critical 

improvement areas and make sure they are given attention in the different parts by coordinating the 

analysts in the right manner and better planning and development of sources and tools. The insight also 

allows for the right changes being made and that they are aligned with the needs. By incorporating LSS 

a better approach to implementations and changes within the organisation’s different parts are secured 

too. Additionally, the dissemination that will occur in the network allows for minimising the 

occurrences of failures once encountered. 

Culture 

Through a spread of LSS, evidence-based management is enhanced since it then will be more requested 

and make sure analyses are used and integrated right and in the correct processes. When used correctly 

and in the right processes, problems will be seen and allow for correction that otherwise would not be 

corrected as well as result in better results of the analyses. When this is seen by management on different 

levels, an increased support for analytics should follow and it will be given more weight within the 

organisation. This also applies for CAG which should receive more support when delivering better 

results by communicating with the regions. 

Also the flexibility and agility will be improved since the networks allow for faster handling of problems 

and other findings since employees with analytics tasks will be connected and know whom to contact 

regarding such issues and not having to adjust to the complex organisational structures. It is also 

increased when sources and tools are more optimised and employees are given the right education, 

thereby enabling more time for more interesting analyses. 

Technology 

The network further enables insight in what sources and tools are used for different analytics activities 

and a collection of more and better input. Then both standardised approaches and new technological 

solutions and systems can be developed, resulting in better functionality and tighter syncing with the 

tasks without adding to the siloing of the company. The coordination of analytics resources also enables 

an effective and efficient balancing of both more complex analyses and simpler analyses. 

People 

Spreading the use of LSS results in the more technical aspects of analytics being combined with 

business knowledge, leading to better performance and analytics gaining a larger part in managing the 
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organisation. Through the networks, employees’ education in these areas can be coordinated and reach 

both a wider and more appropriate audience, both regarding e.g. LSS and different tools. 

Connecting analytics employees further enable unstructured education and training and by 

incorporating central functions handling knowledge management and collaboration, employees will 

spend less time on finding right information and knowledge through both formal platforms and informal 

connections. When employees join forces, innovation is nurtured and in-house developed approaches 

and solutions can either be instantly disseminated or further developed by coordinating it within the 

network. More time for innovative work will be enabled when the amount of manual work is decreased 

by syncing sources and tools better.   
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6. CONCLUSIONS 

With basis in interviews, the questionnaire and literature studied, this chapter presents the answers to 

the research questions that have guided the thesis, how the thesis contributes to the theoretical area 

and recommendations on how companies in the same situation as Company A should act. Lastly, a 

short section covering sustainability aspects of the study is presented and limitations of the work 

performed are discussed in relation to what research can be conducted on this area in the future. 

6.1. ANSWERING THE RESEARCH QUESTIONS 
In this sub-chapter the research questions presented in Chapter 1 are answered. In order to answer the 

main research question, the sub-research questions are presented first since they together answer the 

main question. 

SQ1: What is the current state of analytics work in the organisation? 

The first step to answer how a company’s analytics maturity level is increased is to understand the 

current state of analytics work in the organisation, i.e. assess what analytics maturity level the company 

has reached. This means that analytics use and capabilities are to be mapped across the organisation, 

for which an analytics maturity model is used. Global companies that want to understand their analytics 

maturity should use the analytics maturity model as inspiration to identify areas where they are 

underperforming as well as finding the opposite areas; enabling dissemination of functioning 

approaches and solutions.  

With the use of analytics maturity models, interview and questionnaire questions can be formulated and 

in a first stage, answers to these questions will mainly show general problems and possibilities that can 

be acted upon as well as enable important connections to be established. By aggregating these first 

results, either following the structure of an existing analytics maturity model or a self-produced 

structure, a first assessment of the organisation’s analytical maturity level can be delivered.  

When determining the maturity, six-teen low-level and four high-level (four low-level per each high-

level) capabilities are evaluated according to a five stage maturity ladder, where stage 1 is Non-existent 

and 5 is Optimised. The maturity is received by taking the average of the four high-level capabilities 

governance, culture, technology and people.  

There can be large differences in how much analytics is used and integrated between parts in an 

organisation as well as the level of analytics capabilities and the capability and functionality of analytics 

data sources and tools. The structuring and managing of analytics can also differ substantially between 

parts of a company as between companies, why rigid maturity models might not allow for necessary 

depth of the investigation. 

With the case company in this study being placed on a rather low analytics maturity level (2.5/5), this 

study identifies six categories that show a need for improvement in order to further advance in analytics: 

Answering the 
Research
Questions

Conceptual 
Contribution

Manageral 
Contribution

Sustainability
Limitations & 

Future Research
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Insufficient support from management  

A generally low and ambiguous support for analytics from management and corporate politics prevent 

a shift towards a data driven business, and the will to change greatly differs among employees, both 

between levels and functions, which is not optimal when aiming for increasing the use of analytics. 

The structuring of analytics  

Inadequate structures for when and how analytics is to be performed, both within functions and cross-

functionally, and with objectives not fully understood, resulting in little coordination and much self-

designed approaches, leading to the need for a regional or global strategy for analytics. 

Unclear responsibilities of analytics  

Aiming at having self-sustained and partly decentralised regions but with central steering creates 

uncertainties while still not having stated clearly who is to perform, develop and educate analytics and 

no clear mandate being held by the centrally established analytics function. 

Data not being used correctly or requested enough  

Not seeing data as a valuable asset and not being requested to a sufficient degree when making decisions 

lowers the use of data, both in the right way and to the right extent. Performing some analyses are also 

be hindered by not having the right accesses. 

Issues with competence, tools and sources  

Employees neither having enough competence nor being given enough training results in analytics 

being used wrongly and insufficiently. This is largely due to the large number of scattered tools and 

sources that can be of high complexity separately and/or when combined and require much manual 

work. Other consequences are substantial quality and security issues. 

Low sharing of information and knowledge  

Well-functioning platforms and communities for sharing and transfer of information and knowledge 

within analytics, for reflection and generation of new knowledge are to a large degree absent or not 

used. There is also no sharing culture in most parts studied, even if sharing is encouraged by 

management.  

SQ2: How do process methodologies influence the use of analytics? 

In a global company, a vast amount of processes influences the use of analytics. The processes steer 

approaches to analytics and also affect the ways of working within the organisation, therefore 

implicating whether analytics are used in daily operations or not. When mapping the use of analytics, 

focus should therefore be placed on identifying overall processes methodologies with clear analytics 

linkage that has to be taken into consideration or be used, either presently or in the future. 

This study identifies Lean Six Sigma (LSS) as a highly suitable methodology to both relate to and use 

when increasing a global company’s analytical maturity level. Findings show that there is a natural link 

between analytics and business in LSS through both its related tools and procedures. LSS-certified 

employees have good knowledge in both analytics and business and they are good at spreading LSS 

methodologies, which leads to a wider, more structured and better use of analytics. Also, employees 

with LSS certification and training perform better than employees without.  

At the same time, the use of LSS enables changes and improvements within the company to be more 

successfully conducted, leading to overall better performance and the organisation continuously 
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understanding its performance. To reach an optimal state, LSS trainings and analytics educations should 

be linked and developed collaboratively. 

A wider spread of LSS and analytics also makes decision-making more based on data, enables more 

processes to be analysable and stakeholders to be more involved. Additionally, the wider use of 

analytics leads to unreliable data becoming visible and thereby enables it to be improved. 

Implementation of LSS will therefore lead to better analyses and the organisation will reach a higher 

analytics maturity. 

SQ3: How are insights from analytical work and knowledge of  

analytics shared and transferred? 

Having evaluated the organisation’s capabilities, mainly three areas are found critical for the sharing 

and transferring of knowledge. First, most knowledge management and collaboration initiatives are 

initiated locally, creating difficulties for the corporate Knowledge Management & Collaboration team. 

They are aiming at developing global solutions and structures for sharing knowledge but the current 

complex governance structure prevents them from obtaining good insight in how insights and 

knowledge are shared and transferred in the global organisation. 

Secondly, as stated in SQ1 above, management encourages sharing of knowledge and insights but it is 

questioned if this actually is performed; this study also indicates that sharing of insights from analytics 

and sharing of knowledge on how to use different analytics tools and techniques is not a widespread 

behaviour. Tools and platforms for e.g. creating, uploading, finding, storing, using, reusing and 

enriching knowledge therefore need to be developed and structured for enabling sharing and transfer of 

knowledge on how to e.g. use analytics tools and different insights. With this provided, personal 

efficiency, a higher degree of cross-functional analyses and more and better innovation can be reached. 

Thirdly, this study also highlights the use of networks and communities for sharing and transfer of 

insights and knowledge as well as collaboration within and across functions. Of those being part of one 

or more such networks for analytics, most find the networks highly beneficial; by involving and 

connecting employees performing analytical work, initiatives and findings are brought to light, best 

practices can be developed and spread, and issues be collectively collaborated upon for reaching the 

best possible solutions that actually fit the work to be performed.  

Knowledge management and network initiatives need to combine formal and informal approaches, 

allowing for both formally set structures and defined roles and frameworks as well as innovativeness 

and transparency. Furthermore, network leader(s) need to inspire the network members to make sure 

the purpose of the network is fulfilled as well as being supportive and have a gathering role so that 

issues, ideas and thoughts from the network’s different parts are collected and evaluated. 

MRQ: How does a global company increase its analytical maturity level? 

The combined answers from the sub-research questions show that in order for a global company to 

increase its analytical maturity, an investigation of its current use and needs are crucial as well as 

identifying primary methodologies involving analytics and structures for how analytical insights and 

knowledge are shared and transferred.  

This study shows a number of areas that need addressing in SQ1. By combining an already established 

approach for LSS with networks, a more comprehensive investigation of the organisations analytics use 

and needs will be provided for. How this is to be performed is presented in Chapter 6, Discussion, which 
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elaborates on the results and analyses made from the data collected for answering the three sub-research 

questions. 

6.2. CONCEPTUAL CONTRIBUTION 
This sub-chapter presents what readers can learn from the study performed and how it adds to science. 

Three conceptual contributions are presented, see Figure 7, where the major contribution is backed by 

the two top-most areas identified and also combines the areas studied in this study, i.e. analytics 

maturity with analytics setups, knowledge management and Lean Six Sigma, for increasing analytics 

maturity. 

6.2.1. Dysfunctional Maturity Models 

Firstly, determining the analytics maturity level of a large company is difficult and the models reviewed 

in this study (Cosic et al., Hamel and Gartner), which are available without purchasing detailed 

consulting reports and services, do not give justice to the complexity that is met when using them. The 

models are similar to a large extent; they all recommend companies to first investigate their current 

situation according to some either more or less detailed but similar categories. There are however no 

guidelines for how to approach the organisation or how to take it further after investigating the 

categories, only what is to be fulfilled at the different maturity levels.  

6.2.2. Difficult to Balance Centralised Analytics with Pressing Needs 

This study also shows the complexity of having a centrally established analytics function with low 

analytics maturity while other parts of the company are facing analytics problems they want addressed. 

Insecurity of what to do arise among these parts; if collaboration is to be established with the centrally 

established analytics function before problems are to be addressed or if local initiatives can be started 

independently without waiting for help from the centrally established analytics function. This is not 

covered in the literature reviewed regarding analytics setups and the balancing of centralising or 

decentralising analytics resources. It is only stated that the setup chosen is to correspond to the 

organisation’s processes and its analytical capabilities maturity and balance analyst supply and demand 

(Harris et al., 2010), and that without enough power and resources, the centralisation of analytics will 

Dysfunctional maturity models 
Problems balancing centralised 

analytics with pressing needs in the 
company  

Establishing analytics networks where Lean Six Sigma has a 
central part 

- Enable continuous 
investigation, coordination 
and mapping for 
identification of problem 
areas, possibilities and the 
right use of analytics 

- Enable a dynamic 
development of analytics 
where employees’ inherent 
knowledge is utilised and 
disseminated 

Figure 7. Overview of conceptual contributions 
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not be able to make substantial collaboration and synergies happen across the company (Davenport, 

2014). 

6.2.3. Establishing Analytics Networks 

The major conceptual contribution of this thesis is therefore how to approach a development of analytics 

when the two identifications above are present, or when embarking on an analytics development in 

general. By establishing one or more networks, a more detailed overview of where the company is 

situated and its different analytics capabilities are obtained and the work with analytics can be better 

structured, all while still being linked to the centrally established analytics function, if such a function 

exists. This involves combining analytics with knowledge management and collaboration, analytics 

setups and Lean Six Sigma.  

Establishing networks follows Phelps et al. (2012) findings that knowledge networks are enablers of 

knowledge acquisition and transfer and Cross et al.’s (2007) statement that companies investing time 

and energy in understanding their networks and collaborative relationships greatly improve their 

chances of making successful organisational changes. Successful development of analytics should lead 

to achieving more transparency and coordination, thereby revealing opportunities for integration and 

highlighting well-functioning relationships.  

Through the use of networks, it can continuously be identified where analytics is performing well, what 

makes it successful and how it can be utilised in other parts as well as the opposite; what is not 

functioning well and what the barriers are. The categories found in maturity models can be used for 

inspiration on what to investigate and different models, such as Pawlowski & Bick’s (2012), can be 

used for addressing various knowledge management aspects;  

- Where knowledge resides 

- How knowledge handled and used 

- Which knowledge needs developing 

- Which knowledge needs preservation 

- How complex the knowledge is 

- If employees have the right education and training 

- What barriers hinder knowledge management utilisation 

- What technologies and tools there are, both for analytics and knowledge management and 

collaboration 

- What support there is for different processes 

By incorporating Lean Six Sigma (LSS) methodologies in the network, with major drivers and 

representatives of different units in the network being LSS certified, a wider and more correct use and 

integration of analytics should be achieved as LSS is faster spread. Fogarty (2015), Hauff & Somers 

(2016) and Hausmann (2015) all propose combining the development of analytics with LSS, which is 

natural since analytics has a large part in LSS; combining root-cause analyses with robust design 

engineering philosophies and techniques to manage projects towards financial goals and process 

improvements (Taghizadegan, 2006). LSS also improves employees’ business management knowledge 

and would help change the culture to a more data driven company as well as allow for better change 

and improvement projects being conducted, as stated by Pepper & Spedding (2010) and Taghizadegan 

(2006). Combining LSS with analytics network further enables coordination of LSS workers so that 

focus is placed on important projects, cost reduction projects are aligned with business strategy and that 

critical training, coaching and guidance to business units is coordinated (George, 2010). 
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Furthermore, establishing networks or facilitating for other ways of connecting employees also allows 

employees to continuously share and collaborate across different units on various levels and locations, 

increasing efficiency and efficacy among both individuals and collectives as well as enabling 

knowledge creation and innovation alongside knowledge acquisition and transfer (Phelps et al., 2012; 

Tsai, 2001; Cross et al., 2007; van Wijk et al., 2008; Tortoriello et al., 2011; Liyanage et al., 2009; 

Hansen & Canary, 2015). Networks will allow the right employees being reached and connected, not 

only managers on different levels that might not have full understanding of the situation, so that the 

right matters are considered when deciding what to act upon, information on the real situation is 

collected and that the most possible employees benefit from the network. This is especially important 

when problems are either neglected by managers or not reaching the right levels; here another track is 

established, allowing for non-supportive managers to be circumvented. 

If possible, the establishment of networks should be executed in cooperation with a corporate 

Knowledge Management & Collaboration unit so that global structures, guidelines and systems are 

aligned and ultimately used by as many employees as possible. Working with knowledge management 

is important when dealing with changing environments, which will be the case when (re)structuring and 

increasing analytics, and since it facilitates decision-making and stimulates cultural change and 

innovation (Nonaka, 1994; Quast, 2012), it is natural to incorporate it when establishing analytics 

networks. Drawing on the knowledge held in corporate Knowledge Management & Collaboration 

workers will result in more employees being involved and a larger volume of information and 

knowledge will be both obtained for those investigating the analytics situation and shared and 

collaborated upon among employees. This follows Davenport & Prusak’s (1998) statement which 

Liyanage et al. (2009) refers to, that working with knowledge management makes knowledge visible, 

shows its role within the company, helps establish a knowledge intensive culture where knowledge 

sharing and proactively seeking and offering knowledge is encouraged as well as constructing a web of 

connections among employees for interaction and collaboration. 

If a centralised approach to analytics globally is stated, networks should be established both within e.g. 

regions and on a higher level where regions or similar connect to this centrally established analytics 

function. Then not only cooperation within the region, allowing for developments and knowledge 

sharing, will be enabled; the centrally established analytics function will also be provided with essential 

information and knowledge of the situation and actions within the region. This way, the centrally 

established analytics function will see what can be developed for larger roll-outs where a large 

audience’s analytics work within the company will be beneficial. Showcasing such beneficial output 

from the central analytics function should result in it receiving more support and funding and thereby 

increase their opportunities to increase their analytics maturity level. This structuring draws from the 

benefits of balancing centralising and decentralising analytics; allowing analysts to be closely connected 

to their units but increasing the possibilities for cross-functional analyses and coordination (Davenport 

2014; Kincaid, 2012, Harris et al., 2010).  

Additionally, this connection facilitates for the centrally established analytics function to develop 

suitable job roles with required training, steering specific accesses to sources and tools and thereby 

making cross-functional analyses easier and of higher quality. A continuous syncing between the 

different parts of the company and the centrally established analytics function also enables the centrally 

established analytics function to be more ready when they are to have more influence and coordinating 

responsibility of the analytics work in the company.  
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6.3. MANAGERIAL CONTRIBUTION 
With basis in empirical and theoretical findings, this sub-chapter presents what steps a company being 

in the same position as Company A is recommended to take on short and long term.  

6.3.1. Short Term 

The first step would be to appoint an analytics driver for the region, preferably at a fairly prominent 

position to give weight to this person’s work. If results and conclusions as presented in this study exist, 

the driver could start with analysing those to find stakeholders, connections and areas of improvement 

to continue working with. If such a study such does not exist, it is recommended that a smaller 

questionnaire and/or interviews are issued and held so that the driver will be able to start establishing 

the right connections, find stakeholders and areas of improvement. If a questionnaire is conducted at 

the start of the analytics development, it can be used in later stages to enable for analyses of the 

development.  

It is recommended that a network is established as early as possible to enable for a more thorough and 

continuous investigation of the organisation’s different areas. A crucial connection is the one with the 

centrally established analytics function, which has to appoint preferably one employee as their 

representative for communicating with regions or region drivers in the highest network. Limiting their 

representation to one person is recommended due to both keeping the highest network small and 

effective and to allow for clearer structures within the centrally established analytics function. This 

representative needs to have or be educated to have very good knowledge of what the centrally 

established analytics function presently can and in the future wants to both acquire and deliver. If there 

is a particular team within the analytics function that focuses on complex and cross-functional analyses, 

this representative should either belong to this team or have good connections with it. A good 

knowledge of the rest of the company is also recommended. 

Another connection to be established outside of the region is with corporate Knowledge Management 

& Collaboration, or similar, enabling them to collect information and develop and incorporate 

knowledge management structures and platforms from the start. The same limitation to have one from 

Knowledge Management & Collaboration responsible for communicating with the analytics network is 

recommended. However, this person does not need to be involved as frequently in the network as the 

region driver and representative of the central analytics function. Once the platforms are up and running 

and the knowledge is shared and disseminated this person can join the network on a regular basis but 

more seldom than when in the starting phase.   

These three nodes, the regional analytics driver, Knowledge Management & Collaboration and the 

centrally established analytics function, constitute the highest network and should be of formal 

characteristics to make sure the network is efficient, have defined roles, responsibilities and 

communication patterns. Without a clear structure the network will not work. Depending on how IT is 

situated and which connections it has, it should be a close cooperation partner to the network. In this 

particular case, the centrally established analytics group works closely to IT which means no external 

spokesperson from IT is needed. It would not be functional if all regions were to come with requests to 

IT without being coordinated and structured in a way understandable for IT. The centrally established 

analytics function and corporate Knowledge Management & Collaboration should, if possible, have the 

responsibility for this but from different angles. A natural partition is to appoint the centrally established 

analytics function to communicate analytics solutions requests and corporate Knowledge Management 

& Collaboration to handle requests regarding sharing and transfer of information and knowledge. 
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The region driver should be well accustomed with analytics, preferably black belt certified, have good 

knowledge in performance management and good connections with regional drivers within 

performance management so that all important aspects highlighted in this study will be covered and 

considered when developing analytics in the region. To make sure the driver has the right analytics 

competences, consultation could be searched for with the centrally established analytics function before 

the appointment. Since the driver will have a very communicative role with transferring information 

and knowledge from the region’s units to the representatives in the higher network, knowing how to 

communicate and understand needs as well as transmitting information is needed. It is equally important 

that this person understands the way the region works and its complexity so that the right structure of 

the regional analytics network is set.  

The proposed regional analytics network is a sub-network of the higher network presented above and 

should, apart from the region driver, include employees from the larger units of the region. Depending 

on the structure and needs of the regions, some units might need more than one representative. These 

unit representatives are to have a good picture of what analyses are made within the different units so 

that they can find opportunities for cross-functional analyses within the units as well as lift analytics 

possibilities with the other in the sub-network so that analyses across the units are realised and other 

aspects surfaced within their responsibility area are elaborated upon. This requires them to communicate 

closely with the employees performing the actual analyses. 

Unit representatives should be involved in the structuring and development of analytics in the region to 

a large extent; with their knowledge of important units in the region, the analytics situation is 

continuously assessed and can be continuously developed further. By either choosing employees with 

LSS certification as unit representatives or appointing them for certification, these and complementing 

methodologies as well as analytics will be more spread within the region and performed better. Making 

it part of their tasks to identify employees within the units for LSS trainings increases this spread further. 

Other responsibilities are that they should make sure employees within the units use and are updated 

about new analytics and knowledge management solutions and processes, which might either be a result 

from central functions or developed in the region, and that they lift positive and negative findings to the 

regional sub-network for elaboration, which in turn can be lifted by the region driver to the members of 

the higher network. Investigating existing networks and collaborations are also of high interest, which 

findings could be used both within the region and shared with central functions. 

With the sub-network established, the unit representatives can make sure employees within the different 

units are connected and help start networks or more loose communication for sharing of data, 

information and knowledge within and across units. For this, regional Knowledge Management & 

Collaboration workers could be consulted to leverage on their knowledge of the region. This way, the 

different units and functions in all the networks established will each gain different valuables that in 

turn will lead to a better performing company. 

6.3.2. Long Term 

With time, when the centrally established analytics function develops and matures, the network setup 

could be expanded and developed, see Figure 8.  
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Include other regions and other parts of the company 

Setting up similar structures in other regions of the company, with one analytics driver per region and 

its team of unit representatives, would allow for more collaboration, cross-functional analytics and 

disseminating of information and knowledge. Region drivers will then have a larger network to consult 

and collaborate with for finding new ways of approaching analytics and the both centrally established 

analytics function and corporate Knowledge Management & Collaboration will acquire wider insight 

in the regions’ needs and solutions. 

It will also be possible for unit representatives responsible for similar units to link different employees 

or teams within different regions and thereby allow for synergies and development of models and 

processes, which in turn can be developed further by the centrally established analytics function if 

needed and approved. When there are larger cross-functional initiatives underway, the region drivers 

could be involved too and perhaps also central functions. 

Other central units or business units could also be incorporated in the highest network with their 

appointed drivers to cover more aspects of the company and allow for more collaboration and 

dissemination.  

Establish a regional analytics team 

Consulting the centrally established analytics function when appointing the region driver is essential if 

there is a wish to establish a regional ‘mini version’ of the centrally established analytics function in 

Figure 8. Proposed networks structure 
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each region. The region driver will after some time have very good insight in the regional needs and 

way of working with analytics which should be complemented with competences for how to run such 

a ‘mini version’-team.  

Having such a team is proposed by analytics maturity models and instead of establishing it immediately, 

competence will be built up while establishing the sub-networks and when communicating with 

stakeholders, allowing for the region driver to know what competences are needed in the team for 

satisfying a large part of the region’s needs. What this team’s tasks and responsibilities will be will have 

to be determined in collaboration with the centrally established analytics function. However, it seems 

most likely that the centrally established analytics function should continue working on global solutions 

and complex analytics while the regional teams focus more on regional problems and opportunities that 

arise. 

6.3.3. Action Points for Companies Establishing Analytics Networks 

In Figure 9, proposed actions on both short and long term for companies establishing analytics networks 

are presented. 

6.4. SUSTAINABILITY 
A sustainability approach has been present throughout this thesis. The three common perspectives are 

economic, social and environmental sustainability but mainly economic and social are appropriate for 

discussion in this thesis. The social perspective has e.g. been considered when contacting employees 

for participation in the study. One interviewee did not feel comfortable with its participation in the study 

and was therefore removed and as earlier stated, German employees were not approached due to labour 

union issues. The people who have participated in this study has been diverse, which means employees 

from different cultures and of various ages has been part of the study. Employees from different 

managerial levels were also chosen to allow for a broader and more representative view. Furthermore, 

the whole networks aspect with its different parts is an action for increased social sustainability since 

Short term 

- Appoint a region driver (more if 

necessary) 
-  

- Establish connection between 

region driver, the central 

analytics function and Knowledge 

Management & Collaboration to 

form the higher network 
-  

- Establish platform(s) for 

collaboration and sharing – 

problems, solutions and 

templates should be visible for 

anyone in the network 
-  

- Locate, through questionnaire or 

by other means, employees 

within the region’s different parts 

who can act as representatives 

from their unit towards the 

region driver and make sure they 

have LSS certifications 

- Include other regions in the 

network 
-  

- Organise employee trainings in 

analytics for employees with 

similar tasks and for managers on 

how to manage analytics, 

preferably in cooperation with the 

central analytics function 
-  

- Invest in new tools that are 

applicable across the region’s 

different parts to unify and 

improve efficiency and 

effectiveness 
-  

- Establish a regional mini version 

of the central analytics function 

Long term 

Figure 9. Proposed short and long term actions 
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employees are then more involved in the company’s development by enabling more employees lifting 

their issues and increasing the access to information and knowledge for employees on different levels.  

The aspect of economic sustainability is present by suggesting already existing knowledge and tools to 

be used to the most possible extent. Analytics networks also allows for different resources to be used 

more efficiently and effectively and e.g. trainings and investments to be better planned, increasing the 

suggested contribution’s economic feasibility. 

6.5. LIMITATIONS & FUTURE RESEARCH 
The case company in this study is large with over 100,000 employees and no research has been 

conducted on what importance the size of the company has on the results. No specific parts of the region 

or organisational function have been studied in depth in this study to assess their analytics maturity but 

instead the region as a whole. The presented maturity level is therefore an indication of what level the 

region’s analytics maturity is. This might result in some parts of the company being more beneficial 

from setting up an analytics network than others since variations are seen in interview and questionnaire 

results. The absence of tests performed during the study, only having investigated the conditions for 

increasing a global company’s analytics maturity, also results in this study not giving any guarantees 

that the proposed approach will work. 

Even if the number of respondents in the questionnaire is enough to make it generalisable to the 

complete region, there is a risk that the employees choosing to submit their answers to the questionnaire 

were mainly employees dissatisfied with the analytics situation. This implies that the analytics situation 

in the region is better than shown by the questionnaire and perhaps more towards what was obtained 

from the region interviews.  

The region interviews were however held via a teleconferencing tool, resulting in that no body language 

could be studied during the interviews. If the interviews would have been held face-to-face, their 

credibility could have been assessed and it would then have been easier to analyse whether the overall 

analytics situation is more towards what the questionnaire presented or what the interviewees indicated. 

Furthermore, interviews held with employees at corporate level might have deficit knowledge of what 

actually is performed in the and during the interviews therefore shared a non-representative picture.  

Due to time limits and late identification, no more than one best practise network was investigated 

during the course of the study. If the questionnaire would have been sent out earlier or the region 

interviews held earlier, contact could have been made with respondents/interviewees that indicated 

them being part of a successful network to enable for a better analysis. 

Furthermore, the decision to have a centrally established analytics function has set the context of this 

study, which influences the setup of the analytics network. No investigation or discussion has been 

performed on the context where no central analytics function is established. Even if some theoretical 

data supports the choice of centralisation, research is needed on whether analytics networks also are 

beneficial for global companies choosing a more decentralised approach. Further investigations are also 

needed on how a central analytics function with a rather low analytics maturity is to increase its maturity 

and how it is to increase its ability to support a larger part of the organisation, establish communication 

channels and develop a transparent way of prioritising requests which has not been covered in this 

study. 
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What makes an analytics network successful can first be stated when such a network is established, why 

it is recommended that studies covering success factors for analytics networks are conducted. Suggested 

areas for further research is identifying what competences leaders in analytics networks need, if they 

differ from competences for other networks and what competence combinations are preferable. Also 

researching what influences the structuring of analytics networks in different contexts set by global 

companies is suggested since no specific research has been conducted to cover organisational structures 

in this study and related to this is different ways of communicating, which is also not covered in this 

study.  

During the data collection process, both in empirical and theoretical data, culture surfaced as an aspect 

that would have been interesting to address further. It was however considered to be of even more 

interest if it was investigated when a network as proposed in this thesis is incorporated and functioning. 

Research on cultural changes before and after activities for increasing a company's analytical maturity 

has been performed would be of interest to provide important material for companies considering to 

embark such a transformation. Also more change management related research would be of interest, i.e. 

how to work with change management when setting up or using analytics network. 

Lastly, this study shows a need for a more comprehensive model for how large and global companies 

are to easier investigate their analytics maturity and find actions for improvement. The purpose has not 

been to develop the existing analytics maturity models further but to use the maturity models as a 

foundation in order to identify areas of improvement in analytics. This study only presents how a 

company could approach a more thorough investigation while at the same time increasing the analytics 

maturity and use but no model for how to investigate is presented. Using other analytics maturity 

models, particularly purchased models and related services might result in other conclusions and 

recommendations reached as opposed to the ones presented in this thesis by using freely available 

models without guidelines for how to approach the organisation or how to take it further after 

investigating the stated categories. It might be appropriate to develop a model with basis in Cosic et 

al.’s (2012) sixteen categories but adjusting them to a global context and roadmaps for how to obtain 

answers so that the company can be placed in the sixteen categories.  
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Appendix A – Cosic et al.’s 16 

capabilities 

BA Capability Definition 

1 – Decision Rights 

The assignment of decision rights and accountabilities, by determining those who 

are responsible for making each kind of decision, those who will provide input for 

the decision and how these people will be held accountable. This will ensure that 

the right decision is made by the right person at the right level at the right time, 

and ensure desirable behaviour with respect to the way BA is used throughout the 

organisation (Weill and Ross 2004). 

2 – Strategic Alignment 

The alignment of an organisation’s BA initiatives with its business strategy 

(Williams and Williams 2007). It is largely determined by the level of 

understanding that exists between the managers responsible for an organisation’s 

BA initiatives and those responsible for shaping the organisation’s overall strategy. 

The level of understanding is predominantly determined by the quality of 

communication that takes place between these parties and the level of trust that 

exists between them (Luftman 1990). 

3 – Dynamic BA 

Capabilities 

The continuous renewal of an organisation’s BA resource base and organisational 

capabilities in order to respond to changes in dynamic business environments 

(Collis 1994; Shanks et al. 2011). It involves identifying potential BA 

opportunities (Search), prioritising those opportunities based on business need, risk 

and technology maturity (Select) and then funding and implementing the 

opportunities (Asset Orchestration) resulting in new and unique resource 

combinations (Shanks and Sharma 2011). Dynamic capabilities are organisational 

routines that are enhanced over time through the learning and experience (Pavlou 

and El Sawy 2006). 

4 – Change Management 

To manage people who are impacted by BA initiatives to accept and embrace 

technological and process changes (Anderson-Lehman et al. 2004). This includes 

the mitigation of risks and pitfalls associated with such changes, including 

resistance and workarounds (Williams and Williams 2007). It also includes the 

provision of training to demonstrate the value and utility of new practices resulting 

from change, in order to encourage people to adopt them in their daily work 

(Negash 2004). 

5 – Evidence-based 

Management 

A culture where formal authority, reputation, intuition and ad-hoc decision-making 

are superseded by decisions based on data and quantitative analysis (Pfeffer and 

Sutton 2006). It requires key decision-makers to have an open predisposition to the 

data-driven insights of their subordinates (Davenport and Harris 2007). It also 

requires them to encourage their subordinates to actively participate in the 

development of a data-driven environment to support their own decision-making 

and problem solving endeavours (Carte et al. 2005). 

6 – Embeddedness 

The extent to which BA has permeated the social fabric of the organisation and has 

become ingrained into people’s values and daily work habits (Davenport and 

Harris 2007). It is reflected in the extent to which people value quantitative 

analysis and data-driven insights, as well as the extent to which they seamlessly 

and routinely apply BA systems and tools in their daily work habits to solve 

problems and make decisions (Shanks et al. 2012). 

7 – Executive Leadership 

and Support 

The ability of the senior managers within an organisation to infuse a passion for 

BA and data-driven decision-making throughout the organisation (Laursen and 

Thorlund 2010). This involves advocating the use of BA systems and data-driven 

decision-making throughout the organisation’s constituent business units. It also 

involves promoting the increased use of discovery BA technology, rather than 

simply relying on reporting and visualisation BA technology (Davenport et al. 

2010). 



 

 

8 – Flexibility and 

Agility 

The level of change readiness within an organisation. More specifically, it relates 

to how ready and how receptive an organisation’s non-managerial BA personnel 

are to respond to changes in the business environment (Cheese 2005). A culture of 

change readiness is especially important in rapidly changing business 

environments, particularly those which employ the use of real-time BA 

technology, to deal with problems and capture fleeting opportunities in an efficient 

and timely manner (Anderson-Lehman et al. 2004). 

9 – Data Management 

Management of an integrated and high quality data resource is crucial to the 

success of BA. Data management involves i) extracting data from operational 

systems and transforming it to meet information requirements (Watson and 

Wixom 2007); (ii) capturing data from multiple channels from various business 

functions and external third party sources (Howson 2008); and (iii) integrating the 

data with existing historical data in a central repository e.g. data warehouse 

(Watson and Wixom 2007). 

10 – Systems Integration 

The seamless integration of BA systems with operational systems in order to 

exploit the capabilities of both systems (Myerson 2002). BA systems should not be 

seen as isolated and independent capabilities: they should be an integral part of an 

organisation’s information systems to facilitate their use (Shanks and Sharma 

2011). 

11 – Reporting and 

Visualisation BA 

Technology 

The development and utilisation of reports, dashboards, scorecards, online 

analytical processing (OLAP) and data visualisation technologies to display the 

output information in a format that is readily understood by its users, including 

managers and other business decision-makers (Watson and Wixom 2007; 

Ramaamurthy et al. 2008). These technologies are usually used to address routine 

problems, where decision-makers understand the nature and structure of problems 

well and have specific questions in mind (Shanks et al. 2012). 

12 – Discovery BA 

Technology 

The development and utilisation of sophisticated statistical and data mining 

software applications to explore data and identify useful correlations, patterns and 

trends and extrapolate them to forecast what is likely to occur in the future 

(Negash 2004). The users of this technology are typically technical specialists 

rather than business decision makers (Davenport et al. 2010). These technologies 

are usually used to address less structured problems, where decision makers do not 

have specific questions in mind and outcomes can be surprising (Shanks et al. 

2012). 

13 – Technology Skills 

and Knowledge 

The skills and knowledge of BA technology specialists, including statistics, data 

management, reporting and visualisation and discovery BA technologies and 

information technology in general (Davenport and Harris 2007). These people 

typically have tertiary qualifications in statistics and computing, and should also 

have some level of BA business skills and knowledge (Anderson-Lehman et al. 

2004). 

14 – Business Skills and 

Knowledge 

The skills and knowledge of BA business specialists, including sales, finance, 

marketing, supply chain and production business systems (Davenport and Harris 

2007). These people typically have tertiary qualifications in business and 

commerce, and should also have some level of BA technology skills and 

knowledge (Anderson-Lehman et al. 2004). 

15 – Management Skills 

and Knowledge 

The skills and knowledge of management specialists, who are responsible for BA 

initiatives and projects, both enterprise-wide and in local business units 

(Davenport et al. 2010). This involves setting goals, establishing metrics and key 

performance indicators, using the output from reporting and visualisation 

technology to monitor performance, and taking the necessary action to ensure that 

project goals are met (Watson and Wixom 2007). 

16 – Entrepreneurship 

and Innovation 

The skills and knowledge of technology, business and management personnel to 

use BA technologies to develop innovative and more effective processes and 

products that result in better organisational performance and create competitive 

advantage (Sharma et al. 2010). It frequently involves risk taking and is enhanced 

through learning that results from experience, trial and error and experimentation 

(Eisenhardt and Martin 2000). It is enhanced through the provision of authoritative 

autonomy and financial independence, giving the freedom to pursue value-creating 

actions (Sharma et al. 2010). 

 



 

 

Appendix B – Descriptions of Hamel’s 

maturity levels 

 

Maturity Level Description 

0 – Impaired 

Using non-configured tools and resources are limited with not much formal 

training or education. Analytics is performed ad-hoc and is of limited value and 

scope. Some tactical objectives are stated but results are not being communicated 

well and of low reliability. 

1 – Initiated  

Specific areas of the business are optimised by working with metrics. The process 

is more streamlined even if resources still are limited and results are 

communicated to various business stakeholders, often on directorial level. 

Difficulties in not supporting the most needed business process can lead to not 

pushing for optimisation where it is visible. 

2 – Operational  

KPI’s and dashboards are defined and aligned with strategic business objectives. 

Various sources of data and information are used by a multidisciplinary team and 

through segmentation and multivariate testing metrics are exploited and explored. 

Results are being broadly distributed and considered at executive level, but being 

centrally driven. 

3 – Integrated  

An almost full view of the whole value chain is now reached by analysts being 

able to correlate data from different sources, leading to optimising complete 

processes. Methods for continuous improvement process and problem solving are 

in place and insights and recommendations reach the CXO level. 

4 – Competitor  

An analytical culture is reached with one or more senior executives greatly 

advocating fact based decision-making and analytics and predictive modelling and 

optimisation techniques of complex characteristics are used, not only descriptive 

statistics. Numerous business functions and/or processes have a substantial use of 

analytics and the organisation is moving towards analytical tools, data and 

organisational skills and capabilities being managed on an enterprise level. 

5 – Addicted  

Analytics is now impossible to go without. It creates deep strategic insight, enables 

continuous improvement and has top management commitment. A fact-based 

culture is established with analytics being deeply integrated, testing and learning is 

performed at a continuous basis and the organisation holds skilled resources to be 

able to perform these tasks. 

 

 

  



 

 

Appendix C – Milton’s Knowledge 

Management dimensions 

 

In short, the four quadrants in Milton’s (2009) matrix shows; 

Formal Collect  

The collecting of new knowledge is organised and managed, mainly based on learning being too 

important to remain informal and for proving learning that needs to be spread. This setup allows for 

easier retrieval, sorting and tracking of content but entering content can prove difficult and time-

consuming. (Milton, 2009) 

Informal Collect  

Constitutes of voluntary, ad-hoc and self-organising initiatives, such as Wikipedia, where knowledge 

spontaneously can emerge from different crowds within a company. Having this approach does however 

only draw about 2% -3% of available knowledge, risking crucial knowledge to be kept from the rest of 

the company. Trusting an informal collect approach also risks knowledge not being disseminated to the 

right user, making learning a matter of chance. (Milton, 2009) 

Formal Connect  

Knowledge exchange through dialogue in either a formal network of people or during formal meetings 

where members in these networks use each other as a resource and repository of unwritten knowledge. 

Also, expert locators and virtual teams add to these networks to share context-specific or particular 

complex knowledge, mainly for one-off requests and topics characterised by regular identification of 

new problems, resulting in fast-changing requests. Not considered appropriate for routine based and 

standardised knowledge exchange. (Milton, 2009) 

Informal Connect  

Characterised by informality and ease of use, this approach allows for a development to a more open 

discussion-oriented culture since discussions emerge from bottom-up interest. Considered appropriate 

for beginning a culture change but has an underlying difficulty in ensuring the right questions are asked 

and in turn answered by a valid person with the right knowledge and experience. (Milton, 2009)  



 

 

Appendix D – Pawlowski & Bick’s (2012) 

framework for Global Knowledge 

Management 

 

 Process Description  Sample Values / Attributes 

P
ro

ce
ss

es
 

Business Processes 
Core business processes of an 

organisation   

- Procurement  

- Human resources 

- Transportation  

- Manufacturing  

- Marketing & sales  

- Customer service 

- Domain specific process, e.g. healthcare, 

education 

Knowledge Processes  
Knowledge related activities 

of the organisation   

- Domain specific process, e.g. healthcare, 

education 

- Knowledge identification  

- Knowledge acquisition  

- Knowledge development 

- Knowledge distribution/sharing  

- Knowledge preservation  

- Knowledge use 

External Processes  

Processes with external 

stakeholders (cooperation 

partners, strategic alliances, 

customers, offshore partners)   

- Cooperation establishment 

- Awareness building  

- Negotiation  

- Cooperation agreement 

- Culture exchange  

 

  



 

 

 Process Description  Sample Values / Attributes 
S

ta
k

eh
o

ld
er

s 
a

n
d

 c
o

n
te

x
t 

Individual: Personal 

Characteristics  

Description of individuals’ 

characteristics   

- Demographic data (name, age, gender, 

…)  

- Qualifications  

- Competences (Skills, Knowledge, 

Attitudes)  

- Globalisation competences  

- Educational preferences  

- Media and application preferences  

- Cultural experiences, offshore 

assignments  

Individual: Barriers  

Potential barriers towards 

knowledge management 

utilisation   

- Lack of time  

- Fear about job security;  

- Lack of awareness for KM 

- Use of strong hierarchy, position-based 

status  

- Lack of time and interaction  

- Poor verbal/written communication and 

interpersonal skills 

- Age, gender, cultural differences 

- Lack of networking skills 

- Lack of trust 

Context: 

Organisational 

characteristics 

Description of organisation 

characteristics   

- Name 

- Size 

- Type (private, government, NGO, …)  

- Sector (healthcare, automotive, …) 

- Vision & Strategy for KM 

- Core organisational capabilities 

Context: 

Organisational 

Barriers  

Potential organisational 

barriers towards knowledge 

management utilisation   

- Lack of leadership and managerial 

direction  

- Shortage of formal and informal spaces 

to share, reflect and generate (new) 

knowledge;  

- Lack of a transparent rewards and 

recognition  

- Insufficient corporate culture  

- Shortage of appropriate infrastructure 

supporting sharing practices  

- Deficiency of company resources  

- Communication and knowledge flows are 

restricted  

- Physical work environment and layout of 

work areas  

- Internal competitiveness within business 

units 

Context: Cultural  
Characteristics Description of 

cultural characteristics   

- Power Distance, Uncertainty avoidance, 

individualism/collectivism, …  

- Value of errors and failures 

- Roles of knowledge experts 

- Value / direction of knowledge sharing 

- Understanding of contextual knowledge 

- Understanding of common knowledge 

- Ways of decision making and negotiation 

 

 



 

 

 Process Description  Sample Values / Attributes 
S

ta
k

eh
o

ld
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s 
a
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d

 c
o

n
te

x
t Context: Cultural 

Barriers  

Potential cultural barriers 

towards knowledge 

management utilisation   

- Inability of communication and 

collaboration 

- Fear / insecurity 

- Lack of awareness and sensitivity  

- Lack of integration skill / will  

- Language issues 

- Fear of imitation  

Context: 

Infrastructure 

Characteristics  

Description of infrastructure   

- National ICT policies 

- Strategies 

- Communication networks. network 

availability 

- Security / privacy regulations and 

perception 

- National initiatives (libraries, services) 

- Technology / media acceptance  

 

 Process Description  Sample Values / Attributes 

S
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o
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te

x
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Context: Success 

factors  

Success factors for KM in 

organisations   

- Integrated Technical 

Infrastructure  Knowledge Strategy that 

identifies users, sources, processes, 

storage strategy, knowledge 

- Clear knowledge structure  

- Motivation and Commitment  

- Organisational culture supporting sharing 

and use of knowledge  

- Senior Management support including 

allocation of resources, leadership, and 

providing training  

- Measures are established to assess the 

impacts 

- Clear goal and purpose for the KMS 

- Search, retrieval, and visualisation 

functions 

- Work processes incorporate knowledge 

capture and use  

- Learning Organisation  

- Security/protection of knowledge  

 

  



 

 

 Process Description  Sample Values / Attributes 
K

n
o

w
le

d
g

e
 

Knowledge element  
Description of knowledge 

areas of an organisation   

- Subject area 

- Type 

- Representation / codification 

- Culture specifics (common, 

contextualised, …) 

Knowledge type  What kind of knowledge   

- Knowing that / knowing how 

- Tacit / implicit / explicit 

- Knowledge as object / knowledge as 

process 

- Importance (routine, important, critical) 

- Complexity (simple, expert, specialised) 

- Group (team, organisation, strategic 

partners, …) 

Problem  
Problems to which knowledge 

is applied   

- Problem description 

- Context 

- Related knowledge, competences, actors  

 

 Process Description  Sample Values / Attributes 

In
st

ru
m

en
ts

 

Human-based 

instruments  
Description of the instrument   

- Mentoring 

- Open Space 

- Job Rotation, Job Enlargement 

- Career Planning 

- Team Development 

- Simulation Games 

- Future Search Conference 

Technology-based 

instruments  

Problems to which knowledge 

is applied   

- Document / Content Management 

- Micro-Blogging 

- Search, Browse, White Pages  

- Data Mining 

- Videoconference, Messaging  

- Mash Ups 

- News-Channel / News-Feed  

- Application Sharing 

- Social Networks 

 

  



 

 

 Process Description  Sample Values / Attributes 
R

es
u

lt
s 

Knowledge  
Measurement of knowledge 

and core processes   

- Acceptance of knowledge management 

systems (KMS)  

- Usability / usefulness of KMS  

- Knowledge assets (number, usefulness, 

complexity, …)  

- Knowledge sharing (number of 

knowledge elements, motivation, know 

- Knowledge utilisation (usage of 

knowledge elements, number of users per 

element, perceived usefulness, …)  

KM Project success  
Success of specific KM 

projects   

- Project awareness and commitment 

- Project usefulness 

- KM effectiveness 

- KM process capabilities 

- KM infrastructure capabilities 

- Job performance  

Intellectual capital  
General knowledge-related 

metrics of an organisation   

- Human capital / knowledge development 

(no. of employees, employee turnover, 

profits / employee, motivation, 

satisfaction, …) 

- Customer benefits (rating, sales / 

customer, satisfaction, length of 

customer relationship, response time, …) 

- Structural capital (expense / revenues, 

errors / order, quality performance, …)  

- Financial focus (assets / employee, 

revenues per new business operation, 

value added / employee, return on 

education, …) 

- Process improvement (process timing, 

knowledge process time / total process 

time, …) 

- Innovation (number of patents, 

improvement of product renewal, …)  

Global aspects  
Measuring international 

aspects   

- Strategic partnerships / collaborations 

- Communication intensity  

- Coordination activities, coordination 

breakdowns  

- Escalation procedures 

- Management meetings 

- Improvement of global competences 

- Cultural awareness and sensitivity 

- Team understanding, team awareness 

- Imitations 

 

  



 

 

Appendix E – Manuscripts for final 

interviews 

CAG INTERVIEW 1 
1. In one sentence explain the purpose of CAG: 

2. Tell us about your role 

a. How long have you been working at CAG? 

b. Which are your main tasks? 

3. What are the goals for your group? 

4. One goal is to decrease time to insight by 80% - how do you calculate time to insight? 

5. Where would you say CAG is located in a maturity model? On a scale from 1-5 (Ad-hoc-

Optimised)?  

a. Where are you today? 

b. What barriers are there for increasing the maturity? 

c. What are CAG good at? 

6. Where in the maturity model do you want to be and in what time frame? 

a. What structure of CAG do you find suitable in order to have a good collaboration with 

the regions? 

b. What do you need to improve at CAG? 

7. What would you say the overall maturity is at the company? 

a. Where is the company today? 

b. What improvements are there to be made? 

c. What barriers are there for increasing the overall maturity? 

d. What is the company good at/where are there improvements? 

8. How do you make sure the whole company develops together in analytics? Are there any 

specific goals/targets? 

9. Do you believe the responsibility to make sure the company develops within analytics lies on 

you or someone else? 

10. Is there anyone, other than you, who works towards driving analytics generally at the company?  

a. Who is responsible for making sure the regions follow the analytics development? 

Performance Management at Business Excellence? 

11. Is there a product portfolio for CAG? Where the regions can collect inspiration and see what 

others have gotten help with?  

12. The region does not know what it needs in terms of analytics and CAG can perform almost 

anything – what should be done? How do the regions contact CAG? 

13. How is the internal structure affecting CAG’s work and collaboration with the regions? Are 

there clear communication paths? 

14. According to you, what should the communication look like, between the region and CAG?  

a. According to the regions? 

15. What is your view on demands and requests from other part of the company – how should they 

be met? How do we make sure they are met by CAG and delivered to the right person in the 

company? 

a. What do the regions think? 

16. How are CAG related to other analytics-team in the company?  

a. What is the difference between CAG and other analytics teams in the company? 



 

 

17. What are your thoughts of reusing analytical knowledge within the company?  

a. How do you work with best practices? 

18. What is your view of transferring knowledge within CAG to other parts of the company?  

19. Which are your biggest pain points?  

20. Which are the biggest pain point for others working at CAG that you know of? 

21. At BE, the Change Engine is developed, a part of the Change Engine is LSS – how do CAG 

work with LSS? (Since one part of LSS is to use more data in decision-making) 

22. How are resources and competences best shared/used/allocated between CAG and the region? 

What resources should be where and how should they be shared most efficiently? 

a. CoE 

b. Build CAG teams in the region? 

c. What role should CAG play in defining/establishing the analytics-team and 

competences?  

23. Is there anything that we have not asked you that you believe we should know? 

CAG INTERVIEW 2 
1. In one sentence explain the purpose of CAG: 

2. Tell us about your role 

a. How long have you been working at CAG? 

b. Which are your main tasks? 

3. What are the goals for your group? 

4. Where would you say CAG is located in a maturity model? On a scale from 1-5 (Ad-hoc-

Optimised)?  

a. Where are you today? 

b. What barriers are there for increasing the maturity? 

c. What are CAG good at? 

5. Where in the maturity model do you want to be and in what time frame? 

a. What structure of CAG do you find suitable in order to have a good collaboration with 

the regions? 

b. What do you need to improve at CAG? 

6. What would you say the overall maturity is at the company? 

a. Where is the company today? 

b. What improvements are there to be made? 

c. What barriers are there for increasing the overall maturity? 

d. What is the company good at/where are there improvements? 

7. How do you make sure the whole company develops together in analytics? Are there any 

specific goals/targets? 

8. What does the collaboration with the regions look like today? 

a. Do people from the regions get in touch with you for help? 

b. Do requests come directly to you or through your manager? 

c. Do you actively reach out to the regions with own suggestions of improvements? 

9. What type of data is classified and what should the regions not have access to? (What data 

should the regions turn to CAG for? 

10. What are your thoughts of reusing analytical knowledge within the company?  

a. How do you work with best practices? 

11. What is your view of transferring knowledge within CAG to other parts of the company?  



 

 

12. Is there a product portfolio for CAG? Where the regions can collect inspiration and see what 

others have gotten help with?  

13. The region does not know what it needs in terms of analytics and CAG can perform almost 

anything – what should be done? How do the regions contact CAG? 

14. According to you, what should the communication look like, between the region and CAG?  

a. According to the regions? 

15. In what areas do you believe CAG are performing analytics that the regions would like to do as 

well? 

16. In what areas do you believe CAG, in the future, will perform analytics that the regions would 

like to do as well? 

17. The regions have not seen any marketing from CAG’s side yet – why is that? 

18. What would be the main goal of having a small satellite version of CAG in each region? 

a. Security 

b. Competence 

c. Communication 

19. What competence should exist in the region? 

20. What do a collaboration with the regions look like in a “desired state” in a maturity model? 

21. What can be done in order to get the advanced analytics competences to stay within the 

company? (earlier you mentioned that they left the company) 

22. How far have you come with forecasting methods? 

23. What do you think CAG will look like in the future? 

24. What do you want CAG to look like in the future? 

25. What barriers are there for CAG to achieve its goals? 

26. Which are your biggest pain points? 

27. What do you think are the biggest pain points for other employees at CAG? 

28. Is there anything that we have nott asked you that you believe we should know? 

INTERVIEW WITH A CORPORATE BUSINESS FINANCE 

EMPLOYEE 
1. What is your role (title) and what is your responsibility? 

a. How come you are responsible for the reporting manager network? 

b. What does your responsibility mean? 

2. What is the reporting manager network and how does it work? 

a. When was it established? 

b. What is its purpose? /Why was it established? 

c. What is the network’s structure (management, support, spokespersons etcetera)? 

d. Who can join the network? 

e. What are the main outcomes of the network? 

f. In what way do the network connect to CAG and the regions? 

3. Is the focus on having a formal network, i.e. a network with defined members in specified areas 

or are there also more informal networks where those that just might have interest in the topic 

is to be part of it? 

4. How managed is the network, can anyone freely add knowledge or are there barriers set up for 

keeping a structure? 

5. Are there external collaborators in the network? 

6. Other than the reporting manager network, are there other initiatives to gather the knowledge 

about financial analytics in the regions and throughout the company? 



 

 

7. Since you’re running the reporting manager network, we assume you have contact with other 

drivers for other networks, is that so and what areas do they belong to? 

a. If there are different types of networks, how would you categorise them and what is 

specific for the the different types? 

b. How are they different to the reporting manager network? 

8. How mature/developed would you say that networks in the company are? 

9. What would you say is the best way to make sure members get the most out of being in a 

network, depending on their role. 

10. Is there anyone being responsible for networks globally? 

a. How about locally/within functions/regions? 

11. How do you see a potential for the regions to keep up with news in analytics? What setup would 

you suggest? 

12. What is your opinion on networks, positive/negative? 

a. What is the feedback from analysts? 

13. What has been tried and proved not working successfully? 

14. Are there any current initiatives within your network? 

a. In other networks that you have heard of? 

15. Are there any planned initiatives within your network? 

a. In other networks that you have heard of? 

INTERVIEW WITH CORPORATE KNOWLEDGE  

MANAGEMENT AND COLLABORATION EMPLOYEE 
1. What is your background and responsibilities? 

2. How is knowledge management orchestrated at the company, what is the setup? 

a. What are your main work tasks? 

b. With whom are you collaborating? 

c. What are present projects in the area of knowledge management? 

3. The terms data, information, knowledge, wisdom and insight all occur when studying 

knowledge management. Just to be clear, how do you use and position these words so that we 

know what you mean? 

4. Is the company sharing knowledge and solutions? 

a. Connect and Collect versus Formal and Informal 

b. How good the company at sharing and transferring insights in different areas? 

c. How good is the company at sharing and transferring knowledge on how to use 

different tools and solutions? 

5. Is the company continuously evaluating the sharing and transfer of knowledge processes and 

systems or is this stiffly handled? 

6. Are there any reports stating how satisfied employees are with sharing insights and how to use 

tools/solutions? 

7. In your view or shown by surveys/interviews, do employees have the right competence for 

knowing: 

a. What data/information/knowledge to look for? 

b. How data/information/knowledge is to be acquired? 

c. How data/information/knowledge is to be distributed? 

d. How data/information/knowledge is to be preserved? 

8. To what extent is data/information/knowledge used in the right way and to the right extent on 

a scale from 1 to 5 where 1 is not at all and 5 the best possible? 



 

 

9. Are there other barriers towards good knowledge management in the company? 

a. Low or high in priority among both managers and other employees? 

b. Does the company’s systems infrastructure support sharing and transferring activities? 

c. Overall cooperation and communication will at the company? 

d. Is knowledge searched for when making decisions? 

10. Which other implications are there since the company is such a global company? 

a. What opportunities does this give rise to? 

11. How would you say that knowledge on how to perform analytics should be shared and 

transferred? 

a. From CAG to regions? 

b. From regions to CAG? 

c. Between regions? 

12. How would you say that insights from analytics should be shared and transferred? 

a. From CAG to regions? 

b. From regions to CAG? 

c. Between regions? 

13. Questions concerning networks within the company: 

a. What networks are there? 

b. How do they work? 

c. What are their characteristics? 

d. What information/knowledge/insight is shared? 

e. Correlating to the questions on how knowledge on how to perform analytics and 

insights from analytics should be shared and transferred, how do you see networks and 

its constituents in this? 

14. Based on what has been said in the interview, what is your view on responsibilities and splitting 

of tasks? 

a. What should be performed by CAG/regions/KM corporate? 

15. Are there specific networks for processes/job roles/functions? 

16. Do you have an impression of how they are managed? 

17. You addressed formal and informal very well in the interview but what would you say of 

connect and collect, what is your perspective on where the company in general is in these two?  

18. And if we forced you, where would you place the company in general in the matrix? 

INTERVIEW WITH A CENTRAL BUSINESS EXCELLENCE 

EMPLOYEE 
1. What is your role and what is your responsibility? 

a. How come you are responsible for what you are responsible for? 

2. How does the company work with Change Management? 

a. What specific initiatives are there to drive Change Management? 

b. How structured are those initiatives? 

c. How structured are the executions of the initiatives? 

d. What do the company want to achieve by this? 

3. How adoptive to change is the company? 

a. Organisationally? 

b. In terms of work tasks? 

4. What characterises transformations at the company? 

a. Planning 



 

 

b. Incentives 

c. Follow-up 

d. Collaborations 

5. How is Lean Six Sigma driven at the company? 

a. Educations? 

b. Networks? 

c. Why was LSS initiated? 

d. What are the biggest challenges? 

e. What is done that is, considered, really good today? 

6. Do you see a connection between Change Management and data and analytics? 

a. Where is the company today? 

b. What areas have been discussed? 

c. How detailed are the descriptions of data-based decision-making within LSS? 

7. How do you think the company can get people to work more with data and analytics? 

a. What future do you see in this area for the company? 

b. What role would BE play? Centrally? In regions? 

 

  



 

 

Appendix F – Material enclosed in the 

questionnaire e-mail 

DEFINITIONS ENCLOSED 
Data: Simple observations or sets of discrete facts that do not answer questions to particular problems. 

Information: Facts, which come from both current and historical sources, with relevance and purpose 

organised to describe a situation or condition 

Analytics: The process of examining mainly large amounts of data/information to uncover hidden 

patterns, correlations and other insights by combining, comparing, evaluating and drawing conclusions 

from data. 

Insights: The understanding of cause and effect and how to solve problems based on identification of 

correlations and behaviors within a model, context, or scenario. 

EXAMPLES ENCLOSED 
Examples of sources (Question 14): 

- SAP / Business Warehouse 

- HRMS 

- Sitehandler / Erisite 

- CRM360 

- CRM Insight 

- ITM 

- Ideabox 

- Concur 

- Verdi 

- Premium 

- Global Chronos 

- Manually created Excel sheets 

- From someone else in the organisation 

- From third party 

 

Examples of tools (Question 15): 

- Data source tool 

- MS Word 

- MS Excel 

- MS PowerPoint 

- Tableau 

- Minitab 

- Access 

- Project 

- CRM Insight 

- MIC (Management Information 

Centre) 

 

 

 

  



 

 

Appendix G – Region interviews results  

 

Table 12. Analytical activities, sources and tools 

Question Alternatives Responses Percent 

2 

a. How much analysis of 

data and information 

would you say is 

performed by you? 

(open-ended question) 

To a large extent 5 50,0% 

To some extent 3 30,0% 

To little/no extent 2 20,0% 

  10  

b. How much analysis of 

data and information 

would you say is 

performed in your close 

vicinity? 

(open-ended question) 

To a large extent 4 44,4% 

To some extent 5 55,6% 

To little/no extent 0 0,0% 

   9  

Comments made related to Question 2: 

- I would not say I perform it daily, and I am working solo so I have no input on others use  

- Just about everything touches upon data and analytics at some degree 

- I am digesting the results and analysing decisions based on the data together with the rest of the 

leadership team 

- A fair amount of data has to be analysed to find ways for implementing change 

- The team and the region provide data/information; field experience is needed to ensure that the data 

is correct 

- Much analyses are performed based on various tools with analyses being more performance oriented 

- Not only quantitative data is used for answering e.g. how the unit is performing, how people are 

performing and how projects are delivering 

3 

What analyses are 

primarily made where you 

work? 

(multiple choice) 

1. Studying historical data for observing the 

business 
8 22,2% 

2. Analysing data for understanding why 

something has occurred 
7 19,4% 

3. Analysing data for predicting future 

occurrences (forecasting) 
7 19,4% 

4. Analysing data for optimising decision 

making 
8 22,2% 

5. Analysing data for optimising business 

processes 
6 16,7% 

   36  

Comments made related to Question 3: 

- A lot of reporting is performed, which requires studying of historical data 

- Analyses of data for optimising decision making happens more by a chance 

- The optimising of business processes mainly relates to optimisation of end-to-end projects 

- All are performed to a large extent but forecasting is performed the most 

 

  



 

 

4 

What analytical activities 

are most commonly 

performed where you 

work? 

(multiple choice) 

1. Collecting data 6 10,5% 

2. Classifying data 4 7,0% 

3. Transforming data 4 7,0% 

4. Validating data 6 10,5% 

5. Sorting, summarising data 7 12,3% 

6. Creating (pre-defined) reports 6 10,5% 

7. Visualising information 7 12,3% 

8. Analysing information (comparing, 

evaluating, drawing conclusions) 
9 15,8% 

9. Preparing decision/recommendations 

material based on analysis 
8 14,0% 

10. No option matches my primary 

data/information handling activity 
0 0,0% 

   57  

5 

What data sources are 

most common where you 

work? 

(multiple choice) 

1. SAP / Business Warehouse 10 13,5% 

2. HRMS 10 13,5% 

3. Sitehandler / Erisite 8 10,8% 

4. CRM 360 9 12,2% 

5. CRM Insight 3 4,1% 

6. ITM 4 5,4% 

7. Ideabox 4 5,4% 

8. Concur 3 4,1% 

9. Verdi 1 1,4% 

10. Premium 2 2,7% 

11. Global Chronos 4 5,4% 

12. Manually created Excel sheets 8 10,8% 

13. From someone else in the organisation 7 9,5% 

14. From third party 1 1,4% 

   74  

Comments made related to Question 5: 

- I would like to use CRM 360 more but there are limitations in it 

- CRM Insight is too cumbersome to use 

- When e.g. using the Management Information Center (MIC) tool, most of the sources are mentioned 

since they report directly to the MIC without manual intervention 

- There are modified versions of the data warehouse and some other sources, such as SAP HANA, 

CAST (costing and scoping tool), a sourcing opportunity tracker and InfoPath, also used 

 

  



 

 

6 

What data tools are most 

common where you 

work? 

(multiple choice) 

1. Data source tool 4 11,8% 

2. MS Word 4 11,8% 

3. MS Excel 8 23,5% 

4. MS PowerPoint 7 20,6% 

5. MS Access 2 5,9% 

6. MS Project 3 8,8% 

7. Tableau 1 2,9% 

8. Minitab 1 2,9% 

9. CRM Insight 1 2,9% 

10. MIC (Management Information Centre) 3 8,8% 

   34  

Comments made related to Question 6: 

- MS Project is not as widespread as it should, program managers prefer to go back to Excel 

- Some other tools for historical data bases are used, as are modified versions of the data warehouse, 

CAST and SQL servers 

7 

From 1 to 5, how much 

combining of data and 

information from 

different sources is 

performed where you 

work? 

(rating scale) 

1. Very little combining 1 10,0% 

2 0 0,0% 

3 0 0,0% 

4 4 40,0% 

5. Very much combining 5 50,0% 

   10  

Comments made related to Question 7: 

- There is pretty much combining 

- Processing from different sources is performed to a high extent but the way of combining might be 

different 

- There are disparate data sources/tools collecting data in a variety of ways and producing reports with 

various incompatibilities 

- The work processes are very siloed 

8 

From 1 to 5, how 

automated are data and 

analytics processes 

where you work 

(rating scale) 

1. A lot of manual work 2 20,0% 

2 3 30,0% 

3 2 20,0% 

4 2 20,0% 

5. Fully automated 1 10,0% 

   54  

Comments made related to Question 8: 

- We are very close to five on this matter, I am surprised that so much data is automatically collected 

- We have made what automation is possible where I work 

- I could have answered five for the retrieval of data but there is room for improvement in that and 

other areas 

- We use disparate data sources and tools collecting data in variety of ways and produce reports with 

various incompatibilities 

- Due to IT restrictions on data access, complete automation is prevented and forces us to involve 

manual processes 

- Having no access to some financial data in SAP creates a lot of manual work and contact between 

different employees 

- There have been automation improvements made to e.g. the reporting program managers have to 

perform on a monthly basis but it could be much better. In some cases there are no linkages and in 

others there is only one linkage 

- The extraction for balanced scorecards could be much more automated 

- There is plenty of room for improvements in this area 

 



 

 

Table 13. The largest data and analytics problems 

Question    

9 

Which would you say are the largest problems for employees performing data and analytics activities 

where you work? 

(open-ended question) 

Answers to Question 9 

- If Company A is to be a business and analytics driven company where decisions are made on 

statistical and historical data, investments are needed so that budgets allow for more resources 

- Compared to other companies, there is far less face-to-face training on systems and much more ‘on 

the job’, word of mouth and/or individual mentorship 

- It would be beneficial if the data was processed by employees knowing what the data is about 

- The biggest obstacle when it comes to tools is their usability 
- The company hangs on to a tool for data for too long, becoming enslaved to the tool 

- Some tools are not fit for the purpose, corporate tells them to use it but there is no real value by using 

them 

- The systems cannot measure and there is much use of different systems that need to be working 

together so there is a lot of manual work 

- The forecasting tools is not compatible with the reporting tool and the data from CRM is questionable 

since it is not updated accurately 

- Access to the right data, and data not being the same format have equally large impact 

- When specific data is owned by certain areas within the organisation, sometimes difficulties with 

sharing of the data occurs since different job roles cannot access some sources and it leads to long 

waiting times to get the data 

 

Table 14. Analytics guidelines 

Question Alternatives Responses Percent 

10 

Are there clear guidelines 

for how analytics is to be 

performed and used within 

your organisation? 

(single choice) 

1. Yes, there are clear guidelines for both 2 20,0% 

2. There are clear guidelines for how to 

perform analytical work but not how to use it 
0 0,0% 

3. There are clear guidelines for how to use 

the result of analytical work but not how to 
1 10,0% 

4. No, there are no clear guidelines for both 1 10,0% 

5. It varies depending on tasks and tools, both 

clear and unclear 
6 60,0% 

   10  

Comments made related to Question 10: 

- With approaches being very siloed this varies a lot and depends on where you are looking 

- Everyone knows where to get the data, but there are many different interpretations of the data and the 

guidelines vary greatly 

- There are minimal (if any) guidelines on this front in the sales side but from a delivery perspective, 

there are much clearer guidelines for the reporting and analysis of data due to the delivery 

organisation being much more global and somewhat more standardised than the sales side 

  



 

 

Table 15. The need for structuring analytics work 

Question    

11 
Do you think there is a need for structuring the analytics work within the region? 

(open-ended question) 

Answers to Question 11 

- Yes, information needs to be made more uniform and analytical work needs to be simplified and 

automated to a larger degree, there are too many cost cutting exercises; it is not wanted to spend 

money to make money 

- Yes, it's not only a need, it’s a necessity 

- Yes, it would help at times, it would for example be good to standardise some of the reports and reach 

a higher automation level 

- Yes, with the region becoming more and more fragmented, splitting into country units again, the 

holistic view across the business is lost 

- We have a relatively well structured approach to manual reporting processes, but we are very new to 

automating these techniques and using some of the newer technologies 

- No, not from my point of view since there is need for flexibility, different heads want things presented 

in different ways, and not too much structure except for best practice and minimum standards 

  



 

 

Table 16. Collaboration and sharing of knowledge 

Question Alternatives Responses Percent 

12 

a. Where you work, how 

much analyses are 

performed across 

functions? 

(open-ended question) 

To a large extent 5 50,0% 

To some extent 3 30,0% 

To little/no extent 2 20,0% 

  10  

b. Where you work, how 

much analyses are 

performed across 

functional areas? 

(open-ended question) 

To a large extent 6 60,0% 

To some extent 4 40,0% 

To little/no extent 0 0,0% 

  10  

c. Where you work, how 

much analyses are 

performed in cooperation 

with other regions? 

(open-ended question) 

To a large extent 4 40,0% 

To some extent 4 40,0% 

To little/no extent 2 20,0% 

  10  

d. Where you work, how 

much analyses are 

performed in cooperation 

with corporate functions? 

(open-ended question) 

To a large extent 4 40,0% 

To some extent 4 40,0% 

To little/no extent 2 20,0% 

   10  

Comments made related to Question 12: 

- Some analyses are performed across functions since end-to-end delivery of a project is important for 

the program managers so that they see what needs to be delivered 

- Analyses across functions are performed to some extent, mainly when analysing performance within 

and between the customer units 

- There are pretty minimal analyses performed across functions 

 

- There are some analyses performed across functional areas but not as much as across functions 

- There have been no specific directives or initiatives to make analyses across functional areas, is has 

more come naturally and been endorsed when transforming the overall regional structure 

- There are less and less analyses made across functional areas 

- Analyses are performed a little bit better across functional areas than across functions 

 

- There are some analyses made in cooperation with other regions but not in a structured way and 

when occurring, they are mainly based on individual initiatives 

- Very little is performed across regions 

- It varies massively and in some cases there is very good collaboration with other regions and in 

others it is non-existent 

- We have regular dialogue with some other regions 

 

- We perform much analyses with corporate functions 

- There are some analyses made together with corporate regarding the monthly reports but not much 

- When there are change programs from corporate that needs to be done mostly global networks are set 

up and collaboration occurs 

 

  



 

 

13 

From 1 to 5, to which 

extent are insights from 

analytical work shared 

where you work? 

(rating scale) 

1 - To no extent at all 1 10,0% 

2 1 10,0% 

3 4 40,0% 

4 3 30,0% 

5 - To a very large extent 1 10,0% 

   10  

Comments made related to Question 13: 

- You have to ask for insights in order to get it, there is no culture of automatically sharing insights 

- Insights are not shared that much even if conclusions are shared to some extent and data is mostly 

shared 

- Insights are shared with a very localised audience on a very narrow focus 

- I am hoping it is more than 4 but could be better without a doubt 

14 

From 1 to 5, to which 

extent is knowledge on 

how to use different tools 

and techniques in the 

area of data and analytics 

shared where you work? 

(rating scale) 

1 - To no extent at all 3 30,0% 

2 1 10,0% 

3 3 30,0% 

4 3 30,0% 

5 - To a very large extent 0 0,0% 

   10  

Comments made related to Question 14: 

- I do not see a lot sharing of knowledge on how to use different analytics tools and techniques, it being 

dependent on not many around have great knowledge in how to use tools and they can therefore not 

share their knowledge and others have no one to ask 

- It is communicated to all drivers if new data and functionalities are provided 

- This could definitely be improved as teams often work on the same type of project in parallel and only 

discover this well into the project work; however once discovered, knowledge is generally shared with 

great enthusiasm 

  



 

 

Table 17. Networks in the region 

Question 

15 

a. Are you part of a network where insights and/or knowledge on how to use different tools and 

techniques in the area of data and analytics are shared and collaborated on among members? 

(open-ended question) 

Answers to Question 15. a 

- I am part of the regional level operations leadership team “network” of around 16 people and the 

regional leadership team “network” of around 20 people with regional heads on running the business 

- Yes, even if it isn’t the primary function of the network  

- Yes, I am member of the CRM 360 and CRM Insight network and has been in it for a year – it being 

quite good when it was rolled out last year but is not very strong as it was but it is still there 

- I am part of unofficial networks, knowing who I can turn to on different matters 

- I am member of multiple networks 

- Informally, I am working in cooperation with groups in <another region> Sourcing, as well as Group 

Function IT and Tools  

- No, I am not part of such a network 

- No, I am not member of such a network but I would very much like to be, it should improve efficiency 

if colleagues with similar tasks and roles started collaborating and gain knowledge about other 

analytics tools 

15 
b. Are colleagues in your organisation members of such networks? 

(open-ended question) 

Answers to Question 15. b 

- Yes, I would say all my colleagues are members of knowledge sharing networks, each based on their 

own role and purpose 

- Some are part of unofficial networks 

- In theory, everyone should be in such networks, especially regarding the strategic initiative networks 

but not every region had that even if they were appointed to. 

- There are employees in different parts of the forum I am in but no other networks that I know of 

- There might be people in my team being part of networks 

- I have no insight in other networks 

15 
c. Are colleagues in your organisation members of other types of networks? 

(open-ended question) 

Answers to Question 15. c 

- Each practice area has its own knowledge sharing community, which vary in quality 

- Yes, a wide spread of networks ranging from formal top-down networks to informal networks 

15 
d. What is your perception of how much these networks are used? 

(open-ended question) 

Answers to Question 15. d 

- Usage is high, plenty of meetings and information alignment sessions 

- Some have weekly meetings or monthly gatherings and sharing where they look at analytics for 

trending and sharing of best practices 

- There are monthly meetings and each work groups having meetings when needed depending on what 

they are investigating 

- One of the networks I was in was mainly used when there were major pain points and not for sharing 

best practices. 

- Most of the involvement I have had so far is ad-hoc, as there is not an immediate alignment on the 

development roadmap or objectives between the teams 

- They could be used more, them being too rigid right now 

 

  



 

 

15 
e. What is your perception of what the benefit from those networks are? 

(open-ended question) 

Answers to Question 15. e 

- If you have/had issues, there are others in the world perhaps having it and then you can collaborate 

on how to solve your problem 

- A global view of other regions having the same problems as you have. 

- Share information between stakeholders, gain insight and prevent making the same mistakes again 

- Since things such as best practices and problem areas are shared and worked on together, the 

common view is that these networks have high benefit. 

- It has been useful to gain influence in decision-making where common resources are required as well 

as sharing experience and knowledge 

- It does good things – the ones involved being likeminded and thereby creating an advantage 

- I have been on a governance steering meeting where the input presented by groups in the network 

haven’t proved a point and corporate didn’t listen and had their own view of the area – what is then 

the point of having the network? 

15 
f. What is your perception of their structuring? 

(open-ended question) 

Answers to Question 15. f 

- The networks’ structuring is well functioning 

- The networks can be of both good and bad quality, mainly due to the background and ownership of the 

network.  

- It depends very much per network – varies from good to poor. 

- Loose structure with employees with the same job role in other regions – no formality except the 

planned meetings troubles with finding people in the network when looking for certain expertise 

etcetera 

- It is poor with too many places to go and it is difficult to find what you want 

15 
g. What is your perception of their managing? 

(open-ended question) 

Answers to Question 15. g 

- The networks’ managing is well functioning 

- There is not much managing and not always a leader with regions restructuring and employees 

coming and going resulting in the networks losing their managing 

- It depends very much per network – varies from good to poor 

- Some networks seem to dissolve due to lack of ownership and participation rather that a conscious 

decision to close.it 

- Their managing is mostly ad-hoc 

  



 

 

Table 18. Sharing platforms 

Question 

16 

Are there any platforms where insights and knowledge on how to perform analytical work can be 

shared, reflected upon and used for generation of (new) knowledge? 

(open-ended question) 

Answers to Question 16: 

- Yes, there are plenty of tools for knowledge management but they are typically not used correctly  

- Forums can be attended but the access to certain platforms has been limited to some extent due to 

offshoring of resources and functions 

- There are multiple platforms available for sharing, but I do not believe they are being used 

particularly for this purpose, or across the right audience 

- The platforms are there but I am not an active user 

- I do not know if there are any 

- Not really no, sharing is mainly performed over e-mail or Lync 

- No, not that I know of but I would want there to be 

 

Table 19. Encouragement of sharing of information and knowledge 

Question Alternatives Responses Percent 

17 

Is sharing of information 

and knowledge encouraged 

where you work? 

(open-ended question) 

1. Yes 10 100,0% 

2. No 0 0,0% 

   10  

Comments made related to Question 17: 

- Yes, sharing is encouraged 

- Yes, to a great extent 

- Yes, my business line was awarded BEST SUPPORTING BUSINESS LINE GLOBALLY in 2015 

- Yes, it is and has been ongoing all the time I have worked there 

- Encouraged: yes, happens: no 

- It is encouraged, but does it happen in practice? 

- Yes, everybody says that we should share but it is perhaps not done as advocated, people responsible 

for generating knowledge objects have targets on operational work that conflict with sharing 

- Very much encouraged but I do not know if sharing actually is performed 

 

  



 

 

Table 20. LSS spread and support 

Question Alternatives Responses Percent 

18 

How spread is the use of 

LSS where you work? 

(open-ended question) 

1. To a large extent 3 30,0% 

2. To some extent 3 30,0% 

3. To little/no extent 4 40,0% 

   10  

Comments made related to Question 18: 

- Widespread 

- Largely spread 

- I am pretty sure everyone in the team is educated but not everyone on the same level and I will 

hopefully get my belt training this summer 

- Not very spread 

- Low but increasing, it is not in the DNA yet 

- Not really used that much in my area, neither by me or others 

- I have not seen anything on it recently but I was working with it years ago 

- I am not aware of it 

19 

What has been the support 

of LSS where you work? 

(open-ended question) 

1. High 3 30,0% 

2. Medium 2 20,0% 

3. Low 5 50,0% 

   10  

Comments made related to Question 19: 

- It is being supported 

- It is the preferred methodology 

- Clear structures but not a part of our DNA 

- The support is increasing 

- There is some support  

- Not much support in general 

- There is none or almost no support for LSS 

- There hasn’t really been any, no one is pushing it 

 

Table 21. LSS perception 

Question 

20 
What is the perception of LSS where you work? 

(open-ended question) 

Answers to Question 20: 

- Well received however not a part of the company’s DNA 

- Employees are definitely seeing the benefits of it but there are no exclamations on it being either good 

or bad, it is looked upon quite favourably 

- Quite good 

- The perception varies, the setup of LSS being supported in general but the approach might be too 

slanted towards some parts of the methodology 

- Perception highly varies among employees 

- It is viewed as a useful tool but there are mixed perceptions of its widespread applicability or 

suitability to approach all project types / demands 

- We were looking into using LSS in internal projects many years ago but the methodology was then not 

supported by corporate 

- Not many knows of it 

  



 

 

Table 22. Willingness to transform/change 

Question 

21 
How would you describe the willingness to transform/change where you work?  

(open-ended question) 

Answers to Question 21: 

- Since my team is young, there is a high willingness to change and adapt to the reality 

- Quite high, people understand the need and realisation is there 

- Willingness is high since there is an absolute need and no other choice!  

- The willingness is quite high, having gone through large transformations in the region the last four 

and having had to embrace it 

- Encouraged on a conceptual level, obstructed on a practical level 

- The willingness is pretty high where I work, our job roles are typically changing all the time and 

looking at things to improve. There are however those who have been long in the company that are 

not that keen on changes. 

- Personal will is high but it is less widely embraced by employees that has been here for long, many 

not feeling comfortable with the changes coming with the digital transformation the company is going 

through 

- Lot of people are old fashioned and more comfortable with their way of working, them having done so 

for the last 20 years, thereby not being apt to change 

- There is so much change at once right now and people are feeling uncomfortable with changes 

- We are a 2 on a 1-5 scale 

- It depends but in general it is low 

 

Table 23. Decision-making, integration of analytics and the way of working with data and analytics 

Question Alternatives Responses Percent 

22 

From 1 - 5, are decision 

making being based on 

gut-feeling or data driven 

where you work? 

(rating scale) 

1 - Only gut-feeling 0 0,0% 

2 0 0,0% 

3 5 55,6% 

4 4 44,4% 

5 - Strictly data driven 0 0,0% 

   9  

Comments made related to Question 22: 

- Between 3 and 4, it depending much on the situation - managers can ask for analyses but when these 

and the facts behind are provided, decisions are more based on gut-feeling on the facts and not the 

analyses 

- It has been a 4 the last 3-4 years 

- There is a lot of noise around wanting to be data driven and there are more tools and processes being 

implemented to become more data driven but employees are not embracing the tools and processes 

and are neither being rewarded for doing so nor being punished for not doing so 

- Some gut-feeling is needed 

- Internal decisions are mainly made on gut-feelings by experts but a business case is needed for 

approval in almost every case 

- We have moved away from the gut-feeling in my department, having a much harder line where things 

must be demonstrated through the use of data 

 

  



 

 

23 

From 1 to 5, to which 

extent is analytics 

integrated where you 

work 

(rating scale) 

1 - Not at all integrated 0 0,0% 

2 - Integrated in few processes 3 30,0% 

3 - Integrated in several processes 2 20,0% 

4 - Integrated in most processes 4 40,0% 

5 - Integrated where needed 1 10,0% 

   10  

Comments made related to Question 23: 

- It will hopefully be 4 by the end pf the year thanks to a lot of tools being implemented and recent 

restructuring within the region to integrate it pre-sales and delivery processes. 

- It is an ongoing process of integrating analytics where I work 

- It depends much on who you ask but my opinion is 2 

- Not yet integrated in a standardised manner 

- The integration is poor due to disparate systems, formats, collection methods, analysis tools and lots 

of exceptions which are difficult to incorporate 

- Overall only a few processes have analytics integrated 

24 

From 1 to 5, how would 

you describe the way of 

working with data and 

analytics where you 

work? 

(rating scale) 

1 - Performed occasionally when needed with 

no definitions on how it should be performed 
0 0,0% 

2 - Some functions have structures set for 

when and how it is to be performed but mainly 

performed when needed and by employees’ 

own ways 

0 0,0% 

3 - Several functions have structures set for 

when and how it is to be performed 
6 60,0% 

4 - Most functions and functional areas have 

functioning structures set, mostly defined with 

basis in industry best practices, for when and 

how it is to be performed 

3 30,0% 

5 - Clear, organisation-wide structures set for 

when and how to be performed 
1 10,0% 

   10  

Comments made related to Question 24: 

- Analytics might not be performed in the most effective way 

- Some areas/countries act on the highest level but there are others being much lower since they’re 

much newer organisations 

- Not really one of the options, it depends 

  



 

 

Table 24. Level of reached support, objectives, scope existing analytics resources reached for analytics 

Question Alternatives Responses Percent 

25 

Which level would you 

say has been reached 

regarding the support of 

analytics from 

management? 

(rating scale) 

Level 1 - There is no support or commitment 

of any kind from management 
0 0,0% 

Level 2 - Supported and managed by local 

managers 
0 0,0% 

Level 3 - Supported and managed by local 

directors 
3 33,3% 

Level 4 - Supported and managed by some 

regional leadership team members with 

support from regional Head 

4 44,4% 

Level 5 - United top management support and 

commitment in the region 
2 22,2% 

   9  

Comments made related to Question 25: 

- It varies from 1-4 due to some managers saying things but their actions prove otherwise – in some 

aspects it is up on the fourth level of what they are saying but not what they are doing, reaching level 

one 

- Support is there from top down, but having the real capabilities to perform the work effectively is 

difficult. 

- We are not far from reaching level 5 

- I would like to think it was Level 4 

- The support is mainly verbal – there being a vision and drive but not always funding and budget for it.  

- It varies greatly and there are room for improvements 

26 

Which level would you 

say has been reached 

regarding how defined 

analytics objectives are? 

(rating scale) 

Level 1 - No defined objectives 0 0,0% 

Level 2 - Objective is to optimise single and 

scattered activities and to help make tactical 

decisions 

3 33,3% 

Level 3 - Objective is to optimise connected 

activities across multiple functions and to 

share analytics and decision processes helping 

mainly to determine trade-offs 

2 22,2% 

Level 4 - Objective is to optimise and revise 

connected activities across both multiple 

functions and functional areas to support 

cross-functional or organisation-wide decision 

processes for guiding enterprise strategy 

5 55,6% 

Level 5 - Objective is to review business 

strategy based on analytics by making 

transformational decisions to coordinate 

responses to changing business conditions 

0 0,0% 

   10  

Comments made related to Question 26: 

- It varies greatly 

- We are not far from reaching level 5. 

 

  



 

 

27 

Which level would you 

say has been reached 

regarding how defined 

the scope of analytical 

work is? 

(rating scale) 

Level 1 - The whole area of analytics is 

undefined why scope changes as work 

proceeds 

0 0,0% 

Level 2 - The scope is defined for some 

specific activities but separately defined 
3 33,3% 

Level 3 - The scope is defined to include more 

than one activity and different aspects of them 
3 33,3% 

Level 4 - The scope is defined to include 

multiple activities, creating a system of 

analysed activities 

2 22,2% 

Level 5 - The scope is defined to include 

several functions of the business in the 

analyses, addressing different processes and 

activities 

2 22,2% 

   10  

Comments made related to Question 27: 

- We are on 3, moving to 4 

- The scope is clear to everyone – everyone knows what to measure and analyse but it is not clear what 

to do with it 

- It depends on what is being discussed, we are not operating cohesively but cannot say that it is 

completely undefined either 

- It is very minimal and high level 

28 

Which level would you 

say has been reached 

regarding existing 

analytics resources where 

you work? 

(rating scale) 

Level 1 - No dedicated resources for analytics 

work, you perform it yourself when it is 

needed 

0 0,0% 

Level 2 - Some employees at the 

department/in project teams are looking into 

analytics, it being a large part of their work 

2 22,2% 

Level 3 - At least one full time analyst with 

good analytics knowledge is employed at the 

department/in project teams 

3 33,3% 

Level 4 - Your part of the organisation has a 

centralised or distributed team which is 

responsible for analytics work, supporting and 

promoting effective use of analytics across the 

organisation 

4 44,4% 

Level 5 - Employees throughout the 

organisation have training and experience in 

the area of analytics, making them mostly self-

sufficient and specific requests are handled by 

a centralised or distributed analytics team 

1 11,1% 

   10  

Comments made related to Question 28: 

- We have subject matter experts which is like a specialised distributed team 

- I could have said level 5 for some areas/countries but in others the level is much lower, mainly due to 

offshoring and loss of customers. There is a need for competence build-up – everything cannot be 

offshored; basic analytical competence is still needed locally. 

  



 

 

Appendix H – Region questionnaire 

results 

Table 25. General data and analytics questions 

Question Alternatives Responses Percent 

2 

From 1 to 5, how would 

you describe the way of 

working with data and 

analytics? 

(rating scale) 

1 - Performed occasionally when needed with 

no definitions on how it should be performed 
15 27,8% 

2 - Some functions have structures set for 

when and how it is to be performed but mainly 

performed when needed and by employees’ 

own ways 

15 27,8% 

3 - Several functions have structures set for 

when and how it is to be performed 
15 27,8% 

4 - Most functions and functional areas have 

functioning structures set, mostly defined with 

basis in industry best practices, for when and 

how it is to be performed 

7 13,0% 

5 - Clear, organisation-wide structures set for 

when and how to be performed 
2 3,7% 

   54  

3 

From 1 to 5, to which 

extent is analytics 

integrated where you 

work? 

(rating scale) 

1 - Not at all integrated 14 25,9% 

2 - Integrated in few processes 14 25,9% 

3 - Integrated in several processes 13 24,1% 

4 - Integrated in most processes 11 20,4% 

5 - Integrated where needed 2 3,7% 

   54  

4 

From 1 to 5, how 

automated are data and 

analytics processes 

where you work? 

(rating scale) 

1 - A lot of manual work 14 25,9% 

2 18 33,3% 

3 9 16,7% 

4 9 16,7% 

5 - Fully automated 0 0,0% 

Not working with data and analytics 4 7,4% 

   54  

5 

From 1 to 5, to which 

extent are insights from 

analytical work shared 

where you work? 

(rating scale) 

1 - To no extent at all 12 22,2% 

2 9 16,7% 

3 12 22,2% 

4 12 22,2% 

5 - To a very large extent 5 9,3% 

Not working with data and analytics 4 7,4% 

   54  

6 

From 1 to 5, to which 

extent is knowledge on 

how to use different tools 

and techniques in the 

area of data and analytics 

shared where you work? 

(rating scale) 

1 - To no extent at all 12 22,2% 

2 15 27,8% 

3 12 22,2% 

4 10 18,5% 

5 - To a very large extent 1 1,9% 

Not working with data and analytics 4 7,4% 

   54  



 

 

 

Table 26. Spread of network membership  

Question Alternatives Responses Percent 

7 

Are you part of a 

network where insights 

and/or knowledge on 

how to use different tools 

and techniques in the 

area of data and analytics 

are shared and 

collaborated on among 

members? 

(single choice) 

1. Yes, I am part of more than one such 

network 
8 14,8% 

2. Yes, I am part of one such network 7 13,0% 

3. No 39 72,2% 

   54  

 

Table 27. Value brought by networks 

Question     

8 
If your answer is “YES” in Question 7, please state what value the network(s) bring to you: 

(open-ended question) 

Answers to Question 8 (11 answers in total) 

- Sharing of information, hints, tips and insight in how others approach the same issues 

- Makes day-to-day job being performed faster and easier 

- A continuity is established 

- Get to influence the competence and supporting tools development 

- Assistance in the governance of our offshore workforce 

- Models used for e.g. inference, regression and probability are tuned even if there are different ways of 

working with the data 

- With mostly new/inexperienced users asking fairly straightforward questions, my participation in a 

certain forum is not massively useful 

 

Table 28. Frequency of data/information/analytics handling among respondents 

Question Alternatives Responses Percent 

9 

How often do you handle 

data/information/analyses 

in some way in your work? 

(rating scale) 

1 - Every day 25 46,3% 

2 - 3 – 4 days a week 4 7,4% 

3 - 1 – 2 days a week 5 9,3% 

4 - A couple of times a month 11 20,4% 

5 - Less than once a month 0 0,0% 

6 - Never, it is not part of my job 9 16,7% 

   54  

  



 

 

Table 29. Internal and external data/information/analytics 

Question Aggregated intervals (%) Responses Percent 

  EE II EE II 

10 

How is your work split between 

handling external (customer 

facing) and internal 

data/information/analytics? State 

your answer as EE/II where EE 

indicates percentage handling 

external and II handling internal: 

(open-ended question) 

0-10 12 3 32,4% 8,1% 

11-25 4 2 10,8% 5,4% 

26-49 6 3 16,2% 8,1% 

50/50 7 7 18,9% 18,9% 

51-74 3 6 8,1% 16,2% 

75-89 2 4 5,4% 10,8% 

90-100 3 12 8,1% 32,4% 

   37  

   EE II EE II 

11 

How is your 

data/information/analytics work 

split between being aimed at an 

external (customer facing) and an 

internal audience? State your 

answer as EE/II where EE 

indicates percentage aimed at 

external and II aimed at internal: 

(open-ended question) 

0-10 15 3 45,5% 9,1% 

11-25 1 1 3,0% 3,0% 

26-49 2 3 6,1% 9,1% 

50/50 8 8 24,2% 24,2% 

51-74 3 2 9,1% 6,1% 

75-89 1 1 3,0% 3,0% 

90-100 3 15 9,1% 45,5% 

   33  

 

  



 

 

Table 30. Primary data and analytics activities 

Question Alternatives Responses Percent 

12 

Please choose the data 

and analytics activity you 

are primarily occupied 

with: 

(single choice) 

1. Collecting data 4 8,7% 

2. Classifying data 0 0,0% 

3. Transforming data 0 0,0% 

4. Validating data 3 6,5% 

5. Sorting, summarising data 5 10,9% 

6. Creating (pre-defined) reports 3 6,5% 

7. Visualising information 3 6,5% 

8. Analysing data and information (comparing, 

evaluating, drawing conclusions) 
20 43,5% 

9. Preparing decision/recommendations 8 17,4% 

10. No option matching 0 0,0% 

   46  

13 

If you perform more or 

other data and analytics 

activities than the one 

chosen in Question 12, 

please state those here: 

(open-ended question) 

1. Collecting data 6 15,0% 

2. Classifying data 2 5,0% 

3. Transforming data 3 7,5% 

4. Validating data 3 7,5% 

5. Sorting, summarising data 4 10,0% 

6. Creating (pre-defined) reports 7 17,5% 

7. Visualising information 4 10,0% 

8. Analysing data and information (comparing, 

evaluating, drawing conclusions) 
7 17,5% 

9. Preparing decision/recommendations 4 10,0% 

 10. No option matching 0 0% 

   40  

 

  



 

 

Table 31. Primary data and analytics sources and tools 

Question Alternatives Responses Percent 

14 

Please state the three data 

and analytics sources you 

use the most: 

(open-ended question) 

1. SAP/Business Warehouse 18 26,1% 

2. HRMS 3 4,3% 

3. Sitehandler/Erisite 7 10,1% 

4. CRM360 2 2,9% 

5. CRM Insight 0 0,0% 

6. ITM 3 4,3% 

7. Ideabox 0 0,0% 

8. Concur 0 0,0% 

9. Verdi 0 0,0% 

10. Premium 0 0,0% 

11. Global Chronos 0 0,0% 

12. Manually created Excel sheets 16 23,2% 

13. Someone else in the org. 4 5,8% 

14. From third party 5 7,2% 

15. Other/technical 11 15,9% 

   69  

15 

Please state the three data 

and analytics tools you 

use the most: 

(open-ended question) 

1. Data source tool 6 7,8% 

2. MS Word 5 6,5% 

3. MS Excel 28 36,4% 

4. MS PowerPoint 18 23,4% 

5. MS Access 6 7,8% 

6. MS Project 2 2,6% 

7. MS Visio 1 1,3% 

8. Tableau 1 1,3% 

9. Minitab 2 2,6% 

10. CRM Insight 0 0,0% 

11. MIC (Management Information Centre) 1 1,3% 

12. Qlikview 1 1,3% 

13. Other/technical 6 7,8% 
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Table 32. Primary data and analytics pain points 

Question Alternatives Responses Percent 

16 

What is your primary pain 

point when performing 

your data and analytics 

activity/activities? Please 

choose the option that suits 

you best. 

(single choice) 

1. There is too much manual work 16 34,0% 

2. I don’t have the right access(es) 0 0,0% 

3. The quality is poor 1 2,1% 

4. The tool(s) used are not optimal 10 21,3% 

5. There are no clear instructions for how the 

task(s) are to be performed 
2 4,3% 

6. I cannot make the right adjustments due to 

unclear purpose of the task 
1 2,1% 

7. There is no coaching so that I can develop 

my competence in this area 
4 8,5% 

8. Received data/information/analyses are not 

adjusted to my needs 
4 8,5% 

9. I have no pain point when performing data 

and analytics activity/activities 
2 4,3% 

10. None of the options above matches my 

biggest pain point 
7 14,9% 
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17 

If you have more or other 

pain points than the 

option chosen in 

Question 16, please state 

those here: 

(open-ended question) 

1. There is too much manual work 5 17,2% 

2. I don’t have the right access(es) 1 3,4% 

3. The quality is poor 5 17,2% 

4. The tool(s) used are not optimal 2 6,9% 

5. There are no clear instructions for how the 

task(s) are to be performed 
1 3,4% 

6. I cannot make the right adjustments due to 

unclear purpose of the task 
1 3,4% 

7. There is no coaching so that I can develop 

my competence in this area 
2 6,9% 

8. Received data/information/analyses are not 

adjusted to my needs 
2 6,9% 

9. Other 10 34,5% 
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Answers sorted under “Other” in Question 17: 

- Data is scattered at more than one site 

- Tools are not integrated 

- There is no clear guidance where to find data 

- Having to find new and better ways of analysing data independently 

- Time consuming when applying statistical models 

- Reports generated by tools not matching needs, requiring merging of reports 

- The use of PowerPoint for displaying data 

- Too much use of spreadsheets  

- Some data cannot be trusted in 

- Data can be manipulated to show results as required by the presenter 

  



 

 

Table 33. Reached level of support and defined objectives for analytics 

Question Alternatives Responses Percent 

18 

Which level would you say 

has been reached regarding 

the support of analytics 

from management? 

(rating scale) 

Level 1: There is no support or commitment 

of any kind from management 
22 44,9% 

Level 2: Supported and managed by local 

managers 
19 38,8% 

Level 3: Supported and managed by local 

directors 
3 6,1% 

Level 4: Supported and managed by some 

regional leadership team members with 

support from regional Head 

4 8,2% 

Level 5: United top management support and 

commitment in the region 
1 2,0% 
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19 

Which level would you 

say has been reached 

regarding how defined 

analytics objectives are? 

(rating scale) 

Level 1: No defined objectives 25 49,0% 

Level 2: Objective is to optimise single and 

scattered activities and to help make tactical 

decisions 

12 23,5% 

Level 3: Objective is to optimise connected 

activities across multiple functions and to 

share analytics and decision processes 

helping mainly to determine trade-offs 

9 17,6% 

Level 4: Objective is to optimise and revise 

connected activities across both multiple 

functions and functional areas to support 

cross-functional or organisation-wide 

decision processes for guiding enterprise 

strategy 

4 7,8% 

Level 5: Objective is to review business 

strategy based on analytics by making 

transformational decisions to coordinate 

responses to changing business conditions 

1 2,0% 
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Table 34. Comments to the questionnaire and ideas on data and analytics work 

Question     

20 

If you have any comments on the questionnaire or ideas on how the work with data and analytics can be 

improved in the region, please share your thoughts here or contact us on <email1> and <email2>. Thank 

you! 

(open-ended question) 

Answers to Question 20 (8 answers in total) 

- There are wonderful tools to use, export data is easy. but import data is the problem, especially when 

uploading of data has to be performed in a short period of time due to deadlines. Tools only allow one 

use a time, which is why it would be great to see this optimised. 

- The use of data intelligence/analytics in our area has been crucial to its improvement and evolution, it 

having been driven by a few individuals who understand its importance. Unfortunately, the 

surrounding business does not seem aligned in its thinking and way of working. 

- Better analytical tools allowing a provision of accurate analysis to technical data are needed 

- A project management tool supporting the daily work of project managers needs to be implemented 

- Make the possible advantages more visible, so people will see what efficiency-growth is possible 

- A clear regional/global strategy need to be place to get rid of all the local tools and find replacement 

with automation 

- Any future assistance with comparing data in the required customer formats would be very useful 

 


